People and Places:

Social Landscape Characterisation for inclusive

and sustainable heritage management

Martina Tenzer

PhD
University of York
Archaeology
February 2024



Abstract

The historic environment comprising a palimpsest of landscaplesildings,and

objects carries meaning anid crucialin giving people a sense of place, identity and
belonging. It represents a repository of exsrcumulating collective and individually
held values shared perceptions, experiences, life historiesliefs,and traditions.

These elements afford meanirgaking,developingsocial values, and, subsequently,
place attachment5 SA LA GS GKS . dzNNJ / K NISNJ YR CI NP
include peple in the assessment process, individsabjective,or emotional

connections to place are often overlooked within heritage decismaking. Most

changes to landscapes happen as part of the planning process, which is not currently
able to account for individual connections bhabased on views expressed in the
language of the Authorised Heritage Discourse (AHD).

This research addressed the challenge to collect, analyse and meaningfully
integrate individually held values intbe assessment framework of heritage and
landscape management. Artificial Intelligence methods, particularly Natural Language
Processing and Topic Modellimgere successfully applied to survayterview, and
social media data to analyse the places and reasons behind the development of social
values and place attachment. Categorisatibased on elements @rounded Theory
andtheir visualisatiorhave shown thaindividually held values form patterns of social
values across wider landscap&$e people ath placecentred method ofSocial
Landscape Characterisati¢BLC), resulting from this researchbllects, analyses, and
visualisegheseinvisible or hidden value communities based on the same meaning
(category value) or location (place value) as shared valuessdarmscapes

SL(rovides a method for inclusive and transparent heritage and landscape
YIyYylI3SYSyd AyOfdzRAYy3 LIS2L) SQ& AYRAQGARdzZ f ¢ &
frameworksof planning and decisiemaking Reople-centred, placebased heritage
and landscape management can increase the quality and distinctiveness of landscapes
for managngthe historic environment in a socially sustainable way for present and

future generations.
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Chapter 1.

Introduction

1.1 The studyin context

Since ancientimes, Greek and Roman cartographdravecreated mapdgor different

purposestio structure the world give orientationcolonise or control new territories,



navigate by sea or on land, define areas obwnership and landise. In the miell5th
century, an extraordinary world map wdsawn up by the Venetian monk and
cartographer Fra Maur{Brotton 2015 75). This revolutionaryap was created from
earlier maps and historical documerasd includedspatially referencedvritten and
oral histories of travellerswith over 3,000 descriptive texts artistically integrated
(Figurel-1).
Recently, this form of visualising the essence or character of a place has been
revived as\eepmappingBodenhamer et al. 2015; Harris 20Hinost 500 years
F FG4SNJ CNY al dzNP Qa Y FalaviggNardmmbaDis nod efer@d toldi 2 3 NI LIK
asa gpatial turrfanda ®ultural turndCosgrove 200467, EarleySpadoni 201,795
Jahn and Buchholz 201811, Pendlebury and Gibson 20182), this provides a todio
NELINBaSYy(d LIS2LX SQ& SELISNA SyoaGoare pacest S & G 2 NA &

Figurel-1: World map drawn by Fra Mauro (around 1450) including texts of travellers (source
https://en.wikipedia.org/wiki/Fra_Mauro_map#/media/File:FraMauroDetailedMap.jpg)



Connections between people and pés create an archive of local knowledge on
everyday heritage that givgseople meaning,a sense of identity and belonging. This
sense of placean be translated as social values thanstitute the quality of places.
Understanding such qualities of plagmvides a crucial background for
planning and decisiomaking This praess has beegradually transferredrom
centralto local governmentgntegratinglocalLJS 2 LI S Qa LJS NJarflndeds? v & >
andtherebycreatingplaces with qualities that benefibcalcommunity coherence and
well-being(United Nations 1992)Additionally, national guidance and international
charters and conventions encouraged the dialogue between experts and laypeople
drawing from local knowledge and empowering communifeag.,Council of Europe
2000 2005) At the same timethe focus of local policies shifted towards creating
resilient communitiesand heritage and the historieenvironmentisincreasingly seen
to support weltbeing and community cohesioRostering a sense gflace and
belonginghas advancedasa key principle in place researahd in local planningand
community initiativege.g, Cresswell 2015; Feld and Basso 1996; Jones and Leech
2015; Seamon 2020fppreciation of heritage and connection pdace was seen as
positively creating place attachme(itewicka 2011; Altman and Low 1992 a sense
of belonging and identityFeld and Basso 1996; Graham, Mason and Newman 2009;
Jones 2017; Madgin and Robson 2023; Nardi 2014; Tuan.¥986¢p connection to
placeads T 2 NI 2 T (T4an 290RanIKdlutierelrefyday and mundane places
as well as designateheritage aslefined byheritageexperts.The aims and aspirations
of government adders, such as Historic Englamithe UKandinternational bodies
such as the UNESCO ICOM@&he Council of Europeegarding landscapes and
communities have beennfluential and forwardooking In the past0 yearghe need
to developtools and methoddgor practical applicationshat put these ideas and
aspirations into practicbave led to a wide range of academic research proj&stgial
Value Toolkits)local government initiativegommunity projectsand programmes
from organisations such as Historic Engladtl@, Conservation Principles and

Everyday Heritage grants)

DA



Historic Landscape Characterisation (HLC), developed by English Hesiitage
the early 1990¢Historic England 202{3eeFigurel-2 for an exemplary view of H),C
was developed to capture theharacterof a landscape based onédthistoric
development of areasThis principle implies that all landscape is the product of human
interaction and, therefore, culturallyr socially constructe@Bradley et al. 2004,
Byrne, Brayshaw and Ireland 20@®, Byrne 2008155 Darvill 1999107 Phillips
2005 20, Schofield 20142). HLC was designed to support local authorities in planning
and development asne component of a modular framework within the planning and
development proceséClark, Darlington and Fairclough 2004 Yurther tool in the
framework for planning and development control was created with Landscape
Character Assessment (LCA), which provided more opportunities for the integration of
local peopl® needs and valug3udor 2014)Theseexpertled methods aspired to
include experiences and attachment of the communitiategratinglocal knowledge
asa background for local planninganproactive way. Several projeatstailed and
discussed later in this chagrtsuccessfully engagddcal communitiesand contributed
to positive change and development of place®weverthe meaningful integration of
socialvalugof Wa 2 TG QX FdzZl 1 83X A ¢ifkK&oplBeyhtly) dbjectivie dzo 2 SOG A @S
fact-basedheritagedata setghat fed the decisionmaking process in local planning
anddefine significance imesignationprocessedor heritage assetbas long been seen
aschdlenging if not impossiblgDalglish and Leslie 2018517).

This thesis will pppose an innovative method for social value analysis and
situate this approach withithe wider research contexfhis research wipiresent
social value mappingf individually held valuesn a landscape scale, which can feed
into existing social value projectsathare commonly site and group focussed.

Firstly, tis thesiswill provide anoverviewof current approaches to anibols
for social value and place attachment assessméhtoughdiscusionand critical
review of existing tools and methods for social valesearch gaps will be identified

for which this thesis will provide solution@anging perspectives and attitudes i

1 English Heritage split into Historic England and English Heritage in 2015. Research and
consultancy, including the HLC projeaey 2 ¢ LJ- NI 2F | AadG2NRO 9y 3If |y
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heritage discourse ansbcial value research over the past decaddbkprovide a wider
context for thisresearch Furthermore the topic of categorisation, narrative

approaches and mapping of social values wikladoratedon.

8 sheffeld District_Boundary ® Reservoir Craft Industry Ofces SpoitHeap
@ PDNP Boundary @ Urban ” Crofts ther Industry. rts Ground
L % Woocs ar scrubon Dalesideor Steep Siong ge;% zzg(on Centre g;ggmsfggg)(ss%?m Housing) mg' jelds
” NSLrif = it i 0
Ardssilsed medevalopenfieds {LC Sheffield Blie Residence Plantation 9 Surveyed Enclosure (Parliamentaryy Private)
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Figurel-2: HLC map of the Peak District National Park Authority and Sheffield City (map create
QGIS, data by ADS).



Secondly, this thesis will offer a methodology towargsderstanding and visual
NBLINB &Sy dl %y MadHeis@aPchihestdriwith places by defining
social valuess reasons behind a strong place attachmieniving and working
environments.The methodology is based @aalopting and adapting Al techniques and
translatingthe results tospatial data visualised in digital ma®ne aspect of this
GKSaArAa oAttt F20dza 2y GKS RSTAYAGwokkiig I YR
and livingenvirormentsand landscapes and explore what role it plays in cnegilace
attachment.

Thirdly, this research will demonstrate how this data can be translatiyer
in socially sustainable heritage and landscape assessment framgwepkesenting
crucial background knowledge for local authorities to avoid tensions and conflict with
local communities in the decisiemaking process. Finallgractical mappmg will
demonstratehow this methodology can feed into a guideline $ocially sustainable,
proactive planningand demonstrateits potential in practice to promote the use of this
tool for inclusive decisiomaking. This methodhas the potentiato enhancedialogue
between bcal governments and the pubBmndidentify higHy valued places on a
landscapescaleand in different environmentsaiding a better understanding of
peopk-place connectionsThis crucial backgrourehables proactive planning for
socially sustainable heritage and landseapanagementenhancing the quality of
places and strengtheninglS 2 L3erS&Xd place, belonginand identity,

1.2 Reviewc social value assessmemnapping, and toolkits

1.2.1 Introduction

The frst projects focussing on the connection between people and plagesitjn
their perception of the environmendevelopedin the second half of the 20century.
Over the pastwo to three decadesthis researcthasintensfied for public benefitand
to address theaspirations ofnternationalagendas and treaties on sustabilty (see
Chapters 2.1and 2.2). Local agendas and initiativgained tration throughintegrating
participation and consultatiowith local communitiesn their planning and decisien
making. Academic research institutiomstional and local governmentand various

organisationsand charities produced considerabiesearch outputsfrom funded

Ay T



researchprojects to participatory activities and toolkits or guidelines.

The following will provida comprehensiveverview of past and current
projects aiming tassess an@r map peopleplace connections, place attachment,
landscape qualities, landscape perceptiandpreferencesThe approaches taken
earlier projects will be discusseand a gapvill beidentified for which this thesis will

provide a solution.

1.2.2 Community anagounter mapping

Maps are a familiar medium even to people without deeper knowledge of cartography
(Perkins 2007, 127and creative mapping offers a way to communicate the
experiences ofaypeople Maps areanideal means to share views and perceptions
(Fairclough 2002, 284; Wood 1992, ;n®ey are a familiar way of representing and
orientating oneself in the worlthat most people understand intuitive§Clifford and
King 1996, 5; Perkins 2007, 12Mpps can be more than a cartographic expression or
modelling of the world. The usual form of maps represents the world as an abstract
model, generalised and focsexd on supporting specific and sometimes very narrow
questions These ardll5 ¥ S NNBE R (i 2(Bodenhanwear & Aly201%: Hards 2015)

Communitymapping and counter mapping projects engaging the public with
their placesdevelopeddecades before the Landscape Convention adopted this
concept. Early projectsombining public engagement, participatory methods and
LIS 2 LI S Q4 , fad3sbediStlaliiukbanyenvironmeng® C2 NJ Ay aidl yOSs [ @y
cognitive maps of city dwellers in Boston and Los Angeles in the 1&68sw
remarkable example of how people conceptualise and structure the environment of
everyday life, creating maps of daily routs{&ynch 19601972) It emphasised the
discrepancies between thgrofessionalview ofexperts in planningnd the perception
and interpretation of laypeople in everyday situations. Since then, academics and
practitioners have explored the different pathways that allow public participation and
inclusion of local viewsndexperiences and place attachments in guidance and
legislation.

Community mapping can take maforms, from artworks to 3D odels as

demonstrated in the followingxamples Common Ground was an environmental and



arts organisation in the UK that led various community initiatives to express local
perspectives on place and charadfeiOutcomes of the projects, for example, the
Parish Mapgrojectsandthe Alphabet of Distinctivenesaere artistic articulations of
a sense of place and belongi@ommon Ground 199@006) However, neither
project was adopted in the characterisation process itselisedfor practical
applications in the planning process.

5A bl NR20Tjco-ceedtédhn experiental 2D paper map with the local
communityto present acounterpoint toofficial maps used by heritage professionals
and provide insights to how the local population valwktheir local areaSimilarly a
communityproject in the villagef Slaithwaithe UK used a 3D model dhe areato
assespeople’ connection to placéCraig, Harris and Weiner 200Rpw-tech
methods have the advantag# enabingthe participation of a wider range of people
without the demand for preexiding computer skills or technical knowledgedan
reducing thetime for Wa | MILIOA F ¥ R GeCHhpieK 125148@d Dabaut 2021
254). However, nordigital project outputs are challenging to integrate into a
framework of existing digital databases and maps.

The notion of spatial perception ahcartography of experience and practice led
to projects such ablapping Attachmen{Byrne and Nugent 2004; Byrne 2008a, 2014;
Harrison 2011; Perkins 200a% Bio mappingf the emotional attachment of people to
places(Nold 2009which developed capabilities through GIS by introducing a layer of
meaning in a spatial syste(Rerkins 2007, 128Founter mapping developed into an
essential tool for social value ssssmen{Byrne 2008a, 2014; Harrison 2011; Schofield
2014) This form of representation of meaning, feeling, experience and perception
intangible spatial aspectsis based o dz0 2SO0 A @S> W& arBpossibly Yy R 2 F (1 S
non-spatially referenced datéCraig, Harris and Weiner 2002, L1Ahother example
of this approachwas realised ifProboscisa multidisciplinary, mukorganisational

project set up by twd.ondonbased artist¥® Ly |y | ldsdNRy@K 2F WYWO?2

3 See alschapter 5:Social Landscape Characterisation: A PeGgletred, Plac8ased
Approach to Inclusive and Transparent Heritage and Landscape Management

34 Seehttp://proboscis.org.uk



http://proboscis.org.uk/

dzy O2YY2Y,0iKGa AMREBS OG0 FAYSR (2 02fft SO0 FyR NI
Sy3lI3asSySyis ONBI GAGBS NBaSI NOeploymgnyd @ GA2Yy |
GPS and othageographical referencing devices, suchmaxile phones, and the
integration into a GlSnabledcognitive mapingof livedexperiences similar to
[y OKQa SINIe O023¢sA0AGS YI LIWAY3I | LILINRI OK
Y A RR S & Q@014)asseRikydné& place attachment of homeless people
Brigol and Yorlproved thatconnection toand rootedness iplace caralsodevelop
among groups with npermanent homegseeChapter2.5. for different views on place
attachment development)
Currie and Corre@022)provided a method fomappingtangible and
Ayialry3aaotsS St SyYSy (facusirfonthR dvehdadeNcHIKr@©secto dzf (i dzNBS
The examplepresented in this sectioshow the wide variety of approaches
mainly focissed on communities and urbagnvironments Becaus€D maps usually
represent snapshots in time, their usefulness for the representation of heritage or
cultural aspects of landscapes has been guestioned due to the dynamic and
perceptionbased nature of these categori@Rudolff 2006; Smith 2006, 71, 80)
(Golledge 2006)The quantitative spatial scienc@®s | do/déakwittethe challenges of
0KS GAYS YR KI @S Wwa2 OAwab qudsliohef@k 30155025 L2 f A
55). NationalLJF NJ] & KI @S 06SSy GFNBSGSR G2 laasSaa LIS

as wellas the next section will shaw

1.2.3 Public participation in national parks

National parkdiave been targeted for aalitative researctand ethnographic studies
over thepastdecades. Thelosed bounded area with largparcelsof similar
character and specific qualities seem to afford aspects particularigidaitor this kind
of study. Keyresearch questions national parks range from park improvemeius
environmental aspects.df example Brown and Webe(2011)describe a method for

Public Participation GIS (PPGIS) to combine visitor perceptiquiresl facilitiesand

35 However, maps can be biased, misinterpreted and mis(siedring 2009, 70; Monmonier

1996) similarly they disempower people who are omitted from th@yrne 2008, 256)



environmental impact for national park planningthe Greater Alpine region of
Victoria, AustraliaNational Park researdisoaims to understandhe pro-
environmentalattitudes of visitors andesident$6t SG NR @I = 2AKI n I yR
2011; Hausmann et al. 2020; Ramkissoon, Weiler and Smith.2012)
h¥ LI NOGAOdzE F NJ AYGSNBad G2 G&Mhaad NBaSIk NOK
attachment to placesre ethnographic studiesonducted in national parks. For
example,Taplin, Scheld and Lo@002)focussed on the Indep&®ence National
Historical Park in their Rapid Ethnographic Assessisgramme (REAP), which
provides a set of qualitative methods to assedS 2 Ldorthé€2tion to places.
Dabaut(2021)undertook a study inhe Northumberland National Park in
relationto HLC (see bbew). Similarly, Maguir¢2017)focussed on a national park
whenassessing the perceived qualitisd placeattachmentin the Colliery Dam Park
British Columbia, Canadea create a landscapgreference map.
Furtherlargescale ethnographic research to inform the national park
managementwas for exampe, undertaken by the National Park Service in thé’US
These programmes use the developed strategies oPRBErl and life histories and
ethnographic landscape studiésimprove visitorexperience strenghen historic
relationshipsand traditional usef parks, andto inform a better park management.
While the studies collect social value in stedy areasthey do not attempt to

categorise the character @ndattachmentto the landsc@esbased on social values.

1.2.4 Mapping landscapattractiveness and place attachment

Particularlyin the field of ecaservices, mapping of landscageality and preferences
has led toa variety ofmapping approachedor example in relationto urban
woodland in Helsinkprovidinginsights irto landscape qualitypased orscoring

landscapeaypes(Tyrvainen, Mékinen and Schipperijn 200450,PGIS was used in a

% This is of particular interest since national parks in the UK play an importanhrole
contributingto the 30by 30target to boost biodiversity and nature recovery

(https://naturalengland.blog.gov.uk/2023/12/11/308y-30-a-boostfor-nature-recovery/)

37 https://www.nps.gov/ethnography/parks/approaches/index.htm
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researchthat focusedonF 2 NBa i LI I yyAy3a FyR LB2L}X SQa Iy
resource management to understahdw landscape values influentige reasons
behind the development gbreferenceqBrown 2004)

In a more etended landscape approacbe Vrieq2007; de Vries et al. 2013)
focussed ommapping theattractiveness of landscapes in the Netherlaansl asked
participants to assedke qualities of six study aredmsed ora predefinedscoring
system. The study will provide a method that canRee LJS 2 LJ S Qsintoltfe NO S LJG A 2 v
process of impact assessments and duostefit analysisin another exampleCinderby
et a. (Cinderby, Snell and Forrester 2008; Cinderby et al. 20hpped environmental
qualities to improveconditionsof the livesof residentsin urban spaces.

Placeattachmentresearchwas particularly focussed atevelopng methods
for measuring and mappingpnnections between people and plagager the past
decades. Atachment GIS maps arstoring systemw/ere createcbased on survey
mainly using Likercales and interview@rown and Weber 2011; Boley et al. 2021,
Brown, Raymond and Corcoran 2015; Brown and Raymond 2007; Maguire 2017;
Scannell and Gifford 2010)

Studies focussing aamspectof the natural environmenin correlationwith
LJS 2 LiferSe@tincontributed toa better understanding of ecosystems in relation to
LIS2 L SQa O2y yRiatdgaryof siudieptolfidiesd §oad overview of
tools for mixedmethod approachese.g, Likert scales and qualitatiegiestioning and
visual representatiotechniques However, a these approachesommonly use
predefined landscape valumtegories ostructured questioning, thelack the deepr
insightss of narrative approachesrte latter provides a deepea understanding of
LIS 2 LJ S Q 3 coingcRok © platdstat form social values.

As a disadvantage ofagicipatory community projector Participatory GIS
they risk of being bound into an agenda of experts or researchers who furasio
facilitators in community mapping projects or, in another extreme, uncover dgeag
tensions in a community and draw aggression against the faciliidoGhee 2012)n
particular, Participatory GlSwhichrelieson complex technology and software, has
been seen as problematic for the use of rexperts(Poplin 2012andbecause obias

towards specific research agend@®erkins 2007, 127)
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1.2.5 Deep mapping and lived experiences

The step from 2D maps (s@&&ardi 2014 r physical 3D models (s€¥raig, Harris and
Weiner 2002 133, presented irChapter 1.2.2to deep maps produced in G¥®ffer
new opportunitiesto social value mappinddvances in digital technology and GIS
GNAIISNBR (GKS NBOSyd WZQakgidve 404, bi7gEddey? Ay RA I A
Spadoni 2017, 95; Jahn and Buchholz 2010, &id supported projects exploring
emotional, experiential, and phenomenological aspects of everyday lives andrived
g2NI Rad LG F2dzy R Ada fFG§S&ad SELINBaairzy Ay
O2y @Se (KS WiKAO]1 RS dyGRertil972)slégmng tReNR A Y | f £ &
integration of subjective, descriptive, and texased data into GlHarris 2015;
Bodenhamer et al. 2015; Earl®padoni 2017, 987; Kwan and Ding 2008)

Deepmaps could be seen as the tewogical descendants éfra Maurd@ @ap
with stories andcartographic detail in one plantggwardsdeveloping layers dftories,
images andther media Alsq in contrast to the onglane map, deep maps have the
potential to display various, even contradicting information for the same location and,
GKSNEF2NBE>S WIHfft260a6 FT2NJ RAaaSyd |yR RA&Odz
furthermore permit multi@ 2 O | (EaklaySp&loni 2017, 97)

Deep mapganlay outmaps of abundant, diverse information derived from
various media to create a deependerstanding of the social fabric of a landscayu
stories, historyand lived experienced his islemonstrated for instance, irthe
RICHEProject of the University of Central Flortfawhich provides platformto
compile locahistorical data with other datasets and create their individual narrative of
places(EarleySpadoni 201796-97). Asa further example,iite LANDMAP project
carried out byNatural Resources Waleseated amethodology to map cultural

patterns across landscapesWale$!. The map containaspects of what constitutes

39 Great advances in computer capacities and capabilities allowed the development of the
Geographic Information Systems (GIS), which allows fastetfestive adaptation,
automatic import, and analysis of new data

40 https://riches.cah.ucf.edu

4L http://lle.gov.wales/catalogue/item/LandmapCulturalLandscape?lang=en
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the local identities of communitiedhis project was again based the work and
assessment of heritage profession@i&atural Resources Wales 2012816b)
t F NOAOdzE NI @ 2F AYGSNBald T2 NlelsexR INEE 2IFNDOK
Odzf G dzNI f (Nafurgl RésQurcesISVvales 2017
Aprojectwith a particularfocus on ageingnd connectivityrepresentngthe
deep mapping ofife stories and experiencewasundertaken bythe University of
2 Sa0G 9y 3t | vy Either side 8 DelphR2NeASKBAIISyMNd Biggs 2012)
visualisedhe connection between local elderly residents and seeial and cultural
fabric of their place of residende digital form
The UNESC8upportedCultural mappingproject provides a new method of
mapping intangible and tangibtiltural aspects of placés(Cook and Taylor 2013)
The guidelines recommend a seriedexthniques for knowledge mapping, such as
topic maps, cognitive mapand mindmaps(Cook and Taylor 201385242). Several
I OF RSYAO YR O2YYSNDALFf LINR2SOGa olaSR 2y
map-based representation of abstract concepts, such as cultural identity across various
urban and rural areageeCurrie and Correa 2021; Currie and Correa 2022; McKeithen
2015)
Further examples of plageased value research will be discusse@Ilrapter 5
This will also include the AHR@ded place research projePdace matters: the arts
and humanities and the place agerfdavhichincluded a number of academic projects
and local initiative§Madgin and Robson 20232 NJ SEI YL)X S @2 2G4 | yR
map-based representation of areas in Sheffigiddmbined historical and archaeological
data with the optionfor local residents to add their memoseand experiences to the
project.
Similar approaches angsed ina series of local governmeititiativesas part of

the Wnow you place(projects*°. The GIS dataset providesmong otheinformation,

42 https://unesdoc.unesco.org/ark:/48223/pf0000159090

43 https://www.ukri.org/blog/placemattersthe-arts-andhumanitiesand-the-placeagenda/

44 https://www.sheffield.ac.uk/archaeology/research/rocendfutures

4 See for example the West of England mapttps://www.kypwest.org.uk/
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layers of historic maps, photographandan interfacefor community contributionslt
alsoallowsthe communityto add walks andpecialplacesto the local authority
platform.

Approacheghat combine historical place data with individwannectiors of
f20f NBaARSyi(a LINPOARS | RtpdcISNIné vy a A IKI
past,projects focussedmcreatingdeep maps with layers of differemmformation and
integrating the information of local residents tlevelopa comprehensive picture of
places Rojects such as these have focusgeddominantlyon urban areasnd
dependent2 y LIS2 L) SQa | OGAGS NBIAAGNI A2y | yR
mapping.Barriersto online participation should be considered when using this f&rm
of co-creation and as meartd communicationbetween the public and heritage

professionals.

1.2.6 HLC and social mapping in policy and management

The aspiration othe HLGOdevelopment teanfrom the outsetwasto inspireand
integrateLJS 2 LJ S Q & sdni$axjeriehdasitoyigh thastoric landscape

character map®. This ideawas promoted byTurner(2007, 46) as one use of HLC: to

Ay

LJI

WKSE L) LIS2LX S NBO23IyAaS YR ONBFGS ySg yI NN

The latest HL@as aproject in Oxfordshir¢hat attempted to engage the
public with a series of talks and events, inviting communities to express their view on
0KS fF yRAaOI LIS(Toinpkidk20IN. 468655 Midvever, xh® dutreach
activities resembled more a tidlst exercise for including public opinion than effort
to include the information gathered into the catalogue of resources from which the
final character map was developeis in other projects, theources forcreatingthe
character were basedn the usual data which provideevidential and historial
information. The resources lestl in the project report do not mention public opinion

or participation as a source of informatighompkins 2017, 19However, the HLC

LINRP2SOG ¢l a adzill2asSR (2 WLINROIARS RFEGFZ oeé

46 For a detailed description of the method s€bapter 2.6.2
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WAGAY3I I yRaAaOFILISQ LINRP2SOG 2F (GKS hEFT2NR&AKA
1y26f SRIS O02yaraidAiyda 2F RNI gAYIIAR SIUNERWVTA Yy 33
however,the opportunity to include this data meaningfully into the HLC dataset was
missed as this projectwasy f @ Ay G SYRAY 3 {atheWhayiicNdel 4 S | ¢ N
LJIS2 LX SQ& OA S g JTompkins 2005 BE)LIS OG A @S &

| 2¢6 GKS YSIYAYy3IFdzZ AyiSaNIaGAzy 2F 20!l f
values can be undertaken is shown in the guidelines othagity Campaign to Protect
Rural England for the creation of community landscape character assessments
(Campaign to Protect Rural England 2018 8b) The guide providesraHLAMethod
based on local community expertiigat can subsequently be meaningfully integrated
int 2 € 2 Ol f planrded sy ( & Q&

Several Ukbased and international projects applied the HLC method for public
benefit or inclusion of social values in the assessment. For example, D@baa)
0l ASR KAA& LI NIAOALI (2 Ndnedtibdiold®iscapés inihe | aaSaa
Northumberland National Park. He used walking interviews and sunstiata
collectionmethods. Theapproachprovided a detailed insight into a small area of the
national park While the preferred method was identified e walking interview
technique, such an approach cannot be realised on a landseegdebecause othe
time-consumingnature of this tool

Another example, how HLC can help manage urban green spaces for public
benefit was proposed by Dobsamd Selmarf2012) In cooperation with local
authorities,they conneced green spaces in Sheffield to enhance urban planning and
managementinternationally, examples dfiLC usare shownin the terraced
agricultural landscape in the Mediterrane@hurner 201847), such asn Turkey
(Turner and Crow 2009) he application of the method revealed a deeper historic
time-depth and more comigx development of the landscapes in the past than
anticipated.Also,Gaffneyand Dingwall(2007)used the general approach of HLC for a
project inFort Hood, Texsto enhance the method bycknowledging that past events,
such as thenforced movement of the population from the military baséfected
peopleQ a LIS NBeHrieli ah@DBingwall 200T). However, while the project used
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archival material onoralhish S& ' yR O2y RdzOGUSR 2dzi NBI OKX VY7
current perceptiors appeasin the final assessment
More extensive projects on a grassroots level have been described by Dalglish
and Lesli€2016 217%224) working with a community in Govan, a part of the City of
Glasgow with a long history and shipbuilding tradition. In a surge of activities and
direct engagement with planning decisions, the community was able to react to

change and development intheir @K 6 2 dZNK22 R® ¢ KS AYyAGAl GA@BSa
OKF2G4AO0 61 @Q o0dzi GKNRdIzZAK WKIFNR 62N]Q o6& (K

N>

community and community coundiDalglish and Leslie 201819, fundingwas
redirectedand the quality of their placevas enhancedi K N2 dz3 K 'y Wdzy Y|l yI 3§
2y 32Ay 3 LINE OS a a (Daldish @rid LeNlie ZDABSINAltBolighih 2 v Q
contrast to the Common Ground Parish Map projects, this example directly impacted
policies, funding, and decisieanaking, such initiatives are not replicable and
challenging to condudbr local authoritiedecause othe technology and resource
input necessary to facilitate such project&his approach was reactive to planning
RSOAAAZ2Yya -2NB $y WLINE R f SR NID&glish bdd &eslié 2026/ LINE OS
24 ¢KA& SYy2NN2dza SFTF2NIL o0& GKS O2YYdzyAide A
KFNRfe& 6S NBLXAOFGSRO Fa Al SYSNB&8gshTNRY UK
and Leslie 201,624, but it mightbe an inspiration for more practical methodologies.
A method b capture community views and attachment on an ongoing basis would be
more effective and efficient, as well as practical within budget, persoamel time
constraints It could beaccessible online and proactive, in advance and as background
for the decisioamaking proces®rimdahl and Kstensen provided an example of
community integration in the planning procedsowever, the study proved to be
highly technologydriven and, with qualitative méiods such as focus groupke
practicality of this approach in the daily work of local authorities woule bkallenge.
There is also the issue pfivileginggroups and communitynembers that are vocal
and dominant and migsg voices of underrepresented parts of ttemmunity(Jones
and Leech 201,330).
While HLC is routinely used with other data sets araps(Herring 2009, 75)it

is challenging to include social values into the framework of characterisation. However,
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phenomenological data associated with other spatiatitage or landscape

managementinformation, such as Ktoric EnvironmentRecords (HER)and National

Character Areas (L{Adata, would bridge the gap between the traditional expert

knowledge and the local knowledge of everyday lreevorlds.The approaches show

that HLChas the potential tAJNR2 @A RS | ol aAa F2N) GKS Ay dS3aNt
perceptiors and social value assessment. However, the study areas of these projects

were sitebased and focssed on asmall study arear a particular element of a larger

area. None of the approaches aimed to understand and map social values on a

landscapescale or produce a methodology that would have the potential to be scaled

up to cover wider landscapes, which is one of the key principles ofAHll€2p map

platform forlandscape characterisatiamot onlyrepresenting?2 F FA OAF £ Q FI OG & |
but alsointegrating public perceptbns that diverge from the official picturgresented

by HLCwould offer an opportunity to give a holistic representation. Sawill be

developed in thisesearch, creating a form of Social Landscape Characterig&tidh
whichcharacterigs and visualisethe social aspects of landscapedividualy. Such

SLC mapsouldbe an essentiabackground fotocal authoritie§Splanning decisions

andenabk sustainable changand developmerte.

1.2.7 Social value assessment toolkits

Toolkits and guides equip communities and groups with a tool to express and
systematically record social values foeaningful integration in planning and

landscape management. Over the past decades several such toolkits were developed
to enable the communication between local people and authorities. example,he

HLA toolkit of theCampaign to Protect Rural Englantscribed abovas one such

toolkits that provides a framework for character assessmBraiglishand

47 https://www.heritagegateway.org.uk/gateway/chr/

48 https://nationalcharacterareas.co.uk/

4 SeeChapter 5
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Inherit/CommunityLand Scotland2018)identified a gap in public participation in
relation tolandscape management and deveéaba frameworkfor the integration of
public perception and local knowledge in the planning and management protess
Scotland

Another compilation oproven methods for social value assessment on a
community basis wadeveloped by Robsorinto a Social Value Toolktlaunched in
2021.1t presented a wide range of methods to assess social values in relation to
heritage. The toolkitwasaimed at heritage practitioners to enable local social value
assessment icooperation with local people, communitiesnd groups. The project
provided six case studid¢isat applied different data collection methods, such as
interviews, observatiopand counter mapping.

¢KS / KINISNBR Ly a lpublicEagagemehtNDOolRINOK | S2f 2 A 3
provides instructions and advice to engage the public with archaealotyely. The
project aims to understantetter how archaeology can contribute to public benefit
and social value. Other toolkits that aim to work towathe socially sustainable
transformation of urban places are, for example, the European Deep Cities
LINE ANJ YYS WA & cellaboativé® projed® of the Universities of Florence,
UCL, University of Stirling, the Norwegian Institute for Cultural Heritage (NIKU) and the
University of Barcelona (for the Deep Cities project of the University of Ssdmg
Jones et al. 202%. Another exampl®f a socialvaluetoolkit focussing on architecture

and the benefits of understanding social value in the urban context is provided by the

50 https://socialvalue.stir.ac.uk/

51 https://www.archaeologists.net/toolkits/communityarchaeology/il archaeologyublic

engagement
52 https://curbatheri.niku.no/

53 https://www.deepcitiestoolbox.unifi.it/p21.html
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University of Readingd® ¢ KA & A& LI NI 2F GKS @i RSN LINR22S
professional body for social value and impact management.
Thesetools and guidelines focum a community and site levebuch methods
provide the basisor reactive community interventionsimilar to projects of
community characterisation presented @hapterl.2.6. A method that allowed to
identify interest or value communities and places whiigh value in advance of change
and development would provide a background whsoilarprojeds, as described in

this chapter could build an

1.2.8 Conclusion

The examples explored in this chapter show variable degrees of particigtion

communiies andgroup€ | & RS&AONA O SR Ay | NYArns®Ay Qad [ I RF
1969 Fig. 2 These rangadm creative expressions to Participatory Gfgom passive

consumesand educated mags, such as visitors to museums and informed

communities, to a consultation processwhichcommunitiescouldvoicetheir visions,

needs and aspiration$articipation can reacés far as a meaningful partnerstapd

dialoguebetween communities antbcal authoritieswhich proved highly influential in

the planning process, as shown in #weamples of thédanish case studies or the

Scottish initiativg(seeChapter 1.2.8. Furthemore, guiddinesoffer communities ways

to influence local planning policies through input of local knowledge, fistoexample,
neighbourhoodplans onvillagedesignstatements(Campaign to Protect Rural England

2018; Clark, Darlington and Fairclough 2083. These guidesffer potential

opportunities to increase and include the ideaad?da Sy aS 2F LI I OSQ Ay @K
framework ofheritage assessmemind landscap®© K I N} OG0 SNRA &AF A2y FTNRY |
viewpoint. The number of@olkits and guidelines for social value assessnagaiol

community mappingfocussing on various asgts of the historic environmenthave

% https://www.architecture.com/knowledgeand-resources/resourcetandingpage/social

valuetoolkit-for-architecture

55 https://socialvalueuk.org/valugoolkit/
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increased over time anseveralof these are available and accessible online at the time
of writing (seeChapter 12.7).
The next section will discuss seapproactesregarding their strength and

weaknesses andlentify the gapwhich this research will address

1.3 Discussion omurrent sociavaluesapproaches and research gaps

This chapter has intrduced a number oprojects,initiatives and guidelinedor social
value and place attachment ssssmenprovidingpractical methodsnd toolsfor a
better-informed management of place Theexamplegpresented in this researclse
similarmethodsfor data collection, for insince, interviews, surveys, mapping,
observation focus groupsand social media. As Johnst@923)pointed out,the
current focus of socialalue assessmeig ongroups or communities<Community
work, such as focus groupsanbe biased towards dominant voices in a group and
negotiation of common values that may n@present individual opinios.
GCommunities participating in research or local planning forums ottensist ofself
seleckd, active community membergho dominate the deci®n-making process,
which canobscure underlying opinionsf lessvocal community member&Craig, Harris
and Weiner 2002102, Dalglish 20185558; Jones and Leech 20130). Where
individuals were involved, for instance, in the individual interviews and observations of
w20az2yQa { 2 0 iséeChaptdr I.24}7Sheskeget inkirlyinembersof
predefined communities or groups amelated to predefinedheritage assets or
places§®. Similarly, theEveryday Heritagprojects of Historic England aim at
predefined sites angroupsidentified by heritage expertd.arger mappingxercises
focussed a placeattachment(Brown and Raymond 200&hd environmental
preferencegMaguire 2017)Communityprojects tend to be reactive irelationto

change and development in the planning procésseChaptes 1.2.6and1.2.7, and

9 See, for example, the case study of Cablead\house, one of the six case studies of the

toolkit, available ahttps://socialvalue.stir.ac.uk/files/2021/01/SitReportCablesWynd
House.pdf
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selected case studies in ti8ocial Value ToolRd.

Asshown presentapproaches relpn either predefined groupghe
assessment of landscape qualities social values in smadtale landscape
approachesThere istherefore,a need tounderstand social valueg on an individual
basis beyondommunitiesand groupghat have a collective interest in a place and b)
to represent individually held values on a landscape scale that allows idatiif of
previously unknown comonalities in social value across wider lacasesg rural or
urban.A combination of current approachegihile integrating social valuassessment
of individual people ito landscapescale mappingwould provide adataset that could
be updated to address the dynamic and fluid nature of such values. This would offer a
tool for correlatngwith current heritage datasetsSuch an approach would enable
proactive planning and development and equip local plannutp@rities with
essential background knowledge of social value.

Furthermore, Currie an@orrea(2022, 101102y Ay G KSANJ addzReé 2y 9F
cultural landscapesoncludedd K i WO2RAFEéAYy3d (KA& &adzo2SO0A D!
AAYdzZ GFyS2dzate adNRLIA Ad 2F GKS NAOKSNJI y I NI
challenge to codify or categorise the narratives of local people remains problematic in
the narrative approach to social valassessment (seéhapter 2.4for the
categorisation dilemma). This research will provide a solution to qualitative
categorisatiorusing Artificial Intelligence in the process of qualitative datalysis
and propose a methodology for narratives in thematic analysis.

The research gap identified can be summarised ased for a methodology
that combines traditional qualitative research met®e.g., interviews, surveyand
social media datayith Al tools to identify individually held social values and represent
these as patterns on a landscapeale This methodtould thenprovide the starting
point for identifyingsocial value hotspotasthe basis forapplyingexisting social value
assessment tools. For example, thecialValue Toolkitwith its focuson communities
interestedin a particular site thais subject tdocal planningcan identify specific

individuals with common social values in a place or understand the values in a

80 https://socialvalue.stir.ac.uk/casstudies/
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particular place from this research. In an urban environment, such aB¢ee Cities
project, the data set resulting from this research could help identify areas or algéct
higher community interest to undertakargeted researchhat gains a deeper
understanding of the underlying connections and attachments.

Thefollowing sections will define the research questions and provide an

overview of the methodalgy developed and applied in this research.

1.4 Research questions

Thea (i dzR & Qiénis ¥ kxplgfe opportunities for integrating 2 OF £ LIS2 LX SQ&
individual opinions, needsnd visionsand develop aSocial Landscape
Characterisatiorbased orthe social values people hold in their everyday living and
working environmentsbased orthe heritage and historic landscapes in which life
unfolds.

Specific objectives included:

U ho2aSOGABS mY 1 2¢ OlFy LIS2thi#ré&asbas A Y RA JAF
behindthese value® W& 2 F 1 Q 2 NJba die@cfdlawhdgaS R G 0
categorisation based on latent themes within the dstad analysed,
using freely available and op&wource software and code

0 Objective 2Can Historic Landscape Characterisation or its key
LINAYOALX S& 6S R2LIWGSR YR FRFLIWISR (2
perceptions and opinions on their living and working landscapes

U Objective 3: How can social values be visually represented to create
outputsfor assessment frameworks within the planning and decision
making procesand, at the same time, provide opportunities for
developing engagingesources to increase participation for inclusive,
transparent, and socially sustainable heritage and landscape
managemen? The am of this objective is to produce a guideline or
methodology that can find practical applications in realrld scenarios.

Based on these objectivethe researchfocussedon collectng, analysingand

visualisngthe data.The methodologyas an overvieywwill be presented in the next
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section.Detailed methods and workflows are providedthe specificchapters

pertainingto the respective publicationsvhichO2 YLINA &S G KS G(KSairaQa

1.5 Study approactand summary of methodology

1.5.1 Introduction

This chapter will provide an overview of the methodology developed and applied in
this research. The spdici methods and tools are detailed in the published papers that
form the body of this thesis and present the results of the analyBes.following
overview will detail the rationa behindthe overarching methodology, provide
insights into how COWHD9 changed the itial approach introducetools applied for

data collection and analysisxplainhow study areasvere identifiedand partnerships

established, andlescribesampling strategies and ethical implications.

1.5.2 The impact oCOVIEL9 and resultingdjustments

As a reaction to the largghan-anticipated datasetshat werethe basis for this
researchgatheredfrom social media channels and surveys, | decided to change my
approach to the data analysis from purely manual and NVivo analysis to Artificial
Intelligence tools. On the one hand, this was pdotgause othe preferencefor
opensource software in this research, which excluded the use of licensed software
such as NVivdn the other handjt wasbecause ofhe largerthan-anticipated

dataset sizesand thecurrentadvantage®f Alin research and development for real
world applications. The opportunities and capabilities of this technology will be
elaboratedon in the publications irChaptes 2 to 5. Here, | will briefly introduce the
technology and its benefits f@nalysng unstructured textual data.

The methods and approaches taken in this research, conducted between
October 2020 and October 2023, should be seen against the background of the-COVID
19 pandemic and related restrictions regarding social contact and free movement.
While the circumstances did not negatively impact the research itsédf] ito a
rethinking and redesign of the methods, particularly in view of data collection adhering

to social distancing during the lockdown phases of the pandemic. This reorientation in
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data collectionwhich involvedetreating to remote and online practices, also
provided different dataset sizeaban initially anticipated Social media data and online
surveys providedhrgerdatasets that required efficient and effective tools oralysis.
The ethical implications, limitations amtential biasesin the methodology will be
discussed ilChapter 6 In the remainder of this chapter, | will provide an overview of
the tools and methods developed and usedhis research. The specific workflows
applied to the different data sources will be elaborated on in the respective chapters

as part of the publications formgthe body of this thesisGhaptes 2 to 5).

1.5.3 Case study, areand partner selection

Therationalebehindselectng my study areas was mainly influenced by the previous
partnership with the PeakistrictNational Park for my MSc in Applied Landscape
Archaeology and previous work as a commercial archaeologist in thi®.dratso
conducted archaeological work in the area of the City of Sheffield ana Ipaidr
connectionwith the staff of SYAS. This long connection gave me the advantage that |
was already familiar with the procedures and staff at the partner organisations and the
landscapeselectedfor case studies. Furthermore, the areas differ in their rural versus
urban character, the population density and cultural offersqd an the character of the
historic environment. The details of the study areas are described in the publications
included in this thesis aShapters 2 to 5The definition of the study area also included
the focus on target groups for participation in this research, whkimmprisedvisitors,

local residentsand people working in the study areas.

As seen ifChapter 1.2.3various projects have focussed on national parks to
assess landscape qualities and social vaNatsonal park$avea range of advantages
for landscape researcfor example, theclear boundariesf the areacan be usedsa
basis forthe case studiesallowing for theunderstandingof personal connections
between people andhe parks. As suchanational parkhasoneresponsible park

authority, which provides opportunitie®r cooperation and partnership. Another

62This PhD was not@llaborative Doctoral Partnership, but the close partnership allowed me

to benefit from existing structures anélations
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advantageis the availability opark-specific landscape and heritagatasets, e.gthe
HLC dataset for the PDNP that provided a source for dai&lation Nationalparks
afford specificcharacteristics and qualitigdbat are perceived as positive ateneficial
for recreation. Additionally, the landscapes are less-firined. Urban areas
represented in HLC are very figeained and can behallengingvhen assessed on a
landscape scale. The comparison to the urban environment of Sheffield has shown
challenges d HLC correlatioon a landscapscale and offers itself more readily to
smallerscaleor site-basedapproachesNevertheless, the landscagseale social value
assessment works also in urban areas and can provide the basis for ru@ptin
approaches, sutasthosepresented in theDeep Citieproject and for theSocial Value
Toolkit(seeChapter 1.2.7.

1.5.4 Rationaé for overarching methodology

The methodology of this research consisted of three steps: (1) data collection from
three different data sources associated with the two study areas, (2) data analysis
usingAtrtificial Intelligence (Al) tools, and (3) data visualisation for the purpose of
practical applicatiorof the results

Categorisationof social valuebas been a challenge in previous approades
social valueassessment anthapping(seeChapter 2.4. This thesis wiprovidea
solution for the difficultiesurroundingqualitative data analysis, preserthe depth of
narratives, and offer a method for thepatialinterpretation andvisual representation
of social values across wider landscapes.

For tworeasons, tecidedagainst he commonly usedualitative analysis
softwareNVio (Welsh 2002F, asanticipated in the outset of this research. Firstly, the
premise of this researclelsfirmly on the use of noiproprietary, freely accessibland
applicable software, data resources and code. Secondly, the opportuatf@sied by
Al tools, such as Topic Modelljrage an innovative, emerging technique that meat

greateracknowledgement andeployment within the heritage sector. NVivo has

63 https://lumivero.com/products/nvivo/
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integrated this echniqueinto A (G & W dz{ ZiGc2 Reksibral® (update ) in 2016
LINE A RAY 3 { KS asdn easyrusedigtdiiSemdipkomaotingRh@ tool aan
opportunity to getresultsi K & WI NB y20 Ay TfdzZSYyOSR o6& &2 dzN
AyaArdakida RN SShegsuddaiihdhislapproachwas e £ F O1 02 EQ (K
GKA& G(G22f O2yadAiddziSa oF2NJ RSihdeea 2y GKS
Chapter 7. To have the widest possible oversight of this process, the approach taken
in this research used existing coded adapted this to serve them of this project.
This approach enabled an open and investigative use of the Topic Modelling tool, as
opposed to theproprietary TM softvare and parametersised by NVivdehat are not
specified in more detailAt the same timgthis limited the wider adoption of this
method by, e.g., local authorities or community grolgezause ofhe required basic
coding knowledge to apply the tool. Nevertheless, the advantage of explainabli
the analysis and the security perform all analyss without the need to store data
externally waseen asan advantage.
Al is an evolving technologhat isonly slowly findghgits way into the field of
archaeology an@ultural Heritage Managemen(Traviglia 2022)While the technology
has been successfully deployed for image and object recognition and classification (see
Chapter7 for more detail on the applications), tekiased analysis using Natural
Language ProcessifiyLP)and Machine learning\ViL)is particularly useful for the
efficient and effective analysis of larger datasets, benefiting from the capabilities to
identify patterns and themeslhe techniques of NLEones, Doane and Attbom 2021)
and Topic Modellind TM) (Jones 2021were chosen to analyse the qualitative data in
thisresearch Open Access codepositotiesprovideda basidor developng specific
algorithmsto pre-process the data (data cleaning, formattirfggereferences for
Software and GitHub repositorigsand perform the thematic analysis, which

conformed to the principles dérounded Theorfseg e.g, Charmaz 2006; Odacioglu

64 https://help-nv11.gsrinternational.com/desktop/concepts/about automated insights.htm
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and Zhang 202%. T™ allows data to bestatistically groupednd automatically
labelled(tgx94 2022)n themeclustersbased on keywords, whidnablethe
automaticdiscovey of topics latent within or emerging from the dat&opic Modelling
canprovideinsights andhemesthat were not anticipated in the initial design ofish
research(see results itChapters4 to 6) or might havebeenmissed or overlooked.
Alsq This information can be coded and formed within a thematic content analysis
from the information provided by the communitiess & &a2YS F2N¥Y 2 7F
(Mason 20029).

Themanual assessment or direct observatiofiowing from the TMidentify
categoriegesulting from this researctvhichwill be correlated with current heritage
categories aprovided by theConservation Principled Historic Englan¢English
Heritage 2008and HLC to assess a connection between histanidscape types and
social valuesThis correlatiorisintended to asses8 K S Y Spbt&n#iaR Q &
compatibility withcurrent approaches and frameworksd addressuture demands
on such tools.

The methods for magpased questionnaire desidgravealso ben adapted to
achieve the aim of using freely available software packdgBsoprietarysoftware,
such asMaptionnairedeveloped by the Finnish company Mag#aehasbeen used
elsewhere(Dabaut 2021254). However for this researclGoogle Mapsvas integrated

in Qualtricssurvey, which provided the user interface for online data collegtion

% Elaments of Grounded Theory underpin the research to create categories based on the
language used in the stories provided by participants, similar to the Alphabet of
Distinctiveness (se€hapterl.2.2).

6 Jstification for using the autocoding (topic modelling) in NVivo teées://help-

nvll.gsrinternational.com/desktop/concepts/about automated insights.htm

67 |deally, all software in this project would have been ogenrce. However, for theusvey, |
had to resort to proprietary softwarée.g., Google Maps, Qualtrics), which is free to use
for projects like this, but not opesource.

%t has been sbwn that participants usinylaptionnaireneeded guidance and skills to work
with this interface, which led to lowethan-expected useful information and lower

participation in the survey (see Dab&Q21, 254).
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allowing participants to set pins on a familiar magerfaceand add personal stories
and information.
QGIS provides communitgd software for the visualisation of spatial
information. | used QGIS, adhering to the principle of using ememce software, to
map and visually present the results of the three data sources.résearchaimsto
produce maps for (1) heritage and landscape management and spatial planning
purposes and (2) resources for engagement and participation ofexperts in
landscape characterisation and identification of social values. Filteyirgpecific
information, such asssues raised by residents of the PDNP and Shkféiech
informationcan be visualised assue Mapghighlighting the need for action to local
authorities. Other examples includéiotspot MapQwhich epresentfocal points for
high footfall by visitors and tourisend potentially assoated risks and opportunities
The results of the analyses are provideimapter 7 Maps, representing
LIS2 L) SQ& Ol ftdzSas ySSRa |yR OAahketiggeg F2N) GKS
professionals, for example, for planning, pglandmanagement plamlevelopment
communication and outreach, and by local community groups to lobby for and better

communicate their interests.

1.5.5 Sampling strategies

Sampling was influencdal the projectpartners and their supporg.g.,providing
opportunities to circulatehe online surveys through their media channels and
advising on potential partners for the-otepth interviews.

The social media sampling strategy alloweeto reach a wide range of people
connectedthrough posts related to the study areakhe decision to use Twitter (now
X)as a data resource for social media analysis was influenced by the restriction of use
and reuseand the internal structure in private or public grouplssuch datasets by
other social media platforms, e.d=acebook ofnstagram Theopportunitiesfor
academiaesearcherswhich provideaccess to historical data back to the beginning of
Twitter in 2006 and the public posting nature of the e, weregrantedthrough
the Academic Developer Accoutccesghroughthis accountallowedto collect

Twitter data from three bank holiday weekeadh the UK from 2019 to 2021nitial
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inspiration for social medisesearch was based onvarkbookpublishedas a GitHub
repositoryby Bonacchfreference inSoftware and GitHub repositorie88onacchi

2021) This workbook providea starting point for further development of social
media researchparticulaly for adopting and adaptng other methods, e.g.an emoji
based sentiment analysfgeference inSoftware and GitHub repositoriealsoOmkar
2019, Huttoand Gilbert 2020)The sampling of social media ddtas the disadvantage
that it is biasedhrough the focus on a particular growprwitter usersg and the

nature of posts; showinglife in a more positive way. However, the advantage of the
method was the opportunity to gain a broad insight into the phenomenon and the
large dataavailability

Survey sampling was based on the principle Gbaveniere Sample¢ a non
probability sample methodsee for example Golzar and Tajik 202ZJhis sampling
strategy was chosen to gaam insightthat reflects the typical database of the project
partners and benefit from the eskdishedconnectionsof the partner organisationg
the Peak District National Park Author{fDNPAand the South Yorkshire
Archaeology Servig&SYA)f the city of Sheffield. Theartnership allowedneto
circulate the online questionnairgathe social media channels (Facebook and Twitter)
of the PDNPA and an existing mailing list of the city of Sheffiglath consisted of
over 4000 residentavho hadagreed to participate in survey¥/hile thissampling
strategy hagirawbacks, e.g., sample bias dmingless representative than other
methods, it has significant advantages, e.g., tisned costeffectivenessand ready
accessibilityThis form ofsampling vas expeted toprovide a larger database
requiredfor the landscapescale approach taken in this researttan would have
been possible through other sampling strategies.

The interview dataset was compiled based ohyaicalCasesamplingstrategy
(Creswell 201,7159. The PDNPAuggested potential participantsased on their
knowledge ofand particularassociatiorwith the area. The aim was to gain deep
insights into the connection between people working and/or living in the PDNA and
their personal stories of attachment witiind relationshigo the study areaThis
sampling strategy allowenhe to interview a wide range of people from different walk

of life, age groupsand experiences in the study area.
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1.5.6 Ethical issues and procedures

The methods applied in this research were subject to rigorous ethical assetsby
the Universityof York(for the ethical application seAppendix6). As themethods
developed duing the research, including additional data sources;h asocial media
data, and techniquesuch asisingAltools, the ethical approval was amended
accordinglyover time Thesubsequent additions were assessed and apprdged
Appendix7).

The use of data from living people requires due diligede¢a security
proceduresand sde data handling (the required documents, eansent forms and
information sheets for participants ¢fie survey and interviewscan be found in
Appendices3 and 4). Where possibleanonymity was ensureldy using and publishing
only synthesised datdor example, quotefsom social media posts were not
published, as thie origin @n be easily identified through an internet search. Similarly,
only surveyinformationwasused that would not allow the identification of individual
participants. In contrast, the interviewees waived their right to anonymity as the
information giverwaspresentinga deep insight into the individual and personal
connection between the participants and tinéavourite places which would have
made anonymisation difficultf not impossible.

Ethical issues arosm particular, from the use of Atools (for a detailed
discussionseeChapter J. The techniques used in this research were based on both
supervised and unsupervised learning methdés. example, Topic Modelling was
based on a statistical method with no introduced bias thropgilabelledtraining
data(see Chapter ¥ In contrast, the sentiment analysis tool used in the social media
research introduced this bias through annotated training date(ChapteB).

Further ethical implications werencounteredfrom the potential use of
models createdased orthe surveydata. Chaptes 7 and 8 detail the concerns about
decisionmaking based oh L  {ind@efs an@ predictionand the introduced bias
and limitations of the methodsAppendices for Chapter 8/AppendiX also prasides
anaddition to the ethical appreal, outlining thesolution for this issue

TKS Wkidhekf y2 2 LIQ  LINA v O AthdnSuregihlical int&ggitjand2 6 S R

assess the performance of the Al tools in this reseaftis was why datasets veer
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smallcomparedto thosecommonly used in AdpproachesAl is particularly useftibr
analysnglarge datasetshat would take extensivéime to annotated and assess
However, the clearly limited dataset used in this research allowtad@ugh
familiarisation with the data and processes during the analysis example, results of
the Al analysis were compared with the manual ana)gsid discrepanciesvere
investigated (se€hapter 3 Sentiment analysis based on emojis as compared to text).
The following section will provide an overviewté structure of this thesis,
which is based on a series of peerviewed and publishegapersresulting from this

research

1.6 Outline of the thesis

This thesis@mprisesa series of papers published as part astiesearch Chapter 2

will provide a wider background and literature review on specific elements of this
research.The sequence of the papers@haptes 3 to 7 reflectsthe steps and

sequencan which this research was conductéchapter3 will present the first paper
focussing on one of the data sourcessocial media datarhis chapter will also provide
interim results and outputs of the analysis and discuss potential applications of the
method. Tlke methodis based orinformation about favourite places and associated
sentiments from a wide spectrum of social media usérghis chapter, | present

Natural Language Processing (NLP) for data analyssbllowing chapters will build

on and extend this technique. The chapter also introduces various forms of
visualisation useful for planninghanagementand public engagermant. Chapter4
narrowsthe focus of participants to people living and working in the study areas and
introduces the data collection method of questionnaires in the form of online surveys
The chapter will introduc&opic Modelling (TM) for data analysis based on elements of
Grounded Theorywhich allowdor the exploration of qualitative datathat isfree from
preconceptions and predefined codéis paperfocusse®n the thematisation and
categorisation of reasons behind place attachment based on individual/social values in
everyday living and working landscapes related to heritage and the historic
environment The chaptepresents the survey data in a formsimilarto the social

media research i€hapter3 and expands the visual capacitiesreflectthe deeper
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information basispresented by this data sourc€hapter5 further narrows the
spectrum of participants while, at the same time, deepening the exploration of
reasons behind a strong place attachment and development of social values by using
the method of indepth interviews Using the methodology deployed in the previous
papers¢ NLP and TM thisrepresents an application of the techniques to interview
data. Thefocusof this chapter is to provide a method for the thematisation and
categorisation of reasons for rootedness and strong connections to pldite the
focus on thecategorisation concepthis paper applies a similar technique to a
different data sourceas usedn Chapter 4 and draws from the previous analysis
experience Chapter6 bringsthe variousdata sources together andterpretswhat
knowledge and understanding can be drawn from the analysis of social media, surveys,
and interviewswhile, at the same timeputting the resuls of the study in the wider
context of current and future applicationg/hile the limitations and bias specific to
each data source and meth@de provided in the respective chapteChapter7
presents underlyingthical implications and limitations associated with Al
technologies and toolas a critical reflection of the research conducted based on these
techniquesWhile Alhas been deployed for the analysis of imdigesed data in
archaeology for decades, the deployment of Al tamigextbaseddata in archaeology
and heritage management is a recent development, at the time of writing.
Considerations regarding ethical implications, which posed new challenges and risks
for research and application,ere a strong factor in this researehon the onehand it
provided new opportunities for data analysis amtterpretation, and,on the other
hand,it broughtnew challenges for data safety and transparency, inclusivity and
explanability of the processes in view of fair and reskare use of the outputs of such
analysesThe chapterdentifiesanddescribes thevider repercussionsf automation
and computerisation of processésthe discipline and beyond

How the resultgresented in the publicationlsave met the aims and objectives
of the researctprojectwill be discussed i€hapter8. The bcus of this researchyhich
partneredwith the Peak District National Park Authority, UK, and the South Yorkshire
Archaeological Services of the city of Sheffield, U&fitraly on the potentiaffor

practical applicationn a realworld scenarioFurthermore,Chapter 8will summarise
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the key achievements of the study and provide an outlook for further work in the field
of social values and Al applications in archaeology and Cultural Heritage Management.
Whilefurther developedechniques, such as deep learning and neural networks
including Large Language Modédts; beyond the scope of this research, | provided
further opportunities for developing this method to an automated categorisation of
qualitative data based on trained models and supervised learning.
TheReferenceshapter will provide the bibliography for all chaptenath a
separatesectionfor Software and GitHub repositoriesihe Appendixwill provide
supplementary materialimthe papers presented in this thesasd the widemresearch
Furthermore,it will give additional information and code not included in the published

journal articlesn the form of aab book
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Chapter 2:

Literature review
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2.1 Introduction

Thissection willposition this research within the context of thmestorical andcurrent
heritage discourse First, a focus on social values will introduce national and
internationalagendas and charters concerning the integration and development of the
social value and everyday heritage in the heritage sector. Social values will be defined
andthe dilemma of categorisatioalaborated(Fredheim and Khalaf 2016, 468; Mason
2002, 9; Rudolff 2006, 2; Stephenson 20@8%0, the issue arourttie use oflargon
and the language of distinctiveneg&sNJ Wy I NNJ (i RS0l 2006 228)R Sy G A G @
within historic environment datasets will be discudgsee, for example, Common
Ground 2006; Fairclough et al. 1999, 12; Grdvlsite 1996, 9)
Then, the concept glace and place attachment will lnkefinedandthe topic
of landscapescale mapping applicationsll be discissedin view of peoplecentred
placed SR I LIIINR | OKS &3> @A adandchaliatterarzy 2F | Was
distinctivenessTools such as Historic Landscape Characterisation (HLC) and Landscape
Character Assessment (LCA) will be introdueedxamples of landscape assessment
and interrogation In the section on socially sustainallevelopment and planning,
visualising narratives to create social vahesed maps, will show a way toward the
AYyGiSaNI GA2y 2F 201t SELSNIAAS Ay YL2FTFFAOAL f
combining expert views with local knowledge
This chapter will give the necessary background for the following papers, which
touch on themore detailed descriptions of landscape and heritage management

conceptsas elements of this research.
2.2 Charters and agendastowards social value

2.2.1 Heritageandinherentvalue:The oldmodel

Heritage assessment and management rely on the categorisation of values defined in a

1 See alsc€Chapter6: Social Landscape Characterisation: A PeGgletred, Plac8ased

Approach to Inclusivand Transparent Heritagand Landscap&lanagement
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canon of values ascribed to monuments, buildings, places, and landscapes that have, in
2yS F2NY 2N FYy20KSNE YSIFEYAYy3 YR LROISYGALl
society(Byrne 2008159 Harrison 2010243. The definition of heritage and the value
a2aiSY 6SNB RSQOSt2LISR FTNRY ihanf818RANBG F yiAld
centuries, with a systematic structuring of heritage in typologies and seriation in the
19th and 2@h centuries(West 20109). This was the environment in which William
Morris and John Ruskin became influential in establishing the historic and aesthetic
Gl fdzS AYKSNBYylG Ay (GKS WHdziKSyiAaom FIFIoNRO 27
century(Jones and Leech 2016 Smith 200689-90). Ruskin also had a vital interest
Ay WSRdzOI i X ¥ @btiod el redrdSrgeddin $1€220th century, promoted by
English Heritage and continued by Historic Engl@yine 2008168.

As part of the Ancient Monuments Protection Act 1882chedulentroduced
the notion of preserving monuments as islands of importance cut out of the wider
landscape. This act and legislation of designatiat followedstarted a process of
Gt 2NRAlFGA2Y YR AAIYAFAOFIYyOS FaaSaavySyid oA
AYLERNIIFIYOSQd |1 26SPSNE (GKAa O2yOSLIi Ffaz2 ONE
dzy NEO23IyA&SR Wdzy2FFAOAIl § Q(Hardsd2@@2dq 2 F G KS KA
Ireland, Brown and Schofield 2020)

The devastation of the two World Wars led to the establishment of the first
charters concerning the historic environment with an initial focus on buildings and
structures. The Athens Charter for the Restoration of Ancient Monumait931
(ICOMOS 2021bas well as the Venice Charte#rl964(ICOMOS 1964) Y R ! b9 { / hQa
Convention Concerning the Protection of the World Cultural and Natural Heritage
1972(UNESC02021@)2 Yy 1 A Yy dzSR G KS 02y OS Liithedigtorie¢ I dzi K Sy {
scientific, and aesthetic value inherent in the material structure of ancient buildings,

monuments, and siteAhmer 2020151 Jones and Leech 201B8; Jones 201,723).

2.2.2 Heritage and social valueshe new model

¢KS wOdz i dzNI £ (i dzNY Qth denfuryichiasyedit® Ordlefsiandiog f ¥ 2 F
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heritage values(Bonnell and Hunt 1999; Cosgrove 20ft political and economic
consequences, sekorre de la 20023, Pearson 1995126 Pendlebury and Gibson

2016 1-2). The emphasis shifted @¥f 2 OF f Q { K S¢@ai&heary, 8 0 SI R 2F |
meaning instead of objectivity, identity and materiality, the focus was on hybridity and
relations(Cox 2014105.

The second half of the 2@ century was dominated by the development of
OKFNISNAB YR 3SyRIFa G2 AydSaNIGS WSOSNEBRL &
people in heritage anthndscapananagement. The conventions of t@®uncil of
Europe(CoEj became influential in the reorientation of value definitidns
Furthermore, the Amsterdam Chartef 1975 (European Charter for the Architectural
Heritage) introduced key principles that would become the foundations of heritage

thinking in thedecades to comeéy introducing the principlesf:

T WKSNAGEFIS a OFLAGEE 2F ANNBLIE FOSIotS alL
@1 f (Gbizil of Europe 197%rticle 3

f LS2LX S KFE@GAYy3a WLy AyaluAyOuAr@&nck&St Ay3a F2
Europe 1975Article 9

1 the importance of heritage to contemporary society, thiadeningof the
view from important monuments to their wider settin@ouncil of Europe
1975 Article )

f 6KS O2yiNROGdziA2yad KSNRGFAS OKGOundill 1S G2 |
of Europe 1975Article 4

Additionally, the Dresden Declaration of 1982 introduced the principle that
Y2y dzySyda OFly KIFI@S WaeyYo@IOMOS202drids D | YR WaL

2 For changing understanding of values and the role of professionals as opposed to public
participation seeChapter4.2.

8 https://www.coe.int/en/web/portal/home

4 For more on the CoE s&hapter4.2 andB. Appendices for Chaptet: Supplementary

material 1
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and9Pd ! f a2x GKS GSNXY WL I OSQ 461ad RSTAYSR Y2N
the BurraCK I NJISNJ | yR Ay Of dzZRSR Wi NI ¢St NRdzGSasz |

ALIANR Gdzl £ 2 NJ NB (ON IR%dzES RAXSYEY SKYU AldyNe £ St SYSy
GASe (GKIG YAIKOG 0S LI Nfcomas 201&ESpladatord Yy A TA OF y OS

Notes to Article 1 Regarding the participation of nexperts, the charter states:

Groups and individuals witlissociationswith a place as well as those involved in
its management should be provided with opportunities to contribute to and
participate in understanding the cultursignificanceof the place. Where
appropriate they should also have opportunities to participate idsservation

and managemenfiCOMOS 201 3\rticle 26, Paragraph 3, original emphasis

Despite weaknesses and room for interpretafipmany experts have seen the
Burra Charter as the adoption of social values into the canon of heritage values. The
OKIF NISNR& AyFfdzSyOS 2y O2yaSNIIGA2Yy LINI OGAC
Fd F Wgl GSNAKSRQ Y2YSyil &gnbadgdhlity2dnd. G KS LI N
Particularly crucial in this quote is the mention of individuals as having an interest. As
shown inChapter6 and emphasised bjohnston(2023) the individual is not
recognised in current approachesghich focus on project work with predefined groups

and communities.

® For a critique of adherende the principles of the Authorisederitage Discourse (AHD)
inherent in these documents, such as the Athens and Venice Charters mentioned before,
as well aghe Burra Charter (Australia ICOMOS Charter for Places of Cultural Significance,
first adoptedin 1979(ICOMOS 1979 ustralia ICOMOS and International Council on
Monuments and Sites 20(BCOMOS 201B8¥ee Smith 2006, 113. These documents also
strengthen the role of heritage experts (Smith 2006, 104).
6 Important in this respect are, however, the parts in the paragraph that are not emphasised,
and Smith argues that they reflect the key issues in line with the AHD in that the parties
FNB adZllRASR (2 05 AYOAGSR §2expiesytheBown i yRQ
experiences and viewSmith 2006 104°. Furthermore, the role of experts is again
NBAYT2NOSR 6& GKS RSYFIYR gAGKAY GKS OKIF NI SNJ
AYLX SYSYGSR o6& LIS2LX S 4AGKGSHhRINEFAWNA I S (y26f
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Furthermore, in the US, the Getty Conservation Institute in Los Angeles
undertook a research project inthe value of heritage in the years between 1998 and
2005(Avrami, Mason and de la Torre 2000; Torre de la 2002; Mason.IB49S)
projectdemonstrateda continuation of the value discourse and the importance of the
historic environmenin creatingcommunity values asneexpessionof a societal shift.
Internationalconventionsi G NP2y 3f & Ay T dzSy@didesaadKS ! YQa
policies, introducing social aspects of everyday landscapes, local knowdexipublic
participation. Both the European Landscape Convention (Florence Convention)
(Council of Europe 200@nd the Framework Convention on the Value of Cultural
Heritage for Society (Faro Conventig@puncil of Europe 2005¢e alsdchofield
20154 i NBaadSR GKS AYLERNIIFIYOS 2F O2YYdzyAlGASa |
views democratically and engage with heritage alongside the professional community.
The latter also stressed the social value aspect more strongly but was not ratified by
the UK Jones and Lee¢B015 10) argue that these ideas still strongly influenced the
English Heritage (and later Historic England) guidelines and advice in, for example,
9y 3f A aK PoviNHRladceaSRoe for Our Fuiiiieglish Heritage 2000)
Knowing your placéenglish Heritage 2011apd theConservation Principl¢English
Heritage 2008) These documents focsexd on the connection between people and
places andactive participatiorof communitiesn development oheighbourhoods.
The Florence Convention was ratified and enforced in the UK in @0&7ing 2009

688 YR SYLKI &aArasSar F2N SEIF YLX ST (GKS | aLS 06 2

Acknowledging that the landscape is an important part of the quality of life for
people everywhere: in urban areas and in the countryside, in degraded areas as
well as in areas of high quality, in areas recognised as being of outstanding beauty

as well aeveryday areagCouncil of Europe 200@reamblé.

" For more on the Conservation Principles &aptes 4 and 6.
8 HLC developed in the 1990s in the UK directly influenceddhgention Some of the people
involved in defining theonventior ébjectives and recommendations also worked on

characterisation projectsuch ag-airclough (England) and Fojut (Scotland).
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¢CKS 0SIAYYAYy3a 2F GKS nwmald OSyldzZNE &l g (K
cultural and natural environment and the tangible and intangible, leading to the
acknowledgement that values are created and negotiated in a dynamic process
between people, commmities, and placegByrne 2008158 Jones 201,721, Turner
2018 3839). These strongichotomies were questioned and subsequently reversed
(see, e.g.Byrne and Ween 2015; Harrison 2015; Fredengren 201® dissolution of
dichotomies in heritage thinking and categorisation influeshttee discussion on
categorisatiorper se(seeChapter 2.4 for the categorisatiordilemma of social values).

The Faro Convention ended these strong dichotorie&ilehto 201620 and

advocatel a holistic approach to cultural heritage by stating:

Cultural heritage is a group of resources inherited from the past which people
identify, independently of ownership, as a reflectiordaxpression of their
constantly evolving values, beliefs, knowledge, and traditions. It includes all
aspects of the environment resulting from the interaction between people and

places through time(Council of Europe 200%\rticle 2a.

2.2.3 Conclusion

In summary, the development of heritage values and categorisation has shown a trend

from anexpertled, significancéased site-oriented understanding of heritage and

the wider historic landscape to communitycussed everyday heritage concepts.

Social values were defined and advised in international charters and agendas and

VEGAZ2Y T LRt AOASA | yahd rikeds gaifdd impdtande intaS 2 LIt S Q&
society that prioritised the social benefit of heritage and a sense of place, belonging

and identityas a new benchmark for the preservation and conservation of the historic
environment, including mundane and everydaingsthat peoplevaluein working

YR fAGAY3I SYGANRYYSYy(iad | Aaeénphkisahed y 3t | Yy RQA
AYLERZNIGFYOS 2F wO2yySOGSR O2@stoigBngldan$aQ ' yR Y
2023) The topic oMEveryday Heritagéhas also been further developed at Historic

England with the launch afeveralEveryday Heritage projects with a particular focus
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on workingclass histories

Arange of diverse projectsave shown how social values can be identified and
meaningfully integrated into heritage and landscape managentéhaptes 1.2and
1.3. discuss examples of such community engagement and participation approaches.
The next section provides an overview of social value development in research and the

challenge in practicapplications

2.3 Social values

2.3.1 Definition

As showrabove® (G KS WOdzf GdzNI £ (GdzNYy Q 6AGKAY GKS KSN
understanding of the relationship between people and the historic environment

(Johnston 19927;2023; Jones 20121-25; Rudolff 20064; Waterton, Smith and

Campbell 2006393. The emphasisrovalues shifted towards the sense of place,

belonging and identityThe significancef the historic environmentor contemporary

communities and forms of memory and spiritual association as key principles of the

new engagement with everyday heritagained importanceAlso,the views of
laypeopleregardingtheir environmentwere treated as an essential part of

understanding the quality of placeJK S y 20 A2y 2 F ,dspetitdiyfaga S 2 F LJ |
been the subject of extensive discussions within the heritsgmor(Byrne 2008155

Clifford and King 19940 Harrison 2010243 Jones 201,721, Jones and Leech 2015;

Johnston 199210;2017 2023; Meinig 19793; Schofield 200,7111). Place can be

understood as an abstract construct of practice and experience different from locality

(Pink 20123), while a sense of place is created in terms of a spatial entity, material

form, or specific environment. The human geographefwiTuan introduced the term

WaSyasS 27 LI HQraan 19N indkenah ifeagraphiedpleing

® https://historicengland.org.uk/campaigns/helwrite-history/everydayheritagegrants/

02 o] @ | dzZRSY F2NABSR GKS GSNY Ay KA& AYyGINRRAzOGA 2y
AO0NBFYEAYSRQ AY mont 6KSYy KS gNRGSY We¢ 2L LKA
K2YS a2Af FyR GKS fAGSNI GdzNBEQa Feedaé NBEIAZ2YL
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emotions of security, warmth, and familiariassociated witta place. Such emotional
connection can create social value, expressed through, for example, oral history, local
history and genealogy, festivals, everyday practices, graffiti, traditions, and memorial
events(Jones 201,725). They are also spiritual and religious associations, symdouds,
subjecs of official narratives and folktalg$COMOS 201 Explanatory Note, Article 1
English Heritage 20081-32; Jones 201,/24-25; Jones and Lee@015 33 Tiller 2020

281) Social value and the reasons behind it form the local knowlsdgeceswithin
communities(Tiller 2020 1-3).

Jones and Leeq®015 5 NHdzSR G KIF G KSNAGF3IS Aa WLINEBR
SELISNASYOS YR LINI OGAOSQ YR O2yilAydzzdzateée C
fluidly (see alsdByrne 2008169 Jones 201,721). The production of values depends
on the meaning communities ascribe to their environment, @ndaloing sothey
ONBIGS KSNAGF3AS gA0GK 20t 2NJ SOSNERI & aA3dy
(Smith 200@)that O 'y 06 S dzy RSNE (i 2 ABYyrnd 208 WK IoMR G 1 3 S 4 2 NJ
2017, 24-25; Smith 20061). Smith(2006 5960)NBE F SNNBR (2 GKA & 02y OSL
G2N] QX | LISNAE2YIlI > O02tftSOGABST SY20A2yLLfte
history.

2.3.2 Practical approaches to social value assessment

The 1990s saw an increasing interest in ethnographic studies in place, perception, and
phenomenological experience of the environméRink 201237). Several approaches

in academic research projects showed the benefits of participatory and peapleed
approachegCinderby, Snell and Forrester 2008; Cinderby et al. 2012; Jones and Leech

2015; Jones 2017; Nardi 201#owever, integration into heritage practice and

management is still viewed as problematic for different reagd@merick 206, 6566).
Forexample,3OA I f @I f dzSa | NB Wa 2 hgazG Ky RY a4 TAdzDLDSENE (R
can be challengin{Pearson 1995156, they might be indecipherabj@ot easily

EAYAGSR G2 Lyd 2y8 f20FtAGe OXB8 AG KFa fAdGS
unhumanised nature holds no charms for the average topophile because it is lacking
KA &l 2 WBetjerdaX BOQ7o1)
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understood(English Heritage 20082, Yy R y 2 (i NB O2 3, &speSi&dly 6 &

KSNAGIF3IS SELISNI& 6K2 WLI NI OKdzi $Emeritky (i 2

2016 75 see alsdByrne, Brayshaw and Ireland 2Q@3. The reluctance to change and
adapt practice has been seen as a factor in the slow integration of social viatinies
the official practic§Emerick 201665).

Public involvement and patrticipation have become a focus for development
over the last three decades, and the role of experts has been at the centre of
discussions. As Smi(A00G 94) points out, the way heritage is managed influences
public opinion(Avrami 2009179 Hglleland and Skrede 201833 Schofield 2014,
Emerick 2016; Jokilehto 20181)*%. The change towards inclusion and participation
led toresearch and community projects with the creation of social value toolkits and
community initiative$.

However, die to their subjective, qualitative nature, social values are
inherently difficult to collect, analysand use in a system dominated by (apparently)
robust, objective, measurable data sets commamsgociated wittheritage practice
(English Heritage 20086, Jones and Leech 20185 Mason 20029)'3. Social values

are now accepted in the heritage sector but remain a complex con&sgzrson 1995

W2 dzi ;

I & a& &

2)® 2 SAIKAY3I GKSY F3IAFLAyad 20KSNI WiNI RAGAZ2Y I

(Byrne 2008156 Dalglish 201820-21; Jones 201,725 Mason 200210. The
following section will introduce categorisation ancetharrative approach as crucial
elements for a systematic approach to social value integration into existing official

assessment frameworks.

1 For a discussion on the role of experts and laypeople in heritage assessment and eecision

making see€Chapter6.
12For a detailed discussion of past and current projects and initiativescialvalue
assessment se€hapter 1.2

13 For the challenges of collecting social vajsegChapter 3, 4and5.
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2.4 Categorisation and narratives

2.4.1 Value categorisatioq Background

Categorisation ensures a degreecohsistencyand reproducibility in assessment
frameworks From the beginning of the category systems in the 19th and 20th
centuries, the definition of value categories aimed to make the historic environment
comparable, decision processes consistent and replicable, and significance and
conservation aims descripe (Mason 20029)'%. However, the constraints of a rigid
system applied to fluid and dynamic valuevéheen foundunsuitable and other
approaches oextensiondo existing categorisations frameworkave beerproposed.
The @ategorisation of heritage values constitutes a considerable challenge within the
heritage management sector. The balance between generalisation and
particularisation, resulting in @0 broador too fine-grained category system, defies
the notion of fluid and dynamic value creation within the histawvironment

After a period of increasing separation into broader categories, such as natural
and cultural landscapg®Vest 20103, UNESCO 197 2)r tangible and intangible
heritage(UNESCO 201,8uch a divisid @onexisencein the real worldhas been
widely acknowledgedSubsequently,he trend shifted towards holistic approach to

heritage(Byrne, Brayshaw and Ireland 20@3; English Heritage 1993, Harrison

14 Alois Riegl, an art historian and general conservator in Austria, established the first
systematic categorisation of heritage values, creating a framevaoiteritage
professionad (Ahmer 2020151). Riegl defined two categories of value at the beginning
of the 20th century which became canonifal the heritage sector: memorial values
(age, historical and intended value) and presday values (use, art, newness, and
relative art valuesjAhmer 202015Q Pendlebury and Gibson 201%7; Riegl 1903;
Walter 2014 634). Historically, value that would determine preservation was defined by
'y StAGS INRdzLI 2F LINRPFSaarzylfa sK2 QNBfASR
eventually expressed in stattefined and controlled lists, and on principles of
O 2 y a S N@éndiebyya@ Gibson 20167).
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2010, 2015; Pearson 199515 Rudolff 20062). Also, places often have an intangible
aspect, and vice versa, intangible values can have a spatial conn@tioiman 2013
20). Therefore, newalorisationmodels were needed to includbesenew ideas and

aspects of heritage and landscapesich will be detailed in the next section

2.4.2 Development of new categorisati@pproaches

Fredheim and KhalgR016 468, Table Jlproduced a historical overview of the various
WieLkRt 234548 T2NJ Odzft GdzNI £ KSNRAGEFISQd ¢KS
organisation of values became increasingly inflexible over,tieagling to a canonical,
traditional, conservative view on the historic environmeandtherebylimiting social
value@flexibility and dynamic charactefhe traditional system proved outdated and
not suitable for the postmodern view, leading to a rethinking of the value categories,
the methods to capture thesand thequestion of whether categorisation itself is
useful.

Several value systems have been develoffeddheim and Khalaf 20,1668
Mason 20029) as a basis for significance assessmenhieseare firmly rooted within
the traditional thinking developed in the 18th and early 19th centuries while adapting
to the needs of the time. However, as Smi#006 105, 299has pointed out, real
change within the profession has not prevailed over the canonical categories and the

weighing of values against each other. Stephen@@98)suggested &ultural Value

Modeli KI & o NBI 1a dzLJ GNYRAGAZ2Y I E @FfdzS OFGS32N

traditional categories by dissolving the value categories of higthewvidential,

I SA0KSGAOE YR O02YYdzylt @I fdzSa FyR NB2NHI yA

I YR LINIS®©phdnsdS 2008134-135, and 134, Fig)2Stephenson not only
reorganissexisting value categories, but also adds new concdptsexamplehe
includescategoriesof naturallandscapeaspecs, social or community aspexas
traditions andpractices andrelationshipsasmemories, senses of place and

attachment®.

15 For the extension of categories in a flexible system, com@hapters.4.2.
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This malel offers less rigid compartmentalisation of the different aspects
organisingvalues by dissolving the traditional value categories and opening thgeto
a more holistic view of the landscape. It also reinterprets toepth by differentiating
surface values of the present from embedded values of past cytlese creation
(Stephenson 2008L35136, and 137, Fig)6The model offers a more open, flexible,
and inclusive approach to value assessment and includes additional intangible aspects
of the landscapéehat are often elusive and difficult to integrate into the practical
process of landscape assessment and managelf@aphenson 2008L36. This
approach is supported by the notion of Clifford and Ki@06 9), arguing that only
2dziaARS 2F G(GKS W2FFAOAI Q T Nbheivdvaaghdl] & I+ NB LIS
aKFNBR OFGS3a2NRASa 27F YSlasiheyvi@ atdh§t¥méK I 3 A a4 0 &
Joneq2017, 22+ £ 42 1jdzSaGA2y SR GKS OGN} RAGA2Y L | LILIN
TAE RAFTFSNByYyG Ol (i §2&NII&raphasided Wd spatizd Qd { OK2 F A &
RAYSyaAzy 2F YSIyAy3a Fa WEOGAGAGASAE O2yRdzO{
activity at a landscape scale (space or area®] activities that are not plaegpecific
YR NBtFGS Y2NB (2 GSYLRNIfAGSachani NI 2S00 2 NR S
approachemphasiseshe spatial connection between the abstract concepts of
meaning, time, and place.

Most of the approaches presented in this overview attempt to introduce a level
of flexibility to the field of social and heritage valua# still predefine value
categorie$®. While the approaches are expded and topdown, heritage valuemust
be categorised in a bottorap approach to truly reflect the value heritage and the
KAZG2NRO SYGBANRBYYSY(l KIFI@S F2NJ GKS LIS2L) So w
aspirations should be grounded inand emefgNR ¥ LIS2 L) SQ& LISNRA2Yy Il f (
places using language that stems from such experiences and attachsm&ntethod

that allows captuing oflatent themes or dominant topics in the narrative of individual

16 Compare the Cultural Mapping project for the identification of tangible and intangible
aspects of placeditps://bangkok.unesco.org/content/culturainapping (Currie and

Miranda Correa 2021; Currie and Correa 2022; McKeithen 2015)
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experiencesconveying the reasons for valuing or attaching to plasesjld benefit
from aGrounded Theorgipproach(Charmaz 2006; Odacioglu and Zhang 2022)
The next section will elaborate on the challenge of introducing a common

language that can benefit communication between laypeople and experts.

2.4.3 Narratives and new language

The role of the heritage professiorahd publicengagemenmethodshave changed
overthe past decadesAn important aspect of engaging the public is adapting the
language to make heritage more accessible for lay petplealheritage and

landscape managememied a common language to negotiate and express values and
aspects of heritagéByrne 2008165. Commonly leritage practicasdominated by

jargon that excludes terms of social values and-e&pert opinions as expressed by
laypeople. Unfamiliar jargon used by experts in assessing the historic environment
makes it more difficult for laypeople to understand and engage with heri(@geve

White 1996 9). A new approacko heritage practice can help dissolve the strict

division of experts and laypeople and encourage dialogue and coope(&otrofield
2015k 2016)based on the narratives and stories of ordinary people in their everyday
lives and livedn worlds(as dscussed itChapter 1.5 C2 NJ SEIl YLX S GKS W
5Aa0AyO00A Jedbiessental térmilbfithe dzéahing of places and formed the
basis for creative writing about local plag€ommon Ground 2006ge alsdCrouch

1996 22 Hayden 199564). Using itas a basis for a terminology closer to a common
language that would be understood @making datasets, such as Historic Landscape
Characterisationmore accessible for laypeopleas suggestefFairclough et al. 1999

12). A newalphabet of localistinctiveness might help create a more inclusive
language as isibased orthe stories of the peoplé¢seeFairclough et al. 19992

Hayden 199566). This approach is similar to what Rud¢#006 229 referred to as

Wy I NN 6A@Sa 2F ARSYdGAGeQ FTNRBY gKAOK | @I f dzf

7 For a discussion on Grounded Theory and the use of emerging themes from empirical

research, se€haptes4to 6.
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A different language can also meather ways to express the meaning of
landscapes, and art and performance héesnprovenasmedia thatcanshare such
AyGlry3aaotS ARSIaAa 2F LI IFOSa IyR fFyRaol LSa ¢
encompass art installations such as the Chiswell earthwtagden 199564-66;
Schofield 200,110, drawing and mapping as in the Parish Map projéCtsmmon
Ground 1996)creative writing, photography and videos, and performing éPearson
and Shanks 2001; Smith 2Q0@&67). In a similar way, Natural England suggested
including information drawn from music, literature, and art to capture a different side
of the landscape perception from a n@&xpert heritage professional positigitudor
2014 50, aconcepthat/ 2 YY 2y DNRdzy RQa has rbdisedincestteL] LINR 2 S
1980s(Perkins 2007130.
{ dZOK LINP2SOG& 2FFSNI I ONBIFIGADBS 61 & 2F SE
into the world of locally held values that are usually not visible to heritage
professionals or outsider@#arrison 20102617). Collecting, analysing, meaningfully
integrating and practically applying this data requires thinking outside the box,
cooperathgwith non-experts, and applying interdisciplinary methodologies (Byrne
2008b, 150151). Rudolff2006)F NHdzSR (KS ySSR FT2NJ KSNAGI IS |
listening, transcultural empathyand ability to meaningfullyernarrate expressions of
A R S y(RUddlff2006233. However, the question ihe degreeto whichthese
artistic expressiosof distinctiveness can be meaningfully integrated into local
planning and development decisidfislt would requirepractitioners to berained and
open to new practice methods. Current projects show a trenslaia developng

strategies to include such new approaches in planning espterl.2).
2.5 Placeattachmen and social values

2.5.1 The concept of place

Social values are closely related to places and the memories, experiences, and

18 For a discussion of projects, including participatory and artistic approache€hsgées 1.2
and6.4.
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perceptions people develop in connectianth them. Understanding place attachment
will, therefore, help to gain a deeper understandioighow social values develop with
place attachment. This section will introduce the reseamiplace attachment and
methods and theoriethat relate to landscapscale attachment, preference and
perception of people within the historic environment.

Intensive research over the past 50 years, explored the roots and meaning of
the connection between people and pla@@rown and Raymond 2007; Brown,
Raymond and Corcoran 2015; Lewicka 2011b, 2011a; Maguire 2017; Manzo and
DevineWright 2014; Manzo and Perkins 2006; Proshansky, FadmanKaminoff 1983;
Raymond 2013; Rollero and De Piccoli 2010; Williams 2000; Williams and Vaske 2003)
Reviews on the peoplplacerelationship or place attachment thegrgompiled by
Altman and Low1992)and Lewickg2011b) providea comprehensive summary of
research done since the emergence of place attachment research as a subject of
interest in the 1970s. While Altman and Low reflect on the various opportunities to
interpret place, landscape, and environment, Lewicka elaboratemethodology and
the theory development.

The concept of place is not yet fully understaqddaguire 2017 5) despite the
attempt to define place by various disciplines, for example, Geogréptgsswell
2015; Tuan 1980; Relph 1976, 2021)ban PlanningHayden 1995; Lynch 1960)
Environmental Psycholog$cannell and Gifford 201,@)andscape Architecture
(Thwaites 2001; Thwaites and Simkins 20@&)hropology(Ingold 1993154156,
and ArchaeologyTilley 1994 14-20). Place can be defined from the perspectikam
whichAd Aa OASH6SRY om0 GKS LXIFOS |a LKe&aAOlf
environment that has affordance for a connectigan agency of the place, and
through natural topography, trees, rivers, views or tranquilkgplan 1984; Stedman
2003; Stepanchuk, Gafurovand Latypova 2020; Wuisang 201@) the product of
LIS2 L S Q& ¢hXbdiaD®nstiuii/yie 2008154 Milligan 1998) To
understand this complexity, it is important to acknowledge the mutual influence and
agency othe natural environment angeopleon each other the physical and social
attributes of placgProshansky, Fabiaand Kaminoff 198364). Heritage plays a
OSYiGNIf NRBfS Ay GKS LINRPOSaa 2F ONBIFIGAy3a |
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2dzii LIdzd 2 F G KS LINE Q&raham, AshwokSnNRuinbrislg® 200NS I G A 2 v
4). Inthisthesig WLIX F OSQ LX &a |y SaaSyuaialrft NRES | a
elements of the historic environment, such as buildings, sites, monuments, objects,
landscapes, and natural areas.
One concept of placis defined as¥ 3 S y A dmhichint@r@detsplace beyond
political and social constructions as iaherentquality or essencet acts like aractive
agent inthe creation ofasense obelongingand identity(Wuisang 2014)Stedman
(2003)demonstrates that landscape elements and environmental attributes are
essential for constructing meanings and not exclusively social. REj@R 31)
emphasises the importance of natural affordances of plagasjcularlyviews, as
factor in place preference and the creationaifachment
Therefore, to understand place attachment in theory and praatite use
place attachment effectively and meaningfully for planning and developmént
aspects of place should be considered: the physical location of the piackiding
the natural and environmentdhndscape aspectsandthe emotional attributesof
people whid create meaning through individual connection to place
Place in terms of spatial anghysical expression, can be defined on various
scales: as a building, street, neighbourhood, region, landscape, county, or country
(Shamai 19919S @Sy SEG Sy RA y 3 (8apan¥a9ahatlis th@&EendlbydzS R2 G O
climate change with huge implications for the residents of the plariety R LIS 2 L)X SQa
connection to thesglacescan have various reasons. Some places can be pinpointed
on a map with an exact geographical positiothers might be defined as areas with
WT dzl T §MagldRDITH

2.5.2 Sense of place and social values

People connect to places for different reasons and develop specific forms of sense of
place(Feld and Basso 199@&)elonging and identity. A place acquires meaning for
people when it affords tangible and intangible benefits. These benefits may be security
and familiarity, rootedness and belonging, shelter and food, work and community
participation, positive feelinggndspace for mental and physical health. Social value is

created when the meaning of the qualities of a place are being weighed and signified
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(Williams and Patterson 199242. Prohansky, Fabiaand Kaminof{1983)

emphasise the importance of perceptions and experiences of a person to develop

place identity. Stefaniak, Bilewij@nd Lewickd2017)showed the development of a

place identity as the relatishipbetweenlLJS 2 LJ S Q& LJSdsdngdthelhistorf A FS & ;
and past of a place based on ancestry, memories, and traditions.

The reasons people connect to places have been subdivided into the concepts
of place dependency and place identfiyilliams and Vaske 200831). While
attachment is seen as connect®io places based on aesthetic and recreational
benefits(Williams 2000)place dependency, similar to the territorial behaviour of
animals, emphasises the utilitarian aspect of place, such as work,dad@gducation
(Brown, Raymond and Corcoran 2018pwever, both elements contribute to the
quality of places and fulfil bothurposes For example, a community market can
function as a place to purchase food and provide a community meeting place that is
imbued with meaning and social value.

Place attachment and place identity play a vital role in quality of life, place
satisfaction, ad overall emotional connection to a plagghich influenceeNB a4 A RSy (i Q&
environmental behaviou¢Scannell and Gifford 201,Gjust in local authorities and
development of an identity based on the history and past of the place (Stefaniak et al.

2017). Place attachment has been shown to be independent of social status and

economic circumstances. For example, Shgi@91 356+ a8 a SNI SR G KI i WK2 Y &
people in modern countries do not develop any sense of pliduie hypothesis has

since been debunked by Kiddé014)and her research with homeless people,

showing their strong connection to specific places in Bristol and York.

Inrelationto historic places, Englisteritage(2000, 2)andthe NationalTrust
(2017)undertook surveys to measure the influence of heritage on the feeling and
connection of visitors to historic sites and buildings. These examples proved the
significance of archaeology and heritage in regard to the development of place identity
andidentite o0l &SR 2y Odzf GdzNI f 0 St 2(Magdery18959).y R y 2
The European Landscape Conven{iGouncil of Europe 2000, Articlesiates:
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wiz2 NBO23AyAasS flFyRaolLSa Ay flg a Iy SaasSy
surroundings, an expression of the diversity of their shared cultural and natural
KSNAGF3ASE YR | F2dzyRFGA2Y 2F GKSANI ARSYGAQD

Like in the case of communal markets, traditions, memorials, and festivals, such

a WwW2Stf 5NBaaiAyaIQs W{g2NR 5FyO0OAy3aIQ IyR (K

N>

as important actions to reinforce the bonds of the community and the connection to
the place(Byrne 2008, 167).

Detailed studies of the reasons behind place attachment may allow
identification of the important question of what makes places distinctive and reveal
predictors for specific behaviour or benefits. Such particular studies may potgntial
reveal the deeper meaning of places that are often unconscious even to the people
themselvegqWilliams and Patterson 1999, 158B)owever, in order to understand place
attachment asa social valuethe peopleplace connection should be approached
holistically for a better nderstanding of the phenomenoin this sensgl.ewicka
(2011, 208prgues that the concepts of the connection between people and places,
such as sense of place, place identity, rootedness and place satisfattoarid be
reconnected to gain the full viewf the problem.Therefore, it is necessary to
acknowledge that lace attachment creates bonds between people and places that are
often not recognised by local authorities, planners, and heritage managers. Change
and development can disrupt this connection and lead to the feeling of being cut off
from familiar and secwrstructures(Proshansky, Fabian and Kaminoff 1983, &9l a
background of social value thin communities may have the potential to provide
socially sustainable development.

Chaptes 5 and 6 will discuss place attachment in relation to this research,
putting the method developed and used in this project and the results into the context
of the wider research environmenthe next section introduces the concept of

landscape and characterisation, which provides context for the approach taken in this

19 See als€Chapter 5
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research particulaty in view of the scale on which social values carcditected and

represented.

2.6 Landscapemaps and characterisation

2.6.1 The concept of landscape

Landscap® is a term whose definition has changed over time and varies across
countries(Turner 200740. Tuan(1979 90 defineslandscapd & W2 NRSNAyYy3I 2F N
FTNBEY RAFTFSNByd |y3atSaqQoe

The human geographer Carl O. Sauer was influential in the concept of cultural
f I yRaOl LIS& g A GMorphiolbgy of aiahdédapes yA yi KkmSpH® | YR &K LI
understanding of landscapes in the early 20th cen{@suer 1996)Herejected
environmental determinisnwhich was the predominant paradigm of his time, and
instead emphasised the importance of human agency following the German school of
geographyRogers, Castree and Kitchin 2Q1S3uer defined landscape very much in
the termsby whichit is understood today, arguing that there is almost no natural
landscape left in the world and describing landscape as successive layers of human
activities(Sauer 1996307).

Furthermore, he definedulturel &8 Wi KS AYLINB&aa 2F (GKS 62NJ
I NRSawer 1996303, emphasising the human agency shaping the environment. This

idea of landscapeasdeveloped during the early 20 century with aerial

20The Oxford Dictionary of Human Geography deflaegscapd &8 Y W¢ KS | NNJ y3IASYSy i
LI GGSNY 2F GKAy3Ia 2y GKS fFYyRQ YR WiKS 8NN
d20AFf YR Odzf GdzNI f aAIYATFAOlI y(Regetsy R YSI yAy3
Castree and Kitchin 2013jurthermore, the Oxford Dictionary of Geography states that
GKS fFyRaOILIS A3d WO2YLINRBYAASRE LI NIAIFES O2vyi
2T 2NRSNAYy3I GKS g2NIR FyYyR 2dzNJ Sy 3l 3SYSyid 64l
(Mayhew 2009)
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photography and landscape investigation pioneered by OGS Crawford who coined the
GSNY WLIfAYLASAGQ Ay | NOKI S2f 238y

Whe surface of England is a palimpsest, a document that has been written on and
erased over and over again; and it is the business of the field archaeologist to
decipher if}Crawford 195351).

This influential view of landscai@o 8 SR 2y Wi KS FI O0d GKFG |
fFyRaOlILSa | NB (KS (Boanddofi41). 2 cdntfibitioniok SA NJ KA &
landscape history developed by WG Hoskimsis influential bookThe Making of the
English Landscapm the 20th centuryHoskins 1955hed new light on the processes
by which landscapes were formed. This idea was set out as a key principle of HLC in the
1990s.

In line with this view,lte European Landscape Convention (ELC) defines

landscape as:

Yodd 'y NBFZ Fad LISNOSAPSR o0& LIS2LX Sz sK2a$s
AYGSNI OGAzy 27F yI G dgbdurici of BlBpe 208@rticld2Ml v F I O 2 NA

Landscape research and disciplines have since accepted the definition of
landscape as a sum of all the parts that had been treated separately before. In this
holistic approach, landscamcompasses the natural, culturahd
perceptual/aesthetic aspeci{seeTudor 2014 9Hg. 1, alsoBrown, Mitchell and
Beresford 20054; Thwaites 200,1254).

In summary, it is widely acknowledged that landscape is a social or cultural
construct created through: (a) human activities in the past tangible in contemporary
landscape; and (b) the perception or intangible aspect of the material {Bradley et
al. 2004 6, Byrne, Brayshaw and Ireland 20G8, Byrne 2008155 Darvill 1999107
Fairclough 2002; Phillips 20050, Schofield 20142, Turner 201839. It is, therefore,
ONHzOA L+t (2 dzy RSNBROFIYR GKS WwWaeayvYoz2tAO ONXBIF GA?2
aspects of the physicahvironment [...Jand the values and beliefs that sustain these
adyvyozfa | yR (Gré&derand Gérkovigh A992; Qee alsdRudolff 2006)

As stated in the Oxford Dictionary, people see the world in patterns to understand it
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better (Jeffries 2012125 ¢ a concept that is reflected in the maps of HLC (Skapter
1.2.6).

2.6.2 Tools for landscape characterisation and assessment

Rural and urbarahdscapes consist of elements that contribute to distinctiveness and
a sense of identity for the local community. Historic England and Natural England
developed tools for characterisation and assessment of wider lands¢a@ed
sustainable planning and decistomaking and facilitate change and developmehivo
such tools are Landscape Character Assessment (LCA) and Hestoiscape
Characterisation (HLC) (and Historic l-asd Assessment (HL.Ah equivalent
developed by Historic Environment ScotldhdThe following will introduce both tools
focusing on HLC and compare and contrast the two methods.

LCA was developed to identify the variations or distinctiveness of landscapes
based on their particular charactéfFudor 2014)The first work in the field of character
assessment started in the UK at the Countryside Commission in the 19808)avith
first guideline published in 1993 The technique is usually applied as a reaction to
planned development and allows a degree of community involvement. However, data
consulted for the projects were mainly debkised or experted and assessed.

HLC was developed by English Heritage (now Historic England) in the early
1990s to capture and visualise the character of wider landscapes in a generalised form
and continuouslyrepresent the timedepth acrosshe historical landscape, which was
created by human activity and natural procesgesirclough et al. 1999-5; Turner
201840 | [/ Ay OfdzRSa NMUzNI f FyR dz2NBly fFyRaoOl L
RS3ANI RSR Iy RHeriirfg 300968.R S Ny Q

21 https://hlamap.org.uk/content/abouthla

22 Countryside Commission (1993) Landscape Assessment Guidance, CCP 423, Countryside

Commission, Cheltenham.
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Key principles of HLC include theneralandvalue-free representation of a
continuoushistoric landscape as it exists in theesenttime (time of the respective
projects) bearindraces of the past
After decades of intense focus on conservation and significance assessohent
sites, monumentsand buildings; effectively creating islands of preservation in the
landscapeg !l AaG2NAO 9y 3Ifl yRQE | LILINRI OK SEGSYRSREZ
designated assets andg®nd to the acknowledgement of the landscape as
ubiquitous(Herring 200968 Meinig and Jackson 1978 Turner 200740 and
imbued with character and historictir@ S LI K> € S @Ay 3 y2 ofly]l 2N
(Fairclough et al. 1999-2; Clark, Darlingtorand Fairclough 20Q4; Turner 20140).
This concept was developed as a key element of the emerging discipline of Landscape
Archaeology, starting in the 1970s and 80s (Fairclough et al. 1999, 4). The discipline
championed the widely accepted position that a seaed monumentbased approach
does not adequately represent a sustainable approach in heritage management
(Byrne, Brayshaw and Ireland 20@8 Darvill 1999106 Fairclough and Barnatt 1999
7; Fairclough 200786, Fairclough et al. 1999). Therefore, HLC based the principle to
3SO GKS WoA3ad LIAOGAINEQ 2y GKS 02y OSLII dzy RSNL
work on large scalesather than on a local basis, diverging from the outdated, narrow
view of earlier understanding of monuments asettings(Countryside Agency 2002, 6;
Fairclough et al. 1999, .7)
The key principle to present the historic landscapeth@ir current form,
containing the traces and processes that formed them, illustrates the-tieph ¢ the
stories of past generations that changed and shaped the environment through their
I OGA2ya YR RSOAAAZ2YAD 9 dzF f fadimpadtanRied Qa | Of
landscapes that will be inherited by future generations. Today's decisions will have
consequences for how heritage and cultural landscapes will be preserved or adapted
(Clark, Darlingtoyand Fairclough 2004, 6; Fairclough and Barnatt 1999, 6; Fairclough
et al. 1999, 8; Turner 2018, 42)urner(2007, 46)rgues that landscapes are dynamic
and everchanging, andi KS KA & (i 2 NA @an&gyniit NaB 16 ¥dapf id Mia.
Furthermore, HLC attempted to capture the distinctive character of landscapes as a

reaction to the changing attitudes expresdey for example, the ELOhe ELC
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conveyedit- & | O2yGAydz2dza RSTAYAGAZ2Y 2F (I yR
the elements of landscape that are not officially designated or recogniskdriaage
(Council of Europe 2000, Article 1a; see also Fairclough 2007, 84)

HLC was developed in a way closely related to LCA and adopted some of the
methods. For instance, spatial undse representedas Historic Landscape Character
Types categorising the varied character in the lands¢@pener 201841) on a
county-based scaléFairclough 200125). The character types were determined by
interpreting processes that formed recurring patterns in the landscape, which could
subsequently be generalised across regi@@isirk, Darlingtorand Fairclough 2004,
Fairclough 2002280. While this generalisation alloweHe identification of patterns,
distributions, similarity, and distinctiveness, such an esierplified approach was
critiqued by Williamsor2007)F 2 NJ A &y@ viewA HéRrguid that the detachment
from the objectc the physical landscapgmade HLC maps incapable of representing
the essence and subtle nuances of a landscape that create genuine distinctiveness,
which is only possible from a ground perspeci{Wwlliamson 200767, 6970). Sauer

had noted in this respect:

WAn ordered presentation of the landscape is a formidable undertaking. Beginning
with infinite diversity, salient and related features are selected in order to
establish the character of the landscape and to place it in a system. Yet generic
guality is norexistent in the sense of the biological world. Every landscape has
individuality as well as relation to other landscapes, and the same is true of the

forms that make it u@Sauer 199630-31).

Initially developed for rural environments, the idea of characterisation was
later also applied to urban aregghomas 2006and as Historic Seascape
Characterisation (HS@Jooley 2014; Turner 20185 and Seascape Character
Assessment (SC/)udor 2012jo maritime environments. A programme focusing on
the characterisation of the late 8century landscape was thehange and Creation
programme led by English Herita(fgradley et al. 2004)0ne of the earliest HLCs in a
rural landscape was the Peak District National Park project with a specific emphasis on

time-depth (Barnatt 2003; Fairclough et al. 1994+65), and for an urban
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fIFyRAOILISKk(2yall 63 O6KRS I REINE A OKR2 TWill KBS { K¢
(Sheffield City Councif)

In contrast to earlier projects, the introduction of GIS presented a considerable
advantage, allowing the extension or correlation of HLC data with other data sets
(Fairclough 200277, Turner 201841). Within a GIS, spatial data and interrogable
databases can be connected for a detailed analysis tailored to specific questions
(Herring 200967). However, the method also introduced limitations and bias. For
example, the polygonisation of areas seems to give the impression of clear boundaries
between the adjacent areas that do not exist in realltyilliamson 200767).

Furthermore HLC mapsould be seems true representations of landscapand as
objective and neutral. HLC maps could narrow the view when maps representing other
aspects of landscapes were not used in tandem, for example, soil maps to get a
comprehensive understanding of the environmémtirner 201845 Williamson 2006

59, 2007 66). For example, Findl2007, 377 identified the bias towards the

recognition of deer parks andimultaneouseglect of coverts as a feature of the fox
hunting landscape, whicshowedthe research bias with a focus on the first category.
HLC principles admitting this explicitly stated that there is a degree of interpretation
and judgementduring the process of assigning a character type to an @&ak,

Darlington and Fairclough 2008).

Furthermore, HLC was critiqued for being used to legitimise contested projects
andsupporta political agend@Finch 20072378 Williamson 200769. However, to
be valuefree and treat all landscapes equally importgnHLC principles stated that
the method interprets the character in present landscapes, while leaving the decision
about the future to others (Bradley et al. 2004, 6). The risk of being interpreted in a
certain way to legitimise or support a specific agenslinherent in the medium.

However, maps as support for development and sustainable change in a Western
context have a centurjong tradition. Important in this regard is that HLC maps must

be used within the range and scale of applicatioey weredesgned for, otherwise,

B These areas were defined as study areas for this research and will be presented in detail

throughout this thesis.
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conclusions inferred from the maps can give wrong impresgidasier 201846,
Monmonier 1996)

NeverthelessChapter 1.2.6showed the various research projects on HLC and a
technicalreview carried out by Lancashire County Council for Englishtaflergave a
wide overview ofpplications of HLC in local authoritiglark, Darlingtoyand
Fairclough 2004 Furthermore Natural England suggested inclusion of the historical
LISNELISOUGADS a WIA&ZG2NARO [FYyRaOl LIS / KIFNI OGS
Historic Lanelse Assessment (HLA) in Scotl@ddrring 200962 as a useful dataset
in Landscape Character Assessmé@tark, Darlingtoyand Fairclough 20Q0£1-26;
Countryside Agency 2002-10; Tudor 201427, 50. Also,initially developed in the UK,
HLC has been applied internationally and adapted to the various requirements of the
O2dzy G NA SaQ & l(FaiaugmM200279. Yy R& Ol LIS &

National coverage of HLC was achieved in 2017 by combining individual
projects into a single National HLC dataset available offiregesis and Locus
Consulting 2017; Natural England 2020he advantage of this dataset is to function
& F Wé Al (-$pécialdts intdFrastddc yeSoyrces [...] and in turn make better
dza S 2F t 201 t S gERERss@R LocysonSulfingZaEfi A & S Q
However, the same report highlights the issue that the exjexitHLC design and
methodology could discourage laypeople from using HLC and that the original
ambition to include terminology and categories from community projects, such as
Common Ground, wanot realisedExegesis and Locus Consulting 2017; Fairclough et
al. 1999 12. It has become clear that HLC is not-sefblanatory oreadilyunderstood
without training laypeople and professional sector memb@kark 200378). Also, the
generalised, largscale approach to landscapes allowed the identification of wider
patterns. However, this also means that HLC does not (and was not intended to) work
on a local leve{Fairclough et al. 199%). It is, therefore, questionablhether HLC is
useful for localevel decisioamaking and plannin¢Clark 200363, 92 Williamson
2007, 69).

Furthermoreoy S 2F |1 [/ Q& WIAdzZARAY 3 LINAYOALX SaQ
LISNDSLIGAZ2ya 2F LIS2LX S Wiude® ¢ BERBHMEGE NE S E LIS N
(Clark, Darlingtoyand Fairclough 2004, &lowever, HLC was carried out in atop
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down approach based on expert knowledge and influenced by the disciplinary
traditions of the experts involve(Dalglish and Leslie 2016, 2,1&)lhering to the
Authorised Heritage Discourg@HD (Smith 2006) The focus of experts in the design

of HLC was thus on the material fabric and visible character aspects of the landscape
(Turner 2007, 41)not incorporating the perceptiagand opinions of people living in
these landscape@alglish and Leslie 2016, 21Bhis issue made HkBallengingo

use for nonexperts. The missed opportunity to integrate community values has been
highlighted as a barrign a broad uptake of the metho(Clark 2003, 45, 75)

In contrast, LCA specifically addresses an area and project and creates a
snapshot assessment in time, which is suitable for site or ssoalé projects. LCA also
has scope for the participation of communities in the project areas to contribute local
knowledge and perception. However, as mentioned above, the main assessment work
is deskbased and expe#lied. Also, while previous projects can be reused, the
valuation, particularly the community aspect, which is fluid and dynamic, cannot be
addressed when rgsing such data.

In summary, while both LCA and HLC provide opportunitiesaioage the
historic environmentno practical way has been found yet to include public perception
AY [/ FTYR WYSI| YyAy&dndisi 2Jdzo § A O DRINSARTOR QI G A 2y
Leslie 2016, 216; Turner 2018, 45)mitations and critique of the methods can provide
a basis to build oanddevelg methods that work on a landscape scaled address
0KS WOdzt ( dzmgLOS 20LdeNY/QE> YAS/SORadZR A aA 2y as FyR @I
adopting theY S (i K al&tr@ris will help to develop participatory or bottorap
approaches to foster communication between local people and local authomies.
YSGK2R2t 238 02 S@Ffdz S Lzt AO O f dzSa ¢ 2dzf F

LIN2E OS&aaQ FOO02NRAY A (i ofdushS/alie@alziisk and yeRlie R& y I Y A C

24 SeeChapter 1.2.6
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2016, 217)hence the need for a method that is resowefective, using the tools of

the digital aggPink 2016; Kwan and Ding 2008)

2.7 Characterisation and sociallyustainable local planning

The challenge for heritagend landscapenanagement is to find the balance between
the different views orthe development of thenistoric environment and decelon a
sustainable approach to change and continifgirclough 2007, 885). Opinions
change with thezeitgeist of the timecwK | & A & LISNOSAGSR I a WwdzaAteQ
AYLRNIFYG F2NJ 0KS FdzidsaNBod / KFy3dS OFy 68 &S8
landscapgHoskins 1977, 298)or as important evidence of a recent gfaradley et al.
2004) such as industrial archaeoloflyynch 1972, 49Fairclough argues that heritage
YIEYyFE3ISYSyld ySSRa (2 SYLKIaxasS (KaAa LINROSaa
RSAGNHzZOUGA2Y Q & KA OKgorledf thg g prifcipléblofHE@ R Y2 NJ o0 R
(Fairclough 200,784-87). Heritage is part of everyday life and ordinary landscapes that
areA Y0 dzZSR gAGK YSFEYyAy3 F2NI £20Ff LIS2LXS Ay |
whatever their age and however modesnake some form of contribution or have
gl f dzS G @vorthisgtahdBordl 2008, 1As such, there is a need to approach
changein a participatory, inclusive, collaborative way. Understanding social structures
YR WK2g SOSNEBRIE& fAFS LINIOGAOS IyR LX I OSa
crucial for this approacfPink 2012, 149Pink(2012, 11)suggestshat sustainability,
challenging environmental problems and enhancing the quality of life can be achieved
locally.

The Local Agenda #lasa United Nations action plaihat, while not legally
binding, advised on the realisation of sustainable developmentaamphasised the
recognition of social values and local democr@ekitty 2016; Cinderby and Forrester
HanpZ mnpT 5Ff3tAaK YR [SAftAS wHanmcI HMOT O
Footnote 41; Grov&Vhite 1996, 13)Key points of the agendamphasiged the role of

local government and community engageméohited Nations 1992, Chapter 4@s

% See als€Chapters.
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well as the empowerment of specifically marginalised or vulnerable groups in society,
such as children, women, and the eldgiinited Nations 1992Chapter 7, Article 7)4
In response, the UK government passed the Localism Act(2XL Government 2011)
transferring specific rights to local governments and encouraging local action with
initiatives such as Neighbourhoddans(UK Government 201 Part 6,Chapter)and
Local Lists witissets ofCommunity Value (UK Government 201 Part 5: Community
empowermen). In the example of SheffieJdbcal residentE€ouldnominate Assets of
Community Valw® and additions to theocal List.

Furthermore, the Social Value Act (2013, updated 28§2das introduced to
ensure local authorities acted in the best interest of local communities and for the
social and environmental benefit of the public, ensuring social value in the
procurement process. Theocial Value Modglinderpinning this policyfollows the
United Nation§poals and supports, for example, the fight against climate change with
pro-environmental actionW ST FSOG A FS { (S 4 NaRdickmnmulgty 6 ¢ KSY S
integration for wellbeing (Theme 5, p. 2%)

The focus on local places and social value opened new areas for the application
of HLC, e.g., Neighbourhood Plans, Village Design, Blah€onservation Area
Appraisals as part of the local planning process which could influence how landscapes
evolve(see Clark, Darlington and Fairclough 2004, #§ Peak District locally
designated 12 Neighbourhood Areas with Neighbourhood Plans at the time of writing
(PDNPA 2021Yhe Peak District National Park Landscape Strategy included Village
Plans created by residents emphasising their value in the landscape and Conservation
Area Appraisal@DNPA 2009)

26 https://www.sheffield.gov.uk/yourcity-council/assetscommunity-value

27 https://www.sheffield.gov.uk/planninedevelopment/locallist-heritageassets

28 https://www.gov.uk/government/publications/socialalueact-information-and-

resources/sociaValueactinformation-and-resources

https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_
data/file/940826/SociaValueModelEdnr1.1-3-Dec20.pdf
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HLC calbe a vitalplanning tool in various conservation and heritage
management practices to support sustainabkvelopment(Dalglish and Leslie 2016,
213) It was from the outset designed to be integrable to a framework of methods
not a standalone application for planninfClark, Darlingtoyand Fairclough 2004, 1,1)
for exampleas part ofLCA(Fairclough et al. 1999, 7; Tudor 2014, 44jl Landscape
Sensitivity Assessment (LA)dor 2019, 14, 19)Yudor explicitly described the
importance of values held in the local area by local communities and reinforced the
importanceof assessmgthese values in advana# planning decisions and that
WAl fdzS6a0 2F fFyRaOlILISE YR GKSANI O2YLRYySy
with reference to, for example: Their character and sense of place [and] Their
community@ | f (@x8d® 2019, 18)The guide adses usnginput from local plans to
collate these data of locally held values,well asi 2 dZNOS& adzOK | a [/ ! X W
Distinctiveness studies and other commuritsoduced, placébase documents,
communityLINE RdzOSR 3JdzA RS6221azX | yR,adldefeR®A T2 NJ (2
Public Participatory GIS asnethod of community valualata gathering Tudor 2019,
18). Thisapproach advises an-epth assessment of locally held values as a snapshot
to react to aspecificdevelopment project, similar to the projects describedCihapter
12
| 26 SOSNE ! Ny aidSAy Q1969 206RRgyBEkscabed LI NI A OA LI
LJzo f AO Sy 3 3SYSyid a o6SAy3a W fAGGES t€tA1S S
0SOlIdzaS AdG A& 3I22R T2 Nhtegatidmgooatiative kedeardshd 'y | Ol
into the work of local authorities is challengibhgcause ofime and budget
constraints. Another is the demaridr experts to adapt to new sources of informatio
that are unfamiliar and difficult to assess, as showCapter 12.6.
Sustainable development depends on the cooperation of local authorities with
experts and local communities and the values these groups hold for a specific place.
Whether decisiormaking concerns the location of new residential areas, quarries,
routes for milway and road schemes, or investmenthe leisure and tourism
industry, local authoritiesnust considethe interests of residents and visitors to gain
civic trust and cooperation. In reaction to this development for a more socially

sustainable, incluge, and transparent landscape and heritage management several

63



I LILINRF OKSa FyR (22t 1A04& LINRPGARS 2LJJ2 NI dzy Al A

the decisioamaking process.

2.8 Conclusion

Thesocietl shift which started in the 1960s, wasnceptualised in charters and
conventions concerning the cultural and natural heritage. While social values were
added to the traditional canon of heritage values, the realisation of the aim to include
people and local knowledge meaningfullythe tools and frameworks of heritage
practice and managemetg underway particularly in academic researchhe reason
for a slower uptake in practical planning and decismakingis the lack of training
provided in the heritage profession, as well as challengespture qualitative data
and translate this into databases that make processes reproducible and compdrable
addition,no appropriate tool$rave beerput forward and used by local authorities
(Turner 2018, 39)Change is, however, inevitable not only in view of the development
of landscapes but also because of tfengingoles of experts and the public in the
process of decisiomaking. Dalglisi2018 3)F NHdzSa GKI G WoL8AGQa GAY
Re&yl YAO4d 2F GKIG SEGSNYLE LIRtAOE yI NN GAODS
involvement in defining and characterising the landscapes they inhabit is accepted as a
matter of justice [...] to move on beyond the rtoeic of community empowerment in
landscape policy and towards making that empowerment a reality in the interest of
ddzadlr Ayl ofS NHzNIt NBySsglfQ

There is a consensus that sustainable development can only happen in
cooperation with the communities affecteglachieved through meaningful
involvement and participatioandinfluencing policies on a local level. Increasing
I Oly26ft SRASYSYlG YR AyOfdzaAzy 27F LIS2L) SQa

Q)¢

knowledge as an essential factor in the planning process can create resilient and

coherent communities. This inclusive andrisparent approach has the potential to

benefit communities, increasing the quality of life. Resilient commundtzegackle

problems such as isolation, xenophodidr OA &YX | YR LR JSNIed We¢ 2L

potentially foster the wish to care for the environment of everyday life, for example,
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shopping locally, Hninute city concept® and walking instead of using a car. Heritage
professionalsand acadenus are currently tryingind newapproaches and methodse
include public opinion into the planning process foster anappreciaton of the
environment The contribution local expertise can make to the management of the
environmentis currently still undervalued in practiceeading from isolated projects
and highly complex research projecas) inclusiveapproachto heritage and landscape
managementangenerate practical applicationsy effectively integrating.JS 2 LI S Q&
views into the framework of planning policies. Reinforcing the connection between
people and place through a bottounp approach within local planning can generate
appreciation of the everyday places and a wish to care for this environment. Such an
approachcan helptackle the most pressing problems of the time and create more
resilient communities through positive placeaking and strengthening the bond

between people and places.

30 https://www.15minutecity.com/
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Abstract

The Covidl9 pandemic had an unprecedented impact on society, with

restrictions on socialising and movement during the three lockdown periods
between March 2020 and March 20PBaker et al. 2021; Institute for

Government Analysis 20215 asily accessiblecations offering the typical

qualities of tourist destinations moved into the focus of day visitors in periods of
restriction easing. The Peak District National Park (PDNP), a cultural landscape
O2YLINR&AY I KA&AG2NROIf LX2AGRStalzi §/ | oi2deNg £ & Aot Stl FdHIS
afforded all qualities satisfying the urge to escape to the countryside. The

impact was also felt in the heritage sector, with a noticeable change of visitor
behaviour and the relationship between park residents and day touiistses

and McGinlay 2020; Sofaer et al. 202h)order to understand societal change,
social media research gives a unique insight into the sentiments, actions, and
controversies associated with tourism, Ceti®l and nature conservation.
Especially, the open and public nature of Twitter data offisedf for the

analysis of large data sets based on specific search queries at specific time
periods. For this research, tweets from the PDNP for three weekends in 2019 to
2021 with different restriction levels were collected. Using R and Python,
automated processes allow the timefficient analysis of qualitative information.

This project has extended the standard procedures of social media analysis, such
as keyword search and sentiment analysis by an emoji analysis and location
entity recognition, focusig specifically on cultural and natural heritage. Using
Twitter data in a timeefficient process and creating visually appealing outputs
YFEE& F2A0SNI Ly FLILINBOAIFIGAZ2Y 2F (GKS LI N)J Qa NB
behaviour of visitors and residents. i@g forward, improving the relationship
between people and places will provide background for the management of
cultural landscapes and help tackle environmental issues, such as peat erosion
from a large influx of walkers, address the climate change emmesgeind help

ease the controversial relationship between a living and working landscape and

tourism.
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3.1 Introduction

If the Covidl9 pandemic changed one thing in particular, it was how people
AYGSNY OGSRZ a20AlfAaSRE IyR 3ASYySNIfte o0SKIC
YR Uaz2O0Alf RA&UGLI Yy OAeyed/@ay languddethe\fofrieN@dndzOS R A Y (i
being chosen as one of the Word(s) of the Year Z020ord Languages 2022[)his
selection not only signifies the considerable impact of the pandemic on societal and
individual behaviour, it also stands in stark contrast to the Word of the Year 2015:
(Oxford Languages 20228)he Peak District National Park was one area where this
OKIFIy3aS ¢gla FStid ¢KS NAOK YR RAGSNES 4Odz i
qualities and opportunities for everyone during various levels of restrictiémsn
offering places for saally distanced exercise or remote places for relaxation, to
vibrant villages for socialising and historical places for intellectual development. The
GSN)Y UOdz (GdzNI £ fFyRaOlILISQ ¢l a O2AYSR o0& ! bo
Heritage as an opptunity to bridge the divide between natural and cultural heritage
(UNESCO 1972992 1997, 2021¢ n.d.). Never has the diversity and quality of local
LI  OS&a 6SSy Y2NB AYLRNIFIYyd GKFYy Rdz2NAy3a dadl
pandemic.
The change in society also impacted the way academic research had to be
conducted and the choice of approaches, methods, and tools safe and appropriate for
research in various fields, such as sociology, geography, psychology and the
humanities. Qualitativeesearch methods usually applied in these subjects include
ethnographic research methods, such as fe@éace interviews, focus groups,
participant observation, group work esite - methods that had one thing in common:
personal contact between the resedner and the participantd.ow 2002; Madgin and
Lesh 2021; Taplin, Scheld and Low 2002; University of StirlingStatfing research
based on such ethnographic methods in 2020 challenged researchers in several ways;
for example, ethics and practicalities of methods. In order to adhere to governmental
regulations and provide an environment for safe and socially digtdmlata collection,
methods had to be redesigned and extended to remote and passive options.
However, this challenge was not just seen as a stopgap to overcome the

challenges of the pandemic and then return to the commonly used methods. This
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unprecedented time offered new pathways to interrogating and collecting qualitative
data, and developments in IT and computational capabilities mitigate the disadvantage
of the restrictions on social contact to a certain degree. Furthermore, a variety of
social media platforms are currently used by billions of people across the globe
producing vast amounts of qualitative data on everyday topics and trends. Facebook,
Instagram, YouTube, Snapchat, WhatsApp, WeChat (China), TikTok, and Reddit are just
some ofthe most prominent players in the world of social media. These online
platforms offer ways to build communities of special interest groups and connect
individuals to people and placegspecially in times of restrictions on movement and
socialising. Sodianedia research also offers a way to explore trends and sentiments in
society, which is, for example, used by academic resear¢Bersrand et al. 2013;
Pulido et al. 20183nd governmental organisatiorfSocial Media Research Group
2016)

From the view of heritagemanagement, tapping into the treasure trove of
a20AFf YSRAI |a 2yS Uaz20Alftte RAaGlIYyOSRQ Y

N>

behaviour, sentiment, and connection to heritage places in particular. While physical

visits to museums, archaeologicaksi, landmarks, and travel, in general, were not

possible during the most severe lockdown restriction periods in 2020, many

organisations and institutions searched for new ways to connect to people. Virtual

museum visit® . A Y OKA Y A H 1 H MADamRiewic2 2020 ] SamakoydR Y 02 &
Echavarria and Perry 20280d outreach through social media, such as the Twitter

channel of Chatsworth House or the British Museum, with over 2 million followers,
0SOIYS | yS¢ F2NN¥ 2F Odzf (dzNI f SELISNASyOSa:x
museum visits. Lockdown rules inZDvaried between a full lockdown, including a

gadgre d K2YSQ 2NRSNJ FNRBY Hc al NOKX (NI yaAail
measures from 10 Mafinstitute for Government Analysis 20ZIhis easing of

restrictions gave people more freedom of movement and a slow return to the 'new
Y2NXIf QX Ay Of dzRBogkadaccdss thdelues-ofEniflish Heritagéand

the National Trust adhering to social distancing rules and tightly condrolkstor

YydzYoSNE® 1 26 RAR f201R26y YR NBAINAROGAZ2Y A

behaviour and emotional state? The positive and negative impact of such regulations
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was explored by a team of researchers at the University of Cambidoges and
McGinlay 2020)The method applied in that project was based on an online
guestionnaire. On the one hand, the report concluded that the Peak District National
Park residents enjoyed the quieter periods with lower visitor numbers, leaving more
space for the residents. Ghe other hand, businesses suffered from the decreasing
visitor numbers and at the same time, an increase in 'irresponsible behaviour from
20KSNJ dzZaSNE 2F GKS t SF{1 5A@ond$EnOMcGinlayli A 2 y I £t
2020 12.
This project further explores the issues and opportunities associated with the
pandemic and the impact of changing visitor behaviour on Peak District National Park
residents as expressed through Twitter. Tweets covering the period of a full lockdown
totheSI aAy3 2F NBaAGNAROGA2ya gAGK | dadlre 200
HAHNO LINRPQGARS @lfdzofS AyaArakKda Ayid2 G§KS L
strictest Covid restrictions in a typical UK tourist destination. These data are compared
to the same bank holiday weekends in 2019 before the pandemic and in 2021,
introducing a pospandemic phase. The tools used and developed in this project focus
on Twitter as the primary data source. Part one of this article presents a standard set
of anal/ses performed on the data, which is widely used in social media research,
including a keyword search, hashtag and keyword analysis, focusing on sentiment
analysis. To provide a deeper insight into the place attachment of people during the
pandemic associad with the Peak District National Park, this typical set of social
media analyses was extended by new methods of automating the qualitative data
analysis in unstructured texts and the entity recognition and extraction process of
geospatial information t@llow the mapping and visual representation of place
information in part two. This article will give an overview of the methods used, present
the result of the smaldscale study, introduce the automated process of extracting and
spatially locating entitis in unstructured qualitative data, and give an outlook on the

opportunities provided by social media research going forward.
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3.2 Setting the Scene: background and data preparation

3.2.1 The study area

The Peak District National Pafkgure3-1) is opportune as a study area for the impact
of shortterm and day visitors, located as it is within reach of large cities such as
Manchester, Sheffield, Leeds, Steie Trent and Nottingham. Established as the first
National Park in the UK in 1951 and loea of the famous Kinder Mass Trespass
24 April 1932, claiming the right of walkers to roam the countryside, the park is an
ideal destination to enjoy the views, fresh air, space, rolling hills and vast moorlands.
The cultural landscape of the Peak District National Park combines a tiaty lnigth
I NBF& 2F ylFGdNIf o0Sldzie IyR ARefftA0 UOK202f
1438kmz (555 miles?) and a population of approximately 38,000 residents, the
National Park offers secluded places for relaxation, but the varying landscape equally
attracts walkers, cyclists, climbers, and photograph{8arnatt and Penny 2004;
PDNPA n.d.)The highest point is Kinder Scout, at 836Usually, 13 million people
visit the National Park in any one year. At the time of writing, the Peak District National
Park had 2900 listed buildings, 109 conservation areas and over 450 scheduled
monumentg.
hyS 2F GKS FFO02NR AyTFfdzSyOAy3a LIS2LI SQa
from the restrictions resulting from the Covid pandemic, may be weather conditions.
The weather over the respective weekends varied from cooler and wetter conditions
in 2019(MetOffice 2019jo the sunniest and warmest May on record in 2020
(MetOffice 2020)and mixed conditions on the weekend during 2021, with a significant

rise in temperatures in contrast to the first part of M@yarrow 2021)

L https://www.peakdistrict.gov.uk/learningabout/news/70yearsof-the-peakdistrict-

nationatpark/the-masstrespass
2Seel.
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Figure3-1: Study area: Peak District National Park (Map created by M. Tenzer, basemap © OpenStreetMap contribu
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3.2.2 Data source and preparation

The wide range of social media platforms offers a treasure trove of information and
AyaraKida Ayia2 LIS2L SQa&d 0SKI OA-sodatéd | YR aSyidAYy
algorithms for analysis are two reasons why academic researchers and government
departments(Social Media Research Group 204 using this resource to identify

GNBYR&AZ 3IldzAAy3 LIS2L) SQa aSydayvySyda | yR Lz
making. Social media platforms vary significantly in their user numbers and structure.

As of February 2022, there are 57.6 millioniabmedia users in the UK (84.3% of the

population§. Statistics from 2021show, for example, that Facebook had 2895 million

subscribers, Instagram 1393 million and Twitter 436 million monthly users and 192

million daily usergTwitter IR 20212). Twitter ranks sixth in the statistic of most used

social media platforms in the UK as of 202lhe users are represented by 43% of

households with an income up to £14,000, slightly rising to 60% in households with an

income over £48,000 with a slightly rising representation from lowest to highest

income in the UK as statistics from 2018 shoWwitter, with Facebook, has been

found to be the mostrequented platform for information on Cowti9 with 12%,

based on a survey conducted in 2020 by the Reuters Instituteooperation with the

University of Oxford. As of 2020 d&tanore than 58.5% of Twitter users were male

3 https://wearesocial.com/uk/blog/2022/02/digitaP022the-evolutionof-the-digitaF

landscapean-the-uk/

4 https://www.statista.com/statistics/272014/globadocialnetworksrankedby-numberof-

users/
5Seé

6 https://www.statista.com/statistics/611226/twitterusersin-the-united-kingdomuk-by-

householdincome/

7 https://reutersinstitute.politics.ox.ac.uk/sociahediavery-widely-usedusenewsand

information-about-covid-19-declining

8 https://wearesocial.com/uk/blog/2020/02/digitaR020the-uk-what-you-needto-know/
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compared to 41.5% female users. A survey from 2@h8ng 1000 interviewees
showed that over the last three months of the survey 33% of Twitter users wepd 15
years old, while 51% were 35 years and older. Urban areas were represented by 50%
of Twitter users as compared to 37% living in rural areas itUkeas found by a
survey in 2018. The access restrictions, terms of reuse and privacy regulations of
social media platforms vary significantly. For example, private and friend groups
dominate the closed structure on Facebook, which makes it more difficult for
independent researchers tacaess the information. Furthermore, access to Facebook
and Instagram data, included in the newly formed Meta umbrella organiséiii@ata
2021) seriously suffered from the Cambridge Analytica scandal in 2016. Nowadays,
Meta offers only limited opportunities for independent researchers based on pre
prepared datasets provided by the Meta AD Library and similappepared statistical
data sourcegMeta 2022) which led to several issues for research@snesch 2021;
Edelson and McCoy 2021; Gibney 2019; Hegelich 2020; Linebaugh and Knutson;
Vincent20219 Ly O2y 0N} aidz ¢6A0GSNI AyiNRRdzZOSR
in 2021, allowing researchers extended access to Twitter @aienes and Trujillo
2022) This research track offers wider research opportunities through the new v2 API
endpoints with a historical search option reaching back to the beginning of Twitter in
2006(Tornes 2021)The academictwitteR package, released in April ZB2atrie 2022;
Barrie and Ho 2021yas used in this research to collect and store tweets.

As study periods, the Spring Bank Holiday weekends from Friday to the Bank
Holiday Monday of the years 2019 to 2021 were defined as detailed below:

(1) First study period: Spring bank holiday/late May bank holiday 2012725
May). Covidl9 was unknown at this point in time.
(2) Second study period: Spring bank holiday/late May bank holiday 2022523

May). This was a period of Co\if restriction easing in the first national

9 https://www.statista.com/statistics/278320/agelistribution-of-twitter -usersin-great

britain/

10 https://www.statista.com/statistics/611892/penetratiomf-socialnetworksin-the-united-

kingdomby-geographiearea/
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lockdown. Restrictions at that time made clear that exercise outside was

ft26SR o0dzi F dadlre 20t Q 2NRSNI gl a adaa
(3) Third study period: Spring bank holiday/late May bank holiday 202B(28

May). The government had implemented the Road out of the lockdown scheme

with a gradual easing of Covi® restrictions following a third lockdown phase

in the UK: 'This means thatast legal restrictions on meeting others outdoors

will be lifted-1 £ § K2dzZ3K 3 §KSNAyYy3I&d 2F 20SNJ on LIS2?

Government 2021).

The three weekends were identified to compare the behaviour, preferred
destinations, and sentiments of Twitter users as presented through their tweets. The
picture painted on these platforms is limited by individual discretion and personal
decisions aboutontent. Nevertheless, the data provided allow valuable insight into
LIS2 L) SQa LISNODSLIAz2yasz SY2dAz2ylrt adalrisSz FyR

3.2.3 General familiarisation with tweet search output

In a first step, familiarisation with the tweet content is crucial for understanding the
outputs of the analysis and signposting inefficient and imprecise search queries and
issues in the data. It is, therefore, inevitable to manually assess a large chuvdets

in an initial assessment process. During this process, it became obvious that, for
example, the weather station in Whaley Bridge produced a large amount of weather
related posts that produced an additional data load with remsential informatiorfor

this research. However, one pitfall of setting too many and too narrow search terms is
the potential creation of blind spots that omit valuable information owing to one
aspect being excluded from the search query. The decision to make the search as
broad and open as possible favoured a reduction of search terms, keeping exclusions
to a minimum.

An initial observation of the unstructured texts limited to 280 characters in
single tweets showed several components commonly used in tweets: hashtags, emojis,
URLs, @ Twitter handles, and other special characters embedded in the textual
information. Impatant for the analysis of unstructured, free tweet content was,

therefore, the preparation (extracting several components) and cleaning of the original
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text (eliminating special characters, white spaces, numbers, and reverting the text to
lower case). This preparation enabled interrogation of the data, using Natural
Language Processing (NLP), the application of analysis algorithms for hashtag and word
frequencies, emoji and word sentiments, and a focus on location information of users
and places mentioned in tweets. The following will elaborate on the various analyses
performed on the dataset.
The Twitter search yielded datasets of 554, 759, and 698 tweets in the
respective periods. The search query contained only three hashtag search key terms
(for full search query, see Appendix) to maximise the data collected for the time
period: ‘#peakdistO G Q> U1 t SI 15Aa0NAOGbEFGA2YFEt N QX U
adverts, and keywords prominent in the tweet stream, for example,
Ux2 KIFfSe/ KNRYAOft SQ> UXgSIGKSNBKEFEfSe@Qxr 4l 2 S!

the search.
3.3 Part One: Keyword and Sentiment Analysis
3.3.1 Methodology

3.3.1.1 Hashtaqg analysis

Hashtags are commonly used across social media platforms to create groups of specific
interests summarised by a key term in the form of the # sign and an expression in a
continuous character string. Hashtags give an insight into interests and trendimg.topi
The hashtag was invented in 2007 and has ever since been an essential part of social
media(Messina 2022; Panko n.d.)

One step of the standard data processing in social media research is the
analysis of hashtags. For this research, hashtags were extracted from the main dataset
to understand the frequency of hashtags used and their conjunction with the search
i dzS NE @rins (haShdagsiiand other hashtags. One focus in this part of the analysis
lay in the shift in trends apparent from newly created hashtags at certain times, which
would not appear in other years. Another focus was on the frequency of hashtags

associated wh specific locations.
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3.3.1.2 Keyword analysis

For the keyword analysis, word frequencies and word associations were analysed to

define areas of interest grounded in the data provided by the tweet content. Word

frequencies were explored as a means of defining the trends and highlighting issues
apparentfrom the daily communication of Twitter users at specific times. Word

correlation allowed an insight into the connection between various terms emerging

from the word frequency analysis. Words featuring high in the word frequency list, for

SEI YL S WIGAISGR®@S UK2y SeLRiQs FyR UflyRaol L
the specific trends associated at the time of the investigation. Furthermore, terms of
ALISOATAO NBtSOIyOS F2NJ GKAAa &iddzRéz FT2NJ SEI Y
were usel for a statistical association analysis. This routine (findAsdous

| 8820AFGA2y &0 A& LI NI 2 fRDéckhentatidhB.d)fha Ay Ay 3 t |
function findAssocs provides an algorithm that consists of two steps. In a first step

collocations are assessed and only tweets containing the given word are returned and

further analysed. In the next step a correlation threshold will be defined. The

correlation score is calculated from the relative number of collocations, where a score

of 0 means that the correlated word never appears in the same tweet as the search

term, and a score of 1 means that the correlated word appears in all the tweets that

contain the search term. Owing to the high variation of words in tweets, a correlation

score of 0.2 is considered significant and words matching or exceeding this threshold

are assumed to be statistically associated, providing a quantitative result thefur

gualitative analysis.

3.3.1.3 Sentiment and emoiji analysis

Emoijis are essential in ndaceto-face communication, of which the social media
context is a significant on@Gajadhar and Green 200 mojis are used every second
on social media, as the retime emoji tracket! on tweets proves. Increasingly, emojis

have been used in academic reseafbtadgin 2021; Novak et al. 2015; Toepoel,

1 https://emojitracker.com/
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Vermeeren and Metin 2019Emojis developed in different parts of the world as a
phenomenon based on the same premise, namely to express emotions in electronic
YSaal3Aay3 FyR SYIAf&AZ LINPOGARAY3I (GKS &dzo G SE(
However, over the years, thousandsewhojis were added as icons also expressing
objects and actions. The iconic yellow smiley face is said to have been developed by
the graphic artist Harvey Ross Ball to raise the morale in the State Mutual Life
Assurance Company in 196tamp 2013)Emojis (literally translated from Japanese
FAY 4SQ F2N 4LA OHdettSitventey iRthell ¥9Bsch alapbriedd) U £ S G S
O2YYdzy AOFGA2Y FANNXI YR ¢6A0K GKS RS@St2LIYSy
and inclusion in mobile phone functionality, the cartelike images representing
faces, professions, trees and flowers and much ni@eée found entry into standard
communication(Hern 2015; Unicode Consortium 20285 a carrier of emotiof%
emoijis form a crucial part in conveying sentiment in tweets.

Sentiment is a crucial part of social media analysis. A sentiment analysis allows
'y aasSaaySyd 2F LIS2LX SQa FFGGAGdzRSa FyR FS8
insight into and opportunities to react to changing moods in society. Several studies
have engaged in sentiment analysis in social media content and proved the usefulness
of the information to improve user experiences, satisfaction, and assess performance
levels(Drus and Khalid 2019; Iglesias and Moreno 2020; Neri et al. 2012; Samuels and
Mcgonical 2020)

The approaches to sentiment analysis undertaken in this project used the
standard sentiment cod¢ ADERentiment(Hutto and Gilbert 2014; Hutto 2022;
Malde 2020) VADERs specifically designed to analyse unstructured text such as
Twitter tweets based on word associations, including slang words and efidaji®
and Gilbert 2014)Counteracting the limitation on tweet length (initially 140, now 280
characters), emojis compress meaning and content into a single character and increase
GKS O2y Syl aAYAfINI G2 GKS dzasS 2F 41 Q FyR

links to tgpics or other users. A text comparison of several packages to analyse

12 https://www.collinsdictionary.com/dictionary/english/emoiji
13Sed?
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sentiment from tweets has been undertaken elsewhéarai 2021)and it has been
shown thatVADERas advantages regarding emoji inclusion and word association.
VADER is a rulsased algorithm using a'gell i Y RI NRQ f SEAO2y | &
establish the sentiment of text. The analysis tool was developed in the US and is,
therefore, ambiguous wén meanings diverge between American English (AE) and
British English (BE). This will be discussed further in Section 5.

Emojis in tweets are encoded as WB.Hhe constant evolution of emojis
requires specific steps performed on the data in preparation. This process includes the
exclusion of specific UIgmodifier codes, for example, hair colour, skin colour, or
gender. Ths step is necessary to represent these correctly in emoji clouds but also to
achieve clear and unigue counts of emojis for frequency tables, which summarises, for
example, smiling faces of different skin colour.

In order to assess the accuracy of the sentiment algorithms us&RABDERthe
tweets were also manually assessed for the prevalent sentiment of the individual
tweets. TheVvADERompound score, consisting of the average of neutral, positive and
negative scored text components, was rated by me. The aim was to assess the
reliability of the automated process and detect weaknesses in the application to the
specific dataset. | annotatl the original tweets based on the subjective impressions of
negative, neutral and positive sentiment and compared the result with MABER
sentiments analysis. The annotation of the comparison resulted in-Fosgive, True
Negative, Fals@ositive orFalseNegative. The result was visualised in a confusion
matrix** (Figure3-7), quantifying the accuracy of the automated process, which is
commonly used in machine learning. However, this form of visualisation has been

found to be useful for presenting the results of this assessment process.
3.3.2 Results

3.3.2.1 Hashtag analysis results

The hashtag analysis allowed insight into the trends and themes associated with the

14 https://machinelearningmastery.com/confusiematrix-machinelearning/
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search terms. While the most frequently used hashtag across the years was
#Derbyshire, there was a significant change in the year 2020 when new hashtags in
reaction to the pandemic were introduced, for example, #lockdown, #covid19,
#COVIDIOTS, #doartslookeh, #staysafe, as shownTrable3-1. Filtering activities,
#walking was mentioned in 4 tweets in 2019, compared to 8 in the 2020 list of
hashtags, and 19 mentions in 2021, showing an increase in this activity across the
years. Activities mentioned frequently across the three study pericei®w
#photography and #hiking. Notably, #staycation, #camping, and #landscape ranked
higher in 2021. This may be a direct effect of the lockdown/stay local requirements of
the pandemic restrictions, reduced foreign travel options, and a turn to a 'new rior@ha
with a tendency to spend holidays in the UK rather than abroad. In general, the use of
hashtags reduced from 740 unique hashtags in 2019 to 560 in 2020 and 686 in 2021
despite an increase in individual tweets.

While it is apparent that locations in towns and villages dominate in 2019, for
example, #buxton (not within in the Peak District Park boundary, but included in the
#PeakDistrict), #edale, #bakewell featured high in 2019, there is a notable shift from
these centres towards more rural locations, such as #mamtor and #kinderscout. This
shift is perhaps based on the opportunity for social distancing and because many
businesses were still closed or not yet back to their former capacity. In general,
#nature seemso appear slightly more dominant in 2020 (5 mentions compared to 3 in

2019) and was more frequently used in tweets in 2021 (11 mentions).

3.3.2.2 Keyword analysis results

The 30 most frequently used words can be seehable3-2. Most striking is the use of

GKS 62NR Uglt1Q AYy GKS @SINIuHnuHn gAGK wmnn
2021. Words associated with Covid and restrictions in 2020 included people (89

mentions), symptom (62 mentions), police (48 mentions), Cumn{#igsnentions),

isolate (36 mentions), drone (25 mentions), lockdown (19 mentions), busy (17

mentions). While positive adjectives rank high in 2019 (good: 5, beautiful: 8, lovely: 13)

and 2021 (good: 1, beautiful: 8, lovely: 10), such positive words aruaond higher
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thanrank &4 2 1 -lard €ank 194 3 2 2nROR0. A similar sentiment shift, as seen in

the hashtag analysis, seems to emerge, which will be explored further in the next

section, focusing on sentiment in particular.

Table3-1: Top 40 of the most frequently used hashtags across the study

Hashtags 2019 Hashtags 2020 Hashtags 2021

#Derbyshire 28 #derbyshire 22 #Derbyshire 46
#derbyshire 27 #Derbyshire 18 #derbyshire 26
#art 13 #photography 14 #walking 19
#Outdoors 12 #BankHolidayMonday 13 #landscapephotography 12
#Photography 12 #handmade 13 #EnglishTourismWeek21 11
#weather 12 #print 13 #nature 11
#whaleybridge 12 #Art 12 #BankHolidayWeekend 10
#handmade 11 #Outdoors 12 #countryside 10
#peakdistrictnationalpark 11 #Photography 12 #NaturePhotography 9
#print 11 #weather 12 #staycation 9
#wall 11 #whaleybridge 12 #Artist 8
#edale 10 #gift 11 #BankHolidayMonday 8
#gift 10 #wall 11 #TravelPhotography 8
#MyNewTag 10 #BankHoliday 8 #Hiking 7
#Art 9 #Local 8 #landscape 7
#outdoors 9 #peakdistrictnationalpark: 8 #NatureLovers 7
#peakdistrictwalks 9 #walking 8 #peakdistrictnationalpark 7
#adventuretime 8 #mamtor 7 #photography 7
#bakewell 8 #EnglishTourismWeek20 6 #art 6
#getoutside 7 #langsett 6 #camping 6
#uk 7 #lockdown 6 #EtsyShop 6
#backtor 6 #landscape 5 #LandscapePhotography 6
#bankholiday 6 #nature 5 #peakdistrictwalks 6
#bankholidayweekend 6 #nikonphotography 5 #walk 6
#buxton 6 #staysafe 5 #WallArtForSale 6
#derbyshiredales 6 #AT 4 #weather 6
#england 6 #BankHolidayWeekend 4 #whaleybridge 6
#highpeak 6 #kinderscout 4 #Buxton 5
#losehill 6 #PeakDistrictProud 4 #cottage 5
#photography 6 #sunset 4 #getaway 5
#ridgeline 6 #AshfordintheWater 3 #highpeak 5
#saturday 6 #buxton 3 #Landscapes 5
#travel 6 #covid19 3 #sunshine 5
#vanlife 6 #COVID19 3 #ad 4
#vwt4 6 #COVIDIOTS 3 #BankHoliday 4
#BankHolidayMonday 5 #DailyChallenge 3 #chatsworthofficial 4
#hiking 5 #DerbyshirePolice 3 #dogfriendly 4
#landscape 5 #doartslockdown 3 #escapetheeveryday 4
#landscapephotography 5 #dog 3 #hiking 4
#mtb 5 #dogs 3 #hols 4

Word associations allow an insight into the relationship of nouns (for example,
place names and monument types) with other nouns or verbs (for example, activities)
or adjectives (for example, sentiment expressions). For this project, frequently used

wordsF NRY GKS {1Se&g¢g2NR Fylfearas adzOK a Ugl
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heritage, to give useful background information for heritage management, additional

terms not included in the word frequency list were also provided to the function, such

~

aa

network graph Figure3-2).
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Table3-2: Top 30 of the most frequently used words across the study period

Words 2019 Count

today
day
walk
good
get

see
beautiful
take
one
look
weekend
lovely
holiday
morning
derbyshire
come
edge
love
time
week
hill
view
can

just

art

great
place
may
bank
weather

Words 2020 Count

62 walk

60 people
49 park

44 want

36 today

35 day

33 okay

31 symptom
31 just

30 get
30drive

29 travel

28 police

28 weekend
27 back

27 cummings
26 see

26 good

26 beach

25 can

25 covid

24 week

23 view

22 take

22 holiday
21 ever

21 lake

21 isolate
20 like

20 stay
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Words 2021 Count

100 good
89 day
86 today
73 walk
69 get
69 just
68 beautiful
62 one
60 lovely
58 holiday
56 great
54 take
48 live
45 hill
44 see
43 morning
41 home
41 place
40 will
38 love
38 view
38 park
37 time
37 trail
36 visit
36 back
36 look
36 now
34 edge
34 can

73
67
61
60
56
56
55
47
40
37
36
35
35
33
33
33
31
31
30
29
29
29
28
28
27
27
27
27
27
26



In 2020 the wordwalk' was solely associated with the wobg. The word
'see wasassociated withdfficiald atuniidng'and honeypot. View found association
with ‘crystal’, 'bowl’, ‘enjoyable’, 'Mickleden', 'stunning’, 'Jacobs’, 'ladder’, '‘beyond'.
The word honeypot found association with ‘wildfire', fire’, ‘avoid’ and 'busy’, 'see’
and ‘forbidden'. Landscapewas associated with 'damage’, 'extensive’, 'tree’, 'nature’,
'sheep’, 'adventure’, 'Peveril and 'Hathersage'. The wptalce found association with
‘path’, ‘canal’, ‘childhood’, 'sanctuary’, ‘'urban’, 'restriction’, '€lagton’, 'unwind' and
‘grateful’. No associations with the wordistory', 'heritag€, or ‘'monument were
found in 2020.

The associations in 2019 were as follohistory: corner, fascinate, Tetris
(‘Tetris' being the name of one of the bouldering areas at The Roaches), glory, build;
heritage: Bolsover, English, medieval, beautiful, site, castle, countryside, fantastic;
monument none;walk: iconic, lazy, rugged, route, unplanned, dege carry, driver,
cyclist, entirely, pleasurejew: surprise, stunningjoneypot none;landscape
photography, large, wow, vast, bracken, spectacular, church, Padéme favourite,
abroad, adore, Romania, Liverpool, lot, familiar, ative.

Associations in the year 2021 comprishitory: lover, endure, farm, own,
plague, guide, stay, telieritage English, attraction, destination, national, trust, town,
countryside, valley, moomonument arbor, gib, barrow, henge neolithic, circle, low,
stone;walk: Longshaw, Grindleford, station, breakfasée boarder, Rutland, visibility,
charismatic, eagle, lynx, marten, wildlife, pine, flourigiew: vale, sorryhoneypot
none;landscape art, nature, tree, photography, birch, woodland, photoegn;place
geographically, Liverpool, vibrant, city, self.

The result of the word association analysis can be understood as a statistical
association of the given words and words meeting or exceeding the correlation
threshold. This information can be used to identify issues through a faljpw
contextual associatn. A comparison across the word correlation and keywords used
in tweets during the study periods shows a notable shift from destinations and travel
abroad in 2019 to a focus on local places associated with words of familiarity and
al FSGe 64 aoroy This nehd\aBldeadlismiayd travel destinations in the vicinity

seems to be continued in 2021 with a tendency to explore reopened sites of English
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Heritage and the National Trust as well as a significant increase of associated

monuments, for example, Arbor Low (henge monument) and Gib Hill barrow, stone

circles, and Longshaw (National Trust estate). Notable is, however, also the association
oflandOl LISQ gAGK URIFYIF3ISQ YR UK2ySeLRiIQ 6AGK

problems with negative landscape impact factors in 2020.
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3.3.2.2.1 Visualisation- Word clouds

Word clouds were developed first by the American squsgchologist Stanley Milgram,
visualising landmarks in Paris as text on a if@2go and Cui 20160, Milgram and

Jodelet 199296, FHg. 8.9, but the popularity of this form of visually conveying textual
content only came with Flickr in 2006 and the popular tag visualisation for exploring

their website(Temple 2019)Word clouds have disadvantageer example, they do
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not show word associations or contexts of single wd@iso and Cui 20189, and

apply a filter that is either too restrictive (emphasising long words) or too broad
(including short words with irrelevant contributiof)emple 2019)However,

advantages of word clouds are the instant understanding of the visualisation without
the need for explanation, legends or descriptions. The visualisations are attractive and
colourful and allow the representation of keywords of unstructured $arta compact
form (Temple 2019)The word clouds iRigure3-3 present the most frequently used
words in tweets across the study periods in a visually appealing format. The words are

not spatially located at the corresponding places of tweet locations.
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Figure3-3: Word cloud of most frequently used words across the study period. Disclaimer: The words and th
position are not geospatially located within the Peak District National Park, but rather randomly located with
boundary to visualise the summary afndquency of the most used words in tweets related to the area within t
boundaries

3.3.2.3 Emoji analysis results

Sentiment and emoji analysis are closely related since much of the sentiment in tweets
is carried by the use of emojis rather than text owing to the characteristic shortness of
tweets. We should understand emojis as not one but two categories of pictograms

(the western association of emojis = emotion is misleading). Category one emojis
expressing emotions, which developed from the earlier emoticons, are ideal for

conveying sentiment on its own or in conjunction with text, ArADERtegrates this
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aspect for a comprehensive result. We need to distinguish this category of emojis from
pictograms used to convey meaning. Emojis, such as a tree, a fruit or boots, replace
objects and actions. With regard to sentiment analysis, this categorisation is
important, as emotioremojis are unlikely to change their meaning (a smiling face will
unlikely express a negative feeling in future), while objectactionemojis can change
meaning drastically. Within th¢ ADERexicon both categories are replaced by their
respective descriptive text and become part of the text that is then analysed for
sentiment.VADERMcludes the transcription of 3570 different emojis into text at the
time of writing and integrates this into the analysis. Based on this descriptive text and
the independent score of 10 individugldutto and Gilbert 2014220, the valence
score was determined, and all emojis with a Faero mean score were integrated into
the lexicor®. This section will present the data of the emoji analysis and present the
results of theVADERigorithm applied to text and emojis as far as they were known at
the time of development in 2017.

The number of emojis used in tweets across the weekends are as follows and

shown in detail inTable3-3.

2019: 110 different types, 267 in total
2020: 118 different types, 313 in total
2021: 121 different types, 337 in total

The most commonly used emoijis across the years on rank 1 in 2019 and 2020
and rank 3 in 2021 was themiling face with heareyesassociated with a positive
sentiment. Notable is the increase of negative sentiment expressed through emojis,
such as thengry faceand  the angry face with symbols on mouffihe message
associated with this category of negative emotions in 2020 and a complete lack of
these emoijis in 2019, and for with only 2 appearances in the dataset and with only
one use, can be interpted as associated with rising tensions in 2020. Users were
positioned on both sides of the spectrum: visitors who felt anger towards the

excluding attitude of residents, and residents feeling overwhelmed and angry towards

15 https://github.com/cjhutto/vaderSentiment
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visitors, littering, parking in nedesignated areas, overcrowding, and increasing

wildfire risks from barbecues. Associated with the latter is the increased use of the

Table3-3.: Top 20 of the most frequently used emajis across the st

'Emoji 2019 | Count | Emoji 2020  Count | Emoji 2021 | Count
ke 29 " 22 25
B 19 13 v 18
v 11 11 bl 17

10 v g T 13

9 v 9 @ 11
L 9 8 - 10
\ 4 9 8 @ 10
r 7 7 9
27 7 @ 7 &5 7
X 6 L 7 T
= 5 - 7 = 7
T 5 ) 6 v 7

4 @ 6 4 6
¥ 4 v 6 6
e 4 b 6 1 4

4 ] 6 B 4
v 4 & 6 e 4
3 3 5 , 4
o 3 T 5 . 4

3 2 5 v 4

emoji in the same year. This emoji, within a grey zone between emotion and object,
plays a specific role in the issues of the year 2020. Fire, as the descriptor of this emaji,
scores negatively in the VADER lext€¢ri.4). Negatively labelled emojiir€, angry

face andface with symbols on mouthvere nonexistent in the dataset of 2019,

increased to 18 in 2020 and decreased again to 3 in 2021. A new introduction of emojis
into tweets is the emaiji, referring to safety measures associated with the &&vid
pandemic. As for emojis of category tvibe greenleaved branclg titled herbis

usually used to represent nature in the main context of tweets and is often associated
with the #naturelover. Equal emphasis on nature and the rural character of the Peak

District National Park are expressed in tree of the  emoji,® emoji, emoji

and  emoji. Interestingly, no sheep emoji is used in 2020 tweets.

16 hitps://github.com/cjhutto/vaderSentiment/blob/master/vaderSentiment/vader lexicon.txt
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Summarising the results of the emoji analysis, the number of negative emojis
varied across the years; however, compared to the number of positively labelled
emojis, the number of negative emojis stayed low. While still overwhelmingly positive,
the year 20® saw a notable increase in negative emojis and the introduction of emojis
associated with the pandemic. The graptrigure3-4 shows the variation of negative

and positive emojis used across the years based on emojis using oMADIER

Percent

algorithm.
1907 5019 100° 5020 1007 2021
75- 75- 75-
c c
@ (0]
50- © 50- © 50-
[} (0]
o o
25- 25- 25~
O L 1 1 O L 1 1 0 ) 1 1
Negative Positive Negative Positive Negative Positive
Sentiment Sentiment Sentiment

Figure3-4: Sentiment analysis with VADER sentiment algorithm based solely on emojis. The emoji score is normalised for the sent
OFiS3az2NARSa 2F (KS NBaLISOGAGS 8SINE® b23SY (KS OF (S methdets With
no emojis, neutral emojis and unknown emojis

3.3.2.3.1 Visualisation- Emoiji clouds

Emojis and cloud visualisations have a great potential to convey complex information
directly. The format of emoiftloud visualisation offers a new way to create an instant
understanding of the overall situation, trends, and sentiments of large datadegs. T
emoji clouds presented iRigure3-5 clearly show the emotional shift in 2020 and can
be used to inform and engage the public, similar to the word claud@ection
3.3.2.2.1 but arguably with a more straightforward and stronger message. The
positions of emojis on the map do not correspond with their actual tweet location, and
the size of the emojis does not give absolute numerical values. However, this form of
visualisation Bows instant recognition of the key message and invites engagement
with the visualisation beyond passive observation. The key message of a shift towards
negative emaoijis is clearly visible in the year 2020 through the use of digtmegglative
icons. Similarly, the smiling face emojis for expressing associations with nature, love

and outdoor activities dominate in 2019 and 2021.
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Figure3-5: Cloud of most frequently used emoijis across the study period. Disclaimer: the emojis and their position are not gdospaéllyithin the Peak District National
Park, but rather randomly located within the boundary to visualise the summary espaefncy of the most used emaojis in tweets related to the area within these boundar



Percent

3.3.2.4 Sentiment analysis

3.3.2.4.1 Results of automated sentiment analysis

This shift to slightly more negative emotions associated with the Peak District National

Park shown in the emoji analysis above is mirrored in the sentiment analysis

performed on the datasets of all years using VADER sentiment. The score is normalised

fori KS OFGS32NASa UbS3IIGABSQY UbSdziNI QX |yR
The analysis resulE{gure3-6) shows an increase in identified negative emotions

captured in tweets in 2019 from 6.7% to 14.8% in 2020 and a subsequent decrease in
2021 to 10.3%.

3.3.2.4.2 Reliability of sentiment algorithm

2019 2020 2021
60 - 60 - 60 -
40- $ 40- © 40-
e e
) )
o o
20-_. 20--. 20--.
0 i ] ] 1 0 i ] ] 1 0 i [} ] 1
Negative  Neutral Positive Negative  Neutral Positive Negative  Neutral Positive
Sentiment Sentiment Sentiment

Figure3-6: Sentiment analysis with VADER sentiment algorithm. The score is normalised for the serategories of
the respective years

To assess the performance of tidDERigorithm in extraordinary circumstances as
was the case in the year 2020, which has shown a doubling of negative sentiments
from the year before, a sample including all tweets from that year has been annotated
manually by me. The algorithm seemed to gigle, especially with the sarcasm of
Twitter users in response to the Domirlummingssituation’ travelling from London

to Durham during a strict stay at home period. Also, sarcasm of visitors, deterred by

17 hitps://www.huffingtonpost.co.uk/entry/dominiecummingseyesightbarnard

castle uk 60ae467de4b019eflOelfla3
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L2t A0S FTOGA2y |yR dadle lgleQ YSaalaSa FNRBY
general Covid situation was misinterpreted by the algoritligure3-7 shows a

confusion matrix for the accuracy as predicted by ¥eDERigorithm and manually

assessed by me. The darker blue fields with higher numbers represent higher counts of

tweets representing tweets identified as positive, neutral or negative by ABER

algorithm on the yaxis and by me on theaxis, respectively. For example, tweet

content identified as positive by both the algorithm and the researcher is positioned in

the upper right field of the matrix (dark blue, count: 260), representing -Rositve

results. In contrast, tweet content identified as positive sentiment by the algorithm

and negative by me is represented by the field in the upper left area of the matrix

(mid-blue, count 119), which shows the FaResitive result. The matrix shows igln

P- 119 64

5

k5

(1]

E - 27 159 14

=

<C

N - 97 7 12
|\'| Manual p

Figure3-7: Confusion matrix comparing manual and automated sentiment analysis for the
2020 based on emojis. Bottom left, middle and top right fields show the number eN&gative
TrueNeutral and TrudPositive results of the recognition algorithm, respesty. Oftdiagonal
fields show false matches. Notably the top left field with 119 FRdsstives due to
misinterpretation of sarcasm in tweets.

agreement of positive results (260) and Tieutral results (159). However,
discrepancies are apparent in the high mismatch of FRtsstives (119). The
algorithm was evidently not able to identify negative sentiments accurately, in

particular if these wre expressed using sarcasm and irony.
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The accuracy in the case of tweets of the year 2020 can be calculated as:
. xx B 05
0 Www B, 6 TXXPRP

Where0 is the count of the respective combination of positive, neutral and

negative:0 for coincidence between automatic and manual assessmentgi.e.0 ,
6 for TruePositive, TrueNeutral, and TrudNegative, respectively, anil with 'Q Q
for contradictions, i.e., FalgRositive, Fals®leutral and Fals&legative forQ pllo,

respectively.

The calculation of theroportion of negative tweets based on the results of
manual assessmenkigure3-7) results, therefore, in 32% tweets with negative
sentiment as opposed to the 14.8% identified by the algorithm. In order to assess how
this process would adjust the negatively loaded tweets of the years 2019 and 2021, the
same process of manual annotation and creation of a confusion matrix was cartied ou
for these years.

The result for 2019 showed that the negative sentiment classified by the

P- 6 52

5

i

(1]

E - 8 21 17

=

<C

N - 5 16 13
|\'| Manual p

Figure3-8: Confusion matrix comparing manual and automated sentiment analysis for the
2019 based on emojis. Bottom left, middle and top right fields show the number eN&gadive
TrueNeutral and TrudPositive results of the recognition algorithm, regpesty. Offdiagonal
fields show false matches.

VADER algorithm with 6.7% was higher than when assessed by the manual process
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with 3.4% .VADERilso tended to classify more positive tweet content compared to a
more neutral manual annotatior=(gure3-8). The manual analysis of the year 2021

data also shows a slightly lower negativity score, with 8.5% compared MABER
sentiment analysis outcome with 10.3%idure3-9). This result shows that the

sarcasm of the year 2020 was not detectable by the algorithm, and across the three
years, neutral tweets were more often interpreted as positive. Given the (slight) under
estimation of negativity in 2019 and 2021, and the undmresentation of negativity

in 2020 by the algorithm, the increase of negativity in 2020 is even more striking in the

manual assessment.

P- 9 66
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Figure3-9: Confusion matrix comparing manual and automated sentiment analysis for the
2021 based on emojis. Bottom left, middle and top right fields show the number ef True
Negative, TrudNeutral and TrudPositive results of the recognition algorithm, redpesy. Off
diagonal fields show false matches.

3.4 Part Two: Extracting and Locating Geospatial Information

3.4.1 Methodology

3.4.1.1 User home location analysisinreliable and fancy
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Location data provided by Twitter and by Twitter users consists of tiyyses: 1.
geotagged tweet information in the metadata of individual tweets, 2. fied entries

of user home locations and 3. locations mentioned as places in individual tweet texts.
Passive geoinformation (1) stored in metadata of tweets strongly dependbse

active use of geotagging services, for example, enabling this service and allowing
access to location data on the device used for tweeting. On the other hand, location
YSYGAZ2YAY3 600 YR AYF2NXIGA2Y 2y dzASNJ K2 YS
creativity and the willingness to give more or less precise information about
themselves, if any at all. To analyse the latter location information, a frequency
analysis can be performed to get a rough idea of where Twitter users are located or
where theylive.

Geotagged information (1) was found to be unreliable, as the location
mentioned in texts and the geotagged information in some test cases did not match.
Therefore, no further analysis was performed, including this information. Where user
home location datd2) was provided, it was assumed that a summary would give an
insight into the adherence of Twitter users to restrictions on movement as issued in
GKS dadre t20FfQ NBIAdANBYSYyiod | 26SOSNE  dza SN
and inherently unreliald as the input consists of a free text entry. While algorithms
determining the home location of Twitter users from the triangulated locations of their
geotagged tweets have been developed elsewhdlahmud, Nichols and Drews
2014) these are not used in this project since the focus is on place and place
attachment rather than on individuals.

Therefore, the main research focus of this project is on the information
provided as free text in the tweets (3). This location information was analysed in order
to identify places most frequented and talked about during the study periods, which
also gavensight into the travel behaviour of visitors to the National Park. Therefore, it
is necessary to explore this category further as a component of unstructured text and
develop an automated process to overcome the tiom@suming manual extraction of

geospatal data from qualitative data. This process will be further elaborated on below.
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3.4.1.2 General challenges in automated location detection

Geospatial expressions in texts are inherently challenging to analyse, and this applies

in particular to the recognition of location entities umstructured texts such as

tweets. The main challenge for identifying and extracting location information from

tweets proves to be variations in expressing and naming places. Various levels of
UAYAARSNI GSNX¥YAy2f2328Q3 02 fatit Ndunithez2 ya> | YR YA
automated recognition of places. However, despite these limitations, an algorithm

coded in R and Python allows the extraction of location information from tweets to

gain insight into places that matter to people and are trendifmy postive or

negative reasonsin the wider public.

3.4.1.3 The process of automated location detection in tweets

In order to automatically recognise locations, rivers, points of interest, and historical

places, the creation of a gazetteer (a database for geographical information in

conjunction with a map in the form of an index or dictionary) was necessary to provide

a database for an entity search algorithm. Geospatial information was extracted in

QGIS from freely available GIS shapefiles provided by Ordnance Survéyr(iddhce

Surveyndy GKS 9RAYOdzZNHK ! y A @ S(NdvarsitgaREdinuigih y I 5 A 3
n.d.)(note: Edina maps and data are only freely available for research and education
LJdzN1LJ2 8 Sa0>X FYyR | A&G2NRO 9y 3IfFyRQa o190 [ A&l
England (NHLERistoric England 2022a)he datasets were merged and clipped to the

study area. The resulting attribute table was exported to a spreadsheet and cleaned in

a further step to delete duplication and exclude some entries, such as pharmacies or

surgeries, to focus on places assoethtvith natural or cultural landscapes. Businesses,

such as tea shops, campsites or holiday cottages, were retained as they are part of the

tourism industry. The cleaned database wasm@orted into GIS to extract the

location data of all pointsHigure3-10). The resulting gazetteer of places tailored to

the Peak District National Park can be used as a standalone dictionary for place entity
recognition in order to extract locations mentioned in tweets. The created gazetteer

includes over 5000 entries of, foraxple, rivers, bridges, locations of mines, stately

homes, bowl barrows, farms, public houses, churches, towns and villages, rock
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formations and caves, and walking trails. The comprehensive gazetteer of points of
interest and named landscapes visualised in GIS shows a continuous and sufficiently

fine-grained coverage of locations across the Peak District National Park. An algorithm

Peak District National Park:
Locations provided by OS and HE

Key

] PDNP outline

— Rivers

I Parks and Gardens
[ scheduled Monuments
S ® Listed Buildings

[ _allhe. © 0S POl

® Places

Figure3-10: Building a corpus of locations in GIS gradually in steps, adding levels of information from various sources, suc
rivers, place names, points of interest from Ordnance Survey data, or historic information from Historic England dat&(Ima

Tenzey.
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implemented in Python compares the gazetteer with the unstructured tweet texts and

builds a separate dataset of location entities for further analysis and visualisation. The
algorithm extracts single word locations as well as compound terms. As identified

during the familiarisation process with the data, the challenge of fuzzy and imprecise
location-naming in tweets had to be overcome by allowing the detection of, for

SEI YL S5 AyO2YLX SiGS t20FGA2y RSAONRLIIAZ2YAZ
dSGS00G GKS O2YLRdzyR GSNXYZI F2NJ SEFYLX ST UlAY
independently when mentioned together in one tweet. This method allows the

creation of a unique set of distinct features and places in an area similar to Named

Entity Recogmion (NER) as part of NLP. However, the method detects locations with

higher accuracy through the arespecific corpus of distinct locations.
3.4.2 Results

3.4.2.1 Results of the location analysis

2 KAfS GKA& NBaSIFNOK RAR y20 32 a2 FIFN Ia 02
algorithm developed by Mahmud and his tedMahmud, Nichols and Drews 2014)

the freetextseiA RSY GAFAOF GA2Y 2F (KS dzaSNBRQ f20F (A2
tweeters came from during the lockdown phases (home location of users entered by

the users). Did thetay at homeorder work? Did people adhere to the restrictions?

Some entries of user location consisted of incomplete, fancy and funny entries and

GSNE ISYySNIt aLIh ALt AYyF2NNIGAZ2YZT F2N SEI YL
Nevertheless, the user location infoation was analysed on the frequency of

occurrence ad provides insight into the home location of tweetdi@able3-4). The

analysis shows that across all years, the majority of tweets associated with the Peak

District National Park originated from users based in the National Park itself or the

surrounding areas of larger cities within reach, for example, Sheffield, Cheltemd

Manchester. During the years 2019 and 2021, user locations further away appear as

well, for example, Nottingham, Derby, Wales, Hampshire and Rochester. In 2020, the

stay local orders appear to have been followed by the majority of visitors to the

National Park, evidenced by the user locations mostly located in or surrounding the
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park, with some exceptions such as tweets from London and the East Midlands. It s,

however, important to note that a tweet from one of these more distant locations

does not necessarily mean that the person was actually in the park; tweeters could

have jus mentioned the park in the text. This was the case for tweets where the

tweeter was, for example, longing to come back or missing the visits to the National

Park

Table3-4:User location of tweets about the Peak District National Park with the 25 most frequently used location.

Users 2019 Count Users 2020 Count Users 2021 Count
Sheffield, England 39 Sheffield, England 46 Sheffield, England 34
United Kingdom 17 United Kingdom 45 United Kingdom 26
Whaley Bridge, Peak District 12 Derbyshire 25 UK 16
UK 11 UK 15 East Midlands, England 15
England, United Kingdom 9 Sheffield 13 England, United Kingdom 13
Manchester, England 9 England, United Kingdom 12 Manchester, England 12
Peak District 9 Whaley Bridge, Peak District | 12 Sheffield 12
Redcar, North East England. 9 Peak District, Derbyshire, UK | 11 Buxton, England 10
Derbyshire 8 Peak District, UK 9 Derby, England 10
Nottingham 7 Manchester 8 High Peak, Derbyshire 10
Rochester, South East 7 Nottingham, England 8 Sheffield, UK 9
Sheffield 7 Derby, England 7 Chesterfield, England 7
London 6 Peak District 7 Derbyshire/Lothian 7
London, England 6 Holmfirth 6 London 7
Peak District, UK 6 London, England 6 London, England 7
Manchester, UK 5 Manchester, England 6 Derbyshire 6
Matlock, England 5 The heart of Yorkshire. 6 Derbyshire - Peak District 6
Bakewell, England 4 England 5 Whaley Bridge, Peak District 6
Hampshire 4 London, UK 5 Peak District 5
Hayfield, England 4 &) No boundaries =5 4 Bakewell, England 4
Northwich, England 4 Buxton & Shefiield 4 Chesteriield ,Derbyshire 4
Nottingham, England 4 East Midlands, England 4 Matlock, England 4
Peak District and north London 4 England, UK 4 Nottingham 4
Ashbourne, Derbyshire, UK 3 High Peak 4 Wales 4
Bakewell 3 Lincolnshire 4 Yorkshire. 4

In summary, it can be noted that the analysis of user home location is not

reliable. Location information from tweet text metadata does not necessarily match
the location mentioned in the tweet. In contrast, extracting and geospatially locating
places menbned in tweet texts can offer more reliable data on locations visited by

CoAGGSNI dZaSNES>X KAIKEAIKGAYT GNByYyRa | a

sentiment associated with specific places in the national park. The automated

gStft

recognition and anlgsis of locations in tweet texts was further developed as part of

the unstructured text analysis and will be elaborated on in the next section.

3.4.2.2 Results of location entity recognition

The automated process using the gazetteer developed in Se&#doh.3 recognised
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115 individual places mentioned 332 times in 2019. The weekend in 2020 identified
118 different locations with 237 mentions. This 2020 result was also manually
evaluated, the dataset annotated by me, and tested against the automated process

described in Setion 3.4.1.3. The weekend in 2021 yielded 179 unique places with 406

mentions in individual tweets.

3.4.2.2.1 Reliability and validity of location recognition

A subset of data was analysed manually to assess the reliability of the location entity
recognition process. The 759 tweets of the bank holiday weekend 2020 were used to
compare the performance of the code and the completeness of the location database

creaed in the first step of the process. The manually evaluated list of locations

P - 68 192
=]
J}
[43]
E i
S
=
<
N- 38
. N Manual p '

Figure3-11: Confusion matrix, comparing manuaid automated place recognition. Bottom left and top righ
quadrants show the number of TrNegative and Truositive results of the recognition algorithm, respective
Top left and bottom right show Falf®ositiveand FalseNegative matches, respectively
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provided the gold standard for the comparison. Results from the manual and
automated processes were subsequently evaluated, giving theHosdive and True
Negative results with corresponding outcomes and FRigsitive and FalsHegative
results where he automated process produced an error. In total, 569 TMegative
(no location mentioned in the tweet) and 192 TrResitive results (location in both
processes identical) were recorded. The weakness of the algorithm is shown by the 68
FalsePositives @ication wrongly identified by the algorithm) and 38 Falsegatives
(location not identified by the algorithmlrigure3-11 shows a confusion matrix
visualising the comparison of the algorithm.

The accuracy of the automation algorithm can be calculated using the
equation:

YO YO

6 (I.)(B,, I w T2 ”n ol ”n, 114
Yo “Yu Ou "Ou
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With nearly 88% accuracy, the algorithm using the agpacific location data
proves efficient in recognising places mentioned in tweets. Extracting this information
from qualitative, unstructured text is necessary to map the locations as hot spots for

activity, which can subsequently be visualised in GIS.

3.4.2.2.2 Visualisationz heatmaps

GIS maps offer increased opportunities for interrogation and engagement with the
data. The great advantage of GIS maps is their flexibility, dynamic quality, and ability to
connect databases of varying complexity to spatial expressions. Visualising teatcon

of unstructured text, such as tweets, allows insights on various levels and topics, for
instance the most frequently mentioned places or activities or problems associated
with visitors and tourism. The geospatial data extracted from the tweets avahsed

in GIS in the interactive web map showrFigure3-12 as point features and hotspots.

The web map was created using QGIS v.3.16 and exported to OpenLayers using

QGIS2Web pluglh Point data shows the location name and counts of mentions in

18 hitps://plugins.qqis.org/plugins/qgis2web/
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tweets as numbers in a peyp field. To visually present the variation across the
locations based on the weight (numbers of mentions), heatmap layers were created,
showing the intensity of frequency. The years 2019 (green point data, green
heatmaps), 202@Qred point data, red heatmap), and 2021 (blue point data, blue
heatmap) can be used individually and independently as overlay maps to allow
interrogation of the various factors. Zooming in on specific locations allows an
intensive exploration of the studgrea, highlighting areas of high impact on landscapes
but also access roads, parking issues, and locations requiring individual and specific
support on different levels. Owing to the nature of these maps, they can be used
intuitively, not just by practitioers and researchers but also by the wider public, to

interrogate the landscapes and places of interest in detail.
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Figure3-12: QGIS2Web OpenLayers map showing point data and heatmaps of locations mentioned in tweet texts of the Spri
holiday weekends 2019 to 2021. Base maps used in this project provide the background for orientation and navigatiorpofibn
map use please zoom in for details, and switch layers on and off in the top right corner(memactive map in online version only
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The interpretation of the maps will be discussed further in Se@ién
However, the following will detail some of the hotspots featuring prominently on the
map. The characteristics and qualities of the locations highlighted on the map vary,
including areas of natural, historical and communal features. Bakewell in the White
Peak®, a historic market town on the River Wye, represents a typical ‘chocolate box
At E 1 3SQ OK kedntur® ardhidettuiel dbuatryvairsiakd markets, shopping
opportunities, as well as the famous Bakewell tart, traditional \atedissing and a
carnival. Various features in the town are scheduled monuments or listed buiffings
such as the Bakewell Bridge, Lumford Mill, the motte and bailey castle and All Saints
Church with Anglésaxon crosses. Similar but smaller places appear in tweets located
in the Dark Peak, for example, Edale, Hope and Castleton. These small villages and
towns are situated among rolling hills, offering shopping opportunities for the famous
Blue John stone found in the caves around Castleton. Edale marks the start of the
Pennine way, a lordistance National Trail. Castleton is situated at Winnats Pass and
GKS 4. NR1SY w2FIRQ>X (GKS !cHpX | G2NY FyR {gA
for the surrounding mountains. Historically, Castleton lies in the shadow of Peveril
Castle, the 1th ¢ 14th century tower keep castle. Mam Pgra Bronze Age hillfort of
national importance lies just beyond Winnats Pass and offers wide views across the
valleys and along the ridgeway, its other end connected to Loseatiither favourite
viewpoint across the valleys. Hope lies close tothe Roma&F 2 NIi Ubl GA2 Q3 2y S
traces of Roman life in the Peak District. These areas are favoured by visitors and
residents for the natural beauty, stunning views, and opportunities for various outdoor
activities, such as cycling, walking and paraglidiihng. High Peak comprises Buxton
(which is not part of the Peak District National Park) and part of the Dark Peak in the
north of the Peak District National Park. Included in this administrative area of the
Peak District is the Kinder Plateau, with Kindayus being the highest peak in the

park, a National Nature Reserve and a Site of Special Scientific Interest (SSSI) formed of

19 hitp://wvww.derbyshireuk.net/bakewell.html

20 https://magic.defra.gov.uk/MagicMap.aspx

21 https://heritagerecords.nationaltrust.org.uk/HBSMR/MonRecord.aspx?uid=MNA112487
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'blanket bog and sub f LIA Yy S & R Mdeal IKcitlonifér Bird watching and

walking (see also Section 6). Historically, the area is associated with the famous Kinder

Mass Trespaddin 1932- LINP G0 Sad F2NJ G6KS NRIKG (2 NRIFY
Ladder leads up to Kinder Scout and is part of the Pennine Way and connected to the
scheduled packhorse bridge and packhorse route across the Pennines. North of Kinder

Scout lies Blaklow Hill and Bleaklow Stones, known as the site of a plane crash in

1948, complete with the wreckage of a US Air Force bomber. Also favoured for its

views by walkers and the rough gritstone formations by climbers, Stanage Edge

features prominently in twet texts. Relics of the former millstone and grindstone

production still dominate this area and features as the logo of the park. Last but not

least in importance for the Peak District are the great country houses of the park, of

which Chatsworth Houggéis one of the most prominent. The Grade | listed hdBise

with its history starting in the 16th century is home of the Duke of Devonshire ‘passed
0KNRdzZZK mMc ISy SNI (A 2% With 2egulaiietests in the@fagidud & K F I Y
surrounding park, Chatsworth attracts visitors and residents for a day out. Together

with Stanage Edge, Chatsworth featured in film productions, such as 'Pride and

t NE2dzZRAOSQ ' yR (KSNE A stenhnd théiBid@t¥san tie Pealy SOG A 2 y
District National Park. The variety of natural, historical and recreational qualities of the

Peak District is reflected by the various locations mentioned in tweets and visualised in

the hotspot maps.

3.5 Limitations and Researcher Bias

Various factors limit the generalisation of the results. The data source was limited to a

22 https://www.gov.uk/government/publications/derbyshiresationatnature-

reserves/derbyshiresationatnature-reserves#kindescout

2 https://www.peakdistrict.gov.uk/learningabout/news/70yearsof-the-peakdistrict-

nationalpark/the-masstrespass

24 https://www.chatsworth.org/visitchatsworth/chatsworthestate/history-of-chatsworth/

25 https://historicengland.org.uk/listing/thdist/list-entry/1373871

26 https://www.chatsworth.org/visitchatsworth/chatsworthestate/house/
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dataset of tweets by Twitter users. Further analysis of other social media platforms
was not possible owing to time constraints, limiting investigation of aspects of the
structure of other platforms, and ethical approval considerations. A more extensive
dataset would have provided more scope to test the application. Because of this
limitation, the sample was not representative in a broader sense. However, as surveys
associated with heritage are usually limited to visitors to historic $Eeglish Heritage

2000 2) or people interested in the subje@ational Trust 2017)an advantage of

¢CoAUGGSNI RFGlI Aa GKFG GKS RIEGFH&aSG NBFOKSa

the data provided insight into a more variable and diverse group of people.
Limitations of the method are constrained through the accessibility and
availability of datasets provided by services such as Ordnance Survey (OS), with finer

grained geanformation only available to commercial or governmental organisations,

0

N>

forexamplei KS UmYpn nnn {OFfS wkadSNI YILI 6A0K DI

these datasets can be acquired through Edina. OS maps provide databases with a
searchable data structure allowing data integration. Other datasets, for example,
Historic EnvironmenRecords (HER) and HE datasets, are difficult to integrate without
time-consuming curation of the data owing to inconsistencies in, for example, data
entries and unsuitable data structure, which makes querying the data extremely
challenging if not impossi®l To overcome this problem, datasets were manually
adjusted during the compilation of the database for this project. The human
component in this research, introduced through manual cleaning of the location
database and manual annotation of the test datas@nnot be neglected. For

instance, decisions were made whether to include or exclude locations in the corpus,
such as disregarding points that were considered irrelevant to the research aim, for
example, pharmacies or surgeries. However, the result®wassessed and reviewed
several times to improve the algorithm and the database, creating a comprehensive
compendium of locations in the study area. In a similar way, the sentiment analysis
was assessed by me, introducing a certain level of subjectivatyeltr, | was fully
aware of bias and subjectivity during the analysis phase, and this kind of limitation is
part of all research projects that involve a human component. This testing and

evaluation process, once finalised, can save time in the subseguecgssing of
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qualitative data in the specific area and, therefore, justifies the effort and introduction
of researcher bias/subjectivity.

The visualisation created for this project comprises a map showing point data
and heatmap areas, which currently provide limited additional information. However,
more details included in the database and additional aspects, for example, sentiment
information connected to locations, would provide a broader picture of various
aspects of landscape impact and use. Equally, there was no distinction between
natural and cultural heritage aspects of the diverse locations. On the one hand, | do
not find this a valuhle distinction regarding using these maps as a management tool
for cultural landscapes in the broader context. On the other hand, this approach aligns
with the notion of managing landscapes as a continuous, viakeeand complex
ecosystem comprising theatural and cultural components. This approach connects
natural and cultural features that form cultural landscapes and addresses the various
requirements and challenges of mixed landscape form, such as human perception and
demands as well as nature anddlife protection.

The accuracy of the method to automatically identify and extract location data
gl a tAYAOUSR 0& GKS FYoATdzide 2F t20FrGA2y yI
Ay GKS tSF1 5Aa0NAOG o1 a4 ASOSNIE (GAYSa O2yT¥
regularlyin conjunction with Covid 9 and the behaviour of visitors. Another area of
improvement of the method lies in the regular use of abbreviated place names in the
O2ft2ldAlf &ALISSOK O2YY2y Ay {(¢6SSiad C2NJ SEI
{ O2 dzii Qa&ithril k€c®gniseld Both terms as separate entities but counted these as
a single entity, but less common abbreviations cannot be identified by the algorithm.
Furthermore, misspelt place names contributed to skewed frequency tables and
incomplete map overvies. The method of geospatial entity recognition is accurate to
almost 88%. Therefore, 12% of the identified locations are wrongly classditter as
UclrtasS t2arAdAgdSQ 2NJ UClItasS bS3IHIABSQD ¢KS ¢
tweets is, sbsequently, only reliable to a certain degree. However, as the main aim of
the method is to recognise broader trends and sentiments of groups and not to map
individual behaviour and movement precisely, the algorithm proves to be sufficiently

accurate.
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As notedin Sectior3.3.1.3the results of algorithms applied within the field of
rule-based text analysis heavily depends on the underlying database. In the case of
VADER sentiment this lexicon was developed in the US, which leads to issues of word
sentiment scores based on word ar@ng. Variation of word meanings between
American English (AE) and British English (BE) can lead to ambiguities that should be
I Oly26f SRASR® ¢KS $2NR UljdzAGSQ g+ a GSadsSR |
difference isoverallwhedzA SR 'a I Y2RAFASNE & Ays F2N S
numerous meanings in common use are listed in the Oxford Dictiéfding meaning
Ay GKAa OFasS OFly GSYR G2¢6FNRa Ug@SNE 3I22RQ 0
Ff 32NRGKY aK26SR | GFNARFYyOS 2FY UljdzAGS 3I22F
322RQY ndoyoHI UI22RQY ndnnnn dpodnd fesult; NB LINS & S
however, this would not notably change the overall result of the analysis and can,
therefore, be discounted.

Furthermore, the text analysis focused on keywords, their frequency and
correlation. While it is possible that the meaning of words can change when viewed as
bi-grams (tweword term) or trigrams (threeword terms), this research did not use
this method aghe focus. This research aimed to provide methods for a practical and
easy approach to visualising textual information, and for this purpose the analysis only

considered ungrams.

3.6 Discussion

The standard social media analysis processes in R and Python enable a thorough
interrogation of Twitter data collected from three Spring bank holiday weekends in
2019, 2020 (with Covid restrictions in place), and 2021. Steps in the analysis process
includekeyword and hashtag analysis, which provide the most frequently used terms
for a comparison across the study periods. The results have shown the introduction of
new words and hashtags associated with the pandemic. A shift in behaviour and

activities and ariations in locations mentioned frequently across the study periods has

27 https://www.oed.com/dictionary/quite adv
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also been noted. Overall, the analysis gave insight into trending topics and issues at

respective times. Working with the tweet texts allowed the identification of the most

frequent words and word associations with these, as well as with hertelg¢ed

tSN¥Yas adzOK Fa UKAAG2NRQZ UKSNAGIEISQ 2N gy2.
information for heritage and resource management of the national park. The study has

shown a trend towards local heritage sites following on from 2020, which was

dominated byCovid restrictions to movement and socialising. However, the results

have also shown that the statistical word association can highlight potential issues and

tensions that can be further analysed contextually for planning and action in landscape

and heritage management.

One of the two main aims of this study was to assess and present a
methodology for sentiment analysis with a focus on visually informative and appealing
outputs that engage the public as well as provide background for local authorities.
Sentiment analysigs an automated process, continuously struggles with the nature
of unstructured text, as presented in the form of Twitter tweets in this research.

Human sarcasm, double meanings, and irony are not sufficiently identified by
automated processes yet. Additially, automated processes and machine learning
introduce human subjectivity when preparing training datasets and corpora. The
manual analysis of the dataset for 2020 made it obvious how subtle and variable
meanings are expressed. The sentiment analysiseanoji visualisations highlighted a
notable increase of negative sentiment during the pandemic and its relaxation in the
following year. Overall, however, the positive aspects and attitudes towards the
National Park were dominant in all three study pesoEmoijis proved to be well

suited for conveying sentiment, as shown by the emoji cloud visualisations. A separate
test of emojtonly sentiment showed that this part of unstructured text can influence
the overall sentiment score of a tweet. The integratiof emojis in the sentiment
analysis was crucial owing to the frequent and increasing use of the symbols in social
media and the advantage of the instant understanding of meanings through emojis.
The second main aim of this article was to present a new method of location data
extraction from unstructured text. The ggagged tweet location and the freentry

user location in Twitter metadata have proved to be less useful for an analysis focusing
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on place attachment. In contrast, the method for automated recognition of locations
mentioned in the tweet texts, developed for this research, proved to be efficient,

highly accurate, and effective. The automated recognition of locations was achieved by
creating a gazetteer of locations provided and an algorithm that is able to extract the
places, landmarks, buildings and natural features by comparison with a dictionary from
tweet texts. While comparable algorithms in text mining softwaheady use a sifair
process (Named Entity Recognition), the innovative aspect of this research lies in the
method of compiling a gazetteer from existing databases providing a framework for
fine-grained entity recognition in specific areas. The accuracy of corpus andtaigor

of almost 88% provides a sound basis for a sufficiently detailed visualisation in GIS. The
visualisation shows a notable shift from favoured locations before the pandemic,
Y2a0Gfe F20dzaSR 2y UK2yS@eLRGaAQ yR 4OK202f I i
Castleton in a wider distribution across the study area, to natural beauty spots, such as
Mam Tor and Kinder Scout during the pandemic restrictibigufe3-13 and Figure

3-14). The reasons are most likely the ability to socially distanteese areas and a
welcome change of scenery for city dwellers. The temporary closure of businesses in
villages and towns across the Peak District during lockdown shifted the most
frequented visitor locations from villages and historic buildings towardoen

countryside. Being confined to local areas or even the home over a period of weeks
raised the awareness of the qualities of places in the vicinity that offered a change of
scenery, an opportunity to breathe, increasing the feeling of escaping to the
countryside. These conditions led to a high influx of visitors, with no economic
advantage for the region. Associated disadvantages, such as overcrowding, damage to
moors from barbecue fires and parked cars in undesignated areas, blocking local work
traffic, also contributed to the increase of negativity during the panddduoes and
McGinlay 202020). The most frequented places across the years can be found in the
flryRaOILIS I NRPdzyR 9RFfS FYR YAYRSNI {O2dziX 64K
initiative. The interactive webmapthat project provides on its websitshows areas

included in the peat restoration programme and areas heavily impacted by the moor

28 https://www.moorsforthefuture.org.uk/ourwork/moorsfor-the-future-partnershipmap
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fires. That project also collected and archived the local history and stories from
farmers, residents and ramblers between 2010 and 2012; these stories are a snhapshot
in time documenting important insider knowledgehat project provides a method for

a rolling social media observation of trends and insights, which would allow reacting in
reaktime to the challenges. The hotspot areas of increased visitor influx match areas of
peatbog restoration of the 'most degradédl Yy R& OF LIS Ay 9 dzNR LIS Q

3.7 Conclusion and Further Research

As shown, Twitter data can be used to gain insight into trends and sentiments of the
public based on specific key search terms. The interactive map of the most frequently

YSydAaz2ySR t20FlGA2ya Ay (6S8SGa T2tt26a GKS

l.:.l
of Paris(Milgram and Jodelet 199®6,Fg.8.6 YR YS@AY [ &y OKQa &1 Si

urban landscapefl.ynch 196Q)While these projects mapped social behaviour in urban
landscapes, the same principle can be applied in rural landscapes such as the Peak
District National Park, as shown in this study. The innovative method presented here
offers an efficient and effectestool for locationspecific entity recognition with an
accuracy of almost 88%. This process can be repeated, scaled, and applied to other
areas and landscapes. During the validation process, some issues of the automated
process were identified by directanual referencing of a sample dataset. Such
challenges are inherent in automated analysis of natural language and the subject of
the field of Natural Language Processing (NLP) and Named Entity Recognition (NER)
(Ritter and Clark 2011Further developments in this area, including advanced
machine learning, could improve the process. Potential development of the method
could lie in training a model that addresses the shortcomings of this algorithm and
further development of the compilain of areaspecific, sufficiently fingrained

location gazetteers.

29 https://www.moorsforthefuture.org.uk/aboutus
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Holiday 2019 (green) - 2020
(red) - 2021 (blue)

Figure3-14: Another option for visualising hot spot locations mentioned in tweets for the years22219in one 2[
map: point size based on weight (frequency) visualised in QGIS (Map created by M. Tenzer, basemap Map
Stamen Design, under CC BY 3.0. bpt@penStreetMap, under ODbL)
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Extracting and visualising geospatial data from unstructured texts will generate
data to benefit the public in three ways:

1. It will support heritage managers and local authorities managing places
impacted by tourism and provide a background for planning and
decisionmaking. Identifying locations with increased footfall, trending
positively or negatively in public opinion, anduging the emotional
relationship to landscapes, monuments, and historic buildings will
generate a more widely accepted and open planning process to
facilitate change.

2. Further development of qualitative data analysis in research will provide
methods and tools for interdisciplinary projects. Integrating data from
unstructured text into the mapping process has so far led to the
development of everyday applications, such@sogle maps traffic alert
and Google maps commute estimation.

3. The output of qualitative data analysis can produce visually attractive
output formats, such as emoji clouds or heat maps, which convey
complex information in a comprehensive and appealing form. This
format will provide a broader basis on which communigatbetween
local authorities and communities can be based and encourage public
engagement in change and development in extraordinary ‘everyday
flryRaOlILISaQo®

Cultural landscapes, such as the Peak District National Park, bridge the divide
between natural and cultural resources. However, this rich and diverse environment
also comes with challenges. To be better equipped to react to these challenges, this
methodolbgy and the results will be provided to the PDNPA to explore its application
YR dziAftAde Ay LINI OGAOS® ¢KS RFEGF gAff
initiative and the National Trust. The results of this project may provide background
information for the management and protection of these precious resources while at
the same time allowing people to enjoy the beautiful and rich landscape of the

national park.
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Supplementary material and additional information

The supplementary material for this paper consists of the code for the hashtag search,
which was used to create the dataset for this research. It can be found i.the
Appendixfor Chapter3: Appendix1. Full query cod® and renv dependency fitéare
also availablé€A. Appendix for Chapte8: Appendix2). The code for the place specific
NER is provided in th&. Appendix for ChapteB: Appendix3.

Furthermore, research using Twitter (now X) is currently not possible in the
form as at the time this research has been condudiedause the API is not accessible
anymore This is a common feature of the fastolving environment in which digital
and Al research is situated. A further example for such a development is the
interactive webmap, which was created and provided with the online format of the
publication. The inaporated basemap provided by Stanféna project funded by the
Knight Foundation for the creation and publication of maps under the Creative

Commons Attribution, has since been moved to be hosted by Stadiae Stamen

30 https://intarch.ac.uk/journal/issue59/6/fulitext.html

31 https://intarch.ac.uk/journal/issue59/6/renv.lock

32 hitps://maps.stamen.com/#watercolor/12/37.7706122.3782

33 https://maps.stamen.com/stadigartnership/
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basemap is in several map tiles not provided anymore and, therefore, only features
blank areas. However, changing the basemap in the webmap file provided for the
publication cannot be amended. The map can be viewed in the Open Streét Msp
integrated in the interactive webmap within the publication and provides, as a

community driven map project more stable dataset.

34 https://www.openstreetmap.org/about
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Abstract

The historic environmemt comprising a palimpsest of landscapes, buildings and
objects carries meaning and plays a crucial role in giving people a sense of
place, identity and belonging.épresents a repository of eveccumulating
collective and individually held valueshared perceptions, experiences, life
histories, beliefs and traditions. These social or private values are mostly
ascribed by people to familiar places within this ennirent based on the
ontological security which this everyday heritage provides. However, these
values are notoriously hard to capture and categorize. This makes it difficult to
incorporate them into heritagegnanagement strategies, which typically rely on
objective, factbased datasets. In this paper, we present a new methodology to
capture those elusive values, by combining Topic Modelling with the principles
of Grounded Theory. Results show that our novel approach is viable and
replicable and that these inggtant values can be effectively and meaningfully
integrated, thus creating more inclusive approaches to heritage management

than exist currently.
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4.1 Introduction

The historic environment is a generic and inclusive term that encapsulates the
landscape and all places within it that are considered to be heritage. The historic
environment is therefore a palimpsest, constantly evolving through the dual processes
of charge and creatior{Bradley et al. 2004 As such, this environment carries
meaning and plays a crucial role in developing a sense of place, identity and belonging
for its occupantgAvrami, Mason and de la Torre 2000; Council of Europe; 200;
Pendlebury and Gibson 2016; Ireland and Schofield 2015; Jones 2017; Pearson 1995;
Schofield 2014; Stephenson 2008; Tuan 1990; West 26L@&hermore, it is a
repository of collective and individually held values. These values create communities
OWKSNRAGI IS O 2Xvuidzyf EurcheS20@Bpshared pe@dpdions,
experiences, life histories, beliefs and traditions. Values are therefore routinely
ascribed by people to their familiar landscapes, neighbourhoods and places based on
the ontological security of this everyday heritage in dailydifd routine(Grenville
2007) People and the landscapes they occupy are thus intimately enmeshed and
meaningful places are deeply embedded in people's psyche, as demonstrated in recent
research by Gatersleben et €020) who used MRI scans to identify the activation of
brain areas associated with emotional responses to such meaningful places in ways not
found for either meaningful objects or neutral places.

People create a wealth of local knowledge and expertise through their
everyday social life. This information is vital for understanding what makes places
meaningful and valued. It should also be crucial for the management of those places to
acknowledge thevaried forms of perception vital for understanding what makes a
place important to people. However, these collective and individually held values are
diverse and hard to capture, making them difficult to incorporate into heritage

management strategies thare historically designed around objective factual data

1We focus on the presentation of the new method in this paper. A comparison with other
gualitative approaches lies beyond the scope of this study (for thisJ@ees 2017; Jones
and Leech 2015; Nardi 2014)
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typically based on datasets, such as the Historic Environment Records, finds databases
and historic maps. The shortcomings we describe in the following section provide the

justification for our approach.

4.2 Reviewing heritage values

A paradigm shift since the 196081 K S W O dzfr tadiziidrelachifigdealic&ions for
understanding the importance of values in the heritage sector and their creation
through the meaningnmaking of communities and individugBuan 198Q)The nature

of values was no longer seen as intrinsic in the fabric of the material world: buildings,
landscapes, sites, or thingBearson 1995, 308put as a construct and the result of
YySIA20A1LGA2Y 6A0GKAY RSY2ONXGAO a20AS0ASasz Oz
KSNRGF3IS o8& (Avendir®Y 279;Jdnes 201 NPV on the role of
heritage professionals and neexperts, and the concept of values in general, changed
significantly the heritage expert no longer had the monopoly of authority in defining
heritage significancéonnell and Hunt 1999; Cosgrove 2004, 57; Pendlebury and
Gibson 2016, -R).

However, while there is a consensus on the importance of recognizing people's
perceptions and local knowledge for a more sustainable way to manage and think
about heritage, practical solutions for the integration of people's voices in the
decisionmaking pocess have been slow to develop and become integrated into
heritage management. Heritage values are a particularly good example of these
shortcomings. Ascribed values, when identified and determined by heritage specialists,
can help to assess and deterraithe measures of management, inform statutory
heritage protection decision making and provide support appropriate for specific parts
of the historic environment. However, value categorization has been in dispute ever
since the recognition of the benefitd positioning locally held viewpoints on value and
significance alongside those of specialists, not least in terms of the tension created
between the benefits of such an approach (e.g. its inclusivity) but also the significant
challenges it entails (e.ds practicality).

The suggestion to incorporate locally held values into heritage management

systems was first promoted for heritage managers in the Amsterdam CHE@MOS
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1975) reinforcing the existing notion of public consultation and inclusion in heritage
decisionmaking. The Burra ChartdCOMOS 197%)d not mention this point before

the 1999 version (howCOMOS 2013However, Smith'€006)analysis of

international conventions and charters, such as the Athens and Venice Charters, but
also the Burra Charter, showed continued adherence to the principles of the

Authorized Heritage Discourse (AHD), defined by Sgp@ii6)as a dominant concept

2F KSNRAGF3IS YIyIE3ASYSyid KISE LISNIHNG RdyOR Y&

0KS Y2NI}f |dzikK2NRGE 2F SELISNIA&ASQd 2KATS
ideas about inclusion, its authoritative language still ndvedgss strengthens the
position of experts, albeit indirectly.

Public perception and participation was then integrated in the European
Landscape or Florence Convent{@ouncil of Europe 2000he Faro Convention on
the Value of Cultural Heritage for Soci¢Gouncil of Europe 20053nd in Historic
England'€Conservation Principlemcument(English Heritage 2008All these policy or
guidance documents called into question the comprehensiveness and inclusivity of
using only those objective, scientific value categories which provide the current
framework B. Appendices for Chaptet. Supplementary Material L They challenged
heritage managers to consider how much local knowledge and expertise is included in
heritage evaluations and how fluid they are, to take account of the changing social
fabric of an area over time, or people's changing opinions. Alongsiderid England,
another national agenay Natural England considers the natural and cultural value of

landscapes based on the perception of people, aligning closely witBuhapean

LijLK

0 K

Landscape Conventipreferred to earlier. However, while current studigzd S WLINR EA S & ¢
2N WaSO2yRINE YSIadaNBaQ G2 ARSYGATFeE LIS2LX S
ydzYo SNAR 2F F220L) GK& FyR OFNJLINJA & WwW2LLR

I OO S a a(Natufak ERglia@d®(15, 10)o timeefficient and effective method for
the collection of qualitative data has been developed, mirroring the situation for

cultural heritagé.

2They are also recognizing how problematic it is to distinguish the(ldaorison 2015)
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With these developments in mind, we ask: is the current value system on which
experts assess heritage fit for purpose? And is the valuation framework for
conservation, arguably exemplified by that currently offered by Historic England
(English Heritage 2008ufficiently forwarethinking and up to the task in a fast
changing world? This question of changing perceptions aligns with the growing
NBIFfATIFGA2Y GKFG GKS GSNY WKSNAGEFEISQ AdasStT
creating meaning and memory, monunities and identities. Value categories, it was
argued, should also be sufficiently flexible to adapt to societal change and
environmental pressur€Byrne 2008b; Dalglish and Leslie 2016; Harrison 2010; Jones
2017; Jones and Leech 2015; Waterton, Smith and Campbell.2006)

Against this background, we explore and critique the current value categories
described inConservation PrincipleAs a significant departure from current
applications, we propose an innovative approach which involves identifying those
hard-to-obtain but important values held by local people and their communities. This
approach will address the lack of inclusion ebple's perceptions and the dynamic
quality of social valuésas an ongoing challenge for heritage and landscape

management. We use Topic Modelling to identify latent or emerging value themes

3¢2 FT@P2AR  O2y¥FdzaAizy 2F (KS gARSte& dzaSR GSN¥Y u
(also afterJohnston 1999 we decided to avoid this term as a subcategory for the
Communal category as defined by English Heri{2668) The category has been
NEBYl YSR Fa WLINAGIFGS @I fdzSQ AyOfdzRAYy3a GKS Tl Y
individuals(see alsdModesto and Waterton 2020)
41t has to be noted that the data source and method of data collection represent a
convenience sample and are limited and biased by various factors inherent in this
approach, i.e. online accessibility, IT literacy, general interest in heritage, interest in
participating in local heritage, exclusion from access to the countryside and heritage, etc.
The survey showed that 54.2 per cent of participants were in the age bracketg @3 56
and a further 20 per cent in the age bracket ot86. 91.6 per cent ideni#d themselves
as White British which reveals a limitation of the result towards the dominant resident
group. 54 per cent were female participants as opposed to 43 per cent male, 1 per cent
nono AyFNE YR H LISNI OSyid 6K2 yagSNBR WLINBTSNI
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from a public survey, providing the individual stories (the intangible element) of
WSHSNERI & KSNRGI Frthaedappréashdo gRaditFiGeNdta. We/ 2 LISY
propose Natural Language Processing (NLP) and Machine Learning (ML) with a focus
on Topic Mdlelling as a method, following basic principles of Grounded Theory for
improving the system of valuation in heritage managem@&tiarmaz 2006; Creswell

2017, 276) Following Grounded Theory means a first investigation of the data free of
the researcher bigs with no predefined codes or assumptions. The themes latent in

the data are explored as they emerge and in a later phase of the study are structured
into a framework of topics. The results are correlated with the current framework of
values as applied byistoric England, suggesting how new categories could help to
address the changing expectations, needs and demands of the public, partly developed
as a reaction to a changing world after the COWIpandemic and the increasing
pressures on natural and cuhal landscapes that have emerged as a reiG&ibzarly

and Srour 2021; Historic England 2022b; UNESCO 2021b)
4.3 Data sources and methodology

4.3.1 Overview of the method

To explore ways to capture social values in a form that can be used within the planning
process and in heritage management decisioaking requires a method that is

efficient and scalable. Here we use Topic Modelling to present place attachment in a

® As a researcher bias, wiefine the preconceived assumptions that are noted at the
beginning of a qualitative research process to ensure that this bias is clarified throughout
the process. However, other sources of bias are introduced in other stages of the

research similar to otlr qualitative methodologies.
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format that can be used for categorizing individually held values in cultural landscapes.
We will first describe the method before going on to deliver a proof of concept.

While this novel methodology is based around two areas in the UK, it is transferable to

Study areal

Study area 2

; {urban)
Data sources: Subject group 1 Subject group 2

v
T e ———

Data collection: Section 1: “Which places matter most to you in the
Peak District or Sheffield and why?” up to 5 places
Section 2: General Questions
Section 3: Questions on local heritage and local
character in general

Visualisation as
“Story Map”

Manual spatial
data cleaning

Data preparation:

NLP:
Data cleaning:
Data preprocessing and preparation for further
analysis (stories)

v

Tonls Modelling:

Algorithm identifies and clusters stories
Automatic labelling of the clusters

Data sorting:

Manual
Assessment
Assessing
modelled topics
and annotation

Direct observation:

Data categorisation: Manual
Categorisation
Developing a value
catalogue based on
direct observations

Visualisation as
“Value Map”

Automated data

categorisation: Trained Model:

Trained model identifies and clusters new stories
and labels according to set value catalogue
automatically

Figure4-1: Detailed methodology developed in this research. The aim is to create the topics based or
Waid2NASaQ 2F adzNBSe LI NLGAOALI yGa FyR O2NNBft I
Conservation Principles (English Heritage 2008¢neling the current value catalogue. (Green: manual
process; blue: computed process; red: outlook; yellow: visualization.)
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any context where local authorities have capacity to routinely use survey data or
online portals to record people's interactions with or feelings about a place.
The flowchart irFigure4-1 details the process applied in this research.
Residents of two study areas were asked to provide five favourite places that matter
Y2340 G2 0GKSY YR Waa2NRSaAaQ Fo2dzi GKSANI LISNA
were then fed into a Topic Modellirejgorithm to get a first, biaseduced insight into
the latent themes within the data and preliminary topic labels summarizing the topic
clusters. Direct observation then allowed evaluation of the modelling result and an
assessment of the usefulness ofglsipproach. The annotated data were subsequently
categorized based on the value catalogue provided by Historic Englamakervation
PrinciplesVisualization in GIS can be created at two stages of this process: in the form
2F | Waid2NE of tondflunicasion GekvBen ictalzadtioritids and
NBEaARSyGaT FYyR Ay GKS F2N¥Y 2F + W@t dzS YI LX

with the potential to provide background information for planning purposes.

4.3.2 Study areas

Two study areas were identified for this project: the City of Sheffield and the Peak
District National Park, both located in the north of Engldfidre4-2). These

locations were chosen to offer insight into the enmeshed relationship between people
and places amongst a combination of urban and rural communities. Additional
methods include irdepth interviews and a social media analy3isnzer 2022; Tenzer

and Schofield 2093While the district of Sheffield overlaps with the NatioRalrk, the

two landscapes are in many respects different and distinctive. Residents of both areas
are closely connected to the landscapes of both study areas through leisure activities,
work and shopping, cultural activities and educational organizatidms.ifitegration

was considered an advantage when selecting the two study areas.
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Figure4-2: Study areas: Peak District National Park and Sheffield city. Residents of these areas were invitec
LI NIAOALI GS Ay + adz2NWBSe |yR LINR@GARS dzlJ G2 FALBS °
connection. (Map created in &ldata contain OS data © Crown copyright and database right 2022. Map tile
Stamen Design, under CC BY 3.0. Data by OpenStreetMap, under OdbL.)
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The Peak District National Parkhe first designated National Parlcovers an
area 0f1438 sq. kmat the time ofwriting (PDNPA n.d.)The Park includes various
archaeological and historical sites frahe Palaeolithic to recent periods, including
prehistoric burial mounds, henges astbne circles, medieval field systems and
settlements and posmedieval industrial sites, including stone quarrikss a place of
residence for approximately 38,000 peophg the point of writing, the Peak District
National Park has 2900 listed buildings, 109 conservation areas and 450 scheduled
monuments, all of which involve various degrees of statutory proteq®tibNPA n.d.)

Sheffield lies to the west of the Peak District National Park. It is dominated by
seven hills and two universities, covering an area of 367 sq. km with approximately
556,500 residents. It is best known for its industrial heritage. Today, both visitors and
residents favour the town for its multicultural character, the wide offer of cultural
events and the quality of an outdoor city with its vicinity to the National Park. There
are currently 1200 listed buildings, 38 conservation areas and 43 scheduled

monuments in the city.

4.3.3 Survey method

Residents of the Peak District National Park (PDNP) and the City of Sheffield were first
invited to participate in an online survey. The online questionnaire was published
through the channels of both local authorities, the Peak District National Park
Authority (PDNPA) and Sheffield City Council, comprising their websites, social media
channelsi(e.,Facebook, Twitter, Instagram, LinkedIn) and a specific mailing list of over
4500 recipients in Sheffield. Participants therefore included residents of thestety

areas exclusivelywho selfidentified as residents of either study area. In total 476
responses were received. Fomyght participants identified themselves as residents of
the PDNP and 386 as residents of Sheffield; 42 participants did not answer this

guestion.

6 https://www.sheffield.gov.uk/

"This was reinforced in the publication text on social media and as one of the first survey

guestions (se®. Appendices for Chaptel Supplementary Material 3
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The survey questionnaire consisted of three sections: general information (such
as place of residence, age, ethnicity, and level of education); the question which places
matter most to the respondent, and why; and questions on their perception of the
localheritage and landscapes (sBe Appendices for Chaptet. Supplementary
Material 3). Questions in sections 1 and 3 were multipleice. To allow the most
flexibility and subjectivity in the second section, respondents were given the
opportunitytoenterk £ 2 OF GA2Y 2y |1 thelpddonalfdasomnifer&A NJ Wa (i 2
connection to the place as a freetext entry of up to 300 words. To identify more
places of individual importance, the respondents were asked to enter up to five places
in one questionnaireNot all respondents provided five places as requested. The
average was just over one place/response per respondent, resulting in 547 places, of
which 509 provided a story, experience or perception of heritage, landscapes or
history relating to one of thewo study areas.

The survey responses were downloaded and imported into a Geographic
Information System (GI&)The dataset was then cleaned. This included: eliminating
places not located within the study areas and repositioning locations set in the wrong
place (determined by written input in the location field). The participants provided 174
favourite places infte PDNP and 298 in Sheffield. The intersection of the study areas
included 60 locations. Eleven locations close to but outside the study area limits to the
east of the City of Sheffield were included as the locations were close to the boundary,
i.e.,Buxton (sed-igure4-3).

The online questionnaire for this research followed the principle of offering a
low-cost/costfree, practical solution for survey design by using the Qualtrics soffware
and an embedded Google Maps map. This questionnaire allowed the participants to
use a familiar map interface to locate and pin a location, which automatically provided
geospatial coordinates for the GIS map analysis to create georeferenced stories.
Whereparticipants were not able to locate the place on the map, they could also enter

locations as free text. In this case a Named Entity Recognition process was used as

8In this project we use QGIS, a free, ofzemirce platformhttps://www.qgais.org/en/site/

9 https://www.qualtrics.com/blog/qualtricssurveysoftwarefree/
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detailed in Tenzef2022) The data were then ready to be preprocessed for analysis

with NLP and TM.
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participated in an online survey. The participants were asked to provide up to five places that matter most t(
and give an up to 30@ord descption of the reasons for the connection to these places. (Map created in
QGIS/Leaflet, © OpenStreetMap contributors; data contain OS data © Crown copyright and database right
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4.3.4 Natural Language Processing and Topic Modelling

NLP and TM are emerging methods for data analysis that are particularly relevant to
qualitative research. Heritage and landscape studies have yet fully to appreciate and
integrate the opportunities offered by these tools (but d8erdoni, Mele and Sorgente
2016; Condorelli et al. 2020; Fiorucci et al. 2020; Matrone et al. 2020; Verscaoof
der Vaart et al. 2020)The Council of Europe actively encourages the use of Artificial
Intelligence (Al) in all sectors, including heritd@eaviglia 2022)as a result of
increasing interest in Text Mining and Machine Learning/Topic Modelling for
computational language analygiSoerz and Scholz 2010; Sassolini and Cinini 2010;
Sporleder 2010)Our research applies Al in line with these projects, using NLP
algorithms, to model categories of values based on perceptions, experiences, concerns
YR @AaArz2ya 2F NBaARSyda 2F GKS Gg2 addRe |
by the online sureys.
TM is a timeefficient method to analyse qualitative data and has been tested
for its capabilities elsewhere (e 4bram, Mancini and Parker 2020; Cai et al. 2021,
Franzosi, Dong and Dong 2022; Ginzarly and Srour .2021¢ importantly, this
YSGiK2R 2F GSEG tylfeara Ffftz2a GKSYSa FyR
data to be captured without preconceived codes. This approach aligns with the
underpinning elements of Grounded Theory (eGharmaz 2006; Odacioglu and Zhang
2022y DNR dzy RSR ¢KS2NEBR A& dzadzZlffe& FLILXASR WHK!
LIK Sy 2 Y &¥fud Vi) Birks and Francis 2Q0)in the case of this research, where
traditional thinking dominated by experts (often referred to in the context of an
Authorized Heritage Discourse: sgxhofield 2014; Smith 2006; Waterton, Smith and
Campbell 2006is preferably avoided, exploring the connection between people and
places, perception and plagaaking, in a narrow and individual sense, without the
bias of preconceived expert knowledge.
The following steps are part of the analysis shown in the flowchdfigare
4-1. To undertake this analysis, the survey data were downloaded. Coordinates, place
names, stories and photographs were extracted from the survey datasgparating
these from the demographic dataand then cleaned and preprocessed with

textmineR eliminating places not located within the study area and relocating pins set
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in error. The resulting data set was then fed into the NLP toolchain using R and Python
routines in RStudio.
The five steps of the Topic Modelling process are as follows:
1. Data wrangling: cleaning text, lemmatizing, stemming, removing stop

words, creating a DocumentTermMatrix.

2. Choosing a model algorithm: the R package textmineR provides an
innovative method of topic modelling and labelling (currently under
development at George Mason University, USA, by Tommy Jones: see
Jones 2021; Jones, Doane and Attbom 202hjs unsupervised
machinelearning model uses unlabelled data and implements the
Latent Dirichlet Allocation algorithm and Gibbs Samp(Bigi, Ng and
Jordan 2003)It creates word clusters and identifies topic labels based
on the probabilistic distribution of words over topics and topics over
documents. This means that each topic is a combination of keywords
which have a specific importance (weight) contributingre

weightage of each topic.

3. Running the model and adjusting parameters: most of the parameters
were left to default settings, while the number of topics and iterations
was optimized. The model iteratestimes over the data and provides
information on the topic coherence level atdpics(Figure4-4). This
means that the model in our case attempts 4000 times to make more
sense of the relationship between the documents and to create more
meaningful clusters where documents relate more closely to each

other.

4. Choosing the optimal number @dpics: coherenceRigure4-4)
measures the degree to which the documents (stories) in a topic show
high semantic similarities and support each other in their statements.
This gives us the model we want to choose for further analysis. In our
study, 40 models were created, and the besherence is provided at

35 topics(tqx94 2022) After 35 topics, the coherence score flattens
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out, meaning that a greater subdivision of the data would not provide
any more coherent and meaningful topic groups. The coherence is not
very high in our case and more data would help totmee the model.

Nonetheless, this gives a good starting poortthe manual analysis.

5. Topic labelling: labels are based on the most frequently appearing key
terms in the documents/stories of each cluster-goams: two closely
associated words in a textfrigure4-5)(tqx94 2022) Labels created in
this process are not meaningful titles, but give a good indication of the

dominant theme in each cluster.

Using this unsupervised learning method prevents the introduction of
researcher bias in the next step of data analysis, which is comparable to the coding
phase of text in other approaches, such as NVivo, as the algorithm has completed the
clustering indepadently and created a priabelled dataset. This approach follows to
the tenets of Grounded TheofCharmaz 2006)0ur attempt to capture the themes
latent in or emerging from the data themselves opposes the commonly used and
widely criticized approach of applying codes or categories and trying to fit the data into
these codes, introducing bias and issues with rditgtand validity(Banks et al. 2018;
Welsh 2002)The approach of creating two-gram label variants per topic has proved
to help identify the themes more accurately (Label 1 and Labdid)l¢4-1).

Following the Topic Modelling process, the dataset was exported and the
labelling by the algorithm was manually assessed in a direct approach to observe the
coherence of the topicd.au, Newman and Baldwin 2014#) the same step, the most
dominant topics were identified manually and compared to the suggestions made by

the algorithm.
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Best Topic by Coherence Score
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Figure4-4: The Topic coherence gives the degree to which documents in one cluster are closely related. This depenc
size of the cluster and the number of topics chosen. For example, if we subdivide the documents into four differehéetc
documents hge less coherentesimilar semantics and supporting the statements of each athlean at the point of 35
clusters, where the number of documents in one cluster is smaller but the relationship between the documents highe
topics the coherence is higsteflattening out with more subdivisions. Therefore, 35 topics will provide the best first insi
into the latent topics within the documents (tqx94 2022).

A manual evaluation has shown that some of the topics are related to heritage, history
and archaeology (Robin_Hood, industrial_heritage, steel_industry, list_building), while
others are related to private life and community (friend_family, happy_memory) or
aesthetic values (great_view, natural_beauty). However, t@belling still needs

human input and dataset structuring for meaningful labelling and categorization of the
data. The application of the algorithm does not fully replace manual assessment and
fine-tuning of codingCai et al. 2021; Chang et al. 2009; Leeson et al. 2Dil8Yir data
model, the manual categorization was subsequently carried out to understand on what
basis the documents were clustered (top terms) and if the clustering proved

meaningful.
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Height

0.15 0.20 0.25 0.30 0.35

t_26 robin_hood
t_13 grade_list

t_35 close_heart }
t_8 industrial_heritage

t_14 special_place
t_32 lead_mine :l—
t_21 walk_dog
t_34 bear_bring —

t_2 part_local
t_17 favourite_place :I—
t_7 architecture_building
t_27 steel_industry :l_

t_15 city_centre

t_22 open_space
t_25 year_ago
t_9 hope_valley

t_5 easy_walk
t_1 rivelin_valley
t_24 family_live }
t_11 friend_family
t_6 young_child
t_20 happy_memory }
t_16 great_place
t_29 place_walk
t_33 good_place :_
t_19 place_feel
t_30 lovely_walk
t_31 love_walk }
t_23 great_view —
t_28 fresh_air ——

t_3 forge_dam —
t_10 great_walk
t_12 part_life :—
t_4 national_park
t_18 green_space :,_

Figure4-5: The Cluster Dendrogram shows the 35 topic clusters with their respective labels chosen by the nr
process. The levels (Height) showdhmilarities of topics. Topics in the lower level of the diagram on branches
together show topic clustef K i Kl @S GKSYSa Ofz2asSte NBfIGSR (2

G2LIAO MHY WLI NIgtAFSQ O2yaral 2F R20dzySyida 2N wi
dzy RSNJ i KS NBALISOUGADBSAZVWIOSE LD NIAY A Yy RI BZLIN@ LMY nW3
similar theme. At a higher level, all four clusters are related to eachwtoea lesser degree than at a lower leve
odzi Y2NB Of2aSfteé& NBfIGSR GKFEyTZ F2N SEFYLX ST (2 LY
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Table4-1: Following the Topic Modelling process, the optimal number of topics (35]
chosen to create labels for the topic clusters. The labels are based on the most fre
key terms in the documents/stories of each topic cluster. Labels vary iijtaditry,

which makes a manual evaluation necessary.

Topic Label 1 Label 2

1 rivelin_valley bear_bring

2 part_local start_point

3 forge_dam play area

4 national_park car_park

5 easy_ walk endcliffe_park

6 young_child child_grandchild
7 architecture_buildingback yard

8 industrial_heritage |industrial_history
9 hope_valley walk_edge

10 great_walk natural_beauty
11 friend_family meet_friend

12 part_life amaze_view

13 grade_list list_build

14 special_place post_office

15 city_centre close_city

16 great_place place_visit

17 favourite_place enjoy_walk

18 green_space rich_history

19 place_feel walk_home

20 happy_memory lot_memory

21 walk _dog cricket_pitch

22 open_space botanical _garden
23 great_view easily_accessible
24 family_live family tree

25 year_ago live_year

26 robin_hood beautiful _build
27 steel_industry portland_work
28 fresh_air good_view

29 place_walk good_place

30 lovely walk place_walk

31 love_walk walk_area

32 lead_mine geological_historical
33 good_place huge_amount

34 bear bring bakewell _pudding
35 close heart area_close
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4.3.5 Value categories and perception correlation

In the third step, the data were manually coded and the quality of the topic clusters

and labels was assessed. To correlate these emerging values based on the experiences

and perceptions of people with the value categories set by HE (Historic England since

2015, formerly English Heritagégnglish Heritage 2008ach document was allocated

to one of the following value categories (subcategories): evidential value, historical

value (associative, illustrative), aesthetic value (design), communal value (social

ONBYl YSR Z WIANRYSBIYRNG 6§ A FS>S ALIANRGAZ f 0D ¢KS

values were developed to be more nuanced regarding the variety of aspects of stories,

accommodating elements that did not fit into the HE categories. Also, a new category

capturing the conceptfonature in people's perception of landscape values was

integrated to address the increasing awareness of valuing the environment in view of

climate change and biodiversity lo§sable4-2). This was also necessary to overcome
Table4-2: Historic England's value categories as set out in the Conservation Principles (English Heritage 20
Additional nuance to these categories is proposed based on the underlying themes identified in survey date

additional values (shaded cells) adds societal trends and the changing and dynamic demands and needs of
residents in the Peak District National Park and the city of Sheffield following the-C&@DydBdemic.

Categories

Historic England Sub categories Description

Evidential value derives from the potential of a place to yield evidence about

Evidential Value past human activity.

Historical value derives from the ways in which past people, events and
Historical Value lllustrative, Associative aspects of life can be connected through a place to the present.

Aesthetic value derives from the ways in which people draw sensory and

Aesthetic Value Design intellectual stimulation from a place.

Private (compared to public) heritage values are commonly overlooked as
Private Afamily historyd with no place in
common good.

Communal Value Communal value derives from the meanings of a place for the people who
Commemorative, Spiritual |relate to it, or for whom it figures in their collective experience or memory.

Aspects of landscapes and environments that afford a communal experience

Arts & Culture of culture, entertainment or learning.

Nature values derive from the quality of green spaces, biodiversity, wildlife.
Health value derives from the qualities and opportunities of a place or
Green space Value [Health landscape that provides space for outdoor activities, in particular developed
during the COVID-19 pandemic.

VC2N) WLINAGIGS o fdzSaQ ass
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the diametricalopposite division developed in value systems over the past decades,
dividing cultural/natural landscapes, tangible/intangible elements, and
learning/mental health approaches to heritaga subdivision rarely evident in the

daily experience fothe environment

4.4 Results

In this section we present the results of the modelling process, direct observations and
manual annotation for correlation with the values defined in Historic England's
Conservation Principles. We do this by first introducing the results of the TM. We then
describe the manual observation of usefulness of the modelled topics and labels.
Finally, we summarize the results of the correlation and describe the development of a
more nuanced division of communal values as identified in the survey data.

Results show that people's perceptions correlate with some of the value
categories of HE, showing that the expert definition of heritage values is capable of
capturing parts of the individually held values. Our bottamapproach can be aligned
with the expert-led approach to find a common ground for heritage value

categorization.

4.4.1 Modelling categories

As suggested iRigure4-4 and illustrated inFigure4-5 and Figure4-6 the modelling
computed 35 clusters as an optimal topic number. The sizes of the clusters varied from
five documents/stories (Topic 35) to 33 (Topic 6).

The TM approach provided mixed results. Some documents did not provide a
story and were not included in the clustering (n = 37). Other documents provided
stories that were too short (just one or a few words), which did not allow the
algorithm to cluster ira meaningful way. These documents were labelled O (n = 20).

However, during the manual process, these documents could still be allocated to one

7 A

2T (K OF 4§SI2NASad C2NJ SEIF YLX S WYl I3A0If
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W{ LIANR @z 6§ RSOt S GA2Y W{dzNLINRAAS +AS6Q 6AGK
GONBFIKGF1TAYy3IeQ O02yGlFAYyAy3d GKS 1S@62NR WOA S
GAOK W SAGKSGAO0Q QI tdzST GKS t20FGA2Y WYAYRS
W{ONJ YOt AY3IQZI GKAOK gl a Fyy20li0SR gA0K GKS

Figure4-6: Result of manual evaluation of the topic modelling process. Document count over topics, showing
number of documents (stories) allocated to the corresponding value categories as defined by Historic Engle
counts (red) show the dominant valaategory in a topic cluster. Rows with yellow cells (low counts) show
AYO2KSNBY(d (2LA0E ¢6AGK KAIK @GFNRAFGAZ2Y Ay @bt dzSa«
value, dominates in the assessment.

' We recognize that this blunt interpretation could introduce interpretative limitations and
GKFG tFroSttAy3 | LXFOS RSAONAOGSR a WYl 3IAONTE
conventional definitions of spirituality. However, categorization demandsgaee of

flexibility and decisions that may not be free of limitations.
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