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Abstract 

The historic environmentτcomprising a palimpsest of landscapes, buildings, and 

objectsτcarries meaning and is crucial in giving people a sense of place, identity and 

belonging. It represents a repository of ever-accumulating collective and individually 

held valuesτshared perceptions, experiences, life histories, beliefs, and traditions. 

These elements afford meaning-making, developing social values, and, subsequently, 

place attachment. 5ŜǎǇƛǘŜ ǘƘŜ .ǳǊǊŀ /ƘŀǊǘŜǊ ŀƴŘ CŀǊƻ /ƻƴǾŜƴǘƛƻƴΩǎ ŀǎǇƛǊŀǘƛƻƴ ǘƻ 

include people in the assessment process, individual, subjective, or emotional 

connections to place are often overlooked within heritage decision-making. Most 

changes to landscapes happen as part of the planning process, which is not currently 

able to account for individual connections but is based on views expressed in the 

language of the Authorised Heritage Discourse (AHD). 

This research addressed the challenge to collect, analyse and meaningfully 

integrate individually held values into the assessment framework of heritage and 

landscape management. Artificial Intelligence methods, particularly Natural Language 

Processing and Topic Modelling, were successfully applied to survey, interview, and 

social media data to analyse the places and reasons behind the development of social 

values and place attachment. Categorisation, based on elements of Grounded Theory, 

and their visualisation have shown that individually held values form patterns of social 

values across wider landscapes. The people and place-centred method of Social 

Landscape Characterisation (SLC), resulting from this research, collects, analyses, and 

visualises these invisible or hidden value communities based on the same meaning 

(category value) or location (place value) as shared values across landscapes. 

SLC provides a method for inclusive and transparent heritage and landscape 

ƳŀƴŀƎŜƳŜƴǘ ƛƴŎƭǳŘƛƴƎ ǇŜƻǇƭŜΩǎ ƛƴŘƛǾƛŘǳŀƭƭȅ ƘŜƭŘ ǾŀƭǳŜǎ ƛƴ ŜȄƛǎǘƛƴƎ ŀǎǎŜǎǎƳŜƴǘ 

frameworks of planning and decision-making. People-centred, place-based heritage 

and landscape management can increase the quality and distinctiveness of landscapes 

for managing the historic environment in a socially sustainable way for present and 

future generations.  
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Chapter 1:  

Introduction 

 

 

 

 

 

 

 

 

 

1.1 The study in context 

Since ancient times, Greek and Roman cartographers have created maps for different 

purposes: to structure the world, give orientation, colonise or control new territories, 
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navigate by sea or on land, or define areas of ownership and land use. In the mid-15th 

century, an extraordinary world map was drawn up by the Venetian monk and 

cartographer Fra Mauro (Brotton 2015, 75). This revolutionary map was created from 

earlier maps and historical documents and included spatially referenced written and 

oral histories of travellers, with over 3,000 descriptive texts artistically integrated 

(Figure 1-1). 

Recently, this form of visualising the essence or character of a place has been 

revived as Ψdeep mappingΩ (Bodenhamer et al. 2015; Harris 2015) almost 500 years 

ŀŦǘŜǊ CǊŀ aŀǳǊƻΩǎ ƳŀǎǘŜǊǇƛŜŎŜ ƻŦ ŎŀǊǘƻƎǊŀǇƘȅΦ Following form what is now referred to 

as a Ψspatial turnΩ and a Ψcultural turnΩ (Cosgrove 2004, 57; Earley-Spadoni 2017, 95; 

Jahn and Buchholz 2010, 511; Pendlebury and Gibson 2016, 1-2), this provides a tool to 

ǊŜǇǊŜǎŜƴǘ ǇŜƻǇƭŜΩǎ ŜȄǇŜǊƛŜƴŎŜǎΣ ƭƛŦŜ ǎǘƻǊƛŜǎΣ ōŜƭƛŜŦǎΣ ǘǊŀŘƛǘƛƻƴǎ, and favourite places. 

Figure 1-1: World map drawn by Fra Mauro (around 1450) including texts of travellers (source 
https://en.wikipedia.org/wiki/Fra_Mauro_map#/media/File:FraMauroDetailedMap.jpg) 
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Connections between people and places create an archive of local knowledge on 

everyday heritage that gives people meaning, a sense of identity and belonging. This 

sense of place can be translated as social values that constitute the quality of places.  

Understanding such qualities of place provides a crucial background for 

planning and decision-making. This process has been gradually transferred from 

central to local governments, integrating local ǇŜƻǇƭŜΩǎ ǇŜǊŎŜǇǘƛƻƴǎΣ Ǿƛǎƛƻƴǎ, and needs 

and thereby creating places with qualities that benefit local community coherence and 

well-being (United Nations 1992). Additionally, national guidance and international 

charters and conventions encouraged the dialogue between experts and laypeople, 

drawing from local knowledge and empowering communities (e.g., Council of Europe 

2000; 2005). At the same time, the focus of local policies shifted towards creating 

resilient communities and heritage, and the historic environment is increasingly seen 

to support well-being and community cohesion. Fostering a sense of place and 

belonging has advanced as a key principle in place research and in local planning and 

community initiatives (e.g., Cresswell 2015; Feld and Basso 1996; Jones and Leech 

2015; Seamon 2020). Appreciation of heritage and connection to place was seen as 

positively creating place attachment (Lewicka 2011; Altman and Low 1992) and a sense 

of belonging and identity (Feld and Basso 1996; Graham, Mason and Newman 2009; 

Jones 2017; Madgin and Robson 2023; Nardi 2014; Tuan 1980). A deep connection to 

place as ŀ ŦƻǊƳ ƻŦ Ψ¢ƻǇƻǇƘƛƭƛŀΩ (Tuan 1990) can include everyday and mundane places 

as well as designated heritage as defined by heritage experts. The aims and aspirations 

of government advisers, such as Historic England in the UK, and international bodies, 

such as the UNESCO ICOMOS and the Council of Europe, regarding landscapes and 

communities, have been influential and forward-looking. In the past 50 years the need 

to develop tools and methods for practical applications that put these ideas and 

aspirations into practice have led to a wide range of academic research projects (Social 

Value Toolkits), local government initiatives, community projects, and programmes 

from organisations such as Historic England (HLC, Conservation Principles and 

Everyday Heritage grants). 
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Historic Landscape Characterisation (HLC), developed by English Heritage1 since 

the early 1990s (Historic England 2021) (see Figure 1-2 for an exemplary view of HLC), 

was developed to capture the character of a landscape based on the historic 

development of areas. This principle implies that all landscape is the product of human 

interaction and, therefore, culturally  or socially constructed (Bradley et al. 2004, 6; 

Byrne, Brayshaw and Ireland 2003, 50; Byrne 2008, 155; Darvill 1999, 107; Phillips 

2005, 20; Schofield 2014, 2). HLC was designed to support local authorities in planning 

and development as one component of a modular framework within the planning and 

development process (Clark, Darlington and Fairclough 2004). A further tool in the 

framework for planning and development control was created with Landscape 

Character Assessment (LCA), which provided more opportunities for the integration of 

local peopleΩs needs and values (Tudor 2014). These expert-led methods aspired to 

include experiences and attachment of the communities, integrating local knowledge 

as a background for local planning in a proactive way. Several projects detailed and 

discussed later in this chapter successfully engaged local communities and contributed 

to positive change and development of places. However, the meaningful integration of 

social value ς of ΨǎƻŦǘΩΣ ŦǳȊȊȅΣ ƛƴƘŜǊŜƴǘƭȅ ǎǳōƧŜŎǘƛǾŜ Řŀǘŀ ς in (apparently) objective, 

fact-based heritage data sets that fed the decision-making process in local planning 

and define significance in designation processes for heritage assets has long been seen 

as challenging, if not impossible (Dalglish and Leslie 2016, 217). 

This thesis will propose an innovative method for social value analysis and 

situate this approach within the wider research context. This research will present 

social value mapping of individually held values on a landscape scale, which can feed 

into existing social value projects that are commonly site and group focussed. 

Firstly, this thesis will provide an overview of current approaches to and tools 

for social value and place attachment assessment. Through discussion and critical 

review of existing tools and methods for social value, research gaps will be identified, 

for which this thesis will provide solutions. Changing perspectives and attitudes in 

 

1 English Heritage split into Historic England and English Heritage in 2015. Research and 

consultancy, including the HLC project, are ƴƻǿ ǇŀǊǘ ƻŦ IƛǎǘƻǊƛŎ 9ƴƎƭŀƴŘΩǎ ǊŜǎǇƻƴǎƛōƛƭƛǘƛŜǎΦ 
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heritage discourse and social value research over the past decades will provide a wider 

context for this research. Furthermore, the topic of categorisation, narrative 

approaches and mapping of social values will be elaborated on.  

Figure 1-2: HLC map of the Peak District National Park Authority and Sheffield City (map created in 
QGIS, data by ADS). 
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Secondly, this thesis will offer a methodology towards understanding and visual 

ǊŜǇǊŜǎŜƴǘŀǘƛƻƴ ƻŦ ǇŜƻǇƭŜΩǎ ΨǎǘƻǊƛŜǎΩ and personal connection with places by defining 

social values as reasons behind a strong place attachment to living and working 

environments. The methodology is based on adopting and adapting AI techniques and 

translating the results to spatial data visualised in digital maps. One aspect of this 

ǘƘŜǎƛǎ ǿƛƭƭ ŦƻŎǳǎ ƻƴ ǘƘŜ ŘŜŦƛƴƛǘƛƻƴ ŀƴŘ ƛƴŦƭǳŜƴŎŜ ƻŦ ΨŜǾŜǊȅŘŀȅΩ ƘŜǊƛǘŀƎŜ ǎƘŀǇƛƴƎ working 

and living environments and landscapes and explore what role it plays in creating place 

attachment. 

Thirdly, this research will demonstrate how this data can be translated a layer 

in socially sustainable heritage and landscape assessment frameworks, representing 

crucial background knowledge for local authorities to avoid tensions and conflict with 

local communities in the decision-making process. Finally, practical mapping will 

demonstrate how this methodology can feed into a guideline for socially sustainable, 

proactive planning and demonstrate its potential in practice to promote the use of this 

tool for inclusive decision-making. This method has the potential to enhance dialogue 

between local governments and the public and identify highly valued places on a 

landscape scale and in different environments, aiding a better understanding of 

people-place connections. This crucial background enables proactive planning for 

socially sustainable heritage and landscape management, enhancing the quality of 

places and strengthening ǇŜƻǇƭŜΩǎ sense of place, belonging, and identity. 

1.2 Review ς social value assessment, mapping, and toolkits 

1.2.1 Introduction 

The first projects focussing on the connection between people and places through 

their perception of the environment developed in the second half of the 20th century. 

Over the past two to three decades, this research has intensified for public benefit and 

to address the aspirations of international agendas and treaties on sustainability (see 

Chapters 2.1 and 2.2). Local agendas and initiatives gained traction through integrating 

participation and consultation with local communities in their planning and decision-

making. Academic research institutions, national and local governments, and various 

organisations and charities produced considerable research outputs, from funded 
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research projects to participatory activities and toolkits or guidelines. 

The following will provide a comprehensive overview of past and current 

projects aiming to assess and/or map people-place connections, place attachment, 

landscape qualities, landscape perception, and preferences. The approaches taken in 

earlier projects will be discussed, and a gap will be identified for which this thesis will 

provide a solution. 

1.2.2 Community and counter mapping 

Maps are a familiar medium even to people without deeper knowledge of cartography 

(Perkins 2007, 127), and creative mapping offers a way to communicate the 

experiences of laypeople. Maps are an ideal means to share views and perceptions 

(Fairclough 2002, 284; Wood 1992, 79); they are a familiar way of representing and 

orientating oneself in the world that most people understand intuitively (Clifford and 

King 1996, 5; Perkins 2007, 127). Maps can be more than a cartographic expression or 

modelling of the world. The usual form of maps represents the world as an abstract 

model, generalised and focussed on supporting specific and sometimes very narrow 

questions. These are ǊŜŦŜǊǊŜŘ ǘƻ ŀǎ ΨǘƘƛƴ ƳŀǇǎΩ (Bodenhamer et al. 2015; Harris 2015). 

Community mapping and counter mapping projects engaging the public with 

their places developed decades before the Landscape Convention adopted this 

concept. Early projects, combining public engagement, participatory methods and 

ǇŜƻǇƭŜΩǎ ǇŜǊŎŜǇǘƛƻƴ, focussed first on urban environmentsΦ CƻǊ ƛƴǎǘŀƴŎŜΣ [ȅƴŎƘΩǎ 

cognitive maps of city dwellers in Boston and Los Angeles in the 1960s were a 

remarkable example of how people conceptualise and structure the environment of 

everyday life, creating maps of daily routines (Lynch 1960; 1972). It emphasised the 

discrepancies between the professional view of experts in planning and the perception 

and interpretation of laypeople in everyday situations. Since then, academics and 

practitioners have explored the different pathways that allow public participation and 

inclusion of local views, and experiences and place attachments in guidance and 

legislation. 

Community mapping can take many forms, from artworks to 3D models, as 

demonstrated in the following examples. Common Ground was an environmental and 
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arts organisation in the UK that led various community initiatives to express local 

perspectives on place and character33. Outcomes of the projects, for example, the 

Parish Maps projects and the Alphabet of Distinctiveness, were artistic articulations of 

a sense of place and belonging (Common Ground 1996; 2006). However, neither 

project was adopted in the characterisation process itself or used for practical 

applications in the planning process. 

5ƛ bŀǊŘƛΩǎ ǿƻǊk (2014) co-created an experiental 2D paper map with the local 

community to present a counterpoint to official maps used by heritage professionals 

and provide insights into how the local population valued their local area. Similarly, a 

community project in the village of Slaithwaithe, UK, used a 3D model of the area to 

assess peopleΩs connection to place (Craig, Harris and Weiner 2002). Low-tech 

methods have the advantage of enabling the participation of a wider range of people 

without the demand for pre-existing computer skills or technical knowledge and 

reducing the time for ΨǎƪƛƭƭƛƴƎ-ǳǇΩ ŀƴŘ ǿƻǊƪǎƘƻǇǎ (see Chapter 1.5.4 and Dabaut 2021, 

254). However, non-digital project outputs are challenging to integrate into a 

framework of existing digital databases and maps.  

The notion of spatial perception and cartography of experience and practice led 

to projects such as Mapping Attachment (Byrne and Nugent 2004; Byrne 2008a, 2014; 

Harrison 2011; Perkins 2007) or Bio mapping of the emotional attachment of people to 

places (Nold 2009) which developed capabilities through GIS by introducing a layer of 

meaning in a spatial system (Perkins 2007, 128). Counter mapping developed into an 

essential tool for social value assessment (Byrne 2008a, 2014; Harrison 2011; Schofield 

2014). This form of representation of meaning, feeling, experience and perception ς 

intangible spatial aspects ς is based on ǎǳōƧŜŎǘƛǾŜΣ ΨǎƻŦǘΩ ŀƴŘ ƻŦǘŜƴ ΨŦǳȊȊȅΩΣ and possibly 

non-spatially referenced data (Craig, Harris and Weiner 2002, 111). Another example 

of this approach was realised in Proboscis, a multidisciplinary, multi-organisational 

project set up by two London-based artists34Φ Lƴ ŀƴ ŀǇǇǊƻŀŎƘ ƻŦ ΨŎƻ-discovery of 

 

33 See also Chapter 5: Social Landscape Characterisation: A People-Centred, Place-Based 

Approach to Inclusive and Transparent Heritage and Landscape Management. 

34 See http://proboscis.org.uk.  

http://proboscis.org.uk/
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ǳƴŎƻƳƳƻƴ ƛƴǎƛƎƘǘΩ, ǘƘŜ ǇǊƻƧŜŎǘ ŀƛƳŜŘ ǘƻ ŎƻƭƭŜŎǘ ŀƴŘ ǊŜǇǊŜǎŜƴǘ Řŀǘŀ ǘƘǊƻǳƎƘ ΨǎƻŎƛŀƭ 

ŜƴƎŀƎŜƳŜƴǘΣ ŎǊŜŀǘƛǾŜ ǊŜǎŜŀǊŎƘΣ ƛƴƴƻǾŀǘƛƻƴ ŀƴŘ ǇǊƻōƭŜƳ ǎƻƭǾƛƴƎΩΦ ¢ƘŜ deployment of 

GPS and other geographical referencing devices, such as mobile phones, and their 

integration into a GIS, enabled cognitive mapping of lived experiences similar to 

[ȅƴŎƘΩǎ ŜŀǊƭȅ ŎƻƎƴƛǘƛǾŜ ƳŀǇǇƛƴƎ ŀǇǇǊƻŀŎƘes. 

YƛŘŘŜȅΩǎ ǇǊƻƧŜŎǘ (2014) assessing the place attachment of homeless people in 

Bristol and York proved that connection to and rootedness in place can also develop 

among groups with no permanent home (see Chapter 2.5. for different views on place 

attachment development). 

Currie and Correa (2022) provided a method for mapping tangible and 

ƛƴǘŀƴƎƛōƭŜ ŜƭŜƳŜƴǘǎ ƻŦ 9ŘƛƴōǳǊƎƘΩǎ ŎǳƭǘǳǊŜ, focussing on the event and culture sector. 

The examples presented in this section show the wide variety of approaches 

mainly focussed on communities and urban environments. Because 2D maps usually 

represent snapshots in time, their usefulness for the representation of heritage or 

cultural aspects of landscapes has been questioned due to the dynamic and 

perception-based nature of these categories (Rudolff 2006; Smith 2006, 71, 80)35. 

(Golledge 2006). The quantitative spatial sciencesΩ ŀōƛƭƛǘȅ to deal with the challenges of 

ǘƘŜ ǘƛƳŜ ŀƴŘ ƘŀǾŜ ΨǎƻŎƛŀƭ ǊŜƭŜǾŀƴŎŜΩΣ ǇƻƭƛǘƛŎǎ ŀƴŘ ǇƻǿŜǊ was questioned (Cox 2014, 54-

55). National ǇŀǊƪǎ ƘŀǾŜ ōŜŜƴ ǘŀǊƎŜǘŜŘ ǘƻ ŀǎǎŜǎǎ ǇŜƻǇƭŜΩǎ ǎŜƴǎŜ ƻŦ ƭŀƴŘǎŎŀǇŜ ǉǳŀƭƛǘȅ, 

as well as the next section will show. 

1.2.3 Public participation in national parks 

National parks have been targeted for qualitative research and ethnographic studies 

over the past decades. The closed bounded area with larger parcels of similar 

character and specific qualities seem to afford aspects particularly suitable for this kind 

of study. Key research questions in national parks range from park improvements to 

environmental aspects. For example, Brown and Weber (2011) describe a method for 

Public Participation GIS (PPGIS) to combine visitor perception, required facilities and 

 

35 However, maps can be biased, misinterpreted and misused (Herring 2009, 70; Monmonier 

1996); similarly they disempower people who are omitted from them (Byrne 2008, 256). 



10 
 

environmental impact for national park planning in the Greater Alpine region of 

Victoria, Australia. National Park research also aims to understand the pro-

environmental attitudes of visitors and residents36 όtŜǘǊƻǾŀΣ 2ƛƘŀǌ ŀƴŘ .ƻǳȊŀǊƻǾǎƪƛ 

2011; Hausmann et al. 2020; Ramkissoon, Weiler and Smith 2012).  

hŦ ǇŀǊǘƛŎǳƭŀǊ ƛƴǘŜǊŜǎǘ ǘƻ ǘƘƛǎ ǊŜǎŜŀǊŎƘ ŎƻƴŎŜǊƴƛƴƎ ǇŜƻǇƭŜΩǎ ǇŜǊŎŜǇǘƛon and 

attachment to places are ethnographic studies conducted in national parks. For 

example, Taplin, Scheld and Low (2002) focussed on the Independence National 

Historical Park in their Rapid Ethnographic Assessment Programme (REAP), which 

provides a set of qualitative methods to assess ǇŜƻǇƭŜΩǎ connection to places. 

Dabaut (2021) undertook a study in the Northumberland National Park in 

relation to HLC (see below). Similarly, Maguire (2017) focussed on a national park 

when assessing the perceived qualities and place attachment in the Colliery Dam Park, 

British Columbia, Canada to create a landscape preference map. 

Further large-scale ethnographic research to inform the national park 

management, was, for example, undertaken by the National Park Service in the US37. 

These programmes use the developed strategies of REAP, oral and life histories and 

ethnographic landscape studies to improve visitor experience, strengthen historic 

relationships and traditional use of parks, and to inform a better park management. 

While the studies collect social value in the study areas, they do not attempt to 

categorise the character of and attachment to the landscapes based on social values. 

1.2.4 Mapping landscape attractiveness and place attachment 

Particularly in the field of eco services, mapping of landscape quality and preferences 

has led to a variety of mapping approaches, for example, in relation to urban 

woodland in Helsinki providing insights into landscape quality based on scoring 

landscape types (Tyrväinen, Mäkinen and Schipperijn 2007). Also, PGIS was used in a 

 

36 This is of particular interest since national parks in the UK play an important role in 

contributing to the 30 by 30 target to boost biodiversity and nature recovery. 

(https://naturalengland.blog.gov.uk/2023/12/11/30-by-30-a-boost-for-nature-recovery/) 

37 https://www.nps.gov/ethnography/parks/approaches/index.htm 

https://naturalengland.blog.gov.uk/2023/12/11/30-by-30-a-boost-for-nature-recovery/)
https://www.nps.gov/ethnography/parks/approaches/index.htm
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research that focussed on ŦƻǊŜǎǘ ǇƭŀƴƴƛƴƎ ŀƴŘ ǇŜƻǇƭŜΩǎ ƭŀƴŘǎŎŀǇŜ ǇŜǊŎŜǇǘƛƻƴ in 

resource management to understand how landscape values influence the reasons 

behind the development of preferences (Brown 2004). 

In a more extended landscape approach, De Vries (2007; de Vries et al. 2013) 

focussed on mapping the attractiveness of landscapes in the Netherlands and asked 

participants to assess the qualities of six study areas based on a predefined scoring 

system. The study will provide a method that can feeŘ ǇŜƻǇƭŜΩǎ ǇŜǊŎŜǇǘƛƻƴs into the 

process of impact assessments and cost-benefit analysis. In another example, Cinderby 

et al. (Cinderby, Snell and Forrester 2008; Cinderby et al. 2012) mapped environmental 

qualities to improve conditions of the lives of residents in urban spaces. 

Place attachment research was particularly focussed on developing methods 

for measuring and mapping connections between people and places over the past 

decades. Attachment GIS maps and scoring systems were created based on surveys, 

mainly using Likert scales and interviews (Brown and Weber 2011; Boley et al. 2021; 

Brown, Raymond and Corcoran 2015; Brown and Raymond 2007; Maguire 2017; 

Scannell and Gifford 2010). 

Studies focussing on aspects of the natural environment in correlation with 

ǇŜƻǇƭŜΩǎ perception contributed to a better understanding of ecosystems in relation to 

ǇŜƻǇƭŜΩǎ ŎƻƴƴŜŎǘƛƻƴ ǘƻ ǇƭŀŎŜǎ. This category of studies provides a good overview of 

tools for mixed-method approaches (e.g., Likert scales and qualitative questioning) and 

visual representation techniques. However, as these approaches commonly use 

predefined landscape value categories or structured questioning, they lack the deeper 

insights of narrative approaches. The latter provides a deeper understanding of 

ǇŜƻǇƭŜΩǎ ƛƴŘƛǾƛŘǳŀl connection to places that form social values. 

As a disadvantage of participatory community projects, or Participatory GIS, 

they risk of being bound into an agenda of experts or researchers who function as 

facilitators in community mapping projects or, in another extreme, uncover deep-lying 

tensions in a community and draw aggression against the facilitator (McGhee 2012). In 

particular, Participatory GIS, which relies on complex technology and software, has 

been seen as problematic for the use of non-experts (Poplin 2012) and because of bias 

towards specific research agendas (Perkins 2007, 127). 
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1.2.5 Deep mapping and lived experiences 

The step from 2D maps (see Nardi 2014) or physical 3D models (see Craig, Harris and 

Weiner 2002, 133), presented in Chapter 1.2.2, to deep maps produced in GIS39 offer 

new opportunities to social value mapping. Advances in digital technology and GIS 

ǘǊƛƎƎŜǊŜŘ ǘƘŜ ǊŜŎŜƴǘ ΨǎǇŀǘƛŀƭ ǘǳǊƴΩ ƛƴ ŘƛƎƛǘŀƭ ƘǳƳŀƴƛǘƛŜǎ (Cosgrove 2004, 57; Earley-

Spadoni 2017, 95; Jahn and Buchholz 2010, 511) and supported projects exploring 

emotional, experiential, and phenomenological aspects of everyday lives and lived-in 

ǿƻǊƭŘǎΦ Lǘ ŦƻǳƴŘ ƛǘǎ ƭŀǘŜǎǘ ŜȄǇǊŜǎǎƛƻƴ ƛƴ ΨŘŜŜǇ ƳŀǇǎΩ ǿƘƛŎƘ ǿŜǊŜ ŘŜǾŜƭƻǇŜŘ ǘƻ Ŧƛƴŀƭƭȅ 

ŎƻƴǾŜȅ ǘƘŜ ΨǘƘƛŎƪ ŘŜǎŎǊƛǇǘƛƻƴǎΩ ƻǊƛƎƛƴŀƭƭȅ ŜƴǾƛǎŀƎŜd by Geertz (1973) allowing the 

integration of subjective, descriptive, and text-based data into GIS (Harris 2015; 

Bodenhamer et al. 2015; Earley-Spadoni 2017, 96-97; Kwan and Ding 2008). 

Deep maps could be seen as the technological descendants of Fra MauroΩǎ map 

with stories and cartographic detail in one plane, towards developing layers of stories, 

images and other media. Also, in contrast to the one-plane map, deep maps have the 

potential to display various, even contradicting information for the same location and, 

ǘƘŜǊŜŦƻǊŜΣ Ψŀƭƭƻǿώǎϐ ŦƻǊ ŘƛǎǎŜƴǘ ŀƴŘ ŘƛǎŎǳǎǎƛƻƴ ƻŦ ŎƻƴǘŜǎǘŜŘ ƎŜƻƎǊŀǇƘƛŜǎΣ ŀƴŘ 

furthermore permit multi-ǾƻŎŀƭƛǘȅΩ (Earley-Spadoni 2017, 97).  

Deep maps can lay out maps of abundant, diverse information derived from 

various media to create a deeper understanding of the social fabric of a landscape ς of 

stories, history, and lived experiences. This is demonstrated, for instance, in the 

RICHES project of the University of Central Florida40, which provides a platform to 

compile local historical data with other datasets and create their individual narrative of 

places (Earley-Spadoni 2017, 96-97). As a further example, the LANDMAP project 

carried out by Natural Resources Wales created a methodology to map cultural 

patterns across landscapes in Wales41. The map contains aspects of what constitutes 

 

39 Great advances in computer capacities and capabilities allowed the development of the 

Geographic Information Systems (GIS), which allows fast, cost-effective adaptation, 

automatic import, and analysis of new data. 

40 https://riches.cah.ucf.edu  

41 http://lle.gov.wales/catalogue/item/LandmapCulturalLandscape?lang=en  

https://riches.cah.ucf.edu/
http://lle.gov.wales/catalogue/item/LandmapCulturalLandscape?lang=en
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the local identities of communities. This project was again based on the work and 

assessment of heritage professionals (Natural Resources Wales 2016a; 2016b). 

tŀǊǘƛŎǳƭŀǊƭȅ ƻŦ ƛƴǘŜǊŜǎǘ ŦƻǊ ǘƘƛǎ ǊŜǎŜŀǊŎƘ ƛǎ ǘƘŜ ŀǘǘŜƳǇǘ ǘƻ ŎǊŜŀǘŜ ŀ ΨέǘȅǇƻƭƻƎȅέ ƻŦ 

ŎǳƭǘǳǊŀƭ ƭŀƴŘǎŎŀǇŜǎΩ (Natural Resources Wales 2016, 7). 

A project with a particular focus on ageing and connectivity, representing the 

deep mapping of life stories and experiences, was undertaken by the University of 

²Ŝǎǘ 9ƴƎƭŀƴŘΦ ¢ƘŜ ǇǊƻƧŜŎǘ ΨEither side of Delphi .ǊƛŘƎŜΩ (Bailey and Biggs 2012) 

visualised the connection between local elderly residents and the social and cultural 

fabric of their place of residence in digital form.  

The UNESCO-supported Cultural mapping project provides a new method of 

mapping intangible and tangible cultural aspects of places42 (Cook and Taylor 2013). 

The guidelines recommend a series of techniques for knowledge mapping, such as 

topic maps, cognitive maps, and mind maps (Cook and Taylor 2013, 185-242). Several 

ŀŎŀŘŜƳƛŎ ŀƴŘ ŎƻƳƳŜǊŎƛŀƭ ǇǊƻƧŜŎǘǎ ōŀǎŜŘ ƻƴ ǘƘŜ ǇǊƻƧŜŎǘΩǎ ƳŜǘƘƻŘƻƭƻƎȅ ŀŎƘƛŜǾŜŘ ǘƘŜ 

map-based representation of abstract concepts, such as cultural identity across various 

urban and rural areas (see Currie and Correa 2021; Currie and Correa 2022; McKeithen 

2015). 

Further examples of place-based value research will be discussed in Chapter 5. 

This will also include the AHRC-funded place research project Place matters: the arts 

and humanities and the place agenda43, which included a number of academic projects 

and local initiatives (Madgin and Robson 2023). CƻǊ ŜȄŀƳǇƭŜΣ Ψwƻƻǘǎ ŀƴŘ CǳǘǳǊŜǎΩ 44, a 

map-based representation of areas in Sheffield, combined historical and archaeological 

data with the option for local residents to add their memories and experiences to the 

project. 

Similar approaches are used in a series of local government initiatives as part of 

the ΨKnow your placeΩ projects 45. The GIS dataset provides, among other information, 

 

42 https://unesdoc.unesco.org/ark:/48223/pf0000159090  

43 https://www.ukri.org/blog/place-matters-the-arts-and-humanities-and-the-place-agenda/  

44 https://www.sheffield.ac.uk/archaeology/research/roots-and-futures 

45 See, for example, the West of England map: https://www.kypwest.org.uk/  

https://unesdoc.unesco.org/ark:/48223/pf0000159090
https://www.ukri.org/blog/place-matters-the-arts-and-humanities-and-the-place-agenda/
https://www.sheffield.ac.uk/archaeology/research/roots-and-futures
https://www.kypwest.org.uk/
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layers of historic maps, photographs, and an interface for community contributions. It 

also allows the community to add walks and special places to the local authority 

platform. 

Approaches that combine historical place data with individual connections of 

ƭƻŎŀƭ ǊŜǎƛŘŜƴǘǎ ǇǊƻǾƛŘŜ ŀ ŘŜŜǇŜǊ ƛƴǎƛƎƘǘ ƛƴǘƻ ǇŜƻǇƭŜΩǎ ŎƻƴƴŜŎǘƛƻƴs to places. In the 

past, projects focussed on creating deep maps with layers of different information and 

integrating the information of local residents to develop a comprehensive picture of 

places. Projects such as these have focussed predominantly on urban areas and 

dependent ƻƴ ǇŜƻǇƭŜΩǎ ŀŎǘƛǾŜ ǊŜƎƛǎǘǊŀǘƛƻƴ ŀƴŘ ǇŀǊǘƛŎƛǇŀǘƛƻƴ ƛƴ ƻƴƭƛƴŜ ǿŜōǎƛǘŜǎ ŦƻǊ 

mapping. Barriers to online participation should be considered when using this format 

of co-creation and as means of communication between the public and heritage 

professionals.  

1.2.6 HLC and social mapping in policy and management 

The aspiration of the HLC development team from the outset was to inspire and 

integrate ǇŜƻǇƭŜΩǎ ǇŜǊŎŜǇǘƛƻƴs and experiences through the historic landscape 

character maps46. This idea was promoted by Turner (2007, 46) as one use of HLC: to 

ΨƘŜƭǇ ǇŜƻǇƭŜ ǊŜŎƻƎƴƛǎŜ ŀƴŘ ŎǊŜŀǘŜ ƴŜǿ ƴŀǊǊŀǘƛǾŜǎ ŀƴŘ ƛŘŜŀǎ ŀōƻǳǘ ǘƘŜƛǊ ƭŀƴŘǎŎŀǇŜǎΩΦ  

The latest HLC was a project in Oxfordshire that attempted to engage the 

public with a series of talks and events, inviting communities to express their view on 

ǘƘŜ ƭŀƴŘǎŎŀǇŜΩǎ ŎƘŀǊŀŎǘŜǊƛǎǘƛŎǎ (Tompkins 2017, 463-465). However, the outreach 

activities resembled more a tick-list exercise for including public opinion than an effort 

to include the information gathered into the catalogue of resources from which the 

final character map was developed. As in other projects, the sources for creating the 

character were based on the usual data which provides evidential and historical 

information. The resources listed in the project report do not mention public opinion 

or participation as a source of information (Tompkins 2017, 19). However, the HLC 

ǇǊƻƧŜŎǘ ǿŀǎ ǎǳǇǇƻǎŜŘ ǘƻ ΨǇǊƻǾƛŘŜ ŘŀǘŀΣ ōȅ ǿƘƛŎƘ ƛƴŘƛǾƛŘǳŀƭǎΣ ŎƻƳƳǳƴƛǘȅ ƎǊƻǳǇǎΣ ƻǊ 

 

46 For a detailed description of the method see Chapter 2.6.2. 
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ŀŎŀŘŜƳƛŎǎ ŎƻǳƭŘ ǊŜǎŜŀǊŎƘ ŀƴŘ ŜƴƎŀƎŜ ǿƛǘƘ ǘƘŜ ƘƛǎǘƻǊƛŎ ƭŀƴŘǎŎŀǇŜΦΩ ¢ƘŜ ŀŘŘƛǘƛƻƴŀƭ 

Ψ[ƛǾƛƴƎ ƭŀƴŘǎŎŀǇŜΩ ǇǊƻƧŜŎǘ ƻŦ ǘƘŜ hȄŦƻǊŘǎƘƛǊŜ I[/ ŎǊŜŀǘŜŘ ŀ ǘǊŜŀǎǳǊŜ ǘǊƻǾŜ ƻŦ ƭƻŎŀƭ 

ƪƴƻǿƭŜŘƎŜ ŎƻƴǎƛǎǘƛƴƎ ƻŦ ŘǊŀǿƛƴƎǎΣ ǇŀƛƴǘƛƴƎǎΣ ƘƛǎǘƻǊƛŎ ǿŀƭƪǎ ŀƴŘ ΨǇƻǎǘ-ƛǘ ǇƻŜǘǊȅΩΤ 

however, the opportunity to include this data meaningfully into the HLC dataset was 

missed as this project was ƻƴƭȅ ƛƴǘŜƴŘƛƴƎ ǘƻ ΨƛƴŎǊŜŀǎŜ ŀǿŀǊŜƴŜǎǎΩ rather than include 

ǇŜƻǇƭŜΩǎ ǾƛŜǿǎ ŀƴŘ ǇŜǊǎǇŜŎǘƛǾŜǎ (Tompkins 2017, 447). 

Iƻǿ ǘƘŜ ƳŜŀƴƛƴƎŦǳƭ ƛƴǘŜƎǊŀǘƛƻƴ ƻŦ ƭƻŎŀƭ ǇŜƻǇƭŜΩǎ ƭŀƴŘǎŎŀǇŜ ǇŜǊŎŜǇǘƛƻƴ ŀƴŘ 

values can be undertaken is shown in the guidelines of the charity Campaign to Protect 

Rural England for the creation of community landscape character assessments 

(Campaign to Protect Rural England 2018a; 2018b). The guide provides an HLA method 

based on local community expertise that can subsequently be meaningfully integrated 

inǘƻ ƭƻŎŀƭ ŀǳǘƘƻǊƛǘȅΩǎ planning systems. 

Several UK-based and international projects applied the HLC method for public 

benefit or inclusion of social values in the assessment. For example, Dabaut (2021) 

ōŀǎŜŘ Ƙƛǎ ǇŀǊǘƛŎƛǇŀǘƻǊȅ ŀǇǇǊƻŀŎƘ ǘƻ ŀǎǎŜǎǎ ǇŜƻǇƭŜΩǎ connection to landscapes in the 

Northumberland National Park. He used walking interviews and surveys as data 

collection methods. The approach provided a detailed insight into a small area of the 

national park. While the preferred method was identified as the walking interview 

technique, such an approach cannot be realised on a landscape-scale because of the 

time-consuming nature of this tool. 

Another example, how HLC can help manage urban green spaces for public 

benefit was proposed by Dobson and Selman (2012). In cooperation with local 

authorities, they connected green spaces in Sheffield to enhance urban planning and 

management. Internationally, examples of HLC use are shown in the terraced 

agricultural landscape in the Mediterranean (Turner 2018, 47), such as in Turkey 

(Turner and Crow 2009). The application of the method revealed a deeper historic 

time-depth and more complex development of the landscapes in the past than 

anticipated. Also, Gaffney and Dingwall (2007) used the general approach of HLC for a 

project in Fort Hood, Texas to enhance the method by acknowledging that past events, 

such as the enforced movement of the population from the military base, affected 

peopleΩǎ ǇŜǊŎŜǇǘƛƻƴ (Gaffney and Dingwall 2007, 1). However, while the project used 
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archival material on oral histoǊƛŜǎ ŀƴŘ ŎƻƴŘǳŎǘŜŘ ƻǳǘǊŜŀŎƘΣ ƴƻ ƛƴǘŜƎǊŀǘƛƻƴ ƻŦ ǇŜƻǇƭŜΩǎ 

current perceptions appears in the final assessment.  

More extensive projects on a grassroots level have been described by Dalglish 

and Leslie (2016, 217-224) working with a community in Govan, a part of the City of 

Glasgow with a long history and shipbuilding tradition. In a surge of activities and 

direct engagement with planning decisions, the community was able to react to 

change and development in their neiƎƘōƻǳǊƘƻƻŘΦ ¢ƘŜ ƛƴƛǘƛŀǘƛǾŜǎ ƻŦǘŜƴ ŘŜǾŜƭƻǇŜŘ ƛƴ Ψŀ 

ŎƘŀƻǘƛŎ ǿŀȅΩ ōǳǘ ǘƘǊƻǳƎƘ ΨƘŀǊŘ ǿƻǊƪΩ ōȅ ǘƘŜ ƭƻŎŀƭ ŘƛǾŜǊǎŜ ŀƴŘ ƘŜǘŜǊƻƎŜƴŜƻǳǎ 

community and community council (Dalglish and Leslie 2016, 219),  funding was 

redirected and the quality of their place was enhanced ǘƘǊƻǳƎƘ ŀƴ ΨǳƴƳŀƴŀƎŜŘ ŀƴŘ 

ƻƴƎƻƛƴƎ ǇǊƻŎŜǎǎ ƻŦ ŎƘŀǊŀŎǘŜǊƛǎŀǘƛƻƴΩ (Dalglish and Leslie 2016, 219). Although in 

contrast to the Common Ground Parish Map projects, this example directly impacted 

policies, funding, and decision-making, such initiatives are not replicable and 

challenging to conduct for local authorities because of the technology and resource 

input necessary to facilitate such projects. This approach was reactive to planning 

ŘŜŎƛǎƛƻƴǎ ƻǊ ŀ ΨǇǊƻōƭŜƳ-ƻǊƛŜƴǘŀǘŜŘ ŎƘŀǊŀŎǘŜǊƛǎŀǘƛƻƴ ǇǊƻŎŜǎǎΩ (Dalglish and Leslie 2016, 

224)Φ ¢Ƙƛǎ ŜƴƻǊƳƻǳǎ ŜŦŦƻǊǘ ōȅ ǘƘŜ ŎƻƳƳǳƴƛǘȅ ƛǎ ƴƻǘ ŀ ǘŜƳǇƭŀǘŜ ŦƻǊ ƻǘƘŜǊǎ ŀƴŘ ΨŎƻǳƭŘ 

ƘŀǊŘƭȅ ōŜ ǊŜǇƭƛŎŀǘŜŘΩ ŀǎ ƛǘ ŜƳŜǊƎŜŘ ŦǊƻƳ ǘƘŜ ŎƻƳƳǳƴƛǘȅΩǎ ŘŜǎǇŜǊŀǘŜ ǎƛǘǳŀǘƛƻƴ (Dalglish 

and Leslie 2016, 224), but it might be an inspiration for more practical methodologies. 

A method to capture community views and attachment on an ongoing basis would be 

more effective and efficient, as well as practical within budget, personnel, and time 

constraints. It could be accessible online and proactive, in advance and as background 

for the decision-making process. Primdahl and Kristensen provided an example of 

community integration in the planning process. However, the study proved to be 

highly technology-driven and, with qualitative methods such as focus groups, the 

practicality of this approach in the daily work of local authorities would be a challenge. 

There is also the issue of privileging groups and community members that are vocal 

and dominant and missing voices of underrepresented parts of the community (Jones 

and Leech 2015, 30). 

While HLC is routinely used with other data sets and maps (Herring 2009, 75), it 

is challenging to include social values into the framework of characterisation. However, 
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ǘƘŜǎŜ ŦƻǊƳǎ ƻŦ ǊŜǇǊŜǎŜƴǘŀǘƛƻƴ ŀƴŘ ŘŀǘŀōŀǎŜǎ ƻŦ ǎǳōƧŜŎǘƛǾŜΣ ΨǎƻŦǘΩ, and 

phenomenological data associated with other spatial heritage or landscape 

management information, such as Historic Environment Records (HER)47 and National 

Character Areas (LCA)48 data, would bridge the gap between the traditional expert 

knowledge and the local knowledge of everyday lived-in worlds. The approaches show 

that HLC has the potential to ǇǊƻǾƛŘŜ ŀ ōŀǎƛǎ ŦƻǊ ǘƘŜ ƛƴǘŜƎǊŀǘƛƻƴ ƻŦ ǇŜƻǇƭŜΩǎ 

perceptions and social value assessment. However, the study areas of these projects 

were site-based and focussed on a small study area or a particular element of a larger 

area. None of the approaches aimed to understand and map social values on a 

landscape scale or produce a methodology that would have the potential to be scaled 

up to cover wider landscapes, which is one of the key principles of HLC. A deep map 

platform for landscape characterisation not only representing ΨƻŦŦƛŎƛŀƭΩ ŦŀŎǘǎ ŀƴŘ ŘŀǘŀΣ 

but also integrating public perceptions that diverge from the official picture presented 

by HLC, would offer an opportunity to give a holistic representation. These will be 

developed in this research, creating a form of Social Landscape Characterisation (SLC), 

which characterises and visualises the social aspects of landscapes individually. Such 

SLC maps could be an essential background for local authoritiesΩ planning decisions 

and enable sustainable change and development49. 

1.2.7 Social value assessment toolkits 

Toolkits and guides equip communities and groups with a tool to express and 

systematically record social values for meaningful integration in planning and 

landscape management. Over the past decades several such toolkits were developed 

to enable the communication between local people and authorities. For example, the 

HLA toolkit of the Campaign to Protect Rural England, described above, is one such 

toolkits that provides a framework for character assessment. Dalglish and 

 

47 https://www.heritagegateway.org.uk/gateway/chr/ 

48 https://nationalcharacterareas.co.uk/ 

49 See Chapter 5. 

https://www.heritagegateway.org.uk/gateway/chr/
https://nationalcharacterareas.co.uk/
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Inherit/Community Land Scotland (2018) identified a gap in public participation in 

relation to landscape management and developed a framework for the integration of 

public perception and local knowledge in the planning and management process in 

Scotland. 

Another compilation of proven methods for social value assessment on a 

community basis was developed by Robson into a Social Value Toolkit50 launched in 

2021. It presented a wide range of methods to assess social values in relation to 

heritage. The toolkit was aimed at heritage practitioners to enable local social value 

assessment in cooperation with local people, communities, and groups. The project 

provided six case studies that applied different data collection methods, such as 

interviews, observation, and counter mapping.  

¢ƘŜ /ƘŀǊǘŜǊŜŘ LƴǎǘƛǘǳǘŜ ŦƻǊ !ǊŎƘŀŜƻƭƻƎƛǎǘΩǎ public Engagement Toolkit51 

provides instructions and advice to engage the public with archaeology actively. The 

project aims to understand better how archaeology can contribute to public benefit 

and social value. Other toolkits that aim to work towards the socially sustainable 

transformation of urban places are, for example,  the European Deep Cities 

ǇǊƻƎǊŀƳƳŜ Ψ/¦w.!¢I9wLΩ52, a collaborative project of the Universities of Florence, 

UCL, University of Stirling, the Norwegian Institute for Cultural Heritage (NIKU) and the 

University of Barcelona (for the Deep Cities project of the University of Stirling see 

Jones et al. 2024)53. Another example of a social value toolkit focussing on architecture 

and the benefits of understanding social value in the urban context is provided by the 

 

50 https://socialvalue.stir.ac.uk/ 

51 https://www.archaeologists.net/toolkits/community-archaeology/1-1_archaeology-public-

engagement 

52 https://curbatheri.niku.no/ 

53 https://www.deepcities-toolbox.unifi.it/p21.html 

https://socialvalue.stir.ac.uk/
https://www.archaeologists.net/toolkits/community-archaeology/1-1_archaeology-public-engagement
https://www.archaeologists.net/toolkits/community-archaeology/1-1_archaeology-public-engagement
https://curbatheri.niku.no/
https://www.deepcities-toolbox.unifi.it/p21.html
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University of Reading 54Φ ¢Ƙƛǎ ƛǎ ǇŀǊǘ ƻŦ ǘƘŜ ǿƛŘŜǊ ǇǊƻƧŜŎǘ ƻŦ Ψ{ƻŎƛŀƭ ±ŀƭǳŜ ¦YΩ55, a 

professional body for social value and impact management. 

These tools and guidelines focus on a community and site level. Such methods 

provide the basis for reactive community interventions, similar to projects of 

community characterisation presented in Chapter 1.2.6. A method that allowed to 

identify interest or value communities and places with high value in advance of change 

and development would provide a background which similar projects, as described in 

this chapter could build on. 

1.2.8 Conclusion 

The examples explored in this chapter show variable degrees of participation of  

communities and groupsΣ ŀǎ ŘŜǎŎǊƛōŜŘ ƛƴ !ǊƴǎǘŜƛƴΩǎ [ŀŘŘŜǊ ƻŦ ǇŀǊǘƛŎƛǇŀǘƛƻƴ (Arnstein 

1969, Fig. 2). These range from creative expressions to Participatory GIS ς from passive 

consumers and educated masses, such as visitors to museums and informed 

communities, to a consultation process in which communities could voice their visions, 

needs and aspirations. Participation can reach as far as a meaningful partnership and 

dialogue between communities and local authorities, which proved highly influential in 

the planning process, as shown in the examples of the Danish case studies or the 

Scottish initiative (see Chapter 1.2.6). Furthermore, guidelines offer communities ways 

to influence local planning policies through input of local knowledge into, for example, 

neighbourhood plans or village design statements (Campaign to Protect Rural England 

2018; Clark, Darlington and Fairclough 2004, 52). These guides offer potential 

opportunities to increase and include the idea of a ΨǎŜƴǎŜ ƻŦ ǇƭŀŎŜΩ ƛƴ ǘƘŜ ǿƛŘŜǊ 

framework of heritage assessment and landscape ŎƘŀǊŀŎǘŜǊƛǎŀǘƛƻƴ ŦǊƻƳ ŀ ǇŜƻǇƭŜΩǎ 

viewpoint. The number of toolkits and guidelines for social value assessment and 

community mapping, focussing on various aspects of the historic environment, have 

 

54 https://www.architecture.com/knowledge-and-resources/resources-landing-page/social-

value-toolkit-for-architecture 

55 https://socialvalueuk.org/value-toolkit/  

https://www.architecture.com/knowledge-and-resources/resources-landing-page/social-value-toolkit-for-architecture
https://www.architecture.com/knowledge-and-resources/resources-landing-page/social-value-toolkit-for-architecture
https://socialvalueuk.org/value-toolkit/
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increased over time and several of these are available and accessible online at the time 

of writing (see Chapter 1.2.7).  

The next section will discuss these approaches regarding their strength and 

weaknesses and identify the gap which this research will address. 

 

1.3 Discussion on current social values approaches and research gaps 

This chapter has introduced a number of projects, initiatives, and guidelines for social 

value and place attachment assessment providing practical methods and tools for a 

better-informed management of places. The examples presented in this research use 

similar methods for data collection, for instance, interviews, surveys, mapping, 

observation, focus groups, and social media. As Johnston (2023) pointed out, the 

current focus of social value assessment is on groups or communities. Community 

work, such as focus groups, can be biased towards dominant voices in a group and 

negotiation of common values that may not represent individual opinions . 

Communities participating in research or local planning forums often consist of self-

selected, active community members who dominate the decision-making process, 

which can obscure underlying opinions of less vocal community members (Craig, Harris 

and Weiner 2002, 101; Dalglish 2018, 55-58; Jones and Leech 2015, 30). Where 

individuals were involved, for instance, in the individual interviews and observations of 

wƻōǎƻƴΩǎ {ƻŎƛŀƭ ±ŀƭǳŜ ¢ƻƻƭƪƛǘ (see Chapter 1.2.7), these were mainly members of 

predefined communities or groups and related to predefined heritage assets or 

places59. Similarly, the Everyday Heritage projects of Historic England aim at 

predefined sites and groups identified by heritage experts. Larger mapping exercises 

focussed on place attachment (Brown and Raymond 2007) and environmental 

preferences (Maguire 2017). Community projects tend to be reactive in relation to 

change and development in the planning process (see Chapters 1.2.6 and 1.2.7, and 

 

59 See, for example, the case study of Cables Wynd house, one of the six case studies of the 

toolkit, available at https://socialvalue.stir.ac.uk/files/2021/01/Site-Report-Cables-Wynd-

House.pdf 

https://socialvalue.stir.ac.uk/files/2021/01/Site-Report-Cables-Wynd-House.pdf
https://socialvalue.stir.ac.uk/files/2021/01/Site-Report-Cables-Wynd-House.pdf
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selected case studies in the Social Value Toolkit60). 

As shown, present approaches rely on either predefined groups, the 

assessment of landscape qualities, or social values in small-scale landscape 

approaches. There is, therefore, a need to understand social values a) on an individual 

basis beyond communities and groups that have a collective interest in a place and b) 

to represent individually held values on a landscape scale that allows identification of 

previously unknown commonalities in social value across wider landscapes ς rural or 

urban. A combination of current approaches, while integrating social value assessment 

of individual people into landscape-scale mapping, would provide a dataset that could 

be updated to address the dynamic and fluid nature of such values. This would offer a 

tool for correlating with current heritage datasets. Such an approach would enable 

proactive planning and development and equip local planning authorities with 

essential background knowledge of social value.  

Furthermore, Currie and Correa (2022, 101-102), ƛƴ ǘƘŜƛǊ ǎǘǳŘȅ ƻƴ 9ŘƛƴōǳǊƎƘΩǎ 

cultural landscape, concluded ǘƘŀǘ ΨŎƻŘƛŦȅƛƴƎ ǘƘƛǎ ǎǳōƧŜŎǘƛǾŜ ƛƴŦƻǊƳŀǘƛƻƴ 

ǎƛƳǳƭǘŀƴŜƻǳǎƭȅ ǎǘǊƛǇǎ ƛǘ ƻŦ ǘƘŜ ǊƛŎƘŜǊ ƴŀǊǊŀǘƛǾŜ ǇŀǊǘƛŎƛǇŀƴǘǎ ǘƻƭŘ ŀōƻǳǘ ǇƭŀŎŜΩΦ ¢Ƙƛǎ 

challenge to codify or categorise the narratives of local people remains problematic in 

the narrative approach to social value assessment (see Chapter 2.4 for the 

categorisation dilemma). This research will provide a solution to qualitative 

categorisation using Artificial Intelligence in the process of qualitative data analysis 

and propose a methodology for narratives in thematic analysis. 

The research gap identified can be summarised as a need for a methodology 

that combines traditional qualitative research methods, e.g., interviews, surveys, and 

social media data, with AI tools to identify individually held social values and represent 

these as patterns on a landscape scale. This method could then provide the starting 

point for identifying social value hotspots as the basis for applying existing social value 

assessment tools. For example, the Social Value Toolkit, with its focus on communities 

interested in a particular site that is subject to local planning, can identify specific 

individuals with common social values in a place or understand the values in a 

 

60 https://socialvalue.stir.ac.uk/case-studies/ 

https://socialvalue.stir.ac.uk/case-studies/
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particular place from this research. In an urban environment, such as the Deep Cities 

project, the data set resulting from this research could help identify areas or objects of 

higher community interest to undertake targeted research that gains a deeper 

understanding of the underlying connections and attachments. 

The following sections will define the research questions and provide an 

overview of the methodology developed and applied in this research. 

1.4 Research questions 

The ǎǘǳŘȅΩǎ Ƴŀƛƴ aim is to explore opportunities for integrating ƭƻŎŀƭ ǇŜƻǇƭŜΩǎ 

individual opinions, needs, and visions and develop a Social Landscape 

Characterisation based on the social values people hold in their everyday living and 

working environments, based on the heritage and historic landscapes in which life 

unfolds. 

Specific objectives included: 

ü hōƧŜŎǘƛǾŜ мΥ Iƻǿ Ŏŀƴ ǇŜƻǇƭŜΩǎ ƛƴŘƛǾƛŘǳŀƭƭȅ ƘŜƭŘ ǾŀƭǳŜǎ ŀƴŘ the reasons 

behind these values όΨǎƻŦǘΩ ƻǊ ǎǳōƧŜŎǘƛǾŜ Řŀǘŀύ be collected, allowing a 

categorisation based on latent themes within the data, and analysed, 

using freely available and open-source software and code? 

ü Objective 2: Can Historic Landscape Characterisation or its key 

ǇǊƛƴŎƛǇƭŜǎ ōŜ ŀŘƻǇǘŜŘ ŀƴŘ ŀŘŀǇǘŜŘ ǘƻ ŀŎŎƻƳƳƻŘŀǘŜ ǇŜƻǇƭŜΩǎ 

perceptions and opinions on their living and working landscapes? 

ü Objective 3: How can social values be visually represented to create 

outputs for assessment frameworks within the planning and decision-

making process and, at the same time, provide opportunities for 

developing engaging resources to increase participation for inclusive, 

transparent, and socially sustainable heritage and landscape 

management? The aim of this objective is to produce a guideline or 

methodology that can find practical applications in real-world scenarios. 

Based on these objectives, the research focussed on collecting, analysing, and 

visualising the data. The methodology, as an overview, will be presented in the next 



23 
 

section. Detailed methods and workflows are provided in the specific chapters 

pertaining to the respective publications, which ŎƻƳǇǊƛǎŜ ǘƘŜ ǘƘŜǎƛǎΩǎ ōƻŘȅ. 

1.5 Study approach and summary of methodology 

1.5.1 Introduction 

This chapter will provide an overview of the methodology developed and applied in 

this research. The specific methods and tools are detailed in the published papers that 

form the body of this thesis and present the results of the analyses. The following 

overview will detail the rationale behind the overarching methodology, provide 

insights into how COVID-19 changed the initial approach, introduce tools applied for 

data collection and analysis, explain how study areas were identified and partnerships 

established, and describe sampling strategies and ethical implications. 

1.5.2 The impact of COVID-19 and resulting adjustments 

As a reaction to the larger-than-anticipated datasets that were the basis for this 

research, gathered from social media channels and surveys, I decided to change my 

approach to the data analysis from purely manual and NVivo analysis to Artificial 

Intelligence tools. On the one hand, this was partly because of the preference for 

open-source software in this research, which excluded the use of licensed software 

such as NVivo. On the other hand, it was because of the larger-than-anticipated 

dataset sizes, and the current advantages of AI in research and development for real-

world applications. The opportunities and capabilities of this technology will be 

elaborated on in the publications in Chapters 2 to 5. Here, I will briefly introduce the 

technology and its benefits for analysing unstructured textual data. 

The methods and approaches taken in this research, conducted between 

October 2020 and October 2023, should be seen against the background of the COVID-

19 pandemic and related restrictions regarding social contact and free movement. 

While the circumstances did not negatively impact the research itself, it led to a 

rethinking and redesign of the methods, particularly in view of data collection adhering 

to social distancing during the lockdown phases of the pandemic. This reorientation in 
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data collection, which involved retreating to remote and online practices, also 

provided different dataset sizes than initially anticipated. Social media data and online 

surveys provided larger datasets that required efficient and effective tools for analysis. 

The ethical implications, limitations and potential biases in the methodology will be 

discussed in Chapter 6. In the remainder of this chapter, I will provide an overview of 

the tools and methods developed and used in this research. The specific workflows 

applied to the different data sources will be elaborated on in the respective chapters 

as part of the publications forming the body of this thesis (Chapters 2 to 5). 

1.5.3 Case study, area, and partner selection 

The rationale behind selecting my study areas was mainly influenced by the previous 

partnership with the Peak District National Park for my MSc in Applied Landscape 

Archaeology and previous work as a commercial archaeologist in this area62. I also 

conducted archaeological work in the area of the City of Sheffield and had a prior 

connection with the staff of SYAS. This long connection gave me the advantage that I 

was already familiar with the procedures and staff at the partner organisations and the 

landscapes selected for case studies. Furthermore, the areas differ in their rural versus 

urban character, the population density and cultural offers, and in the character of the 

historic environment. The details of the study areas are described in the publications 

included in this thesis as Chapters 2 to 5. The definition of the study area also included 

the focus on target groups for participation in this research, which comprised visitors, 

local residents, and people working in the study areas.  

As seen in Chapter 1.2.3, various projects have focussed on national parks to 

assess landscape qualities and social values. National parks have a range of advantages 

for landscape research; for example, the clear boundaries of the area can be used as a 

basis for the case studies, allowing for the understanding of personal connections 

between people and the parks. As such, a national park has one responsible park 

authority, which provides opportunities for cooperation and partnership. Another 

 

62 This PhD was not a Collaborative Doctoral Partnership, but the close partnership allowed me 

to benefit from existing structures and relations. 
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advantage is the availability of park-specific landscape and heritage datasets, e.g., the 

HLC dataset for the PDNP that provided a source for data correlation. National parks 

afford specific characteristics and qualities that are perceived as positive and beneficial 

for recreation. Additionally, the landscapes are less fine-grained. Urban areas 

represented in HLC are very fine-grained and can be challenging when assessed on a 

landscape scale. The comparison to the urban environment of Sheffield has shown 

challenges of HLC correlation on a landscape-scale and offers itself more readily to 

smaller-scale or site-based approaches. Nevertheless, the landscape-scale social value 

assessment works also in urban areas and can provide the basis for more in-depth 

approaches, such as those presented in the Deep Cities project and for the Social Value 

Toolkit (see Chapter 1.2.7). 

1.5.4 Rationale for overarching methodology 

The methodology of this research consisted of three steps: (1) data collection from 

three different data sources associated with the two study areas, (2) data analysis 

using Artificial Intelligence (AI) tools, and (3) data visualisation for the purpose of 

practical application of the results. 

Categorisation of social values has been a challenge in previous approaches to 

social value assessment and mapping (see Chapter 2.4). This thesis will provide a 

solution for the difficulties surrounding qualitative data analysis, preserve the depth of 

narratives, and offer a method for the spatial interpretation and visual representation 

of social values across wider landscapes. 

For two reasons, I decided against the commonly used qualitative analysis 

software NVivo (Welsh 2002)63, as anticipated in the outset of this research. Firstly, the 

premise of this research lies firmly on the use of non-proprietary, freely accessible, and 

applicable software, data resources and code. Secondly, the opportunities afforded by 

AI tools, such as Topic Modelling, are an innovative, emerging technique that merits a 

greater acknowledgement and deployment within the heritage sector. NVivo has 

 

63 https://lumivero.com/products/nvivo/ 

https://lumivero.com/products/nvivo/
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integrated this technique into ƛǘǎ ΨŀǳǘƻŎƻŘƛƴƎΩ ǘƻƻƭ since Version 11 (update 2) in 2016, 

ǇǊƻǾƛŘƛƴƎ ǘƘŜ Ψŀǳǘƻ ŎƻŘŜ ǿƛȊŀǊŘΩ as an easy user interface and promoting the tool as an 

opportunity to get results ǘƘŀǘ ΨŀǊŜ ƴƻǘ ƛƴŦƭǳŜƴŎŜŘ ōȅ ȅƻǳǊ ƻǿƴ ōƛŀǎΩ ŀǎ ǘƘŜ ŀǳǘƻƳŀǘŜŘ 

ƛƴǎƛƎƘǘǎ ŀǊŜ ΨŎƻƳǇǳǘŜǊ-ŘǊƛǾŜƴΩ 64. The issue with this approach was the ΨōƭŀŎƪ ōƻȄΩ ǘƘŀǘ 

ǘƘƛǎ ǘƻƻƭ ŎƻƴǎǘƛǘǳǘŜǎ όŦƻǊ ŘŜǘŀƛƭǎ ƻƴ ǘƘŜ ΨōƭŀŎƪ ōƻȄΩ ŜŦŦŜŎǘ ŀƴŘ ŜȄǇƭŀƛƴŀōƭŜ !L, see 

Chapter 7). To have the widest possible oversight of this process, the approach taken 

in this research used existing code and adapted this to serve the aim of this project. 

This approach enabled an open and investigative use of the Topic Modelling tool, as 

opposed to the proprietary TM software and parameters used by NVivo that are not 

specified in more detail. At the same time, this limited the wider adoption of this 

method by, e.g., local authorities or community groups because of the required basic 

coding knowledge to apply the tool. Nevertheless, the advantage of explainablity in 

the analysis and the security to perform all analyses without the need to store data 

externally was seen as an advantage. 

AI is an evolving technology that is only slowly finding its way into the field of 

archaeology and Cultural Heritage Management (Traviglia 2022). While the technology 

has been successfully deployed for image and object recognition and classification (see 

Chapter 7 for more detail on the applications), text-based analysis using Natural 

Language Processing (NLP) and Machine learning (ML) is particularly useful for the 

efficient and effective analysis of larger datasets, benefiting from the capabilities to 

identify patterns and themes. The techniques of NLP (Jones, Doane and Attbom 2021) 

and Topic Modelling (TM) (Jones 2021) were chosen to analyse the qualitative data in 

this research. Open Access code repositories provided a basis for developing specific 

algorithms to pre-process the data (data cleaning, formatting) (see references for 

Software and GitHub repositories) and perform the thematic analysis, which 

conformed to the principles of Grounded Theory ( see, e.g., Charmaz 2006; Odacioglu 

 

64 https://help-nv11.qsrinternational.com/desktop/concepts/about_automated_insights.htm 

https://help-nv11.qsrinternational.com/desktop/concepts/about_automated_insights.htm
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and Zhang 2022)65. TM allows data to be statistically grouped and automatically 

labelled (tqx94 2022) in theme clusters based on keywords, which enable the 

automatic discovery of topics latent within or emerging from the data. Topic Modelling 

can provide insights and themes that were not anticipated in the initial design of this 

research (see results in Chapters 4 to 6) or might have been missed or overlooked66. 

Also, This information can be coded and formed within a thematic content analysis 

from the information provided by the communities ς ŀǎ ǎƻƳŜ ŦƻǊƳ ƻŦ Ψŀ ƭƛƴƎǳŀ ŦǊŀƴŎŀΩ 

(Mason 2002, 9). 

The manual assessment or direct observation following from the TM, identify 

categories resulting from this research which will be correlated with current heritage 

categories as provided by the Conservation Principles of Historic England (English 

Heritage 2008) and HLC to assess a connection between historic landscape types and 

social values. This correlation is intended to assess ǘƘŜ ƳŜǘƘƻŘΩǎ potential 

compatibility with current approaches and frameworks and address future demands 

on such tools. 

The methods for map-based questionnaire design have also been adapted to 

achieve the aim of using freely available software packages67. Proprietary software, 

such as Maptionnaire developed by the Finnish company Mapita68, has been used 

elsewhere (Dabaut 2021, 254). However, for this research Google Maps was integrated 

in Qualtrics survey, which provided the user interface for online data collection, 

 

65 Elements of Grounded Theory underpin the research to create categories based on the 

language used in the stories provided by participants, similar to the Alphabet of 

Distinctiveness (see Chapter 1.2.2). 

66 Justification for using the autocoding (topic modelling) in NVivo (see https://help-

nv11.qsrinternational.com/desktop/concepts/about_automated_insights.htm 

67 Ideally, all software in this project would have been open source. However, for the survey, I 

had to resort to proprietary software (e.g., Google Maps, Qualtrics), which is free to use 

for projects like this, but not open source. 

68 It has been shown that participants using Maptionnaire needed guidance and skills to work 

with this interface, which led to lower-than-expected useful information and lower 

participation in the survey (see Dabaut 2021, 254). 

https://help-nv11.qsrinternational.com/desktop/concepts/about_automated_insights.htm
https://help-nv11.qsrinternational.com/desktop/concepts/about_automated_insights.htm
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allowing participants to set pins on a familiar map interface and add personal stories 

and information.  

QGIS provides community-led software for the visualisation of spatial 

information. I used QGIS, adhering to the principle of using open-source software, to 

map and visually present the results of the three data sources. This research aims to 

produce maps for (1) heritage and landscape management and spatial planning 

purposes and (2) resources for engagement and participation of non-experts in 

landscape characterisation and identification of social values. Filtering for specific 

information, such as issues raised by residents of the PDNP and Sheffield, such 

information can be visualised as ΨIssue MapsΩ highlighting the need for action to local 

authorities. Other examples include ΨHotspot MapsΩ, which represent focal points for 

high footfall by visitors and tourists and potentially associated risks and opportunities.  

The results of the analyses are provided in Chapter 7. Maps, representing 

ǇŜƻǇƭŜΩǎ ǾŀƭǳŜǎΣ ƴŜŜŘǎ ŀƴŘ Ǿƛǎƛƻƴǎ ŦƻǊ ǘƘŜ ǇƭŀŎŜǎ ǘƘŜȅ ƭƛǾŜΣ Ŏŀƴ ōŜ ǳǎŜŘ ōȅ heritage 

professionals, for example, for planning, policy and management plan development, 

communication and outreach, and by local community groups to lobby for and better 

communicate their interests.  

1.5.5 Sampling strategies 

Sampling was influenced by the project partners and their support, e.g., providing 

opportunities to circulate the online surveys through their media channels and 

advising on potential partners for the in-depth interviews. 

The social media sampling strategy allowed me to reach a wide range of people 

connected through posts related to the study areas. The decision to use Twitter (now 

X) as a data resource for social media analysis was influenced by the restriction of use 

and reuse and the internal structure in private or public groups of such datasets by 

other social media platforms, e.g., Facebook or Instagram. The opportunities for 

academic researchers, which provide access to historical data back to the beginning of 

Twitter in 2006 and the public posting nature of the platform, were granted through 

the Academic Developer Account. Access through this account allowed to collect 

Twitter data from three bank holiday weekends in the UK from 2019 to 2021. Initial 
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inspiration for social media research was based on a workbook published as a GitHub 

repository by Bonacchi (reference in Software and GitHub repositories, Bonacchi 

2021). This workbook provided a starting point for further development of social 

media research, particularly for adopting and adapting other methods, e.g., an emoji-

based sentiment analysis (reference in Software and GitHub repositories, also Omkar 

2019, Hutto and Gilbert 2020). The sampling of social media data has the disadvantage 

that it is biased through the focus on a particular group ς Twitter users ς and the 

nature of posts ς showing life in a more positive way. However, the advantage of the 

method was the opportunity to gain a broad insight into the phenomenon and the 

large data availability. 

Survey sampling was based on the principle of a Convenience Sample ς a non-

probability sample method (see, for example, Golzar and Tajik 2022). This sampling 

strategy was chosen to gain an insight that reflects the typical database of the project 

partners and benefit from the established connections of the partner organisations ς 

the Peak District National Park Authority (PDNPA) and the South Yorkshire 

Archaeology Service (SYAS) of the city of Sheffield. The partnership allowed me to 

circulate the online questionnaire via the social media channels (Facebook and Twitter) 

of the PDNPA and an existing mailing list of the city of Sheffield, which consisted of 

over 4,000 residents who had agreed to participate in surveys. While this sampling 

strategy has drawbacks, e.g., sample bias and being less representative than other 

methods, it has significant advantages, e.g., time- and cost-effectiveness and ready 

accessibility. This form of sampling was expected to provide a larger database, 

required for the landscape-scale approach taken in this research, than would have 

been possible through other sampling strategies. 

The interview dataset was compiled based on a Typical Case sampling strategy 

(Creswell 2017, 159). The PDNPA suggested potential participants based on their 

knowledge of and particular association with the area. The aim was to gain deep 

insights into the connection between people working and/or living in the PDNA and 

their personal stories of attachment with and relationship to the study area. This 

sampling strategy allowed me to interview a wide range of people from different walks 

of life, age groups, and experiences in the study area. 
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1.5.6 Ethical issues and procedures 

The methods applied in this research were subject to rigorous ethical assessments by 

the University of York (for the ethical application see Appendix 6). As the methods 

developed during the research, including additional data sources, such as social media 

data, and techniques, such as using AI tools, the ethical approval was amended 

accordingly over time. The subsequent additions were assessed and approved (see 

Appendix 7). 

The use of data from living people requires due diligence, data security 

procedures, and safe data handling (the required documents, e.g., consent forms and 

information sheets for participants of the survey and interviews, can be found in 

Appendices 3 and 4). Where possible, anonymity was ensured by using and publishing 

only synthesised data. For example, quotes from social media posts were not 

published, as their origin can be easily identified through an internet search. Similarly, 

only survey information was used that would not allow the identification of individual 

participants. In contrast, the interviewees waived their right to anonymity as the 

information given was presenting a deep insight into the individual and personal 

connection between the participants and their favourite places, which would have 

made anonymisation difficult, if not impossible. 

Ethical issues arose, in particular, from the use of AI tools (for a detailed 

discussion, see Chapter 7). The techniques used in this research were based on both 

supervised and unsupervised learning methods. For example, Topic Modelling was 

based on a statistical method with no introduced bias through pre-labelled training 

data (see Chapter 4). In contrast, the sentiment analysis tool used in the social media 

research introduced this bias through annotated training data (see Chapter 3).  

Further ethical implications were encountered from the potential use of 

models created based on the survey data. Chapters 7 and 8 detail the concerns about 

decision-making based on !L ǘƻƻƭǎΩ models and predictions and the introduced bias 

and limitations of the methods. Appendices for Chapter 8/Appendix 7 also provides 

an addition to the ethical approval, outlining the solution for this issue. 

TƘŜ ΨƘǳƳŀƴ-in-the-ƭƻƻǇΩ ǇǊƛƴŎƛǇƭŜ ǿŀǎ ŦƻƭƭƻǿŜŘ to ensure ethical integrity and 

assess the performance of the AI tools in this research. This was why datasets were 
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small compared to those commonly used in AI approaches. AI is particularly useful for 

analysing large datasets that would take extensive time to annotated and assess. 

However, the clearly limited dataset used in this research allowed a thorough 

familiarisation with the data and processes during the analysis. For example, results of 

the AI analysis were compared with the manual analysis, and discrepancies were 

investigated (see Chapter 3, Sentiment analysis based on emojis as compared to text). 

The following section will provide an overview of the structure of this thesis, 

which is based on a series of peer-reviewed and published papers resulting from this 

research. 

1.6 Outline of the thesis 

This thesis comprises a series of papers published as part of this research. Chapter 2 

will provide a wider background and literature review on specific elements of this 

research. The sequence of the papers in Chapters 3 to 7 reflects the steps and 

sequence in which this research was conducted. Chapter 3 will present the first paper 

focussing on one of the data sources ς social media data. This chapter will also provide 

interim results and outputs of the analysis and discuss potential applications of the 

method. The method is based on information about favourite places and associated 

sentiments from a wide spectrum of social media users. In this chapter, I present 

Natural Language Processing (NLP) for data analysis. The following chapters will build 

on and extend this technique. The chapter also introduces various forms of 

visualisation useful for planning, management, and public engagement. Chapter 4 

narrows the focus of participants to people living and working in the study areas and 

introduces the data collection method of questionnaires in the form of online surveys. 

The chapter will introduce Topic Modelling (TM) for data analysis based on elements of 

Grounded Theory, which allows for the exploration of qualitative data that is free from 

preconceptions and predefined codes. This paper focusses on the thematisation and 

categorisation of reasons behind place attachment based on individual/social values in 

everyday living and working landscapes related to heritage and the historic 

environment. The chapter presents the survey data in a format similar to the social 

media research in Chapter 3 and expands the visual capacities to reflect the deeper 
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information basis presented by this data source. Chapter 5 further narrows the 

spectrum of participants while, at the same time, deepening the exploration of 

reasons behind a strong place attachment and development of social values by using 

the method of in-depth interviews. Using the methodology deployed in the previous 

papers ς NLP and TM ς this represents an application of the techniques to interview 

data. The focus of this chapter is to provide a method for the thematisation and 

categorisation of reasons for rootedness and strong connections to place. With the 

focus on the categorisation concept, this paper applies a similar technique to a 

different data source as used in Chapter 4 and draws from the previous analysis 

experience. Chapter 6 brings the various data sources together and interprets what 

knowledge and understanding can be drawn from the analysis of social media, surveys, 

and interviews while, at the same time, putting the results of the study in the wider 

context of current and future applications. While the limitations and biases specific to 

each data source and method are provided in the respective chapter, Chapter 7 

presents underlying ethical implications and limitations associated with AI 

technologies and tools as a critical reflection of the research conducted based on these 

techniques. While AI has been deployed for the analysis of image-based data in 

archaeology for decades, the deployment of AI tools on text-based data in archaeology 

and heritage management is a recent development, at the time of writing. 

Considerations regarding ethical implications, which posed new challenges and risks 

for research and application, were a strong factor in this research ς on the one hand, it 

provided new opportunities for data analysis and interpretation, and, on the other 

hand, it brought new challenges for data safety and transparency, inclusivity and 

explainability of the processes in view of fair and risk-aware use of the outputs of such 

analyses. The chapter identifies and describes the wider repercussions of automation 

and computerisation of processes in the discipline and beyond. 

How the results presented in the publications have met the aims and objectives 

of the research project will be discussed in Chapter 8. The focus of this research, which 

partnered with the Peak District National Park Authority, UK, and the South Yorkshire 

Archaeological Services of the city of Sheffield, UK, lies firmly on the potential for 

practical application in a real-world scenario. Furthermore, Chapter 8 will summarise 
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the key achievements of the study and provide an outlook for further work in the field 

of social values and AI applications in archaeology and Cultural Heritage Management. 

While further developed techniques, such as deep learning and neural networks, 

including Large Language Models, lay beyond the scope of this research, I provided 

further opportunities for developing this method to an automated categorisation of 

qualitative data based on trained models and supervised learning. 

The References chapter will provide the bibliography for all chapters, with a 

separate section for Software and GitHub repositories. The Appendix will provide 

supplementary material on the papers presented in this thesis and the wider research. 

Furthermore, it will give additional information and code not included in the published 

journal articles in the form of a lab book.  
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2.1 Introduction 

This section will position this research within the context of the historical and current 

heritage discourse1. First, a focus on social values will introduce national and 

international agendas and charters concerning the integration and development of the 

social value and everyday heritage in the heritage sector. Social values will be defined 

and the dilemma of categorisation elaborated (Fredheim and Khalaf 2016, 468; Mason 

2002, 9; Rudolff 2006, 2; Stephenson 2008). Also, the issue around the use of jargon 

and the language of distinctiveness, ƻǊ ΨƴŀǊǊŀǘƛǾŜǎ ƻŦ ƛŘŜƴǘƛǘȅΩ (Rudolff 2006, 229) 

within historic environment datasets will be discussed (see, for example, Common 

Ground 2006; Fairclough et al. 1999, 12; Grove-White 1996, 9). 

Then, the concept of place and place attachment will be defined and the topic 

of landscape-scale mapping applications will be discussed in view of people-centred, 

place-ōŀǎŜŘ ŀǇǇǊƻŀŎƘŜǎΣ Ǿƛǎǳŀƭƛǎŀǘƛƻƴ ƻŦ ŀ ΨǎŜƴǎŜ ƻŦ ǇƭŀŎŜΩ, and character or 

distinctiveness. Tools such as Historic Landscape Characterisation (HLC) and Landscape 

Character Assessment (LCA) will be introduced as examples of landscape assessment 

and interrogation. In the section on socially sustainable development and planning, 

visualising narratives to create social value-based maps, will show a way toward the 

ƛƴǘŜƎǊŀǘƛƻƴ ƻŦ ƭƻŎŀƭ ŜȄǇŜǊǘƛǎŜ ƛƴ ΨƻŦŦƛŎƛŀƭƭȅ ŀǳǘƘƻǊƛǎŜŘΩ ƘŜǊƛǘŀƎŜ ŀǎǎŜǎǎƳŜƴǘ ŦǊŀƳŜǿƻǊƪs, 

combining expert views with local knowledge.  

This chapter will give the necessary background for the following papers, which 

touch on the more detailed descriptions of landscape and heritage management 

concepts as elements of this research. 

2.2 Charters and agendas ς towards social value 

2.2.1 Heritage and inherent value: The old model 

Heritage assessment and management rely on the categorisation of values defined in a 

 

1 See also Chapter 6: Social Landscape Characterisation: A People-Centred, Place-Based 

Approach to Inclusive and Transparent Heritage and Landscape Management 
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canon of values ascribed to monuments, buildings, places, and landscapes that have, in 

ƻƴŜ ŦƻǊƳ ƻǊ ŀƴƻǘƘŜǊΣ ƳŜŀƴƛƴƎ ŀƴŘ ǇƻǘŜƴǘƛŀƭ ǘƻ ŎƻƴǘǊƛōǳǘŜ ǘƻ ǘƘŜ ΨŎǳƭǘǳǊŀƭ ŎŀǇƛǘŀƭΩ ƻŦ 

society (Byrne 2008, 159; Harrison 2010, 243). The definition of heritage and the value 

ǎȅǎǘŜƳ ǿŜǊŜ ŘŜǾŜƭƻǇŜŘ ŦǊƻƳ ǘƘŜ ŦƛǊǎǘ ŀƴǘƛǉǳŀǊƛŀƴǎΩ ǿƻǊƪ ƛƴ ǘƘŜ мтth and 18th 

centuries, with a systematic structuring of heritage in typologies and seriation in the  

19th and 20th centuries (West 2010, 9). This was the environment in which William 

Morris and John Ruskin became influential in establishing the historic and aesthetic 

ǾŀƭǳŜ ƛƴƘŜǊŜƴǘ ƛƴ ǘƘŜ ΨŀǳǘƘŜƴǘƛŎΩ ŦŀōǊƛŎ ƻŦ ōǳƛƭŘƛƴƎǎ ƛƴ ǘƘŜ ǎŜŎƻƴŘ ƘŀƭŦ ƻŦ ǘƘŜ мфth 

century (Jones and Leech 2015, 7; Smith 2006, 89-90). Ruskin also had a vital interest 

ƛƴ ΨŜŘǳŎŀǘƛƴƎ ǘƘŜ ǇŜƻǇƭŜΩ ς a notion that re-emerged in the 20th century, promoted by 

English Heritage and continued by Historic England (Byrne 2008, 168). 

As part of the Ancient Monuments Protection Act 1882, a schedule introduced 

the notion of preserving monuments as islands of importance cut out of the wider 

landscape. This act and legislation of designation that followed started a process of 

ǾŀƭƻǊƛǎŀǘƛƻƴ ŀƴŘ ǎƛƎƴƛŦƛŎŀƴŎŜ ŀǎǎŜǎǎƳŜƴǘ ǿƛǘƘ ŀƴ ŜƳǇƘŀǎƛǎ ƻƴ ƳƻƴǳƳŜƴǘǎ ƻŦ Ψƴŀǘƛƻƴŀƭ 

ƛƳǇƻǊǘŀƴŎŜΩΦ IƻǿŜǾŜǊΣ ǘƘƛǎ ŎƻƴŎŜǇǘ ŀƭǎƻ ŎǊŜŀǘŜŘ ƭŀƴŘǎŎŀǇŜǎ ƻŦ ƛƴǎƛƎƴƛŦƛŎŀƴŎŜ ŀƴŘ 

ǳƴǊŜŎƻƎƴƛǎŜŘ ΨǳƴƻŦŦƛŎƛŀƭΩ ŀǎǇŜŎǘǎ ƻŦ ǘƘŜ ƘƛǎǘƻǊƛŎ ŜƴǾƛǊƻƴƳŜƴǘ (Harrison 2010, 240; 

Ireland, Brown and Schofield 2020). 

The devastation of the two World Wars led to the establishment of the first 

charters concerning the historic environment with an initial focus on buildings and 

structures. The Athens Charter for the Restoration of Ancient Monuments of 1931 

(ICOMOS 2021b), as well as the Venice Charter of 1964 (ICOMOS 1964) ŀƴŘ ¦b9{/hΩǎ 

Convention Concerning the Protection of the World Cultural and Natural Heritage in 

1972 (UNESCO 2021a) ŎƻƴǘƛƴǳŜŘ ǘƘŜ ŎƻƴŎŜǇǘ ƻŦ ΨŀǳǘƘŜƴǘƛŎƛǘȅΩΣ ǊŜƭȅƛƴƎ ƻƴ the historic, 

scientific, and aesthetic value inherent in the material structure of ancient buildings, 

monuments, and sites (Ahmer 2020, 151; Jones and Leech 2015, 7-8; Jones 2017, 23). 

2.2.2 Heritage and social values: The new model 

¢ƘŜ ΨŎǳƭǘǳǊŀƭ ǘǳǊƴΩ ƛƴ ǘƘŜ ǎŜŎƻƴŘ ƘŀƭŦ ƻŦ ǘƘŜ нлth century changed the understanding of 
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heritage values2 (Bonnell and Hunt 1999; Cosgrove 2004; for political and economic 

consequences, see Torre de la 2002, 3; Pearson 1995, 126; Pendlebury and Gibson 

2016, 1-2). The emphasis shifted to a ΨƭƻŎŀƭΩ ǘƘŜƻǊȅ ƛƴǎǘŜŀŘ ƻŦ ŀ ΨgrandΩ theory, 

meaning instead of objectivity, identity and materiality, the focus was on hybridity and 

relations (Cox 2014, 105). 

The second half of the 20th century was dominated by the development of 

ŎƘŀǊǘŜǊǎ ŀƴŘ ŀƎŜƴŘŀǎ ǘƻ ƛƴǘŜƎǊŀǘŜ ΨŜǾŜǊȅŘŀȅ ƘŜǊƛǘŀƎŜΩ ŀƴŘ ǘƘŜ ǇŜǊŎŜǇǘƛƻƴǎ ƻŦ ƭŀȅ 

people in heritage and landscape management. The conventions of the Council of 

Europe (CoE)3 became influential in the reorientation of value definitions4. 

Furthermore, the Amsterdam Charter of 1975 (European Charter for the Architectural 

Heritage) introduced key principles that would become the foundations of heritage 

thinking in the decades to come by introducing the principles of: 

¶ ΨƘŜǊƛǘŀƎŜ ŀǎ ŎŀǇƛǘŀƭ ƻŦ ƛǊǊŜǇƭŀŎŜŀōƭŜ ǎǇƛǊƛǘǳŀƭΣ ŎǳƭǘǳǊŀƭΣ ǎƻŎƛŀƭ ŀƴŘ ŜŎƻƴƻƳƛŎ 

ǾŀƭǳŜΩ (Council of Europe 1975, Article 3) 

¶ ǇŜƻǇƭŜ ƘŀǾƛƴƎ Ψŀƴ ƛƴǎǘƛƴŎǘƛǾŜ ŦŜŜƭƛƴƎ ŦƻǊ ǘƘŜ ǾŀƭǳŜ ƻŦ ǘƘƛǎ ƘŜǊƛǘŀƎŜΩ (Council of 

Europe 1975, Article 2) 

¶ the importance of heritage to contemporary society, the broadening of the 

view from important monuments to their wider setting (Council of Europe 

1975, Article 1) 

¶ ǘƘŜ ŎƻƴǘǊƛōǳǘƛƻƴǎ ƘŜǊƛǘŀƎŜ Ŏŀƴ ƳŀƪŜ ǘƻ ŀ ΨƘŀǊƳƻƴƛƻǳǎ ǎƻŎƛŀƭ ōŀƭŀƴŎŜΩ (Council 

of Europe 1975, Article 4) 

Additionally, the Dresden Declaration of 1982 introduced the principle that 

ƳƻƴǳƳŜƴǘǎ Ŏŀƴ ƘŀǾŜ ΨǎȅƳōƻƭƛŎ ǾŀƭǳŜΩ ŀƴŘ ΨǎǇƛǊƛǘǳŀƭ ǾŀƭǳŜΩ (ICOMOS 2021a, Article 7 

 

2 For changing understanding of values and the role of professionals as opposed to public 

participation, see Chapter 4.2. 

3 https://www.coe.int/en/web/portal/home 

4 For more on the CoE see Chapter 4.2 and B. Appendices for Chapter 4: Supplementary 

material 1. 

https://www.coe.int/en/web/portal/home
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and 9)5Φ !ƭǎƻΣ ǘƘŜ ǘŜǊƳ ΨǇƭŀŎŜΩ ǿŀǎ ŘŜŦƛƴŜŘ ƳƻǊŜ ōǊƻŀŘƭȅ ƛƴ ǘƘŜ ŜȄǇƭŀƴŀǘƻǊȅ ƴƻǘŜǎ ƻŦ 

the Burra CƘŀǊǘŜǊ ŀƴŘ ƛƴŎƭǳŘŜŘ ΨǘǊŀǾŜƭ ǊƻǳǘŜǎΣ ŀ ŎƻƳƳǳƴƛǘȅ ƳŜŜǘƛƴƎ ǇƭŀŎŜΣ ŀ ǎƛǘŜ ǿƛǘƘ 

ǎǇƛǊƛǘǳŀƭ ƻǊ ǊŜƭƛƎƛƻǳǎ ŎƻƴƴŜŎǘƛƻƴΩ. It ŀŎƪƴƻǿƭŜŘƎŜǎ ΨƴŀǘǳǊŀƭ ŜƭŜƳŜƴǘǎΩ ƻǊ ΨǎǇŀŎŜǎ ŀƴŘ 

ǾƛŜǿ ǘƘŀǘ ƳƛƎƘǘ ōŜ ǇŀǊǘ ƻŦ ǘƘŜ ǎƛƎƴƛŦƛŎŀƴŎŜ ƻŦ ŀ ǇƭŀŎŜΩ (ICOMOS 2013, Explanatory 

Notes to Article 1). Regarding the participation of non-experts, the charter states: 

Groups and individuals with associations with a place as well as those involved in 

its management should be provided with opportunities to contribute to and 

participate in understanding the cultural significance of the place. Where 

appropriate they should also have opportunities to participate in its conservation 

and management (ICOMOS 2013, Article 26, Paragraph 3, original emphasis). 

Despite weaknesses and room for interpretation6, many experts have seen the 

Burra Charter as the adoption of social values into the canon of heritage values. The 

ŎƘŀǊǘŜǊΩǎ ƛƴŦƭǳŜƴŎŜ ƻƴ ŎƻƴǎŜǊǾŀǘƛƻƴ ǇǊŀŎǘƛŎŜ ŀƴŘ ƎǳƛŘŀƴŎŜ ƛƴ ǘƘŜ ¦Y ǿŀǎ ŀŎƪƴƻǿƭŜŘƎŜŘ 

ŀǎ ŀ ΨǿŀǘŜǊǎƘŜŘΩ ƳƻƳŜƴǘ ŜƴŎƻǳǊŀƎƛƴƎ ǘƘŜ ǇŀǊǘƛŎƛǇŀǘƛƻƴ ƻŦ everybody (Chitty 2016, 1). 

Particularly crucial in this quote is the mention of individuals as having an interest. As 

shown in Chapter 6 and emphasised by Johnston (2023), the individual is not 

recognised in current approaches, which focus on project work with predefined groups 

and communities. 

 

5 For a critique of adherence to the principles of the Authorised Heritage Discourse (AHD) 

inherent in these documents, such as the Athens and Venice Charters mentioned before, 

as well as the Burra Charter (Australia ICOMOS Charter for Places of Cultural Significance, 

first adopted in 1979 (ICOMOS 1979); Australia ICOMOS and International Council on 

Monuments and Sites 2013 (ICOMOS 2013)) see Smith 2006, 113. These documents also 

strengthen the role of heritage experts (Smith 2006, 104). 

6 Important in this respect are, however, the parts in the paragraph that are not emphasised, 

and Smith argues that they reflect the key issues in line with the AHD in that the parties 

ŀǊŜ ǎǳǇǇƻǎŜŘ ǘƻ ōŜ ƛƴǾƛǘŜŘ ǘƻ ΨǳƴŘŜǊǎǘŀƴŘΩ ǘƘŜ ǎƛƎƴƛŦƛŎŀƴŎŜ ǊŀǘƘŜǊ ǘƘŀƴ express their own 

experiences and views (Smith 2006, 104)6. Furthermore, the role of experts is again 

ǊŜƛƴŦƻǊŎŜŘ ōȅ ǘƘŜ ŘŜƳŀƴŘ ǿƛǘƘƛƴ ǘƘŜ ŎƘŀǊǘŜǊ ǘƘŀǘ ΨǎǳǇŜǊǾƛǎƛƻƴ ώΦΦΦϐ ǎƘƻǳƭŘ ōŜ 

ƛƳǇƭŜƳŜƴǘŜŘ ōȅ ǇŜƻǇƭŜ ǿƛǘƘ ŀǇǇǊƻǇǊƛŀǘŜ ƪƴƻǿƭŜŘƎŜ ŀƴŘ ǎƪƛƭƭǎΩ (Smith 2006, 105) 
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Furthermore, in the US, the Getty Conservation Institute in Los Angeles 

undertook a research project into the value of heritage in the years between 1998 and 

2005 (Avrami, Mason and de la Torre 2000; Torre de la 2002; Mason 1999). This 

project demonstrated a continuation of the value discourse and the importance of the 

historic environment in creating community values as an expression of a societal shift. 

International conventions ǎǘǊƻƴƎƭȅ ƛƴŦƭǳŜƴŎŜŘ ǘƘŜ ¦YΩǎ ƘŜǊƛǘŀƎŜ practices and 

policies, introducing social aspects of everyday landscapes, local knowledge, and public 

participation. Both the European Landscape Convention (Florence Convention) 

(Council of Europe 2000) and the Framework Convention on the Value of Cultural 

Heritage for Society (Faro Convention) (Council of Europe 2005; see also Schofield 

2015) ǎǘǊŜǎǎŜŘ ǘƘŜ ƛƳǇƻǊǘŀƴŎŜ ƻŦ ŎƻƳƳǳƴƛǘƛŜǎ ŀƴŘ ƛƴŘƛǾƛŘǳŀƭǎΩ ǊƛƎƘǘǎ ǘƻ ǾƻƛŎŜ ǘƘŜƛǊ 

views democratically and engage with heritage alongside the professional community. 

The latter also stressed the social value aspect more strongly but was not ratified by 

the UK. Jones and Leech (2015, 10) argue that these ideas still strongly influenced the 

English Heritage (and later Historic England) guidelines and advice in, for example, 

9ƴƎƭƛǎƘ IŜǊƛǘŀƎŜΩǎ Power of Place: A Force for Our Future (English Heritage 2000), 

Knowing your place (English Heritage 2011a) and the Conservation Principles (English 

Heritage 2008)7. These documents focussed on the connection between people and 

places and active participation of communities in development of neighbourhoods. 

The Florence Convention was ratified and enforced in the UK in 2007 (Herring 2009, 

68)8 ŀƴŘ ŜƳǇƘŀǎƛǎŜǎΣ ŦƻǊ ŜȄŀƳǇƭŜΣ ǘƘŜ ŀǎǇŜŎǘ ƻŦ ǘƘŜ ƭŀƴŘǎŎŀǇŜ ŀǎ ΨŜǾŜǊȅŘŀȅ ŀǊŜŀǎΩΥ 

Acknowledging that the landscape is an important part of the quality of life for 

people everywhere: in urban areas and in the countryside, in degraded areas as 

well as in areas of high quality, in areas recognised as being of outstanding beauty 

as well as everyday areas (Council of Europe 2000, Preamble). 

 

7 For more on the Conservation Principles see Chapters 4 and 6. 

8 HLC developed in the 1990s in the UK directly influenced the convention. Some of the people 

involved in defining the conventionΩǎ objectives and recommendations also worked on 

characterisation projects, such as Fairclough (England) and Fojut (Scotland). 
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¢ƘŜ ōŜƎƛƴƴƛƴƎ ƻŦ ǘƘŜ нмǎǘ ŎŜƴǘǳǊȅ ǎŀǿ ǘƘŜ ŜǊƻǎƛƻƴ ƻŦ ΨƘŀǊŘ ƭƛƴŜǎΩ ŘƛǾƛŘƛƴƎ ǘƘŜ 

cultural and natural environment and the tangible and intangible, leading to the 

acknowledgement that values are created and negotiated in a dynamic process 

between people, communities, and places (Byrne 2008, 158; Jones 2017, 21; Turner 

2018, 38-39). These strong dichotomies were questioned and subsequently reversed 

(see, e.g., Byrne and Ween 2015; Harrison 2015; Fredengren 2015). The dissolution of 

dichotomies in heritage thinking and categorisation influenced the discussion on 

categorisation per se (see Chapter 2.4 for the categorisation dilemma of social values). 

The Faro Convention ended these strong dichotomies (Jokilehto 2016, 20) and 

advocated a holistic approach to cultural heritage by stating: 

Cultural heritage is a group of resources inherited from the past which people 

identify, independently of ownership, as a reflection and expression of their 

constantly evolving values, beliefs, knowledge, and traditions. It includes all 

aspects of the environment resulting from the interaction between people and 

places through time. (Council of Europe 2005, Article 2a). 

2.2.3 Conclusion 

In summary, the development of heritage values and categorisation has shown a trend 

from an expert-led, significance-based, site-oriented understanding of heritage and 

the wider historic landscape to community-focussed everyday heritage concepts. 

Social values were defined and advised in international charters and agendas and 

ƴŀǘƛƻƴŀƭ ǇƻƭƛŎƛŜǎ ŀƴŘ ƎǳƛŘŜƭƛƴŜǎΦ tŜƻǇƭŜΩǎ Ǿƛǎƛƻƴǎ and needs gained importance in a 

society that prioritised the social benefit of heritage and a sense of place, belonging 

and identity as a new benchmark for the preservation and conservation of the historic 

environment, including mundane and everyday things that people value in working 

ŀƴŘ ƭƛǾƛƴƎ ŜƴǾƛǊƻƴƳŜƴǘǎΦ IƛǎǘƻǊƛŎ 9ƴƎƭŀƴŘΩǎ /ƻǊǇƻǊŀǘŜ tƭŀƴ ǇǊƛƻǊƛǘƛŜǎ emphasise the 

ƛƳǇƻǊǘŀƴŎŜ ƻŦ ΨŎƻƴƴŜŎǘŜŘ ŎƻƳƳǳƴƛǘƛŜǎΩ ŀƴŘ ΨŀŎǘƛǾŜ ǇŀǊǘƛŎƛǇŀǘƛƻƴΩ (Historic England 

2023). The topic of ΨEveryday HeritageΩ has also been further developed at Historic 

England with the launch of several Everyday Heritage projects with a particular focus 
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on working-class histories9.  

A range of diverse projects have shown how social values can be identified and 

meaningfully integrated into heritage and landscape management. Chapters 1.2 and 

1.3.  discuss examples of such community engagement and participation approaches. 

The next section provides an overview of social value development in research and the 

challenge in practical applications. 

2.3 Social values 

2.3.1 Definition 

As shown aboveΣ ǘƘŜ ΨŎǳƭǘǳǊŀƭ ǘǳǊƴΩ ǿƛǘƘƛƴ ǘƘŜ ƘŜǊƛǘŀƎŜ ǎŜŎǘƻǊ ǎƛƎƴƛŦƛŜŘ ŀ ƴŜǿ 

understanding of the relationship between people and the historic environment 

(Johnston 1992, 7; 2023; Jones 2017, 21-25; Rudolff 2006, 4; Waterton, Smith and 

Campbell 2006, 393). The emphasis on values shifted towards the sense of place, 

belonging and identity. The significance of the historic environment for contemporary 

communities and forms of memory and spiritual association as key principles of the 

new engagement with everyday heritage gained importance. Also, the views of 

laypeople regarding their environment were treated as an essential part of 

understanding the quality of places. TƘŜ ƴƻǘƛƻƴ ƻŦ ŀ ΨǎŜƴǎŜ ƻŦ ǇƭŀŎŜΩ, especially, has 

been the subject of extensive discussions within the heritage sector (Byrne 2008, 155; 

Clifford and King 1996, 10; Harrison 2010, 243; Jones 2017, 21; Jones and Leech 2015; 

Johnston 1992, 10; 2017; 2023; Meinig 1979, 3; Schofield 2007, 111). Place can be 

understood as an abstract construct of practice and experience different from locality 

(Pink 2012, 3), while a sense of place is created in terms of a spatial entity, material 

form, or specific environment. The human geographer Yi-Fu Tuan introduced the term 

ΨǎŜƴǎŜ ƻŦ ǇƭŀŎŜΩ ƻǊ Ψ¢ƻǇƻǇƘƛƭƛŀΩ10 (Tuan 1977, 1) in human geography, expressing 

 

9 https://historicengland.org.uk/campaigns/help-write-history/everyday-heritage-grants/ 

10 ²ΦIΦ !ǳŘŜƴ ŦƻǊƎŜŘ ǘƘŜ ǘŜǊƳ ƛƴ Ƙƛǎ ƛƴǘǊƻŘǳŎǘƛƻƴ ǘƻ WƻƘƴ .ŜǘƧŜƳŀƴΩǎ ōƻƻƪ Ψ{ƭƛŎƪ ōǳǘ ƴƻǘ 

ǎǘǊŜŀƳƭƛƴŜŘΩ ƛƴ мфпт ǿƘŜƴ ƘŜ ǿǊƻǘŜΥ Ψ¢ƻǇƻǇƘƛƭƛŀ ŘƛŦŦŜǊǎ ŦǊƻƳ ǘƘŜ ŦŀǊƳŜǊΩǎ ƭƻǾŜ ƻŦ Ƙƛǎ 

ƘƻƳŜ ǎƻƛƭ ŀƴŘ ǘƘŜ ƭƛǘŜǊŀǘǳǊŜΩǎ Ŧǳǎǎȅ ǊŜƎƛƻƴŀƭ ǇŀǘǊƛƻǘƛǎƳ ƛƴ ǘƘŀǘ ƛǘ ƛǎ ƴƻǘ ǇƻǎǎŜǎǎƛve or 

https://historicengland.org.uk/campaigns/help-write-history/everyday-heritage-grants/
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emotions of security, warmth, and familiarity associated with a place. Such emotional 

connection can create social value, expressed through, for example, oral history, local 

history and genealogy, festivals, everyday practices, graffiti, traditions, and memorial 

events (Jones 2017, 25). They are also spiritual and religious associations, symbols, and 

subjects of official narratives and folktales (ICOMOS 2013, Explanatory Note, Article 1; 

English Heritage 2008, 31-32; Jones 2017, 24-25; Jones and Leech 2015, 33; Tiller 2020, 

281). Social value and the reasons behind it form the local knowledge sources within 

communities (Tiller 2020, 1-3).  

Jones and Leech (2015, 5) ŀǊƎǳŜŘ ǘƘŀǘ ƘŜǊƛǘŀƎŜ ƛǎ ΨǇǊƻŘǳŎŜŘ ǘƘǊƻǳƎƘ 

ŜȄǇŜǊƛŜƴŎŜ ŀƴŘ ǇǊŀŎǘƛŎŜΩ ŀƴŘ Ŏƻƴǘƛƴǳƻǳǎƭȅ ŎǊŜŀǘŜŘ ŀƴŘ ƴŜƎƻǘƛŀǘŜŘ ŘȅƴŀƳƛŎŀƭƭȅ ŀƴŘ 

fluidly (see also Byrne 2008, 169; Jones 2017, 21). The production of values depends 

on the meaning communities ascribe to their environment, and, in doing so, they 

ŎǊŜŀǘŜ ƘŜǊƛǘŀƎŜ ǿƛǘƘ ƭƻŎŀƭ ƻǊ ŜǾŜǊȅŘŀȅ ǎƛƎƴƛŦƛŎŀƴŎŜΦ ¢Ƙƛǎ ƛǎ ŀ ΨŎǳƭǘǳǊŀƭ ŀƴŘ ǎƻŎƛŀƭ ǇǊƻŎŜǎǎΩ 

(Smith 2006,2) that Ŏŀƴ ōŜ ǳƴŘŜǊǎǘƻƻŘ ŀǎ ΨƘŜǊƛǘŀƎŜ ǿƻǊƪΩ (Byrne 2008, 171; Jones 

2017, 24-25; Smith 2006, 1). Smith (2006, 59-60) ǊŜŦŜǊǊŜŘ ǘƻ ǘƘƛǎ ŎƻƴŎŜǇǘ ŀǎ ΨƳŜƳƻǊȅ 

ǿƻǊƪΩΣ ŀ ǇŜǊǎƻƴŀƭΣ ŎƻƭƭŜŎǘƛǾŜΣ ŜƳƻǘƛƻƴŀƭƭȅ ŎƘŀǊƎŜŘ ŀŦŦŜŎǘƛƻƴ ŘƛŦŦŜǊŜƴǘ ŦǊƻƳ ƻŦŦƛŎƛŀƭ 

history. 

2.3.2 Practical approaches to social value assessment 

The 1990s saw an increasing interest in ethnographic studies in place, perception, and 

phenomenological experience of the environment (Pink 2012, 37). Several approaches 

in academic research projects showed the benefits of participatory and people-centred 

approaches (Cinderby, Snell and Forrester 2008; Cinderby et al. 2012; Jones and Leech 

2015; Jones 2017; Nardi 2014). However, integration into heritage practice and 

management is still viewed as problematic for different reasons (Emerick 2016, 65-66). 

For example, sƻŎƛŀƭ ǾŀƭǳŜǎ ŀǊŜ ΨǎƻŦǘΩ ŀƴŘ ΨŦǳȊȊȅΩ ŘŀǘŀΣ ŀƴŘ ŎƻƭƭŜŎǘing ǎǳŎƘ ΨǎƭƛǇǇŜǊȅΩ Řŀǘŀ 

can be challenging (Pearson 1995, 156); they might be indecipherable, not easily 

 

ƭƛƳƛǘŜŘ ǘƻ ŀƴȅ ƻƴŜ ƭƻŎŀƭƛǘȅ ώΧϐ ƛǘ Ƙŀǎ ƭƛǘǘƭŜ ƛƴ ŎƻƳƳƻƴ ǿƛǘƘ ƴŀǘǳǊŜ ƭƻǾŜΦ ²ƛƭŘ ƻǊ 

unhumanised nature holds no charms for the average topophile because it is lacking 

ƘƛǎǘƻǊȅ ώΧϐΩΦ (Betjeman 1947, 11) 
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understood (English Heritage 2008, 32), ŀƴŘ ƴƻǘ ǊŜŎƻƎƴƛǎŜŘ ōȅ ΨƻǳǘǎƛŘŜǊǎΩ, especially 

ƘŜǊƛǘŀƎŜ ŜȄǇŜǊǘǎ ǿƘƻ ΨǇŀǊŀŎƘǳǘŜΩ ƛƴ ǘƻ ŀǎǎŜǎǎ ǘƘŜ ǎƛƎƴƛŦƛŎŀƴŎŜ ƻŦ ŀƴ ƻōƧŜŎǘ (Emerick 

2016, 75; see also Byrne, Brayshaw and Ireland 2003, 3). The reluctance to change and 

adapt practice has been seen as a factor in the slow integration of social values into 

the official practice (Emerick 2016, 65). 

Public involvement and participation have become a focus for development 

over the last three decades, and the role of experts has been at the centre of 

discussions. As Smith (2006, 94) points out, the way heritage is managed influences 

public opinion (Avrami 2009, 179; Hølleland and Skrede 2019, 833; Schofield 2014; 

Emerick 2016; Jokilehto 2016, 31)11. The change towards inclusion and participation 

led to research and community projects with the creation of social value toolkits and 

community initiatives12. 

However, due to their subjective, qualitative nature, social values are 

inherently difficult to collect, analyse, and use in a system dominated by (apparently) 

robust, objective, measurable data sets commonly associated with heritage practice 

(English Heritage 2008, 36; Jones and Leech 2015, 15; Mason 2002, 9)13. Social values 

are now accepted in the heritage sector but remain a complex concept (Pearson 1995, 

21)Φ ²ŜƛƎƘƛƴƎ ǘƘŜƳ ŀƎŀƛƴǎǘ ƻǘƘŜǊ ΨǘǊŀŘƛǘƛƻƴŀƭΩ ǾŀƭǳŜǎ ǎǘƛƭƭ ƳŀǊƎƛƴŀƭƛǎŜǎ ǘƘƛǎ ŎŀǘŜƎƻǊȅ 

(Byrne 2008, 156; Dalglish 2018, 20-21; Jones 2017, 25; Mason 2002, 10). The 

following section will introduce categorisation and the narrative approach as crucial 

elements for a systematic approach to social value integration into existing official 

assessment frameworks. 

 

11 For a discussion on the role of experts and laypeople in heritage assessment and decision-

making see Chapter 6. 

12 For a detailed discussion of past and current projects and initiatives on social value 

assessment see Chapter 1.2. 

13 For the challenges of collecting social values, see Chapter 3, 4, and 5. 
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2.4 Categorisation and narratives 

2.4.1 Value categorisation ς Background 

Categorisation ensures a degree of consistency and reproducibility in assessment 

frameworks. From the beginning of the category systems in the 19th and 20th 

centuries, the definition of value categories aimed to make the historic environment 

comparable, decision processes consistent and replicable, and significance and 

conservation aims descriptive (Mason 2002, 9)14. However, the constraints of a rigid 

system applied to fluid and dynamic values have been found unsuitable, and other 

approaches or extensions to existing categorisations frameworks have been proposed. 

The categorisation of heritage values constitutes a considerable challenge within the 

heritage management sector. The balance between generalisation and 

particularisation, resulting in a too broad or too fine-grained category system, defies 

the notion of fluid and dynamic value creation within the historic environment. 

After a period of increasing separation into broader categories, such as natural 

and cultural landscapes (West 2010, 3; UNESCO 1972), or tangible and intangible 

heritage (UNESCO 2018), such a divisionΩǎ nonexistence in the real world has been 

widely acknowledged. Subsequently, the trend shifted towards a holistic approach to 

heritage (Byrne, Brayshaw and Ireland 2003, 24; English Heritage 1997, 3; Harrison 

 

14 Alois Riegl, an art historian and general conservator in Austria, established the first 

systematic categorisation of heritage values, creating a framework for heritage 

professionals (Ahmer 2020, 151). Riegl defined two categories of value at the beginning 

of the 20th century which became canonical for the heritage sector: memorial values 

(age, historical and intended value) and present-day values (use, art, newness, and 

relative art values) (Ahmer 2020, 150; Pendlebury and Gibson 2016, 6-7; Riegl 1903; 

Walter 2014, 634). Historically, value that would determine preservation was defined by 

ŀƴ ŜƭƛǘŜ ƎǊƻǳǇ ƻŦ ǇǊƻŦŜǎǎƛƻƴŀƭǎ ǿƘƻ ΩǊŜƭƛŜŘ ƻƴ ƛŘŜŀǎ ƻŦ ǎŜƭŜŎǘƛƻƴ ŀƴŘ ŎƭŀǎǎƛŦƛŎŀǘƛƻƴ 

eventually expressed in state-defined and controlled lists, and on principles of 

ŎƻƴǎŜǊǾŀǘƛƻƴΩ (Pendlebury and Gibson 2016, 6-7). 

 



45 
 

2010, 2015; Pearson 1995, 315; Rudolff 2006, 2). Also, places often have an intangible 

aspect, and vice versa, intangible values can have a spatial connection (Kaufman 2013, 

20). Therefore, new valorisation models were needed to include these new ideas and 

aspects of heritage and landscapes, which will be detailed in the next section.  

2.4.2 Development of new categorisation approaches 

Fredheim and Khalaf (2016, 468, Table 1) produced a historical overview of the various 

ΨǘȅǇƻƭƻƎƛŜǎ ŦƻǊ ŎǳƭǘǳǊŀƭ ƘŜǊƛǘŀƎŜΩΦ ¢ƘŜ ŎƻƳǇŀǊƛǎƻƴ ǎƘƻǿǎ ǘƘŀǘ ǘƘƛǎ ǎȅǎǘŜƳŀǘƛŎ 

organisation of values became increasingly inflexible over time, leading to a canonical, 

traditional, conservative view on the historic environment, and thereby limiting social 

valueΩs flexibility and dynamic character. The traditional system proved outdated and 

not suitable for the postmodern view, leading to a rethinking of the value categories, 

the methods to capture these, and the question of whether categorisation itself is 

useful. 

Several value systems have been developed (Fredheim and Khalaf 2016, 468; 

Mason 2002, 9) as a basis for significance assessments. These are firmly rooted within 

the traditional thinking developed in the 18th and early 19th centuries while adapting 

to the needs of the time. However, as Smith (2006, 105, 299) has pointed out, real 

change within the profession has not prevailed over the canonical categories and the 

weighing of values against each other. Stephenson (2008) suggested a Cultural Value 

Model ǘƘŀǘ ōǊŜŀƪǎ ǳǇ ǘǊŀŘƛǘƛƻƴŀƭ ǾŀƭǳŜ ŎŀǘŜƎƻǊƛŜǎΦ {ǘŜǇƘŜƴǎƻƴΩǎ ƳƻŘŜƭ ōǊŜŀƪǎ ǿƛǘƘ ǘƘŜ 

traditional categories by dissolving the value categories of historical, evidential, 

ŀŜǎǘƘŜǘƛŎΣ ŀƴŘ ŎƻƳƳǳƴŀƭ ǾŀƭǳŜǎ ŀƴŘ ǊŜƻǊƎŀƴƛǎƛƴƎ ǘƘŜƳ ōŀǎŜŘ ƻƴ ΨǊŜƭŀǘƛƻƴǎƘƛǇǎΣ ŦƻǊƳǎ 

ŀƴŘ ǇǊŀŎǘƛŎŜǎΩ (Stephenson 2008, 134 -135, and 134, Fig. 2). Stephenson not only 

reorganises existing value categories, but also adds new concepts. For example, he 

includes categories of natural landscape aspects, social or community aspects as 

traditions and practices, and relationships as memories, senses of place and 

attachment15. 

 

15 For the extension of categories in a flexible system, compare Chapter 4.4.2. 
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This model offers less rigid compartmentalisation of the different aspects, 

organising values by dissolving the traditional value categories and opening them up to 

a more holistic view of the landscape. It also reinterprets time-depth by differentiating 

surface values of the present from embedded values of past cycles of value creation 

(Stephenson 2008, 135-136, and 137, Fig. 6). The model offers a more open, flexible, 

and inclusive approach to value assessment and includes additional intangible aspects 

of the landscape that are often elusive and difficult to integrate into the practical 

process of landscape assessment and management (Stephenson 2008, 136). This 

approach is supported by the notion of Clifford and King (1996, 9), arguing that only 

ƻǳǘǎƛŘŜ ƻŦ ǘƘŜ ΨƻŦŦƛŎƛŀƭΩ ŦǊŀƳŜǿƻǊƪǎ ŀǊŜ ǇŜƻǇƭŜ ǇŜǊƳƛǘǘŜŘ Ψǘƻ ŘŜǾƛǎŜ their own and 

ǎƘŀǊŜŘ ŎŀǘŜƎƻǊƛŜǎ ƻŦ ƳŜŀƴƛƴƎΩ όŜƳǇƘŀǎƛǎ ōȅ ǘƘŜ ŀǳǘƘƻǊύ, as they were at that time. 

Jones (2017, 22) ŀƭǎƻ ǉǳŜǎǘƛƻƴŜŘ ǘƘŜ ǘǊŀŘƛǘƛƻƴŀƭ ŀǇǇǊƻŀŎƘ ŀǎ ƛǘ ΨǘŜƴŘǎ ǘƻ ƻōƧŜŎǘƛŦȅ ŀƴŘ 

ŦƛȄ ŘƛŦŦŜǊŜƴǘ ŎŀǘŜƎƻǊƛŜǎ ƻŦ ǾŀƭǳŜΩΦ {ŎƘƻŦƛŜƭŘ (2007, 113) emphasised the spatial 

ŘƛƳŜƴǎƛƻƴ ƻŦ ƳŜŀƴƛƴƎ ŀǎ ΨŀŎǘƛǾƛǘƛŜǎ ŎƻƴŘǳŎǘŜŘ ƛƴ ǇŀǊǘƛŎǳƭŀǊ ǇƭŀŎŜǎ όǇƻƛƴǘǎύΣ ƎŜƴŜǊƛŎ 

activity at a landscape scale (space or areas), and activities that are not place-specific 

ŀƴŘ ǊŜƭŀǘŜ ƳƻǊŜ ǘƻ ǘŜƳǇƻǊŀƭƛǘȅ όǘǊŀƧŜŎǘƻǊƛŜǎ ƻǊ ǘƘŜ ƭƛƴŜǎ ƻŦ ƧƻǳǊƴŜȅǎύΩΦ Such an 

approach emphasises the spatial connection between the abstract concepts of 

meaning, time, and place. 

Most of the approaches presented in this overview attempt to introduce a level 

of flexibility to the field of social and heritage values but still predefine value 

categories16. While the approaches are expert-led and top-down, heritage values must 

be categorised in a bottom-up approach to truly reflect the value heritage and the 

ƘƛǎǘƻǊƛŎ ŜƴǾƛǊƻƴƳŜƴǘ ƘŀǾŜ ŦƻǊ ǘƘŜ ǇŜƻǇƭŜΦ wŜŦƭŜŎǘƛƴƎ ǇŜƻǇƭŜΩǎ ƴŜŜŘǎΣ Ǿƛǎƛƻƴǎ ŀƴŘ 

aspirations should be grounded in and emerge ŦǊƻƳ ǇŜƻǇƭŜΩǎ ǇŜǊǎƻƴŀƭ ŎƻƴƴŜŎǘƛƻƴǎ ǘƻ 

places, using language that stems from such experiences and attachments. A method 

that allows capturing of latent themes or dominant topics in the narrative of individual 

 

16 Compare the Cultural Mapping project for the identification of tangible and intangible 

aspects of places (https://bangkok.unesco.org/content/cultural-mapping) (Currie and 

Miranda Correa 2021; Currie and Correa 2022; McKeithen 2015). 

https://bangkok.unesco.org/content/cultural-mapping
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experiences, conveying the reasons for valuing or attaching to places, would benefit 

from a Grounded Theory approach (Charmaz 2006; Odacioglu and Zhang 2022)17. 

The next section will elaborate on the challenge of introducing a common 

language that can benefit communication between laypeople and experts. 

2.4.3 Narratives and new language 

The role of the heritage professional and public engagement methods have changed 

over the past decades. An important aspect of engaging the public is adapting the 

language to make heritage more accessible for lay people. Local heritage and 

landscape management need a common language to negotiate and express values and 

aspects of heritage (Byrne 2008, 165). Commonly heritage practice is dominated by 

jargon that excludes terms of social values and non-expert opinions as expressed by 

laypeople. Unfamiliar jargon used by experts in assessing the historic environment 

makes it more difficult for laypeople to understand and engage with heritage (Grove-

White 1996, 9). A new approach to heritage practice can help dissolve the strict 

division of experts and laypeople and encourage dialogue and cooperation (Schofield 

2015b; 2016) based on the narratives and stories of ordinary people in their everyday 

lives and lived-in worlds (as discussed in Chapter 1.5.4)Φ CƻǊ ŜȄŀƳǇƭŜΣ ǘƘŜ Ψ!ƭǇƘŀōŜǘ ƻŦ 

5ƛǎǘƛƴŎǘƛǾŜƴŜǎǎΩ ŀǊǘƛŎǳƭŀǘed of essential terms of the meaning of places and formed the 

basis for creative writing about local places (Common Ground 2006; see also Crouch 

1996, 22; Hayden 1995, 64). Using it as a basis for a terminology closer to a common 

language that would be understood and making datasets, such as Historic Landscape 

Characterisation, more accessible for laypeople, was suggested (Fairclough et al. 1999, 

12). A new alphabet of local distinctiveness might help create a more inclusive 

language as it is based on the stories of the people (see Fairclough et al. 1999, 12; 

Hayden 1995, 66). This approach is similar to what Rudolff (2006, 229) referred to as 

ΨƴŀǊǊŀǘƛǾŜǎ ƻŦ ƛŘŜƴǘƛǘȅΩ ŦǊƻƳ ǿƘƛŎƘ ŀ ǾŀƭǳŜ ǎȅǎǘŜƳ Ŏŀƴ ōŜ ŎǊŜŀǘŜŘΦ 

 

17 For a discussion on Grounded Theory and the use of emerging themes from empirical 

research, see Chapters 4 to 6. 
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A different language can also mean other ways to express the meaning of 

landscapes, and art and performance have been proven as media that can share such 

ƛƴǘŀƴƎƛōƭŜ ƛŘŜŀǎ ƻŦ ǇƭŀŎŜǎ ŀƴŘ ƭŀƴŘǎŎŀǇŜǎ ǿƛǘƘ ΨƻǳǘǎƛŘŜǊǎΩΦ {ǳŎƘ ŜȄǇǊŜǎǎƛƻƴǎ Ŏŀƴ 

encompass art installations such as the Chiswell earthworks (Hayden 1995, 64-66; 

Schofield 2007, 110), drawing and mapping as in the Parish Map projects (Common 

Ground 1996), creative writing, photography and videos, and performing arts (Pearson 

and Shanks 2001; Smith 2006, 66-67). In a similar way, Natural England suggested 

including information drawn from music, literature, and art to capture a different side 

of the landscape perception from a non-expert heritage professional position (Tudor 

2014, 50), a concept that /ƻƳƳƻƴ DǊƻǳƴŘΩǎ tŀǊƛǎƘ aŀǇ ǇǊƻƧŜŎǘ has realised since the 

1980s (Perkins 2007, 130).  

{ǳŎƘ ǇǊƻƧŜŎǘǎ ƻŦŦŜǊ ŀ ŎǊŜŀǘƛǾŜ ǿŀȅ ƻŦ ŜȄǇǊŜǎǎƛƴƎ ΨǎƻŦǘΩ ǾŀƭǳŜǎ ǘƘŀǘ ƎƛǾŜ ŀƴ ƛƴǎƛƎƘǘ 

into the world of locally held values that are usually not visible to heritage 

professionals or outsiders (Harrison 2010, 261). Collecting, analysing, meaningfully 

integrating and practically applying this data requires thinking outside the box, 

cooperating with non-experts, and applying interdisciplinary methodologies (Byrne 

2008b, 150-151). Rudolff (2006) ŀǊƎǳŜŘ ǘƘŜ ƴŜŜŘ ŦƻǊ ƘŜǊƛǘŀƎŜ ǇǊƻŦŜǎǎƛƻƴŀƭǎ ŦƻǊ ΨŀŎǘƛǾŜ 

listening, trans-cultural empathy, and ability to meaningfully re-narrate expressions of 

ƛŘŜƴǘƛǘȅΩ (Rudolff 2006, 233). However, the question is the degree to which these 

artistic expressions of distinctiveness can be meaningfully integrated into local 

planning and development decisions18. It would require practitioners to be trained and 

open to new practice methods. Current projects show a trend toward developing 

strategies to include such new approaches in planning (see Chapter 1.2). 

2.5 Place attachment and social values 

2.5.1 The concept of place 

Social values are closely related to places and the memories, experiences, and 

 

18 For a discussion of projects, including participatory and artistic approaches, see Chapters 1.2 

and 6.4. 
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perceptions people develop in connection with them. Understanding place attachment 

will, therefore, help to gain a deeper understanding of how social values develop with 

place attachment. This section will introduce the research on place attachment and 

methods and theories that relate to landscape-scale attachment, preference and, 

perception of people within the historic environment. 

Intensive research over the past 50 years, explored the roots and meaning of 

the connection between people and place (Brown and Raymond 2007; Brown, 

Raymond and Corcoran 2015; Lewicka 2011b, 2011a; Maguire 2017; Manzo and 

Devine-Wright 2014; Manzo and Perkins 2006; Proshansky, Fabian, and Kaminoff 1983; 

Raymond 2013; Rollero and De Piccoli 2010; Williams 2000; Williams and Vaske 2003). 

Reviews on the people-place-relationship or place attachment theory, compiled by 

Altman and Low (1992) and Lewicka (2011b), provide a comprehensive summary of 

research done since the emergence of place attachment research as a subject of 

interest in the 1970s. While Altman and Low reflect on the various opportunities to 

interpret place, landscape, and environment, Lewicka elaborates on methodology and 

the theory development. 

The concept of place is not yet fully understood (Maguire 2017, 5) despite the 

attempt to define place by various disciplines, for example, Geography (Cresswell 

2015; Tuan 1980; Relph 1976, 2021), Urban Planning (Hayden 1995; Lynch 1960), 

Environmental Psychology (Scannell and Gifford 2010), Landscape Architecture 

(Thwaites 2001; Thwaites and Simkins 2006), Anthropology (Ingold 1993, 154-156), 

and Archaeology (Tilley 1994, 14-20). Place can be defined from the perspective from 

which ƛǘ ƛǎ ǾƛŜǿŜŘΥ όмύ ǘƘŜ ǇƭŀŎŜ ŀǎ ǇƘȅǎƛŎŀƭ ǊŜŀƭƛǘȅ ǿƛǘƘ ŀ ǉǳŀƭƛǘȅ ƻǊ ΨƎŜƴƛǳǎ ƭƻŎƛΩΣ ŀƴ 

environment that has affordance for a connection ς an agency of the place, and 

through natural topography, trees, rivers, views or tranquillity (Kaplan 1984; Stedman 

2003; Stepanchuk, Gafurova, and Latypova 2020; Wuisang 2014); (2) the product of 

ǇŜƻǇƭŜΩǎ ǇŜǊŎŜǇǘƛƻƴ ς a social construct (Byrne 2008, 154; Milligan 1998). To 

understand this complexity, it is important to acknowledge the mutual influence and 

agency of the natural environment and people on each other ς the physical and social 

attributes of place (Proshansky, Fabian, and Kaminoff 1983, 64). Heritage plays a 

ŎŜƴǘǊŀƭ ǊƻƭŜ ƛƴ ǘƘŜ ǇǊƻŎŜǎǎ ƻŦ ŎǊŜŀǘƛƴƎ ŀ ǎŜƴǎŜ ƻŦ ǇƭŀŎŜ ŀƴŘ Ψƛǎ ōƻǘƘ ŀƴ ƛƴǇǳǘ ŀƴŘ ŀƴ 
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ƻǳǘǇǳǘ ƻŦ ǘƘŜ ǇǊƻŎŜǎǎ ƻŦ ƘŜǊƛǘŀƎŜ ŎǊŜŀǘƛƻƴΩ (Graham, Ashworth, and Turnbridge 2000, 

4). In this thesisΣ ΨǇƭŀŎŜΩ Ǉƭŀȅǎ ŀƴ ŜǎǎŜƴǘƛŀƭ ǊƻƭŜ ŀǎ ŀ ƎŜƴŜǊŀƭ ǘŜǊƳ ŦƻǊ ǘƘŜ ǾŀǊƛƻǳǎ 

elements of the historic environment, such as buildings, sites, monuments, objects, 

landscapes, and natural areas. 

One concept of place is defined as ΨƎŜƴƛǳǎ ƭƻŎƛΩ, which interprets place beyond 

political and social constructions as an inherent quality or essence; it acts like an active 

agent in the creation of a sense of belonging and identity (Wuisang 2014). Stedman 

(2003) demonstrates that landscape elements and environmental attributes are 

essential for constructing meanings and not exclusively social. Relph (1976, 31) 

emphasises the importance of natural affordances of places, particularly views, as 

factor in place preference and the creation of attachment. 

Therefore, to understand place attachment in theory and practice ς to use 

place attachment effectively and meaningfully for planning and development ς two 

aspects of place should be considered: the physical location of the place ς including 

the natural and environmental landscape aspects ς and the emotional attributes of 

people, which create meaning through individual connection to places. 

Place, in terms of spatial and physical expression, can be defined on various 

scales: as a building, street, neighbourhood, region, landscape, county, or country 

(Shamai 1991) ς ŜǾŜƴ ŜȄǘŜƴŘƛƴƎ ǘƻ Ψŀ ǇŀƭŜΣ ōƭǳŜ ŘƻǘΩ (Sagan 1990) that is threatened by 

climate change with huge implications for the residents of the planet ς ŀƴŘ ǇŜƻǇƭŜΩǎ 

connection to these places can have various reasons. Some places can be pinpointed 

on a map with an exact geographical position; others might be defined as areas with 

ΨŦǳȊȊȅΩ ŜŘƎŜǎ (Maguire 2017). 

2.5.2 Sense of place and social values 

People connect to places for different reasons and develop specific forms of sense of 

place (Feld and Basso 1996), belonging and identity. A place acquires meaning for 

people when it affords tangible and intangible benefits. These benefits may be security 

and familiarity, rootedness and belonging, shelter and food, work and community 

participation, positive feelings, and space for mental and physical health. Social value is 

created when the meaning of the qualities of a place are being weighed and signified 
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(Williams and Patterson 1999, 142). Prohansky, Fabian, and Kaminoff (1983) 

emphasise the importance of perceptions and experiences of a person to develop 

place identity. Stefaniak, Bilewicz, and Lewicka (2017) showed the development of a 

place identity as the relationship between ǇŜƻǇƭŜΩǎ ǇŜǊǎƻƴŀƭ ƭƛŦŜ ǎǘƻǊies and the history 

and past of a place based on ancestry, memories, and traditions.  

The reasons people connect to places have been subdivided into the concepts 

of place dependency and place identity (Williams and Vaske 2003, 831). While 

attachment is seen as connections to places based on aesthetic and recreational 

benefits (Williams 2000), place dependency, similar to the territorial behaviour of 

animals, emphasises the utilitarian aspect of place, such as work, food, and education 

(Brown, Raymond and Corcoran 2015). However, both elements contribute to the 

quality of places and fulfil both purposes. For example, a community market can 

function as a place to purchase food and provide a community meeting place that is 

imbued with meaning and social value. 

Place attachment and place identity play a vital role in quality of life, place 

satisfaction, and overall emotional connection to a place, which influence a ǊŜǎƛŘŜƴǘΩǎ 

environmental behaviour (Scannell and Gifford 2010), trust in local authorities and 

development of an identity based on the history and past of the place (Stefaniak et al. 

2017). Place attachment has been shown to be independent of social status and 

economic circumstances. For example, Shamai (1991, 356) ŀǎǎŜǊǘŜŘ ǘƘŀǘ ΨƘƻƳŜƭŜǎǎΩ 

people in modern countries do not develop any sense of place; this hypothesis has 

since been debunked by Kiddey (2014) and her research with homeless people, 

showing their strong connection to specific places in Bristol and York. 

In relation to historic places, English Heritage (2000, 2) and the National Trust 

(2017) undertook surveys to measure the influence of heritage on the feeling and 

connection of visitors to historic sites and buildings. These examples proved the 

significance of archaeology and heritage in regard to the development of place identity 

and identitȅ ōŀǎŜŘ ƻƴ ŎǳƭǘǳǊŀƭ ōŜƭƻƴƎƛƴƎ ŀƴŘ ƴƻǘ ΨƭŜƎŀƭ ƳŜƳōŜǊǎƘƛǇΩ (Hayden 1995, 8). 

The European Landscape Convention (Council of Europe 2000, Article 5) states: 
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Ψǘƻ ǊŜŎƻƎƴƛǎŜ ƭŀƴŘǎŎŀǇŜǎ ƛƴ ƭŀǿ ŀǎ ŀƴ ŜǎǎŜƴǘƛŀƭ ŎƻƳǇƻƴŜƴǘ ƻŦ ǇŜƻǇƭŜΩǎ 

surroundings, an expression of the diversity of their shared cultural and natural 

ƘŜǊƛǘŀƎŜΣ ŀƴŘ ŀ ŦƻǳƴŘŀǘƛƻƴ ƻŦ ǘƘŜƛǊ ƛŘŜƴǘƛǘȅΩΦ 

Like in the case of communal markets, traditions, memorials, and festivals, such 

ŀǎ Ψ²Ŝƭƭ 5ǊŜǎǎƛƴƎΩΣ Ψ{ǿƻǊŘ 5ŀƴŎƛƴƎΩ ŀƴŘ ǘƘŜ Ψ/ŀǎǘƭŜǘƻƴ DŀǊƭŀƴŘ CŜǎǘƛǾŀƭΩΣ Ŏŀƴ ŦǳƴŎǘƛƻƴ 

as important actions to reinforce the bonds of the community and the connection to 

the place (Byrne 2008, 167)19.  

Detailed studies of the reasons behind place attachment may allow 

identification of the important question of what makes places distinctive and reveal 

predictors for specific behaviour or benefits. Such particular studies may potentially 

reveal the deeper meaning of places that are often unconscious even to the people 

themselves (Williams and Patterson 1999, 153). However, in order to understand place 

attachment as a social value, the people-place connection should be approached 

holistically for a better understanding of the phenomenon. In this sense, Lewicka 

(2011, 208) argues that the concepts of the connection between people and places, 

such as sense of place, place identity, rootedness and place satisfaction, should be 

reconnected to gain the full view of the problem. Therefore, it is necessary to 

acknowledge that place attachment creates bonds between people and places that are 

often not recognised by local authorities, planners, and heritage managers. Change 

and development can disrupt this connection and lead to the feeling of being cut off 

from familiar and secure structures (Proshansky, Fabian and Kaminoff 1983, 67), and a 

background of social value within communities may have the potential to provide 

socially sustainable development. 

Chapters 5 and 6 will discuss place attachment in relation to this research, 

putting the method developed and used in this project and the results into the context 

of the wider research environment. The next section introduces the concept of 

landscape and characterisation, which provides context for the approach taken in this 

 

19 See also Chapter 5. 
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research, particularly in view of the scale on which social values can be collected and 

represented. 

2.6 Landscape, maps, and characterisation 

2.6.1 The concept of landscape 

Landscape20 is a term whose definition has changed over time and varies across 

countries (Turner 2007, 40). Tuan (1979, 90) defines landscape ŀǎ ΨƻǊŘŜǊƛƴƎ ƻŦ ǊŜŀƭƛǘȅ 

ŦǊƻƳ ŘƛŦŦŜǊŜƴǘ ŀƴƎƭŜǎΩΦ 

The human geographer Carl O. Sauer was influential in the concept of cultural 

ƭŀƴŘǎŎŀǇŜǎ ǿƛǘƘ Ƙƛǎ ǿƻǊƪ ƻƴ ǘƘŜ ΨMorphology of LandscapesΩ ƛƴ мфнр ŀƴŘ ǎƘŀǇŜŘ ǘƘŜ 

understanding of landscapes in the early 20th century (Sauer 1996). He rejected 

environmental determinism, which was the predominant paradigm of his time, and 

instead emphasised the importance of human agency following the German school of 

geography (Rogers, Castree and Kitchin 2013). Sauer defined landscape very much in 

the terms by which it is understood today, arguing that there is almost no natural 

landscape left in the world and describing landscape as successive layers of human 

activities (Sauer 1996, 307). 

Furthermore, he defined culture ŀǎ ΨǘƘŜ ƛƳǇǊŜǎǎ ƻŦ ǘƘŜ ǿƻǊƪǎ ƻŦ Ƴŀƴ ǳǇƻƴ ǘƘŜ 

ŀǊŜŀΩ (Sauer 1996, 303), emphasising the human agency shaping the environment. This 

idea of landscape was developed during the early 20th century with aerial 

 

20 The Oxford Dictionary of Human Geography defines landscape ŀǎΥ Ψ¢ƘŜ ŀǊǊŀƴƎŜƳŜƴǘ ƻŦ 

ǇŀǘǘŜǊƴ ƻŦ ǘƘƛƴƎǎ ƻƴ ǘƘŜ ƭŀƴŘΩ ŀƴŘ ΨǘƘŜ ǘŜǊǊŀƛƴΣ ǎƘŀǇŜΣ ŀƴŘ ǎǘǊǳŎǘǳǊŜ ƻŦ ƭŀƴŘΩ ŀƴŘ ŀƭǎƻΥ ΨǘƘŜ 

ǎƻŎƛŀƭ ŀƴŘ ŎǳƭǘǳǊŀƭ ǎƛƎƴƛŦƛŎŀƴŎŜ ŀƴŘ ƳŜŀƴƛƴƎ ƻŦ ǎǳŎƘ ǇŀǘǘŜǊƴǎ ŀƴŘ ǘŜǊǊŀƛƴǎΩ (Rogers, 

Castree and Kitchin 2013). Furthermore, the Oxford Dictionary of Geography states that 

ǘƘŜ ƭŀƴŘǎŎŀǇŜ ƛǎ ΨŎƻƳǇǊƻƳƛǎŜŘΣ ǇŀǊǘƛŀƭΣ ŎƻƴǘŜǎǘŜŘ ŀƴŘ ƻƴƭȅ ǇǊƻǾƛǎƛƻƴŀƭƭȅ ǎǘŀōƭŜ ŀǎ ƳƻŘŜǎ 

ƻŦ ƻǊŘŜǊƛƴƎ ǘƘŜ ǿƻǊƭŘ ŀƴŘ ƻǳǊ ŜƴƎŀƎŜƳŜƴǘ ǿƛǘƘ ƛǘΩ ŀƴŘ ΨƭŀƴŘǎŎŀǇŜ ŀǎ ŀ ǎƻŎƛŀƭ ǎǇŀŎŜΩ 

(Mayhew 2009). 
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photography and landscape investigation pioneered by OGS Crawford who coined the 

ǘŜǊƳ ΨǇŀƭƛƳǇǎŜǎǘΩ ƛƴ ŀǊŎƘŀŜƻƭƻƎȅΥ 

ΨThe surface of England is a palimpsest, a document that has been written on and 

erased over and over again; and it is the business of the field archaeologist to 

decipher itΩ (Crawford 1953, 51). 

This influential view of landscape is ōŀǎŜŘ ƻƴ ΨǘƘŜ ŦŀŎǘ ǘƘŀǘ ŀƭƭ ǇǊŜǎŜƴǘ 

ƭŀƴŘǎŎŀǇŜǎ ŀǊŜ ǘƘŜ ǊŜǎǳƭǘ ƻŦ ŀƭƭ ǘƘŜƛǊ ƘƛǎǘƻǊȅΩ (Bowden 2001, 41). The contribution of 

landscape history developed by WG Hoskins in his influential book, The Making of the 

English Landscape, in the 20th century (Hoskins 1955) shed new light on the processes 

by which landscapes were formed. This idea was set out as a key principle of HLC in the 

1990s. 

In line with this view, the European Landscape Convention (ELC) defines 

landscape as: 

ΨΦΦΦ ŀƴ ŀǊŜŀΣ ŀǎ ǇŜǊŎŜƛǾŜŘ ōȅ ǇŜƻǇƭŜΣ ǿƘƻǎŜ ŎƘŀǊŀŎǘŜǊ ƛǎ ǘƘŜ ǊŜǎǳƭǘ ƻŦ ǘƘŜ ŀŎǘƛƻƴ ŀƴŘ 

ƛƴǘŜǊŀŎǘƛƻƴ ƻŦ ƴŀǘǳǊŀƭ ŀƴŘκƻǊ ƘǳƳŀƴ ŦŀŎǘƻǊǎΦΩ (Council of Europe 2000, Article 1a) 

Landscape research and disciplines have since accepted the definition of 

landscape as a sum of all the parts that had been treated separately before. In this 

holistic approach, landscape encompasses the natural, cultural, and 

perceptual/aesthetic aspects (see Tudor 2014, 9 Fig. 1; also Brown, Mitchell and 

Beresford 2005, 4; Thwaites 2001, 254). 

In summary, it is widely acknowledged that landscape is a social or cultural 

construct created through: (a) human activities in the past tangible in contemporary 

landscape; and (b) the perception or intangible aspect of the material form (Bradley et 

al. 2004, 6; Byrne, Brayshaw and Ireland 2003, 50; Byrne 2008, 155; Darvill 1999, 107; 

Fairclough 2002; Phillips 2005, 20; Schofield 2014, 2; Turner 2018, 39). It is, therefore, 

ŎǊǳŎƛŀƭ ǘƻ ǳƴŘŜǊǎǘŀƴŘ ǘƘŜ ΨǎȅƳōƻƭƛŎ ŎǊŜŀǘƛƻƴ ƻŦ ƭŀƴŘǎŎŀǇŜǎΣ ǘƘŜ ŎǳƭǘǳǊŀƭ ƳŜŀƴƛƴƎ ƻŦ 

aspects of the physical environment [...] and the values and beliefs that sustain these 

ǎȅƳōƻƭǎ ŀƴŘ ǘƘŜƛǊ ƳŜŀƴƛƴƎΩ (Greider and Garkovich 1994, 21; see also Rudolff 2006). 

As stated in the Oxford Dictionary, people see the world in patterns to understand it 
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better (Jeffries 2012, 125) ς a concept that is reflected in the maps of HLC (see Chapter 

1.2.6). 

2.6.2 Tools for landscape characterisation and assessment 

Rural and urban landscapes consist of elements that contribute to distinctiveness and 

a sense of identity for the local community. Historic England and Natural England 

developed tools for characterisation and assessment of wider landscapes to aid 

sustainable planning and decision-making and facilitate change and development. Two 

such tools are Landscape Character Assessment (LCA) and Historic Landscape 

Characterisation (HLC) (and Historic Land-use Assessment (HLA), an equivalent 

developed by Historic Environment Scotland21). The following will introduce both tools 

focusing on HLC and compare and contrast the two methods. 

LCA was developed to identify the variations or distinctiveness of landscapes 

based on their particular character (Tudor 2014). The first work in the field of character 

assessment started in the UK at the Countryside Commission in the 1980s, with the 

first guideline published in 199322. The technique is usually applied as a reaction to 

planned development and allows a degree of community involvement. However, data 

consulted for the projects were mainly desk-based or expert-led and assessed. 

HLC was developed by English Heritage (now Historic England) in the early 

1990s to capture and visualise the character of wider landscapes in a generalised form 

and continuously represent the time-depth across the historical landscape, which was 

created by human activity and natural processes (Fairclough et al. 1999, 4-5; Turner 

2018, 40)Φ I[/ ƛƴŎƭǳŘŜǎ ǊǳǊŀƭ ŀƴŘ ǳǊōŀƴ ƭŀƴŘǎŎŀǇŜǎ ŀƴŘ ŜȄǇŀƴŘǎ ǘƻ ǘƘŜ ΨƻǊŘƛƴŀǊȅΣ ǘƘŜ 

ŘŜƎǊŀŘŜŘ ŀƴŘ ǘƘŜ ƳƻŘŜǊƴΩ (Herring 2009, 68). 

 

21 https://hlamap.org.uk/content/about-hla 

22 Countryside Commission (1993) Landscape Assessment Guidance, CCP 423, Countryside 

Commission, Cheltenham. 

https://hlamap.org.uk/content/about-hla
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Key principles of HLC include the general and value-free representation of a 

continuous historic landscape as it exists in the present time (time of the respective 

projects) bearing traces of the past. 

After decades of intense focus on conservation and significance assessments of 

sites, monuments, and buildings ς effectively creating islands of preservation in the 

landscape ς IƛǎǘƻǊƛŎ 9ƴƎƭŀƴŘΩǎ ŀǇǇǊƻŀŎƘ ŜȄǘŜƴŘŜŘΣ ŦƛǊǎǘΣ ǘƻ ǘƘŜ ǎŜǘǘƛƴƎ ƻŦ ǘƘŜ 

designated assets and, second, to the acknowledgement of the landscape as 

ubiquitous (Herring 2009, 68; Meinig and Jackson 1979, 2; Turner 2007, 40) and 

imbued with character and historic time-ŘŜǇǘƘΣ ƭŜŀǾƛƴƎ ƴƻ ōƭŀƴƪ ƻǊ ΨƎǊŜȅΩ ŀǊŜŀǎ 

(Fairclough et al. 1999, 1-2; Clark, Darlington, and Fairclough 2004, 6; Turner 201, 40). 

This concept was developed as a key element of the emerging discipline of Landscape 

Archaeology, starting in the 1970s and 80s (Fairclough et al. 1999, 4). The discipline 

championed the widely accepted position that a site- and monument-based approach 

does not adequately represent a sustainable approach in heritage management 

(Byrne, Brayshaw and Ireland 2003, ix; Darvill 1999, 106; Fairclough and Barnatt 1999, 

7; Fairclough 2007, 86; Fairclough et al. 1999, 4). Therefore, HLC based the principle to 

ƎŜǘ ǘƘŜ ΨōƛƎ ǇƛŎǘǳǊŜΩ ƻƴ ǘƘŜ ŎƻƴŎŜǇǘ ǳƴŘŜǊǇƛƴƴƛƴƎ [ŀƴŘǎŎŀǇŜ !ǊŎƘŀŜƻƭƻƎȅ ŘŜǎƛƎƴŜŘ ǘƻ 

work on large scales, rather than on a local basis, diverging from the outdated, narrow 

view of earlier understanding of monuments and settings (Countryside Agency 2002, 6; 

Fairclough et al. 1999, 7). 

The key principle to present the historic landscapes in their current form, 

containing the traces and processes that formed them, illustrates the time-depth ς the 

stories of past generations that changed and shaped the environment through their 

ŀŎǘƛƻƴǎ ŀƴŘ ŘŜŎƛǎƛƻƴǎΦ 9ǉǳŀƭƭȅΣ ǘƻŘŀȅΩǎ ŀŎǘƛƻƴǎ ŀƴŘ ŘŜŎƛǎƛƻƴǎ ǿƛƭƭ ƘŀǾŜ an impact on the 

landscapes that will be inherited by future generations. Today's decisions will have 

consequences for how heritage and cultural landscapes will be preserved or adapted 

(Clark, Darlington, and Fairclough 2004, 6; Fairclough and Barnatt 1999, 6; Fairclough 

et al. 1999, 8; Turner 2018, 42). Turner (2007, 46) argues that landscapes are dynamic 

and ever-changing, and ǘƘŜ ƘƛǎǘƻǊƛŎ ŜƴǾƛǊƻƴƳŜƴǘΩǎ management has to adapt to this. 

Furthermore, HLC attempted to capture the distinctive character of landscapes as a 

reaction to the changing attitudes expressed by, for example, the ELC. The ELC 
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conveyed it ŀǎ ŀ Ŏƻƴǘƛƴǳƻǳǎ ŘŜŦƛƴƛǘƛƻƴ ƻŦ ƭŀƴŘǎŎŀǇŜǎ Ψŀǎ ǇŜǊŎŜƛǾŜŘ ōȅ ǇŜƻǇƭŜΩΣ ƛƴŎƭǳŘƛƴƎ 

the elements of landscape that are not officially designated or recognised as heritage 

(Council of Europe 2000, Article 1a;  see also Fairclough 2007, 84). 

HLC was developed in a way closely related to LCA and adopted some of the 

methods. For instance, spatial units are represented as Historic Landscape Character 

Types categorising the varied character in the landscape (Turner 2018, 41) on a 

county-based scale (Fairclough 2001, 25). The character types were determined by 

interpreting processes that formed recurring patterns in the landscape, which could 

subsequently be generalised across regions (Clark, Darlington, and Fairclough 2004, 7; 

Fairclough 2002, 280). While this generalisation allowed the identification of patterns, 

distributions, similarity, and distinctiveness, such an over-simplified approach was 

critiqued by Williamson (2007) ŦƻǊ ƛǘǎ ōƛǊŘΩǎ-eye view. He argued that the detachment 

from the object ς the physical landscape ς made HLC maps incapable of representing 

the essence and subtle nuances of a landscape that create genuine distinctiveness, 

which is only possible from a ground perspective (Williamson 2007, 67, 69-70). Sauer 

had noted in this respect: 

ΨAn ordered presentation of the landscape is a formidable undertaking. Beginning 

with infinite diversity, salient and related features are selected in order to 

establish the character of the landscape and to place it in a system. Yet generic 

quality is non-existent in the sense of the biological world. Every landscape has 

individuality as well as relation to other landscapes, and the same is true of the 

forms that make it upΩ (Sauer 1996, 30-31). 

Initially developed for rural environments, the idea of characterisation was 

later also applied to urban areas (Thomas 2006) and as Historic Seascape 

Characterisation (HSC) (Hooley 2014; Turner 2018, 45) and Seascape Character 

Assessment (SCA) (Tudor 2012) to maritime environments. A programme focusing on 

the characterisation of the late 20th-century landscape was the Change and Creation 

programme led by English Heritage (Bradley et al. 2004). One of the earliest HLCs in a 

rural landscape was the Peak District National Park project with a specific emphasis on 

time-depth (Barnatt 2003; Fairclough et al. 1999, 64-65), and for an urban 
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ƭŀƴŘǎŎŀǇŜκǘƻǿƴǎŎŀǇŜΣ ǘƘŜ ŘŜǘŀƛƭŜŘΣ ΨǘƛƳŜ-ǎƭƛŎŜΩ ŀǇǇǊƻŀŎƘ ƻŦ ǘƘŜ {ƘŜŦŦƛŜƭŘ ǇǊƻƧŜŎǘ 

(Sheffield City Council)23. 

In contrast to earlier projects, the introduction of GIS presented a considerable 

advantage, allowing the extension or correlation of HLC data with other data sets 

(Fairclough 2002, 277; Turner 2018, 41). Within a GIS, spatial data and interrogable 

databases can be connected for a detailed analysis tailored to specific questions 

(Herring 2009, 67). However, the method also introduced limitations and bias. For 

example, the polygonisation of areas seems to give the impression of clear boundaries 

between the adjacent areas that do not exist in reality (Williamson 2007, 67). 

Furthermore, HLC maps could be seen as true representations of landscape, and as 

objective and neutral. HLC maps could narrow the view when maps representing other 

aspects of landscapes were not used in tandem, for example, soil maps to get a 

comprehensive understanding of the environment (Turner 2018, 45; Williamson 2006, 

59, 2007, 66). For example, Finch (2007, 377) identified the bias towards the 

recognition of deer parks and, simultaneous neglect of coverts as a feature of the fox-

hunting landscape, which showed the research bias with a focus on the first category. 

HLC principles admitting this explicitly stated that there is a degree of interpretation 

and judgement during the process of assigning a character type to an area (Clark, 

Darlington and Fairclough 2004, 6). 

Furthermore, HLC was critiqued for being used to legitimise contested projects 

and support a political agenda (Finch 2007a, 378; Williamson 2007, 69). However, to 

be value-free and treat all landscapes equally importantly, HLC principles stated that 

the method interprets the character in present landscapes, while leaving the decision 

about the future to others (Bradley et al. 2004, 6). The risk of being interpreted in a 

certain way to legitimise or support a specific agenda is inherent in the medium. 

However, maps as support for development and sustainable change in a Western 

context have a century-long tradition. Important in this regard is that HLC maps must 

be used within the range and scale of application they were designed for; otherwise, 

 

23 These areas were defined as study areas for this research and will be presented in detail 

throughout this thesis. 
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conclusions inferred from the maps can give wrong impressions (Turner 2018, 46; 

Monmonier 1996). 

Nevertheless, Chapter 1.2.6 showed the various research projects on HLC and a 

technical review carried out by Lancashire County Council for English Heritage gave a 

wide overview of applications of HLC in local authorities (Clark, Darlington, and 

Fairclough 2004). Furthermore, Natural England suggested inclusion of the historical 

ǇŜǊǎǇŜŎǘƛǾŜ ŀǎ ΨIƛǎǘƻǊƛŎ [ŀƴŘǎŎŀǇŜ /ƘŀǊŀŎǘŜǊ !ǎǎŜǎǎƳŜƴǘΩ ǘƘǊƻǳƎƘ I[/ ƛƴ 9ƴƎƭŀƴŘ ŀƴŘ 

Historic Land-use Assessment (HLA) in Scotland (Herring 2009, 62) as a useful dataset 

in Landscape Character Assessments (Clark, Darlington, and Fairclough 2004, 21-26; 

Countryside Agency 2002, 9-10; Tudor 2014, 27, 50). Also, initially developed in the UK, 

HLC has been applied internationally and adapted to the various requirements of the 

ŎƻǳƴǘǊƛŜǎΩ ǎǇŜŎƛŦƛŎ ƭŀƴŘǎŎŀǇŜǎ (Fairclough 2002, 279). 

National coverage of HLC was achieved in 2017 by combining individual 

projects into a single National HLC dataset available online (Exegesis and Locus 

Consulting 2017; Natural England 2020). One advantage of this dataset is to function 

ŀǎ ŀ ΨέƎŀǘŜǿŀȅέ ŦƻǊ ƴƻƴ-specialists into historic resources [...] and in turn make better 

ǳǎŜ ƻŦ ƭƻŎŀƭ ŜǾƛŘŜƴŎŜ ŀƴŘ ŜȄǇŜǊǘƛǎŜΩ (Exegesis and Locus Consulting 2017, 15). 

However, the same report highlights the issue that the expert-led HLC design and 

methodology could discourage laypeople from using HLC and that the original 

ambition to include terminology and categories from community projects, such as 

Common Ground, was not realised (Exegesis and Locus Consulting 2017; Fairclough et 

al. 1999, 12). It has become clear that HLC is not self-explanatory or readily understood 

without training laypeople and professional sector members (Clark 2003, 78). Also, the 

generalised, large-scale approach to landscapes allowed the identification of wider 

patterns. However, this also means that HLC does not (and was not intended to) work 

on a local level (Fairclough et al. 1999, 5). It is, therefore, questionable whether HLC is 

useful for local-level decision-making and planning (Clark 2003, 63, 92; Williamson 

2007, 69). 

Furthermore, oƴŜ ƻŦ I[/Ωǎ ΨƎǳƛŘƛƴƎ ǇǊƛƴŎƛǇƭŜǎΩ ǿŀǎ ǘƻ ƛƴŎƭǳŘŜ ǘƘŜ ǾƛŜǿǎ ŀƴŘ 

ǇŜǊŎŜǇǘƛƻƴǎ ƻŦ ǇŜƻǇƭŜ ΨŀƭƻƴƎǎƛŘŜ ƳƻǊŜ ŜȄǇŜǊǘ ǾƛŜǿǎΩ ŀƴŘ use ΨƧŀǊƎƻƴ-ŦǊŜŜΩ language 

(Clark, Darlington, and Fairclough 2004, 6). However, HLC was carried out in a top-
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down approach based on expert knowledge and influenced by the disciplinary 

traditions of the experts involved (Dalglish and Leslie 2016, 215), adhering to the 

Authorised Heritage Discourse (AHD) (Smith 2006). The focus of experts in the design 

of HLC was thus on the material fabric and visible character aspects of the landscape 

(Turner 2007, 41), not incorporating the perceptions and opinions of people living in 

these landscapes (Dalglish and Leslie 2016, 215). This issue made HLC challenging to 

use for non-experts. The missed opportunity to integrate community values has been 

highlighted as a barrier to a broad uptake of the method (Clark 2003, 45, 75)24. 

In contrast, LCA specifically addresses an area and project and creates a 

snapshot assessment in time, which is suitable for site or small-scale projects. LCA also 

has scope for the participation of communities in the project areas to contribute local 

knowledge and perception. However, as mentioned above, the main assessment work 

is desk-based and expert-led. Also, while previous projects can be reused, the 

valuation, particularly the community aspect, which is fluid and dynamic, cannot be 

addressed when reusing such data. 

In summary, while both LCA and HLC provide opportunities to manage the 

historic environment, no practical way has been found yet to include public perception 

ƛƴ I[/ ŀƴŘ ΨƳŜŀƴƛƴƎŦǳƭ ǇǳōƭƛŎ ǇŀǊǘƛŎƛǇŀǘƛƻƴ ς remains ǘƻ ōŜ ŀŘŘǊŜǎǎŜŘΩ (Dalglish and 

Leslie 2016, 216; Turner 2018, 45). Limitations and critique of the methods can provide 

a basis to build on and develop methods that work on a landscape scale and address 

ǘƘŜ ΨŎǳƭǘǳǊŀƭ ǘǳǊƴΩΣ ƛƴŎƭǳŘing ǇŜƻǇƭŜΩǎ ƴŜŜŘǎΣ ǾƛǎƛƻƴǎΣ ŀƴŘ ǾŀƭǳŜǎΦ [ŜŀǊƴƛƴƎ ŦǊƻƳ ŀƴŘ 

adopting the ƳŜǘƘƻŘΩǎ elements will help to develop participatory or bottom-up 

approaches to foster communication between local people and local authorities. A 

ƳŜǘƘƻŘƻƭƻƎȅ ǘƻ ŜǾŀƭǳŀǘŜ ǇǳōƭƛŎ ǾŀƭǳŜǎ ǿƻǳƭŘ ƴŜŜŘ ǘƻ ōŜ ŀƴ ΨƛǘŜǊŀǘƛǾŜ ŀƴŘ ƻƴƎƻƛƴƎ 

ǇǊƻŎŜǎǎΩ ŀŎŎƻǊŘƛƴƎ ǘƻ ǘƘŜ ŦƭǳƛŘ ŀƴŘ ŘȅƴŀƳƛŎ ƴŀǘǳre of such values (Dalglish and Leslie 

 

24 See Chapter 1.2.6. 
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2016, 217), hence the need for a method that is resource-effective, using the tools of 

the digital age (Pink 2016; Kwan and Ding 2008). 

2.7 Characterisation and socially sustainable local planning 

The challenge for heritage and landscape management is to find the balance between 

the different views on the development of the historic environment and decide on a 

sustainable approach to change and continuity (Fairclough 2007, 84-85). Opinions 

change with the zeitgeist of the time ς wƘŀǘ ƛǎ ǇŜǊŎŜƛǾŜŘ ŀǎ ΨǳƎƭȅΩ ƳƛƎƘǘ ōŜ ŘŜŜƳŜŘ 

ƛƳǇƻǊǘŀƴǘ ŦƻǊ ǘƘŜ ŦǳǘǳǊŜΦ /ƘŀƴƎŜ Ŏŀƴ ōŜ ǎŜŜƴ ŀǎ ǎƻƳŜǘƘƛƴƎ ǘƘŀǘ Ƙŀǎ ΨǳƎƭƛŦƛŜŘΩ ǘƘŜ 

landscape (Hoskins 1977, 298)25 or as important evidence of a recent era (Bradley et al. 

2004), such as industrial archaeology (Lynch 1972, 49). Fairclough argues that heritage 

ƳŀƴŀƎŜƳŜƴǘ ƴŜŜŘǎ ǘƻ ŜƳǇƘŀǎƛǎŜ ǘƘƛǎ ǇǊƻŎŜǎǎ ƻŦ ŜǾƻƭǳǘƛƻƴΣ ƳŜŀƴƛƴƎ ΨŎƘŀƴƎŜ ƴƻǘ 

ŘŜǎǘǊǳŎǘƛƻƴΩ ǿƘƛŎƘ ƛǎ ƴŜƛǘƘŜǊ ƎƻƻŘ ƴƻǊ ōŀŘ ς one of the key principles of HLC 

(Fairclough 2007, 84-87). Heritage is part of everyday life and ordinary landscapes that 

are ƛƳōǳŜŘ ǿƛǘƘ ƳŜŀƴƛƴƎ ŦƻǊ ƭƻŎŀƭ ǇŜƻǇƭŜ ƛƴ ŀ ǎŜƴǎŜ ǘƘŀǘ Ψŀƭƭ ōǳƛƭŘƛƴƎǎ ŀƴŘ ǎǇŀŎŜǎΣ 

whatever their age and however modest, make some form of contribution or have 

ǾŀƭǳŜ ǘƻ ǎƻŎƛŜǘȅΩ (Worthing and Bond 2008, 1). As such, there is a need to approach 

change in a participatory, inclusive, collaborative way. Understanding social structures 

ŀƴŘ ΨƘƻǿ ŜǾŜǊȅŘŀȅ ƭƛŦŜ ǇǊŀŎǘƛŎŜ ŀƴŘ ǇƭŀŎŜǎ ŀǊŜ ŎƻƴǎǘƛǘǳǘŜŘ ŀƴŘ Ƙƻǿ ǘƘŜȅ ŎƘŀƴƎŜΩ ƛǎ 

crucial for this approach (Pink 2012, 149). Pink (2012, 11) suggests that sustainability, 

challenging environmental problems and enhancing the quality of life can be achieved 

locally. 

The Local Agenda 21 was a United Nations action plan that, while not legally 

binding, advised on the realisation of sustainable development and emphasised the 

recognition of social values and local democracy (Chitty 2016; Cinderby and Forrester 

нллрΣ мпрΤ 5ŀƭƎƭƛǎƘ ŀƴŘ [ŜǎƭƛŜ нлмсΣ нмоΤ 9ƴƎƭƛǎƘ IŜǊƛǘŀƎŜ мффтΣ нΤ DŀǊŘΩƴŜǊ нллпΣ фмΣ 

Footnote 41; Grove-White 1996, 13). Key points of the agenda, emphasised the role of 

local government and community engagement (United Nations 1992, Chapter 40), as 

 

25 See also Chapter 5. 
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well as the empowerment of specifically marginalised or vulnerable groups in society, 

such as children, women, and the elderly (United Nations 1992, Chapter 7, Article 7.4). 

In response, the UK government passed the Localism Act 2011 (UK Government 2011), 

transferring specific rights to local governments and encouraging local action with 

initiatives such as Neighbourhood Plans (UK Government 2011, Part 6,Chapter 3) and 

Local Lists with Assets of Community Value (UK Government 2011, Part 5: Community 

empowerment). In the example of Sheffield, local residents could nominate Assets of 

Community Value26 and additions to the Local List27. 

Furthermore, the Social Value Act (2013, updated 2021)28 was introduced to 

ensure local authorities acted in the best interest of local communities and for the 

social and environmental benefit of the public, ensuring social value in the 

procurement process. The Social Value Model, underpinning this policy, follows the 

United NationsΩ goals and supports, for example, the fight against climate change with 

pro-environmental action, ΨŜŦŦŜŎǘƛǾŜ {ǘŜǿŀǊŘǎƘƛǇΩ ό¢ƘŜƳŜ оΣ ǇΦ мрύ, and community 

integration for well-being (Theme 5, p. 29)29.  

The focus on local places and social value opened new areas for the application 

of HLC, e.g., Neighbourhood Plans, Village Design Plans, and Conservation Area 

Appraisals as part of the local planning process which could influence how landscapes 

evolve (see Clark, Darlington and Fairclough 2004, 41). The Peak District locally 

designated 12 Neighbourhood Areas with Neighbourhood Plans at the time of writing 

(PDNPA 2021). The Peak District National Park Landscape Strategy included Village 

Plans created by residents emphasising their value in the landscape and Conservation 

Area Appraisals (PDNPA 2009). 

 

26 https://www.sheffield.gov.uk/your-city-council/assets-community-value 

27 https://www.sheffield.gov.uk/planning-development/local-list-heritage-assets 

28 https://www.gov.uk/government/publications/social-value-act-information-and-

resources/social-value-act-information-and-resources 

29https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_

data/file/940826/Social-Value-Model-Edn-1.1-3-Dec-20.pdf 

https://www.sheffield.gov.uk/your-city-council/assets-community-value
https://www.sheffield.gov.uk/planning-development/local-list-heritage-assets
https://www.gov.uk/government/publications/social-value-act-information-and-resources/social-value-act-information-and-resources
https://www.gov.uk/government/publications/social-value-act-information-and-resources/social-value-act-information-and-resources
https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_data/file/940826/Social-Value-Model-Edn-1.1-3-Dec-20.pdf
https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_data/file/940826/Social-Value-Model-Edn-1.1-3-Dec-20.pdf
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HLC can be a vital planning tool in various conservation and heritage 

management practices to support sustainable development (Dalglish and Leslie 2016, 

213). It was, from the outset, designed to be integrable into a framework of methods,  

not a stand-alone application for planning (Clark, Darlington, and Fairclough 2004, 11), 

for example, as part of LCA (Fairclough et al. 1999, 7; Tudor 2014, 14) and Landscape 

Sensitivity Assessment (LSA) (Tudor 2019, 14, 19). Tudor explicitly described the 

importance of values held in the local area by local communities and reinforced the 

importance of assessing these values in advance of planning decisions and that 

ΨǾŀƭǳŜόǎύ ƻŦ ƭŀƴŘǎŎŀǇŜǎ ŀƴŘ ǘƘŜƛǊ ŎƻƳǇƻƴŜƴǘ ǇŀǊǘǎ Ŏŀƴ ōŜ ŀǎŎŜǊǘŀƛƴŜŘ ǉǳŀƭƛǘŀǘƛǾŜƭȅ 

with reference to, for example: Their character and sense of place [and] Their 

community ǾŀƭǳŜΩ (Tudor 2019, 18). The guide advises using input from local plans to 

collate these data of locally held values, as well as ǎƻǳǊŎŜǎ ǎǳŎƘ ŀǎ [/!Σ Ψ[ƻŎŀƭ 

Distinctiveness studies and other community-produced, place-base documents, 

community-ǇǊƻŘǳŎŜŘ ƎǳƛŘŜōƻƻƪǎΣ ŀƴŘ ƎǳƛŘŜǎ ŦƻǊ ǘƻǳǊƛǎǘǎ ŦƻǊ ŜȄŀƳǇƭŜΩ, and refers to 

Public Participatory GIS as a method of community value data gathering (Tudor 2019, 

18). This approach advises an in-depth assessment of locally held values as a snapshot 

to react to a specific development project, similar to the projects described in Chapter 

1.2. 

IƻǿŜǾŜǊΣ !ǊƴǎǘŜƛƴΩǎ Ψ[ŀŘŘŜǊ ƻŦ ǇŀǊǘƛŎƛǇŀǘƛƻƴΩ (1969, 216, Fig. 2) described 

ǇǳōƭƛŎ ŜƴƎŀƎŜƳŜƴǘ ŀǎ ōŜƛƴƎ Ψŀ ƭƛǘǘƭŜ ƭƛƪŜ ŜŀǘƛƴƎ ǎǇƛƴŀŎƘΥ ƴƻ ƻƴŜ ƛǎ ŀƎŀƛƴǎǘ ƛǘ ƛƴ ǇǊƛƴŎƛǇƭŜ 

ōŜŎŀǳǎŜ ƛǘ ƛǎ ƎƻƻŘ ŦƻǊ ȅƻǳ ōǳǘ ƛǘ ƛǎ ŀƴ ŀŎǉǳƛǊŜŘ ǘŀǎǘŜΩΦ Integrating qualitative research 

into the work of local authorities is challenging because of time and budget 

constraints. Another is the demand for experts to adapt to new sources of information 

that are unfamiliar and difficult to assess, as shown in Chapter 1.2.6. 

Sustainable development depends on the cooperation of local authorities with 

experts and local communities and the values these groups hold for a specific place. 

Whether decision-making concerns the location of new residential areas, quarries, 

routes for railway and road schemes, or investment in the leisure and tourism 

industry, local authorities must consider the interests of residents and visitors to gain 

civic trust and cooperation. In reaction to this development for a more socially 

sustainable, inclusive, and transparent landscape and heritage management several 
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ŀǇǇǊƻŀŎƘŜǎ ŀƴŘ ǘƻƻƭƪƛǘǎ ǇǊƻǾƛŘŜ ƻǇǇƻǊǘǳƴƛǘƛŜǎ ǘƻ ŜƴƎŀƎŜ ƭƻŎŀƭ ǇŜƻǇƭŜΩǎ ǎƻŎƛŀƭ ǾŀƭǳŜǎ ƛƴ 

the decision-making process. 

2.8 Conclusion 

The societal shift, which started in the 1960s, was conceptualised in charters and 

conventions concerning the cultural and natural heritage. While social values were 

added to the traditional canon of heritage values, the realisation of the aim to include 

people and local knowledge meaningfully in the tools and frameworks of heritage 

practice and management is underway, particularly in academic research. The reason 

for a slower uptake in practical planning and decision-making is the lack of training 

provided in the heritage profession, as well as challenges to capture qualitative data 

and translate this into databases that make processes reproducible and comparable. In 

addition, no appropriate tools have been put forward and used by local authorities 

(Turner 2018, 39). Change is, however, inevitable not only in view of the development 

of landscapes but also because of the changing roles of experts and the public in the 

process of decision-making. Dalglish (2018, 3) ŀǊƎǳŜǎ ǘƘŀǘ ΨώLϐƛǘΩǎ ǘƛƳŜ ǘƻ ŎƘŀƴƎŜ ǘƘŜ 

ŘȅƴŀƳƛŎǎ ƻŦ ǘƘŀǘ ŜȄǘŜǊƴŀƭ ǇƻƭƛŎȅ ƴŀǊǊŀǘƛǾŜ ǎƻ ǘƘŀǘ ǘƘŜ ƭŜƎƛǘƛƳŀŎȅ ƻŦ ǇŜƻǇƭŜΩǎ 

involvement in defining and characterising the landscapes they inhabit is accepted as a 

matter of justice [...] to move on beyond the rhetoric of community empowerment in 

landscape policy and towards making that empowerment a reality in the interest of 

ǎǳǎǘŀƛƴŀōƭŜ ǊǳǊŀƭ ǊŜƴŜǿŀƭΩ. 

There is a consensus that sustainable development can only happen in 

cooperation with the communities affected ς achieved through meaningful 

involvement and participation and influencing policies on a local level. Increasing 

ŀŎƪƴƻǿƭŜŘƎŜƳŜƴǘ ŀƴŘ ƛƴŎƭǳǎƛƻƴ ƻŦ ǇŜƻǇƭŜΩǎ ǎŜƴǎŜ ƻŦ ǇƭŀŎŜ ŀƴŘ ƛŘŜƴǘƛǘȅ ŀƴŘ ƭƻŎŀƭ 

knowledge as an essential factor in the planning process can create resilient and 

coherent communities. This inclusive and transparent approach has the potential to 

benefit communities, increasing the quality of life. Resilient communities can tackle 

problems such as isolation, xenophobia, ǊŀŎƛǎƳΣ ŀƴŘ ǇƻǾŜǊǘȅΦ Ψ¢ƻǇƻǇƘƛƭƛŀΩ ƳƛƎƘǘ 

potentially foster the wish to care for the environment of everyday life, for example, 
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shopping locally, 15-minute city concepts30 and walking instead of using a car. Heritage 

professionals and academics are currently trying find new approaches and methods to 

include  public opinion into the planning process to foster an appreciation of the 

environment. The contribution local expertise can make to the management of the 

environment is currently still undervalued in practice. Leading from isolated projects 

and highly complex research projects, an inclusive approach to heritage and landscape 

management can generate practical applications by effectively integrating ǇŜƻǇƭŜΩǎ 

views into the framework of planning policies. Reinforcing the connection between 

people and place through a bottom-up approach within local planning can generate 

appreciation of the everyday places and a wish to care for this environment. Such an 

approach can help tackle the most pressing problems of the time and create more 

resilient communities through positive place-making and strengthening the bond 

between people and places. 

 

 

 

30 https://www.15minutecity.com/ 

https://www.15minutecity.com/
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Chapter 3:  

Tweets in the Peak: Twitter Analysis ς 

the impact of Covid-19 on cultural 

landscapes 
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Abstract 

The Covid-19 pandemic had an unprecedented impact on society, with 

restrictions on socialising and movement during the three lockdown periods 

between March 2020 and March 2021 (Baker et al. 2021; Institute for 

Government Analysis 2021). Easily accessible locations offering the typical 

qualities of tourist destinations moved into the focus of day visitors in periods of 

restriction easing. The Peak District National Park (PDNP), a cultural landscape 

ŎƻƳǇǊƛǎƛƴƎ ƘƛǎǘƻǊƛŎŀƭ ǇƭŀŎŜǎΣ ƴŀǘǳǊŀƭ ōŜŀǳǘȅ ǎǇƻǘǎΣ ŀƴŘ άŎƘƻŎƻƭŀǘŜ ōƻȄέ ǾƛƭƭŀƎŜǎΣ 

afforded all qualities satisfying the urge to escape to the countryside. The 

impact was also felt in the heritage sector, with a noticeable change of visitor 

behaviour and the relationship between park residents and day tourists (Jones 

and McGinlay 2020; Sofaer et al. 2021). In order to understand societal change, 

social media research gives a unique insight into the sentiments, actions, and 

controversies associated with tourism, Covid-19, and nature conservation. 

Especially, the open and public nature of Twitter data offers itself for the 

analysis of large data sets based on specific search queries at specific time 

periods. For this research, tweets from the PDNP for three weekends in 2019 to 

2021 with different restriction levels were collected. Using R and Python, 

automated processes allow the time-efficient analysis of qualitative information. 

This project has extended the standard procedures of social media analysis, such 

as keyword search and sentiment analysis by an emoji analysis and location 

entity recognition, focusing specifically on cultural and natural heritage. Using 

Twitter data in a time-efficient process and creating visually appealing outputs 

Ƴŀȅ ŦƻǎǘŜǊ ŀƴ ŀǇǇǊŜŎƛŀǘƛƻƴ ƻŦ ǘƘŜ ǇŀǊƪΩǎ ǊŜǎƻǳǊŎŜǎ ŀƴŘ ǇƻǎƛǘƛǾŜƭȅ ƛƴŦƭǳŜƴŎŜ ǘƘŜ 

behaviour of visitors and residents. Going forward, improving the relationship 

between people and places will provide background for the management of 

cultural landscapes and help tackle environmental issues, such as peat erosion 

from a large influx of walkers, address the climate change emergency, and help 

ease the controversial relationship between a living and working landscape and 

tourism. 
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3.1 Introduction 

If the Covid-19 pandemic changed one thing in particular, it was how people 

ƛƴǘŜǊŀŎǘŜŘΣ ǎƻŎƛŀƭƛǎŜŘΣ ŀƴŘ ƎŜƴŜǊŀƭƭȅ ōŜƘŀǾŜŘ ŀǎ ŀ ǎƻŎƛŜǘȅΦ ¢ŜǊƳǎ ǎǳŎƘ ŀǎ ϥƭƻŎƪŘƻǿƴΩ 

ŀƴŘ ϥǎƻŎƛŀƭ ŘƛǎǘŀƴŎƛƴƎΩ ǿŜǊŜ ƛƴǘǊƻŘǳŎŜŘ ƛƴǘƻ ǘƘŜ everyday language - the former even 

being chosen as one of the Word(s) of the Year 2020 (Oxford Languages 2022b). This 

selection not only signifies the considerable impact of the pandemic on societal and 

individual behaviour, it also stands in stark contrast to the Word of the Year 2015:  

(Oxford Languages 2022a). The Peak District National Park was one area where this 

ŎƘŀƴƎŜ ǿŀǎ ŦŜƭǘΦ ¢ƘŜ ǊƛŎƘ ŀƴŘ ŘƛǾŜǊǎŜ ϥŎǳƭǘǳǊŀƭ ƭŀƴŘǎŎŀǇŜΩ ƻŦ ǘƘŜ ƴŀǘƛƻƴŀƭ ǇŀǊƪ ŀŦŦƻǊŘŜŘ 

qualities and opportunities for everyone during various levels of restrictions - from 

offering places for socially distanced exercise or remote places for relaxation, to 

vibrant villages for socialising and historical places for intellectual development. The 

ǘŜǊƳ ϥŎǳƭǘǳǊŀƭ ƭŀƴŘǎŎŀǇŜΩ ǿŀǎ ŎƻƛƴŜŘ ōȅ ¦b9{/h ƛƴ мфтнΣ ŘŜŦƛƴƛƴƎ ŀ ŎŀǘŜƎƻǊȅ ŦƻǊ ²ƻǊƭŘ 

Heritage as an opportunity to bridge the divide between natural and cultural heritage 

(UNESCO 1972; 1992; 1997; 2021c; n.d.). Never has the diversity and quality of local 

ǇƭŀŎŜǎ ōŜŜƴ ƳƻǊŜ ƛƳǇƻǊǘŀƴǘ ǘƘŀƴ ŘǳǊƛƴƎ ϥǎǘŀȅ ƭƻŎŀƭΩ ƻǊŘŜǊǎ ƛǎǎǳŜŘ ŘǳǊƛƴƎ ǘƘŜ 

pandemic. 

The change in society also impacted the way academic research had to be 

conducted and the choice of approaches, methods, and tools safe and appropriate for 

research in various fields, such as sociology, geography, psychology and the 

humanities. Qualitative research methods usually applied in these subjects include 

ethnographic research methods, such as face-to-face interviews, focus groups, 

participant observation, group work on-site - methods that had one thing in common: 

personal contact between the researcher and the participants (Low 2002; Madgin and 

Lesh 2021; Taplin, Scheld and Low 2002; University of Stirling n.d.). Starting research 

based on such ethnographic methods in 2020 challenged researchers in several ways; 

for example, ethics and practicalities of methods. In order to adhere to governmental 

regulations and provide an environment for safe and socially distanced data collection, 

methods had to be redesigned and extended to remote and passive options. 

However, this challenge was not just seen as a stopgap to overcome the 

challenges of the pandemic and then return to the commonly used methods. This 
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unprecedented time offered new pathways to interrogating and collecting qualitative 

data, and developments in IT and computational capabilities mitigate the disadvantage 

of the restrictions on social contact to a certain degree. Furthermore, a variety of 

social media platforms are currently used by billions of people across the globe 

producing vast amounts of qualitative data on everyday topics and trends. Facebook, 

Instagram, YouTube, Snapchat, WhatsApp, WeChat (China), TikTok, and Reddit are just 

some of the most prominent players in the world of social media. These online 

platforms offer ways to build communities of special interest groups and connect 

individuals to people and places - especially in times of restrictions on movement and 

socialising. Social media research also offers a way to explore trends and sentiments in 

society, which is, for example, used by academic researchers (Bertrand et al. 2013; 

Pulido et al. 2018) and governmental organisations (Social Media Research Group 

2016). 

From the view of heritage management, tapping into the treasure trove of 

ǎƻŎƛŀƭ ƳŜŘƛŀ ŀǎ ƻƴŜ ϥǎƻŎƛŀƭƭȅ ŘƛǎǘŀƴŎŜŘΩ ƳŜǘƘƻŘ ŦƻǊ ǊŜǎŜŀǊŎƘ ŀƭƭƻǿǎ ŜȄǇƭƻǊƛƴƎ ǇŜƻǇƭŜΩǎ 

behaviour, sentiment, and connection to heritage places in particular. While physical 

visits to museums, archaeological sites, landmarks, and travel, in general, were not 

possible during the most severe lockdown restriction periods in 2020, many 

organisations and institutions searched for new ways to connect to people. Virtual 

museum visits ό.ƛŀƴŎƘƛƴƛ нлнмΤ Dǳǘƻǿǎƪƛ ŀƴŘ YƱƻǎ-Adamkiewicz 2020; Samaroudi, 

Echavarria and Perry 2020) and outreach through social media, such as the Twitter 

channel of Chatsworth House or the British Museum, with over 2 million followers, 

ōŜŎŀƳŜ ŀ ƴŜǿ ŦƻǊƳ ƻŦ ŎǳƭǘǳǊŀƭ ŜȄǇŜǊƛŜƴŎŜǎΣ ǊŜǇƭŀŎƛƴƎ ǘƘŜ ϥǊŜŀƭ ǘƘƛƴƎΩ ŀƴŘ ǇƘȅǎƛŎŀƭ 

museum visits. Lockdown rules in 2020 varied between a full lockdown, including a 

ϥǎǘŀȅ ŀǘ ƘƻƳŜΩ ƻǊŘŜǊ ŦǊƻƳ нс aŀǊŎƘΣ ǘǊŀƴǎƛǘƛƻƴƛƴƎ ƛƴǘƻ ŀ ǇƘŀǎŜ ƻŦ ƎǊŀŘǳŀƭ ƭƛŦǘƛƴƎ ƻŦ 

measures from 10 May (Institute for Government Analysis 2021).This easing of 

restrictions gave people more freedom of movement and a slow return to the 'new 

ƴƻǊƳŀƭΩΣ ƛƴŎƭǳŘƛƴƎΣ ŦƻǊ ŜȄŀƳǇƭŜΣ ǇǊŜ-booked access to venues of English Heritage and 

the National Trust adhering to social distancing rules and tightly controlled visitor 

ƴǳƳōŜǊǎΦ Iƻǿ ŘƛŘ ƭƻŎƪŘƻǿƴ ŀƴŘ ǊŜǎǘǊƛŎǘƛƻƴǎ ƻƴ ƳƻǾŜƳŜƴǘ ƛƴŦƭǳŜƴŎŜ ǇŜƻǇƭŜΩǎ 

behaviour and emotional state? The positive and negative impact of such regulations 
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was explored by a team of researchers at the University of Cambridge (Jones and 

McGinlay 2020). The method applied in that project was based on an online 

questionnaire. On the one hand, the report concluded that the Peak District National 

Park residents enjoyed the quieter periods with lower visitor numbers, leaving more 

space for the residents. On the other hand, businesses suffered from the decreasing 

visitor numbers and at the same time, an increase in 'irresponsible behaviour from 

ƻǘƘŜǊ ǳǎŜǊǎ ƻŦ ǘƘŜ tŜŀƪ 5ƛǎǘǊƛŎǘ bŀǘƛƻƴŀƭ tŀǊƪ ŘǳǊƛƴƎ ƭƻŎƪŘƻǿƴΩ (Jones and McGinlay 

2020, 12). 

This project further explores the issues and opportunities associated with the 

pandemic and the impact of changing visitor behaviour on Peak District National Park 

residents as expressed through Twitter. Tweets covering the period of a full lockdown 

to the ŜŀǎƛƴƎ ƻŦ ǊŜǎǘǊƛŎǘƛƻƴǎ ǿƛǘƘ ŀ ϥǎǘŀȅ ƭƻŎŀƭΩ ƻǊŘŜǊ ό{ǇǊƛƴƎ .ŀƴƪ IƻƭƛŘŀȅ ǿŜŜƪŜƴŘ ƛƴ 

нлнлύ ǇǊƻǾƛŘŜ ǾŀƭǳŀōƭŜ ƛƴǎƛƎƘǘǎ ƛƴǘƻ ǘƘŜ ǇǳōƭƛŎΩǎ ŜƳƻǘƛƻƴǎ ŀƴŘ ōŜƘŀǾƛƻǳǊ ŘǳǊƛƴƎ ǘƘŜ 

strictest Covid restrictions in a typical UK tourist destination. These data are compared 

to the same bank holiday weekends in 2019 before the pandemic and in 2021, 

introducing a post-pandemic phase. The tools used and developed in this project focus 

on Twitter as the primary data source. Part one of this article presents a standard set 

of analyses performed on the data, which is widely used in social media research, 

including a keyword search, hashtag and keyword analysis, focusing on sentiment 

analysis. To provide a deeper insight into the place attachment of people during the 

pandemic associated with the Peak District National Park, this typical set of social 

media analyses was extended by new methods of automating the qualitative data 

analysis in unstructured texts and the entity recognition and extraction process of 

geospatial information to allow the mapping and visual representation of place 

information in part two. This article will give an overview of the methods used, present 

the result of the small-scale study, introduce the automated process of extracting and 

spatially locating entities in unstructured qualitative data, and give an outlook on the 

opportunities provided by social media research going forward. 
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3.2 Setting the Scene: background and data preparation 

3.2.1 The study area 

The Peak District National Park (Figure 3-1) is opportune as a study area for the impact 

of short-term and day visitors, located as it is within reach of large cities such as 

Manchester, Sheffield, Leeds, Stoke-on-Trent and Nottingham. Established as the first 

National Park in the UK in 1951 and location of the famous Kinder Mass Trespass1 on 

24 April 1932, claiming the right of walkers to roam the countryside, the park is an 

ideal destination to enjoy the views, fresh air, space, rolling hills and vast moorlands. 

The cultural landscape of the Peak District National Park combines a rich history with 

ŀǊŜŀǎ ƻŦ ƴŀǘǳǊŀƭ ōŜŀǳǘȅ ŀƴŘ ƛŘȅƭƭƛŎ ϥŎƘƻŎƻƭŀǘŜ ōƻȄΩ ǾƛƭƭŀƎŜǎΦ /ƻǾŜǊƛƴƎ ŀƴ ŀǊŜŀ ƻŦ 

1438km² (555 miles²) and a population of approximately 38,000 residents, the 

National Park offers secluded places for relaxation, but the varying landscape equally 

attracts walkers, cyclists, climbers, and photographers (Barnatt and Penny 2004; 

PDNPA n.d.). The highest point is Kinder Scout, at 636 m. Usually, 13 million people 

visit the National Park in any one year. At the time of writing, the Peak District National 

Park had 2900 listed buildings, 109 conservation areas and over 450 scheduled 

monuments2. 

hƴŜ ƻŦ ǘƘŜ ŦŀŎǘƻǊǎ ƛƴŦƭǳŜƴŎƛƴƎ ǇŜƻǇƭŜΩǎ ƻǳǘŘƻƻǊ ŀƴŘ ǘǊŀǾŜƭ ōŜƘŀǾƛƻǳǊΣ ŀǇŀǊǘ 

from the restrictions resulting from the Covid pandemic, may be weather conditions. 

The weather over the respective weekends varied from cooler and wetter conditions 

in 2019 (MetOffice 2019) to the sunniest and warmest May on record in 2020 

(MetOffice 2020), and mixed conditions on the weekend during 2021, with a significant 

rise in temperatures in contrast to the first part of May (Farrow 2021). 

 

 

 

1 https://www.peakdistrict.gov.uk/learning-about/news/70-years-of-the-peak-district-

national-park/the-mass-trespass 

2 See 1. 

https://www.peakdistrict.gov.uk/learning-about/news/70-years-of-the-peak-district-national-park/the-mass-trespass
https://www.peakdistrict.gov.uk/learning-about/news/70-years-of-the-peak-district-national-park/the-mass-trespass
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Figure 3-1: Study area: Peak District National Park (Map created by M. Tenzer, basemap © OpenStreetMap contributors). 
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3.2.2 Data source and preparation 

The wide range of social media platforms offers a treasure trove of information and 

ƛƴǎƛƎƘǘǎ ƛƴǘƻ ǇŜƻǇƭŜΩǎ ōŜƘŀǾƛƻǳǊ ŀƴŘ ǎŜƴǘƛƳŜƴǘΦ !ŎŎŜǎǎƛōƛƭƛǘȅ ŀƴŘ ƻǇŜƴ-source 

algorithms for analysis are two reasons why academic researchers and government 

departments (Social Media Research Group 2016) are using this resource to identify 

ǘǊŜƴŘǎΣ ƎŀǳƎƛƴƎ ǇŜƻǇƭŜΩǎ ǎŜƴǘƛƳŜƴǘǎ ŀƴŘ ǇǳōƭƛŎ ƻǇƛƴƛƻƴ ŦƻǊ ǇǳōƭƛŎ ōŜƴŜŦƛǘ ŀƴŘ ǇƻƭƛŎȅ 

making. Social media platforms vary significantly in their user numbers and structure. 

As of February 2022, there are 57.6 million social media users in the UK (84.3% of the 

population)3. Statistics from 20214 show, for example, that Facebook had 2895 million 

subscribers, Instagram 1393 million and Twitter 436 million monthly users and 192 

million daily users (Twitter IR 2021, 2). Twitter ranks sixth in the statistic of most used 

social media platforms in the UK as of 20205. The users are represented by 43% of 

households with an income up to £14,000, slightly rising to 60% in households with an 

income over £48,000 with a slightly rising representation from lowest to highest 

income in the UK as statistics from 2018 show6. Twitter, with Facebook, has been 

found to be the most frequented platform for information on Covid-19 with 12%, 

based on a survey conducted in 2020 by the Reuters Institute7 in cooperation with the 

University of Oxford. As of 2020 data8, more than 58.5% of Twitter users were male 

 

3 https://wearesocial.com/uk/blog/2022/02/digital-2022-the-evolution-of-the-digital-

landscape-in-the-uk/ 

4 https://www.statista.com/statistics/272014/global-social-networks-ranked-by-number-of-

users/ 

5 See3 

6 https://www.statista.com/statistics/611226/twitter-users-in-the-united-kingdom-uk-by-

household-income/ 

7 https://reutersinstitute.politics.ox.ac.uk/social-media-very-widely-used-use-news-and-

information-about-covid-19-declining 

8 https://wearesocial.com/uk/blog/2020/02/digital-2020-the-uk-what-you-need-to-know/ 

https://wearesocial.com/uk/blog/2022/02/digital-2022-the-evolution-of-the-digital-landscape-in-the-uk/
https://wearesocial.com/uk/blog/2022/02/digital-2022-the-evolution-of-the-digital-landscape-in-the-uk/
https://www.statista.com/statistics/272014/global-social-networks-ranked-by-number-of-users/
https://www.statista.com/statistics/272014/global-social-networks-ranked-by-number-of-users/
https://www.statista.com/statistics/611226/twitter-users-in-the-united-kingdom-uk-by-household-income/
https://www.statista.com/statistics/611226/twitter-users-in-the-united-kingdom-uk-by-household-income/
https://reutersinstitute.politics.ox.ac.uk/social-media-very-widely-used-use-news-and-information-about-covid-19-declining
https://reutersinstitute.politics.ox.ac.uk/social-media-very-widely-used-use-news-and-information-about-covid-19-declining
https://wearesocial.com/uk/blog/2020/02/digital-2020-the-uk-what-you-need-to-know/
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compared to 41.5% female users. A survey from 20189 among 1000 interviewees 

showed that over the last three months of the survey 33% of Twitter users were 15-24 

years old, while 51% were 35 years and older. Urban areas were represented by 50% 

of Twitter users as compared to 37% living in rural areas in the UK, as found by a 

survey in 201810. The access restrictions, terms of reuse and privacy regulations of 

social media platforms vary significantly. For example, private and friend groups 

dominate the closed structure on Facebook, which makes it more difficult for 

independent researchers to access the information. Furthermore, access to Facebook 

and Instagram data, included in the newly formed Meta umbrella organisation (Meta 

2021), seriously suffered from the Cambridge Analytica scandal in 2016. Nowadays, 

Meta offers only limited opportunities for independent researchers based on pre-

prepared datasets provided by the Meta AD Library and similar pre-prepared statistical 

data sources (Meta 2022), which led to several issues for researchers (Benesch 2021; 

Edelson and McCoy 2021; Gibney 2019; Hegelich 2020; Linebaugh and Knutson; 

Vincent 2021)Φ Lƴ ŎƻƴǘǊŀǎǘΣ ¢ǿƛǘǘŜǊ ƛƴǘǊƻŘǳŎŜŘ ǘƘŜ ϥ!ŎŀŘŜƳƛŎ wŜǎŜŀǊŎƘ tǊƻŘǳŎǘ ¢ǊŀŎƪΩ 

in 2021, allowing researchers extended access to Twitter data (Tornes and Trujillo 

2022). This research track offers wider research opportunities through the new v2 API 

endpoints with a historical search option reaching back to the beginning of Twitter in 

2006 (Tornes 2021). The academictwitteR package, released in April 2021 (Barrie 2022; 

Barrie and Ho 2021) was used in this research to collect and store tweets. 

As study periods, the Spring Bank Holiday weekends from Friday to the Bank 

Holiday Monday of the years 2019 to 2021 were defined as detailed below: 

(1) First study period: Spring bank holiday/late May bank holiday 2019 (25-27 

May). Covid-19 was unknown at this point in time. 

(2) Second study period: Spring bank holiday/late May bank holiday 2020 (23-25 

May). This was a period of Covid-19 restriction easing in the first national 

 

9 https://www.statista.com/statistics/278320/age-distribution-of-twitter -users-in-great-

britain/ 

10 https://www.statista.com/statistics/611892/penetration-of-social-networks-in-the-united-

kingdom-by-geographic-area/ 

https://www.statista.com/statistics/278320/age-distribution-of-twitter-users-in-great-britain/
https://www.statista.com/statistics/278320/age-distribution-of-twitter-users-in-great-britain/
https://www.statista.com/statistics/611892/penetration-of-social-networks-in-the-united-kingdom-by-geographic-area/
https://www.statista.com/statistics/611892/penetration-of-social-networks-in-the-united-kingdom-by-geographic-area/
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lockdown. Restrictions at that time made clear that exercise outside was 

ŀƭƭƻǿŜŘ ōǳǘ ŀ ϥǎǘŀȅ ƭƻŎŀƭΩ ƻǊŘŜǊ ǿŀǎ ǎǘƛƭƭ ƛƳǇƭŜƳŜƴǘŜŘ ό.ŀƪŜǊ Ŝǘ ŀƭΦ нлнмύΦ 

(3) Third study period: Spring bank holiday/late May bank holiday 2021 (28-30 

May). The government had implemented the Road out of the lockdown scheme 

with a gradual easing of Covid-19 restrictions following a third lockdown phase 

in the UK: 'This means that most legal restrictions on meeting others outdoors 

will be lifted - ŀƭǘƘƻǳƎƘ ƎŀǘƘŜǊƛƴƎǎ ƻŦ ƻǾŜǊ ол ǇŜƻǇƭŜ ǿƛƭƭ ǊŜƳŀƛƴ ƛƭƭŜƎŀƭΦΩ ό¦Y 

Government 2021). 

The three weekends were identified to compare the behaviour, preferred 

destinations, and sentiments of Twitter users as presented through their tweets. The 

picture painted on these platforms is limited by individual discretion and personal 

decisions about content. Nevertheless, the data provided allow valuable insight into 

ǇŜƻǇƭŜΩǎ ǇŜǊŎŜǇǘƛƻƴǎΣ ŜƳƻǘƛƻƴŀƭ ǎǘŀǘŜΣ ŀƴŘ ŎǳǊǊŜƴǘ ǘǊŜƴŘǎΦ 

3.2.3 General familiarisation with tweet search output 

In a first step, familiarisation with the tweet content is crucial for understanding the 

outputs of the analysis and signposting inefficient and imprecise search queries and 

issues in the data. It is, therefore, inevitable to manually assess a large chunk of tweets 

in an initial assessment process. During this process, it became obvious that, for 

example, the weather station in Whaley Bridge produced a large amount of weather-

related posts that produced an additional data load with non-essential information for 

this research. However, one pitfall of setting too many and too narrow search terms is 

the potential creation of blind spots that omit valuable information owing to one 

aspect being excluded from the search query. The decision to make the search as 

broad and open as possible favoured a reduction of search terms, keeping exclusions 

to a minimum. 

An initial observation of the unstructured texts limited to 280 characters in 

single tweets showed several components commonly used in tweets: hashtags, emojis, 

URLs, @ Twitter handles, and other special characters embedded in the textual 

information. Important for the analysis of unstructured, free tweet content was, 

therefore, the preparation (extracting several components) and cleaning of the original 
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text (eliminating special characters, white spaces, numbers, and reverting the text to 

lower case). This preparation enabled interrogation of the data, using Natural 

Language Processing (NLP), the application of analysis algorithms for hashtag and word 

frequencies, emoji and word sentiments, and a focus on location information of users 

and places mentioned in tweets. The following will elaborate on the various analyses 

performed on the dataset. 

The Twitter search yielded datasets of 554, 759, and 698 tweets in the 

respective periods. The search query contained only three hashtag search key terms 

(for full search query, see Appendix) to maximise the data collected for the time 

period: '#peakdistriŎǘΩΣ ϥІtŜŀƪ5ƛǎǘǊƛŎǘbŀǘƛƻƴŀƭtŀǊƪΩΣ ϥІǇŜŀƪŘƛǎǘǊƛŎǘǿŀƭƪǎΩΦ wŜǘǿŜŜǘǎΣ 

adverts, and keywords prominent in the tweet stream, for example, 

ϥϪ²ƘŀƭŜȅ/ƘǊƻƴƛŎƭŜΩΣ ϥϪǿŜŀǘƘŜǊǿƘŀƭŜȅΩΣ ϥІ²Ŝ!ǊŜ²ƻǊƪƛƴƎCƻǊ¸ƻǳΩ ǿŜǊŜ ŜȄŎƭǳŘŜŘ ŦǊƻƳ 

the search. 

3.3 Part One: Keyword and Sentiment Analysis 

3.3.1 Methodology 

3.3.1.1 Hashtag analysis 

Hashtags are commonly used across social media platforms to create groups of specific 

interests summarised by a key term in the form of the # sign and an expression in a 

continuous character string. Hashtags give an insight into interests and trending topics. 

The hashtag was invented in 2007 and has ever since been an essential part of social 

media (Messina 2022; Panko n.d.). 

One step of the standard data processing in social media research is the 

analysis of hashtags. For this research, hashtags were extracted from the main dataset 

to understand the frequency of hashtags used and their conjunction with the search 

ǉǳŜǊȅΩǎ ƪŜȅ ǘerms (hashtags) and other hashtags. One focus in this part of the analysis 

lay in the shift in trends apparent from newly created hashtags at certain times, which 

would not appear in other years. Another focus was on the frequency of hashtags 

associated with specific locations. 
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3.3.1.2 Keyword analysis 

For the keyword analysis, word frequencies and word associations were analysed to 

define areas of interest grounded in the data provided by the tweet content. Word 

frequencies were explored as a means of defining the trends and highlighting issues 

apparent from the daily communication of Twitter users at specific times. Word 

correlation allowed an insight into the connection between various terms emerging 

from the word frequency analysis. Words featuring high in the word frequency list, for 

ŜȄŀƳǇƭŜΣ ϥǾƛŜǿǎΩΣ ϥǇƭŀŎŜΩΣ ϥƘƻƴŜȅǇƻǘΩΣ ŀƴŘ ϥƭŀƴŘǎŎŀǇŜΩΣ ǿŜǊŜ ŦǳǊǘƘŜǊ ŜȄǇƭƻǊŜŘ ǘƻ ƛŘŜƴǘƛŦȅ 

the specific trends associated at the time of the investigation. Furthermore, terms of 

ǎǇŜŎƛŦƛŎ ǊŜƭŜǾŀƴŎŜ ŦƻǊ ǘƘƛǎ ǎǘǳŘȅΣ ŦƻǊ ŜȄŀƳǇƭŜΣ ϥƳƻƴǳƳŜƴǘΩΣ ϥƘƛǎǘƻǊȅΩΣ ŀƴŘ ϥƘŜǊƛǘŀƎŜΩΣ 

were used for a statistical association analysis. This routine (findAssocs - find 

ŀǎǎƻŎƛŀǘƛƻƴǎύ ƛǎ ǇŀǊǘ ƻŦ ǘƘŜ ¢ŜȄǘ aƛƴƛƴƎ tŀŎƪŀƎŜ ϥǘƳΩ ƛƴ w (RDocumentation n.d.). The 

function findAssocs provides an algorithm that consists of two steps. In a first step 

collocations are assessed and only tweets containing the given word are returned and 

further analysed. In the next step a correlation threshold will be defined. The 

correlation score is calculated from the relative number of collocations, where a score 

of 0 means that the correlated word never appears in the same tweet as the search 

term, and a score of 1 means that the correlated word appears in all the tweets that 

contain the search term. Owing to the high variation of words in tweets, a correlation 

score of 0.2 is considered significant and words matching or exceeding this threshold 

are assumed to be statistically associated, providing a quantitative result for further 

qualitative analysis. 

3.3.1.3 Sentiment and emoji analysis 

Emojis are essential in non-face-to-face communication, of which the social media 

context is a significant one (Gajadhar and Green 2005). Emojis are used every second 

on social media, as the real-time emoji tracker11 on tweets proves. Increasingly, emojis 

have been used in academic research (Madgin 2021; Novak et al. 2015; Toepoel, 

 

11 https://emojitracker.com/ 

https://emojitracker.com/
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Vermeeren and Metin 2019). Emojis developed in different parts of the world as a 

phenomenon based on the same premise, namely to express emotions in electronic 

ƳŜǎǎŀƎƛƴƎ ŀƴŘ ŜƳŀƛƭǎΣ ǇǊƻǾƛŘƛƴƎ ǘƘŜ ǎǳōǘŜȄǘ ŦƻǊ ŎƻƴǘŜƴǘ ŀƴŘ ǘƘŜ ǿǊƛǘŜǊΩǎ ƛƴǘŜƴǘƛƻƴΦ 

However, over the years, thousands of emojis were added as icons also expressing 

objects and actions. The iconic yellow smiley face is said to have been developed by 

the graphic artist Harvey Ross Ball to raise the morale in the State Mutual Life 

Assurance Company in 1963 (Stamp 2013). Emojis (literally translated from Japanese 

ŀǎΥ ϥŜΩ ŦƻǊ ϥǇƛŎǘǳǊŜΩ ŀƴŘ ϥƳƻƧƛΩ ŦƻǊ ϥƭŜǘǘŜǊΩ12) were invented in the 1990s by a Japanese 

ŎƻƳƳǳƴƛŎŀǘƛƻƴ ŦƛǊƳΣ ŀƴŘ ǿƛǘƘ ǘƘŜ ŘŜǾŜƭƻǇƳŜƴǘ ƻŦ ǘƘŜ ǎǘŀƴŘŀǊŘ ŜƴŎƻŘƛƴƎ ϥǳƴƛŎƻŘŜΩ 

and inclusion in mobile phone functionality, the cartoon-like images representing 

faces, professions, trees and flowers and much more have found entry into standard 

communication (Hern 2015; Unicode Consortium 2020). As a carrier of emotions13, 

emojis form a crucial part in conveying sentiment in tweets. 

Sentiment is a crucial part of social media analysis. A sentiment analysis allows 

ŀƴ ŀǎǎŜǎǎƳŜƴǘ ƻŦ ǇŜƻǇƭŜΩǎ ŀǘǘƛǘǳŘŜǎ ŀƴŘ ŦŜŜƭƛƴƎǎ ǘƻǿŀǊŘǎ ŀ ǎǇŜŎƛŦƛŎ ǘƻǇƛŎ ŀƴŘ ƎƛǾŜǎ ŀƴ 

insight into and opportunities to react to changing moods in society. Several studies 

have engaged in sentiment analysis in social media content and proved the usefulness 

of the information to improve user experiences, satisfaction, and assess performance 

levels (Drus and Khalid 2019; Iglesias and Moreno 2020; Neri et al. 2012; Samuels and 

Mcgonical 2020). 

The approaches to sentiment analysis undertaken in this project used the 

standard sentiment code VADER sentiment (Hutto and Gilbert 2014; Hutto 2022; 

Malde 2020). VADER is specifically designed to analyse unstructured text such as 

Twitter tweets based on word associations, including slang words and emojis (Hutto 

and Gilbert 2014). Counteracting the limitation on tweet length (initially 140, now 280 

characters), emojis compress meaning and content into a single character and increase 

ǘƘŜ ŎƻƴǘŜƴǘΣ ǎƛƳƛƭŀǊ ǘƻ ǘƘŜ ǳǎŜ ƻŦ ϥІΩ ŀƴŘ ϥϪΩ ǎȅƳōƻƭǎ ŀǎ ŀŎǘƛǾŜ ǇŀǊǘǎ ƻŦ ǎŜƴǘŜƴŎŜǎ ŀƴŘ 

links to topics or other users. A text comparison of several packages to analyse 

 

12 https://www.collinsdictionary.com/dictionary/english/emoji 

13 See12. 

https://www.collinsdictionary.com/dictionary/english/emoji
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sentiment from tweets has been undertaken elsewhere (Barai 2021), and it has been 

shown that VADER has advantages regarding emoji inclusion and word association. 

VADER is a rule-based algorithm using a 'gold-ǎǘŀƴŘŀǊŘΩ ƭŜȄƛŎƻƴ ŀǎ ŀ ōŀǎƛŎ ŘŀǘŀǎŜǘ ǘƻ 

establish the sentiment of text. The analysis tool was developed in the US and is, 

therefore, ambiguous when meanings diverge between American English (AE) and 

British English (BE). This will be discussed further in Section 5. 

Emojis in tweets are encoded as UTF-8. The constant evolution of emojis 

requires specific steps performed on the data in preparation. This process includes the 

exclusion of specific UTF-8 modifier codes, for example, hair colour, skin colour, or 

gender. This step is necessary to represent these correctly in emoji clouds but also to 

achieve clear and unique counts of emojis for frequency tables, which summarises, for 

example, smiling faces of different skin colour. 

In order to assess the accuracy of the sentiment algorithms used by VADER, the 

tweets were also manually assessed for the prevalent sentiment of the individual 

tweets. The VADER compound score, consisting of the average of neutral, positive and 

negative scored text components, was rated by me. The aim was to assess the 

reliability of the automated process and detect weaknesses in the application to the 

specific dataset. I annotated the original tweets based on the subjective impressions of 

negative, neutral and positive sentiment and compared the result with the VADER 

sentiments analysis. The annotation of the comparison resulted in True-Positive, True-

Negative, False-Positive or False-Negative. The result was visualised in a confusion 

matrix14 (Figure 3-7), quantifying the accuracy of the automated process, which is 

commonly used in machine learning. However, this form of visualisation has been 

found to be useful for presenting the results of this assessment process. 

3.3.2 Results 

3.3.2.1 Hashtag analysis results 

The hashtag analysis allowed insight into the trends and themes associated with the 

 

14 https://machinelearningmastery.com/confusion-matrix-machine-learning/ 

https://machinelearningmastery.com/confusion-matrix-machine-learning/
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search terms. While the most frequently used hashtag across the years was 

#Derbyshire, there was a significant change in the year 2020 when new hashtags in 

reaction to the pandemic were introduced, for example, #lockdown, #covid19, 

#COVIDIOTS, #doartslockdown, #staysafe, as shown in Table 3-1. Filtering activities, 

#walking was mentioned in 4 tweets in 2019, compared to 8 in the 2020 list of 

hashtags, and 19 mentions in 2021, showing an increase in this activity across the 

years. Activities mentioned frequently across the three study periods were 

#photography and #hiking. Notably, #staycation, #camping, and #landscape ranked 

higher in 2021. This may be a direct effect of the lockdown/stay local requirements of 

the pandemic restrictions, reduced foreign travel options, and a turn to a 'new normaƭΩ 

with a tendency to spend holidays in the UK rather than abroad. In general, the use of 

hashtags reduced from 740 unique hashtags in 2019 to 560 in 2020 and 686 in 2021 

despite an increase in individual tweets.  

While it is apparent that locations in towns and villages dominate in 2019, for 

example, #buxton (not within in the Peak District Park boundary, but included in the 

#PeakDistrict), #edale, #bakewell featured high in 2019, there is a notable shift from 

these centres towards more rural locations, such as #mamtor and #kinderscout. This 

shift is perhaps based on the opportunity for social distancing and because many 

businesses were still closed or not yet back to their former capacity. In general, 

#nature seems to appear slightly more dominant in 2020 (5 mentions compared to 3 in 

2019) and was more frequently used in tweets in 2021 (11 mentions). 

 

3.3.2.2 Keyword analysis results 

The 30 most frequently used words can be seen in Table 3-2. Most striking is the use of 

ǘƘŜ ǿƻǊŘ ϥǿŀƭƪΩ ƛƴ ǘƘŜ ȅŜŀǊ нлнл ǿƛǘƘ млл ƳŜƴǘƛƻƴǎΣ ŎƻƳǇŀǊŜŘ ǘƻ пф ƛƴ нлмф ŀƴŘ сл ƛƴ 

2021. Words associated with Covid and restrictions in 2020 included people (89 

mentions), symptom (62 mentions), police (48 mentions), Cummings (43 mentions), 

isolate (36 mentions), drone (25 mentions), lockdown (19 mentions), busy (17 

mentions). While positive adjectives rank high in 2019 (good: 5, beautiful: 8, lovely: 13) 

and 2021 (good: 1, beautiful: 8, lovely: 10), such positive words are not found higher 
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than rank 8 - ϥƻƪŀȅΩ - and rank 19 - ϥƎƻƻŘΩ - in 2020. A similar sentiment shift, as seen in 

the hashtag analysis, seems to emerge, which will be explored further in the next 

section, focusing on sentiment in particular. 

Word associations allow an insight into the relationship of nouns (for example, 

place names and monument types) with other nouns or verbs (for example, activities) 

or adjectives (for example, sentiment expressions). For this project, frequently used 

words ŦǊƻƳ ǘƘŜ ƪŜȅǿƻǊŘ ŀƴŀƭȅǎƛǎΣ ǎǳŎƘ ŀǎ ϥǿŀƭƪΩΣ ϥǎŜŜΩΣ ϥǾƛŜǿΩΣ ϥƘƻƴŜȅǇƻǘΩΣ ϥƭŀƴŘǎŎŀǇŜΩΣ 

Hashtags 2019 Count Hashtags 2020 Count Hashtags 2021 Count

#Derbyshire 28 #derbyshire 22 #Derbyshire 46

#derbyshire 27 #Derbyshire 18 #derbyshire 26

#art 13 #photography 14 #walking 19

#Outdoors 12 #BankHolidayMonday 13 #landscapephotography 12

#Photography 12 #handmade 13 #EnglishTourismWeek21 11

#weather 12 #print 13 #nature 11

#whaleybridge 12 #Art 12 #BankHolidayWeekend 10

#handmade 11 #Outdoors 12 #countryside 10

#peakdistrictnationalpark 11 #Photography 12 #NaturePhotography 9

#print 11 #weather 12 #staycation 9

#wall 11 #whaleybridge 12 #Artist 8

#edale 10 #gift 11 #BankHolidayMonday 8

#gift 10 #wall 11 #TravelPhotography 8

#MyNewTag 10 #BankHoliday 8 #Hiking 7

#Art 9 #Local 8 #landscape 7

#outdoors 9 #peakdistrictnationalpark 8 #NatureLovers 7

#peakdistrictwalks 9 #walking 8 #peakdistrictnationalpark 7

#adventuretime 8 #mamtor 7 #photography 7

#bakewell 8 #EnglishTourismWeek20 6 #art 6

#getoutside 7 #langsett 6 #camping 6

#uk 7 #lockdown 6 #EtsyShop 6

#backtor 6 #landscape 5 #LandscapePhotography 6

#bankholiday 6 #nature 5 #peakdistrictwalks 6

#bankholidayweekend 6 #nikonphotography 5 #walk 6

#buxton 6 #staysafe 5 #WallArtForSale 6

#derbyshiredales 6 #AT 4 #weather 6

#england 6 #BankHolidayWeekend 4 #whaleybridge 6

#highpeak 6 #kinderscout 4 #Buxton 5

#losehill 6 #PeakDistrictProud 4 #cottage 5

#photography 6 #sunset 4 #getaway 5

#ridgeline 6 #AshfordintheWater 3 #highpeak 5

#saturday 6 #buxton 3 #Landscapes 5

#travel 6 #covid19 3 #sunshine 5

#vanlife 6 #COVID19 3 #ad 4

#vwt4 6 #COVIDIOTS 3 #BankHoliday 4

#BankHolidayMonday 5 #DailyChallenge 3 #chatsworthofficial 4

#hiking 5 #DerbyshirePolice 3 #dogfriendly 4

#landscape 5 #doartslockdown 3 #escapetheeveryday 4

#landscapephotography 5 #dog 3 #hiking 4

#mtb 5 #dogs 3 #hols 4

Table 3-1: Top 40 of the most frequently used hashtags across the study 
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ŀƴŘ ϥǇƭŀŎŜΩΣ ǿŜǊŜ ŀƴŀƭȅǎŜŘΦ CƻŎǳǎƛƴƎ ƻƴ ǇƭŀŎŜ ŀǘǘŀŎƘƳŜƴǘΣ ǇƭŀŎŜ ǉǳŀƭƛǘƛŜǎ ŀƴŘ ƭƻŎŀƭ 

heritage, to give useful background information for heritage management, additional 

terms not included in the word frequency list were also provided to the function, such 

aǎ ϥƘŜǊƛǘŀƎŜΩΣ ϥƘƛǎǘƻǊȅΩΣ ŀƴŘ ϥƳƻƴǳƳŜƴǘΩΦ ¢ƘŜ ǿƻǊŘ ŀǎǎƻŎƛŀǘƛƻƴǎ Ŏŀƴ ōŜ ǾƛǎǳŀƭƛǎŜŘ ŀǎ ŀ 

network graph (Figure 3-2).  

Words 2019 Count Words 2020 Count Words 2021 Count

today 62 walk 100 good 73

day 60 people 89 day 67

walk 49 park 86 today 61

good 44 want 73 walk 60

get 36 today 69 get 56

see 35 day 69 just 56

beautiful 33 okay 68 beautiful 55

take 31 symptom 62 one 47

one 31 just 60 lovely 40

look 30 get 58 holiday 37

weekend 30 drive 56 great 36

lovely 29 travel 54 take 35

holiday 28 police 48 live 35

morning 28 weekend 45 hill 33

derbyshire 27 back 44 see 33

come 27 cummings 43 morning 33

edge 26 see 41 home 31

love 26 good 41 place 31

time 26 beach 40 will 30

week 25 can 38 love 29

hill 25 covid 38 view 29

view 24 week 38 park 29

can 23 view 37 time 28

just 22 take 37 trail 28

art 22 holiday 36 visit 27

great 21 ever 36 back 27

place 21 lake 36 look 27

may 21 isolate 36 now 27

bank 20 like 34 edge 27

weather 20 stay 34 can 26

Table 3-2: Top 30 of the most frequently used words across the study period. 
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In 2020 the word 'walk' was solely associated with the word 'dog'. The word 

'see' was associated with 'officialϥΣ Ωstunning' and 'honeypot'. 'View' found association 

with 'crystal', 'bowl', 'enjoyable', 'Mickleden', 'stunning', 'Jacobs', 'ladder', 'beyond'. 

The word 'honeypot' found association with 'wildfire', 'fire', 'avoid' and 'busy', 'see' 

and 'forbidden'. 'Landscape' was associated with 'damage', 'extensive', 'tree', 'nature', 

'sheep', 'adventure', 'Peveril' and 'Hathersage'. The word 'place' found association with 

'path', 'canal', 'childhood', 'sanctuary', 'urban', 'restriction', 'Carsington', 'unwind' and 

'grateful'. No associations with the word 'history', 'heritage', or 'monument' were 

found in 2020. 

The associations in 2019 were as follows: history: corner, fascinate, Tetris 

('Tetris' being the name of one of the bouldering areas at The Roaches), glory, build; 

heritage: Bolsover, English, medieval, beautiful, site, castle, countryside, fantastic; 

monument: none; walk: iconic, lazy, rugged, route, unplanned, dog; see: carry, driver, 

cyclist, entirely, pleasure; view: surprise, stunning; honeypot: none; landscape: 

photography, large, wow, vast, bracken, spectacular, church, Padley; place: favourite, 

abroad, adore, Romania, Liverpool, lot, familiar, narrative. 

Associations in the year 2021 comprised: history: lover, endure, farm, own, 

plague, guide, stay, tell; heritage: English, attraction, destination, national, trust, town, 

countryside, valley, moor; monument: arbor, gib, barrow, henge neolithic, circle, low, 

stone; walk: Longshaw, Grindleford, station, breakfast; see: boarder, Rutland, visibility, 

charismatic, eagle, lynx, marten, wildlife, pine, flourish; view: vale, sorry; honeypot: 

none; landscape: art, nature, tree, photography, birch, woodland, photo, green; place: 

geographically, Liverpool, vibrant, city, self. 

The result of the word association analysis can be understood as a statistical 

association of the given words and words meeting or exceeding the correlation 

threshold. This information can be used to identify issues through a follow-up 

contextual association. A comparison across the word correlation and keywords used 

in tweets during the study periods shows a notable shift from destinations and travel 

abroad in 2019 to a focus on local places associated with words of familiarity and 

ǎŀŦŜǘȅ όϥǎŀƴŎǘǳŀǊȅΩύ ƛƴ 2020. This trend of localism and travel destinations in the vicinity 

seems to be continued in 2021 with a tendency to explore reopened sites of English 
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Heritage and the National Trust as well as a significant increase of associated 

monuments, for example, Arbor Low (henge monument) and Gib Hill barrow, stone 

circles, and Longshaw (National Trust estate). Notable is, however, also the association 

of 'landsŎŀǇŜΩ ǿƛǘƘ ϥŘŀƳŀƎŜΩ ŀƴŘ ϥƘƻƴŜȅǇƻǘΩ ǿƛǘƘ ϥǿƛƭŘŦƛǊŜΩΣ ǿƘƛŎƘ ŎƻǳƭŘ Ƙƛƴǘ ŀǘ 

problems with negative landscape impact factors in 2020. 

 

3.3.2.2.1 Visualisation - Word clouds 

Word clouds were developed first by the American socio-psychologist Stanley Milgram, 

visualising landmarks in Paris as text on a map (Cao and Cui 2016, 60; Milgram and 

Jodelet 1992, 96, Fig. 8.6), but the popularity of this form of visually conveying textual 

content only came with Flickr in 2006 and the popular tag visualisation for exploring 

their website (Temple 2019). Word clouds have disadvantages - for example, they do 

Figure 3-2: bŜǘǿƻǊƪ ƎǊŀǇƘ Ǿƛǎǳŀƭƛǎŀǘƛƻƴ ƻŦ ǿƻǊŘ ŀǎǎƻŎƛŀǘƛƻƴǎ ōŀǎŜŘ ƻƴ ŦǊŜǉǳŜƴǘƭȅ ǳǎŜŘ ǿƻǊŘǎΣ ǎǳŎƘ ŀǎ ϥǿŀƭƪΩΣ ϥǎŜŜΩΣ ϥǾƛŜǿΩΣ 
ϥƘƻƴŜȅǇƻǘΩΣ ϥƭŀƴŘǎŎŀǇŜΩΣ ϥǇƭŀŎŜΩΣ ŀǎ ǿŜƭƭ ŀǎ ǿƻǊŘǎ ƻŦ ǎǇŜŎƛŀƭ ƛƴǘŜǊŜǎǘ ǊŜƎŀǊŘƛƴƎ ƘŜǊƛǘŀƎŜ ƳŀƴŀƎŜƳŜƴǘΣ ǎǳŎƘ ŀǎ ϥƘŜǊƛǘŀƎŜΩΣ ϥƘƛǎǘƻǊȅΩΣ 
and 'moƴǳƳŜƴǘΩΦ ¢ƘŜ ŎƻƭƻǳǊǎ ǊŜǇǊŜǎŜƴǘ ǘƘŜ ǘƘǊŜŜ ȅŜŀǊǎΦ ¢ƘŜ Ǿƛǎǳŀƭƛǎŀǘƛƻƴ ǊŜǇǊŜǎŜƴǘǎ ǎǘŀǘƛǎǘƛŎŀƭ ŀǎǎƻŎƛŀǘƛƻƴǎ ƻŦ ǘƘŜ ǿƻǊŘǎ. 
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not show word associations or contexts of single words (Cao and Cui 2016, 19), and 

apply a filter that is either too restrictive (emphasising long words) or too broad 

(including short words with irrelevant contribution) (Temple 2019). However, 

advantages of word clouds are the instant understanding of the visualisation without 

the need for explanation, legends or descriptions. The visualisations are attractive and 

colourful and allow the representation of keywords of unstructured texts in a compact 

form (Temple 2019). The word clouds in Figure 3-3 present the most frequently used 

words in tweets across the study periods in a visually appealing format. The words are 

not spatially located at the corresponding places of tweet locations. 

3.3.2.3 Emoji analysis results 

Sentiment and emoji analysis are closely related since much of the sentiment in tweets 

is carried by the use of emojis rather than text owing to the characteristic shortness of 

tweets. We should understand emojis as not one but two categories of pictograms 

(the western association of emojis = emotion is misleading). Category one emojis 

expressing emotions, which developed from the earlier emoticons, are ideal for 

conveying sentiment on its own or in conjunction with text, and VADER integrates this 

Figure 3-3: Word cloud of most frequently used words across the study period. Disclaimer: The words and their 
position are not geospatially located within the Peak District National Park, but rather randomly located within the 
boundary to visualise the summary and frequency of the most used words in tweets related to the area within these 
boundaries. 
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aspect for a comprehensive result. We need to distinguish this category of emojis from 

pictograms used to convey meaning. Emojis, such as a tree, a fruit or boots, replace 

objects and actions. With regard to sentiment analysis, this categorisation is 

important, as emotion-emojis are unlikely to change their meaning (a smiling face will 

unlikely express a negative feeling in future), while object- or action-emojis can change 

meaning drastically. Within the VADER lexicon both categories are replaced by their 

respective descriptive text and become part of the text that is then analysed for 

sentiment. VADER includes the transcription of 3570 different emojis into text at the 

time of writing and integrates this into the analysis. Based on this descriptive text and 

the independent score of 10 individuals (Hutto and Gilbert 2014, 220), the valence 

score was determined, and all emojis with a non-zero mean score were integrated into 

the lexicon15. This section will present the data of the emoji analysis and present the 

results of the VADER algorithm applied to text and emojis as far as they were known at 

the time of development in 2017. 

The number of emojis used in tweets across the weekends are as follows and 

shown in detail in Table 3-3. 

2019: 110 different types, 267 in total 

2020: 118 different types, 313 in total 

2021: 121 different types, 337 in total 

The most commonly used emojis across the years on rank 1 in 2019 and 2020 

and rank 3 in 2021 was the smiling face with heart-eyes associated with a positive 

sentiment. Notable is the increase of negative sentiment expressed through emojis, 

such as the angry face and  the angry face with symbols on mouth. The message 

associated with this category of negative emotions in 2020 and a complete lack of 

these emojis in 2019, and for  with only 2 appearances in the dataset and with only 

one use, can be interpreted as associated with rising tensions in 2020. Users were 

positioned on both sides of the spectrum: visitors who felt anger towards the 

excluding attitude of residents, and residents feeling overwhelmed and angry towards  

 

15 https://github.com/cjhutto/vaderSentiment 

https://github.com/cjhutto/vaderSentiment
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visitors, littering, parking in non-designated areas, overcrowding, and increasing 

wildfire risks from barbecues. Associated with the latter is the increased use of the  

emoji in the same year. This emoji, within a grey zone between emotion and object, 

plays a specific role in the issues of the year 2020. Fire, as the descriptor of this emoji, 

scores negatively in the VADER lexicon16 (-1.4). Negatively labelled emojis (fire, angry 

face, and face with symbols on mouth) were non-existent in the dataset of 2019, 

increased to 18 in 2020 and decreased again to 3 in 2021. A new introduction of emojis 

into tweets is the emoji, referring to safety measures associated with the Covid-19 

pandemic. As for emojis of category two, the green-leaved branch ḝḞḟ  titled herb is 

usually used to represent nature in the main context of tweets and is often associated 

with the #naturelover. Equal emphasis on nature and the rural character of the Peak 

District National Park are expressed in the use of the  emoji, ḊḋḌḍ  emoji,  emoji 

and  emoji. Interestingly, no sheep emoji is used in 2020 tweets. 

 

16 https://github.com/cjhutto/vaderSentiment/blob/master/vaderSentiment/vader_lexicon.txt 

Table 3-3.: Top 20 of the most frequently used emojis across the study 
period. 

https://github.com/cjhutto/vaderSentiment/blob/master/vaderSentiment/vader_lexicon.txt
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Summarising the results of the emoji analysis, the number of negative emojis 

varied across the years; however, compared to the number of positively labelled 

emojis, the number of negative emojis stayed low. While still overwhelmingly positive, 

the year 2020 saw a notable increase in negative emojis and the introduction of emojis 

associated with the pandemic. The graph in Figure 3-4 shows the variation of negative 

and positive emojis used across the years based on emojis using only the VADER 

algorithm. 

 

3.3.2.3.1 Visualisation - Emoji clouds 

Emojis and cloud visualisations have a great potential to convey complex information 

directly. The format of emoji-cloud visualisation offers a new way to create an instant 

understanding of the overall situation, trends, and sentiments of large datasets. The 

emoji clouds presented in Figure 3-5 clearly show the emotional shift in 2020 and can 

be used to inform and engage the public, similar to the word clouds in Section 

3.3.2.2.1, but arguably with a more straightforward and stronger message. The 

positions of emojis on the map do not correspond with their actual tweet location, and 

the size of the emojis does not give absolute numerical values. However, this form of 

visualisation allows instant recognition of the key message and invites engagement 

with the visualisation beyond passive observation. The key message of a shift towards 

negative emojis is clearly visible in the year 2020 through the use of distinctly negative 

icons. Similarly, the smiling face emojis for expressing associations with nature, love 

and outdoor activities dominate in 2019 and 2021. 

Figure 3-4: Sentiment analysis with VADER sentiment algorithm based solely on emojis. The emoji score is normalised for the sentiment 
ŎŀǘŜƎƻǊƛŜǎ ƻŦ ǘƘŜ ǊŜǎǇŜŎǘƛǾŜ ȅŜŀǊǎΦ bƻǘŜΥ ǘƘŜ ŎŀǘŜƎƻǊȅ ϥbŜǳǘǊŀƭΩ Ƙŀǎ ōŜŜƴ ŜȄŎƭǳŘŜŘ ŦǊƻƳ ǘƘŜ ǾƛǎǳŀƭƛǎŀǘƛƻƴΣ ŀǎ ǘƘƛǎ ǿƻǳƭŘ ǎƪŜǿ the tweets with 
no emojis, neutral emojis and unknown emojis. 
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3.3.2.4 Sentiment analysis 

3.3.2.4.1 Results of automated sentiment analysis 

This shift to slightly more negative emotions associated with the Peak District National 

Park shown in the emoji analysis above is mirrored in the sentiment analysis 

performed on the datasets of all years using VADER sentiment. The score is normalised 

for ǘƘŜ ŎŀǘŜƎƻǊƛŜǎ ϥbŜƎŀǘƛǾŜΩΣ ϥbŜǳǘǊŀƭΩΣ ŀƴŘ ϥtƻǎƛǘƛǾŜΩ ǘǿŜŜǘǎ ƻŦ ǘƘŜ ǊŜǎǇŜŎǘƛǾŜ ȅŜŀǊǎΦ 

The analysis result (Figure 3-6) shows an increase in identified negative emotions 

captured in tweets in 2019 from 6.7% to 14.8% in 2020 and a subsequent decrease in 

2021 to 10.3%. 

 

3.3.2.4.2 Reliability of sentiment algorithm 

To assess the performance of the VADER algorithm in extraordinary circumstances as 

was the case in the year 2020, which has shown a doubling of negative sentiments 

from the year before, a sample including all tweets from that year has been annotated 

manually by me. The algorithm seemed to struggle, especially with the sarcasm of 

Twitter users in response to the Dominic-Cummings-situation17 travelling from London 

to Durham during a strict stay at home period. Also, sarcasm of visitors, deterred by 

 

17 https://www.huffingtonpost.co.uk/entry/dominic-cummings-eyesight-barnard-

castle_uk_60ae467de4b019ef10e1f1a3 

Figure 3-6: Sentiment analysis with VADER sentiment algorithm. The score is normalised for the sentiment categories of 
the respective years. 

https://www.huffingtonpost.co.uk/entry/dominic-cummings-eyesight-barnard-castle_uk_60ae467de4b019ef10e1f1a3
https://www.huffingtonpost.co.uk/entry/dominic-cummings-eyesight-barnard-castle_uk_60ae467de4b019ef10e1f1a3
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ǇƻƭƛŎŜ ŀŎǘƛƻƴ ŀƴŘ ϥǎǘŀȅ ŀǿŀȅΩ ƳŜǎǎŀƎŜǎ ŦǊƻƳ ǊŜǎƛŘŜƴǘǎΣ ŀƴŘ ǎŀǊŎŀǎƳ ǊŜŦŜǊǊƛƴƎ ǘƻ ǘƘŜ 

general Covid situation was misinterpreted by the algorithm. Figure 3-7 shows a 

confusion matrix for the accuracy as predicted by the VADER algorithm and manually 

assessed by me. The darker blue fields with higher numbers represent higher counts of 

tweets representing tweets identified as positive, neutral or negative by the VADER 

algorithm on the y-axis and by me on the x-axis, respectively. For example, tweet 

content identified as positive by both the algorithm and the researcher is positioned in 

the upper right field of the matrix (dark blue, count: 260), representing True-Positive 

results. In contrast, tweet content identified as positive sentiment by the algorithm 

and negative by me is represented by the field in the upper left area of the matrix 

(mid-blue, count 119), which shows the False-Positive result. The matrix shows a high 

agreement of positive results (260) and True-Neutral results (159). However, 

discrepancies are apparent in the high mismatch of False-Positives (119). The 

algorithm was evidently not able to identify negative sentiments accurately, in 

particular if these were expressed using sarcasm and irony. 

Figure 3-7: Confusion matrix comparing manual and automated sentiment analysis for the year 
2020 based on emojis. Bottom left, middle and top right fields show the number of True-Negative, 
True-Neutral and True-Positive results of the recognition algorithm, respectively. Off-diagonal 
fields show false matches. Notably the top left field with 119 False-Positives due to 
misinterpretation of sarcasm in tweets. 
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The accuracy in the case of tweets of the year 2020 can be calculated as: 

ὃὧὧ 
В ὅȟ
В ὅȟȟ

πȢφχχφχȢχϷ 

Where ὅ is the count of the respective combination of positive, neutral and 

negative: ὅ for coincidence between automatic and manual assessment, i.e., ὅ , ὅ , 

ὅ  for True-Positive, True-Neutral, and True-Negative, respectively, and ὅ with Ὥ Ὦ 

for contradictions, i.e., False-Positive, False-Neutral and False-Negative for Ὦ ρȟςȟσ, 

respectively. 

The calculation of the proportion of negative tweets based on the results of 

manual assessment (Figure 3-7) results, therefore, in 32% tweets with negative 

sentiment as opposed to the 14.8% identified by the algorithm. In order to assess how 

this process would adjust the negatively loaded tweets of the years 2019 and 2021, the 

same process of manual annotation and creation of a confusion matrix was carried out 

for these years. 

The result for 2019 showed that the negative sentiment classified by the 

VADER algorithm with 6.7% was higher than when assessed by the manual process 

Figure 3-8: Confusion matrix comparing manual and automated sentiment analysis for the year 
2019 based on emojis. Bottom left, middle and top right fields show the number of True-Negative, 
True-Neutral and True-Positive results of the recognition algorithm, respectively. Off-diagonal 
fields show false matches. 
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with 3.4%. VADER also tended to classify more positive tweet content compared to a 

more neutral manual annotation (Figure 3-8). The manual analysis of the year 2021 

data also shows a slightly lower negativity score, with 8.5% compared to the VADER 

sentiment analysis outcome with 10.3% (Figure 3-9). This result shows that the 

sarcasm of the year 2020 was not detectable by the algorithm, and across the three 

years, neutral tweets were more often interpreted as positive. Given the (slight) under 

estimation of negativity in 2019 and 2021, and the under representation of negativity 

in 2020 by the algorithm, the increase of negativity in 2020 is even more striking in the 

manual assessment. 

 

3.4 Part Two: Extracting and Locating Geospatial Information 

3.4.1 Methodology 

3.4.1.1 User home location analysis - unreliable and fancy 

Figure 3-9: Confusion matrix comparing manual and automated sentiment analysis for the year 
2021 based on emojis. Bottom left, middle and top right fields show the number of True-
Negative, True-Neutral and True-Positive results of the recognition algorithm, respectively. Off-
diagonal fields show false matches. 
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Location data provided by Twitter and by Twitter users consists of three types: 1. 

geotagged tweet information in the metadata of individual tweets, 2. free-text entries 

of user home locations and 3. locations mentioned as places in individual tweet texts. 

Passive geoinformation (1) stored in metadata of tweets strongly depends on the 

active use of geotagging services, for example, enabling this service and allowing 

access to location data on the device used for tweeting. On the other hand, location 

ƳŜƴǘƛƻƴƛƴƎ όоύ ŀƴŘ ƛƴŦƻǊƳŀǘƛƻƴ ƻƴ ǳǎŜǊ ƘƻƳŜ ƭƻŎŀǘƛƻƴ όнύ ŀǊŜ ƻǇŜƴ ǘƻ ǘƘŜ ǳǎŜǊΩǎ 

creativity and the willingness to give more or less precise information about 

themselves, if any at all. To analyse the latter location information, a frequency 

analysis can be performed to get a rough idea of where Twitter users are located or 

where they live. 

Geotagged information (1) was found to be unreliable, as the location 

mentioned in texts and the geotagged information in some test cases did not match. 

Therefore, no further analysis was performed, including this information. Where user 

home location data (2) was provided, it was assumed that a summary would give an 

insight into the adherence of Twitter users to restrictions on movement as issued in 

ǘƘŜ ϥǎǘŀȅ ƭƻŎŀƭΩ ǊŜǉǳƛǊŜƳŜƴǘΦ IƻǿŜǾŜǊΣ ǳǎŜǊ ƘƻƳŜ ƭƻŎŀǘƛƻƴ Řŀǘŀ ƛǎ ƛƳǇǊŜŎƛǎŜΣ ǎǇŀǊǎŜ 

and inherently unreliable as the input consists of a free text entry. While algorithms 

determining the home location of Twitter users from the triangulated locations of their 

geotagged tweets have been developed elsewhere (Mahmud, Nichols and Drews 

2014), these are not used in this project since the focus is on place and place 

attachment rather than on individuals. 

Therefore, the main research focus of this project is on the information 

provided as free text in the tweets (3). This location information was analysed in order 

to identify places most frequented and talked about during the study periods, which 

also gave insight into the travel behaviour of visitors to the National Park. Therefore, it 

is necessary to explore this category further as a component of unstructured text and 

develop an automated process to overcome the time-consuming manual extraction of 

geospatial data from qualitative data. This process will be further elaborated on below. 
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3.4.1.2 General challenges in automated location detection 

Geospatial expressions in texts are inherently challenging to analyse, and this applies 

in particular to the recognition of location entities in unstructured texts such as 

tweets. The main challenge for identifying and extracting location information from 

tweets proves to be variations in expressing and naming places. Various levels of 

ϥƛƴǎƛŘŜǊ ǘŜǊƳƛƴƻƭƻƎȅΩΣ ŎƻƴǘǊŀŎǘƛƻƴǎΣ ŀƴŘ ƳƛǎǎǇŜƭƭƛƴƎ ŀǊŜ ŀ Ŏƻƴǎtant issue in the 

automated recognition of places. However, despite these limitations, an algorithm 

coded in R and Python allows the extraction of location information from tweets to 

gain insight into places that matter to people and are trending - for positive or 

negative reasons - in the wider public. 

3.4.1.3 The process of automated location detection in tweets 

In order to automatically recognise locations, rivers, points of interest, and historical 

places, the creation of a gazetteer (a database for geographical information in 

conjunction with a map in the form of an index or dictionary) was necessary to provide 

a database for an entity search algorithm. Geospatial information was extracted in 

QGIS from freely available GIS shapefiles provided by Ordnance Survey (OS) (Ordnance 

Survey n.d.)Σ ǘƘŜ 9ŘƛƴōǳǊƎƘ ¦ƴƛǾŜǊǎƛǘȅΩǎ 9Řƛƴŀ 5ƛƎƛƳŀǇ {ŜǊǾƛŎŜ (University of Edinburgh 

n.d.) (note: Edina maps and data are only freely available for research and education 

ǇǳǊǇƻǎŜǎύΣ ŀƴŘ IƛǎǘƻǊƛŎ 9ƴƎƭŀƴŘΩǎ όI9ύ [ƛǎǘƛƴƎ 5ŀǘŀ ŦǊƻƳ ǘƘŜ bŀǘƛƻƴŀƭ IŜǊƛǘŀƎŜ [ƛǎǘ ƻŦ 

England (NHLE) (Historic England 2022a). The datasets were merged and clipped to the 

study area. The resulting attribute table was exported to a spreadsheet and cleaned in 

a further step to delete duplication and exclude some entries, such as pharmacies or 

surgeries, to focus on places associated with natural or cultural landscapes. Businesses, 

such as tea shops, campsites or holiday cottages, were retained as they are part of the 

tourism industry. The cleaned database was re-imported into GIS to extract the 

location data of all points (Figure 3-10). The resulting gazetteer of places tailored to 

the Peak District National Park can be used as a standalone dictionary for place entity 

recognition in order to extract locations mentioned in tweets. The created gazetteer 

includes over 5000 entries of, for example, rivers, bridges, locations of mines, stately 

homes, bowl barrows, farms, public houses, churches, towns and villages, rock  
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formations and caves, and walking trails. The comprehensive gazetteer of points of 

interest and named landscapes visualised in GIS shows a continuous and sufficiently 

fine-grained coverage of locations across the Peak District National Park. An algorithm 

Figure 3-10: Building a corpus of locations in GIS gradually in steps, adding levels of information from various sources, such as 
rivers, place names, points of interest from Ordnance Survey data, or historic information from Historic England data (Image: M. 
Tenzer). 



97 
 

implemented in Python compares the gazetteer with the unstructured tweet texts and 

builds a separate dataset of location entities for further analysis and visualisation. The 

algorithm extracts single word locations as well as compound terms. As identified 

during the familiarisation process with the data, the challenge of fuzzy and imprecise 

location-naming in tweets had to be overcome by allowing the detection of, for 

ŜȄŀƳǇƭŜΣ ƛƴŎƻƳǇƭŜǘŜ ƭƻŎŀǘƛƻƴ ŘŜǎŎǊƛǇǘƛƻƴǎΣ ǎǳŎƘ ŀǎ ϥYƛƴŘŜǊΩ ŦƻǊ ϥYƛƴŘŜǊ {ŎƻǳǘΩΣ ōǳǘ ŀƭǎƻ 

dŜǘŜŎǘ ǘƘŜ ŎƻƳǇƻǳƴŘ ǘŜǊƳΣ ŦƻǊ ŜȄŀƳǇƭŜΣ ϥƪƛƴŘŜǊǎŎƻǳǘΩ ǿƛǘƘƻǳǘ ŎƻǳƴǘƛƴƎ ǘƘŜ ǾŀǊƛŀƴǘǎ 

independently when mentioned together in one tweet. This method allows the 

creation of a unique set of distinct features and places in an area similar to Named 

Entity Recognition (NER) as part of NLP. However, the method detects locations with 

higher accuracy through the area-specific corpus of distinct locations. 

3.4.2 Results 

3.4.2.1 Results of the location analysis 

²ƘƛƭŜ ǘƘƛǎ ǊŜǎŜŀǊŎƘ ŘƛŘ ƴƻǘ Ǝƻ ǎƻ ŦŀǊ ŀǎ ǘƻ ǘǊŀŎƪ Řƻǿƴ ǘƘŜ ǳǎŜǊǎΩ ƭƻŎŀǘƛƻƴǎ ǘƘǊƻǳƎƘ ǘƘŜ 

algorithm developed by Mahmud and his team (Mahmud, Nichols and Drews 2014), 

the free text self-ƛŘŜƴǘƛŦƛŎŀǘƛƻƴ ƻŦ ǘƘŜ ǳǎŜǊǎΩ ƭƻŎŀǘƛƻƴ ƎŀǾŜ ŀ ǊƻǳƎƘ ƛŘŜŀ ƻŦ ǿƘŜǊŜ ǘƘŜ 

tweeters came from during the lockdown phases (home location of users entered by 

the users). Did the stay at home order work? Did people adhere to the restrictions? 

Some entries of user location consisted of incomplete, fancy and funny entries and 

ǾŜǊȅ ƎŜƴŜǊŀƭ ǎǇŀǘƛŀƭ ƛƴŦƻǊƳŀǘƛƻƴΣ ŦƻǊ ŜȄŀƳǇƭŜΣ ϥ¦ƴƛǘŜŘ YƛƴƎŘƻƳΩ ƻǊ ϥbƻ ōƻǳƴŘŀǊƛŜǎΩΦ 

Nevertheless, the user location information was analysed on the frequency of 

occurrence and provides insight into the home location of tweeters (Table 3-4). The 

analysis shows that across all years, the majority of tweets associated with the Peak 

District National Park originated from users based in the National Park itself or the 

surrounding areas of larger cities within reach, for example, Sheffield, Chesterfield and 

Manchester. During the years 2019 and 2021, user locations further away appear as 

well, for example, Nottingham, Derby, Wales, Hampshire and Rochester. In 2020, the 

stay local orders appear to have been followed by the majority of visitors to the 

National Park, evidenced by the user locations mostly located in or surrounding the 
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park, with some exceptions such as tweets from London and the East Midlands. It is, 

however, important to note that a tweet from one of these more distant locations 

does not necessarily mean that the person was actually in the park; tweeters could 

have just mentioned the park in the text. This was the case for tweets where the 

tweeter was, for example, longing to come back or missing the visits to the National 

Park. 

In summary, it can be noted that the analysis of user home location is not 

reliable. Location information from tweet text metadata does not necessarily match 

the location mentioned in the tweet. In contrast, extracting and geospatially locating 

places mentioned in tweet texts can offer more reliable data on locations visited by 

¢ǿƛǘǘŜǊ ǳǎŜǊǎΣ ƘƛƎƘƭƛƎƘǘƛƴƎ ǘǊŜƴŘǎ ŀǎ ǿŜƭƭ ŀǎ ǊŜǎƛŘŜƴǘǎΩ ŀƴŘ ǾƛǎƛǘƻǊǎΩ ōŜƘŀǾƛƻǳǊ ŀƴŘ 

sentiment associated with specific places in the national park. The automated 

recognition and analysis of locations in tweet texts was further developed as part of 

the unstructured text analysis and will be elaborated on in the next section. 

3.4.2.2 Results of location entity recognition 

The automated process using the gazetteer developed in Section 3.4.1.3 recognised 

Table 3-4:User location of tweets about the Peak District National Park with the 25 most frequently used location. 
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115 individual places mentioned 332 times in 2019. The weekend in 2020 identified 

118 different locations with 237 mentions. This 2020 result was also manually 

evaluated, the dataset annotated by me, and tested against the automated process 

described in Section 3.4.1.3. The weekend in 2021 yielded 179 unique places with 406 

mentions in individual tweets. 

 

3.4.2.2.1 Reliability and validity of location recognition 

A subset of data was analysed manually to assess the reliability of the location entity 

recognition process. The 759 tweets of the bank holiday weekend 2020 were used to 

compare the performance of the code and the completeness of the location database 

created in the first step of the process. The manually evaluated list of locations  

Figure 3-11: Confusion matrix, comparing manual and automated place recognition. Bottom left and top right 
quadrants show the number of True-Negative and True-Positive results of the recognition algorithm, respectively. 

Top left and bottom right show False-Positive and False-Negative matches, respectively. 
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provided the gold standard for the comparison. Results from the manual and 

automated processes were subsequently evaluated, giving the True-Positive and True-

Negative results with corresponding outcomes and False-Positive and False-Negative 

results where the automated process produced an error. In total, 569 True-Negative 

(no location mentioned in the tweet) and 192 True-Positive results (location in both 

processes identical) were recorded. The weakness of the algorithm is shown by the 68 

False-Positives (location wrongly identified by the algorithm) and 38 False-Negatives 

(location not identified by the algorithm). Figure 3-11 shows a confusion matrix 

visualising the comparison of the algorithm. 

The accuracy of the automation algorithm can be calculated using the 

equation: 

ὃὧὧ
Ὕὖ Ὕὔ

Ὕὖ Ὕὔ Ὂὖ Ὂὔ
πȢψχφψχȢφϷ 

 

With nearly 88% accuracy, the algorithm using the area-specific location data 

proves efficient in recognising places mentioned in tweets. Extracting this information 

from qualitative, unstructured text is necessary to map the locations as hot spots for 

activity, which can subsequently be visualised in GIS. 

3.4.2.2.2 Visualisation ɀ heatmaps 

GIS maps offer increased opportunities for interrogation and engagement with the 

data. The great advantage of GIS maps is their flexibility, dynamic quality, and ability to 

connect databases of varying complexity to spatial expressions. Visualising the content 

of unstructured text, such as tweets, allows insights on various levels and topics, for 

instance the most frequently mentioned places or activities or problems associated 

with visitors and tourism. The geospatial data extracted from the tweets are visualised 

in GIS in the interactive web map shown in Figure 3-12 as point features and hotspots. 

The web map was created using QGIS v.3.16 and exported to OpenLayers using 

QGIS2Web plugin18. Point data shows the location name and counts of mentions in 

 

18 https://plugins.qgis.org/plugins/qgis2web/ 

https://plugins.qgis.org/plugins/qgis2web/
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tweets as numbers in a pop-up field. To visually present the variation across the 

locations based on the weight (numbers of mentions), heatmap layers were created, 

showing the intensity of frequency. The years 2019 (green point data, green 

heatmaps), 2020 (red point data, red heatmap), and 2021 (blue point data, blue 

heatmap) can be used individually and independently as overlay maps to allow 

interrogation of the various factors. Zooming in on specific locations allows an 

intensive exploration of the study area, highlighting areas of high impact on landscapes 

but also access roads, parking issues, and locations requiring individual and specific 

support on different levels. Owing to the nature of these maps, they can be used 

intuitively, not just by practitioners and researchers but also by the wider public, to 

interrogate the landscapes and places of interest in detail. 

 

Figure 3-12: QGIS2Web OpenLayers map showing point data and heatmaps of locations mentioned in tweet texts of the Spring bank 
holiday weekends 2019 to 2021. Base maps used in this project provide the background for orientation and navigation of the map. For 
map use, please zoom in for details, and switch layers on and off in the top right corner menu (interactive map in online version only). 
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The interpretation of the maps will be discussed further in Section 3.6. 

However, the following will detail some of the hotspots featuring prominently on the 

map. The characteristics and qualities of the locations highlighted on the map vary, 

including areas of natural, historical and communal features. Bakewell in the White 

Peak19, a historic market town on the River Wye, represents a typical 'chocolate box 

ǾƛƭƭŀƎŜΩ ŎƘŀǊŀŎǘŜǊ ǿƛǘƘ мтǘƘ-century architecture, country fairs and markets, shopping 

opportunities, as well as the famous Bakewell tart, traditional well-dressing and a 

carnival. Various features in the town are scheduled monuments or listed buildings20, 

such as the Bakewell Bridge, Lumford Mill, the motte and bailey castle and All Saints 

Church with Anglo-Saxon crosses. Similar but smaller places appear in tweets located 

in the Dark Peak, for example, Edale, Hope and Castleton. These small villages and 

towns are situated among rolling hills, offering shopping opportunities for the famous 

Blue John stone found in the caves around Castleton. Edale marks the start of the 

Pennine way, a long-distance National Trail. Castleton is situated at Winnats Pass and 

ǘƘŜ ϥ.ǊƻƪŜƴ wƻŀŘΩΣ ǘƘŜ !снрΣ ŀ ǘƻǊƴ ŀƴŘ ǘǿƛǎǘŜŘ ǊƻŀŘ ōǳƛƭǘ ƻƴ ŀ ƳƻǾƛƴƎ ƎŜƻƭƻƎȅ ǘȅǇƛŎŀƭ 

for the surrounding mountains. Historically, Castleton lies in the shadow of Peveril 

Castle, the 11th ς 14th century tower keep castle. Mam Tor21, a Bronze Age hillfort of 

national importance lies just beyond Winnats Pass and offers wide views across the 

valleys and along the ridgeway, its other end connected to Lose Hill - another favourite 

viewpoint across the valleys. Hope lies close to the Romaƴ ŦƻǊǘ ϥbŀǾƛƻΩΣ ƻƴŜ ƻŦ ǘƘŜ ŦŜǿ 

traces of Roman life in the Peak District. These areas are favoured by visitors and 

residents for the natural beauty, stunning views, and opportunities for various outdoor 

activities, such as cycling, walking and paragliding. The High Peak comprises Buxton 

(which is not part of the Peak District National Park) and part of the Dark Peak in the 

north of the Peak District National Park. Included in this administrative area of the 

Peak District is the Kinder Plateau, with Kinder Scout being the highest peak in the 

park, a National Nature Reserve and a Site of Special Scientific Interest (SSSI) formed of 

 

19 http://www.derbyshireuk.net/bakewell.html 

20 https://magic.defra.gov.uk/MagicMap.aspx 

21 https://heritagerecords.nationaltrust.org.uk/HBSMR/MonRecord.aspx?uid=MNA112487 

http://www.derbyshireuk.net/bakewell.html
https://magic.defra.gov.uk/MagicMap.aspx
https://heritagerecords.nationaltrust.org.uk/HBSMR/MonRecord.aspx?uid=MNA112487
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'blanket bog and sub-ŀƭǇƛƴŜ ǎƘǊǳō ƘŜŀǘƘΩ22, an ideal location for bird watching and 

walking (see also Section 6). Historically, the area is associated with the famous Kinder 

Mass Trespass23 in 1932 - ŀ ǇǊƻǘŜǎǘ ŦƻǊ ǘƘŜ ǊƛƎƘǘ ǘƻ ǊƻŀƳ ǘƘŜ ŎƻǳƴǘǊȅǎƛŘŜ ŦǊŜŜƭȅΦ WŀŎƻōΩǎ 

Ladder leads up to Kinder Scout and is part of the Pennine Way and connected to the 

scheduled packhorse bridge and packhorse route across the Pennines. North of Kinder 

Scout lies Bleaklow Hill and Bleaklow Stones, known as the site of a plane crash in 

1948, complete with the wreckage of a US Air Force bomber. Also favoured for its 

views by walkers and the rough gritstone formations by climbers, Stanage Edge 

features prominently in tweet texts. Relics of the former millstone and grindstone 

production still dominate this area and features as the logo of the park. Last but not 

least in importance for the Peak District are the great country houses of the park, of 

which Chatsworth House24 is one of the most prominent. The Grade I listed house25 

with its history starting in the 16th century is home of the Duke of Devonshire 'passed 

ǘƘǊƻǳƎƘ мс ƎŜƴŜǊŀǘƛƻƴǎ ƻŦ ǘƘŜ /ŀǾŜƴŘƛǎƘ ŦŀƳƛƭȅΩ26. With regular events in the spacious 

surrounding park, Chatsworth attracts visitors and residents for a day out. Together 

with Stanage Edge, Chatsworth featured in film productions, such as 'Pride and 

tǊŜƧǳŘƛŎŜΩ ŀƴŘ ǘƘŜǊŜ ƛǎ ŀ ǎǘǊƻƴƎ ŎƻƴƴŜŎǘƛƻƴ ǘƻ WŀƴŜ !ǳsten and the Brontës in the Peak 

District National Park. The variety of natural, historical and recreational qualities of the 

Peak District is reflected by the various locations mentioned in tweets and visualised in 

the hotspot maps. 

3.5 Limitations and Researcher Bias 

Various factors limit the generalisation of the results. The data source was limited to a 

 

22 https://www.gov.uk/government/publications/derbyshires-national-nature-

reserves/derbyshires-national-nature-reserves#kinder-scout 

23 https://www.peakdistrict.gov.uk/learning-about/news/70-years-of-the-peak-district-

national-park/the-mass-trespass 

24 https://www.chatsworth.org/visit-chatsworth/chatsworth-estate/history-of-chatsworth/ 

25 https://historicengland.org.uk/listing/the-list/list-entry/1373871 

26 https://www.chatsworth.org/visit-chatsworth/chatsworth-estate/house/ 

https://www.gov.uk/government/publications/derbyshires-national-nature-reserves/derbyshires-national-nature-reserves%23kinder-scout
https://www.gov.uk/government/publications/derbyshires-national-nature-reserves/derbyshires-national-nature-reserves%23kinder-scout
https://www.peakdistrict.gov.uk/learning-about/news/70-years-of-the-peak-district-national-park/the-mass-trespass
https://www.peakdistrict.gov.uk/learning-about/news/70-years-of-the-peak-district-national-park/the-mass-trespass
https://www.chatsworth.org/visit-chatsworth/chatsworth-estate/history-of-chatsworth/
https://historicengland.org.uk/listing/the-list/list-entry/1373871
https://www.chatsworth.org/visit-chatsworth/chatsworth-estate/house/
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dataset of tweets by Twitter users. Further analysis of other social media platforms 

was not possible owing to time constraints, limiting investigation of aspects of the 

structure of other platforms, and ethical approval considerations. A more extensive 

dataset would have provided more scope to test the application. Because of this 

limitation, the sample was not representative in a broader sense. However, as surveys 

associated with heritage are usually limited to visitors to historic sites (English Heritage 

2000, 2) or people interested in the subject (National Trust 2017), an advantage of 

¢ǿƛǘǘŜǊ Řŀǘŀ ƛǎ ǘƘŀǘ ǘƘŜ ŘŀǘŀǎŜǘ ǊŜŀŎƘŜǎ ōŜȅƻƴŘ ǘƘŜ ϥǳǎǳŀƭ ǎǳǎǇŜŎǘǎΩΦ Lƴ ǘƘƛǎ ǊŜǎǇŜŎǘΣ 

the data provided insight into a more variable and diverse group of people. 

Limitations of the method are constrained through the accessibility and 

availability of datasets provided by services such as Ordnance Survey (OS), with finer-

grained geo-information only available to commercial or governmental organisations, 

for example, ǘƘŜ ϥмΥрл ллл {ŎŀƭŜ wŀǎǘŜǊ ƳŀǇ ǿƛǘƘ DŀȊŜǘǘŜŜǊΩΦ CƻǊ ŜŘǳŎŀǘƛƻƴŀƭ ǇǳǊǇƻǎŜǎΣ 

these datasets can be acquired through Edina. OS maps provide databases with a 

searchable data structure allowing data integration. Other datasets, for example, 

Historic Environment Records (HER) and HE datasets, are difficult to integrate without 

time-consuming curation of the data owing to inconsistencies in, for example, data 

entries and unsuitable data structure, which makes querying the data extremely 

challenging if not impossible. To overcome this problem, datasets were manually 

adjusted during the compilation of the database for this project. The human 

component in this research, introduced through manual cleaning of the location 

database and manual annotation of the test dataset, cannot be neglected. For 

instance, decisions were made whether to include or exclude locations in the corpus, 

such as disregarding points that were considered irrelevant to the research aim, for 

example, pharmacies or surgeries. However, the results were assessed and reviewed 

several times to improve the algorithm and the database, creating a comprehensive 

compendium of locations in the study area. In a similar way, the sentiment analysis 

was assessed by me, introducing a certain level of subjectivity. However, I was fully 

aware of bias and subjectivity during the analysis phase, and this kind of limitation is 

part of all research projects that involve a human component. This testing and 

evaluation process, once finalised, can save time in the subsequent processing of 
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qualitative data in the specific area and, therefore, justifies the effort and introduction 

of researcher bias/subjectivity. 

The visualisation created for this project comprises a map showing point data 

and heatmap areas, which currently provide limited additional information. However, 

more details included in the database and additional aspects, for example, sentiment 

information connected to locations, would provide a broader picture of various 

aspects of landscape impact and use. Equally, there was no distinction between 

natural and cultural heritage aspects of the diverse locations. On the one hand, I do 

not find this a valuable distinction regarding using these maps as a management tool 

for cultural landscapes in the broader context. On the other hand, this approach aligns 

with the notion of managing landscapes as a continuous, value-free and complex 

ecosystem comprising the natural and cultural components. This approach connects 

natural and cultural features that form cultural landscapes and addresses the various 

requirements and challenges of mixed landscape form, such as human perception and 

demands as well as nature and wildlife protection. 

The accuracy of the method to automatically identify and extract location data 

ǿŀǎ ƭƛƳƛǘŜŘ ōȅ ǘƘŜ ŀƳōƛƎǳƛǘȅ ƻŦ ƭƻŎŀǘƛƻƴ ƴŀƳŜǎΦ CƻǊ ŜȄŀƳǇƭŜΣ ϥIƻǇŜΩ ŀǎ ŀ ǇƭŀŎŜ ƴŀƳŜ 

ƛƴ ǘƘŜ tŜŀƪ 5ƛǎǘǊƛŎǘ ǿŀǎ ǎŜǾŜǊŀƭ ǘƛƳŜǎ ŎƻƴŦǳǎŜŘ ǿƛǘƘ ǘƘŜ ǾŜǊō ϥƘƻǇŜΩ ǘƘŀǘ ǿŀǎ ǳǎŜŘ 

regularly in conjunction with Covid-19 and the behaviour of visitors. Another area of 

improvement of the method lies in the regular use of abbreviated place names in the 

Ŏƻƭƭƻǉǳƛŀƭ ǎǇŜŜŎƘ ŎƻƳƳƻƴ ƛƴ ǘǿŜŜǘǎΦ CƻǊ ŜȄŀƳǇƭŜΣ ŦƻǊ ϥYƛƴŘŜǊΩΣ ǎƘƻǊǘ ŦƻǊ ϥYƛƴŘŜǊ 

{ŎƻǳǘΩΣ ǘƘŜ ŀƭƎorithm recognised both terms as separate entities but counted these as 

a single entity, but less common abbreviations cannot be identified by the algorithm. 

Furthermore, misspelt place names contributed to skewed frequency tables and 

incomplete map overviews. The method of geospatial entity recognition is accurate to 

almost 88%. Therefore, 12% of the identified locations are wrongly classified - either as 

ϥCŀƭǎŜ tƻǎƛǘƛǾŜΩ ƻǊ ϥCŀƭǎŜ bŜƎŀǘƛǾŜΩΦ ¢ƘŜ Ǿƛǎǳŀƭ ǊŜǇǊŜǎŜƴǘŀǘƛƻƴ ƻŦ ƭƻŎŀǘƛƻƴǎ ƳŜƴǘƛƻƴŜŘ ƛƴ 

tweets is, subsequently, only reliable to a certain degree. However, as the main aim of 

the method is to recognise broader trends and sentiments of groups and not to map 

individual behaviour and movement precisely, the algorithm proves to be sufficiently 

accurate. 
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As noted in Section 3.3.1.3 the results of algorithms applied within the field of 

rule-based text analysis heavily depends on the underlying database. In the case of 

VADER sentiment this lexicon was developed in the US, which leads to issues of word 

sentiment scores based on word meaning. Variation of word meanings between 

American English (AE) and British English (BE) can lead to ambiguities that should be 

ŀŎƪƴƻǿƭŜŘƎŜŘΦ ¢ƘŜ ǿƻǊŘ ϥǉǳƛǘŜΩ ǿŀǎ ǘŜǎǘŜŘ ŀǎ ŀƴ ŜȄŀƳǇƭŜ ƻŦ Ƙƻǿ ǎŜǾŜǊŜ ǘƘŜ 

difference is overall when ǳǎŜŘ ŀǎ ŀ ƳƻŘƛŦƛŜǊΣ ŀǎ ƛƴΣ ŦƻǊ ŜȄŀƳǇƭŜΣ ϥǉǳƛǘŜ ƎƻƻŘΩΦ ²ƘƛƭŜ 

numerous meanings in common use are listed in the Oxford Dictionary27, the meaning 

ƛƴ ǘƘƛǎ ŎŀǎŜ Ŏŀƴ ǘŜƴŘ ǘƻǿŀǊŘǎ ϥǾŜǊȅ ƎƻƻŘΩ ό!9ύ ƻǊ ϥǎƻƳŜǿƘŀǘ ƎƻƻŘΩ ό.9ύΦ ¢ƘŜ ǘŜǎǘ ƻŦ ǘƘŜ 

ŀƭƎƻǊƛǘƘƳ ǎƘƻǿŜŘ ŀ ǾŀǊƛŀƴŎŜ ƻŦΥ ϥǉǳƛǘŜ ƎƻƻŘΩ ŀƴŘ ϥǾŜǊȅ ƎƻƻŘΩΥ лΦпфнтΣ ϥǎƻƳŜǿƘŀǘ 

ƎƻƻŘΩΥ лΦоуонΣ ϥƎƻƻŘΩΥ лΦпплпΦ ¢Ƙƛǎ ǊŜǇǊŜǎŜƴǘǎ ŀ ǎƭƛƎƘǘ ǾŀǊƛŀƴŎŜ ƛƴ ǘƘŜ Ŏƻmpound result; 

however, this would not notably change the overall result of the analysis and can, 

therefore, be discounted. 

Furthermore, the text analysis focused on keywords, their frequency and 

correlation. While it is possible that the meaning of words can change when viewed as 

bi-grams (two-word term) or tri-grams (three-word terms), this research did not use 

this method as the focus. This research aimed to provide methods for a practical and 

easy approach to visualising textual information, and for this purpose the analysis only 

considered uni-grams. 

3.6 Discussion 

The standard social media analysis processes in R and Python enable a thorough 

interrogation of Twitter data collected from three Spring bank holiday weekends in 

2019, 2020 (with Covid restrictions in place), and 2021. Steps in the analysis process 

include keyword and hashtag analysis, which provide the most frequently used terms 

for a comparison across the study periods. The results have shown the introduction of 

new words and hashtags associated with the pandemic. A shift in behaviour and 

activities and variations in locations mentioned frequently across the study periods has 

 

27 https://www.oed.com/dictionary/quite_adv 

https://www.oed.com/dictionary/quite_adv
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also been noted. Overall, the analysis gave insight into trending topics and issues at 

respective times. Working with the tweet texts allowed the identification of the most 

frequent words and word associations with these, as well as with heritage-related 

tŜǊƳǎΣ ǎǳŎƘ ŀǎ ϥƘƛǎǘƻǊȅΩΣ ϥƘŜǊƛǘŀƎŜΩ ƻǊ ϥƳƻƴǳƳŜƴǘΩΣ ǇǊƻǾƛŘƛƴƎ ǾŀƭǳŀōƭŜ ōŀŎƪƎǊƻǳƴŘ 

information for heritage and resource management of the national park. The study has 

shown a trend towards local heritage sites following on from 2020, which was 

dominated by Covid restrictions to movement and socialising. However, the results 

have also shown that the statistical word association can highlight potential issues and 

tensions that can be further analysed contextually for planning and action in landscape 

and heritage management. 

One of the two main aims of this study was to assess and present a 

methodology for sentiment analysis with a focus on visually informative and appealing 

outputs that engage the public as well as provide background for local authorities. 

Sentiment analysis, as an automated process, continuously struggles with the nature 

of unstructured text, as presented in the form of Twitter tweets in this research. 

Human sarcasm, double meanings, and irony are not sufficiently identified by 

automated processes yet. Additionally, automated processes and machine learning 

introduce human subjectivity when preparing training datasets and corpora. The 

manual analysis of the dataset for 2020 made it obvious how subtle and variable 

meanings are expressed. The sentiment analysis and emoji visualisations highlighted a 

notable increase of negative sentiment during the pandemic and its relaxation in the 

following year. Overall, however, the positive aspects and attitudes towards the 

National Park were dominant in all three study periods. Emojis proved to be well 

suited for conveying sentiment, as shown by the emoji cloud visualisations. A separate 

test of emoji-only sentiment showed that this part of unstructured text can influence 

the overall sentiment score of a tweet. The integration of emojis in the sentiment 

analysis was crucial owing to the frequent and increasing use of the symbols in social 

media and the advantage of the instant understanding of meanings through emojis. 

The second main aim of this article was to present a new method of location data 

extraction from unstructured text. The geo-tagged tweet location and the free-entry 

user location in Twitter metadata have proved to be less useful for an analysis focusing 
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on place attachment. In contrast, the method for automated recognition of locations 

mentioned in the tweet texts, developed for this research, proved to be efficient, 

highly accurate, and effective. The automated recognition of locations was achieved by 

creating a gazetteer of locations provided and an algorithm that is able to extract the 

places, landmarks, buildings and natural features by comparison with a dictionary from 

tweet texts. While comparable algorithms in text mining software already use a similar 

process (Named Entity Recognition), the innovative aspect of this research lies in the 

method of compiling a gazetteer from existing databases providing a framework for 

fine-grained entity recognition in specific areas. The accuracy of corpus and algorithm 

of almost 88% provides a sound basis for a sufficiently detailed visualisation in GIS. The 

visualisation shows a notable shift from favoured locations before the pandemic, 

Ƴƻǎǘƭȅ ŦƻŎǳǎŜŘ ƻƴ ϥƘƻƴŜȅǇƻǘǎΩ ŀƴŘ ϥŎƘƻŎƻƭŀǘŜ ōƻȄ ǾƛƭƭŀƎŜǎΩΣ ǎǳŎƘ ŀǎ .ŀƪŜǿŜƭƭ ŀƴd 

Castleton in a wider distribution across the study area, to natural beauty spots, such as 

Mam Tor and Kinder Scout during the pandemic restrictions (Figure 3-13 and Figure 

3-14). The reasons are most likely the ability to socially distance in these areas and a 

welcome change of scenery for city dwellers. The temporary closure of businesses in 

villages and towns across the Peak District during lockdown shifted the most 

frequented visitor locations from villages and historic buildings towards the open 

countryside. Being confined to local areas or even the home over a period of weeks 

raised the awareness of the qualities of places in the vicinity that offered a change of 

scenery, an opportunity to breathe, increasing the feeling of escaping to the 

countryside. These conditions led to a high influx of visitors, with no economic 

advantage for the region. Associated disadvantages, such as overcrowding, damage to 

moors from barbecue fires and parked cars in undesignated areas, blocking local work 

traffic, also contributed to the increase of negativity during the pandemic (Jones and 

McGinlay 2020, 20). The most frequented places across the years can be found in the 

ƭŀƴŘǎŎŀǇŜ ŀǊƻǳƴŘ 9ŘŀƭŜ ŀƴŘ YƛƴŘŜǊ {ŎƻǳǘΣ ǿƘƛŎƘ ŀǊŜ ǇŀǊǘ ƻŦ ǘƘŜ ϥaƻƻǊǎ ŦƻǊ ǘƘŜ CǳǘǳǊŜΩ 

initiative. The interactive webmap28 that project provides on its website shows areas 

included in the peat restoration programme and areas heavily impacted by the moor 

 

28 https://www.moorsforthefuture.org.uk/our-work/moors-for-the-future-partnership-map 

https://www.moorsforthefuture.org.uk/our-work/moors-for-the-future-partnership-map
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fires. That project also collected and archived the local history and stories from 

farmers, residents and ramblers between 2010 and 2012; these stories are a snapshot 

in time documenting important insider knowledge. That project provides a method for 

a rolling social media observation of trends and insights, which would allow reacting in 

real-time to the challenges. The hotspot areas of increased visitor influx match areas of 

peatbog restoration of the 'most degraded ƭŀƴŘǎŎŀǇŜ ƛƴ 9ǳǊƻǇŜΩ29. 

3.7 Conclusion and Further Research 

As shown, Twitter data can be used to gain insight into trends and sentiments of the 

public based on specific key search terms. The interactive map of the most frequently 

ƳŜƴǘƛƻƴŜŘ ƭƻŎŀǘƛƻƴǎ ƛƴ ǘǿŜŜǘǎ Ŧƻƭƭƻǿǎ ǘƘŜ ǘǊŀŘƛǘƛƻƴ ƻŦ {ǘŀƴƭŜȅ aƛƭƎǊŀƳΩǎ ƳŜƴǘŀƭ ƳŀǇ 

of Paris (Milgram and Jodelet 1992, 96, Fig.8.6) ŀƴŘ YŜǾƛƴ [ȅƴŎƘΩǎ ǎƪŜǘŎƘŜǎ ƻŦ ǎƻŎƛŀƭ 

urban landscapes (Lynch 1960). While these projects mapped social behaviour in urban 

landscapes, the same principle can be applied in rural landscapes such as the Peak 

District National Park, as shown in this study. The innovative method presented here 

offers an efficient and effective tool for location-specific entity recognition with an 

accuracy of almost 88%. This process can be repeated, scaled, and applied to other 

areas and landscapes. During the validation process, some issues of the automated 

process were identified by direct manual referencing of a sample dataset. Such 

challenges are inherent in automated analysis of natural language and the subject of 

the field of Natural Language Processing (NLP) and Named Entity Recognition (NER) 

(Ritter and Clark 2011). Further developments in this area, including advanced 

machine learning, could improve the process. Potential development of the method 

could lie in training a model that addresses the shortcomings of this algorithm and 

further development of the compilation of area-specific, sufficiently fine-grained 

location gazetteers. 

 

 

29 https://www.moorsforthefuture.org.uk/about-us 

https://www.moorsforthefuture.org.uk/about-us
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Figure 3-14: Another option for visualising hot spot locations mentioned in tweets for the years 2019-2021 in one 2D 
map: point size based on weight (frequency) visualised in QGIS (Map created by M. Tenzer, basemap Map tiles by 
Stamen Design, under CC BY 3.0. Data by OpenStreetMap, under ODbL). 
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Extracting and visualising geospatial data from unstructured texts will generate 

data to benefit the public in three ways: 

1. It will support heritage managers and local authorities managing places 

impacted by tourism and provide a background for planning and 

decision-making. Identifying locations with increased footfall, trending 

positively or negatively in public opinion, and gauging the emotional 

relationship to landscapes, monuments, and historic buildings will 

generate a more widely accepted and open planning process to 

facilitate change. 

2. Further development of qualitative data analysis in research will provide 

methods and tools for interdisciplinary projects. Integrating data from 

unstructured text into the mapping process has so far led to the 

development of everyday applications, such as Google maps traffic alert 

and Google maps commute estimation. 

3. The output of qualitative data analysis can produce visually attractive 

output formats, such as emoji clouds or heat maps, which convey 

complex information in a comprehensive and appealing form. This 

format will provide a broader basis on which communication between 

local authorities and communities can be based and encourage public 

engagement in change and development in extraordinary 'everyday 

ƭŀƴŘǎŎŀǇŜǎΩΦ 

Cultural landscapes, such as the Peak District National Park, bridge the divide 

between natural and cultural resources. However, this rich and diverse environment 

also comes with challenges. To be better equipped to react to these challenges, this 

methodology and the results will be provided to the PDNPA to explore its application 

ŀƴŘ ǳǘƛƭƛǘȅ ƛƴ ǇǊŀŎǘƛŎŜΦ ¢ƘŜ Řŀǘŀ ǿƛƭƭ ŀƭǎƻ ōŜ ǇǊƻǾƛŘŜŘ ǘƻ ǘƘŜ ϥaƻƻǊǎ ŦƻǊ ǘƘŜ CǳǘǳǊŜΩ 

initiative and the National Trust. The results of this project may provide background 

information for the management and protection of these precious resources while at 

the same time allowing people to enjoy the beautiful and rich landscape of the 

national park. 
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Supplementary material and additional information 

The supplementary material for this paper consists of the code for the hashtag search, 

which was used to create the dataset for this research. It can be found in the A. 

Appendix for Chapter 3: Appendix 1. Full query code30 and renv dependency file31 are 

also available (A. Appendix for Chapter 3: Appendix 2). The code for the place specific 

NER is provided in the A. Appendix for Chapter 3: Appendix 3. 

Furthermore, research using Twitter (now X) is currently not possible in the 

form as at the time this research has been conducted because the API is not accessible 

anymore. This is a common feature of the fast-evolving environment in which digital 

and AI research is situated. A further example for such a development is the 

interactive webmap, which was created and provided with the online format of the 

publication. The incorporated basemap provided by Stamen32, a project funded by the 

Knight Foundation for the creation and publication of maps under the Creative 

Commons Attribution, has since been moved to be hosted by Stadia33. The Stamen 

 

30 https://intarch.ac.uk/journal/issue59/6/full-text.html 

31 https://intarch.ac.uk/journal/issue59/6/renv.lock 

32 https://maps.stamen.com/#watercolor/12/37.7706/-122.3782 

33 https://maps.stamen.com/stadia-partnership/ 

https://intarch.ac.uk/journal/issue59/6/full-text.html
https://intarch.ac.uk/journal/issue59/6/renv.lock
https://maps.stamen.com/%23watercolor/12/37.7706/-122.3782
https://maps.stamen.com/stadia-partnership/


114 
 

basemap is in several map tiles not provided anymore and, therefore, only features 

blank areas. However, changing the basemap in the webmap file provided for the 

publication cannot be amended. The map can be viewed in the Open Street Map34 also 

integrated in the interactive webmap within the publication and provides, as a 

community driven map project more stable dataset. 

 

 

 

34 https://www.openstreetmap.org/about 

https://www.openstreetmap.org/about
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Chapter 4:  

Using Topic Modelling to Reassess Heritage 

Values from a People-centred Perspective: 

Applications from the North of England 
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Abstract  

The historic environmentτcomprising a palimpsest of landscapes, buildings and 

objectsτcarries meaning and plays a crucial role in giving people a sense of 

place, identity and belonging. It represents a repository of ever-accumulating 

collective and individually held valuesτshared perceptions, experiences, life 

histories, beliefs and traditions. These social or private values are mostly 

ascribed by people to familiar places within this environment based on the 

ontological security which this everyday heritage provides. However, these 

values are notoriously hard to capture and categorize. This makes it difficult to 

incorporate them into heritage-management strategies, which typically rely on 

objective, fact-based datasets. In this paper, we present a new methodology to 

capture those elusive values, by combining Topic Modelling with the principles 

of Grounded Theory. Results show that our novel approach is viable and 

replicable and that these important values can be effectively and meaningfully 

integrated, thus creating more inclusive approaches to heritage management 

than exist currently.  
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4.1 Introduction 

The historic environment is a generic and inclusive term that encapsulates the 

landscape and all places within it that are considered to be heritage. The historic 

environment is therefore a palimpsest, constantly evolving through the dual processes 

of change and creation (Bradley et al. 2004). As such, this environment carries 

meaning and plays a crucial role in developing a sense of place, identity and belonging 

for its occupants (Avrami, Mason and de la Torre 2000; Council of Europe 2000; 2005; 

Pendlebury and Gibson 2016; Ireland and Schofield 2015; Jones 2017; Pearson 1995; 

Schofield 2014; Stephenson 2008; Tuan 1990; West 2010). Furthermore, it is a 

repository of collective and individually held values. These values create communities 

όΨƘŜǊƛǘŀƎŜ ŎƻƳƳǳƴƛǘƛŜǎΩΣ ŀŦǘŜǊ Council of Europe 2005) of shared perceptions, 

experiences, life histories, beliefs and traditions. Values are therefore routinely 

ascribed by people to their familiar landscapes, neighbourhoods and places based on 

the ontological security of this everyday heritage in daily life and routine (Grenville 

2007). People and the landscapes they occupy are thus intimately enmeshed and 

meaningful places are deeply embedded in people's psyche, as demonstrated in recent 

research by Gatersleben et al. (2020), who used MRI scans to identify the activation of 

brain areas associated with emotional responses to such meaningful places in ways not 

found for either meaningful objects or neutral places. 

People create a wealth of local knowledge and expertise through their 

everyday social life. This information is vital for understanding what makes places 

meaningful and valued. It should also be crucial for the management of those places to 

acknowledge the varied forms of perception vital for understanding what makes a 

place important to people. However, these collective and individually held values are 

diverse and hard to capture, making them difficult to incorporate into heritage 

management strategies that are historically designed around objective factual data1, 

 

1 We focus on the presentation of the new method in this paper. A comparison with other 

qualitative approaches lies beyond the scope of this study (for this, see Jones 2017; Jones 

and Leech 2015; Nardi 2014). 
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typically based on datasets, such as the Historic Environment Records, finds databases 

and historic maps. The shortcomings we describe in the following section provide the 

justification for our approach. 

4.2 Reviewing heritage values 

A paradigm shift since the 1960sτǘƘŜ ΨŎǳƭǘǳǊŀƭ ǘǳǊƴΩτhad far-reaching implications for 

understanding the importance of values in the heritage sector and their creation 

through the meaning-making of communities and individuals (Tuan 1980). The nature 

of values was no longer seen as intrinsic in the fabric of the material world: buildings, 

landscapes, sites, or things (Pearson 1995, 308), but as a construct and the result of 

ƴŜƎƻǘƛŀǘƛƻƴ ǿƛǘƘƛƴ ŘŜƳƻŎǊŀǘƛŎ ǎƻŎƛŜǘƛŜǎΣ ŎƻƳƳǳƴƛǘƛŜǎ ŀƴŘ ƛƴŘƛǾƛŘǳŀƭǎΣ ΨŀǎŎǊƛōŜŘ ǘƻ 

ƘŜǊƛǘŀƎŜ ōȅ ǎƻŎƛŜǘȅ ŀǘ ƭŀǊƎŜΩ (Avrami 2009, 179; Jones 2017, 21). Views on the role of 

heritage professionals and non-experts, and the concept of values in general, changed 

significantlyτthe heritage expert no longer had the monopoly of authority in defining 

heritage significance (Bonnell and Hunt 1999; Cosgrove 2004, 57; Pendlebury and 

Gibson 2016, 1-2). 

However, while there is a consensus on the importance of recognizing people's 

perceptions and local knowledge for a more sustainable way to manage and think 

about heritage, practical solutions for the integration of people's voices in the 

decision-making process have been slow to develop and become integrated into 

heritage management. Heritage values are a particularly good example of these 

shortcomings. Ascribed values, when identified and determined by heritage specialists, 

can help to assess and determine the measures of management, inform statutory 

heritage protection decision making and provide support appropriate for specific parts 

of the historic environment. However, value categorization has been in dispute ever 

since the recognition of the benefits of positioning locally held viewpoints on value and 

significance alongside those of specialists, not least in terms of the tension created 

between the benefits of such an approach (e.g. its inclusivity) but also the significant 

challenges it entails (e.g. its practicality). 

The suggestion to incorporate locally held values into heritage management 

systems was first promoted for heritage managers in the Amsterdam Charter (ICOMOS 
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1975), reinforcing the existing notion of public consultation and inclusion in heritage 

decision-making. The Burra Charter (ICOMOS 1979) did not mention this point before 

the 1999 version (now ICOMOS 2013). However, Smith's (2006) analysis of 

international conventions and charters, such as the Athens and Venice Charters, but 

also the Burra Charter, showed continued adherence to the principles of the 

Authorized Heritage Discourse (AHD), defined by Smith (2006) as a dominant concept 

ƻŦ ƘŜǊƛǘŀƎŜ ƳŀƴŀƎŜƳŜƴǘ ǘƘŀǘ ƛǎ ΨǊŜŘǳŎƛƴƎ ǘƘŜ ŀǳǘƘƻǊƛǘȅ ƻŦ ƴƻƴ-ŜȄǇŜǊǘǎΩ ŀƴŘ ΨŀǇǇŜŀƭǎ ǘƻ 

ǘƘŜ ƳƻǊŀƭ ŀǳǘƘƻǊƛǘȅ ƻŦ ŜȄǇŜǊǘƛǎŜΩΦ ²ƘƛƭŜ ǘƘŜ .ǳǊǊŀ /ƘŀǊǘŜǊ Ŏƻƴǘŀƛƴǎ ǎƻƳŜ ǇǊƻƎǊŜǎǎƛǾŜ 

ideas about inclusion, its authoritative language still nonetheless strengthens the 

position of experts, albeit indirectly. 

Public perception and participation was then integrated in the European 

Landscape or Florence Convention (Council of Europe 2000), the Faro Convention on 

the Value of Cultural Heritage for Society (Council of Europe 2005), and in Historic 

England's Conservation Principles document (English Heritage 2008). All these policy or 

guidance documents called into question the comprehensiveness and inclusivity of 

using only those objective, scientific value categories which provide the current 

framework (B. Appendices for Chapter 4: Supplementary Material 1). They challenged 

heritage managers to consider how much local knowledge and expertise is included in 

heritage evaluations and how fluid they are, to take account of the changing social 

fabric of an area over time, or people's changing opinions. Alongside Historic England, 

another national agencyτNatural Englandτconsiders the natural and cultural value of 

landscapes based on the perception of people, aligning closely with the European 

Landscape Convention, referred to earlier. However, while current studies ǳǎŜ ΨǇǊƻȄƛŜǎΩ 

ƻǊ ΨǎŜŎƻƴŘŀǊȅ ƳŜŀǎǳǊŜǎΩ ǘƻ ƛŘŜƴǘƛŦȅ ǇŜƻǇƭŜϥǎ ǇŜǊŎŜǇǘƛƻƴ όŦƻǊ ŜȄŀƳǇƭŜΣ ǘƻǳǊƛǎǘ ƴǳƳōŜǊǎΣ 

ƴǳƳōŜǊǎ ƻŦ ŦƻƻǘǇŀǘƘǎ ŀƴŘ ŎŀǊ ǇŀǊƪǎ ŀǎ ΨƻǇǇƻǊǘǳƴƛǘƛŜǎ ŦƻǊ ƘŜŀƭǘƘ ǿŀƭƪǎΩΣ ƻǊ ΨƳŜŀǎǳǊŜǎ ƻŦ 

ŀŎŎŜǎǎƛōƛƭƛǘȅΩΥ (Natural England 2015, 10), no time-efficient and effective method for 

the collection of qualitative data has been developed, mirroring the situation for 

cultural heritage2. 

 

2 They are also recognizing how problematic it is to distinguish the two (Harrison 2015). 
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With these developments in mind, we ask: is the current value system on which 

experts assess heritage fit for purpose? And is the valuation framework for 

conservation, arguably exemplified by that currently offered by Historic England 

(English Heritage 2008), sufficiently forward-thinking and up to the task in a fast-

changing world? This question of changing perceptions aligns with the growing 

ǊŜŀƭƛȊŀǘƛƻƴ ǘƘŀǘ ǘƘŜ ǘŜǊƳ ΨƘŜǊƛǘŀƎŜΩ ƛǘǎŜƭŦ ƛǎ ŦƭǳƛŘ ŀƴŘ ŘȅƴŀƳƛŎΥ ŀ ǎƻŎƛŀƭ ǇǊƻŎŜǎǎ ƻŦ 

creating meaning and memory, communities and identities. Value categories, it was 

argued, should also be sufficiently flexible to adapt to societal change and 

environmental pressure (Byrne 2008b; Dalglish and Leslie 2016; Harrison 2010; Jones 

2017; Jones and Leech 2015; Waterton, Smith and Campbell 2006). 

Against this background, we explore and critique the current value categories 

described in Conservation Principles. As a significant departure from current 

applications, we propose an innovative approach which involves identifying those 

hard-to-obtain but important values held by local people and their communities. This 

approach will address the lack of inclusion of people's perceptions and the dynamic 

quality of social values3 as an ongoing challenge for heritage and landscape 

management4. We use Topic Modelling to identify latent or emerging value themes 

 

3 ¢ƻ ŀǾƻƛŘ ŀ ŎƻƴŦǳǎƛƻƴ ƻŦ ǘƘŜ ǿƛŘŜƭȅ ǳǎŜŘ ǘŜǊƳ ΨǎƻŎƛŀƭ ǾŀƭǳŜΩ ŀǎ ƛŘŜƴǘƛŦƛŜŘ ōȅ ǘƘŜ .ǳǊǊŀ /ƘŀǊǘŜǊ 

(also after Johnston 1992), we decided to avoid this term as a subcategory for the 

Communal category as defined by English Heritage (2008). The category has been 

ǊŜƴŀƳŜŘ ŀǎ ΨǇǊƛǾŀǘŜ ǾŀƭǳŜΩ ƛƴŎƭǳŘƛƴƎ ǘƘŜ ŦŀƳƛƭȅ ƘƛǎǘƻǊȅ ŀƴŘ ǇŜǊǎƻƴŀƭ ŎƻƴƴŜŎǘƛƻƴǎ ƻŦ 

individuals (see also Modesto and Waterton 2020). 

4 It has to be noted that the data source and method of data collection represent a 

convenience sample and are limited and biased by various factors inherent in this 

approach, i.e. online accessibility, IT literacy, general interest in heritage, interest in 

participating in local heritage, exclusion from access to the countryside and heritage, etc. 

The survey showed that 54.2 per cent of participants were in the age brackets of 56ς75 

and a further 20 per cent in the age bracket of 46ς55. 91.6 per cent identified themselves 

as White British which reveals a limitation of the result towards the dominant resident 

group. 54 per cent were female participants as opposed to 43 per cent male, 1 per cent 

non-ōƛƴŀǊȅ ŀƴŘ н ǇŜǊ ŎŜƴǘ ǿƘƻ ŀƴǎǿŜǊŜŘ ΨǇǊŜŦŜǊǊŜŘ ƴƻǘ ǘƻ ǎŀȅΩΦ 
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from a public survey, providing the individual stories (the intangible element) of 

ΨŜǾŜǊȅŘŀȅ ƘŜǊƛǘŀƎŜΩΦ ¢Ƙƛǎ ƻŦŦŜǊǎ ŀƴ ƻǇŜƴ-minded approach to qualitative data. We 

propose Natural Language Processing (NLP) and Machine Learning (ML) with a focus 

on Topic Modelling as a method, following basic principles of Grounded Theory for 

improving the system of valuation in heritage management (Charmaz 2006; Creswell 

2017, 276). Following Grounded Theory means a first investigation of the data free of 

the researcher bias5τwith no predefined codes or assumptions. The themes latent in 

the data are explored as they emerge and in a later phase of the study are structured 

into a framework of topics. The results are correlated with the current framework of 

values as applied by Historic England, suggesting how new categories could help to 

address the changing expectations, needs and demands of the public, partly developed 

as a reaction to a changing world after the COVID-19 pandemic and the increasing 

pressures on natural and cultural landscapes that have emerged as a result (Ginzarly 

and Srour 2021; Historic England 2022b; UNESCO 2021b). 

4.3 Data sources and methodology 

4.3.1 Overview of the method 

To explore ways to capture social values in a form that can be used within the planning 

process and in heritage management decision-making requires a method that is 

efficient and scalable. Here we use Topic Modelling to present place attachment in a 

 

5 As a researcher bias, we define the preconceived assumptions that are noted at the 

beginning of a qualitative research process to ensure that this bias is clarified throughout 

the process. However, other sources of bias are introduced in other stages of the 

research similar to other qualitative methodologies. 
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format that can be used for categorizing individually held values in cultural landscapes.  

We will first describe the method before going on to deliver a proof of concept. 

While this novel methodology is based around two areas in the UK, it is transferable to 

Figure 4-1: Detailed methodology developed in this research. The aim is to create the topics based on the 
ΨǎǘƻǊƛŜǎΩ ƻŦ ǎǳǊǾŜȅ ǇŀǊǘƛŎƛǇŀƴǘǎ ŀƴŘ ŎƻǊǊŜƭŀǘŜ ǘƘŜǎŜ ǿƛǘƘ ǾŀƭǳŜ ŎŀǘŜƎƻǊƛŜǎ ŀǎ ǎŜǘ ƻǳǘ ƛƴ IƛǎǘƻǊƛŎ 9ƴƎƭŀƴŘϥǎ 
Conservation Principles (English Heritage 2008), extending the current value catalogue. (Green: manual 
process; blue: computed process; red: outlook; yellow: visualization.) 
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any context where local authorities have capacity to routinely use survey data or 

online portals to record people's interactions with or feelings about a place. 

The flowchart in Figure 4-1 details the process applied in this research. 

Residents of two study areas were asked to provide five favourite places that matter 

Ƴƻǎǘ ǘƻ ǘƘŜƳ ŀƴŘ ΨǎǘƻǊƛŜǎΩ ŀōƻǳǘ ǘƘŜƛǊ ǇŜǊǎƻƴŀƭ ŎƻƴƴŜŎǘƛƻƴ ǘƻ ǘƘŜǎŜ ǇƭŀŎŜǎΦ ¢ƘŜ ǎǘƻǊƛŜǎ 

were then fed into a Topic Modelling algorithm to get a first, bias-reduced insight into 

the latent themes within the data and preliminary topic labels summarizing the topic 

clusters. Direct observation then allowed evaluation of the modelling result and an 

assessment of the usefulness of this approach. The annotated data were subsequently 

categorized based on the value catalogue provided by Historic England's Conservation 

Principles. Visualization in GIS can be created at two stages of this process: in the form 

ƻŦ ŀ ΨǎǘƻǊȅ ƳŀǇΩ ŀǎ ǘƘŜ ōŀǎƛǎ Ŧor communication between local authorities and 

ǊŜǎƛŘŜƴǘǎΤ ŀƴŘ ƛƴ ǘƘŜ ŦƻǊƳ ƻŦ ŀ ΨǾŀƭǳŜ ƳŀǇΩ ŦƻƭƭƻǿƛƴƎ ǘƘŜ ǇǊƻŎŜǎǎ ƻŦ ŎŀǘŜƎƻǊƛȊŀǘƛƻƴΣ 

with the potential to provide background information for planning purposes. 

4.3.2 Study areas 

Two study areas were identified for this project: the City of Sheffield and the Peak 

District National Park, both located in the north of England (Figure 4-2). These 

locations were chosen to offer insight into the enmeshed relationship between people 

and places amongst a combination of urban and rural communities. Additional 

methods include in-depth interviews and a social media analysis (Tenzer 2022; Tenzer 

and Schofield 2023). While the district of Sheffield overlaps with the National Park, the 

two landscapes are in many respects different and distinctive. Residents of both areas 

are closely connected to the landscapes of both study areas through leisure activities, 

work and shopping, cultural activities and educational organizations. This integration 

was considered an advantage when selecting the two study areas. 
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Figure 4-2: Study areas: Peak District National Park and Sheffield city. Residents of these areas were invited to 
ǇŀǊǘƛŎƛǇŀǘŜ ƛƴ ŀ ǎǳǊǾŜȅ ŀƴŘ ǇǊƻǾƛŘŜ ǳǇ ǘƻ ŦƛǾŜ ŦŀǾƻǳǊƛǘŜ ǇƭŀŎŜǎ ǿƛǘƘƛƴ ǘƘŜ ǎǘǳŘȅ ŀǊŜŀǎ ŀƴŘ ǘƘŜƛǊ ΨǎǘƻǊƛŜǎΩ ƻŦ ǇŜǊǎƻƴŀƭ 
connection. (Map created in QGIS; data contain OS data © Crown copyright and database right 2022. Map tiles by 
Stamen Design, under CC BY 3.0. Data by OpenStreetMap, under OdbL.). 
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The Peak District National Parkτthe first designated National Parkτcovers an 

area of 1438 sq. km at the time of writing (PDNPA n.d.). The Park includes various 

archaeological and historical sites from the Palaeolithic to recent periods, including 

prehistoric burial mounds, henges and stone circles, medieval field systems and 

settlements and post-medieval industrial sites, including stone quarries. It is a place of 

residence for approximately 38,000 people. At the point of writing, the Peak District 

National Park has 2900 listed buildings, 109 conservation areas and 450 scheduled 

monuments, all of which involve various degrees of statutory protection (PDNPA n.d.). 

Sheffield lies to the west of the Peak District National Park. It is dominated by 

seven hills and two universities, covering an area of 367 sq. km with approximately 

556,500 residents. It is best known for its industrial heritage. Today, both visitors and 

residents favour the town for its multicultural character, the wide offer of cultural 

events and the quality of an outdoor city with its vicinity to the National Park. There 

are currently 1200 listed buildings, 38 conservation areas and 43 scheduled 

monuments in the city6. 

4.3.3 Survey method 

Residents of the Peak District National Park (PDNP) and the City of Sheffield were first 

invited to participate in an online survey. The online questionnaire was published 

through the channels of both local authorities, the Peak District National Park 

Authority (PDNPA) and Sheffield City Council, comprising their websites, social media 

channels (i.e., Facebook, Twitter, Instagram, LinkedIn) and a specific mailing list of over 

4500 recipients in Sheffield. Participants therefore included residents of the two study 

areas exclusively7, who self-identified as residents of either study area. In total 476 

responses were received. Forty-eight participants identified themselves as residents of 

the PDNP and 386 as residents of Sheffield; 42 participants did not answer this 

question. 

 

6 https://www.sheffield.gov.uk/ 

7 This was reinforced in the publication text on social media and as one of the first survey 

questions (see B. Appendices for Chapter 4: Supplementary Material 3). 

https://www.sheffield.gov.uk/
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The survey questionnaire consisted of three sections: general information (such 

as place of residence, age, ethnicity, and level of education); the question which places 

matter most to the respondent, and why; and questions on their perception of the 

local heritage and landscapes (see B. Appendices for Chapter 4: Supplementary 

Material 3). Questions in sections 1 and 3 were multiple-choice. To allow the most 

flexibility and subjectivity in the second section, respondents were given the 

opportunity to enter ŀ ƭƻŎŀǘƛƻƴ ƻƴ ŀ ƳŀǇ ŀƴŘ ǘƘŜƛǊ ΨǎǘƻǊȅΩτthe personal reason for a 

connection to the placeτas a free-text entry of up to 300 words. To identify more 

places of individual importance, the respondents were asked to enter up to five places 

in one questionnaire. Not all respondents provided five places as requested. The 

average was just over one place/response per respondent, resulting in 547 places, of 

which 509 provided a story, experience or perception of heritage, landscapes or 

history relating to one of the two study areas. 

The survey responses were downloaded and imported into a Geographic 

Information System (GIS)8. The dataset was then cleaned. This included: eliminating 

places not located within the study areas and repositioning locations set in the wrong 

place (determined by written input in the location field). The participants provided 174 

favourite places in the PDNP and 298 in Sheffield. The intersection of the study areas 

included 60 locations. Eleven locations close to but outside the study area limits to the 

east of the City of Sheffield were included as the locations were close to the boundary, 

i.e., Buxton (see Figure 4-3). 

The online questionnaire for this research followed the principle of offering a 

low-cost/cost-free, practical solution for survey design by using the Qualtrics software9 

and an embedded Google Maps map. This questionnaire allowed the participants to 

use a familiar map interface to locate and pin a location, which automatically provided 

geospatial coordinates for the GIS map analysis to create georeferenced stories. 

Where participants were not able to locate the place on the map, they could also enter 

locations as free text. In this case a Named Entity Recognition process was used as 

 

8 In this project we use QGIS, a free, open-source platform https://www.qgis.org/en/site/ 

9 https://www.qualtrics.com/blog/qualtrics-survey-software-free/ 

https://www.qgis.org/en/site/
https://www.qualtrics.com/blog/qualtrics-survey-software-free/
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detailed in Tenzer (2022). The data were then ready to be preprocessed for analysis 

with NLP and TM. 

 

Figure 4-3: LƴǘŜǊŀŎǘƛǾŜ ΨǎǘƻǊȅ ƳŀǇΩΣ ǎƘƻǿƛƴƎ ǘƘŜ ŦŀǾƻǳǊƛǘŜ ǇƭŀŎŜǎ ǇǊƻǾƛŘŜŘ ōȅ ǊŜǎƛŘŜƴǘǎ ƻŦ ǘƘŜ ǘǿƻ ǎǘǳŘȅ ŀǊŜŀǎ ǿƘƻ 
participated in an online survey. The participants were asked to provide up to five places that matter most to them 
and give an up to 300-word description of the reasons for the connection to these places. (Map created in 
QGIS/Leaflet, © OpenStreetMap contributors; data contain OS data © Crown copyright and database right 2022.) 
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4.3.4 Natural Language Processing and Topic Modelling 

NLP and TM are emerging methods for data analysis that are particularly relevant to 

qualitative research. Heritage and landscape studies have yet fully to appreciate and 

integrate the opportunities offered by these tools (but see Bordoni, Mele and Sorgente 

2016; Condorelli et al. 2020; Fiorucci et al. 2020; Matrone et al. 2020; Verschoof-van 

der Vaart et al. 2020). The Council of Europe actively encourages the use of Artificial 

Intelligence (AI) in all sectors, including heritage (Traviglia 2022), as a result of 

increasing interest in Text Mining and Machine Learning/Topic Modelling for 

computational language analysis (Goerz and Scholz 2010; Sassolini and Cinini 2010; 

Sporleder 2010). Our research applies AI in line with these projects, using NLP 

algorithms, to model categories of values based on perceptions, experiences, concerns 

ŀƴŘ Ǿƛǎƛƻƴǎ ƻŦ ǊŜǎƛŘŜƴǘǎ ƻŦ ǘƘŜ ǘǿƻ ǎǘǳŘȅ ŀǊŜŀǎΣ ŀǎ ŘŜǎŎǊƛōŜŘ ƛƴ ǘƘŜ ΨǎǘƻǊƛŜǎΩ ǇǊƻǾƛŘŜŘ 

by the online surveys. 

TM is a time-efficient method to analyse qualitative data and has been tested 

for its capabilities elsewhere (e.g. Abram, Mancini and Parker 2020; Cai et al. 2021; 

Franzosi, Dong and Dong 2022; Ginzarly and Srour 2021). More importantly, this 

ƳŜǘƘƻŘ ƻŦ ǘŜȄǘ ŀƴŀƭȅǎƛǎ ŀƭƭƻǿǎ ǘƘŜƳŜǎ ŀƴŘ ǘƻǇƛŎǎ ŜƳŜǊƎƛƴƎ ŦǊƻƳ ƻǊ ΨƭŀǘŜƴǘΩ ǿƛǘƘƛƴ ǘƘŜ 

data to be captured without preconceived codes. This approach aligns with the 

underpinning elements of Grounded Theory (e.g., Charmaz 2006; Odacioglu and Zhang 

2022)Φ DǊƻǳƴŘŜŘ ¢ƘŜƻǊȅ ƛǎ ǳǎǳŀƭƭȅ ŀǇǇƭƛŜŘ ΨǿƘŜƴ ƭƛǘǘƭŜ ƛǎ ƪƴƻǿƴ ŀōƻǳǘ ǘƘŜ 

ǇƘŜƴƻƳŜƴƻƴΩ (Chun Tie, Birks and Francis 2019), or in the case of this research, where 

traditional thinking dominated by experts (often referred to in the context of an 

Authorized Heritage Discourse: see (Schofield 2014; Smith 2006; Waterton, Smith and 

Campbell 2006) is preferably avoided, exploring the connection between people and 

places, perception and place-making, in a narrow and individual sense, without the 

bias of preconceived expert knowledge. 

The following steps are part of the analysis shown in the flowchart in Figure 

4-1. To undertake this analysis, the survey data were downloaded. Coordinates, place 

names, stories and photographs were extracted from the survey datasetτseparating 

these from the demographic dataτand then cleaned and preprocessed with 

textmineR, eliminating places not located within the study area and relocating pins set 
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in error. The resulting data set was then fed into the NLP toolchain using R and Python 

routines in RStudio. 

The five steps of the Topic Modelling process are as follows: 

1. Data wrangling: cleaning text, lemmatizing, stemming, removing stop 

words, creating a DocumentTermMatrix. 

2. Choosing a model algorithm: the R package textmineR provides an 

innovative method of topic modelling and labelling (currently under 

development at George Mason University, USA, by Tommy Jones: see 

Jones 2021; Jones, Doane and Attbom 2021). This unsupervised 

machine-learning model uses unlabelled data and implements the 

Latent Dirichlet Allocation algorithm and Gibbs Sampling (Blei, Ng and 

Jordan 2003). It creates word clusters and identifies topic labels based 

on the probabilistic distribution of words over topics and topics over 

documents. This means that each topic is a combination of keywords 

which have a specific importance (weight) contributing to the 

weightage of each topic. 

3. Running the model and adjusting parameters: most of the parameters 

were left to default settings, while the number of topics and iterations 

was optimized. The model iterates n-times over the data and provides 

information on the topic coherence level at k topics (Figure 4-4). This 

means that the model in our case attempts 4000 times to make more 

sense of the relationship between the documents and to create more 

meaningful clusters where documents relate more closely to each 

other. 

4. Choosing the optimal number of topics: coherence (Figure 4-4) 

measures the degree to which the documents (stories) in a topic show 

high semantic similarities and support each other in their statements. 

This gives us the model we want to choose for further analysis. In our 

study, 40 models were created, and the best coherence is provided at 

35 topics (tqx94 2022). After 35 topics, the coherence score flattens 
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out, meaning that a greater subdivision of the data would not provide 

any more coherent and meaningful topic groups. The coherence is not 

very high in our case and more data would help to fine-tune the model. 

Nonetheless, this gives a good starting point for the manual analysis. 

5. Topic labelling: labels are based on the most frequently appearing key 

terms in the documents/stories of each cluster (bi-grams: two closely 

associated words in a text) (Figure 4-5)(tqx94 2022). Labels created in 

this process are not meaningful titles, but give a good indication of the 

dominant theme in each cluster. 

Using this unsupervised learning method prevents the introduction of 

researcher bias in the next step of data analysis, which is comparable to the coding 

phase of text in other approaches, such as NVivo, as the algorithm has completed the 

clustering independently and created a pre-labelled dataset. This approach follows to 

the tenets of Grounded Theory (Charmaz 2006). Our attempt to capture the themes 

latent in or emerging from the data themselves opposes the commonly used and 

widely criticized approach of applying codes or categories and trying to fit the data into 

these codes, introducing bias and issues with reliability and validity (Banks et al. 2018; 

Welsh 2002). The approach of creating two bi-gram label variants per topic has proved 

to help identify the themes more accurately (Label 1 and Label 2) (Table 4-1).  

Following the Topic Modelling process, the dataset was exported and the 

labelling by the algorithm was manually assessed in a direct approach to observe the 

coherence of the topics (Lau, Newman and Baldwin 2014). In the same step, the most 

dominant topics were identified manually and compared to the suggestions made by 

the algorithm. 
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A manual evaluation has shown that some of the topics are related to heritage, history 

and archaeology (Robin_Hood, industrial_heritage, steel_industry, list_building), while 

others are related to private life and community (friend_family, happy_memory) or 

aesthetic values (great_view, natural_beauty). However, topic labelling still needs 

human input and dataset structuring for meaningful labelling and categorization of the 

data. The application of the algorithm does not fully replace manual assessment and 

fine-tuning of coding (Cai et al. 2021; Chang et al. 2009; Leeson et al. 2019). In our data 

model, the manual categorization was subsequently carried out to understand on what 

basis the documents were clustered (top terms) and if the clustering proved 

meaningful. 

 

Figure 4-4: The Topic coherence gives the degree to which documents in one cluster are closely related. This depends on the 
size of the cluster and the number of topics chosen. For example, if we subdivide the documents into four different topics, the 
documents have less coherenceτsimilar semantics and supporting the statements of each otherτthan at the point of 35 
clusters, where the number of documents in one cluster is smaller but the relationship between the documents higher. At 35 
topics the coherence is highest, flattening out with more subdivisions. Therefore, 35 topics will provide the best first insight 
into the latent topics within the documents (tqx94 2022). 
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Figure 4-5: The Cluster Dendrogram shows the 35 topic clusters with their respective labels chosen by the modelling 
process. The levels (Height) show the similarities of topics. Topics in the lower level of the diagram on branches close 
together show topic cluster ǘƘŀǘ ƘŀǾŜ ǘƘŜƳŜǎ ŎƭƻǎŜƭȅ ǊŜƭŀǘŜŘ ǘƻ ŜŀŎƘ ƻǘƘŜǊΦ CƻǊ ŜȄŀƳǇƭŜΣ ǘƻǇƛŎ млΥ ΨƎǊŜŀǘψǿŀƭƪΩ ŀƴŘ 
ǘƻǇƛŎ мнΥ ΨǇŀǊǘψƭƛŦŜΩ Ŏƻƴǎƛǎǘ ƻŦ ŘƻŎǳƳŜƴǘǎ ƻǊ ΨǎǘƻǊƛŜǎΩ ǿƛǘƘ ŎƻƴǘŜƴǘ ǘƘŀǘ ǎǳǇǇƻǊǘ ŜŀŎƘ ƻǘƘŜǊ ŀƴŘ Ŏŀƴ ōŜ ǎǳƳƳŀǊƛȊŜŘ 
ǳƴŘŜǊ ǘƘŜ ǊŜǎǇŜŎǘƛǾŜ ƭŀōŜƭΦ {ƛƳƛƭŀǊƭȅΣ ǘƻǇƛŎ пΥ ΨƴŀǘƛƻƴŀƭψǇŀǊƪΩ ŀƴŘ ǘƻǇƛŎ муΥ ΨƎǊŜŜƴψǎǇŀŎŜΩ Ŏƻƴǎƛǎǘ ƻŦ ŘƻŎǳƳŜƴǘǎ ǿƛǘƘ ŀ 
similar theme. At a higher level, all four clusters are related to each otherτto a lesser degree than at a lower level 
ōǳǘ ƳƻǊŜ ŎƭƻǎŜƭȅ ǊŜƭŀǘŜŘ ǘƘŀƴΣ ŦƻǊ ŜȄŀƳǇƭŜΣ ǘƻǇƛŎ оΥ ΨŦƻǊƎŜψŘŀƳΩΣ ŀƎŀƛƴΣ ŀ ƭŜǾŜƭ ƘƛƎƘŜǊ ǳǇΦ 



133 
 

 

Table 4-1: Following the Topic Modelling process, the optimal number of topics (35) was 
chosen to create labels for the topic clusters. The labels are based on the most frequent 
key terms in the documents/stories of each topic cluster. Labels vary in their quality, 
which makes a manual evaluation necessary. 

Topic Label 1 Label 2

1 rivelin_valley bear_bring

2 part_local start_point

3 forge_dam play_area

4 national_park car_park

5 easy_walk endcliffe_park

6 young_child child_grandchild

7 architecture_building back_yard

8 industrial_heritage industrial_history

9 hope_valley walk_edge

10 great_walk natural_beauty

11 friend_family meet_friend

12 part_life amaze_view

13 grade_list list_build

14 special_place post_office

15 city_centre close_city

16 great_place place_visit

17 favourite_place enjoy_walk

18 green_space rich_history

19 place_feel walk_home

20 happy_memory lot_memory

21 walk_dog cricket_pitch

22 open_space botanical_garden

23 great_view easily_accessible

24 family_live family_tree

25 year_ago live_year

26 robin_hood beautiful_build

27 steel_industry portland_work

28 fresh_air good_view

29 place_walk good_place

30 lovely_walk place_walk

31 love_walk walk_area

32 lead_mine geological_historical

33 good_place huge_amount

34 bear_bring bakewell_pudding

35 close_heart area_close
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4.3.5 Value categories and perception correlation 

In the third step, the data were manually coded and the quality of the topic clusters 

and labels was assessed. To correlate these emerging values based on the experiences 

and perceptions of people with the value categories set by HE (Historic England since 

2015, formerly English Heritage) (English Heritage 2008), each document was allocated 

to one of the following value categories (subcategories): evidential value, historical 

value (associative, illustrative), aesthetic value (design), communal value (social 

όǊŜƴŀƳŜŘ ǘƻ ΨǇǊƛǾŀǘŜΩ10ύΣ ŎƻƳƳŜƳƻǊŀǘƛǾŜΣ ǎǇƛǊƛǘǳŀƭύΦ ¢ƘŜ ǎǳōŎŀǘŜƎƻǊƛŜǎ ƻŦ Ψ/ƻƳƳǳƴŀƭΩ 

values were developed to be more nuanced regarding the variety of aspects of stories, 

accommodating elements that did not fit into the HE categories. Also, a new category 

capturing the concept of nature in people's perception of landscape values was 

integrated to address the increasing awareness of valuing the environment in view of 

climate change and biodiversity loss (Table 4-2). This was also necessary to overcome 

 

10 CƻǊ ΨǇǊƛǾŀǘŜ ǾŀƭǳŜǎΩ ǎŜŜ 3. 

Categories              

Historic England
Sub categories Description

Evidential Value
Evidential value derives from the potential of a place to yield evidence about 

past human activity.

Historical Value Illustrative, Associative

Historical value derives from the ways in which past people, events and 

aspects of life can be connected through a place to the present.

Aesthetic Value Design
Aesthetic value derives from the ways in which people draw sensory and 

intellectual stimulation from a place.

Private

Private (compared to public) heritage values are commonly overlooked as 

ñfamily historyò with no place in the generalisation of heritage for the 

common good.

Commemorative, Spiritual
Communal value derives from the meanings of a place for the people who 

relate to it, or for whom it figures in their collective experience or memory.

Arts & Culture
Aspects of landscapes and environments that afford a communal experience 

of culture, entertainment or learning.

Green space Value Health

Nature values derive from the quality of green spaces, biodiversity, wildlife. 

Health value derives from the qualities and opportunities of a place or 

landscape that provides space for outdoor activities, in particular developed 

during the COVID-19 pandemic.

Communal Value

Table 4-2: Historic England's value categories as set out in the Conservation Principles (English Heritage 2008). 
Additional nuance to these categories is proposed based on the underlying themes identified in survey data. The 
additional values (shaded cells) address societal trends and the changing and dynamic demands and needs of 
residents in the Peak District National Park and the city of Sheffield following the COVID-19 pandemic. 
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the diametrical-opposite division developed in value systems over the past decades, 

dividing cultural/natural landscapes, tangible/intangible elements, and 

learning/mental health approaches to heritageτa subdivision rarely evident in the 

daily experience of the environment. 

4.4 Results 

In this section we present the results of the modelling process, direct observations and 

manual annotation for correlation with the values defined in Historic England's 

Conservation Principles. We do this by first introducing the results of the TM. We then 

describe the manual observation of usefulness of the modelled topics and labels. 

Finally, we summarize the results of the correlation and describe the development of a 

more nuanced division of communal values as identified in the survey data. 

Results show that people's perceptions correlate with some of the value 

categories of HE, showing that the expert definition of heritage values is capable of 

capturing parts of the individually held values. Our bottom-up approach can be aligned 

with the expert-led approach to find a common ground for heritage value 

categorization. 

4.4.1 Modelling categories 

As suggested in Figure 4-4 and illustrated in Figure 4-5 and Figure 4-6 the modelling 

computed 35 clusters as an optimal topic number. The sizes of the clusters varied from 

five documents/stories (Topic 35) to 33 (Topic 6). 

The TM approach provided mixed results. Some documents did not provide a 

story and were not included in the clustering (n = 37). Other documents provided 

stories that were too short (just one or a few words), which did not allow the 

algorithm to cluster in a meaningful way. These documents were labelled 0 (n = 20). 

However, during the manual process, these documents could still be allocated to one 

ƻŦ ǘƘŜ ŎŀǘŜƎƻǊƛŜǎΦ CƻǊ ŜȄŀƳǇƭŜΣ ΨƳŀƎƛŎŀƭ ǇƭŀŎŜΩ ǿŀǎ ŀƭƭƻŎŀǘŜŘ ǘƻ ǘƘŜ ǎǳōŎŀǘŜƎƻǊȅ 
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Ψ{ǇƛǊƛǘǳŀƭΩ ǾŀƭǳŜ11Τ ǘƘŜ ƭƻŎŀǘƛƻƴ Ψ{ǳǊǇǊƛǎŜ ±ƛŜǿΩ ǿƛǘƘ ǘƘŜ ŘŜǎŎǊƛǇǘƛƻƴΥ ΨLƴ ŀ ǿƻǊŘΣ 

άōǊŜŀǘƘǘŀƪƛƴƎέΩ ŎƻƴǘŀƛƴƛƴƎ ǘƘŜ ƪŜȅǿƻǊŘ ΨǾƛŜǿΩ ƛƴ ǘƘŜ ƭƻŎŀǘƛƻƴ ƴŀƳŜ ǿŀǎ ŀǎǎƻŎƛŀǘŜŘ 

ǿƛǘƘ Ψ!ŜǎǘƘŜǘƛŎΩ ǾŀƭǳŜΤ ǘƘŜ ƭƻŎŀǘƛƻƴ ΨYƛƴŘŜǊ wŀǾƛƴŜΩ ǇǊƻǾƛŘŜŘ ǘƘŜ ŘŜǎŎǊƛǇǘƛƻƴ 

Ψ{ŎǊŀƳōƭƛƴƎΩΣ ǿƘƛŎƘ ǿŀǎ ŀƴƴƻǘŀǘŜŘ ǿƛǘƘ ǘƘŜ ŎƻŘŜ ΨƻǳǘŘƻƻǊ ŀŎǘƛǾƛǘȅΩ ŀƴŘ ŀǎǎƻŎƛŀǘŜŘ 

 

11 We recognize that this blunt interpretation could introduce interpretative limitations and 

ǘƘŀǘ ƭŀōŜƭƭƛƴƎ ŀ ǇƭŀŎŜ ŘŜǎŎǊƛōŜŘ ŀǎ ΨƳŀƎƛŎŀƭΩ ŀǎ ΨǎǇƛǊƛǘǳŀƭΩ Ƴŀȅ ƴƻǘ ŀƭƛƎƴ ŘƛǊŜŎǘƭȅ ǿƛǘƘ 

conventional definitions of spirituality. However, categorization demands a degree of 

flexibility and decisions that may not be free of limitations. 

Figure 4-6: Result of manual evaluation of the topic modelling process. Document count over topics, showing the 
number of documents (stories) allocated to the corresponding value categories as defined by Historic England. High 
counts (red) show the dominant value category in a topic cluster. Rows with yellow cells (low counts) show 
ƛƴŎƻƘŜǊŜƴǘ ǘƻǇƛŎǎ ǿƛǘƘ ƘƛƎƘ ǾŀǊƛŀǘƛƻƴ ƛƴ ǾŀƭǳŜǎΦ ¢ƘŜ ǇǊƻǇƻǎŜŘ ŎŀǘŜƎƻǊȅ ŦƻǊ ΨDǊŜŜƴ {ǇŀŎŜΩ ǾŀƭǳŜΣ ƛƴŎƭǳŘƛƴƎ ΨIŜŀƭǘƘΩ 
value, dominates in the assessment. 
































































































































































































































































































































































































































































