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Abstract

The thesis comprises three research papers. The first paper examines the social and
economic integration of immigrants (i.e., foreign-born) compared to the native-born
in the UK. The findings for social integration suggest that immigrants have lower
neighbourhood embeddedness (i.e., regular interactions and attachment to the
neighbourhood), smaller social network size, and lower community involvement in
terms of volunteering and charitable behaviour than natives. For economic integration,
the findings show that immigrants have a higher probability of unemployment and
lower probability of employment, homeownership, job security and work autonomy
than natives. Additional analysis reveals that the differences between immigrants and
natives across most indicators of social and economic integration are larger for non-

white immigrants and those that have stayed for less than 10 years in the UK.

The second paper studies the subjective well-being of immigrants and natives.
The findings show that immigrants have lower subjective well-being than natives and
that the identified well-being gaps are higher for non-white immigrants and those with
a longer length of stay. We find that some of the well-being gaps can be explained by
the disadvantaged position of immigrants across the indicators of social and economic

integration.

Finally, the third paper investigates the subjective well-being of immigrants
during Covid-19. We find that the pandemic has negatively impacted the life
satisfaction of immigrants more strongly than that of natives. Our findings also show
that immigrants with low pre-pandemic neighbourhood embeddedness and small
social networks suffered a larger decline in life satisfaction than natives while those
with high neighbourhood embeddedness and large social network size remained

relatively resilient to the adverse impact of Covid-19.

Overall, our empirical analysis contributes by building a representative picture
of immigrants’ integration into multiple aspects of social and economic life in the UK.
We add to existing research by showing how various aspects of social and economic
integration help to explain some of the well-being gaps between immigrants and
natives. Lastly, the thesis establishes that social integration may help to mitigate the
adverse impact of crises like the Covid-19 pandemic on the subjective well-being of

immigrants.
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Chapter 1: Introduction

The integration of immigrants in host countries has important implications for the
subjective well-being of immigrants and broader issues of social cohesion. As a result,
it has become a policy objective and a matter of significant public discussion (Home
Office of the UK, 2005; Scottish Executive, 2006; European Commission, 2007;
Integrated communities action plan, 2019).* However, as will become apparent in our
review of the relevant literature, the study of the integration of immigrants and their
subjective well-being has remained fragmented due to a lack of consensus around what
aspects of life in the host country constitute the integration process and which of these
aspects might be more significant for subjective well-being (Ager and Strang, 2008;
Saggar et al., 2012; Greenspan et al., 2018). Economists have long explored the
economic aspects of immigration, including the employment outcomes and earnings
of immigrants in the host country (Chiswick, 1978; 2002; 2003; Borjas, 1985; 1992;
2002; Bosswick and Heckmann, 2006; Elliot and Lindley, 2008; Clark and Lindley,
2009). Yet, they have only recently considered the non-economic dimensions of life
in terms of social networks and community involvement (Danzer and Yaman, 2013;
Baert and Vuji¢, 2016). Economic researchers such as Dolan et al. (2008) and Frey
and Stutzer (2002; 2010) suggest that in addition to economic outcomes, the social
aspects of an immigrant’s life must also be explored for a sounder and more realistic

account of the immigrant’s position in the host society.

This thesis aims to bring together the different social and economic dimensions
of integration and examine their association with immigrants’ subjective well-being.
In keeping with previous studies on the UK, we define immigrants as the non-UK born
population and natives as UK-born (Casey and Dustmann, 2010; Sinning, 2010;
Dustmann and Frattini, 2011; Khattab and Lazarus, 2016; Greenspan et al., 2018). To

achieve our aim, we begin by examining the integration of immigrants in social and

'Home office (2005) Integration Matters: A national strategy for refugee integration. London:
[www.ind.homeoffice.gov.uk/6353/6356/17715/closedconsultationsrefintegl.pdf]

Scottish executive (2006) Scottish Refugee Integration Fund 2007/08. Edinburgh: Scottish Executive:
[http:/Avww.scotland.gov.uk/Topics/People/Equality/Refugees-asylum/ refugee fund.]

European commission (2007) Handbook on Integration for Policymakers and Practitioners (2nd edn). European
Commission, DG Justice, Freedom and Security: Brussels. [http://europa.eu/comm/justice_home/.]

Integrated Communities Action Plan (2019). HM Government.:
[https://www.gov.uk/government/publications/integrated-communities-action-plan]


http://www.ind.homeoffice.gov.uk/6353/6356/17715/closedconsultationsrefinteg1.pdf
http://europa.eu/comm/justice_home/

economic dimensions of life compared to natives. We include integration in the
neighbourhood, size of social networks and community involvement as social
measures, and employment status, quality of job and homeownership as economic
measures. In addition, we explore the association of these social and economic
measures with the subjective well-being of immigrants and natives. Finally, we take
advantage of the unexpected exogenous shock due to the Covid-19 pandemic and
examine whether social integration before the pandemic played a mitigating role in
the adverse impact of Covid-19 on the subjective well-being of immigrants and

natives.

1.1 A Note on Integration

The concept of integration comes from a more comprehensive viewpoint of
acculturation of immigrants, which refers to the process by which immigrants interact
with the host culture and become part of the host society (Berry et al., 2002; Lakey,
2003; Sam and Berry, 2010). Acculturation usually involves the interaction between
two groups: a dominant group that has greater influence and power in the host country
(that is, usually the majority population) and an acculturating group that undertakes
adaptive practices to become part of the dominant group (Berry, 2001; Berry et al.,
2002; 2006).? Integration is considered an effective strategy for acculturation of
immigrants into the host community as it promotes equal opportunity, diversity,
innovation, creativity, and, ultimately, social cohesion in the host country (Zapata-
Barrero, 2013). Therefore, it has become a policy goal for governments in migrant-
receiving countries around the globe. It has also received attention from academic
scholars (Sinning, 2010; Phillimore, 2012; Integrated Communities Action Plan,
2019). The literature to date uses disparate measures of integration and data limitations

often prevent the analysis of integration in multiple dimensions of life (Cook et al.,

2 Existing research describes the process of acculturation in terms of four different strategies: integration,
assimilation, marginalisation, and segregation (Berry and Sam, 2006; Berry and Hou, 2017). The integration
involves adopting the host culture while retaining one’s own cultural norms. Assimilation refers to adopting the
host culture and letting go of own cultural norms. Separation implies maintaining one’s own culture and rejecting
the host culture. Marginalisation means the rejection of both the new and own culture. According to studies,
marginalisation, segregation, and assimilation have been widely rejected from the point of view of migration policy
on the grounds that these usually constitute cultural exclusion and may result in culturally destructive and criminal
behaviour in extreme cases (Banting and Kymlicka, 2006; Entzinger, 2000; Kingston, 2015; Steven and
Wessendorf, 2010). In contrast, integration is preferred over other acculturative strategies because it allows for
multicultural migration policies that foster cultural adoption with the maintenance of one’s own cultural norms and
values.



2011; Vervoort, 2012; Magnusson and Hedman, 2014; Wheatley, 2017; Greenspan et
al., 2018). However, a fundamental view that connects much of the literature is that
the integration of immigrants represents the achievement of equivalent outcomes to
those of the majority host community across the dimensions of life under investigation
(Card et al., 1998; Algan et al., 2010; Saggar et al., 2012). In this study, integration
refers to the inclusion of immigrants into both social and economic dimensions of life.
We label the investigation of how well immigrants do in terms of social connections
and community involvement compared to native-born as social integration, whereas
we label the examination of how immigrants fare compared to native-born in terms of
economic success in the host country as economic integration. Studying both the social
and economic integration of immigrants allows us to present a representative picture

of immigrants’ integration in the two major aspects of life in the host country.

1.2 A Note on Subjective Well-being

Studies linking integration and subjective well-being suggest that the cultural shock
experienced during the process of integration into a new culture can adversely impact
immigrants’ subjective well-being (Glass and Bieber, 1997; Dow, 2011; Koydemir,
2013; Berry and Hou, 2016; 2017). Researchers use various measures to examine the
relationship between integration and well-being, which can be summarised by two
major conceptualisations of subjective well-being termed as ‘life satisfaction’ (Safi,
2010; Bartram, 2011; Arpino and de Valk, 2018) and ‘mental health’ (Jayaweera,
2014; Gilliver et al., 2014; Brysten et al., 2019).

The life satisfaction measure of well-being consists of cognitive judgments
about overall satisfaction from life in general. It is measured by asking respondents to
think about their overall life or a specific domain of life and evaluate their satisfaction
with it. Life satisfaction tends to vary amongst individuals depending upon specific
standards used to judge how well life is going as a whole or in specific areas of life,
e.g., job, relationships, health etc. (Helliwell, 2008; Nowok et al., 2013; Kim-Prieto et
al., 2013; Baykara-Krumme and Platt, 2018). While life satisfaction is based on recall,
mental health considers life as lived and emotions involved in day-to-day life
(Kahneman and Riis, 2005; Clark et al., 2010; Waldron, 2010). Mental health is mostly
assessed by asking respondents to consider their current state of mind (or last couple



of weeks) and evaluate their emotions such as sadness, happiness, anxiety, depression,
failure, anger, worry etc. A person with better mental health generally has pleasant
feelings more than unpleasant ones (Dolan et al., 2008; Griffith and Jones, 2019; Hou
et al., 2020).

An advantage of the subjective nature of the life satisfaction and mental health
measures of well-being is that they allow insight into people’s perceptions of their
well-being and avoid the assumption that certain things (e.g., wealth) are good for
people’s well-being. Studies show that life satisfaction and mental health are valid
constructs of subjective well-being and can be measured reliably (Layard, 2005; Dolan
et al., 2008; Griffith and Jones, 2019). Life satisfaction and mental health both play a
role in determining the overall well-being of individuals (including immigrants), and

both are therefore used in this study.

1.3 Outline of the Thesis and Contributions

The thesis is comprised of three research papers. In the first research paper (Chapter
2), we evaluate the social and economic integration of immigrants compared to
natives. We also examine whether any differences vary according to white/non-white
ethnicity and the length of stay of immigrants. Previous studies are often limited to
studying either social or economic dimensions rather than both and remain divided on
the appropriate outcome measures to capture these dimensions (Cook et al., 2011,
Sinning, 2010; Vervoort, 2012; Magnusson and Hedman, 2014; Greenspan et al.,
2018). A more comprehensive investigation of the process of integration is currently
lacking in research. In this chapter, we contribute to the existing research by using
multiple indicators to capture social and economic integration, where social
integration is proxied by social network size, community involvement in terms of
volunteering and charitable behaviour and a unique measure of neighbourhood
embeddedness. Economic integration is captured by considering employment,
unemployment, job quality in terms of job security and work autonomy, and

homeownership status.

Chapter 2 shows that immigrants have lower neighbourhood embeddedness,
smaller social network size, and a lower likelihood of volunteering and exhibiting

charitable behaviour than natives. Immigrants are found to have a higher likelihood of



unemployment and a lower likelihood of employment and achieving homeownership
than natives. Employed immigrants have lower job quality as proxied by job security
and work autonomy than employed natives. The differences between immigrants and
natives are larger for non-white immigrants across all the indicators of social and
economic integration, except for neighbourhood embeddedness, where differences are
more substantial for white immigrants. Lastly, we observe that differences in the
indicators of social and economic integration are more pronounced for immigrants

with a shorter length of stay compared to immigrants with a longer length of stay.

In the second research paper (Chapter 3), we examine the subjective well-being
of immigrants and natives, and its relationship with the indicators of social and
economic integration. Subjective well-being is studied using both the evaluative
measure of overall satisfaction with life and a composite measure of mental health.
The analysis is conducted in two steps. In the first step, we complement previous
studies in examining whether there are gaps in life satisfaction and mental health
between immigrants and natives. Additionally, we examine if these gaps vary by the
white/non-white ethnicity of immigrants and length of stay. In the second step, we
uniquely contribute to existing research on well-being by studying the role of the
differences between social and economic integration identified in Chapter 2 in

explaining the subjective well-being gaps between immigrants and natives.

Chapter 3 shows that immigrants have lower life satisfaction and mental health
than natives. These well-being disparities are more substantial for non-white
immigrants than white immigrants and those who have lived in the UK for more than
10 years. We show that part of the well-being gap is explained by the disadvantaged
position of immigrants across the measures of social and economic integration;
however, a substantial gap remains unexplained. Moreover, the analysis reveals that
our indicators of social and economic integration are significantly and positively
associated with the life satisfaction and mental health of individuals and that the
strength of these relationships does not vary between immigrants and natives. In
offering an explanation for our findings, we suggest that a reason for persistent well-
being disparities between immigrants and natives could be the disadvantage associated

with being an immigrant and belonging to a non-white ethnic minority group.



In the third research paper (Chapter 4), we examine the subjective well-being
of immigrants and natives during the Covid-19 pandemic. We add to existing research
by first examining the differential impact of Covid-19 on the subjective well-being of
immigrants and natives. Second, we uniquely contribute to the research on well-being
and resilience by exploiting the quasi-experimental nature of the Covid-19 pandemic
to study the potential causal impact of pre-pandemic levels of social integration in

mitigating the adverse shock on subjective well-being.

Chapter 4 shows that, during the pandemic, subjective well-being in terms of
life satisfaction has declined for both immigrants and natives. Immigrants, in
particular, have suffered a larger decline in life satisfaction than natives. Further
analysis reveals that pre-pandemic social integration, in terms of neighbourhood
embeddedness and social network size, has played a role in protecting the life
satisfaction of immigrants. Put differently, we observe that immigrants with lower pre-
pandemic neighbourhood embeddedness and smaller social networks suffered a larger

decline in life satisfaction during Covid-19.

Overall, this research offers a comprehensive picture of immigrants’
integration into multiple aspects of social and economic life. In addition, it highlights
the significance of integration for the subjective well-being of immigrants. While
complementing previous studies in showing that both social and economic integration
are positively associated with well-being, it also shows how social integration plays a
vital role in protecting the life satisfaction of immigrants during challenging times like
the recent Covid-19 pandemic. The research findings have important implications for
policy and research aimed at achieving better outcomes for the subjective well-being

of immigrants.



Chapter 2: Social and Economic Integration of Immigrants in the UK

2.1 Introduction

The integration of immigrants is essential for a socially cohesive and economically
progressive society (Phillips et al., 2018; Blagden et al., 2020; Coates and Patel, 2020).
It is also a core principle for UK government policy on immigration and inclusive
communities (Integrated Communities Action Plan, 2019).® This study explores the
social and economic integration of immigrants in the UK. We define integration as the
ability of immigrants to achieve similar levels of social and economic outcomes as
natives (Card et al., 1998; Algan et al., 2010; OECD/European Union, 2019).

The literature to date focuses on either social integration or economic
integration (Dustmann, 1996; Korinek et al., 2005; Sinning, 2010; Greenspan et al.,
2018) and is often limited to measuring social or economic integration by focusing on
only one aspect of immigrants’ experience in the host country. For instance, when
examining social integration, most studies use social networks of immigrants
compared to natives (Danzer, 2011; Cook et al., 2011; Vervoort, 2012), whereas a few
focus on involvement in civic institutions (Osili and Du, 2005; Handy and Greenspan,
2009). To reflect economic integration, most researchers focus on employment status
(Dustmann and Fabbri, 2003; Berthoud and Blekesaune, 2007; Clark and Drinkwater,
2008), while others use homeownership (Bauer and Sinning, 2011; Magnusson and
Hedman, 2014). Integration is a multi-dimensional process (Phillimore, 2012; Saggar
et al., 2012) and studying a single aspect (or measure) can provide a narrow, if not
misleading, picture of immigrants' integration into the host society. Therefore, a gap
remains for a study that considers various aspects of immigrants' social and economic

integration simultaneously.

This chapter attempts to fill this gap in research. Its contribution is three-fold.
First, we go beyond a singular interpretation of immigrants' integration and take
advantage of a large-scale panel survey in the UK to capture a wide variety of
indicators reflective of both social and economic integration of immigrants with

natives as the benchmark. We use social networks and community involvement (i.e.,

3Integrated Communities Action Plan (2019). HM Government.:
[https://www.gov.uk/government/publications/integrated-communities-action-plan]



volunteering and charitable behaviour) as measures of social integration and generate
a novel measure of immigrants’ embeddedness in the neighbourhood based on six
attitudinal statements reflecting regular interactions and sense of attachment to the
neighbourhood that have not been considered before. We use employment status (i.e.,
employment and unemployment) and homeownership as proxy measures of economic
integration and include quality of work as another dimension to better understand how
immigrants' economic integration compares to natives. The quality of work is
measured by job security and work autonomy and offers a measure of economic
success beyond just achieving employment in the host country (Clark, 2015;
Wheatley, 2017).

Second, we complement existing research by providing evidence of how the
social and economic integration of immigrants differs from natives based on their
ethnicity and length of stay in the UK. Immigrants are a heterogeneous group, and
their ethnicity and number of years spent in the host country may considerably
influence how well they integrate. Third, the longitudinal dataset we use allows us to
control for changes over time and time-invariant individual unobserved heterogeneity
that most previous studies are not able to take into account given the cross-sectional

nature of the survey data they use.

Our findings for the differences between immigrants and natives across the
indicators of social integration show that immigrants have lower neighbourhood
embeddedness, smaller social network size and lower community involvement as
proxied by volunteering and charitable behaviour. The findings for economic
integration show that immigrants have a higher probability of being unemployed and
have a lower probability of being employed and having job security and work
autonomy compared to natives. Immigrants are also found to have lower probability
of homeownership than natives. According to ethnicity and length of stay of
immigrants, we find that non-white immigrants and those who have stayed for less
than 10 years fare less well compared to natives across most indicators of social and
economic integration. Overall, the findings of the chapter add new information on the

nature and extent of integration of immigrants in the UK.

The remainder of the paper is structured as follows. Section 2.2 provides a

literature review of previous research on the social and economic integration of



immigrants. Section 2.3 introduces the source of data, construction of the key variables
in the analysis and some discussion of summary statistics. Section 2.4 discusses the
methodology used. Section 2.5 presents the results. Finally, section 2.6 presents a
discussion and conclusion with some policy implications and limitations of our

research.

2.2 Literature on Social and Economic Integration

For social integration, two major perspectives can be identified from the existing body
of research. First, social integration is viewed as the 'acceptance’ of immigrants into
the social networks and relationships in the receiving society (Cook et al., 2011;
Danzer, 2011; Wessendorf and Phillimore, 2019). Second, social integration is
considered as the ‘inclusion’ of immigrants into civic institutions which facilitate
community involvement in the host country (Osili and Du, 2005; Handy and
Greenspan, 2009; Baert and Vujic, 2016). Those who investigate social integration
from the 'acceptance’ perspective argue that immigrants need to be accepted into the
social networks of the host community to not only familiarise themselves with the
norms and values of the host culture but also to gain access to economic opportunities
(Zimmermann et al., 2000; Craig, 2015). The existing literature on social integration
highlights that non-white immigrants often face more challenges in establishing social
networks with natives due to ethnic and cultural differences and potential
discrimination (Heckmann and Bosswick, 2006; VVervoort, 2012). For instance, Saggar
et al. (2012) find that white immigrants in the UK are much more likely to report
feelings of trust and togetherness with others in the neighbourhood, primarily because
they are less likely to face challenges like discrimination in settling into the
neighbourhood than non-white immigrants, irrespective of the educational,
employment and demographic characteristics. Social networks are likely to improve
with the length of stay in the host country as it affords immigrants more time to learn
the host country's language and communicate with the host population (Depalo et al.,
2006; Schnell et al., 2012; Saggar et al., 2012).

While earlier literature studied immigrant's social networks at a broader social
level (Lockwood, 1964; Berger et al., 2005, Remennick, 2004), more recent studies

stress the importance of studying social networks at a more localised neighbourhood
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level as everyday life takes place in the neighbourhood (Danzer, 2011; Cook et al.,
2011; Vervoort, 2012). These studies have either examined integration into the
neighbourhood qualitatively (Cook et al., 2011) or by using the frequency of social
interactions in the neighbourhood to measure social integration (Vervoort, 2012).
Fortunately, the Understanding Society (UKHLS) dataset for the UK allows us to
study social integration at the neighbourhood level and social networks at a broader

level.

Studies focusing on the 'inclusion' as opposed to the 'acceptance’ perspective
often use community involvement to assess the level of social integration of
immigrants. Studies show that community involvement reflects the integration of
immigrants because it shows their exposure and the ability to engage with the host
country's culture and societal norms and values (Howard, 2005; Handy and
Greenspan, 2009). Community involvement is considered part and parcel of
immigrants' equal access to social networks in the host community, allowing their
active participation in civic institutions (Pillimore, 2012; Baert and Vujic, 2016).
Commonly used measures of community involvement include volunteering and
charitable behaviour. For example, Greenspan et al. (2018) used volunteering to
measure community involvement and found that immigrants in Germany have a
considerably lower rate of volunteering than the native-born population and argued
that ethnic differences could partly explain this gap.

Similar to neighbourhood integration, there is evidence suggesting that
community involvement such as volunteering can vary significantly across different
ethnic groups. Osili and Du (2005), for instance, find that white immigrants in the
United States are considerably more likely to exhibit charitable behaviour than
comparable non-white immigrants. In general, it is expected that prolonged residency
increases the chances for immigrants to engage in community involvement (Handy

and Greenspan, 2009; Greenspan et al., 2018).

Most often, researchers use the employment status of immigrants as a proxy
for economic integration, and a common finding is that immigrants tend to do worse
than native-born in terms of employment rates (Lazear, 1999; Clark and Drinkwater,
2008; Cebolla-Boado et al., 2019; Manley et al., 2019) and that employment outcomes

vary substantially according to ethnic groups, with non-white immigrants having
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lower employment rates than their white migrant or native counterparts (Blackaby et
al., 2002; Dustmann and Fabbri, 2003; Berthoud and Blekesaune, 2007; Clark and
Drinkwater, 2008; Clark and Lindley, 2008). Most previous studies do not consider
the quality of work, such as job security and autonomy at the workplace, that may
influence immigrants' economic situation and, therefore, reflect their strength of
economic integration. Low-quality jobs, as characterised by a high risk of job loss and
lack of control over various decisions within the job, are linked to lower levels of
income and productivity (Bartling et al., 2021; Vidal, 2013; Clark, 2015; Wheatley,
2017). Such low-quality work is more prevalent amongst immigrants because they are
likely to take on jobs that natives might not be willing to do (Orrenius and Zavodny,
2009; Diaz-Serrano, 2013; Khattab and Lazarus, 2016). The lack of autonomy over
work is primarily known to make it difficult for immigrants to find extra part-time
work as they risk losing their job if they decline the offered working hours (Weishaar,
2008; Potter and Hamilton, 2014; Scott, 2017). Studies show that new immigrants are
more likely to have insecure jobs compared to natives and that the differences tend to
reduce with a longer length of stay as education, skills and work experience increase
(Kaufman and Mirsky, 2004; Lehmer and Ludsteck, 2011; Liu et al., 2019).
Inequalities in the quality of work arise in terms of ethnicity, where studies show that
ethnic minority groups, including non-white immigrants, are more likely to report low
quality work, possibly due to lack of host country qualifications, education, and labour
market discrimination (Raijman et al., 2003; Burgard et al., 2009; Landsbergis et al.,
2014).

Quality of work is an important dimension of immigrants' quality of life as a
high risk of job loss and low work autonomy can reduce the bargaining power of
workers, often resulting in reduction in wages, lower worker productivity and
eventually lower economic integration besides being employed (Potter and Hamilton,
2014; Scott, 2017; Liu et al., 2019). However, empirical evidence on the differences
in measures of job quality among immigrants is limited. Given that an average worker
spends about half of their time on weekdays at their workplace, this limitation is too
important to ignore in the context of the economic integration of immigrants.
Fortunately, the longitudinal survey data we use in this chapter provides information

regarding job security and various aspects of autonomy in the workplace.
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Another aspect of economic integration considered by the existing research is
homeownership because it represents long-term economic stability and a financial
commitment to a relatively fixed asset (Nygaard, 2011; Magnusson and Hedman,
2014). Some well-cited studies include Andersson et al. (2010) and Magnusson and
Hedman (2014) who conducted a comparative analysis of immigrants and natives for
homeownership in Sweden and found that ethnic minorities and immigrant groups are
less likely to have homeownership. Studies in the UK also show that white immigrants
are more likely to own homes having settled permanently compared to non-white
immigrants (Nygaard, 2011; Gobillon and Solignac, 2015; Constant et al., 2009). The
longer length of stay reflects the long-run commitment to stay in the UK, enabling
immigrants to accumulate wealth to facilitate homeownership (Sinning, 2010;

Magnusson and Hedman, 2014).

The above literature suggests that the integration of immigrants is a multi-
dimensional process, meaning that analysis focusing on one dimension, such as social
networks, could obscure disadvantages in community involvement and employment.
Thus, we go beyond a singular interpretation of integration by using multiple measures
to study social and economic integration, including neighbourhood integration,
volunteering, charitable behaviour, employment status, job quality and

homeownership.

2.3 Dataset and Sample Description

To explore the social and economic integration of immigrants in the UK, we use the
United Kingdom Household Longitudinal Study (UKHLS), a nationally representative
household and individual level panel survey*. The survey began in 2009 and has
approximately 40,000 participating households across England, Scotland, Wales, and
Northern Ireland. The dataset is organised as 'waves', where each wave captures the
responses for two to three overlapping years. Fortunately for our purposes, the dataset
has a large general population sample, an ethnic minority booster sample, and an

additional immigrant-ethnic minority boost sample (included from wave six onwards),

4University of Essex, Institute for Social and Economic Research (2020). Understanding Society: Waves 1-10,
2009-2019 and Harmonised BHPS: Waves 1-18, 1991-2009. [data collection]. 13th Edition. UK Data Service. SN:
6614, http://doi.org/10.5255/UKDA-SN-6614-14.



13

containing rich information on respondents’ characteristics and behaviour. We use
waves 2 (2010-2012), 6 (2014-2016) and 8 (2016-2018) for our analysis, depending
upon the availability of data for the variables in use (see section 2.3.2 for more detail

on the treatment of missing data).

We classify immigrants as all non-UK born individuals and natives as UK-born
individuals for ease of description and use. This definition is in line with previous
studies (Casey and Dustmann, 2010; Sinning, 2010; Dustmann and Frattini, 2011). An
advantage of this large-scale dataset is that we can divide immigrants according to
their ethnicity (white and non-white) (see appendix section A.1 for more details on
immigrant and ethnicity variables). We also divide immigrants according to the length
of stay, computed by subtracting the year of the individual’s interview and the year

the respondent came to the UK.

2.3.1 Indicators of Social and Economic Integration

This section discusses various measures we use as indicators to examine social and
economic integration that are carefully selected in line with the literature discussed in

section 2.2.

Neighbourhood Embeddedness

To study social integration, we take advantage of the availability of data on the
experiences of individuals in their neighbourhood. It is important to study social
relationships at the neighbourhood level because day-to-day interactions occur around
one’s place of residence (Cook et al., 2011; Saggar et al. 2012; Vervoort, 2012). Our
first measure of social integration is neighbourhood embeddedness® which is based on
the information from six different question items. These question items were recorded
in a specific neighbourhood module in waves 1, 3, 6, and 9 (in the UKHLS survey).
In this module, individuals were asked to report their level of agreement/disagreement
(scale from 1 (strongly disagree) to 5 (strongly agree)) with a host of statements

designed to capture how well they feel integrated into various aspects of

SA concept first introduced by Schnell et al. (2012).
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neighbourhood life. This includes variables that capture regularity of interactions with
neighbours, ease of borrowing things and exchanging favours from neighbours,
willingness to trust neighbours for advice, sense of overall belongingness to the
neighbourhood, whether they feel similar to others in the neighbourhood, and plans to

remain a resident for a number of years.

We employ exploratory factor analysis to reduce the information provided by
the six question statements to a latent construct, reflecting a psychological sense of
embeddedness within the neighbourhood. This latent construct can then be used as a
proxy to conduct a neighbourhood-level analysis of immigrants' integration into the
host country while avoiding multicollinearity from using individual variables as

regressors in next chapters.

Factor Analysis

We commence factor analysis with several tests to determine the suitability of
respondents’ answers to the six question items for this approach. The Kaiser-Meyer-
Oklin measure of sampling adequacy is 0.86, indicating that 86% of the variance in
the correlation matrix is explained by an underlying factor and hence factor analysis
is justifiably applicable (Kaiser, 1974). Next, we use Bartlett's test of Sphericity to
find out if there are adequate intercorrelations between the question items. The p-value
of 0.000 confirms a strongly significant relationship between the variables. Finally,
we conduct an exploratory factor analysis on the six question items, using polychoric
correlation matrix (which takes into account the ordinal nature of the raw observed
variables). The result is a single factor with an eigenvalue greater than one, which is

retained for further analysis.

The question statements and associated factor loadings are presented in Table
2.1. The two statements that attracted the highest factor loadings are 'similar to others
in the neighbourhood’ and ‘plan to remain in the neighbourhood' and 'feel like belong
to the neighbourhood'. The higher a respondent scores on the factor variable, the
higher their overall level of agreement with the statements that make up that factor
labelled as neighbourhood embeddedness. We tested scale reliability and found a high

degree of consistency in responses to the question-items used to derive the measure of
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the neighbourhood embeddedness as indicated by a Cronbach's alpha of 0.84 (this is a

measure of how closely related the six question-items are as a group).

Table 2.1 Question statements that constitute our measure of neighbourhood embeddedness
Question Statements Loadings
I think of myself as similar to the people that live in this neighbourhood 0.72
I plan to remain a resident for a number of years in this neighbourhood 0.70
| feel like | belong to this neighbourhood 0.68
I regularly stop and talk with people in my neighbourhood 0.62
If | needed advice about something, I could go to someone in my neighbourhood 0.57
I borrow things and exchange favours with my neighbours 0.54

We maintain that our analysis at the neighbourhood level is unique as, in
addition to social interactions at the neighbourhood level. We also take into account
factors such as immigrants' attachment to the neighbourhood (willingness to remain),
feelings of belongingness (feel similar and belong to the neighbourhood), sense of
reciprocity and trust (as reflected by the questions related to advice obtainable from
neighbours and the ability of borrowing and exchanging favours with others). Hewston
(2009) suggests this approach, arguing for the inclusion of ‘'meaningful social contacts'
rather than mere superficial interactions when studying social integration. He
maintains that in meaningful social relationships, people get to know each other well
enough to move beyond superficial interactions and develop feelings of trust and
reciprocity. A limitation of the approach to studying social integration at the
neighbourhood level is that ethnic minorities and immigrants are usually drawn to co-
ethnic neighbourhoods (Johnston et al., 2002; Robinson et al., 2007), which can
sometimes introduce bias in the results. Given the absence of appropriate data to
control for neighbourhood composition®, we supplement our analysis for social
integration with alternative measures, including social network size, volunteering and

charitable behaviour.

To crudely test for the limitations imposed by the lack of an adequate measure of neighbourhood composition, we
repeated our main analysis for neighbourhood embeddedness while excluding the ethnic boost samples that are
collected from ethnically rich areas in the UK. The results remain qualitatively similar with this sample restriction,
showing that neighbourhood composition may not impose undue bias to our results (Appendix table A.1).
However, we remain cautious in our interpretation of results and avoid implying causality.
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Social Network Size

We consider a measure of the size of a respondent’s social network other than family
members as an additional indicator of social integration. This allows us to capture
social integration in a broader sense, thus departing from a localised view of
integration in the host country as in the case of neighbourhood embeddedness. The
variable used is labelled ‘social network size’ and it is captured in the dataset by asking
the respondents: "How many close friends do you have?" (Values range from 0 to 10).
This variable is available in waves 1, 3, 6 and 9. A limitation of social network size as
a measure of social integration is that it may capture friends that are living far away
(perhaps, country of origin), in which case it may be a less reliable measure of social
integration. We therefore consider additional measures of social integration, including
volunteering and charitable behaviour that are considered part-and-parcel of
successful social networks in the host country (Pillimore, 2012; Baert and Vujic,
2016).

Community involvement

Active community involvement indicates that an individual has developed an altruistic
connection to society and engages with its norms, values, and culture, which is
indicative of integration (Osili and Du, 2005; Baert and Vujic, 2016; Greenspan et al.,
2018). We capture community involvement of individuals by volunteering and
charitable behaviour. The measures used for volunteering and charitable behaviour are
available in waves 2, 4, 6 and 8. In relation to volunteering, respondents are asked: "In
the last 12 months, have you given any unpaid help or worked as a volunteer for any
type of local, national or international organisation or charity?". To capture
charitable behaviour, respondents are asked: "In the last 12 months, have you donated
any money to charities or other organisations?" These questions are based on 'Yes'
and 'No' responses and are used to construct dummy variables, which are equal to 1

for "Yes' for volunteering and charitable behaviour and 0 otherwise.
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Employment status

To study economic integration, we consider the employment status of individuals as
it provides information about labour market access that is the main source of income
and economic stability (Clark and Drinkwater, 2008; Cebolla-Boado et al., 2019;
Manley et al., 2019). The variable for employment status is available in all waves of
dataset and is based on the question: "Which of this best describes your current
economic situation: unemployed, self-employed, paid employment (full-time/ part-
time), retired, on maternity leave, family care or home, full-time student, long term
sick or disabled, Govt training scheme, unpaid, family business, on apprenticeship

and doing something else?"

We generate a variable with three categories for ease of interpretation and use.
The first category labelled ‘'employed' includes paid employment, self-employment, or
maternity leave. The second category is labelled ‘'unemployed' and consists of
unemployed individuals. The third category is labelled 'outside the labour market' and
includes individuals such as the retired, full-time students and the long-term sick or
disabled. While we can compare immigrants and natives across all the economic
categories, strictly from an economic integration perspective, we are more interested
in the unemployed and employed individuals (which include self-employed and those
on maternity leave). Therefore, we use two dummy variables, coded 1 for the category
under examination and 0 otherwise. For example, a dummy that takes the value 1 for

the unemployed and 0 for the remaining categories is used to study unemployment.

Job Quality/Quality of work

We consider quality of work in terms of job security and work autonomy. This is an
important aspect of economic integration as having a secure job and control over
working conditions is linked to higher levels of income and productivity, and
ultimately higher economic stability (Diaz-Serrano, 2013; Khattab and Lazarus, 2016;
Scott, 2017). The measures of job security and work autonomy available in the dataset
are only applicable to employed individuals and are available in waves 2, 4, 6 and 8.
The question pertaining to job security asks the respondents: "Think about your
employment prospects over the next 12 months: Thinking about losing your job by
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being sacked, laid-off, made redundant or not having your contract renewed, how
likely do you think it is that you will lose your job during the next 12 months?" (Select
from options: 1=very likely, 2=likely, 3= unlikely and 4= very unlikely). We generate
a dummy variable for job security for ease of interpretation and use, which equals 1
for 'unlikely and very unlikely to lose job' and O otherwise.

To capture work autonomy, respondents are asked five questions: "In your
current job, how much influence do you have over: what tasks you do in your job, the
pace at which you work, how you do your work, the order in which you carry out tasks,
and the time you start or finish your working day?" (Select from options: 1=none, 2=a
little, 3= some, 4=a lot). We generate a composite variable labelled "work autonomy"
by summing the responses to each of the five questions. The resultant outcome
variable ranges from 1 to 20, where 1 implies low work autonomy and 20 implies high
work autonomy. The Cronbach's alpha (a measure of internal consistency of a scale)
showed that 83% of the variance in the composite scores associated with the five items

is reliable.

Homeownership

We consider homeownership as another dimension of economic integration because it
reflects long-term economic stability and wealth accumulation (Sinning, 2010;
Magnusson and Hedman, 2014). The measure of homeownership is based on the
question: "Does your household own this accommodation, or is it rented?" (Select
from options: owned outright, Owned on Mortgage/shared ownership, rented, rent-
free). This variable is available in all waves. We generate a dummy variable for ease
of interpretation and use, which takes the value of 1 for categories ‘owned outright' or

‘owned on mortgage/shared ownership' and 0 otherwise.

Socio-demographic controls

Socio-demographic controls include a dummy for female (female=1 and male=0),

marital status (unmarried=0, married=1, divorced=2), age groups (first category:16-
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30, second category: 31-50 and third category >51 years)’, categorical variable for
educational qualifications (1 = Degree/ higher degree, 2 = no qualifications, 3 =
GCSE/Lower and 4 = A-levels), discrete variables for household size and number of
children and continuous variable for logged net monthly household income. The
household income is logged for two reasons. First to facilitate interpretation in
approximate percentage terms (instead of monetary terms) and second this variable is
skewed so taking log smooths out the distribution. An additional control for
occupation is included when running the regressions for job quality variables that are
only valid for employed individuals. The occupation variable has three categories: (1
= routine, 2 = intermediate 3 = management/professional). These variables are

available in all waves used in the analysis for this chapter.

2.3.2 Generating Data for Missing Waves

All dependent and independent variables are available in waves 2, 6 and 8, except for
neighbourhood embeddedness and social network size, which are only available in
alternate waves 3, 6 and 9. The missing data for waves 2 and 8 imply that we would
be left with a cross-section of the data (only wave 6) when obtaining a sample with
non-missing values for all variables to conduct the empirical analysis. Moreover, using
different samples for various regression models does not allow studying the indicators
of social and economic integration altogether in one regression when examining their
association with well-being in Chapter 3. To prevent such issues, we filled the values
for the missing waves 2 and 8 for neighbourhood embeddedness and social network
size by carrying backwards the values of waves 3 and 9 for each respondent®. For
instance, wave 3 responses were assigned to wave 2, and the values for wave 9 were
assigned to wave 8 for these variables. This practice enables us to conduct empirical

analysis using a consistent sample based on waves 2, 6 and 8.°

" Results do not change with age included as a continuous variable.

8 The variables for neighbourhood embeddedness and social network size do not vary significantly over-time for a
respondent.

9 We checked if our imputation strategy might be driving our findings by repeating our main empirical analysis for
neighbourhood embeddedness and social network size with the original waves 3, 6 and 9 of data (see appendix
table A.2), in addition to the imputed waves of data 2, 6 and 8 (see table 2.3 in section 2.5.1), in separate regression
models. The findings showed that the results for the gaps in neighbourhood embeddedness and social network size
are qualitatively the same in both cases, thus confirming that the imputation strategy does not drive our findings.
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2.3.3 Summary Statistics

This section discusses some summary statistics of key variables presented in Table
2.2. The table shows the mean differences in our migrant and native samples, where
immigrants are also divided into white and non-white ethnic groups. Our main sample
based on waves 2, 6 and 8 of the UKHLS dataset comprises of 9% immigrants and
91% natives. The statistics for socio-demographic controls in column 1 show that
natives and immigrant samples have 56% and 58% females, respectively. Immigrants
are more likely to be married and tend to be, on average, 9 years younger than natives.
Compared to natives, they appear to live in larger households and have more children.
Immigrants and natives have similar levels of monthly household income. Given that
immigrants reside in larger households, this would suggest a lower average individual
income from household members and potentially more dependents. 54% of
immigrants and 36% of natives have high educational degree. Employed immigrants
have a higher percentage of individuals in routine occupations and have equal
management/professional occupants as natives. About 71% of immigrants in our

sample have lived in the UK for more than 10 years.

The indicators of social integration show that immigrants have about 0.12
points lower neighbourhood embeddedness than natives. A closer look at differences
between immigrant groups reveals that non-white immigrants have 0.08 points while
white immigrants have 0.21 points lower neighbourhood embeddedness than natives.
Thus, showing that the differences in neighbourhood embeddedness between

immigrants and natives are larger for white immigrants than for non-white immigrants.

Additionally, we provide the distribution of our measure of neighbourhood
embeddedness in Figure 2.1, which shows that approximately 50% of natives and 40%
of immigrants report high scores for neighbourhood embeddedness (ranging from 4
and above). Around 47% of natives and 55% of immigrants report neighbourhood
embeddedness scores below 3, thus showing that a higher percentage of immigrants

report low neighbourhood embeddedness than natives.
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Natives | | Immigrants

60

Neighbourhood Embeddedness

Figure 2.1: A distribution of neighbourhood embeddedness scores for immigrants and
natives

For social network size in Table 2.2, we observe that immigrants have 0.68
fewer friends than natives. We observe that this gap is larger for non-white immigrants
(0.91) compared to white immigrants (0.25). Hence, non-white immigrants have the
smallest social network size. Figure 2.2 displays the distribution of the measure of
social network size which shows that approximately 30% of natives and 20% of

immigrants report having a close circle of 6 to 10 friends.

Natives | [ Immigrants

60-

45
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Social network size

Figure 2.2: A distribution of social network size for immigrants and natives

When it comes to community involvement, the table shows that 18% of
immigrants volunteer and 65% exhibit charitable behaviour; this compares to 21%
volunteering and 73% charitable behaviour for natives. On average, it appears that

immigrants have 3 percentage points lower volunteering and 8 percentage points lower
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charitable behaviour than natives. These differences are mainly concentrated in the
non-white immigrants' sub-group, measuring 4 percentage points lower volunteering

and 10 percentage lower charitable behaviour than natives.

The economic integration indicators show that 68% of immigrants and 57% of
natives are employed (including full-time, part-time employed or self-employed, as
well as those on maternity leave). 63% of non-white immigrants and 77% of white
immigrants are employed. A small percentage of immigrants (7%) and natives (4%)
are unemployed. Unemployment is 7% amongst non-white immigrants and 4%
amongst white immigrants. Thus, non-white immigrants appear to have adverse
employment outcomes than white immigrants. Table 2.2 also shows that 75% of
natives and 56% of immigrants have homeownership. Non-white and white
immigrants have 21 and 14 percentage points lower homeownership compared to
natives, respectively. Employed immigrants have a 2 percentage points lower job
security and 14 points lower work autonomy than natives. Non-white immigrants have
a 3 percentage points lower job security and 36 points lower work autonomy than
natives, whereas white immigrants have a 22 points lower work autonomy and similar
job security as natives. Hence, non-white immigrants tend to have low job quality.
Figure 2.3 illustrates the distribution of work autonomy scores for immigrants and
natives. It shows that approximately 55% of natives and 50% of immigrants have high

scores (ranging from 15 and above) for work autonomy.

Natives | [ Immigrants

60
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Figure 2.3: The distribution of work autonomy scores for immigrants and natives



Table 2.2 Descriptive Statistics

23

Natives  Immigrants Diff Non-white Diff White Diff
from immigrants from immigrants from
natives natives natives
Column 1 Column 2 Column 3
Female 56% 58% 58% 60%
Relationship Status
Unmarried 40% 32% 29% 39%
Married 53% 64% 67% 56%
Divorced 7% 4% 4% 5%
Household size (1-16) 2.7 3.6 3.8 3.0
Number of children (0-10) 0.45 0.94 1.00 0.80
Age groups 16-30 19% 21% 21% 21%
31-50 34% 59% 58% 60%
>50 47% 20% 21% 19%
Mean Age 49 40 41 40
Education
No qualifications 11% 8% 10% 4%
GCSE/Lower 31% 21% 22% 20%
A-Level 22% 17% 17% 17%
High Degree 36% 54% 51% 59%
Net monthly household income 3267 3393 3263 3647
Years spent in the UK
0-10 29% 29% 28%
11-20 34% 37% 32%
21-41 37% 34% 40%
Social Integration
Neighbourhood Embeddedness 3.29 3.17 0.12%** 3.21 0.08*** 3.08 0.21***
Social Network Size (0-10) 4.71 4.03 0.68*** 3.80 0.91%** 4.45 0.26%**
Community Involvement
Volunteering 0.21 0.18 0.03*** 0.16 0.05*** 0.21 0.000
Charitable behaviour 0.73 0.65 0.08*** 0.63 0.10%*** 0.67 0.06***
Economic Integration
Employment status
Employed 0.57 0.68 -0.11%** 0.63 -0.06*** 0.77 -0.20***
Unemployed 0.04 0.07 -0.03*** 0.07 -0.03*** 0.04 0.000
Outside Labour Market 0.39 0.25 0.14**= 0.30 0.09%*** 0.19 0.20%**
Homeownership 0.75 0.56 0.19*** 0.54 0.21%** 0.61 0.14%***
observations (waves 2,6,8) 79589 7413 4896 2518
Number of Individuals 40505 4591 3166 1425
Quality of work
Job security 0.91 0.89 0.02*** 0.88 0.03*** 0.91 0.000
Work Autonomy (1-20) 14.95 14.81 0.14%*** 14.59 0.36*** 15.17 -0.22%**
Occupation Routine 38% 40% 43% 38%
Intermediate 16% 14% 14% 16%
Management & Professional 46% 46% 43% 46%
observations (wave 2,6,8) 39055 4101 2540 1561
Number of Individuals 22185 2652 1713 939

The variables for job security, work autonomy and occupation are only applicable for employed individuals.

**x ** * denote statistical significance at the 1, 5, and 10 percent levels, respectively.
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2.4 Methodology

We follow the methodology of previous studies in examining the social and economic
integration of immigrants with natives as the benchmark (Card et al., 1998; Algan et
al., 2010). This is done using an immigrant dummy (immigrant;) as the main variable
of interest. A statistically significant and negative coefficient for the immigrant
dummy can be interpreted as lower levels of social and economic integration;
otherwise, they can be considered as integrated as natives. To examine the gaps in the
social and economic integration of immigrants and natives, we use multivariate

regression analysis and estimate the following model:

Yii = ap + ayimmigrant; + Xy + 8¢ + e, (2.1)

where Y;; represents the dependent variables, including neighbourhood
embeddedness, social network size, volunteering, charitable behaviour,
unemployment, employment, job security, work autonomy and homeownership for
individual i in wave t; immigrant; is a dummy variable which enables us to study
the differences in social and economic integration between immigrants and natives;
X;; i1s a vector of demographic control variables (i.e., gender, marital status,
educational qualifications, age groups, number of children, household size and
household income). We also include wave dummies §; to account for unobserved
heterogeneity that might arise due to macroeconomic influences that may impact
people similarly each year. u;, is the composite error term consisting of unobserved
individual effects (y;) and the idiosyncratic error term (v;;). We estimate robust

standard errors.

The panel nature of our dataset enables us to account for time-invariant
individual heterogeneity (or individual effect), in that some people may report
systematically different levels of neighbourhood embeddedness or social network size,
for example, due to more optimistic personalities or cultural traits over the sample
years. In this context, a fixed-effects estimator would be a suitable approach to

estimate equation (2.1).2° One limitation is that time-invariant variables are dropped

10 The Hausman tests conducted using Equation (2.1) revealed that FE approach is the preferred specification.
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(e.g., immigrants dummy) from the regression, which is essential for our analysis. To
resolve this issue, we will use a random-effects specification with the Mundlak
correction, also called the correlated random effects model (CRE) (Obucina, 2012;
Mavromaras et al., 2012). This model was proposed by Mundlak (1978) who showed
that the coefficient estimates from a random-effects approach approximate those
provided by the fixed effects approach if the means of time-varying variables are
included in the regression model. We estimate Equation (2.1) using the correlated
random effects specification for dependent variables that are continuous/categorical
and correlated random effect logit specification (i.e., marginal effects) for binary

response-dependent variables.

A limitation of CRE approach is that it does not allow us to control for the
individual effect that is likely correlated with the time invariant immigrant dummy.
Due to the lack of strong instrumental variables, we are unable to resolve this issue
and therefore a residual individual effect remains even after controlling for the means

of the time-varying regressors. This issue remains a challenge in this line of research.

2.5 Empirical Analysis and Results

In this section, we discuss the results for multivariate regression analysis used to study
the differences in the social and economic integration of immigrants and natives while
controlling for socio-demographic characteristics. We take advantage of the panel
nature of our dataset and use the correlated random effects (CRE) approach to estimate
Equation (2.1), as it allows us to control for the time-invariant unobserved individual
heterogeneity.!! The dependent variables are the indicators of social and economic
integration. The main independent variable of interest is the immigrant dummy, which
can be interpreted as the gap in social and economic integration between immigrants
and natives. The immigrant dummy masks heterogeneity amongst the immigrant

population. Therefore, it is modified to differentiate immigrants according to their

11 We estimated a pooled OLS (or pooled logit in the case of binary variables) as a starting point to gain insight
into the cross-sectional differences in the relationships we examine. Pooled OLS estimates are often subject to
biases as this approach does not take into account the time-invariant unobserved individual heterogeneity of the
respondents (e.g., personality traits). Comparison of the results from the two estimation approaches reveals that the
coefficients for the variables of interest and the socio-demographic controls are smaller in magnitude for CRE than
pooled OLS. Thus, indicating the presence of unobserved heterogeneity in the pooled OLS estimates, rendering
CRE the preferred estimation approach. For clarity and parsimony, we do not discuss pooled OLS findings in the
main results section and present these results in the appendix (see Tables A.3 to A.18).
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ethnicity (white/non-white) and length of stay in separate regression models while
keeping natives as the reference group. The coefficients for these variables can be

interpreted as the differences between the corresponding immigrant group and natives.

To gain an understanding of the differences between immigrants and natives
across the various indicators of social and economic integration, it is necessary that
the indicators are comparable. However, this is not directly possible as the indicators
of social and economic integration have different matrices; for example,
neighbourhood embeddedness ranges from 1 to 5, while social network size ranges
from 0 to 10, so it is difficult to compare them. Similarly, job security is a dummy
variable, whereas work autonomy ranges from 1 to 20, which means they are not
directly comparable. To resolve this issue, we transformed the continuous/ordinal
variables into standardised units, also called the z-scores, which are measured in
standard deviations from the mean. The estimates for standardised versions of
variables are presented in addition to the results for the non-standardised ones, where

applicable.

2.5.1 Comparing Social Integration of Immigrants and Natives

In this section, we study the differences in the social integration between immigrants
and natives. Social integration is proxied by neighbourhood embeddedness, social
network size, and community involvement (i.e., volunteering, and charitable

behaviour).

Neighbourhood Embeddedness

We consider neighbourhood embeddedness as an indicator of social integration
because neighbourhoods are a vital site for engaging with the host country's residents
and developing local community relationships (Danzer, 2011; Cook et al.,2011;
Vervoort, 2012). Table 2.3 reports the results for the differences in neighbourhood
embeddedness between natives and immigrants obtained from separate regressions in

column 1. The estimates are obtained from correlated random effects (CRE) approach.
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The coefficient for the immigrant dummy in column 1 (Panel A) shows that
immigrants, on average, have 0.04 points lower neighbourhood embeddedness than
natives (corresponding to 6% of a standard deviation of the variable). A closer look at
the differences between immigrant groups, as presented in panel B of Table 2.3,
reveals that non-white immigrants have similar neighbourhood embeddedness as
natives. In contrast, white immigrants have 0.12 points lower neighbourhood
embeddedness than natives, corresponding to a 15% of a standard deviation. A
plausible explanation for these findings could be given by studies that show
unemployment and lower education amongst non-white immigrants could possibly
drive stronger neighbourhood networks compared to natives and white counterparts
who are more educated and tend to establish social networks outside of local
neighbourhood, usually at the workplace (Depalo et al., 2006; Schnell et al. 2012).
Another possible explanation for our findings could be that non-white immigrants tend
to reside in neighbourhoods with substantial co-ethnic presence and therefore tend to
have stronger relationships in the local community than their white counterparts
(Charles, 2003; Schnell et al., 2012; Saggar et al., 2012).This idea is supported by the
factors loadings presented in Table 2.1 for the neighbourhood embeddedness variable
which show high agreement by respondents on question statements indicating a
stronger sense of similarity and belongingness to the neighbourhood, which may be
driven by the presence of ethnic co-residents. The available evidence for the UK also
suggests that immigrants, especially those from non-white ethnicity, tend to live in
neighbourhoods with a substantial co-ethnic presence (Robinson et al., 2007). While
appearing to be relatively well-integrated socially into the neighbourhood, it remains
an open question with whom immigrants interact with at the neighbourhood level (e.g.,
other immigrants or natives). The literature is divided on whether co-ethnic networks
impede integration as Putnam (2004) maintains that social integration becomes more
difficult for individuals with substantial co-ethnic networks, whereas a more recent
study by Cheung and Phillimore (2013) shows that co-ethnic networks can facilitate

integration into the host country by fostering contact with the native population.

The third group of estimates in Table 2.3 (panel C) reports results on
neighbourhood embeddedness depending on the length of stay of immigrants. The
results show that immigrants that have stayed for 0-10 years have 0.06 points lower
neighbourhood embeddedness than natives, whereas the immigrants that have stayed
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for 21-41 years have 0.03 points lower neighbourhood embeddedness than natives.*?
These findings indicate that immigrants with a longer length of stay in the UK are
more similar to natives in neighbourhood embeddedness. The results are in line with
studies that show a longer length of stay has a positive association with social networks
in the neighbourhood (Bridge, 2002; Schnell et al., 2012).

Finally, the results for socio-demographic controls are consistent with previous
studies that show that being a female, married, having less education, being older,
having a higher household income and more children to be positively associated with
neighbourhood embeddedness (Danzer, 2011; Cook et al., 2011; Vervoort, 2012) (see
appendix Tables A.3-A.5 for full results).

In addition to the analysis discussed above, as a robustness check we examined
if our findings for neighbourhood embeddedness are sensitive to an alternative
composition. To do this, we reconstructed the variable for neighbourhood
embeddedness by summing the responses to each of the five questions (given in table
2.1). The resultant outcome variable ranges from 1 to 30, where 1 implies low
neighbourhood embeddedness and 30 implies high neighbourhood embeddedness.
The Cronbach's alpha (a measure of internal consistency of a scale) showed that 84%
of the variance in the composite scores associated with the five items is reliable. Next,
we re-estimated the regressions for neighbourhood embeddedness with this alternative
measure and the results remained qualitatively the same (see appendix table A.6). This
shows that our findings for neighbourhood embeddedness are not driven by the

compositional technique.

12 The z-test confirms that these coefficients are significantly different from each other. To test whether the
difference in coefficients is statistically significant, we employ the standard z statistics Z = (b; —
bz)/\/(SE(bl))2 + (SE(b3))?, which was proposed by Clogg et al. (1995) and Paternoster et al. (1998) and this
statistic is valid for large sample size.
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Table 2.3. Differences in neighbourhood embeddedness and social network size between immigrants and natives;
Based on correlated random effects estimations

Neighbourhood Embeddedness Social Network Size
) 0]
A. Immigrants — Native (ref.)
Immigrants -0.042*** -0.582***
(0.010) (0.037)
Standardised coefficient -0.056*** -0.211%**
(0.013) (0.013)

B. Immigrants by Ethnic Group — Native (ref.)

Non-white Immigrants -0.005 -0.710***
(0.012) (0.043)

Standardised coefficient -0.007 -0.258***
(0.016) (0.016)

White Immigrants -0.116*** -0.322%**
(0.017) (0.063)

Standardised coefficient -0.154*** -0.117***
(0.023) (0.023)

C. Immigrants by Length of Stay — Native (ref.)

0-10 Years -0.055*** -0.712%**
(0.017) (0.062)
Standardised coefficient -0.072%** -0.258***
(0.022) (0.022)
11-20 Years -0.043*** -0.641***
(0.016) (0.055)
Standardised coefficient -0.057*** -0.233***
(0.021) (0.020)
21-41 Years -0.031** -0.423***
(0.016) (0.057)
Standardised coefficient -0.041** -0.153***
(0.021) (0.021)
Socio-demographic controls Yes Yes
Means of time-varying variables Yes Yes
Wave Dummies Yes Yes
Observations 87,002 87,002
Number of persons 45,096 45,096

Notes: Panels A - C provide results from separate regressions. Full estimates can be found in appendix Tables A.3 to A.5. The
socio-demographic variables include gender, age, marital status, education, household income, household size and number of
children. Robust standard errors in parentheses; ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,
respectively.
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Social Network Size

The social network size, as measured by the number of friendships other than family
members, enables us to understand immigrants' social integration beyond the local
community and family members. Column 2 of Table 2.3 (panel A) provides the results
for social network size, where immigrants have, on average, 0.58 smaller social
networks than natives (21% of a standard deviation). Next in panel B, we observe that
non-white immigrants have 0.71 smaller social networks (26% of a standard
deviation), while white immigrants have a 0.32 smaller social network (12% of a
standard deviation) than natives.’* These findings suggest that, in contrast to
neighbourhood embeddedness, the gap in social network size between immigrants and
natives is much more substantial and driven by the smaller social networks of non-
white immigrants. A possible explanation could be that non-white immigrants may
socialise less due to host country language barriers (Bauer et al., 2005; Barry and
Miller, 2005) and sometimes discrimination (Heckmann and Bosswick, 2006;
Vervoort, 2012).

The results for the relationship between the length of stay and social network
size in panel C show that immigrants that have stayed for 0-10 years have 0.71 smaller
social networks, while those that have stayed for 11-20 and 21-41 years have about
0.64 and 0.42 smaller social networks than natives®*, respectively. Our findings align
with studies that show the longer length of stay is positively associated with social
networking because it allows immigrants more time to establish social networks and
become as integrated into the society as natives (Depalo et al., 2006; Schnell et al.,
2012; Saggar et al., 2012).

One of the limitations highlighted in section 2.3.1 regarding the measure of
social network size is that immigrants might be reporting their friendships outside the
UK. While we do not have an alternative measure to check for this, it is plausible that
the smaller network gaps between immigrants and natives for groups with longer

lengths of stay suggests friendships/networks that are probably established within the

13 We computed the z-test and confirm that the coefficients for white and non-white immigrants are statistically
different from each other.
14 The z-test shows the coefficients for length of stay are statistically different from each other.
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UK overtime. Thus, lending some support to social network size as a credible measure

of social integration.

Our findings for socio-demographic controls are in line with previous studies
as individuals with low educational qualifications, higher age, larger households, and
more children tend to have a smaller social network size, while higher household
income is associated with larger social networks (see appendix Tables A.3 to A.5 for
full results) (Berger et al., 2005, Remennick, 2004; Cook et al., 2011; Danzer, 2011,
Wessendorf and Phillimore, 2019).

Community Involvement

Community involvement, as captured by volunteering and charitable behaviour,
allows us to look beyond the social networks and gain insight into immigrants’
engagement and exposure to the host country's culture, social norms and values
(Handy and Greenspan, 2009; Phillimore, 2012; Baert and Vujic, 2016). Table 2.4
presents the results (i.e., marginal effects) from CRE logit models for volunteering in
column 1 and charitable behaviour in column 2. The results in panel A show that
immigrants have a 2 percentage point and 8 percentage point lower probability of
volunteering and charitable behaviour than natives, respectively. Comparing the
coefficients to the average of volunteering® and charitable behaviour!® in our sample
shows that this translates to immigrants being approximately 10% less likely to

volunteer and to have 11% lower probability of giving to charity.

The results for the differences in terms of white and non-white ethnicity of
immigrants presented in panel B show that non-white immigrants have a 3 percentage
point lower probability to volunteer (i.e., 15% of the average volunteering) and 9
percentage points lower charitable behaviour (i.e., 13% of the average charitable
behaviour) compared to natives. White immigrants are 1 percentage point less likely
to volunteer (i.e., 5% of the average volunteering) and 8 percentage points less likely

to engage in charitable behaviour (i.e., 11% of the average charitable behaviour) than

15 Average volunteering in our sample is 0.20 (20%)).
16 Average charitable behaviour in our sample is 0.72 (72%).
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natives.!” These results show that compared to natives, the likelihood of volunteering
and charitable giving is lower for non-white immigrants than for white immigrants. A
possible explanation of our findings could be given by previous studies that show that
non-white ethnic groups and immigrants tend to have limited social and economic
resources and are, therefore, less likely to spend time and money in community
involvement which might not provide immediate gains (Baert and Vujic, 2016;

Greenspan et al., 2018).

The results concerning the length of stay are presented in panel C and show
that the differences between immigrants and natives in volunteering and charitable
behaviour are smaller for immigrants who have stayed longer in the UK. Immigrants
who have stayed in the UK for 0-10 years are 4 percentage points less likely to
volunteer, while those living for 21-41 years are 2 percentage points less likely to
volunteer than natives. In column 2, we find that immigrants who stayed for 0-10 years
have a 15 percentage points lower likelihood, while those living for 11-20 years have
a 9 percentage points lower likelihood of charitable behaviour compared to natives.®
In contrast, no significant differences in charitable behaviour are found for immigrants
who have stayed for 21-41 years. A plausible explanation for our findings could be
that the longer time of stay increases the opportunities to develop a sense of civic duty
to volunteer and find financial resources to contribute through charitable behaviour
(Korinek et al., 2005; Schnell et al., 2012; Baert and Vuji¢, 2016).

Finally, the socio-demographic controls reveal that being a female, married,
and having a higher household income is positively associated with community
involvement, whereas a higher number of children in the household, larger household
size, higher age and lower education are negatively associated with community
involvement (see appendix Tables A.7 to A.9 for full results). These results align with
previous studies (Osili and Du, 2005; Handy and Greenspan, 2009; Baert and Vujic,
2016; Greenspan et al., 2018).

17 The z-test for the coefficients of volunteering and charitable behaviour shows that the coefficients for white and
non-white immigrants are statistically different from each other.

18 Coefficients are significantly different from each other as confirmed by z-test.
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Overall, our analysis for the social integration of immigrants compared to
natives reveals substantial differences in social network size, followed by charitable
behaviour, volunteering and neighbourhood embeddedness. Within immigrant groups,
we see that larger differences are observed between non-white immigrants and natives
in terms of having smaller social networks and a lower probability of volunteering and
charitable behaviour. In contrast, they appear more similar to natives in their

neighbourhood embeddedness.

Table 2.4. Differences in community involvement between immigrants and natives; Marginal effects based on
CRE logit estimations

Volunteering Charitable behaviour

@) @
A. Immigrants — Native (ref.)
Immigrants -0.023" -0.078™"
(0.004) (0.008)
B. Immigrants by Ethnic Group — Native (ref.)
Non-white Immigrants -0.028" -0.089™"
(0.005) (0.013)
White Immigrants -0.012" -0.075™"
(0.007) (0.009)
C. Immigrants by Length of Stay (MLS) — Native (ref.)
0-10 Years -0.043™" -0.146™"
(0.006) (0.014)
11-20 Years -0.007 -0.087""
(0.007) (0.012)
21-41 Years -0.020™ -0.018
(0.006) (0.011)
Socio-demographic controls Yes Yes
Means of time-varying variables Yes Yes
Wave Dummies Yes Yes
Observations 87,002 87,002
Number of persons 45,096 45,096

Notes: The table presents marginal effects obtained from correlated random effects logit models. Panels A — C
provide results from separate regressions. Full estimates can be found in the Appendix Tables A.7-A.9 for
volunteering and charitable behaviour. The socio-demographic variables include gender, age, marital status,
education, household income, household size and number of children. Robust standard errors in parentheses; ***,
** * denote statistical significance at the 1, 5, and 10 percent levels, respectively.

2.5.2 Comparing Economic Integration of Immigrants and Natives

In this section, we examine the differences in the economic integration of immigrants

and natives. Economic integration is proxied by employment status (i.e.,
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unemployment and employment), homeownership and job quality (i.e., job security

and work autonomy).

Employment Status

Employment status is considered an indicator of economic integration because it
represents access to the labour market, which is a source of income and economic
stability (Clark and Drinkwater, 2008; Cebolla-Boado et al., 2019; Manley et al.,
2019). Table 2.5 presents the results for the probabilities of unemployment and
employment in columns 1 and 2, respectively. The findings in column 1 (Panel A)
show that immigrants have a 1 percentage point higher probability of being
unemployed than natives. This corresponds to about a 25% higher likelihood of
unemployment as compared to the average unemployment of 4% of the overall
sample. Column 2 (panel A) shows that, compared to natives, immigrants have a 5
percentage point lower probability of being employed, which translates into 9% lower
employment probability amongst immigrants as compared to the average employment
of 58%.

When looking at the differences with regard to the ethnicity of immigrants in
panel B, we find that non-white immigrants have a 1 percentage point higher
probability of unemployment (i.e., 25% of the average unemployment)®® and are 10
percentage points less likely to be employed compared to natives (i.e., 17% compared
to the average employment).?® For white immigrants, in contrast, we find a 5
percentage point higher probability of employment than natives (i.e., 8% of the
average employment in our sample)?, whereas we do not observe statistically

significant differences between the two groups in terms of unemployment.

Our findings might be driven by the average difference in age between
immigrants and natives, as reported in descriptive statistics in Table 2.2. To test this,

we restrict the sample to respondents below the early retirement age of 56 years.??

19.0.01 is 25% of the average unemployment of 4% in our sample.

200.10 (or 0.098) is 17% of the average employment of 58% in our sample.

21 The white and non-white coefficients are significantly different from each other as confirmed by z-test.
2GOV.UK. 2022. Early retirement, your pension and benefits. [online] Available at: <https://www.gov.uk/early-
retirement-pension/personal-and-workplace-
pensions#:~:text=\When%20you%20can%?20take%20money,early%20because%200f%20ill%20health>
[Accessed 9 April 2022]. Results don’t change when restricting the maximum age to 64.



35

Results reported in appendix Table A.13 show that working-age white immigrants are
similar to natives in both employment and unemployment, whereas the results for non-
white immigrants confirm previous results in that this group of immigrants is
significantly more likely to be unemployed and less likely to be employed compared
to natives. A possible explanation of these findings could be that non-white
immigrants may lack host country specific educational qualifications and job skills,
resulting in lower employment and higher unemployment (Kanas and Van Tubergen,
2009; Cebolla-Boado et al., 2019). Another reason given by previous research for the
lower probability of employment and higher probability of unemployment could be
because of unfair treatment in the job market (Blackaby et al., 2002; Remennick, 2004;
Heath and Cheung, 2007; Clark and Drinkwater, 2007; Khattab and Johnston, 2013).

Table 2.5. Differences in employment, unemployment and homeownership between immigrants and natives;
Marginal effects based on CRE Logit estimations

Unemployment Employment Homeownership
@) @ (©)
A. Immigrants — Native (ref.)
Immigrants 0.007™ -0.052™" -0.253""
(0.002) (0.008) (0.052)

B. Immigrants by Ethnic Group — Native (ref.)

Non-white Immigrants 0.010™" -0.098"" -0.491™
(0.002) (0.010) (0.012)
White Immigrants 0.001 0.047" -0.093™"
(0.002) (0.013) (0.011)
C. Immigrants by Length of Stay (MLS) — Native (ref.)
0-10 Years 0.003 -0.111™ -0.428™"
(0.002) (0.015) (0.012)
11-20 Years 0.005™ -0.075™" -0.264™"
(0.002) (0.012) (0.011)
21-41 Years 0.015" 0.015 -0.115™
(0.003) (0.012) (0.012)
Socio-demographic controls Yes Yes Yes
Means of time-varying variables Yes Yes Yes
Wave Dummies Yes Yes Yes
Observations 87,002 87,002 87,002
Number of individuals 45,096 45,096 45,096

Notes: The table presents marginal effects obtained from correlated random effects logit models. Panels A - C provide
results from separate regressions. Full estimates can be found in the Appendix for unemployment and employment in
Tables A.10 - A.12. Full estimates for homeownership can be found in appendix Tables A.14 - A.16 The socio-
demographic variables include gender, age, marital status, education, and household income. Robust standard errors
in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels, respectively.
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Next, our findings for the differences in unemployment between natives and
immigrants according to their length of stay in panel C show insignificant differences
for 0-10 years of stay while immigrants that have stayed for 11-20 years and 21-41
years have 1 percentage point higher likelihood of being unemployed than natives.
When the sample is restricted to respondents aged 56 years or less, we find that
immigrants who have stayed in the UK for 0-10 years are 1 percentage point more
likely to be unemployed, and the same is true for those that have stayed for 11-20 years
and 21-41 years (see appendix Table A.13). These findings imply that immigrants
have a higher probability of unemployment than natives, regardless of their length of
stay in the UK.

For employment (in panel C), we find that immigrants who have stayed for 0-
10 years are 11 percentage points less likely to be employed, while those who have
been in the UK for 11-20 years are 8 percentage points less likely to be employed than
natives. The employment gap between immigrants and natives is insignificant for
immigrants that have stayed for 21-41 years in the UK. The results change when the
sample is restricted to the working-age population as we find that immigrants are 6
percentage points less likely to be employed as compared to natives regardless of their

length of stay in the UK (see appendix table A.13).

Our findings for the association between employment status and length of stay
contrast with previous studies, which show that a longer length of stay provides
opportunities to acquire host country qualifications, develop language skills and
establish social networks, which can help immigrants gain employment and avoid
unemployment (Clark and Drinkwater, 2008; Cebolla-Boado et al., 2019). It has to be
noted, that we are unable to study the same individuals over time and therefore some
of the differences in findings compared to previous literature could be driven by
potential differences in the samples that compose different groups of immigrants.?®

23 |t should be noted here that observed socio-economic characteristics of immigrant groups by their length of stay
studied in appendix Table A.0, show that educational qualifications vary between different groups of immigrants
according to their length of stay. Specifically, 60% of immigrants that have lived for 0-10 years in the UK have
high education degree, while 51% of those with 11-20 and 21-41 years of stay have higher education degree. Hence,
groups with longer length of stay have lower education than more recent groups of immigrants (i.e., 0-10 years of
stay). In terms of no qualifications, 6% of immigrants with 0-10 and 11-20 years of stay are without educational
qualifications while 11% of immigrants with 21-41 years have no qualifications. However, they are similar in terms
of the proportions of females (58% in each group), marital status (more than 60% are married in all groups), number
of children (approximately 2 children in each group), household size (approx. 4 members in each group), and
income levels (ranges from approx. 3200-3500 in all groups).
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The results for socio-demographic controls show that females have, on average, a
lower probability of both being employed and unemployed compared to men. Being
married, younger, better educated and having higher household income are associated
with a lower probability of unemployment and higher probability of employment (see
appendix Tables A.10 to A.12). These findings align with those observed by previous
studies (Dustmann and Fabbri, 2003; Berthoud and Blekesaune, 2007; Clark and
Drinkwater, 2008).

Homeownership

We consider homeownership as another indicator of economic integration because it
reflects an investment into a fixed asset and long-term economic success (Constant et
al., 2009; Nygaard, 2011; Magnusson and Hedman, 2014). In Table 2.5, the results for

homeownership are presented in column 3.

The findings displayed in panel A show that immigrants have a 25 percentage
point lower likelihood of homeownership than natives (34% of the average
homeownership in our sample).?* We also find that non-white immigrants (in panel B)
are 49 percentage points less likely (66% of the average homeownership), and white
immigrants are 9 percentage points less likely to achieve homeownership (12% of the
average homeownership).?> A possible explanation could be that ethnic groups have a
lower probability of homeownership because of limited access to economic
opportunities for wealth accumulation that can provide the financial power to afford
homeownership (Sinning, 2010; Andersson et al., 2010; Magnusson and Hedman,
2014).

Our findings for length of stay provided in panel C show that immigrants who
have stayed for 0-10 years are 43 percentage points less likely to have homeownership,
while those that have stayed for 11-20 and 21-41 years are 26 and 12 percentage points
less likely to have homeownership compared to natives.?®A plausible reasoning for
these results could be that a longer stay allows more time to take part in economic

activities that may provide financial means for homeownership (Friedman and

24 Average homeownership is 0.74 (or 74%).
%5 The coefficients are significantly different from each other as shown by the z-test.
26 7-test confirms that the coefficients for length of stay are significantly different from each other.
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Rosenbaum, 2004; Magnusson and Hedman, 2014). Another explanation could be that
homeownership represents a commitment to remain in the host country, in which case
immigrants who plan to remain for longer in the UK tend to invest towards
homeownership (Constant et al., 2009; Nygaard, 2011; Gobillon and Solignac, 2015).
Finally, the results for socio-demographic controls show that being married, older,
having higher levels of education and having a higher income are associated with a
higher probability of homeownership, whereas women tend to have a lower
probability of homeownership (see appendix A14-A16) (Constant et al., 2009;
Sinning, 2010; Nygaard, 2011; Magnusson and Hedman, 2014)

Job quality/Quality of work

Studies show that the quality of work, both in terms of perceived measures of job
security and work autonomy, has implications for the economic stability of employed
individuals and, therefore, their economic integration (Potter and Hamilton, 2014;
Scott, 2017; Liu et al., 2019). We consider the quality of work as an indicator of

economic integration that is applicable for only employed individuals.

Table 2.6 provides the results for our subjective measures of job security and
work autonomy as independent variables. Findings presented in columns 1 and 2
(Panel A) show that immigrants have a 2 percentage points lower job security (i.e.,
2% of the average job security in our sample)?” and 0.16 points lower work autonomy

than natives (4% of a standard deviation in this variable).

With regards to ethnicity of immigrants (panel B), we find that white
immigrants are similar to natives in terms of both job security and work autonomy. In
contrast, non-white immigrants report 3 percentage points lower job security (i.e., 3%
of the average) and 0.34 points (8% of a standard deviation) lower work autonomy
than natives.?® Some plausible reasons for our findings could be that non-white
immigrants may be lacking host country specific educational qualifications, language

skills or experiencing discrimination in the labour market that may prevent access to

27 Average job security is 0.91 (or 91%) in our sample.
28 The white/non-white coefficients are significantly different from each other according to the by z-test.
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secure and autonomous jobs (Raijman et al., 2003; Burgard et al., 2009; Landsbergis
etal., 2014; Scott, 2017).

Next, we examine the gaps between immigrants and native in terms of job
security and work autonomy over the length of stay in panel C of Table 2.6. The results
show that job quality is independent of the length of stay as evident by the 2 percentage
points lower job security of immigrants across all the groups of length of stay while
the results for work autonomy are insignificant. This contrasts with previous studies
that show recent immigrants are more likely to have low quality work and that with a
longer length of stay, they tend to occupy better jobs as education, skills and work
experience in the host country are gained (Kaufman and Mirsky, 2004; Lehmer and
Ludsteck, 2011; Liu et al., 2019). One possible explanation for our findings could be
that immigrants are likely to experience job-related discrimination and job mismatch
irrespective of their qualifications and work experience, which might lead to insecure
jobs irrespective of their length of stay (Agudelo-Suéarez et al., 2009; Bell et al., 2013).
Another possible explanation for the different findings could be the differences in the
composition between immigrants according to their lengths of stay as we do not study

the same immigrants over time.?°

Finally, for socio-demographic controls, we find that females have lower job
quality while married respondents, older ones, those with higher education levels and
in management/professional jobs as opposed to routine types of jobs tend to have
better job quality (see appendix Tables A.17 to A.19). These results are in line with
previous studies that also control for these measures when studying work quality
(Clark, 2015; Wheatley, 2017; Liu et al., 2019; Bartling et al., 2021).

Overall, the analysis in this section shows that the disparity in economic
integration between immigrants and natives is highest in homeownership, followed by
unemployment, employment, work autonomy and job security. Substantial differences
are observed for non-white immigrants, while white immigrants appear to be as

economically integrated as natives when looking at employment status and job quality.

29 Appendix Table A.0 shows that immigrants with 0-10 years of stay are younger and more likely to have a high
education degree than those in the groups that constitute individuals with longer lengths of stay.
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Table 2.6. Differences in job quality/quality of work between immigrants and natives; Marginal effects based on
CRE logit estimations for job security and CRE estimations for work autonomy

Job Security Work Autonomy
() (2
A. Immigrants — Native (ref.)
Immigrants -0.020™" -0.165**
(0.004) (0.073)
Standardised Coefficient -0.040**
(0.018)
B. Immigrants by Ethnic Group
Non-white Immigrants -0.027" -0.338***
(0.006) (0.092)
Standardised Coefficient -0.083***
(0.022)
White Immigrants -0.004 0.136
(0.006) (0.109)
Standardised Coefficient 0.033
(0.027)
C. Immigrants by Length of Stay
0-10 Years -0.015" -0.178
(0.009) (0.125)
Standardised Coefficient -0.043
(0.031)
11-20 Years -0.028™ -0.049
(0.009) (0.115)
Standardised Coefficient -0.012
(0.028)
21-41 Years -0.026™ -0.150
(0.009) (0.136)
Standardised Coefficient -0.037
(0.033)
Socio-demographic controls Yes Yes
Means of time-varying variables Yes Yes
Wave Dummies Yes Yes
Observations 43,156 43,156
Number of persons 24,837 24,837

Notes: The table presents marginal effects obtained from correlated random effects logit model. Panels A — C report
results from separate regressions. Job security and work autonomy are only valid for employed individuals. Full estimates
can be found in the Appendix (Tables A.17-A.19). The socio-demographic controls, include gender, age, marital status,
education, occupation and household income. Robust standard errors in parentheses, ***, ** * denote statistical
significance at the 1, 5, and 10 percent levels, respectively.

2.6 Discussion and Conclusion

This paper compared the social and economic integration of immigrants to natives in
the UK as well as investigated the differences across sub-groups according to ethnicity
and length of stay. We used social network size, community involvement (as measured
by volunteering and charitable behaviour) and a unique measure of neighbourhood

embeddedness as indicators of social integration. The indicators of economic
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integration included employment, unemployment, homeownership, and quality of

work (as measured by job security and work autonomy).

The comparative analysis reveals some interesting patterns in the social and
economic integration of immigrants and natives. The analysis for social integration
shows immigrants have lower neighbourhood embeddedness than natives, but these
differences appear to be driven by the lower embeddedness of white immigrants into
the neighbourhood, as opposed to non-white immigrants. Other studies that find
similar results have established that non-white immigrants tend to engage with others
in the neighbourhood more if they are living in co-ethnic neighbourhoods (Johnston
et al., 2002; Robinson et al., 2007). Due to the lack of a measure of neighbourhood
composition, we cannot test with whom immigrants interact at the neighbourhood
level. Vervoot (2012) indicated that such differences might be important when
examining the strength of social integration because ethnic residential concentration

may reduce the probability of immigrants having strong social ties with natives.

The findings for social network size and community involvement show that
immigrants have smaller size of social networks and are less likely to volunteer and
exhibit charitable behaviour than natives, and these gaps are more substantial for non-
white immigrants than white immigrants. Our findings also uncover significant gaps
in economic integration, where immigrants have a higher likelihood of being
unemployed and a lower probability of being employed and having homeownership.
Employed immigrants are found to have less work autonomy and a lower likelihood
of job security than natives, where the gaps are more substantial for non-white
immigrants than white immigrants. These results are in line with existing research
that reports that ethnic minorities have a disadvantaged position in labour market
access and areas involving monetary investments (Osili and Du, 2005; Clark and
Drinkwater, 2008; Constant et al., 2009; Gobillon and Solignac., 2015).

In comparing the magnitudes of the effect sizes, we find that the differences in
social integration between immigrants and natives are largest in social network size,
followed by charitable behaviour, volunteering and neighbourhood embeddedness.
For economic integration, the differences between immigrants and natives are more
substantial in homeownership, followed by unemployment, employment, work

autonomy and job security. Finally, non-white immigrants tend to have a more
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disadvantaged position across the measures of social and economic integration than
white immigrants, except in the case of neighbourhood embeddedness where they are

more comparable to natives.

Further, our findings suggest that immigrants who have stayed in the UK for
longer are less different from natives in terms of neighbourhood embeddedness, social
network size, community involvement and homeownership. In contrast, the
disparities across the measures of employment status and work quality persist for
immigrants irrespective of their length of stay. This highlights that targeted
integration policies that seek to empower immigrants to avoid unemployment and
facilitate access to more secure and autonomous work might be required to improve
immigrants' employment outcomes and job quality (Weishaar, 2008; Potter and
Hamilton, 2014; Scott, 2017). Specific policy action cannot be established without
further research on the causes of disparities between the measures of social and

economic integration of immigrants and natives.

Previous studies do not recognise the multi-dimensional nature of social and
economic integration of immigrants and usually consider one or two dimensions. This
study has contributed by considering various aspects of social and economic
integration to provide a more comprehensive picture of immigrants' integration in the
UK. Moreover, the observed disparities between immigrants and natives across
various measures of social and economic integration highlight that a disadvantaged
position of immigrants along one dimension of social/economic integration does not
necessarily impede integration in other dimensions. For example, non-white
immigrants have substantively lower social networks than natives while being

strongly embedded in their neighbourhoods.

A limitation of our research in this chapter is that we have been unable to rule
out selection bias and therefore some of the estimated differences in social and
economic integration between immigrants and natives might be picking up selection
effects. An example could be the findings for charitable behaviour, as some
immigrants may choose to send money back to their home country which may limit
their disposable income that can be spent in the UK and consequently lead to lower
charitable behaviour than natives. Similarly, the propensity of non-white immigrants

to reside in larger households and have lower income levels than natives and white
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immigrants could limit their ability (and potentially their willingness) to give to
charity. The lower average household income per person in this case could then result
in the differences in composition between the two groups that drive the results instead

of a possible lack of social integration.

Another aspect of our findings that may also be due to selection bias is the
trends observed in the probability of homeownership and length of stay as individuals
with longer-term commitment to stay are more likely to invest into a fixed asset like
owning a home as compared to immigrants who plan to stay for a shorter time. If this
IS true in this case, then the estimates of length of stay would essentially be picking
up the differences in commitment to stay between various immigrant groups rather
than a possible lack of economic integration/stability. Therefore, we have been careful

in the write-up to offer plausible, though not definitive, explanations for our findings.

Finally, we believe that the social and economic integration of immigrants may
be associated with their subjective well-being. As a result, we empirically test the
association of social and economic integration with the subjective well-being of

immigrants in the UK in the next chapter.
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Chapter 3: Immigrants’ Subjective Well-being in the UK: The Role of Social
and Economic Integration

3.1 Introduction

In public opinion, immigration is often associated with an increase in well-being as
individuals usually decide to move to a new country in search of a better future
(Hendriks, 2018). However, numerous studies find that immigrants tend to report
lower subjective well-being than natives (Baltatescu, 2007; Safi, 2010; Bartram, 2011;
Gilliver et al., 2014; Arpino and de Valk, 2018; Brysten et al., 2019). The well-being
gap remains after controlling for factors such as education, income, and employment.
These studies have not considered factors including social networks, community
involvement. the quality of work and homeownership that are likely to contribute to
immigrants' evaluation of their well-being (Baert and Vujic, 2016; Wheatley, 2017,
Mazzucato et al., 2017; Wessendorf and Phillimore, 2019). We consider all these
factors in the context of social and economic integration of immigrants and study their

role in explaining the well-being gap between immigrants and natives.

While previous studies have been important in highlighting the differences in
well-being, and social/economic integration of immigrants (Baltatescu, 2005; Safi,
2010; Bartram, 2011; Gilliver et al., 2014; Arpino and de Valk, 2018; Brysten et al.,
2019), they have relied on cross-sectional survey data and qualitative analysis, which
has limitations associated with interpretation as findings may be confounded by
individual characteristics such as personality traits. In this chapter, we contribute by
using the same UKHLS panel dataset as in Chapter 2. This allows us to take into
account the variation in respondents' answers over time and control for time-invariant
unobserved individual heterogeneity (that is, take into account personality traits). This
dataset enables us to study two alternative measures of subjective well-being, the
evaluative measures labelled as life satisfaction and mental health, while also probing
for differences between natives and immigrant groups according to white/non-white
ethnicity and length of stay. We proxy economic integration by employment status,
homeownership, and job quality as measured by job security and work autonomy.
Social integration is measured by social network size, community involvement such

as volunteering and charitable behaviour, and a composite measure of the level of
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neighbourhood embeddedness that captures social interactions, trust, and a sense of

attachment to the neighbourhood.

Our study finds a substantial gap in the life satisfaction and mental health
between immigrants and natives, where immigrants have lower life satisfaction and
mental health compared to natives. These well-being gaps appear to be more
substantial for non-white immigrants than white immigrants and those that have longer
length of stay in the UK. Some of the well-being gaps can be explained by the lower
levels of social and economic integration of immigrants compared to natives, however

a substantial gap remains unexplained.

The remainder of the paper is structured as follows. Section 3.2 provides a
literature review of previous research on immigrants' subjective well-being and social
and economic integration. Section 3.3 introduces the source of data, construction of
the key variables in the analysis and some discussion of summary statistics. Section
3.4 discusses the methodology used. Section 3.5 will present the results and
interpretation of these results. Finally, section 3.6 provides a discussion and

conclusion with some policy implications.

3.2 Literature Review

There is growing interest from both a research and policy perspective in investigating
the factors that might be associated with the subjective well-being of immigrants.
Commonly using life satisfaction as a measure of subjective well-being, studies show
that immigrants are likely to have lower life satisfaction than natives (Baltatescu,
2007; Safi, 2010; Bartram, 2011; Arpino and de Valk, 2018). Some studies use mental
health as a measure of subjective well-being and report that immigrants tend to have
worse mental health than natives (Jayaweera, 2014; Gilliver et al., 2014; Brysten et
al., 2019). In offering explanations for these findings, traditionally, studies have
focused on the psychological effect of economic integration, highlighting the higher
unemployment amongst immigrants compared to natives as a contributory factor
(Song et al., 2005; Leopold et al., 2017; Shen and Kogan, 2020). These studies have
repeatedly shown that unemployment is one of the strongest negative correlates of

well-being as it is not only associated with income loss but also with the loss of social



46

status, work friends, diminished motivation to achieve life goals and reduced self-
confidence (Sirgy et al., 2001; Song et al., 2005; Frey, 2008; Bartram, 2011).

A related but much less studied factor that might also explain immigrants' lower
subjective well-being is the quality of work, often measured by job security (Loretto
et al., 2020; Muoka and Lhussier., 2020) and autonomy at the workplace (Grénlund,
2007; Wheatly, 2017). The lack of job security may adversely influence well-being,
given the threat of unemployment in the future generates stress and anxiety about
losing economic stability (Knabe and Ratzel, 2010; Wheatley, 2017; Muoka and
Lhussier., 2020). By contrast, employment that provides people with job security
contributes positively to the subjective well-being of employees (Loretto et al., 2020).
Similarly, autonomy at the workplace has been shown to increase the life satisfaction
of employees (Thompson and Prottas, 2006; Wheatly, 2017).

Work autonomy has been found to reduce work-related stress, and work-family
conflict as flexible schedules and job controls enable workers to plan important
personal life events (Gronlund, 2007; Bryan and Sevilla, 2017). Work autonomy also
generates positive feelings and attitudes among employees, which positively impacts
subjective well-being (Galletta et al., 2011). While job security can ensure a stable
economic future, work autonomy offers work-life balance and worker empowerment
which are positively associated with well-being (Benach et al., 2014). Job security is
likely to be important for the well-being of immigrants as their migrant status implies
limited access to public funds, increased challenges in the job market, and concerns
with finding adequate accommodation (Fudge, 2011; Torres and Wallace, 2013). The
idea of the negative influence of low-quality work on subjective well-being is
supported by stress response theories that state that exposure to external stressors can
lead to severe psychological distress and disorder (Jackson et al.,2010; Slavich and
Irwin, 2014). The risk of losing employment and the lack of control over
workload/hours are common to precarious jobs. What is clear from the existing
research is that immigrants tend to occupy lower quality jobs than natives and that the

quality of work has implications for the well-being of individuals.

In addition to employment and job quality, a handful of studies have also
identified homeownership as an important aspect of the economic integration which

positively influences the subjective well-being of immigrants (Diaz-Serrano, 2009;
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Stillman and Liang, 2010; Obucina, 2013; Frank et al., 2016). Homeownership
contributes to the sense of belonging, higher social standing, and long-term economic
stability, which may positively influence the subjective well-being of immigrants
(Schellenberg and Hou, 2005; Mazzucato et al., 2017).

At a broader level, economic measures of integration are only partially capable
of capturing most aspects of life that could help explain the well-being disparity
between immigrants and natives. Therefore, some researchers stress the importance of
social aspects of life, building on the premise that going to work and earning money
does not generate happiness in all cases (Headley et al., 2008) and showing that social
networks of immigrants in the host country can be a vital source of practical and
emotional support mechanism which is necessary for well-being (Angelini et al., 2015;
Arpino and de Val, 2018; Shen and Kogan, 2020). The typical approach to study social
integration has been to use close friendships and social networks to measure social
integration (Danzer and Ulku, 2011; Cook et al., 2011; Vervoort, 2012; Angelini et
al., 2015; Arpino and de Val, 2018; Shen and Kogan, 2020). A few studies have
highlighted the importance of considering social interactions with neighbours since
well-being comparisons are generally made with acquaintances rather than family
members (Sandstrom and Dunn, 2014; Appau et al., 2019; Wessendorf and Phillimore,
2019; Hou et al., 2020). We, however, consider both as proxies of social integration

when exploring its relationship with subjective well-being.

A part of migration research also considers community involvement as an
important dimension of social integration (Osili and Du, 2005; Baert and Vujic, 2016)
that could be associated with the subjective well-being of immigrants. This strand of
research shows that there are two ways in which community involvement could be
associated with life satisfaction. First, community involvement is part and parcel of
social networks in the host community, which could be a vital source of emotional and
mental support (Handy and Greenspan, 2009; Appau et al., 2019). The second widely
accepted explanation is by Andreoni (1990), who introduced the warm-glow theory,
suggesting that civic acts of volunteering and charitable behaviour might not
necessarily be motivated by pure altruism (charity motivated by the receiver's
welfare). For instance, one might give to charity to boost self-esteem with the
empathetic joy of giving (warm glow). In light of this theory, we can consider

community organisations as an opportunity to promote one's subjective well-being.
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Therefore, we expect that the community involvement of immigrants is likely to
enhance their life satisfaction. Overall, the studies on social integration suggest that
successful integration of immigrants involves social engagement at the neighbourhood

level and more broadly in community organisations.

It has also been noted by previous studies that there is considerable
heterogeneity in the patterns of life satisfaction across immigrant groups according to
their ethnicity and length of stay. While it is consistently shown that non-white
immigrants have lower subjective well-being than natives (Oligiati et al., 2013;
Longhi, 2014; Kbnies et al., 2016; Shen and Kogan, 2020; Jaspal et al., 2020), the
results for the length of stay are mixed. Some studies show that the longer length of
stay corresponds to higher subjective well-being as there is more time to adapt to the
social/economic and cultural landscape (Angelini et al., 2015; Sand and Gruber,
2018). Others find that the longer immigrants stay in the host country, the lower is the
life satisfaction, which could be due to unrealistically high expectations that remain
unfulfilled over the years of stay or experience of discrimination (Bartram, 2010; Safi,
2010; Obucina, 2013; Yaman and Cubi-Molla, 2017).

Finally, most studies consider socio-demographic characteristics to be important
for life satisfaction, including age, gender, marital status, health, income, and
education, where being a female, married, healthy, earning higher-income, and being
educated is associated with higher levels of subjective well-being whereas age has a
U-shaped relationship (Bartram, 2013; De VVroome and Hooghe, 2014; Bobowik et al.,
2015; Knies et al., 2016). In line with these studies, we also control for these socio-
demographic characteristics.

In summary, the literature to date focuses mainly on factors that reflect
‘economic integration' (Dustmann, 1996; Korinek et al., 2005; Sinning 2010;
Greenspan et al., 2018) and much less attention is given to 'social integration'
(Sandstrom and Dunn, 2014; Arpino and de Val, 2018; Appau et al., 2019). Previous
studies often focus on one or two measures to capture immigrants' social and economic
integration (see Chapter 2, section 2.2), which offers a limited scope for understanding
the factors that might help understand the reasons for the well-being disparity between

immigrants and natives. Therefore, in this study, we examine the role of various
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aspects of immigrants' social and economic integration in explaining the well-being

disparity.

3.3 Dataset and Sample Description

We study the subjective well-being of immigrants using the United Kingdom
Household Longitudinal Study (UKHLS), a nationally representative household and
individual level panel survey.*® In line with the analysis in Chapter 2, we classify
immigrants as non-UK born individuals and natives as UK-born individuals. This
definition aligns with previous studies (Casey and Dustmann, 2010; Sinning, 2010;
Dustmann and Frattini, 2011). We also divide immigrants according to their
ethnicity3! (white and non-white) and length of stay. Social integration is proxied by
social networks size, neighbourhood embeddedness and community involvement (i.e.,
volunteering, and charitable behaviour). We use the imputed versions of the variables
for neighbourhood embeddedness and social network size (see discussion in Chapter
2, section 2.3.2). The use of imputed variables allows us to have a consistent sample
to study the role of various indicators of social and economic integration in explaining
the immigrant-native well-being gap in a stepwise regression analysis. Economic
integration is captured using employment status, job quality (i.e., job security and
work autonomy) and homeownership. A detailed discussion on the construction of

these variables is provided in Chapter 2, section 2.3.1.

The final sample consists of waves 2 (2010-2012), 6 (2014-2016) and 8 (2016-
2018). We control for several socio-demographic characteristics, which includes a
dummy for females (female=1 and male=0), marital status (unmarried=0, married=1,
divorce=2), age as a continuous variable (16 and above), health (healthy=1,
otherwise=0), educational qualifications (1= Degree/ higher degree, 2=A-levels,
3=other qualifications and 4=no qualifications), a variable for household size and net

monthly household income. The household income is logged to facilitate

30 University of Essex, Institute for Social and Economic Research (2020). Understanding Society: Waves 1-10,
2009-2019 and Harmonised BHPS: Waves 1-18, 1991-2009. [data collection]. 13th Edition. UK Data Service. SN:
6614, http://doi.org/10.5255/UKDA-SN-6614-14.

31 Our sample for non-white immigrants has 80% non-European individuals. The sample for white immigrants has
93% European immigrants. Our overall sample for European migrants is very small relative to white migrants
which increases the risk for misleading results. Therefore, we focus on the distinction between immigrants
according to their ethnicity to maximise the use of available observations.
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interpretation in approximate percentage terms (instead of monetary terms) and to
smooth out the skewed distribution. We also control for occupation when running the
regressions for employed individuals. The occupation variable has three categories

(1= routine, 2= intermediate 3= management/professional).

3.3.1 Indicators of Subjective Well-being

Our first outcome variable for subjective well-being is life satisfaction which captures
people’s self-reported assessments of the quality of their lives. This measure is well
supported by previous studies in validity and reliability (e.g., Layard, 2005; Dolan et
al., 2008). In UKHLS, individuals are asked: "How satisfied, or dissatisfied, are you
with your life overall?". Respondents can then answer this question on a Likert scale
of 1 for completely dissatisfied to 7 for completely satisfied®. Figure 3.1 displays the
distribution of life satisfaction scores which shows that approximately 60% of natives
and 50% of immigrants report high levels of life satisfaction (somewhat satisfied (6)

and completely satisfied (7)).

Natives | Immigrants

60

1 2 3 4 5 6 7
Life Satisfaction

Figure 3.1: A distribution of life satisfaction scores for immigrants and natives

Our second outcome variable for subjective well-being is mental health, which

is measured using the 12-item version of the General Health Questionnaire (GHQ-12)

32 1=Completely dissatisfied, 2=Mostly dissatisfied, 3=Somewhat dissatisfied, 4=Neither satisfied and nor
dissatisfied, 5=Somewhat satisfied, 6=Mostly satisfied and 7=Completely satisfied
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which is considered a reliable and valid measure of mental well-being (Griffith and
Jones, 2019). This measure is based on responses to 12 separate questions regarding
respondents’ ability to concentrate, overcome difficulties, make decisions, solve
problems, enjoy everyday activities, sleeplessness, feelings of usefulness, strain,
depression, confidence, self-worth, and happiness levels scored on a four-point scale.
This measure is available in the dataset as a single scale created by recoding the four-
point scale on each variable into two categories for low and high distress, and then
summing, giving a scale running from 0 to 12, with 12 representing the most distressed
state (also translated as the lowest level of subjective well-being).

We reverse coded the overall score for ease of interpretation so that a value of
12 represents the least distressed. Going forward, we label this variable as 'mental
health' and use mental well-being as a synonym. Figure 3.2 displays the distribution
of respondent’s answers on mental health (GHQ), which shows that approximately
70% of both immigrants and natives report high mental health scores with scores being

slightly higher for natives.
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Figure 3.2: A distribution of mental health scores for immigrants and natives
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3.3.2 Descriptive Statistics

Table 3.1 reports descriptive statistics for all the variables for natives and immigrants,
where immigrants are further divided according to their white and non-white ethnicity
to gain an understanding of the differences between these groups. The natives and
immigrant sample consist of 56% and 58% of females, respectively. Immigrants have
a higher percentage of married and a lower percentage of divorced individuals
compared to natives. On average, immigrants are 9 years younger, healthier, more
highly educated and have larger households. The average household incomes are
similar for immigrants and natives but given that migrant households tend to be larger
in size, this would suggest lower average individual incomes from household members
(and/or potentially a larger number of dependants). About 71% of immigrants in our
sample have lived in the UK for more than 10 years. Immigrants have lower levels of
neighbourhood embeddedness, smaller social networks and they are less likely to
volunteer and to engage in charitable behaviour than natives. Immigrants are more
likely to be employed and have a lower probability of being outside the labour market
than natives. A small percentage of immigrants and natives are unemployed, where
immigrants have a higher proportion of unemployed than natives. Immigrants also
have a lower probability of homeownership, and their jobs show lower levels of job
security and work autonomy. Immigrants report lower average life satisfaction and

mental health than natives.

The disaggregation of immigrants according to ethnicity shows that non-white
and white immigrants have similar mean age and percentage of females. Non-white
immigrants are more likely to be married and are less educated than white immigrants.
They also reside in larger households and have lower average monthly household
incomes than white immigrants. Interesting patterns emerge across the indicators of
subjective well-being, social integration, and economic integration. We observe that
non-white immigrants report lower levels of life satisfaction and worse mental health
than natives, while white immigrants are similar to natives across these measures of
subjective well-being. Non-white immigrants appear to have smaller social networks,
and are less likely to volunteer, engage in charitable behaviour, be homeowners, have
job security, and work autonomy. Finally, we observe that non-white immigrants are

more likely to be unemployed than white immigrants and native counterparts.
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Table 3.1 Descriptive statistics for the dependent and independent variables

Natives  Immigrants Diff Non-white Diff White Diff
from immigrants from immigrants from
natives natives natives
Column 1 Column 2 Column 3
Female 56% 58% 58% 60%
Relationship Status
Unmarried 40% 32% 29% 39%
Married 53% 63% 67% 56%
Divorced 7% 4% 4% 5%
Age Mean 49 40 41 40
Healthy 64% 80% 80% 79%
Education
No qualifications 11% 8% 10% 4%
GCSE/Lower 31% 21% 22% 20%
A-Level 22% 17% 17% 17%
High Degree 36% 54% 51% 59%
Net household monthly 3267 3394 3262 3647
income
Household Size 2.7 3.6 3.8 3.0
Years spent in the UK
0-10 29% 29% 28%
11-20 34% 37% 32%
21-41 37% 34% 40%
Subjective well-being
Life Satisfaction 5.26 5.12 0.14%** 5.05 0.21%** 5.26 0.000
Mental Health 10.37 10.24 0.13%** 10.17 0.20%** 10.35 0.02
Social Integration
Neighbourhood 3.29 3.17 0.12%*= 321 0.08*** 3.08 0.21%*=
Embeddedness
Social Network Size (0-10) 4.71 4.03 0.68*** 3.80 0.91%** 4.45 0.26***
Community Involvement
Volunteering 0.21 0.18 0.03*** 0.16 0.05*** 0.21 0.000
Charitable behaviour 0.73 0.65 0.09*** 0.63 0.10*** 0.67 0.06***
Economic Integration
Employment status
Employed 0.57 0.68 -0.11%*** 0.64 -0.06*** 0.77 -0.20%**
Unemployed 0.04 0.07 -0.03*** 0.07 -0.03*** 0.04 -0.01
Outside Labour Market 0.39 0.25 0.14%** 0.30 0.09%** 0.19 0.20%**
Homeownership 0.75 0.56 0.19*** 0.54 0.21*** 0.61 0.14***
Observations (waves 2,6,8) 79589 7413 4896 2518
Number of Individuals 40505 4591 3166 1425
Quality of work
Job security 0.91 0.89 0.02%** 0.88 0.03*** 0.91 0.000
Work Autonomy (1-20) 14.95 14.81 0.14%*= 14.59 0.36*** 15.17 -0.22%**
Occupation Routine 38% 40% 43% 38%
Intermediate 16% 14% 14% 16%
Management & 46% 46% 43% 46%
Professional
Observations (wave 2,6,8) 39055 4101 2540 1561
Number of Individuals 22185 2652 1713 939

The variables for job security, work autonomy and occupation are only applicable for employed individuals in the dataset. ***,
** * denote statistical significance at the 1, 5, and 10 percent levels, respectively.
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3.4 Methodology

Our analysis begins by examining how individuals' subjective well-being as measured
by their life satisfaction and mental health is associated with immigrant status and
indicators of social/economic integration. This vyields the following model
specification:

Yii = ap + ayimmigrant; + X a, + Zjo3 + 6 + Uy, (3.1)

where Y;, represents life satisfaction/mental health; immigrant; is a dummy
variable which enables us to study the difference in subjective well-being between
immigrants and natives. X;; is a vector of socio-demographic control variables (i.e.,
gender, marital status, age and age square, health, education, household size and log
of net monthly household income); Z;; is a vector representing indicators of social and
economic integration; &, are wave dummies which capture macroeconomic influences
that may impact people’s wellbeing similarly per year; u;; is the composite error term
consisting of unobserved individual effects (y;) and the idiosyncratic error term (v;;).
The panel nature of our dataset enables us to consider individual heterogeneity in that
some people may report systematically different levels of life satisfaction/mental
health, for example, due to cultural differences or a more optimistic nature (i.e.,
personality traits) over the sample years. To take this time-invariant unobserved
individual heterogeneity (also referred to as individual effect) into account without
losing the immigrant dummy estimates, we use the correlated random effects approach
recommended by Mundlak (1978), who showed that the random effects (RE) approach
approximated the estimates provided by the fixed effects approach if the means of
time-varying variables are included amongst the set of explanatory variables in the
statistical model. A limitation of CRE approach is that it only allows us to control for
the individual effect that is correlated with time variant independent variables and not
with time invariant variables (that is, immigrant dummy in this case). Therefore, there
is still a residual individual effect after controlling for the means of the time-varying
variables. Unfortunately, it is not possible for us to resolve this issue given the absence
of reliable strong instrumental variables. Future studies may locate such variables and

resolve this issue, which may be challenging.
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3.5 Regression Results

In this section, we examine the gaps in subjective well-being of immigrants and
natives as measured by life satisfaction and mental health and the role of various
indicators of social and economic integration in explaining the gaps. The analysis is
conducted in two parts. In the first part, we study if our measures of social and
economic integration can help explain the difference in well-being between natives
and immigrants (i.e., well-being gap). In the second part, we examine if job quality
(one of the measures of economic integration) can help to explain some of the well-
being gaps between employed immigrants and natives. The latter is an important
dimension to study as immigrants tend to be younger and, therefore, more active in

the labour market than natives.

3.5.1 Life Satisfaction

We present the results obtained from a correlated random effects estimation for the
differences in life satisfaction between immigrants and natives in Table 3.2. For the
sake of clarity, we do not report the means of time-varying variables as part of our
results. The coefficient of the immigrant dummy can be interpreted as the gap in life
satisfaction (or subjective well-being) between immigrants and natives. The results in
Model 1la show that, on average, immigrants have about 0.14 points lower life
satisfaction than natives. The life satisfaction gap is robust to the inclusion of
employment status and socio-demographic controls in Model 1b. Our findings are in
line with previous studies that also report immigrants to have lower subjective well-
being/life satisfaction levels than natives (Baltatescu, 2005; Safi, 2010; Bartram,
2011). The question that remains is how large is the difference in life satisfaction
between immigrants and natives? To communicate the substantiveness of our findings,
we compare the estimated differences between immigrants and natives to that of the
commonly observed negative correlates of subjective well-being, that is, divorce and
unemployment. This is in keeping with much of the previous research which suggests
that negative shocks such as divorce, unemployment or death are typically found to

have the strongest adverse effects on life satisfaction (Nordenmark, 1999; Strandh,
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2000; Kamerade and Bennett, 2018). Compared to unemployment, the adverse well-

being effects of divorce while being significant and substantive, are typically modest.

We can see in Table 3.2, (Model 1b) that being divorced is associated with 0.06
points lower life satisfaction than being married, whereas being unemployed is
associated with 0.41 points lower life satisfaction than employed. The 0.14 points
lower life satisfaction of immigrants, as reported in Table 3.2 (Model 1a and 1b),
would be equivalent to more than double the estimated well-being loss from divorce
and 34% of the estimated well-being loss from unemployment for the population as a

whole.

We use the life satisfaction gap identified in Model 1b that controls for socio-
demographic characteristics as a baseline against which we assess the extent to which
adding further measures for economic and social integration can help explain the
immigrant-native gap in life satisfaction. For example, when homeownership is
included in Model 1c, the coefficient of the immigrant dummy falls to 0.10, which
reduces the difference in life satisfaction initially attributed to immigrant status in
Model 1b by approximately 29 percent®. We observe a further decline in the well-
being gap when the measures of community involvement, social network size and
neighbourhood embeddedness are added in Models 1d, 1e and 1f, respectively.
Comparing Models 1b to 1f, we observe that the initial gap in life satisfaction between
immigrants and natives is reduced by 50% (from -0.14 to -0.07 points), which is a

substantial and statistically significant reduction.3

In addition to the information regarding well-being losses associated with
immigrant status, the regression results reported in Table 3.2 also provide insight into
the relationship of demographic characteristics and indicators of social/economic
integration with life satisfaction. The results for socio-demographic controls are in line
with previous studies and show that females, healthy individuals (i.e., without long-
standing illness/disability), and households with higher net monthly incomes are more

satisfied with life, while divorce has a negative association with life satisfaction

33 We begin by adding homeownership to the base model as it is a consistent correlate of subjective well-being
alongside employment status and should be controlled for when studying the relationship of new variables of
interest with subjective well-being.

34The difference between both the coefficient is statistically significant at the 1% level. To test whether the
difference in coefficients is statistically significant, we employ the standard z statistics Z = (b; —
b,)/V(SEb;)? + (SEb,)?, which was proposed by Paternoster et al., (1998) and this statistic is valid for large
sample sizes.
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(Bartram, 2013; De Vroome and Hooghe, 2014; Bobowik et al., 2015; Knies et al.,
2016). We also include age and age squared because age has a U-shaped relationship
with subjective well-being such that younger and older individuals have higher levels
of well-being than middle-aged (Baltatescu, 2005; Safi, 2010; Arpino and de Valk,
2018; Appau et al., 2019). We do not find a significant association between education
and life satisfaction, which is not surprising as education of an individual does not
change much over time and the significance is completely taken away by the mean of
education in the correlated random effects specification. Kéczan (2016) reported a
similar finding for education in a fixed-effects model. Next, we examine the
association of the indicators of social and economic integration with the life
satisfaction of individuals. The results in Table 3.2 show that being a homeowner is
associated with higher life satisfaction. Studies show that homeownership imparts a
sense of financial security and provides longer-term economic stability which may
positively influence one’s subjective well-being (Schellenberg and Hou, 2005;
Mazzucato et al., 2017).

Individuals who volunteer and exhibit charitable behaviour have higher life
satisfaction compared to those who do not volunteer and give to charity, respectively.
A possible reason for the positive association could be that community involvement
in terms of volunteering and charitable behaviour has been found to boost one’s self-
esteem which enhances subjective well-being (Andreoni, 1990). Another reason could
be that individuals who take part in community programmes have developed a true
sense of altruism as they feel like they are a valuable member of society, in which case
volunteering and charitable behaviour would again be well-being enhancing (Handy
and Greenspan, 2009; Appau et al., 2019). Higher neighbourhood embeddedness and
larger social networks are associated with higher life satisfaction. Studies show that
social networks, other than family can be a source of practical and emotional support
which positively influences subjective well-being (Angelini et al., 2015; Arpino and
de Val, 2018; Shen and Kogan, 2020). It is important to note here that our findings for
community involvement, neighbourhood embeddedness and social network size might
be driven by people’s characteristics that are positively associated with life
satisfaction. For example, people with higher education and income may have higher
levels of life satisfaction, and are therefore more inclined to volunteering, giving to

charity, socializing with neighbours, and building wider social networks.



58

Table 3.2. Life satisfaction gap between immigrants and natives (Correlated random effects model)

Life Satisfaction (Dependent Variable)

Model 1la Model 1b Model 1c Model 1d Model le Model 1f
Immigrants Native (ref.)
-0.140***  -0.138***  -0.100***  -0.091*** -0.083*** -0.067***
(0.020) (0.020) (0.020) (0.020) (0.019) (0.020)
Standard Coefficients  -0.094***  -0.093***  -0.072***  -0.065*** -0.059*** -0.048***
(0.014) (0.013) (0.013) (0.013) (0.013) (0.013)
Economic Integration
Employment status
Employed(ref.)
Unemployed -0.408***  -0.390***  -0.377*** -0.372%** -0.368***
(0.030) (0.030) (0.030) (0.030) (0.030)
Outside the labour market -0.014 -0.013 -0.012 -0.014 -0.015
(0.020) (0.020) (0.020) (0.020) (0.020)
Homeownership 0.093*** 0.091**= 0.069*** 0.065***
(0.020) (0.020) (0.020) (0.020)
Social Integration
Volunteering 0.049*** 0.049%*** 0.048***
(0.016) (0.016) (0.016)
Charitable behaviour 0.034** 0.034** 0.032**
(0.015) (0.015) (0.015)
Neighbourhood Embeddedness 0.104*** 0.103***
(0.011) (0.011)
Social Network Size 0.022%**
(0.003)
Socio-demographic controls
Gender Male(ref.)
Female 0.049%*** 0.045%** 0.033*** 0.012 0.015
(0.011) (0.011) (0.011) (0.011) (0.011)
Marital Status Married (ref.)
Unmarried 0.042 0.037 0.036 0.036 0.036
(0.027) (0.027) (0.027) (0.027) (0.027)
Divorced -0.061** -0.060** -0.062** -0.060** -0.063***
(0.025) (0.025) (0.025) (0.025) (0.024)
Age -0.083***  -0.075***  -0.075*** -0.075*** -0.075***
(0.005) (0.005) (0.005) (0.005) (0.005)
Age Squared 0.001*** 0.001*** 0.001*** 0.001*** 0.001***
(0.000) (0.000) (0.000) (0.000) (0.000)
Healthy 0.135%** 0.134*** 0.135*** 0.136*** 0.137***
(0.014) (0.014) (0.014) (0.014) (0.014)
Educational Qualification
Degree/High degree (ref.)
No qualifications 0.064 0.067 0.070 0.043 0.045
(0.078) (0.078) (0.078) (0.078) (0.078)
GCSE/Lower 0.007 0.002 -0.001 -0.003 -0.002
(0.051) (0.052) (0.052) (0.051) (0.051)
A-levels -0.012 -0.019 -0.017 -0.018 -0.017
(0.029) (0.029) (0.029) (0.029) (0.029)
Household Size -0.010 -0.014 -0.014 -0.014 -0.014
(0.010) (0.010) (0.010) (0.010) (0.010)
Logged Monthly Household 0.049*** 0.049%** 0.048*** 0.048*** 0.049%**
Income
(0.013) (0.013) (0.013) (0.012) (0.012)
Means of time-varying variables Yes Yes Yes Yes Yes
Wave Dummies Yes Yes Yes Yes Yes Yes
Observations 87,002 87,002 87,002 87,002 87,002 87,002
Number of persons 45,096 45,096 45,096 45,096 45,096 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,

respectively.
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Previous researchers have established that the correlates of subjective well-
being may differ between immigrants and natives (De Vroome and Hooghe, 2014;
Kuykendall et al., 2015; Knies et al., 2016; Deigo-Rosell et al., 2018). To examine
this, we interacted each of the indicators of social and economic integration with the
immigrant dummy in separate regressions. We did not find any significant interaction
effects, which implies that the relationship of the indicators of social and economic
integration with life satisfaction does not vary systematically between immigrants and

natives (see appendix Tables B.1-B.6).

We now turn to identify the differences in life satisfaction of employed
immigrants and natives and study the role of job quality in explaining the life
satisfaction gap between immigrants and natives in Table 3.3. The measures of job
quality are only applicable for employed individuals. The results in Model 2a (without
socio-demographic controls) show that employed immigrants report about 0.09 points
lower levels of life satisfaction than natives. This gap is robust to the inclusion of
socio-demographic controls in Model 2b (the baseline model)*. This life satisfaction
gap would be equivalent to one and a half times the estimated well-being losses from
divorce (-0.06)%¢ and 22% of the estimated well-being losses from unemployment (-
0.41)*". Next, we observe that the addition of job quality variables, that is, job security
and work autonomy in Model 2c, reduces the well-being gap from 0.09 to 0.07 which
is a 22% reduction. Although this is not a significant reduction, still shows that the
quality of work dimension of economic integration helps to explain some but not all
the difference in life satisfaction between employed immigrants and natives. Table 3.3
also shows that individuals with job security and higher work autonomy have higher
life satisfaction than those without job security and work autonomy, respectively.
These findings can be explained by previous studies that show job security and work
autonomy reduce job-related stress and add positively to subjective well-being
(Galletta et al., 2011; Benach et al., 2014; Slavich and Irwin, 2014).

We cannot rule out the fact that the above findings may be biased due to reverse
causality: as individuals who feel less satisfied about their overall life may be allocated

into more insecure and less autonomous jobs thus further worsening their subjective

35 The regression results control for occupation, the usual socio-demographic controls and indicators of social and
economic integration established as significant correlates of life satisfaction in Table 3.2.

30.09 is equal to one and a half (150%) of the well-being loss of 0.06 from divorce as seen in table 3.2

37.0.09 is equal to 22% of the well-being loss of 0.41 from unemployment as seen in table 3.2
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well-being. Put another way, individuals with secure and autonomous work have
characteristics that are positively correlated with well-being (such as high levels of
education® and higher incomes®). So, the direction of causality is unclear. Further
studies may overcome this limitation by finding valid instrumental variables, which
would not affect life satisfaction directly but are highly correlated with job security
and work autonomy. For this research, the above challenge can be recognised, and the

results can be treated with caution.

Further, to examine whether the strength of these relationships with subjective
well-being vary between immigrants and natives, we added interaction terms between
our measures of job quality and immigrants’ dummy, in separate regressions. The
analysis for interaction terms yields insignificant results (See appendix Tables B.7 and
B.8), which implies that the relationship of job security and work autonomy with life

satisfaction does not vary systematically between immigrants and natives.

Table 3.3. Life satisfaction gap between employed immigrants and natives (Correlated random effects model)

Life Satisfaction (Dependent Variable)

Model 2a Model 2b Model 2¢c
Immigrants Native (ref.) -0.098*** -0.094*** -0.072%**
(0.025) (0.025) (0.025)
Standard Coefficients -0.069*** -0.063*** -0.048***
(0.017) (0.017) (0.017)
Economic Integration
Job Quality/Quality of work
Job security 0.125***
(0.026)
Work Autonomy 0.016***
(0.003)
Socio-demographic controls Yes Yes
Means of time-varying variables Yes Yes
Wave Dummies Yes Yes Yes
Observations 43,146 43,146 43,146
Number of persons 24,833 24,833 24,833

The variables for job security and work autonomy are only applicable for employed individuals. Model 2a only
includes the immigrants dummy and wave dummies. The Models 2b and 2c includes indicators of social/economic
integration including neighbourhood embeddedness, social network size, community involvement and
homeownership. Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.

38 Approximately 50% of individuals with job security have high education degree while 45% of individuals
without job security have high education degree. Approximately 50% of individuals with high work autonomy
(score of 11 and above) have high education degree while 33% of individuals with low work autonomy (score of
10 and less) have high education degree.

3 Individuals with job security and high work autonomy have higher income than those without job security and
low work autonomy, respectively. That is, average monthly personal income of individuals with job security is
£2486 while it is £2163 for individuals without job security. The average personal monthly income is £2399 for
individuals with high work autonomy while it is £1123 for individuals with low work autonomy.
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The immigrant dummy studied in Tables 3.2 and 3.3 masks heterogeneity
amongst the immigrant population. Therefore, it is modified to differentiate
immigrants according to their ethnicity (white/non-white) and length of stay in
separate regression models in Table 3.4 and 3.5. The coefficients for these variables
can be interpreted as the gap in life satisfaction between the corresponding groups and
natives as the reference group. Panel A in Table 3.4 shows that non-white immigrants
are 0.20 points less satisfied than natives in Model 3a. This gap reduces to 0.18 with
the inclusion of socio-demographic controls in Model 3b. The 0.18 well-being gap is
equivalent to three times the estimated well-being loss from divorce®®, and about 44%
of the well-being loss associated with unemployment for the population as a whole*.
At the same time, white immigrants appear more similar to natives as they have 0.05
points lower life satisfaction than natives in Model 3a, a finding that remains
unchanged after controlling for socio-demographic controls in Model 3b. The 0.05
well-being gap is slightly less than the estimated well-being loss from divorce and
about 12% of the estimated well-being losses from unemployment. These findings are
in line with previous research that indicates that non-white immigrants generally have
lower subjective well-being than white immigrants (Verkuyten, 2008; Oligiati et al.,
2013; Longhi, 2014; Knies et al., 2016; Shen and Kogan, 2020; Jaspal et al., 2020).

Next, we study if our findings hold up when we introduce the measures of
economic and social integration stepwise with Model 3b as the baseline model. It is
evident from the results presented in Model 3c to 3f that the gradual introduction of
homeownership, community involvement, and social network size resulted in the non-
white migrant and native gap falling from 0.18 to 0.11 points which shows that
approximately 40% of the life satisfaction gap can be explained by these measures of
social and economic integration.*? It should be noted that the addition of
neighbourhood embeddedness in model 3e did not have a significant influence on the
gap in life satisfaction between non-white immigrants and natives. This mainly has to
do with the fact that the non-white immigrants and natives in our sample are

comparable in neighbourhood embeddedness (see Chapter 2, section 2.5.1).

400.18 is three times (300% of) 0.06, the estimated well-being losses from divorce.

410.18 is 44% of 0.41, the estimated well-being losses from unemployment.

42 The z test confirms that the difference between the coefficients in Model 3a and 3e is statistically significant at
the 1% level
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The comparison of well-being between natives and immigrants segregated
according to their length of stay in Model 3a (panel B) suggests that immigrants that
have stayed in the UK for 0-10 years report 0.09 points lower life satisfaction than
natives. The well-being gap reduces to 0.07 with the addition of socio-demographic
controls in Model 3b. This is equivalent to almost the same well-being losses as from
divorce*® and about 17% of the estimated well-being losses from unemployment**.
The magnitude of the life satisfaction gap is higher for immigrants with a longer length
of stay in both models 3a and 3b (with socio-demographic controls). For example, in
model 1b immigrants who have stayed for 11-20 years have 0.14 points lower life
satisfaction than natives, which is equivalent to more than double the estimated well-
being loss from divorce and about 34% of the well-being losses from unemployment.
Immigrants with the length of stay between 21-41 years have 0.19 points lower life
satisfaction than natives in model 1b, which corresponds to triple the estimated well-
being loss from divorce and 46% of the estimated well-being losses from

unemployment for the population as a whole®.

One might think that the negative association is due to the higher age of
immigrants that have stayed the longest in the UK, as studies show life satisfaction
falls with increasing age (Safi, 2010; Bartram, 2013; Yaman and Cubi-Molla, 2017).
However, it should be noted that the relationship is robust to the inclusion of age and
age squared amongst the demographic controls in the regression model. In addition,
the results remain qualitatively the same when the analysis is repeated with the
working age restriction of below 64 years and by the early retirement age of 56 years
and less. Finally, the stepwise inclusion of the indicators of social and economic
integration from Model 3c onwards shows that about 50% of the life satisfaction gap
between natives and immigrants who have stayed for 11-20 years can be explained by
these factors while 21% of the gap is explained for those that have stayed for more

than 21 years.

43 Estimated well-being loss from divorce is -0.06.

44 Estimated well-being loss from unemployment is -0.41.

4 The z test confirms that the coefficients of MLS 0-10 and 11-20 are statistically different from each other and
MLS 21-41 at the 1% level of significance.
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Table 3.4. Life satisfaction gaps between natives and immigrants with immigrants disaggregated by white/non-white
ethnicity and length of stay (Correlated random effects model)

Life Satisfaction (Dependent Variable)

Model 3a  Model 3b Model 3c Model 3d Model 3e Model 3f

A. Immigrants by Ethnic Group — Native (ref.)

Non-white Immigrants  -0.199***  -0.183***  -0.142*** -0.132%** -0.137*** -0.117***
(0.025) (0.024) (0.025) (0.025) (0.024) (0.024)
Standard Coefficients 0134 -0.123***  -0.101*** -0.093*** -0.096*** -0.082***
(0.017) (0.016) (0.017) (0.017) (0.016) (0.016)
White Immigrants ~ -0.052* -0.049* -0.017 -0.009 0.024 0.031
(0.030) (0.030) (0.030) (0.030) (0.029) (0.029)
Standard Coefficients ~ 0-935* -0.033* -0.014 -0.008 0.014 0.019
(0.020) (0.020) (0.020) (0.020) (0.020) (0.020)
B. Immigrants by Length of Stay (MLS) — Native (ref.)
MLS 0-10 Years -0.093*** -0.068** -0.002 0.016 0.023 0.042
(0.032) (0.032) (0.032) (0.032) (0.032) (0.032)
Standard Coefficients -0-063*** -0.046** -0.006 0.007 0.013 0.025
(0.022) (0.022) (0.022) (0.022) (0.022) (0.022)
MLS 11-20 Years -0.159*** -0.140***  -0.098*** -0.089*** -0.084*** -0.067**
(0.030) (0.030) (0.030) (0.030) (0.029) (0.029)
Standard Coefficients -0-108*** -0.095*** ~ -0.072*** -0.065*** -0.061*** -0.049**
(0.020) (0.020) (0.020) (0.020) (0.020) (0.020)
MLS 21-41 Years -0-204%** -0.191%**  -0.177>** -0.173*** -0.162*** -0.150***
(0.032) (0.032) (0.032) (0.032) (0.031) (0.031)
Standard Coefficients -0-138*** -0.129*** ~ -0.122%** -0.119*** -0.111%** -0.103***
(0.021) (0.021) (0.021) (0.021) (0.021) (0.021)
Economic Integration
Labour market position
Employed(ref.)
Unemployed Yes Yes Yes Yes Yes
Outside the labour market Yes Yes Yes Yes Yes
Homeownership Yes Yes Yes Yes
Social Integration
Volunteering Yes Yes Yes
Charitable behaviour Yes Yes Yes
Neighbourhood Embeddedness Yes Yes
Social Network Size Yes
Socio-demographic controls Yes Yes Yes Yes Yes
Means of time-varying variables Yes Yes Yes Yes Yes
Wave Dummies Yes Yes Yes Yes Yes Yes
Observations 87,002 87,002 87,002 87,002 87,002 87,002
Number of persons 45,096 45,096 45,096 45,096 45,096 45,096

Panels A and B present results from separate regressions. The socio-demographic controls include age, gender, marital status,
education, health, household income and size. All regressions include wave fixed effect and means of time-varying variables.
Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels, respectively.

Further, in Table 3.5 we study the difference in life satisfaction of employed
immigrants and natives, with immigrants divided by their white/non-white ethnicity
in panel A and by their length of stay in panel B. Findings show that non-white
immigrants and those who have stayed for longer in the UK have lower life satisfaction
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than natives in Models 4a and 4b (with socio-demographic controls). The gaps for
white immigrants and more recently arrived immigrants (MLS 0-10 years) is
statistically insignificant. The gaps for immigrants that are non-white and have stayed
for longer in the UK fall with the addition of job security and work autonomy variables
in Model 4c, thus confirming that the differences in job quality help explain some of
the life satisfaction gap but not all.

Table 3.5. Life satisfaction gap between employed natives and immigrants, with immigrants disaggregated by
white/non-white ethnicity and length of stay (Correlated random effects model)

Life Satisfaction (Dependent Variable)

Model 4a Model 4b Model 4c
A. Immigrants by Ethnic Group — Native (ref.)
Non-white Immigrants -0.159*** -0.154*** -0.122%**
(0.032) (0.032) (0.032)
Standard Coefficients -0.108** -0.104%*x -0.082%**
(0.022) (0.021) (0.021)
white Immigrants 0.009 0.005 0.010
(0.038) (0.036) (0.035)
Standard Coefficients 0.006 0.003 0.007
(0.025) (0.024) (0.024)
B. Immigrants by Length of Stay (MLS) — Native (ref.)
MLS 0-10 Years 0.023 -0.000 0.023
(0.039) (0.039) (0.039)
Standard Coefficients 0.016 -0.000 0.016
(0.026) (0.026) (0.026)
MLS 11-20 Years -0.096** -0.087** -0.065*
(0.039) (0.038) (0.038)
Standard Coefficients -0.065** -0.059** -0.043*
(0.026) (0.026) (0.026)
MLS 21-41 Years -0.195*** -0.178*** -0.157***
(0.043) (0.041) (0.041)
Standard Coefficients -0.131%** -0.120%** -0.106™**
(0.029) (0.028) (0.027)
Economic Integration
Job Quality/Quality of work
Job Security Yes
Work Autonomy Yes
Socio-demographic controls Yes Yes
Means of time-varying variables Yes Yes
Wave Dummies Yes Yes Yes
Observations (waves 2,6,8) 43,146 43,146 43,146
Number of persons 24,833 24,833 24,833

The variables for job security and work autonomy are only applicable for employed individuals in the dataset. Panels A
and B present results from separate regressions. Model 4a only includes immigrants dummy and wave dummies. The
regression models 4b and 4c controls for age, gender, marital status, education, health, occupation, household income and
size. Regression models 4b and 4c also controls for neighbourhood embeddedness, social network size, community
involvement and homeownership. Robust standard errors in parentheses ***, ** * denote statistical significance at the
1, 5, and 10 percent levels, respectively.
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3.5.2 Mental Health/Mental Well-being

An additional measure of subjective well-being we consider is mental health. Tables
3.6 and 3.7 present the results for mental health as dependent variable. Our findings
for mental health in Table 3.6, Model 5a show that immigrants have a 0.13 points
lower mental health score than natives. This reduces to 0.11 points after the
introduction of socio-demographic controls in Model 5b, thus showing that
demographic differences help explain some of the well-being gap. Previous studies
have also reported the lower mental health of immigrants compared to natives
(Jayaweera, 2014; Gilliver et al., 2014; Brysten et al., 2019).

To communicate the substantiveness of the differences in mental health
between immigrants and natives, we compare the estimates obtained for immigrants
to those for divorce and unemployment in Table 3.6. Looking at Model 5b, we can see
that being divorced, as opposed to being married, is associated with a 0.22 points lower
mental well-being, while unemployment, as compared to employment, is associated

with a 0.98 points reduction in mental well-being.

The 0.11 points mental health gap (Model 5b) between immigrants and natives
while controlling for socio-demographic controls is equivalent to 55% of the estimated
well-being loss from divorce and 12% of the well-being loss from unemployment. The
mental health gap between natives and immigrants declines as we introduce
homeownership in Model 5c and it becomes insignificant with the addition of
community involvement in Model 5d. Thus, unlike life satisfaction, the mental health
gap between immigrants and natives in Model 5b (with socio-demographic controls)
can be broadly explained by the differences in homeownership and community
involvement. Further our findings show that homeownership, higher neighbourhood
embeddedness, larger social networks, active volunteering and being integrated into
the neighbourhood are positively associated with the mental health of individuals.
Previous studies also find that homeownership has a positive relationship with mental
health (Stillman and Liang, 2010; Mazzucato et al., 2017) and social networks and
engagement in host community improve mental well-being (Wessendorf and
Phillimore, 2019; Meng and Xue, 2020; Hou et al., 2020).
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Table 3.6. Mental Health gap between immigrants and natives (Correlated random effects model)

Mental Health (Dependent Variable)

Model 5a Model 5b Model 5¢ Model 5d Model 5e Model 5f

Immigrants Native (ref.)
-0.132***  .0.115%** -0.066* -0.064 -0.050 -0.028
(0.039) (0.039) (0.040) (0.040) (0.040) (0.040)
Standard Coefficients -0.044***  -0.038*** -0.022* -0.021 -0.017 -0.009
(0.013) (0.013) (0.013) (0.013) (0.013) (0.013)
Economic Integration
Employment Status
Employed(ref.)
Unemployed -0.982***  -0.958***  -0.960*** -0.950*** -0.944***
(0.067) (0.067) (0.067) (0.067) (0.067)
Outside the labour market -0.300***  -0.298***  -0.301*** -0.305%** -0.306™**
(0.043) (0.043) (0.043) (0.043) (0.043)
Homeownership 0.239*** 0.235*** 0.190*** 0.184***
(0.032) (0.032) (0.031) (0.031)
Social Integration
V0|unteering 0.079** 0.079** 0.078**
(0.034) (0.034) (0.034)
Charitable behaviour 0.006 0.005 0.008
(0.030) (0.030) (0.030)
Neighbourhood Embeddedness 0.184%* 0.183***
(0.023) (0.023)
Social Network Size 0.011**
(0.005)
Socio-demographic controls
Gender Male (ref.)
Female -0.393***  -0.395***  .0.397*** -0.429*** -0.424***
(0.022) (0.022) (0.023) (0.022) (0.022)
Marital Status Unmarried -0.202***  -0.190***  -0.191*** -0.190*** -0.190***
(0.059) (0.059) (0.059) (0.059) (0.059)
Divorced -0.220***  -0.206***  -0.208*** -0.205*** -0.209***
(0.077) (0.077) (0.077) (0.077) (0.076)
Age -0.081***  -0.077***  -0.076*** -0.075*** -0.075***
(0.010) (0.010) (0.010) (0.010) (0.010)
Age Squared 0.001*** 0.001*** 0.001*** 0.001*** 0.001***
(0.000) (0.000) (0.000) (0.000) (0.000)
Healthy 0.382*** 0.381*** 0.382*** 0.384*** 0.384***
(0.030) (0.031) (0.031) (0.030) (0.030)
Educational Qualification
Degree/Higher Degree (ref)
No Qualification 0.143 0.133 0.132 0.091 0.092
(0.171) (0.171) (0.171) (0.170) (0.170)
GCSE/Lower 0.154 0.137 0.135 0.130 0.131
(0.114) (0.114) (0.114) (0.114) (0.114)
A-levels 0.104 0.088 0.088 0.087 0.088
(0.064) (0.064) (0.064) (0.064) (0.064)
Household Size -0.021 -0.031 -0.031 -0.031 -0.031
(0.021) (0.021) (0.021) (0.021) (0.021)
Logged Household Income 0.072*** 0.069** 0.069*** 0.069*** 0.070***
(0.027) (0.027) (0.027) (0.027) (0.027)
Means of time-varying variables Yes Yes Yes Yes Yes
Wave Dummies Yes Yes Yes Yes Yes Yes
Observations 87,002 87,002 87,002 87,002 87,002 87,002
Number of persons 45,096 45,096 45,096 45,096 45,096 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels, respectively.
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As a further check to see if the strength of these relationships varies between
immigrants and natives, we added an interaction term between the measures of
social/economic integration and immigrant dummy, in separate regressions. The
results did not reveal significant interaction effects, showing that the association of
social and economic integration with mental health does not systematically differ

between immigrants and natives (see appendix Table B.9-B.14 for results).

In Table 3.7, we study the mental health gap between employed immigrants and
natives. In contrast to our findings for life satisfaction, we do not observe significant
differences in the mental health of employed immigrants and natives. A possible
reason could be that people with better mental health scores are more likely to be
employed (Frijters et al., 2014; Bryan et al., 2019) and thus the issue of reverse
causality in this case may bias our results (potentially towards zero). Moreover, we
find that our measures of job quality are positively associated with mental health; that
is, individuals with higher job security and work autonomy are likely to have better
mental health outcomes. Previous studies also report that higher job security and work
autonomy corresponds to better mental well-being (Jackson et al.,2010; Slavich and
Irwin, 2014). Again, we recognise that the opposite might be true as people with better
mental health may work in more secure and autonomous jobs while mentally
distressed respondents are more likely to be employed in more insecure and less
autonomous jobs. The absence of valid instruments prevents us from addressing the

issue of reverse causality.

Table 3.7. Mental health gap between employed immigrants and natives (Correlated random effects model)

Mental Health (Dependent Variable)

Model 6a Model 6b Model 6¢
Immigrants Native (ref.) 0.061 0.014 0.064
(0.048) (0.048) (0.048)
Standard Coefficients 0.021 0.005 0.021
(0.016) (0.016) (0.016)
Economic Integration
Job Quality/Quality of work
Job Security 0.051***
(0.006)
Work Autonomy 0.607***
(0.061)
Socio-demographic controls Yes Yes
Means of time-varying variables Yes Yes
Wave Dummies Yes Yes Yes
Observations 43,146 43,146 43,146
Number of persons 24,833 24,833 24,833

The variables for job security and work autonomy are only applicable for employed individuals. Model 6a only
includes the immigrant dummy and wave dummies. The controls in models 6b and 6c include age, gender, marital
status, education, health, occupation, household income and size and the indicators of social/economic integration.
Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,
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Next, we examine the differences in mental health between natives and
immigrants by ethnicity and length of stay. The results for the analysis are presented
in Table 3.8. As observed previously for life satisfaction, we find that white
immigrants and natives have similar levels of mental health (as seen in panel A), while
non-white immigrants have significantly lower mental health than natives. More
specifically, non-white immigrants have about 0.21 points lower well-being scores
than natives in Model 7a, which corresponds to 7% of a standard deviation. The well-
being gap falls to 0.18 with the addition of socio-demographic controls in Model 7b.
This is comparable to our findings in terms of life satisfaction, where the 0.18 points
lower life satisfaction of immigrants compared to natives corresponds to 12% of a
standard deviation of the life satisfaction variable. Thus, the gap in mental health is
relatively less substantial than the gap for life satisfaction between non-white

immigrants and natives.

Checking for the substantiveness of mental health gap as compared to the well-
being losses from divorce and unemployment*® shows that the 0.18 points lower
mental health of non-white immigrants compared to natives (while controlling for
socio-demographic characteristics) is equivalent to 81% of the well-being loss from

divorce and 18% of the well-being loss from unemployment.

Further, our findings show that the addition of homeownership and community
involvement variables in Models 7c and 7d, respectively, results in the smaller mental
health gap, indicating that the differences in these variables between non-white
immigrants and natives help to explain some of the well-being gap. As seen in the case
of life satisfaction, the inclusion of neighbourhood embeddedness in Model 7e results
in a larger mental health gap than before because of the higher neighbourhood
embeddedness of non-white immigrants revealed in Chapter 2 of the thesis (see section
2.5.1). Finally, the addition of social network size in Model 7f results in a significantly

smaller mental health gap than we found in previous models.

In conclusion, part of the lower mental health can be explained by the lower
levels of homeownership, community involvement and size of social networks of non-

white immigrants compared to natives. The z-test confirms that the differences in

46 As seen in table 3.6, being divorced, as opposed to being married, is associated with a 0.22 points lower mental
well-being, while unemployment, as compared to employment, is associated with a 0.98 points reduction in mental
well-being.
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coefficients in the baseline Model 7b and 7f are statistically significant at a 5%

significance level.*’

Turning to the gap in mental health with immigrants segregated by their length
of stay in panel B, we find that the longer length of stay results in a higher mental
health gap with natives. Model 7a shows that immigrants who have stayed for 0-10
years have better mental health than natives, while those who have stayed for 11-20
years and 21-41 have 0.15 and 0.34 points lower mental health than natives,
respectively. These gaps are robust to the inclusion of socio-demographic controls in
Model 7b. Thus, showing that immigrants with the longer length of stay are worse off

as the gaps are much larger for these groups of immigrants.

In Model 7b, the mental health gap of 0.13 points between immigrants that have
stayed for 11-20 years, and natives is equivalent to 60% of the well-being loss from
divorce*® and 13% of the estimated well-being losses from unemployment®®. The
mental well-being gap of 0.33 points between immigrants that have stayed for more
than 21 years, and natives is equivalent to approximately one and a half times the well-

being loss from divorce and about 34% of the well-being losses from unemployment.

The gap for immigrants that have stayed for 11-20 years can be explained by the
lower homeownership, as the addition of these variables renders the gap insignificant.
In contrast, the mental health gap identified between natives and immigrants with 21-
41 years of stay becomes slightly smaller when homeownership, community
involvement, neighbourhood embeddedness and social network size are introduced

gradually from Models 7c to 7f, respectively.

47 To test whether the difference in coefficients is statistically significant, we employ the standard z statistics Z =
(by — by)/V(SEb,)? + (SEb,)?, which was proposed by Paternoster et al., (1998) and this statistic is valid for
large sample sizes.

48 As seen in table 3.6, being divorced, as opposed to being married, is associated with a 0.22 points lower mental
well-being.

4% As seen in table 3.6, unemployment, as compared to employment, is associated with a 0.98 points reduction in
mental well-being.
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3.8. Mental Health of natives and immigrants, with immigrants disaggregated by white/non-white ethnicity and
length of stay (Correlated random effects model)

Mental Health (Dependent Variable)

Model 7a  Model 7b  Model 7¢ Model 7d Model 7e Model 7f

A. Immigrants by Ethnic Group - Native (ref.)
Non-white Immigrants -0.207***  -0.184*** -0.132***  -0,129***  -0.134***  -0.106**

(0.048)  (0.048)  (0.049) (0.049) (0.048) (0.048)
-0.069%**  -0.061***  -0.044%**  -0.043%**  .0045%**  .0.035%*
(0.016)  (0.016)  (0.016) (0.016) (0.016) (0.016)

Standard Coefficients

white Immigrants 0.018 0.021 0.065 0.066 0.115* 0.125**
(0.062) (0.062) (0.062) (0.062) (0.063) (0.063)
Standard Coefficients 0.006 0.007 0.022 0.022 0.038* 0.042**

0.021)  (0.021)  (0.021) (0.021) (0.021) (0.021)

B. Immigrants by Length of Stay (MLS) - Native (ref.)
MLS 0-10 Years ~ 0.141**  0.169***  0.261***  0.267*** 0.279*** 0.305***
(0.056) (0.056) (0.057) (0.057) (0.057) (0.057)
0.047**  0.056***  0.087***  (0.089*** 0.093*** 0.102***
(0.019) (0.019) (0.019) (0.019) (0.019) (0.019)
MLS 11-20 Years -0.144**  -0.125** -0.071 -0.069 -0.060 -0.035
(0.061) (0.061) (0.062) (0.062) (0.061) (0.061)
-0.048**  -0.042** -0.023 -0.023 -0.020 -0.012
(0.020) (0.020) (0.020) (0.021) (0.020) (0.020)
-0.335***  -0.327*** -0.310***  -0.308***  -0.290***  -0.274***
(0.068) (0.068) (0.068) (0.068) (0.067) (0.067)
-0.112***  -0.109*** -0.103***  -0.103***  -0.097***  -0.091***
(0.023) (0.023) (0.023) (0.023) (0.022) (0.022)

Standard Coefficients

Standard Coefficients

MLS 21-41 Years

Standard Coefficients

Economic Integration
Labour market position

Employed(ref.)

Unemployed Yes Yes Yes Yes Yes

Outside the labour market Yes Yes Yes Yes Yes

Homeownership Yes Yes Yes Yes

Social Integration

Volunteering Yes Yes Yes

Charitable behaviour Yes Yes Yes

Neighbourhood Embeddedness Yes Yes

Social Network Size Yes

Socio-demographic controls Yes Yes Yes Yes Yes

Means of time-varying variables Yes Yes Yes Yes Yes

Wave Dummies Yes Yes Yes Yes Yes Yes
Observations 87,002 87,002 87,002 87,002 87,002 87,002
Number of persons 45,096 45,096 45,096 45,096 45,096 45,096

Panels A and B present results from separate regressions. The socio-demographic controls include age, gender, marital
status, education, health, household income and size. Robust standard errors in parentheses ***, ** * denote statistical
significance at the 1, 5, and 10 percent levels, respectively.
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Further analysis for employed individuals in Table 3.9 does not reveal any
significant gaps in the mental health between employed natives and white/non-white
immigrants. We also do not observe significant gaps concerning the length of stay of
immigrants. For our purposes, the important point to note is that we see the same
patterns when it comes to the relationship of the indicators of social and economic
integration and our measures of subjective well-being (i.e., life satisfaction in section

3.5.1 and mental health in this section) that align with existing research.

3.9. Mental Health of employed natives and immigrants, with immigrants disaggregated by white/non-white
ethnicity and length of stay (Correlated random effects model)

Mental Health (Dependent Variable)

Model 8a Model 8b Model 8c
A. Immigrants by Ethnic Group - Native (ref.)
Non-white Immigrants 0.055 -0.036 0.037
(0.059) (0.060) (0.059)
white Immigrants 0.074 0.095 0.108
(0.075) (0.074) (0.073)
B. Immigrants by Length of Stay (MLS) - Native (ref.)

MLS 0-10 Years 0.303*** 0.253*** 0.304***
(0.066) (0.068) (0.068)
MLS 11-20 Years -0.012 -0.055 -0.005
(0.075) (0.075) (0.074)
MLS 21-41 Years -0.078 -0.116 -0.068
(0.084) (0.083) (0.081)

Economic Integration
Job Quality/Quality of Work

Job Security Yes
Work Yes
Autonomy

Socio-demographic controls Yes Yes

Means of time-varying variables Yes Yes

Wave Dummies Yes Yes Yes
Observations 43,146 43,146 43,146
Number of persons 24,833 24,833 24,833

Panels A and B present results from separate regressions. Model 8a only includes immigrant dummy and wave
dummies. The regressions in model 8b and 8c include wave dummies and socio-demographic variables including age,
gender, marital status, education, occupation, household income and size. Regressions in model 8b and 8c also include
means of time-varying variables and the indicators of social and economic integration including neighbourhood
embeddedness, social network size, community involvement and homeownership. Robust standard errors in
parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels, respectively.

3.6 Discussion and Conclusion

This research paper set out to examine the subjective well-being of immigrants and
natives. The findings show that compared to natives, immigrants in the UK have lower

subjective well-being than natives. This is in line with several previous studies in
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Europe that report immigrants tend to have lower levels of subjective well-being than
natives (Baltatescu, 2007; Safi, 2010; Bartram, 2011; De Vroome and Hooghe, 2014;
Arpino and de Valk, 2018). The disaggregation of immigrants by ethnicity revealed
that compared to natives, non-white immigrants have lower life satisfaction and
mental health than white immigrants. A plausible explanation for these findings could
be the so-called double disadvantage, that is, the experience of discrimination and
unfair treatment both because of immigrant status and belonging to an ethnic minority
group in the host country (Raijman and Semyonov, 1997; Knies et al., 2016; Liu et al.,
2019; Shen and Kogan, 2020). These findings have implications for policy evaluation
as the effectiveness of well-being policies is likely to vary depending upon the ethnic
composition of target immigrant population. Hence research on the success of policy
interventions should take ethnic composition of immigrants into account (Ager and
Strang, 2008; Craig, 2015).

Additionally, the classification of immigrants by length of stay in the UK
showed that the subjective well-being gap is more pronounced for immigrants who
have stayed for more than 10 years. A possible reason for the larger gap in subjective
well-being with the length of stay could be the unrealistically high expectations of
immigrants regarding their life after migration to the host country, which is likely to
lead to psychological distress if these expectations are not fulfilled (Baltatescu, 2007;
Bartram, 2011; Obucina, 2013). A plausible explanation of this could also be that
immigrants report higher well-being in the early years of arriving in the host country
as they compare their new life with their country of origin; however, as the length of
stay increases, they stop comparing their life with their country of origin and begin
comparing it to the life of others in the host country (Hendriks and Bartram, 2016;
2019). The relative adversity they face could then explain their lower well-being over
time. Another reason could be that the longer immigrants stay in the host country, the
higher is the probability of their experiencing discrimination in the receiving society,
which has a psychological cost on their well-being (Safi, 2010).

Our findings show that the indicators of economic integration, in particular
homeownership and measures of the quality of work, are positively associated with
subjective well-being and the less privileged position of immigrants across these
measures compared to natives can partially account for some of the observed well-

being disparities in subjective well-being between immigrants and natives. The results
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for the indicators of social integration highlight that social network size,
neighbourhood embeddedness and community involvement are positively correlated
with subjective well-being and also contribute to explaining some of the well-being
disparities. An implication of these findings is that policies aimed at improving the
well-being of immigrants should focus on promoting various dimensions of social and
economic integration such as facilitating community involvement and access to more
secure jobs to minimise the well-being gaps between immigrants and natives.
However, it is difficult to recommend precise policy interventions as further research
IS required to assess the determinants of social and economic integration| of

immigrants.

Furthermore, our analysis also reveals insignificant interaction effects between
our measures of social/economic integration and migration status, implying that the
relationship of these variables with subjective well-being does not vary between
immigrants and natives. This is in contrast to studies that suggest that social and
economic factors have a stronger relationship with immigrants' subjective well-being
than natives (Bartram, 2013; Oligiati et al., 2013).

We conclude by noting that this research highlights homeownership, job
security, work autonomy, neighbourhood embeddedness, community involvement
and social networks as important factors that are positively associated with
immigrants' subjective well-being. In many cases, we would expect that based on prior
literature (see section 3.2) these variables have a positive association with the
subjective well-being of immigrants, but we recognise that this does not imply a causal
relationship. Future work may further probe the impact of these variables by
identifying suitable instrumental variables or other quasi-experimental techniques,
albeit the identification of such instruments will be challenging. The reported findings
are interpreted as estimates of the direction and the strength of associations between
the variables rather than causal effects. Nevertheless, as they stand, the results provide

important pointers on the well-being gaps between immigrants and natives.
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Chapter 4: The Immigrant-Native gap in Subjective Well-being during Covid-
19: The Role of Social Integration

4.1 Introduction

In the previous chapter, we established a significant gap in subjective well-being
between immigrants and natives. Recent studies on the impact of Covid-19 show that
this gap has been magnified by the Covid-19 pandemic in the UK (Routen et al., 2021,
Hu, 2020; Proto and Quintana-Domeque, 2021). Amongst the reasons for the observed
overall decline in well-being is the increasing loneliness due to self-isolation and the
shift to working from home (Killgore et al., 2020; Hu, 2020; Fetzer et al., 2021). We
use the Covid-19 pandemic as a quasi-experiment to examine how factors representing
social integration can potentially mitigate the adverse impact of an unexpected
exogenous shock on well-being and whether there are differences by immigrant status.
Identifying these factors is critically important, as they can inform policies aimed at
enhancing resilience and maintaining well-being in society (PeConga et al., 2020;
Habersaat et al., 2020; Johnston et al., 2021).

This chapter seeks to add to the current understanding of the impact of Covid-
19. Firstly, it examines whether the pandemic has had an unequal impact on the
subjective well-being of immigrants and natives in the UK. Secondly, it examines if
pre-pandemic levels of social integration have played a role in mitigating the impact
of the pandemic on the well-being of immigrants and natives. Because social support
mechanisms are important in challenging times (Hawryluck et al., 2004), it is likely
that the levels of social integration before the pandemic are rendered more significant

for the well-being of individuals during the pandemic.

The empirical analysis uses the latest wave of the Understanding Society main-
stage survey before the pandemic together with the Covid-19 survey, both conducted
for the same individuals. We operationalise social integration using the same measures
developed in Chapter 2. The indicators of social integration include neighbourhood
embeddedness and social network size. During the pandemic, individuals were
required to limit social activities to their homes and only interact with inner-social
circles, which likely made every-day social interactions in the neighbourhood and

close friendships more significant.
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The analysis in this chapter shows that both immigrants and natives
experienced a decline in life satisfaction during the pandemic. More importantly, we
find that immigrants have had a larger drop in life satisfaction than natives. We also
find that immigrants with lower neighbourhood embeddedness and smaller social
networks before the pandemic have experienced a larger reduction in life satisfaction
than comparable natives during the pandemic. These findings are robust to controlling
for differences in demographic characteristics and Covid-19 symptoms. We do not
find significant results for the differences between immigrants and natives regarding
mental health, which is our second measure of subjective well-being. An additional
bi-variate descriptive analysis reveals that mental health declined and followed a
similar trend for both groups. Overall, our results suggest that social integration in
terms of larger social networks and higher neighbourhood embeddedness can help to
mitigate the negative impact of sudden negative shocks on the subjective well-being

of immigrants, such as the Covid-19 outbreak.

The remainder of the paper is structured as follows: In section 4.2, we discuss
relevant literature. Section 4.3 introduces the sources of data, key variables of interest
and some discussion of summary statistics. In section 4.4, we discuss the
methodology. Section 4.5 discussed the results. Section 4.6 discusses some robustness

checks and finally section 4.7 presents the conclusion.

4.2 Literature Review

The World Health Organisation declared the Covid-19 outbreak a global pandemic in
March 2020, prompting governments worldwide to issue social distancing measures
such as the suspension of social activities and the move to working from home to
contain the spread of the infection. As a result, there was an unprecedented need for
research to understand the far-reaching consequences of the pandemic on the well-

being of individuals.

Recent studies on the subjective well-being of individuals during the Covid-19
pandemic shows that the uncertainty brought about by the global spread of the disease
and social distancing measures, including the suspension of social gatherings,
community programmes, and closure of workplaces, has resulted in a decline in the

life satisfaction and mental health (Banks and Xu, 2020; Holmes et al., 2020; Fujiwara
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et al., 2020; Fancourt et al., 2020; Routen et al., 2021; Dymecka et al., 2021). The
reduction in subjective well-being varies between individuals depending upon various
social resources; for instance, having a wider range of social networks and strong
social support mechanisms is positively associated with life satisfaction during the
pandemic (Willsher and Harrap, 2020; Bonomi et al., 2021). A general mechanism to
explain this result is that lower social networks and lack of social interactions are likely
to lead to feelings of isolation which can then decrease life satisfaction and adversely
impact mental health (Lee and Cagle, 2018; Kim et al., 2020; Clair et al., 2021).

Studies have found that ethnic minorities and immigrants have suffered a
larger decline in subjective well-being compared to their majority and native
counterparts (Routen et al., 2021; Hu, 2020; Proto and Quintana-Domeque, 2021).
These studies also show that immigrants are most likely to report struggles with the
maintenance of social support networks (La Rochelle-Coté and Uppal, 2020; Routen
et al., 2021; Nakash et al., 2021). This is primarily because immigrants tend to have
smaller friendship circles that can provide emotional support in times of crisis
(Finklestein et al., 2012; Aikawa and Kleyman., 2021).

While studies have found immigrants are more prone to facing social,
economic, and well-being costs during the Covid-19 pandemic (Routen et al., 2021,
Nakash et al., 2021; Bossavie et al., 20201 Hu, 2020; Proto and Quintana-Domeque,
2021), a gap remains in the research regarding the effects of resilience in mitigating
the negative impact of the pandemic on well-being (Van Bavel et al., 2020). A small
number of studies that consider resilience in times of crisis have mainly focused on
the role of factors such as education (Mandemakers, 2010), income (Smith et al.,
2005), religiosity (Dehejia et al., 2007; Popova, 2014), and non-cognitive skKills
(Buddelmeyer and Powdthavee, 2016). We only found one study for the UK on the
resilience of individuals during the Covid-19 pandemic by Johnston et al. (2021), who
showed that self-efficacy as defined by the confidence and belief in oneself to deal
with life challenges protected psychological distress, while income, savings, religion,
and social capital do not protect against psychological distress. Although Johnston et
al. (2021) used a similar dataset to our study (UKHLS), their analysis is limited to just
a month (April 2020) of the Covid-19 period. In contrast, we are able to consider a
longer time-period (i.e., from May 2020 to March 2021) which allows us to take into

account the changes in well-being over time. Moreover, they analyse the population
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in the UK as a whole while considering a measure of mental health (GHQ scale) to
gauge resilience, whereas we probe for differences in the impact of pandemic with
regards to migrant status and consider mental health and life satisfaction in studying

resilience in subjective well-being.

Knowledge regarding factors that can help prevent the adverse impact of life
challenges on well-being is important because studies show that high subjective well-
being correlates with lower anxiety and stress due to Covid-19 (Trzebinski et al., 2020;
Bestetal., 2021). One way to study factors that might help mitigate the adverse shocks
to well-being is to investigate the role of social resources before the pandemic in
maintaining people’s subjective well-being during the pandemic (Wanberg et al.,
2020).

Below we study the role of social integration of immigrants and natives in
maintaining their subjective well-being during Covid-19. Pre-pandemic levels of
social integration are likely to be relevant to individuals' subjective well-being during
the pandemic, as the lockdown restrictions on in-person social interactions and closure
of workplaces did not allow individuals to establish new social networks (lacobucci,
2020). Previous studies show that social networks are a source of emotional support
to cope with the stressful life events as they can help to mitigate emotional distress
(Filipp and Klauer, 1991; Greenglass, 2002; Herrero et al., 2011). Thus, it is
reasonable to assume that individuals with lower social network size and
neighbourhood embeddedness before the pandemic are likely to suffer a more
pronounced decline in subjective well-being during the pandemic. Analysing the
relationship of social factors in non-pandemic times with well-being during the
pandemic is vital in helping policymakers plan for future pandemics and other adverse

shocks.

4.3 Data and Summary Statistics

We use two high-quality large scale longitudinal datasets provided by Understanding
Society-the UK Household Longitudinal Survey (UKHLS; University of Essex,
2020). The first dataset is the mainstage survey, which was started in 2009 and collects
information from around 40,000 households in the UK (also used in Chapters 2 and 3



78

of the thesis) *°. The second dataset used is the Covid-19 longitudinal online survey®*
which started in April 2020 and collected data in monthly waves until July 2020. Later,
the data collection was changed to every two months from September 2020 onwards.
The Covid-19 survey focuses on experiences related to the Covid-19 pandemic and
collects information from the households that participated in at least one of the last

two waves of the mainstage survey (wave 9 or 10).

For this study, we combine wave 9 of the main stage survey (years 2017-2019)
with the Covid -19 survey processed in May, July, September and November of 2020,
and January and March of 2021. The datasets are well suited for exploring the well-
being levels of UK-born and non-UK born citizens (also called immigrants). The
immigrant dummy takes the value 1 for immigrants (non-UK born) and O for natives
(UK-born). We match respondents in the Covid-19 survey with their records in wave
9, the period before the pandemic, to make sure we can study the same individuals
across time periods. We drop observations with missing information on the variables
of interest described in the next section. The final sample consists of 9,932 individuals
with 8,981 natives and 951 immigrants. To capture time before and during the Covid-
19 period, we generate a Covid-19 dummy variable where wave 9 of the main survey

is coded as 0, and the waves from the Covid-19 survey are coded as 1.
4.3.1 Measures of Subjective Well-being

In line with the analysis in Chapter 3, our measures of subjective well-being are life
satisfaction and mental health. The life satisfaction variable is based on evaluating
satisfaction with overall life on a scale ranging from 1 to 7, where 1 refers to
completely dissatisfied and 7 completely satisfied. The information on life satisfaction

of individuals is recorded every two months starting from May 2020.

The mental health variable is a 12-item version of the General Health
Questionnaire (GHQ-12). The scale is based on responses to 12 separate questions

regarding respondents' ability to concentrate, overcome difficulties, capability to make

50 University of Essex, Institute for Social and Economic Research (2020). Understanding Society: Waves 1-10,

2009-2019 and Harmonised BHPS: Waves 1-18, 1991-2009. [data collection]. 13th Edition. UK Data Service. SN:
6614, http://doi.org/10.5255/UKDA-SN-6614-14.

51 University of Essex, Institute for Social and Economic Research. (2021). Understanding Society: COVID study,
2020-2021. [data collection]. 11™" Edition, UK Data Service.
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decisions about things, ability to face up to problems, enjoy everyday activities, lost
sleep over worry, and feel they play a useful part in things, constantly felt under strain,
recently feel depressed, have lost confidence, think of oneself as worthless, and feel
reasonably happy. Each question records information on a four-point scale. The
mental health variable available in the dataset is derived from the above-mentioned
questions and runs on a scale of 0 to 12, with 12 representing the most distressed state
(also translated as the lowest level of subjective well-being). We reverse coded the
overall score for ease of interpretation so that a value of 12 represents the least
distressed. We label this variable as 'mental health' in the subsequent analysis.

4.3.2 Indicators of Social Integration

The indicators of social integration include neighbourhood embeddedness and social
network size. The neighbourhood embeddedness variable ranges from 1 (least
embedded) to 5 (most embedded). The social network size variable is measured by the
number of friends and ranges from 0 (low) to 10 (high). For more information on these
variables, see Chapter 2, section 2.3.1.

All variables used in the analysis are available in wave 9. To facilitate the
analysis of the relationship of pre-pandemic social integration with well-being during
Covid-19 we carry forward the data from wave 9 of the mainstage survey to the Covid-

19 waves of data.
4.3.3 Socio-Demographic Controls

We control for demographic characteristics describing the socio-economic
background of a respondent. The data for characteristics that are not expected to
change over a short period of time is not collected in the Covid-19 survey and is
therefore extracted from the mainstage survey. The stable socio-demographic
characteristics include the variables for female (female=1 and male=0), marital status
(unmarried=0, married=1 and divorced=2), educational qualifications (Degree/
higher degree=4, A-level=3, other qualifications=2 and no qualifications=1),
household size (ranges from 1-12), and good health (no long-term illness/disability=1,
otherwise=0). We also account for age and current household income. The variables

for age and current household income are generated by combining the mainstage
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survey and Covid-19 survey information. We also control for Covid-19 symptoms by
generating a dummy that takes a value of 1 for having Covid-19 symptoms during the

pandemic and 0 otherwise.

We recognise that employment conditions are likely to change during Covid-
19; therefore, when controlling for employment status in the regression analysis, we
generate a new categorical variable for employment status. This variable combines the
information on employment status before the pandemic (wave 9) and during the
pandemic (Covid-19 data waves). We generate a categorical variable to capture
employment status. This has four categories: employment, unemployment, furloughed,

and outside the labour market.

The employment category is coded 1 for those who remained employed or
gained employment during Covid-19. The unemployment category is coded 2 and
consists of individuals who remained unemployed or became unemployed during the
pandemic. The furloughed category is coded 3 and constitutes people that were
employed before the pandemic (wave 9) but became furloughed during the Covid-19
pandemic. The final category is outside the labour market, which is coded 4 and
includes individuals who remained outside the labour market® during the pandemic.
The variable is used in the regression as a categorical variable, with employment as

the reference category.

4.3.4 Descriptive Statistics

We commence our empirical analysis with a brief discussion of some descriptive
statistics presented in Table 4.1. Immigrants and natives have comparable proportions
of females and married people in the sample. Immigrants constitute a larger part of
healthier individuals in terms of the absence of long-standing illness and disability
compared to natives. The average age in our sample is around 50, where immigrants
are, on average, 2 years younger than natives. Employment status shows that about
6% of immigrants and 7% of natives are furloughed, whereas immigrants have a
higher percentage of being either employed or unemployed than natives. Immigrants

have a higher percentage of individuals with high-education degrees and larger

52 This category includes individuals who are retired, in family care or home, full-time students, long term sick or
disabled, in government training schemes, unpaid, family business, on apprenticeship and doing something else.
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household sizes than natives. Immigrants have similar household incomes as natives
but since they live in larger households, this would suggest lower average individual
incomes from household members (and/or potentially a larger number of dependants).
Immigrants are more likely to report Covid-19 symptoms. This may reflect partly their
greater exposure to Covid-19 due to their sources of employment.

Regarding the pre-pandemic levels of social integration considered in this
chapter, we see that immigrants and natives have similar degrees of neighbourhood

embeddedness and size of social networks.

Overall, the descriptive statistics discussed above indicate that our sample in
this chapter is different from previous chapters (2 and 3) as immigrants and natives
are comparable across most socio-demographic characteristics and respondents on
average belong to older age group, which might have implications for the
generalisability of our findings. This raises a concern about sample selection, therefore
we used inverse probability weights to take into account the selection probabilities
into the study and nonresponse at each wave, including the before and during Covid-
19 survey.

The weighted descriptive statistics (see appendix C.1) are comparable to the
unweighted statistics in table 4.1 (especially, when it comes to the
similarities/differences between immigrants and natives). This shows that the specific
sample characteristics are not driven by unequal sampling probabilities of various
groups of individuals that constitute our sample. We refrain from using weights in the
final regressions to take advantage of the immigrant ethnic boost sample as otherwise
we would not have the requisite sample size of migrants (statistical power) to conduct
three-way interaction analysis credibly. We are aware that attrition could be a real
issue as individuals with lower life satisfaction are likely to drop out, and therefore

appropriate robustness checks are conducted and discussed in section 4.6.
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Table 4.1 Descriptive statistics for main variables of interest

Variables Natives Immigrants
Means/Percentages Means/Percentages
Female S7% 58%
Relationship Status Unmarried 20% 17%
Married 73% 77%
Divorced 7% 6%
Healthy (lack of long-term illness/disability) 66% 73%
Age 54 52
Educational Qualifications No qualifications 4% 6%
GCSE/Lower 25% 21%
A-Level 20% 17%
High Degree 51% 56%
Current household monthly income 3788 3991
Have Covid-19 Symptoms 3% 4%
Household Size 2 3
Employment status Employed 56% 59%
Furloughed 7% 6%
Unemployed 1% 4%
Outside labour market 36% 31%
Pre-pandemic levels of social integration
Neighbourhood Embeddedness (1-5) 3.24 3.20
Social Network Size (0-10) 4.95 4.79
Observations 23,890 2,295
Number of Individuals 8,981 951

To understand the changes in immigrants' subjective well-being, we plot the
life satisfaction and mental health scores of immigrants and natives in Figures 4.1 and
4.2. We compare bi-monthly average life satisfaction and mental health levels from
May 2020 to March 2021 with the levels before the pandemic (in wave 9): In Figure
4.1, we observe that the life satisfaction of immigrants and natives has declined, on
average, during the Covid-19 pandemic. Immigrants and natives had similar levels of
life satisfaction before the pandemic; however, differences emerged between the two
groups in that immigrants experienced a stronger decline in life satisfaction during the
pandemic than natives. We study the trends in mental health of immigrants and natives
in Figure 4.2. It shows that, on average both groups experienced a deterioration in
mental health during the Covid-19 period from May 2020 to March 2021. Unlike life
satisfaction, the mental health appears to be slightly better for immigrants than natives,
but the difference is statistically insignificant. Overall, we can say that the decline in

in the mental health remains the same for both immigrants and natives.
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Figure 4.1: The comparison of life satisfaction of immigrants and natives during and before the Covid-
19 pandemic. Before Covid-19 constitutes wave 9 of the mainstage survey covering the years 2017-
2019. The months of May 2020 to March 2021 represent the period for Covid-19.
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Figure 4.2: The comparison of mental health of immigrants and natives during and before the Covid-
19 pandemic. Before Covid-19 constitutes wave 9 of the mainstage survey covering the years 2017-

2019. The months of May 2020 to March 2021 represent the period for Covid-19.
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4.4 Methodology

We use the following equation to study the life satisfaction of immigrants and natives:

Yit = Bo + B1Cove + B,Mig; + B3Cov X Mig; + X4 + ¢ + Wit (4.1)

where Y;; represents the dependent variables (i.e., life satisfaction or mental
health), Mig; is a migrant dummy, Cov, is a dummy variable which takes the value 0
for before the pandemic (wave 9 for years 2017-2019) and 1 indicating the Covid-19
pandemic (May 2020-March 2021). Our main variable of interest is Cov; X Mig;
which denotes the interaction term. A significant interaction term would indicate that
the life satisfaction of immigrants is impacted more during the pandemic compared to
that of natives. X;, is a vector of socio-demographic controls including gender, marital
status, age/age square, health, education, and log of net household income, household
size as well as Covid-19 symptoms. &, represents wave dummies to account for
common factors that might arise due to macroeconomic influences that may impact
people similarly each wave. y;; is the composite error term consisting of unobserved

individual effects (n;) and the idiosyncratic error term (v;;).

In a second step, we examine the impact of pre-pandemic levels of social
integration, Z;,, on the well-being of immigrants and natives during the Covid-19,

compared to before Covid-19 by estimating the following specification:

Yit = Bo + B1Cov, + BoMig; + BsZig + LioB4 + BsCovy X BeMig; X B7Z;
+ XiBg + 6 + Wit (4.2)

where I;¢ is a vector of the remaining two-way interaction terms between the
immigrant and Covid-19 dummies, the immigrant dummy and the social integration
variable, and the Covid-19 dummy and the social integration variable under
investigation. Cov ;; X Mig;; X Z;, represents the three-way interaction term that
allows us to study whether the pre-pandemic levels of social integration
(Z;0) moderate the adverse effect of the Covid-19 pandemic (Cov;) on subjective well-
being of immigrants (Mig;). A significant interaction term would imply that the

indicator of social integration under examination moderates the decline in life
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satisfaction of immigrants during Covid-19 over and above that of natives. Equations
(4.1) and (4.2) are estimated using a correlated random effects approach (see Chapter
2, section 2.4 for more discussion). The correlated random effects approach allows us
to control for time-invariant unobserved heterogeneity in life satisfaction/mental

health between individuals.

4.5 Results

The empirical analysis is conducted in two stages. In the first stage, we examine
whether there is a differential decline in life satisfaction and mental health for
immigrants during the Covid-19 pandemic using equation (4.1). In the second stage,
we study whether higher pre-pandemic levels of social integration play a role in
moderating the declines in life satisfaction and mental health during Covid-19 using
equation (4.2). We discuss our findings for life satisfaction in section 4.5.1 and mental
health in section 4.5.2.

4.5.1 Life Satisfaction during Covid-19

The results of our examination of the differential impact of the pandemic on the life
satisfaction between natives and immigrants is presented in Table 4.2. The immigrant
dummy shows that immigrants in our sample had slightly lower life satisfaction than
natives before the pandemic (-0.05) although the result is statistically insignificant.
This result is different from previous chapter (3) mainly because samples vary given
the pre-pandemic period consists of a single wave (9) rather than multiple waves and
because some of the effect is captured by the interaction effect. The Covid-19 dummy
shows that the pandemic led to an average reduction in reported well being of 0.18
points for natives. The coefficient of our main variable of interest (the two-way
interaction term between the immigrant and Covid-19 dummy) is negative and
statistically significant (8 = -0.13, p < 0.05). It indicates that immigrants suffered an
additional negative reduction of about 0.13 units in life satisfaction during the
pandemic itself compared to natives, while controlling for the socio-demographic
characteristics as well as Covid-19 symptoms. The results for the control variables
show that being unmarried, divorced, of older age, less educated, unemployed, living

in a larger household and having Covid-19 symptoms are significantly and negatively
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associated with life satisfaction. In contrast, healthy respondents (lack of long-
standing illness and disability) tend to report significantly high levels of life

satisfaction.

Table 4.2. Comparing life satisfaction of immigrants and natives before and during Covid-19

Model 1

Migrant Dummy -0.050
(0.055)

Covid-19 Dummy -0.180***
(0.035)

Migrant Dummy x Covid-19 Dummy -0.130**
(0.066)

Socio-demographic controls
Employment Status Employed(ref.)
Unemployed -0.377***
(0.084)

Outside the labour market -0.014
(0.047)

Furloughed -0.049

(0.049)

Covid 19 Symptoms -0.089*
(0.051)

Female -0.011
(0.024)

Marital Status Unmarried -0.296***
(0.031)

Divorced -0.210%*
(0.046)

Age -0.091***
(0.017)

0.000***
(0.000)

Healthy 0.293**
(0.022)

Age Squared

Education High degree (ref.)
No qualifications -0.090
(0.062)
GCSE/Lower -0.090***
(0.030)
A level -0.043
(0.030)

(log) Current monthly Household Income 0.009
(0.010)

Household Size -0.034***
(0.011)
4,586***
(0.183)

Constant

Observations 26,185
Number of persons 9,932

Estimates were obtained from correlated random effects. Regression includes wave dummies and means of time-variant
variables. Goodness of fit tests: R-squared is 0.06 and the Wald test is significant. Robust standard errors in parentheses
*x k% * denote statistical significance at the 1, 5, and 10 percent levels, respectively.
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To gain insight into factors that might help mitigate the adverse health shocks
(such as the Covid-19 pandemic) on the subjective well-being of immigrants and
natives, we will now examine whether subjective well-being during Covid-19 depends
upon pre-pandemic levels of social integration, and if there are differences with
regards to immigrant status. We consider the indicators of social integration, including
neighbourhood embeddedness and size of social networks because recent studies show
that the impairment of social networks during the pandemic led to feelings of isolation
which negatively impacted life satisfaction (Kim et al., 2020; Clair et al., 2021). The
idea of studying pre-pandemic levels of social integration is supported by the
psychological theory of stress and trauma, which suggests that individuals with lower
levels of social resources (i.e., social integration in this context) are more vulnerable
to experiencing losses in their well-being during a time of crisis compared to those
with larger social networks (Hobfall, 1989; 2011; 2016). This theory is especially
relevant for our study in the context of the Covid-19 pandemic as individuals with
inadequate social support mechanism may have found it more difficult to deal with

the challenges of the crisis.

Pre-pandemic Levels of Social Integration, and Life Satisfaction

To examine whether the differential impact of Covid-19 on the well-being of
immigrants and natives is conditional on pre-pandemic levels of social integration, we
interact the migrant dummy and the Covid-19 dummy with the indicators of social
integration in separate regressions as represented by Equation (4.2). We supplement
our findings with a graphical illustration rather than simply looking at the sign and

significance of the interaction terms.
Neighbourhood embeddedness

We start by examining the roles of neighbourhood embeddedness. Table 4.3 presents
the results based on Equation (4.2). The interaction term between the Covid-19 and
immigrant dummy is negative, statistically significant, and large in size (-0.72) which
is in line with our baseline findings in that immigrants report significantly lower levels
of life satisfaction during the pandemic. The negative impact is slightly mitigated by
high levels of neighbourhood embeddedness of immigrants as indicated by the three-

way interaction (Migrant Dummy x Covid Dummy x NEo). The coefficient estimate
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is positive and statistically significant (8 = 0.19, p < 0.02), which indicates that high
levels of neighbourhood embeddedness mitigate the impact of Covid-19 on the life
satisfaction of immigrants more strongly as compared to natives. These results also
imply that the association of pre-pandemic neighbourhood embeddedness with life

satisfaction during Covid-19 is much stronger for immigrants than natives.

Table 4.3. The role of pre-pandemic neighbourhood embeddedness in mitigating the adverse well-being impact
of Covid-19

Life Satisfaction

Migrant Dummy 0.306
(0.232)
Covid-19 Dummy 0.038
(0.093)
Neighbourhood Embeddedness (NEo) 0.246***
(0.022)
Migrant Dummy x NEo -0.107
(0.069)
Covid-19 x NEo -0.091***
(0.024)
Covid-19 x Migrant Dummy -0.721**
(0.288)
Migrant Dummy x Covid Dummy x NEo 0.188**
(0.085)
Observations 26,185
Number of persons 9,932

The table presents the estimation obtained from correlated random effects. Regressions include socio-demographic
controls, wave dummies and means of time-variant variables which include health, age, employment status, current
household income, and covid-19 symptoms. We also control for pre-pandemic social network size. Goodness of fit
tests: R-squared is 0.07 and the Wald test is significant. Robust standard errors in parentheses ***, ** * denote
statistical significance at the 1, 5, and 10 percent levels, respectively.

Figure 4.3 presents the visual illustration of the results for the three-way
interaction effects. The lines represent the predictions for life satisfaction at various
levels of neighbourhood embeddedness before (solid line) and during Covid-19
(dashed line) based on Table 4.3. We have separated the plots for immigrants and
natives, for ease of interpretation and exposition. Looking at the graph on the left-hand
side, we can observe that natives with low pre-pandemic neighbourhood
embeddedness are as less satisfied during Covid-19 as before. In contrast, the graph
on the right-hand side shows that immigrants with low pre-pandemic neighbourhood
embeddedness undergo a significantly larger estimated reduction in life satisfaction in
response to the Covid-19 pandemic. Focusing on the upper end of the two lines in the

graphs for immigrants and natives, it is evident that natives with high neighbourhood
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embeddedness experienced a significant decline in life satisfaction during Covid-19
compared to before, thus showing the absence of mitigating effect of neighbourhood
embeddedness on their well-being. The opposite is true for immigrants, as the life
satisfaction levels of immigrants with high neighbourhood embeddedness are similar
in the two time periods. These findings indicate that social integration in terms of
neighbourhood embeddedness has played a role in mitigating the adverse impact of

Covid-19 on the well-being of immigrants alone.
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Figure 4.3: The life satisfaction of immigrants and natives depending upon their pre-
pandemic levels of neighbourhood embeddedness during Covid-19, as compared to before

Covid-19. Circles show marginal effects.

Social Network Size

In Table 4.4, we study the role of pre-pandemic social network size on the well-being
of immigrants and natives. In particular, we are interested in examining whether larger
pre-pandemic social networks can help mitigate the adverse impact of Covid-19 on
well-being. The interaction term between the Covid-19 and immigrant dummy is
negative and statistically significant (-0.36) which shows that immigrants report
significantly low levels of life satisfaction during the pandemic. The negative impact
is slightly mitigated by the larger size of social networks of immigrants as indicated
by the three-way interaction (Migrant Dummy X Covid Dummy X SNSp) which is
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positive and statistically significant (8 = 0.05, p < 0.03). In other words, the pre-
pandemic social network size is more strongly positively associated with the life

satisfaction of immigrants than natives during Covid-19.

Table 4.4. The role of pre-pandemic social networks size in mitigating the adverse well-being impact of
Covid-19

Life Satisfaction

Migrant Dummy 0.048
(0.116)
Covid-19 Dummy -0.103*
(0.061)
Social network size 0.040***
(0.006)
Migrant Dummy x Social network size -0.018
(0.021)
Covid-19x Social network size -0.031***
(0.007)
Covid-19xMigrant Dummy -0.364***
(0.132)
Migrant Dummy x Covid-19 Dummy x Social network size 0.049**
(0.023)
Observations 26,185
Number of persons 9,932

Estimates obtained from correlated random effects. Regressions include socio-demographic controls, wave
dummies and means of time-variant variables including health, age, employment status, current household
income, and covid-19 symptoms. We also control for pre-pandemic neighbourhood embeddedness. Goodness of
fit tests: R-squared is 0.08 and the Wald test is significant. Robust standard errors in parentheses ***, ** * denote
statistical significance at the 1, 5, and 10 percent levels, respectively.

Figure 4.4 illustrates the three-way interaction effect for the size of social
networks. As before, the solid line represents the predicted life satisfaction at different
sizes of social networks before Covid-19 while the dashed line portrays this

relationship during Covid-19.

Looking at the graph on the left (for natives) in figure 4.4, we observe that
natives with smaller pre-pandemic social network size have as low life satisfaction
during the pandemic as before while those with larger social network size suffered a
significant decline during Covid-19. This shows the absence of mitigating effect of
social network size for natives. When looking at the graph on the right (for

immigrants) in figure 4.4, we observe that immigrants with smaller social network size



91

suffered a significant decline in life satisfaction during Covid-19 whereas those with
larger social network size report life satisfaction levels much similar to before Covid-
19 pandemic. These findings imply that larger social network size plays a role in
mitigating the adverse impact of Covid-19 on the well-being of immigrants more than
that for natives.
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Figure 4.4: The life satisfaction of immigrants and natives depending upon their pre-
pandemic levels of social network size during Covid-19, as compared to before Covid-19.
Circles show marginal effects.

Our findings for neighbourhood embeddedness and social network size are
corroborated by existing studies that have documented that individuals with smaller
social networks and those who live in socially segregated neighbourhoods tend to
experience greater declines in well-being during the pandemic (Zheng et al., 2020;
Clair et al., 2021; La Rochelle-C6té, and Uppal 2020; Routen et al., 2021; Nakash et
al., 2021). Further research is required to find out why the high levels of pre-pandemic
neighbourhood embeddedness and large social network size protects immigrants’
subjective well-being during Covid-19 but have the opposite impact for natives. A
possible explanation could be that our findings may be driven by Covid-19 restrictions
that discouraged social interactions, resulting in natives with higher neighbourhood
embeddedness and larger social networks to feel less satisfied. The social distancing
restrictions may have also negatively impacted the life satisfaction of immigrants with

smaller social networks and lower neighbourhood embeddedness.
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4.5.2 Mental health during Covid-19

An important dimension of subjective well-being that should also be considered in the
context of Covid-19 is mental health. We begin the analysis by first analysing the
impact of the pandemic on the gap in the mental health of immigrants and natives. The
results are reported in the appendix Table C.2. The main coefficient of interest is the
interaction term between immigrant and the Covid-19 dummies. The coefficient for
the interaction term is statistically insignificant (8 = 0.12, p < 0.34), indicating that
mental health did not vary systematically between immigrants and natives during the
pandemic compared to before the Covid-19 period. This finding is not unique to this
study. Related studies by Pierce et al. (2021) and Bonoi et al. (2021), who use the same
Understanding society Covid-19 survey dataset as this study, find that the mental
health of most UK adults remained resilient or returned to the pre-Covid-19 levels
after the first lockdown in April 2020.

Next, we examine if the pre-pandemic levels of social integration help mitigate
the adverse impact of Covid-19 on the mental health of immigrants and natives. To do
this, we constructed the same three-way interactions as in previous sections between
the immigrant dummy, the Covid-19 dummy and our measures of social integration
in separate regression models with mental health as the dependent variable. The three-
way interaction analysis did not reveal any significant results (see appendix tables C.3
for neighbourhood embeddedness and C.4 for social network size), indicating that pre-
pandemic levels of social integration are not systematically related to the differences
in the mental health between immigrants and natives during the pandemic. Overall, in
this section, we find that the pandemic has impacted the mental health of immigrants
and natives similarly and that pre-pandemic levels of social integration do not play a

moderating role in the relationship.

4.6 Robustness checks

We now examine the robustness for our results for life satisfaction to selective
attrition, alternative methodological approach, and different composition of the
neighbourhood embeddedness measure. First, we explored the robustness of our

findings with regards to selective attrition, for example more satisfied individuals
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might remain in the sample while less satisfied may drop out in subsequent waves of
data. Hence, to check for the bias due to selective attrition we re-estimated our models
by restricting Covid-19 data to the first two (May and July 2020) and three waves
(May, July and September 2020) in separate regression models. The results remain
qualitatively the same (see appendix tables C5-C7), indicating that our findings are

not driven by panel/selective attrition.

Second, we tested whether our findings are driven by the methodological
approach. We repeated our analysis using fixed effects estimation which although
omits time invariant variables such as the immigrant dummy and stable socio-
demographic characteristics, gives us qualitatively the same results (available upon
request) for interaction effects, thus showing that the results are not driven by our
estimation approach.

Third, we examined if our findings for neighbourhood embeddedness are
sensitive to an alternative composition (same as the one discussed in Chapter 2, section
2.5.1 as a robustness check). The alternative outcome variable is obtained by summing
up the rows on the responses to six question variables that constitute our original
measure of neighbourhood embeddedness obtained from factor analysis. This measure
ranges from 1 (low neighbourhood embeddedness) to 30 (high neighbourhood
embeddedness). The re-estimation of the regressions for neighbourhood
embeddedness with this alternative measure yields qualitatively the same results (see
appendix table C.8), thus showing that our findings for neighbourhood embeddedness

are robust to different compositional technique.

4.7 Conclusion

This research complements existing studies on the impact of Covid-19 by exploring
how the subjective well-being of immigrants has changed compared to natives during
the pandemic. Our results suggest that the pandemic has had, on average, a stronger
negative impact on the life satisfaction of immigrants than natives. The widening well-
being inequality during Covid-19 highlights that immigrants are a more vulnerable
group during times of crisis like the Covid-19 pandemic. The analysis is further
extended to examine the role of pre-pandemic social integration in protecting or

worsening the subjective well-being of immigrants and natives during the pandemic.
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Our findings reveal that some of the negative impact of Covid-19 on the life
satisfaction is mitigated for immigrants who felt more embedded in their
neighbourhoods and had a large social network before the pandemic. In other words,
immigrants with the low neighbourhood embeddedness and small social networks
prior to the pandemic experienced a considerably larger decline in life satisfaction
during Covid-19 than natives. These findings highlight that the high levels of social
integration act as protective mechanism for the well-being of immigrants during
Covid-19. This is policy relevant as social networking and facilitating strong
neighbourhood connections can be a focus for building population resilience as a

public health measure.



95

Chapter 5 Conclusion and Future Research

5.1 Conclusion

This thesis has investigated the social and economic integration and the subjective
well-being of immigrants compared to natives. Specifically, we have looked at the
following issues: (1) differences in the social and economic integration of immigrants
and natives; (2) the role of these differences in explaining the subjective well-being
gaps between immigrants and natives; (3) the role of pre-pandemic levels of social
integration in mitigating the potential adverse impact of Covid-19 on the subjective

well-being of immigrants and natives.

The findings for social integration show that immigrants have lower
neighbourhood embeddedness, smaller social networks, and a lower likelihood of
volunteering and charitable behaviour than natives. A closer look at the differences
regarding the ethnicity of immigrants reveals that non-white immigrants are similar to
natives in terms of neighbourhood embeddedness, whereas significant differences are
observed for white immigrants. In contrast, the immigrant-native differences in the
size of social networks, volunteering, and charitable behaviour are significantly larger
for non-white immigrants than white immigrants. Significant differences are observed
for immigrants across the indicators of economic integration, in that they are more
likely to be unemployed and less likely to be employed or to be homeowners than
natives. Employed immigrants are less likely to have secure jobs and have lower work
autonomy than natives. The immigrant-native disparities across all the indicators of
economic integration are found to be larger for non-white immigrants as opposed to
white immigrants. Our results also show that immigrants who have stayed for longer
in the UK are less different from natives across the indicators of neighbourhood
embeddedness, social network size, volunteering, charitable behaviour, and

homeownership.

The assessment of subjective well-being as measured by life satisfaction and
mental health shows that immigrants have lower subjective well-being than natives.
White immigrants are comparable to natives in terms of their subjective well-being,
whereas the gaps in subjective well-being are substantial for non-white immigrants.

While the differences between immigrants, more specifically non-white immigrants,
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and natives, across the indicators of social and economic integration can help explain
some of the subjective well-being disparity, a significant part remains unexplained.
Further, the disaggregation of immigrants by their length of stay shows that those with
the longest length of stay have lower subjective well-being, and the gaps remain robust

once controls for social and economic integration are added.

The examination of subjective well-being during Covid-19 shows that
immigrants suffered a larger decline in life satisfaction than natives. We do not
observe differences between immigrants and natives in the impact of Covid-19 on
subjective well-being in terms of mental health; however, we do observe a general
decline in mental health for both groups during the Covid-19 pandemic. The analysis
for pre-pandemic levels of social integration reveals that neighbourhood
embeddedness and social network size have a stronger association with the life
satisfaction of immigrants than natives during Covid-19, as compared to before. This
suggests that high levels of social integration have mitigated the negative impact of

Covid-19 on the subjective well-being of immigrants during the pandemic.

In summary, the thesis shows that immigrants, and specifically non-white
immigrants, fare less well across all the indicators of social and economic integration
compared to natives except in the case of neighbourhood embeddedness. We have also
established that social and economic integration is positively associated with the
subjective well-being of immigrants and natives, and the gaps between the two groups
across these measures could help to explain some but not the entire gap in subjective
well-being between immigrants and natives. Finally, social integration plays an
important role in mitigating the adverse impact of Covid-19 on the life satisfaction of

immigrants.

5.2 Main Contributions

The main contributions of the thesis are as follows:

The research work in Chapter 2 contributes to existing research by building a
representative picture of immigrants’ integration in the UK. It uses multiple indicators
to capture social and economic integration rather than the usual singular approach to
studying the concept. In addition, we introduce a unique measure of neighbourhood

embeddedness to study social integration that is composed of immigrants’ sense of
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belongingness, trust, attachment, and social interactions in the neighbourhood.
Existing research has not considered such a composite measure of neighbourhood
embeddedness to the best of our knowledge. The advantage of such a measure is that
it allows us to study 'meaningful social contacts' where people get to know each other
well enough to move beyond superficial interactions and develop feelings of trust and
reciprocity rather than mere superficial interactions when studying social integration
(Hewton, 2009).

The empirical analysis in Chapter 3 contributes to knowledge regarding factors
that might help to explain the subjective well-being gaps between immigrants and
natives. The analysis highlights that the lower levels of neighbourhood embeddedness,
social network size, community involvement, homeownership, job security and work
autonomy of immigrants compared to natives can help explain some of the subjective

well-being gap.

Our investigation in Chapter 4 adds to the empirical evidence on the impact of
Covid-19 on the subjective well-being of immigrants and natives. Additionally, we
use Covid-19 as a quasi-experiment that allows us to understand how social integration
can help protect the life satisfaction and mental health of individuals against some of
the adverse effects of an exogenous shock. Our findings complement studies in
confirming that immigrants have suffered a larger decline in life satisfaction (Routen
et al., 2021; Hu, 2020; Proto and Quintana-Domeque, 2021). A novel contribution of
our research in this chapter is in highlighting the significance of social integration,
specifically in terms of neighbourhood embeddedness and social networks, for the life

satisfaction of immigrants during times of crisis.

Overall, the thesis contributes to research on the well-being and integration of
immigrants by adding new evidence for the UK. To the best of our knowledge, this is
the only research work that considers the integration of immigrants into various
aspects of social and economic life simultaneously. It also uniquely contributes by
showing that social integration could be a vital source of resilience and aid in
mitigating the adverse impact of challenging times like the Covid-19 pandemic on

subjective well-being.
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5.3 Implications

The research work presented in this thesis does not allow us to provide concrete policy
recommendations without making recourse to causal analysis. However, our analysis

offers some important policy implications.

Our research work in Chapter 2 shows that immigrants have lower levels of
employment, job security and work autonomy compared to natives and that these
disparities persist irrespective of their length of stay. This suggests the need for
targeted integration policies to enable immigrants to avoid unemployment and gain
more secure and autonomous work, for instance by providing subsidised skills
trainings. However, further labour market research is required to assess the cause of

above results and to develop more precise policies.

The empirical analysis in Chapter 3 shows that the lower levels of social and
economic integration of immigrants compared to natives can help explain some of the
well-being gaps between the two groups. These findings can guide policy makers that
seek to improve the subjective well-being of individuals as various aspects of social
and economic integration such as homeownership, community involvement and job
security could be promoted to enhance immigrants’ subjective well-being and bridge
some of the well-being gap between immigrants and natives. The lack of causal
evidence makes it difficult to provide concrete policy recommendations. Therefore,
further research is required to establish the determinants of each of these aspects of

social and economic integration. This could then better inform policy advice.

Next, the heterogeneity observed between the gaps in subjective well-being and
social/economic integration for white/non-white immigrant groups compared to
natives in Chapters 2 and 3 has implications for policy evaluation. That is, the research
on the success and effectiveness of integration and well-being policies should take
ethnic composition of immigrants into account (Council of the EU, 2004; Ager and
Strang, 2008; Craig, 2015).

Finally, an important finding in Chapter 4 is that neighbourhood embeddedness
and social network size might help mitigate the adverse impact of Covid-19 on the

subjective well-being of immigrants. This suggests that policies concerned with
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building population resilience and aiding vulnerable communities should place

emphasise on social connectedness in the neighbourhood as a public health measure.

5.4 Limitations and Future Research

In the first research paper (Chapter 2), we could not control for neighbourhood
composition due to lack of data availability when studying neighbourhood
embeddedness. We suggest that future research considers the ethnic composition of
the neighbourhood to better understand the extent of social integration. Our dataset
also does not allow us to confirm if our measure of social network size captures the
number of friends inside the UK and not at an international level. Future studies may

overcome this limitation given the availability of appropriate dataset.

In the second research paper (Chapter 3), our empirical analysis left the question
as to what factors might explain the well-being gaps between immigrants and natives
open. The finding that subjective well-being of immigrants is lower for those with the
longer length of stay also remains unanswered. Future research may explore factors
associated with the country of origin that are likely to influence immigrants’ subjective

well-being in the host country, which is beyond the confines of this research work.

In addition to the above-mentioned limitations, our research studies
associations between variables and does not provide causal evidence. The estimates
also do not allow us to disentangle the direction of causality. For instance, we find that
individuals that have larger social networks are likely to be more satisfied with life;
however, the opposite may be true as well. That is, individuals with high life
satisfaction might be more likely to have larger social networks. Moreover, it is likely
that some of our variables suffer from selection bias. For instance, we find that
immigrants are less likely to exhibit charitable behaviour than natives — however, it is
plausible that some immigrants might be more inclined to send money back to their
home country instead of giving it to charity in the host country. The limited disposable
income in this case would prevent immigrants from giving to charity, and not the
possible lack of social integration. Another example of selection bias is that
immigrants who remain in the country for longer periods of time could be
systematically different from those who arrived more recently. That is, since

immigrants with longer stays tend to be less educated in our sample and also report
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lower levels of life satisfaction, then the estimates of length of stay would essentially
be picking up these group differences compared to natives rather than anything else.
Therefore, we remain limited to providing tentative explanations for our findings. A
possible solution could be the use of quasi-experimental techniques or identifying
appropriate instrumental variables to overcome some of these limitations, though

identifying such variables will be difficult.

In the third research paper (Chapter 4), the socio-demographic characteristics
show that the sample examined in this chapter is different from previous chapters
which is likely to have implications for the generalisability of our results. Further
research could probe for differences in the results when samples vary, for example
studies may conduct the analysis for the impact of the Covid-19 pandemic using one
or two waves of data to see if the results differ.

Notwithstanding the limitations of our research work, this thesis has
contributed to existing research by developing a comprehensive picture of the
integration of immigrants in various aspects of social and economic life in the UK. A
novel feature is in establishing social integration, specifically in terms of
neighbourhood embeddedness and size of social networks, as an important aspect of
social life that may help mitigate the adverse impact of stressful life events like the
Covid-19 pandemic. Last but not the least, we provide important implications for

policy and future research work in the field well-being.
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Appendix A for Chapter 2

Section A.1 Defining Key Variables
Immigrant:

The variable used is based on the question: Were you born in the UK, that is in England,
Scotland, Wales or Northern Ireland? The respondent indicates ‘yes’ if born in England,
Scotland, Wales or Northern Ireland, otherwise selects the category ‘Not born in the UK’. For
empirical analysis, a dummy variable is created, where the success category for immigrants
takes the value of ‘1’ if the respondent indicates ‘not born in the UK’ and the ‘0 includes the

rest of the responses.
Ethnicity (white and non-white immigrants):

All respondents are asked the question: What is your ethnic group? We use this variable by
creating a dummy variable, where the success category is for white respondents who indicate
one of these groups: British/English/Scottish/Welsh/Norther Irish (white), Irish (white),
Gypsy or Irish traveller (white), any other white background (white). The non-white category
includes respondents that indicate their ethnicity as one of these groups: white and Black
Caribbean (Mixed), white and Black African (Mixed), white and Asian (Mixed), Any other
mixed background (Mixed), Indian (Asian or Asian British), Pakistani (Asian or Asian
British), Bangladeshi (Asian or Asian British), Chinese (Asian or Asian British), Any other
Asian background (Asian or Asian British), Caribbean (Black or Black British), African
(Black or Black British), Any other Black background (Black or Black British), Arab (other
ethnic group), Any other ethnic group (other ethnic group).



102

Table A.0 Socio-demographic characteristics of immigrants as disaggregated by their length of stay

Natives Immigrants by their length of stay
0-10 11-20 21-41
Female 56% 57% 58% 58%
Relationship Status
Unmarried 40% 35% 35% 28%
Married 53% 63% 61% 65%
Divorced 7% 2% 4% 7%
Household size (1-16) 2.7 35 3.8 3.6
Number of children (0-10) 0.45 0.87 1.15 0.78
Age groups 16-30 19% 35% 22% 9%
31-50 34% 58% 66% 52%
>50 47% 7% 12% 39%
Mean Age 49 34 38 47
Education
No qualifications 11% 6% 7% 11%
GCSE/Lower 31% 20% 22% 21%
A-Level 22% 14% 19% 17%
High Degree 36% 60% 52% 51%
Net monthly household income 3267 3163 3301 3567
Employment Status
Employed 57% 67% 68% 69%
Unemployed 4% 6% 6% 5%
Outside Labour Market 39% 26% 26% 25%
observations (waves 2,6,8) 79589 2123 2595 2695
Number of Individuals 40505 1577 1913 1724
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Table A.1. Differences between immigrants and natives across the measures of neighbourhood embeddedness and
social network size while excluding the ethnic boost samples in the UKHLS dataset

Neighbourhood Embeddedness Social Network Size
CRE CRE
€] 2)
Immigrants
Native (ref.) -0.068*** -0.498***
(0.014) (0.053)
Standardised coefficient -0.090*** -0.181***
(0.019) (0.019)
Immigrants by Ethnic Group
Native (ref.)
Non-white Immigrants -0.043* -0.647***
(0.020) (0.075)
Standardised coefficient -0.057** -0.234***
(0.026) (0.027)
white Immigrants -0.090*** -0.371***
(0.020) (0.070)
Standardised coefficient -0.120*** -0.135***
(0.026) (0.025)
Immigrants by Length of Stay (MLS)
Native (ref.)
MLS 0-10 Years -0.105*** -0.649***
(0.023) (0.085)
Standardised coefficient -0.139*** -0.235***
(0.030) (0.031)
MLS 11-20 Years -0.079*** -0.546***
(0.023) (0.083)
Standardised coefficient -0.105*** -0.198***
(0.030) (0.030)
MLS 21-41 Years -0.030 -0.328***
(0.023) (0.085)
Standardised coefficient -0.040 -0.119***
(0.030) (0.031)
Socio-demographic controls Yes Yes
Means of time-varying variables No Yes
Wave Dummies Yes Yes
Observations 63,978 63,978
Number of persons 30,806 30,806

Notes: The table presents the estimates from separate regression models using original waves of data for neighbourhood
embeddedness and social network size after excluding the ethnic minority boost sample and immigrant ethnic minority
boost sample. Note: The results are qualitatively comparable to our findings in table 2.3 for the differences in neighbourhood
embeddedness. All regressions include wave fixed effects, means of time-varying variables and socio-demographic
controls, including gender, age, marital status, education, and income. Robust standard errors in parentheses ***, ** *
denote statistical significance at the 1, 5, and 10 percent levels, respectively.
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Table A.2. Differences in neighbourhood embeddedness and social network size between immigrants and natives
using the original waves 3, 6 and 9

Neighbourhood Embeddedness Social Network Size
CRE CRE
)] (2)
Immigrants
Native (ref.) -0.033*** -0.724%**
(0.010) (0.036)
Standardised coefficient -0.043*** -0.263***
(0.013) (0.013)
Immigrants by Ethnic Group
Native (ref.)
Non-white Immigrants 0.005 -0.909***
(0.011) (0.042)
Standardised coefficient 0.007 -0.330***
(0.015) (0.015)
white Immigrants -0.118*** -0.314***
(0.018) (0.062)
Standardised coefficient -0.156*** -0.114%***
(0.023) (0.022)
Immigrants by Length of Stay (MLS)
Native (ref.)
MLS 0-10 Years -0.059*** -0.838***
(0.017) (0.063)
Standardised coefficient -0.078*** -0.304***
(0.023) (0.023)
MLS 11-20 Years -0.027* -0.771%**
(0.015) (0.053)
Standardised coefficient -0.035* -0.280***
(0.020) (0.019)
MLS 21-41 Years -0.020 -0.602***
(0.015) (0.054)
Standardised coefficient -0.027 -0.218***
(0.020) (0.020)
Socio-demographic controls Yes Yes
Means of time-varying variables No Yes
Wave Dummies Yes Yes
Observations 88,508 88,508
Number of persons 44,390 44,390

Notes: The table presents the estimates from separate regression models using original waves of data for neighbourhood
embeddedness and social network size. All regressions include wave fixed effects, means of time-varying variables and
socio-demographic controls, including gender, age, marital status, education, and income. Robust standard errors in
parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels, respectively.
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Table A.3. Full estimated results for the immigrant dummy for the differences in neighbourhood embeddedness
and social network size between immigrants and natives (Waves 2, 6 and 8)

Neighbourhood Embeddedness Social Network Size

Pooled OLS CRE Pooled OLS CRE
Immigrants
Native (ref.) -0.063*** -0.042*** -0.616*** -0.582***
(0.010) (0.010) (0.037) (0.037)
Standard Coefficient -0.084*** -0.056*** -0.223*** -0.211%**
(0.014) (0.013) (0.014) (0.013)
Socio-demographic controls
Gender Male (ref.)
Female 0.064%*** 0.064*** -0.003 -0.014
(0.006) (0.006) (0.023) (0.023)
Marital Status Unmarried (ref.)
Married 0.141%** 0.033** 0.038 0.008
(0.007) (0.014) (0.027) (0.050)
Divorced -0.024* -0.003 0.010 0.053
(0.013) (0.013) (0.049) (0.045)
Mean of marital status 0.099*** -0.034
(0.016) (0.058)
Age 16-30(ref.)
31-50 0.296%*** 0.057%** -0.268*** -0.282***
(0.010) (0.011) (0.033) (0.038)
>51 0.548%** 0.030** -0.101*** -0.179***
(0.010) (0.015) (0.036) (0.058)
Mean of age 0.014*** 0.001
(0.000) (0.001)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications 0.208*** 0.141*** -0.700*** 0.111
(0.010) (0.040) (0.043) (0.135)
GCSE/Lower 0.070*** 0.060** -0.450%*** 0.095
(0.007) (0.026) (0.029) (0.089)
A-levels 0.026%** 0.027* -0.269*** 0.034
(0.008) (0.015) (0.031) (0.052)
Mean of educational qualifications -0.006 0.244***
(0.013) (0.046)
(log) Monthly Household Income 0.020*** 0.014** 0.377*** -0.015
(0.005) (0.006) (0.020) (0.022)
Mean of Income 0.031*** 0.665***
(0.009) (0.035)
Household Size 0.005 0.006 -0.152%** -0.018
(0.003) (0.005) (0.011) (0.018)
Mean of household size 0.021*** -0.190***
(0.006) (0.022)
Number of Children in household 0.022*** 0.032*** -0.019 -0.047*
(0.004) (0.007) (0.016) (0.026)
Mean of number of children in household -0.012 0.052*
(0.009) (0.031)
(0.009) (0.035)
Wave Dummies Yes Yes Yes Yes
Observations 87,002 87,002 87,002 87,002
Number of persons 45,096 45,096 45,096 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,

respectively.




Table A.4. Full estimated results for the differences in white/non-white immigrants and natives (Waves 2, 6 and

8)
Neighbourhood Embeddedness Social Network Size
Pooled OLS CRE Pooled OLS CRE
Immigrants by Ethnic Group
Native (ref.)
Non-white Immigrants -0.031** -0.005 -0.771*** -0.710***
(0.012) (0.012) (0.044) (0.043)
Standardised Coefficient -0.041** -0.007 -0.280*** -0.258***
(0.016) (0.016) (0.016) (0.016)
white Immigrants -0.124%** -0.116*** -0.322%** -0.322%**
(0.017) (0.017) (0.063) (0.063)
Standardised Coefficient -0.165*** -0.154*** -0.117%** -0.117%**
(0.023) (0.023) (0.023) (0.023)
Socio-demographic controls
Gender Male (ref.)
Female 0.065*** 0.064*** -0.004 -0.015
(0.006) (0.006) (0.023) (0.023)
Marital Status Unmarried (ref.)
Married 0.141%** 0.033** 0.041 0.008
(0.007) (0.014) (0.027) (0.050)
Divorced -0.024* -0.003 0.012 0.054
(0.013) (0.012) (0.049) (0.045)
Mean of marital status 0.098*** -0.030
(0.016) (0.058)
Age 16-30(ref.)
31-50 0.296*** 0.057*** -0.267*** -0.282***
(0.010) (0.011) (0.033) (0.038)
>51 0.547%** 0.030* -0.097*** -0.177%**
(0.010) (0.015) (0.036) (0.058)
Mean of age 0.014*** 0.002
(0.000) (0.001)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications 0.207*** 0.141*** -0.698*** 0.111
(0.010) (0.040) (0.043) (0.135)
GCSE/Lower 0.070*** 0.061** -0.451*** 0.093
(0.007) (0.026) (0.029) (0.089)
A-levels 0.026*** 0.027* -0.269*** 0.033
(0.008) (0.015) (0.031) (0.052)
Mean of educational qualifications -0.006 0.244***
(0.013) (0.046)
(log) Monthly Household Income 0.021*** 0.014** 0.369*** -0.015
(0.005) (0.006) (0.020) (0.022)
Mean of monthly household income 0.034*** 0.654***
(0.009) (0.035)
Household Size 0.006** 0.006 -0.145%** -0.018
(0.003) (0.005) (0.011) (0.018)
Mean of household Size 0.019%*** -0.183***
(0.006) (0.022)
Number of Children in household 0.023*** 0.032*** -0.021 -0.047*
(0.004) (0.007) (0.016) (0.026)
Mean of number of children in household -0.011 0.049
(0.009) (0.031)
(0.009) (0.032)
Wave Dummies Yes Yes Yes Yes
Observations 87,002 87,002 87,002 87,002
Number of persons 45,096 45,096 45,096 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,

respectively.
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Table A.5. Full estimated results for the differences between natives and immigrant divided by length of stay
(Waves 2, 6 and 8)

Neighbourhood Embeddedness Social Network Size
Pooled OLS CRE Pooled OLS CRE
Immigrants by Length of Stay (MLS)
Native (ref.)
MLS 0-10 Years -0.087*** -0.055*** -0.754*** -0.712%**
(0.017) (0.017) (0.062) (0.062)
Standardised Coefficient -0.116*** -0.072%** -0.274%** -0.258***
(0.022) (0.022) (0.023) (0.022)
MLS 11-20 Years -0.066*** -0.043*** -0.668*** -0.641%**
(0.016) (0.016) (0.057) (0.055)
Standardised Coefficient -0.087*** -0.057*** -0.242%** -0.233%**
(0.021) (0.021) (0.021) (0.020)
MLS 21-41 Years -0.043*** -0.031** -0.460*** -0.423***
(0.016) (0.016) (0.059) (0.057)
Standardised Coefficient -0.056*** -0.041** -0.167*** -0.153***
(0.021) (0.021) (0.021) (0.021)
Socio-demographic controls
Gender Male (ref.)
Female 0.064%*** 0.064*** -0.003 -0.014
(0.006) (0.006) (0.023) (0.023)
Marital Status Unmarried (ref.)
Married 0.142%** 0.033** 0.041 0.007
(0.007) (0.014) (0.027) (0.050)
Divorced -0.024* -0.003 0.009 0.051
(0.013) (0.013) (0.049) (0.045)
Mean of marital status 0.100*** -0.030
(0.016) (0.058)
Age 16-30(ref.)
31-50 0.295*** 0.057*** -0.275*** -0.287***
(0.010) (0.011) (0.033) (0.038)
>51 0.546%** 0.030* -0.113*** -0.185***
(0.010) (0.015) (0.036) (0.058)
Mean of age 0.014*** 0.001
(0.000) (0.001)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications 0.208%*** 0.141%** -0.701*** 0.114
(0.010) (0.040) (0.043) (0.135)
GCSE/Lower 0.069*** 0.061** -0.451*** 0.096
(0.007) (0.026) (0.029) (0.089)
A-levels 0.026%** 0.027* -0.271*** 0.034
(0.008) (0.015) (0.031) (0.052)
Mean of educational qualifications -0.006 0.245***
(0.013) (0.046)
(log) Monthly Household Income 0.019*** 0.014** 0.375*** -0.015
(0.005) (0.006) (0.020) (0.022)
Mean of monthly household income 0.031*** 0.662***
(0.009) (0.035)
Household Size 0.005 0.006 -0.153*** -0.018
(0.003) (0.005) (0.011) (0.018)
Mean of household Size 0.021*** -0.192%**
(0.006) (0.022)
Number of Children in household 0.022*** 0.032*** -0.018 -0.047*
(0.004) (0.007) (0.016) (0.026)
Mean of number of children in household -0.012 0.052*
(0.009) (0.031)
Wave Dummies Yes Yes Yes Yes
Observations 87,002 87,002 87,002 87,002
Number of persons 45,096 45,096 45,096 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,
respectively.
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Table A.6. Differences in neighbourhood embeddedness between immigrants and natives; Based on
correlated random effects estimations using the aggregated version of the neighbourhood embeddedness

variable.

Neighbourhood Embeddedness

Aggregated version

(1-30)
A. Immigrants — Native (ref.)
Immigrants -0.302%**
(0.065)
Standardised coefficient -0.064***
(0.014)
B. Immigrants by Ethnic Group — Native (ref.)
Non-white Immigrants -0.216***
(0.076)
Standardised coefficient -0.046***
(0.016)
White Immigrants -0.478***
(0.113)
Standardised coefficient -0.102***
(0.024)
C. Immigrants by Length of Stay — Native (ref.)
0-10 Years -0.608***
(0.105)
Standardised coefficient -0.130***
(0.022)
11-20 Years -0.312%**
(0.099)
Standardised coefficient -0.067***
(0.021)
21-41 Years -0.051
(0.097)
Standardised coefficient -0.011
(0.021)
Socio-demographic controls Yes
Means of time-varying variables Yes
Wave Dummies Yes
Observations 87,002
Number of persons 45,096

Notes: Panels A - C provide results from separate regressions. The socio-demographic variables include gender,
age, marital status, education, household income, household size and number of children. Robust standard errors
in parentheses; ***, ** * denote statistical significance at the 1, 5, and 10 percent levels, respectively.

Correlation between the neighbourhood embeddedness measure through factor analysis and the composite

measure based on row-totals is 0.79.
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Table A.7. Full estimated results for the immigrant dummy showing the differences in volunteering and charitable
behaviour between immigrants and natives (Waves 2, 6 and 8)

Volunteering Charitable Behaviour
Pooled logit CRE logit Pooled logit CRE logit
Immigrants
Native (ref.) -0.031™" -0.023™" -0.077" -0.078™"
(0.005) (0.004) (0.006) (0.008)
Socio-demographic controls
Gender Male (ref.)
Female 0.025™" 0.024™" 0.073™" 0.085™"
(0.003) (0.003) (0.003) (0.004)
Marital Status Unmarried (ref.)
Married 0.010™ -0.006 0.042"* 0.014
(0.003) (0.007) (0.004) (0.010)
Divorced -0.002 0.006 -0.018™ -0.005
(0.006) (0.006) (0.007) (0.008)
Mean of marital status 0.010 0.017
(0.008) (0.011)
Age 16-30(ref.)
31-50 -0.028"™" -0.053" 0.096™" 0.000
(0.004) (0.007) (0.005) (0.007)
>51 0.041™" -0.042™* 0.182"" -0.015
(0.005) (0.009) (0.005) (0.011)
Mean of age 0.002™ 0.006™"
(0.000) (0.000)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications -0.196™" 0.038" -0.206™" -0.067"
(0.004) (0.023) (0.006) (0.027)
GCSE/Lower -0.122™* 0.063™" -0.123™ -0.025
(0.004) (0.016) (0.004) (0.016)
A-levels -0.083™" 0.016™ -0.069™" -0.018™
(0.004) (0.007) (0.004) (0.009)
Mean of educational qualifications 0.079™" 0.055™"
(0.007) (0.008)
(log) Monthly Household Income 0.023™" -0.005 0.086™" 0.035™"
(0.003) (0.003) (0.003) (0.004)
Mean of Income 0.039™" 0.111*
(0.005) (0.006)
Household Size -0.001 0.005™ -0.031™ -0.014™
(0.001) (0.002) (0.002) (0.003)
Mean of household size -0.003 -0.023™
(0.003) (0.004)
Number of Children in household -0.000 0.006" 0.016™" 0.013"
(0.002) (0.004) (0.002) (0.005)
Mean of number of children in household -0.013" 0.013"
(0.004) (0.006)
Wave Dummies Yes Yes Yes Yes
Observations 87,002 87,002 87,002 87,002
Number of persons 45,096 45,096 45,096 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,
respectively.
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Table A.8. Full estimated results for the differences in white/non-white immigrants and natives (Waves 2, 6 and
8)

Volunteering Charitable Behaviour
Pooled logit CRE logit Pooled logit CRE logit
Immigrants by Ethnic Group
Native (ref.)
Non-white Immigrants -0.041™ -0.028™" -0.080™" -0.089""
(0.006) (0.005) (0.009) (0.013)
white Immigrants -0.014" -0.012" -0.076™" -0.075™"
(0.008) (0.007) (0.007) (0.009)
Socio-demographic controls
Gender Male (ref.)
Female 0.024™* 0.023™" 0.073™" 0.085™"
(0.003) (0.003) (0.003) (0.004)
Marital Status Unmarried (ref.)
Married 0.010™ -0.006 0.042™" 0.014
(0.003) (0.007) (0.004) (0.010)
Divorced -0.002 0.006 -0.018™ -0.005
(0.006) (0.006) (0.007) (0.008)
Mean of marital status 0.010 0.017
(0.008) (0.011)
Age 16-30(ref.)
31-50 -0.028™" -0.053™ 0.096™" 0.000
(0.004) (0.007) (0.005) (0.007)
>51 0.041™" -0.042"* 0.182™" -0.015
(0.005) (0.009) (0.005) (0.011)
Mean of age 0.002"* 0.006™"
(0.000) (0.000)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications -0.196™" 0.038" -0.206™" -0.067"
(0.004) (0.023) (0.006) (0.027)
GCSE/Lower -0.122"* 0.063™" -0.123™ -0.025
(0.004) (0.016) (0.004) (0.016)
A-levels -0.083™" 0.016™ -0.069™" -0.018™
(0.004) (0.007) (0.004) (0.009)
Mean of educational qualifications 0.079™" 0.055™"
(0.007) (0.008)
(log) Monthly Household Income 0.022"" -0.005 0.086™" 0.035™"
(0.003) (0.003) (0.003) (0.004)
Mean of monthly household income 0.038™" 0.111™
(0.005) (0.006)
Household Size -0.000 0.005™" -0.032™" -0.014™"
(0.001) (0.002) (0.002) (0.003)
Mean of household Size -0.003 -0.024™"
(0.003) (0.004)
Number of Children in household -0.000 0.006" 0.016™" 0.013"
(0.002) (0.004) (0.002) (0.005)
Mean of number of children in household -0.013™ 0.013"
(0.004) (0.006)
Wave Dummies Yes Yes Yes Yes
Observations 87,002 87,002 87,002 87,002
Number of persons 45,096 45,096 45,096 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,
respectively.
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Table A.9. Full estimated results for the differences between natives and immigrants divided by length of stay
(Waves 2, 6 and 8)

Volunteering Charitable Behaviour
Pooled logit CRE logit Pooled logit CRE logit
Immigrants by Length of Stay (MLS)
Native (ref.)
MLS 0-10 Years -0.064™" -0.043™ -0.142" -0.146™"
(0.008) (0.006) (0.011) (0.014)
MLS 11-20 Years -0.014" -0.007 -0.084™" -0.087""
(0.008) (0.007) (0.009) (0.012)
MLS 21-41 Years -0.021™ -0.020™ -0.019™ -0.018
(0.007) (0.006) (0.009) (0.011)
Socio-demographic controls
Gender Male (ref.)
Female 0.024™* 0.024™* 0.073™" 0.085™"
(0.003) (0.003) (0.003) (0.004)
Marital Status Unmarried (ref.)
Married 0.011™" -0.006 0.044™" 0.013
(0.003) (0.007) (0.004) (0.010)
Divorced -0.002 0.006 -0.019™ -0.005
(0.006) (0.006) (0.007) (0.008)
Mean of marital status 0.010 0.019"
(0.008) (0.011)
Age 16-30(ref.)
31-50 -0.029™" -0.054™* 0.092"* -0.001
(0.004) (0.007) (0.005) (0.007)
>51 0.039™" -0.043™ 0.176™" -0.017
(0.005) (0.009) (0.005) (0.011)
Mean of age 0.002™* 0.006™"
(0.000) (0.000)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications -0.197" 0.039" -0.206™" -0.066™"
(0.004) (0.023) (0.006) (0.027)
GCSE/Lower -0.122"* 0.063™" -0.124™* -0.024
(0.004) (0.016) (0.004) (0.016)
A-levels -0.084™" 0.016™ -0.070™" -0.018™
(0.004) (0.007) (0.004) (0.009)
Mean of educational qualifications 0.080™" 0.056™"
(0.007) (0.008)
(log) Monthly Household Income 0.022"* -0.005 0.086™" 0.035™"
(0.003) (0.003) (0.003) (0.004)
Mean of monthly household income 0.038™" 0.110™"
(0.005) (0.006)
Household Size -0.001 0.005™ -0.032"™ -0.014™"
(0.001) (0.002) (0.002) (0.003)
Mean of household Size -0.003 -0.024™"
(0.003) (0.004)
Number of Children in household -0.000 0.006" 0.016™" 0.013™
(0.002) (0.004) (0.002) (0.005)
Mean of number of children in household -0.013™ 0.013™
(0.004) (0.006)
Wave Dummies Yes Yes Yes Yes
Observations 87,002 87,002 87,002 87,002
Number of persons 45,096 45,096 45,096 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,
respectively.
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Table A.10. Full estimated results for the migrant dummy showing the differences in unemployment and
employment between immigrants and natives (Waves 2, 6 and 8)

Unemployment Employment
Pooled logit CRE logit Pooled logit CRE logit
Immigrants
Native (ref.) 0.016™ 0.007" -0.011™ -0.052""
(0.003) (0.002) (0.006) (0.008)
Socio-demographic controls
Gender Male (ref.)
Female -0.015™ -0.007™" -0.063™ -0.099™
(0.001) (0.001) (0.003) (0.004)
Marital Status Unmarried (ref.)
Married -0.020"" 0.001 0.012™ 0.038™"
(0.002) (0.002) (0.003) (0.010)
Divorced -0.008™ -0.003™ 0.118™ 0.132™
(0.003) (0.001) (0.006) (0.007)
Mean of marital status -0.008™" 0.122"
(0.002) (0.012)
Age 16-30(ref.)
31-50 0.026™" 0.009™" 0.247™ 0.470™"
(0.003) (0.001) (0.005) (0.006)
>51 0.063™" 0.016™" -0.105™" -0.461""
(0.003) (0.003) (0.005) (0.007)
Mean of age 0.001™" -0.017™
(0.000) (0.000)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications 0.035 -0.046™" -0.300™" -0.834™"
(0.003) (0.009) (0.006) (0.010)
GCSE/Lower 0.026™" -0.039™" -0.114™ -0.552"""
(0.002) (0.008) (0.004) (0.015)
A-levels 0.003™ -0.033™ -0.068™" -0.283™
(0.002) (0.007) (0.004) (0.007)
Mean of educational qualifications -0.017" -0.205™"
(0.002) (0.012)
(log) Monthly Household Income -0.032"" -0.013™ 0.175™ 0.158™"
(0.001) (0.001) (0.003) (0.005)
Mean of Income -0.005™ 0.038™"
(0.001) (0.007)
Wave Dummies Yes Yes Yes Yes
Observations 87,002 87,002 87,002 87,002
Number of persons 45,096 45,096 45,096 45,096

Robust standard errors in parentheses ***,
respectively.

** * denote statistical significance at the 1, 5, and 10 percent levels,
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Table A.11. Full estimated results for the differences in white/non-white immigrants and natives (Waves 2, 6 and
8)

Unemployment Employment
Pooled logit CRE logit Pooled logit CRE logit
Immigrants by Ethnic Group
Native (ref.)
Non-white Immigrants 0.023"" 0.010™" -0.044™ -0.098™"
(0.004) (0.002) (0.007) (0.010)
white Immigrants 0.002 0.001 0.059™" 0.047"
(0.004) (0.002) (0.010) (0.013)
Socio-demographic controls
Gender Male (ref.)
Female -0.015™" -0.007™" -0.063" -0.099™"
(0.001) (0.001) (0.003) (0.004)
Marital Status Unmarried (ref.)
Married -0.020™" 0.001 0.014™" 0.037""
(0.002) (0.002) (0.003) (0.010)
Divorced -0.008™ -0.003™ 0.118™" 0.132™"
(0.003) (0.001) (0.006) (0.007)
Mean of marital status -0.008™ 0.124™
(0.002) (0.012)
Age 16-30(ref.)
31-50 -0.026™" 0.009™ 0.246™" 0.469™"
(0.003) (0.001) (0.005) (0.006)
>51 0.063" 0.016™" -0.105™" -0.461™"
(0.003) (0.003) (0.005) (0.007)
Mean of age 0.001™* -0.017™
(0.000) (0.000)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications 0.035™" -0.047" -0.298"™" -0.833™"
(0.003) (0.009) (0.006) (0.010)
GCSE/Lower 0.026™" -0.039™" -0.113™ -0.551™"
(0.002) (0.008) (0.004) (0.015)
A-levels 0.003™ -0.033™" -0.068"™" -0.283™"
(0.002) (0.007) (0.004) (0.007)
Mean of educational qualifications -0.017" -0.205™"
(0.002) (0.012)
(log) Monthly Household Income -0.032™" -0.013™ 0.175™ 0.158™"
(0.001) (0.001) (0.003) (0.005)
Mean of monthly household income -0.005™" 0.037™
(0.001) (0.007)
Wave Dummies Yes Yes Yes Yes
Observations 87,002 87,002 87,002 87,002
Number of persons 45,096 45,096 45,096 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,
respectively.
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Table A.12. Full estimated results for the differences between natives and immigrants divided by length of stay
(Waves 2, 6 and 8)

Unemployment Employment
Pooled logit CRE logit Pooled logit CRE logit
Immigrants by Length of Stay (MLS)
Native (ref.)
MLS 0-10 Years 0.009™ 0.003 -0.041™ -0.111™
(0.004) (0.002) (0.010) (0.015)
MLS 11-20 Years 0.013™ 0.005™ -0.036™" -0.075"™"
(0.004) (0.002) (0.009) (0.012)
MLS 21-41 Years 0.029™" 0.015™" 0.034™" 0.015
(0.005) (0.003) (0.009) (0.012)
Socio-demographic controls
Gender Male (ref.)
Female -0.015™" -0.007™" -0.063"" -0.099™"
(0.001) (0.001) (0.003) (0.004)
Marital Status Unmarried (ref.)
Married -0.020™" 0.001 0.013™" 0.038™"
(0.002) (0.002) (0.003) (0.010)
Divorced -0.008™ -0.003* 0.118™ 0.132™
(0.003) (0.001) (0.006) (0.007)
Mean of marital status -0.008™" 0.124™
(0.002) (0.012)
Age 16-30(ref.)
31-50 -0.027™" 0.009™" 0.245™" 0.469™"
(0.003) (0.001) (0.005) (0.006)
>51 0.064™" 0.016™" -0.108™" -0.460™"
(0.003) (0.003) (0.005) (0.007)
Mean of age 0.001™" -0.017™
(0.000) (0.000)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications 0.035™" -0.046™" -0.300™" -0.833""
(0.003) (0.009) (0.006) (0.010)
GCSE/Lower 0.026™" -0.039™" -0.114™ -0.551™"
(0.002) (0.008) (0.004) (0.015)
A-levels 0.003™ -0.033™" -0.069™" -0.284™"
(0.002) (0.007) (0.004) (0.007)
Mean of educational qualifications -0.017" -0.204™"
(0.002) (0.012)
(log) Monthly Household Income -0.032" -0.013™ 0.175™ 0.158™"
(0.001) (0.001) (0.003) (0.005)
Mean of monthly household income -0.006™" 0.037"
(0.001) (0.007)
Wave Dummies Yes Yes Yes Yes
Observations 87,002 87,002 87,002 87,002
Number of persons 45,096 45,096 45,096 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,
respectively.
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Table A.13. Differences in unemployment and employment between immigrants and natives in the working-age
population (age<=56)

Unemployment Employment
CRE logit CRE logit
1) )
Immigrants Native (ref.) 0.007"" -0.068"™"
(0.002) (0.007)
Immigrants by Ethnic Group Native (ref.)
Non-white Immigrants 0.011™" -0.111™
(0.003) (0.009)
white Immigrants -0.000 0.015
(0.003) (0.011)
Immigrants by Length of Stay (MLS)
Native (ref.)
MLS 0-10 Years 0.006" -0.064™"
(0.003) (0.011)
MLS 11-20 Years 0.008™ -0.077"
(0.003) (0.011)
MLS 21-41 Years 0.008™ -0.061™"
(0.004) (0.013)
Socio-demographic controls Yes Yes
Means of time-varying variables Yes No
Wave Dummies Yes Yes
Observations 87,002 87,002
Number of persons 45,096 45,096

Notes: The table presents the estimates from separate regression models. All regressions include wave fixed effects, means of
time-varying variables (for CRE regressions) and socio-demographic controls, including gender, age, marital status, education,
income, household size and number of children. Robust standard errors in parentheses; ***, ** * denote statistical significance
atthe 1, 5, and 10 percent levels, respectively.
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Table A.14. Full estimated results for the migrant dummy for the differences in
homeownership between immigrants and natives (Waves 2, 6 and 8)

Homeownership

Pooled Logit CRE logit
Immigrants by Ethnic Group
Native (ref.)
Immigrants -0.181™" -0.253"™"
(0.006) (0.052)
Socio-demographic controls
Gender Male (ref.) Female -0.005" -0.002
(0.003) (0.007)
Marital Status Unmarried (ref.)
Married 0.118™ 0.051™"
(0.003) (0.005)
Divorced -0.045™ -0.026™
(0.007) (0.012)
Married mean 0.032"
(0.017)
Age 16-30(ref.)
31-50 0.073™ 0.001
(0.005) (0.006)
>51 0.232™" 0.029™"
(0.005) (0.008)
Mean of Age 0.007™*
(0.000)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications -0.183"" 0.059™
(0.006) (0.027)
GCSE/Lower -0.092"* 0.069™"
(0.003) (0.013)
A-levels -0.031™ 0.059™"
(0.004) (0.009)
Education Mean 0.077™"
(0.007)
(log) Monthly Household Income 0.144™" 0.035™"
(0.003) (0.004)
Mean of Income 0.227
(0.009)
Wave Dummies Yes Yes
87,002 87,002
Observations
Number of persons 45,096 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Table A.15. Full estimated results for the differences in white/non-white immigrants and
natives (Waves 2, 6 and 8)

Homeownership

Pooled Logit CRE logit
Immigrants by Ethnic Group
Native (ref.)
Non-white Immigrants -0.201™" -0.491™"
(0.007) (0.012)
white Immigrants -0.144™ -0.093™
(0.009) (0.011)
Socio-demographic controls
Gender Male (ref.)
Female -0.005 0.010™
(0.003) (0.003)
Marital Status Unmarried (ref.)
Married 0.119™ 0.028™"
(0.003) (0.004)
Divorced -0.045™" -0.008™
(0.007) (0.004)
Married mean 0.013"
(0.006)
Age 16-30(ref.)
31-50 0.073™ 0.009™
(0.005) (0.003)
>51 0.231™ 0.019™
(0.005) (0.005)
Mean of Age 0.003™
(0.000)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications -0.182™ 0.042"
(0.006) (0.010)
GCSE/Lower -0.091™" 0.055™"
(0.003) (0.008)
A-levels -0.030™" 0.038™
(0.004) (0.006)
Education Mean 0.038™
(0.004)
(log) Monthly Household Income 0.144™ 0.023™
(0.003) (0.002)
Mean of Income 0.087"
(0.004)
Wave Dummies
87,002 87,002
Observations
Number of persons 45,096 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Table A.16. Full estimated results for the differences in white/non-white immigrants and
natives (Waves 2, 6 and 8)

Homeownership

Pooled Logit CRE logit
Immigrants by Length of Stay (MLS)
Native (ref.)
MLS 0-10 Years -0.325™" -0.428™"
(0.010) (0.012)
MLS 11-20 Years -0.181™ -0.264™"
(0.009) (0.011)
MLS 21-41 Years -0.065 0115
(0.009) (0.012)
Socio-demographic controls
Gender Male (ref.)
Female -0.005™ -0.002
(0.003) (0.004)
Marital Status Unmarried (ref.)
Married 0.120™" 0.049™
(0.003) (0.005)
Divorced -0.045" -0.025™
(0.007) (0.006)
Married mean 0.033™"
(0.007)
Age 16-30(ref.)
31-50 0.068™" 0.000
(0.005) (0.004)
>51 0.223™ 0.028™*
(0.005) (0.007)
Mean of Age 0.007™"
(0.000)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications -0.184™" 0.060™"
(0.006) (0.011)
GCSE/Lower -0.093™ 0.069™"
(0.003) (0.008)
A-levels -0.033™" 0.058™"
(0.004) (0.006)
Education Mean 0.077™"
(0.004)
(log) Monthly Household Income 0.142™ 0.034™"
(0.003) (0.003)
Mean of Income 0.223
(0.005)
Wave Dummies
87,002 87,002
Observations
Number of persons 45,096 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Table A.17. Full estimated results for the migrant dummy for the differences in job security and work autonomy
between immigrants and natives (Waves 2, 6 and 8)

Job Security Work Autonomy
Pooled Logit CRE logit Pooled OLS CRE
Immigrants
Native (ref.) -0.024™* -0.020™" -0.204*** -0.165**
(0.005) (0.004) (0.074) (0.073)
Standardised Coefficient -0.050*** -0.040**
(0.018) (0.018)
Socio-demographic controls
Gender Male (ref.)
Female -0.002 -0.002 -0.592*** -0.567***
(0.003) (0.002) (0.045) (0.044)
Marital Status Unmarried (ref.)
Married 0.015™ 0.002 0.113** 0.163*
(0.003) (0.006) (0.051) (0.086)
Divorced 0.003 0.005 -0.103 -0.161*
(0.006) (0.004) (0.102) (0.094)
Married mean 0.009 -0.083
(0.006) (0.101)
Age 16-30(ref.)
31-50 0.007* 0.001 0.599*** 0.290***
(0.004) (0.004) (0.058) (0.072)
>51 0.029™" 0.006 0.416%** 0.090
(0.005) (0.007) (0.069) (0.114)
Mean of Age 0.000™ 0.017***
(0.000) (0.003)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications -0.008 0.019 -0.222 -0.905***
(0.008) (0.018) (0.141) (0.320)
GCSE/Lower 0.004 0.018 0.064 -0.389*
(0.004) (0.013) (0.061) (0.204)
A-levels 0.005 0.012 0.085 -0.128
(0.004) (0.008) (0.058) (0.111)
Education Mean 0.007 -0.271%**
(0.006) (0.105)
Occupation Routine (ref.)
Intermediate 0.010 0.009 0.931*** 0.468***
(0.004) (0.005) (0.070) (0.084)
Management and Professional 0.003 0.001 2,463 1.532%%*
(0.004) (0.006) (0.055) (0.103)
Occupation mean 0.001 0.549"
(0.004) (0.061)
Wave Dummies Yes Yes Yes Yes
43156 43156 43156 43156

Observations
Number of persons 24,837 24,837 24,837 24,837

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels, respectively.
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Table A.18. Full estimated results for the differences in white/non-white immigrants and natives (Waves 2, 6 and
8)

Job Security Work Autonomy
Pooled Logit CRE logit Pooled OLS CRE
Immigrants by Ethnic Group
Native (ref.)
Non-white Immigrants -0.037" -0.030™" -0.378*** -0.338***
(0.007) (0.006) (0.094) (0.092)
-0.092*** -0.083***
(0.023) (0.022)
white Immigrants -0.004 -0.004 0.077 0.136
(0.008) (0.006) (0.112) (0.109)
0.019 0.033
(0.027) (0.027)
Socio-demographic controls
Gender Male (ref.)
Female -0.002 -0.002 -0.594*** -0.569***
(0.003) (0.002) (0.045) (0.044)
Marital Status Unmarried (ref.)
Married 0.016™ 0.002 0.118** 0.162*
(0.003) (0.006) (0.051) (0.086)
Divorced 0.003 0.005 -0.102 -0.160*
(0.006) (0.004) (0.102) (0.094)
Married mean 0.009 -0.075
(0.006) (0.102)
Age 16-30(ref.)
31-50 0.007™ 0.001 0.599*** 0.288***
(0.004) (0.004) (0.058) (0.072)
>51 0.029™" 0.006 0.416*** 0.091
(0.005) (0.007) (0.069) (0.114)
Mean of Age 0.000™ 0.017***
(0.000) (0.003)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications -0.008 0.019 -0.220 -0.902***
(0.008) (0.018) (0.141) (0.320)
GCSE/Lower 0.003 0.018 0.062 -0.391*
(0.004) (0.013) (0.061) (0.204)
A-levels 0.005 0.012 0.084 -0.129
(0.004) (0.008) (0.058) (0.111)
Education Mean 0.007 -0.270%*
(0.007) (0.105)
Occupation Routine (ref.)
Intermediate 0.010™ 0.009" 0.929%** 0.468***
(0.004) (0.005) (0.070) (0.084)
Management and Professional 0.003 0.001 24597 1.532%x>
(0.004) (0.006) (0.055) (0.103)
Occupation mean 0.001 0.547%**
(0.004) (0.061)
Wave Dummies Yes Yes Yes Yes
Observations 43,156 43,156 43,156 43,156
Number of persons 24,837 24,837 24,837 24,837

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,
respectively.
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Table A.19. Full estimated results for the differences between natives and immigrants divided by length of stay (Waves
2,6 and 8)

Job Security Work Autonomy
Pooled Logit CRE logit Pooled OLS CRE
Immigrants by Length of Stay (MLS)
Native (ref.)
MLS 0-10 Years -0.015" -0.013" -0.166 -0.178
(0.009) (0.007) (0.128) (0.125)
-0.033 -0.043
(0.031) (0.031)
MLS 11-20 Years -0.028™ -0.020™ -0.190 -0.049
(0.009) (0.007) (0.119) (0.115)
-0.040 -0.012
(0.029) (0.028)
MLS 21-41 Years -0.026 -0.021 -0.119 -0.150
(0.009) (0.007) (0.138) (0.136)
-0.025 -0.037
(0.034) (0.033)
Socio-demographic controls
Gender Male (ref.)
Female -0.002 -0.002 -0.592*** -0.567***
(0.003) (0.002) (0.045) (0.044)
Marital Status Unmarried (ref.)
Married 0.015™ 0.002 0.113** 0.163*
(0.003) (0.006) (0.051) (0.086)
Divorced 0.003 0.005 -0.103 -0.160*
(0.006) (0.004) (0.102) (0.094)
Married mean 0.009 -0.083
(0.006) (0.102)
Age 16-30(ref.)
31-50 0.007* 0.001 0.599%*** 0.288***
(0.004) (0.004) (0.058) (0.072)
>51 0.029™ 0.006 0.415%** 0.089
(0.005) (0.007) (0.069) (0.114)
Mean of Age 0.000™" 0.017***
(0.000) (0.003)
Educational Qualifications
Degree/Higher Degree (ref)
No qualifications -0.008 0.019 -0.223 -0.903***
(0.008) (0.018) (0.141) (0.320)
GCSE/Lower 0.004 0.018 0.064 -0.388*
(0.004) (0.013) (0.061) (0.204)
A-levels 0.005 0.012 0.084 -0.129
(0.004) (0.008) (0.058) (0.111)
Education Mean 0.007 -0.270**
(0.006) (0.105)
Occupation Routine (ref.)
Intermediate 0.010 0.009 0.931*** 0.468***
(0.004) (0.005) (0.070) (0.084)
Management and Professional 0.004 0.001 2.463*** 1.532%**
(0.004) (0.006) (0.055) (0.103)
Occupation means 0.001 0.549***
(0.004) (0.061)
Wave Dummies Yes Yes Yes Yes
Observations 43,156 43,156 43,156 43,156
Number of persons 24,837 24,837 24,837 24,837

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels, respectively.
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Appendix B for Chapter 3

Appendix B.1

Interaction effects between migrant dummy and indicators of social and economic

integration (Life satisfaction dependent variable)

Table B.1. Interaction effects between immigrant dummy and neighbourhood embeddedness with life
satisfaction as the dependent variable (Correlated random effects approach)

Life Satisfaction (dependent variable)

Model 1a
Immigrants Native (ref.)
-0.049
(0.084)
Neighbourhood Embeddedness 0.103***
(0.011)
Immigrants x Neighbourhood Embeddedness -0.006
(0.026)
Economic Integration
Employment Status
Employed(ref.)
Unemployed -0.3687*
(0.030)
Outside the labour market -0.015
(0.020)
Homeownership 0.065***
(0.020)
Social Integration
Volunteering 0.048™**
(0.016)
Charitable behaviour 0.032**
(0.015)
Social Network Size 0.012%**
(0.003)
Socio-demographic controls Yes
Means of time-varying variables Yes
Wave Dummies Yes
Observations 87,002
Number of persons 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent
levels, respectively.
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Table B.2. Interaction effects between immigrant dummy and social network size with life satisfaction
as the dependent variable (Correlated random effects approach)

Life satisfaction (dependent variable)

Model 1a
Immigrants Native (ref.)
-0.079**
(0.034)
Social Network Size 0.022%**
(0.003)
Immigrants x Social Network Size 0.003
(0.007)
Economic Integration
Employment Status
Employed(ref.)
Unemployed -0.368***
(0.030)
Outside the labour market -0.015
(0.020)
Homeownership 0.065**
(0.020)
Social Integration
Volunteering 0.0a8*
(0.016)
Charitable behaviour 0.031**
(0.015)
Neighbourhood Embeddedness 0.103***
(0.011)
Socio-demographic controls Yes
Means of time-varying variables Yes
Wave Dummies Yes
Observations 87,002
Number of persons 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,
respectively.
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Table B.3. Interaction effects between immigrant dummy and volunteering with life
satisfaction as the dependent variable (Correlated random effects approach)

Life satisfaction (dependent variable)

Model 1a
Immigrants Native (ref.)
-0.057***
(0.021)
Volunteering 0.052*
(0.016)
Immigrants x VVolunteering -0.054
(0.043)
Economic Integration
Employment Status
Employed(ref.)
Unemployed -0.368™*
(0.030)
Outside the labour market -0.015
(0.020)
Homeownership 0.065+*
(0.020)
Social Integration
Charitable behaviour 0.032%*
(0.015)
Social Network Size 0.012%**
(0.003)
Neighbourhood Embeddedness 0.103"**
(0.011)
Socio-demographic controls Yes
Means of time-varying variables Yes
Wave Dummies Yes
Observations 87,002
Number of persons 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Table B.4. Interaction effects between immigrant dummy and charitable behaviour with
life satisfaction as the dependent variable (Correlated random effects approach)

Life satisfaction (dependent variable)

Model 1a
Immigrants Native (ref.)
-0.025
(0.031)
Charitable behaviour 0.038**
(0.015)
Immigrant x Charitable behaviour -0.065
(0.037)
Economic Integration
Employment Status
Employed(ref.)
Unemployed -0.3687*
(0.030)
Outside the labour market -0.015
(0.020)
Homeownership 0.065***
(0.020)
Social Integration
Volunteering 0.048%**
(0.016)
Social Network Size 0.012%**
(0.003)
Neighbourhood Embeddedness 0.103***
(0.011)
Socio-demographic controls Yes
Means of time-varying variables Yes
Wave Dummies Yes
Observations 87,002
Number of persons 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Table B.5. Interaction effects between immigrant dummy and employment status with life
satisfaction as the dependent variable (Correlated random effects approach)

Life satisfaction (dependent variable)

Model 1a

Immigrants Native (ref.)
-0.077***

(0.022)
Employment Status
-0.381***
(0.032)
-0.016
(0.021)
Immigrants x Unemployment 0.109
(0.082)
Immigrants x Outside the labour market 0.012

(0.043)

Unemployed

Outside the labour market

Economic Integration
0.065***

(0.020)

Homeownership

Social Integration

Charitable Behaviour 0.031**
(0.015)

0.048%**
(0.016)

Volunteering

Social Network Size 0.012%**
(0.003)

Neighbourhood Embeddedness 0.103***
(0.011)

Socio-demographic controls Yes

Means of time-varying variables Yes
Wave Dummies Yes

Observations 87,002
Number of persons 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Table B.6. Interaction effects between immigrant dummy and homeownership with life
satisfaction as the dependent variable (Correlated random effects approach)

Life satisfaction (dependent variable)

Model 1la
Immigrants Native (ref.)
-0.026
(0.031)
Homeownership 0.074***
(0.020)
Immigrants x Homeownership -0.071
(0.038)
Economic Integration
Employment Status
Employed(ref.)
Unemployed -0.367%*
(0.030)
Outside the labour market -0.015
(0.020)
Social Integration
Charitable Behaviour 0.032%*
(0.015)
Volunteering 0.048**
(0.016)
Social Network Size 0.012%**
(0.003)
Neighbourhood Embeddedness 0.103***
(0.011)
Socio-demographic controls Yes
Means of time-varying variables Yes
Wave Dummies Yes
Observations 87,002
Number of persons 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Table B.7. Interaction effects between migrant dummy and job security with life
satisfaction as the dependent variable (Correlated random effects approach)

Life satisfaction (dependent variable)

Model 1a

Immigrants Native (ref.)
-0.075

(0.074)
0.125***
(0.028)
Immigrants x Job Security 0.003

(0.076)

Job Security

Economic Integration
0.048*

(0.025)
0.016%**
(0.003)

Homeownership

Work Autonomy

Social Integration
0.040*

(0.021)
0.015
(0.020)
0.012%**
(0.004)
0.091%**
(0.015)

Volunteering
Charitable Behaviour
Social Network Size

Neighbourhood Embeddedness

Socio-demographic controls Yes

Means of time-varying variables Yes
Wave Dummies Yes

Observations 43,146
Number of persons 24,833

The variables for job security and work autonomy are only applicable for employed individuals.
Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Table B.8. Interaction effects between immigrant dummy and work autonomy with life
satisfaction as the dependent variable (Correlated random effects approach)

Life satisfaction (dependent variable)

Model 1a

Immigrants Native (ref.)
0.060

(0.088)
0.017***
(0.003)
Immigrants x Work Autonomy 0.009

(0.006)

Work Autonomy

Economic Integration
0.049*

(0.025)
0.125%**
(0.026)

Homeownership

Job Security

Social Integration
0.040*

(0.021)
0.015
(0.020)
0.091%**
(0.015)
0.091%**
(0.015)

Volunteering
Charitable Behaviour
Social Network Size

Neighbourhood Embeddedness

Socio-demographic controls Yes

Means of time-varying variables Yes
Wave Dummies Yes

Observations 43,146
Number of persons 24,833

The variables for job security and work autonomy are only applicable for employed individuals.
Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Appendix B.2

Interaction effects between immigrant dummy and indicators of social and economic

integration (Mental health dependent variable)

Table B.9 Interaction effects between immigrant dummy and neighbourhood embeddedness with
mental health as the dependent variable (Correlated random effects approach)

Mental health (dependent variable)

Model la
Immigrants Native (ref.)
0.550
(0.330)
Neighbourhood Embeddedness 0.405***
(0.041)
Immigrants x Neighbourhood Embeddedness 0.078
(0.100)
Economic Integration
Employment Status
Employed(ref.)
Unemployed -0.940***
(0.067)
Outside the labour market -0.526™**
(0.077)
Homeownership 0.282**
(0.053)
Social Integration
Volunteering 0.203**
(0.059)
Charitable behaviour 0.035
(0.053)
Social Network Size 0.027***
(0.009)
Socio-demographic controls Yes
Means of time-varying variables Yes
Wave Dummies Yes
Observations 87,002
Number of persons 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent
levels, respectively.
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Table B.10 Interaction effects between immigrant dummy and social network size with mental health as
the dependent variable (Correlated random effects approach)

Mental health (dependent variable)

Model la
Immigrants Native (ref.)
0.066
(0.068)
Social Network Size 0.010™*
(0.005)
Immigrant x Social Network Size 0.012
(0.013)
Economic Integration
Employment Status
Employed(ref.)
Unemployed -0.940%**
(0.067)
Outside the labour market -0.306***
(0.043)
Homeownership 0.296%**
(0.052)
Social Integration
Volunteering 0.079™*
(0.034)
Charitable behaviour -0.007
(0.030)
Neighbourhood Embeddedness 0.184*=
(0.023)
Socio-demographic controls Yes
Means of time-varying variables Yes
Wave Dummies Yes
Observations 87,002
Number of persons 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,
respectively.
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Table B.11 Interaction effects between immigrant dummy and volunteering with mental
health as the dependent variable (Correlated random effects approach)

Mental health (dependent variable)

Model 1a
Immigrants Native (ref.)
0.382%**
(0.118)
Volunteering 0.048
(0.054)
Immigrants x Volunteering 0.160
(0.136)
Economic Integration
Employment Status
Employed(ref.)
Unemployed -0.922%
(0.067)
Outside the labour market -0.296™**
(0.043)
*k*k
Homeownership 0.282
(0.053)
Social Integration
Charitable behaviour 0.035
(0.091)
Social Network Size 0.027
(0.009)
Neighbourhood Embeddedness 0.397
(0.040)
Socio-demographic controls Yes
Means of time-varying variables ves
Wave Dummies Yes
Observations 87,002
Number of persons 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Table B.12. Interaction effects between immigrant dummy and charitable behaviour with
mental health as the dependent variable (Correlated random effects approach)

Mental health (dependent variable)

Model 1a
Immigrants Native (ref.)
0.028
(0.062)
Charitable behaviour 0.001
(0.031)
Immigrants x Charitable behaviour 0.090
(0.072)
Economic Integration
Employment Status
Employed(ref.)
Unemployed <0944+
(0.067)
Outside the labour market -0.306**
(0.043)
Homeownership 0.212%*x
(0.029)
Social Integration
Volunteering 0.078**
(0.034)
Social Network Size 0.011**
(0.005)
Neighbourhood Embeddedness 0.183***
(0.023)
Socio-demographic controls Yes
Means of time-varying variables Yes
Wave Dummies Yes
Observations 87,002
Number of persons 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Table B.13. Interaction effects between immigrant dummy and homeownership with
mental health as the dependent variable (Correlated random effects approach)

Mental health (dependent variable)

Model 1a
Immigrants Native (ref.)
0.095
(0.062)
Homeownership 0.041
(0.044)
Immigrants x Homeownership 0.141
(0.077)
Economic Integration
Employment Status
Employed(ref.)
Unemployed -0.940%*
(0.067)
Outside the labour market -0.356***
(0.044)
Social Integration
Charitable Behaviour 0.021
(0.031)
Volunteering 0.070**
(0.035)
Social Network Size 0.015**
(0.007)
Neighbourhood Embeddedness 0.182%*
(0.026)
Socio-demographic controls Yes
Means of time-varying variables Yes
Wave Dummies Yes
Observations 87,002
Number of persons 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Table B.14. Interaction effects between immigrant dummy and employment status with
mental health as the dependent variable (Correlated random effects approach)

Mental health (dependent variable)

Model 1a

Immigrants Native (ref.)
-0.016

(0.044)
Employment Status

-0.935***

(0.071)
-0.303***

(0.044)

Immigrant x Unemployment -0.081

(0.180)

Immigrant x Outside the labour market -0.036

(0.089)

Unemployed

Outside the labour market

Economic Integration
0.212***

(0.029)

Homeownership

Social Integration

Charitable Behaviour 0.008
(0.030)

0.078**
(0.034)

Volunteering

0.011%*
(0.005)

Neighbourhood Embeddedness 0.183***
(0.023)

Social Network Size

Socio-demographic controls Yes

Means of time-varying variables Yes
Wave Dummies Yes

Observations 87,002
Number of persons 45,096

Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Table B.15. Interaction effects between immigrant dummy and job security with mental
health as the dependent variable (Correlated random effects approach)

Mental health (dependent variable)

Model 1a

Immigrants Native (ref.)
0.206

(0.163)
0.625***
(0.065)
Immigrant x Job Security 0.161

(0.166)

Job Security

Economic Integration
0.040

(0.037)
0.051 %%+
(0.006)

Homeownership

Work Autonomy

Social Integration
0.083**

(0.035)
0.059
(0.041)
0.017**
(0.008)
0.135%**
(0.032)

Volunteering
Charitable Behaviour
Social Network Size

Neighbourhood Embeddedness

Socio-demographic controls Yes

Means of time-varying variables es
Wave Dummies Yes

Observations 43,146
Number of persons 24,833

The variables for job security and work autonomy are only applicable for employed individuals.
Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Table B.16. Interaction effects between immigrant dummy and work autonomy with mental
health as the dependent variable (Correlated random effects approach)

Mental health (dependent variable)

Model 1a

Immigrants Native (ref.)
0.191

(0.181)
Work Autonomy 0.052**
(0.006)
Immigrants x Work Autonomy 0.009
(0.011)
Economic Integration
0.041
(0.037)
0.607***
(0.061)

Homeownership

Job Security

Social Integration
0.083**

(0.035)

Volunteering

Charitable Behaviour 0.059
(0.041)

0.017%*
(0.008)

Neighbourhood Embeddedness 0.135%*=
(0.032)

Social Network Size

Socio-demographic controls Yes

Means of time-varying variables Yes
Wave Dummies Yes

Observations 43,146
Number of persons 24,833

The variables for job security and work autonomy are only applicable for employed individuals.
Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10
percent levels, respectively.
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Appendix C for Chapter 4

Table C.1 Descriptive statistics for main variables of interest: Weighted vs Unweighted

Variables Natives Immigrants Natives Immigrants
Means/Percentages Means/Percentages
Unweighted Weighted
Female 57% 58% 55% 56%
Relationship Status Unmarried 20% 17% 28% 23%
Married 73% 77% 66% 71%
Divorced 7% 6% 6% 6%
Healthy (lack of long-term illness/disability) 66% 73% 66%% 71%
Age 54 52 51 50
Educational Qualifications No qualifications 4% 6% 3% 3%
GCSE/Lower 25% 21% 29% 24%
A-Level 20% 17% 23% 14%
High Degree 51% 56% 45% 59%
Current household monthly income 3788 3991 3754 4042
Have Covid-19 Symptoms 3% 4% 3% 3%
Household Size 2 3 2 3
Employment status Employed 56% 59% 57% 60%
Furloughed 7% 6% 9% 9%
Unemployed 1% 4% 2% 3%
Outside labour market 36% 31% 32% 28%

Pre-pandemic levels of social integration

Neighbourhood Embeddedness (1-5) 3.24 3.20 3.13 3.16
Social Network Size (0-10) 4.95 4.79 4.79 4.53
Observations 23,890 2,295 22,575 2,049

Note: The difference between immigrants and natives across the socio-demographic are comparable in weighted and
unweighted versions.
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Table C.2. Comparing Mental Health of immigrants and natives before and during Covid-19 (Correlated random
effects approach)

Mental Health

Main effects
Migrant Dummy 0.155
(0.120)
Covid-19 Dummy -0.604***
(0.075)
Migrant x Covid-19 Dummy 0.127
(0.135)
Controls
Neighbourhood Embeddedness 0.300***
(0.036)
Social Network Size 0.028***
(0.009)
Homeownership 0.333***
(0.084)
Employment Status Employed(ref.)
Unemployed -0.655***
(0.196)
Outside the labour market -0.347***
(0.105)
Furloughed 0.032
(0.094)
Covid 19 Symptoms -0.548***
(0.114)
Female -0.762***
(0.052)
Marital status Married (ref.)
Unmarried -0.307***
(0.074)
Divorced -0.276**
(0.114)
Age 0.006
(0.037)
Age Squared 0.000
(0.000)
Healthy 0.576***
(0.047)
Education High degree (ref.)
No qualifications 0.666***
(0.123)
GCSE/Lower 0.259***
(0.067)
A level 0.220***
(0.068)
(log) Current Household Income -0.027
(0.020)
Household Size -0.031
(0.027)
Wave Dummies Yes
Means of Time Varying Variables Yes
Observations 26,185
Number of persons 9,932

Estimates were obtained from correlated random effects. CRE stands for correlated random effects. Means of time-variant
variables included in the regression include health, age, employment status, current household income, and covid-19
symptoms. Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,
respectively.
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Table C.3. The role of pre-pandemic neighbourhood embeddedness in mitigating the adverse well-being impact of
Covid-19 (Correlated random effects approach)

Mental Health

Migrant Dummy 0.744
(0.546)
Covid-19 Dummy -0.422**
(0.209)
Neighbourhood Embeddedness (NE) 0.364***
(0.048)
Migrant x NE -0.182
(0.161)
Covid-19x NE -0.084
(0.054)
Covid-19xMigrant -0.383
(0.596)
Migrant x Covid x NE 0.151
(0.178)
Controls
Social Network Size 0.027%**
(0.009)
Homeownership 0.334***
(0.084)
Employment Status Employed(ref.)
Unemployed -0.729***
(0.258)
Outside the labour market -0.428***
(0.109)
Furloughed -0.096
(0.095)
Covid 19 Symptoms -0.478***
(0.114)
Female -0.752%**
(0.052)
Marital status Married (ref.)
Unmarried -0.306***
(0.074)
Divorced -0.278**
(0.115)
Age 0.046
(0.043)
Age Squared 0.000
(0.000)
Healthy 0.582%**
(0.047)
Education High degree (ref.)
No qualifications 0.631***
(0.123)
GCSE/Lower 0.252%**
(0.067)
A level 0.227%**
(0.068)
(log) Current Household Income -0.033
(0.021)
Household Size -0.030
(0.027)
Wave Dummies Yes
Means of Time Varying Variables Yes
Observations 26,185
Number of persons 9,932

The table presents the estimation obtained from correlated random effects. Means of time-variant variables included in the
regression are health, age, employment status, current household income, and covid-19 symptoms. Robust standard errors
in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels, respectively.
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Table C.4. The role of pre-pandemic social network size in mitigating the adverse well-being impact of Covid-19
(Correlated random effects approach)

Mental Health

Migrant Dummy 0.117
(0.233)
Covid-19 Dummy -0.588***
(0.132)
Social Network Size (SNS) 0.040***
(0.013)
Migrant x Social Network Size 0.008
(0.041)
Covid-19x Social Network Size -0.021
(0.014)
Covid-19xMigrant 0.016
(0.257)
Migrant x Covid x Social Network Size 0.018
(0.043)
Controls
Neighbourhood Embeddedness 0.300***
(0.036)
Homeownership 0.335***
(0.084)
Employment Status Employed(ref.)
Unemployed -0.733***
(0.258)
Outside the labour market -0.427%**
(0.109)
Furloughed -0.093
(0.095)
Covid 19 Symptoms -0.477%**
(0.114)
Female -0.753***
(0.052)
Marital status Married (ref.)
Unmarried -0.302***
(0.074)
Divorced -0.278**
(0.115)
Age 0.048
(0.043)
Age Squared 0.000
(0.000)
Healthy 0.582%**
(0.047)
Education High degree (ref.)
No qualifications 0.634***
(0.122)
GCSE/Lower 0.251%**
(0.067)
A level 0.228***
(0.068)
(log) Current Household Income -0.032
(0.021)
Household Size -0.030
(0.027)
Wave Dummies Yes
Means of Time Varying Variables Yes
Observations 26,185
Number of persons 9,932

The table presents the estimation obtained from correlated random effects. Means of time-variant variables included in the
regression are health, age, employment status, current household income, and covid-19 symptoms. Robust standard errors in
parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels, respectively.
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Table C.5. Robustness check for selective attrition: Comparing life satisfaction of immigrants and natives

before and during Covid-19

Life Satisfaction

1) (2
May, July 2020 May, July, September 2020
Migrant Dummy -0.049 -0.044
(0.055) (0.055)
Covid-19 Dummy -0.217%** -0.207***
(0.037) (0.039)
Migrant Dummy x Covid-19 Dummy -0.115* -0.127*
(0.070) (0.077)
Socio-demographic controls
Employment Status Employed(ref.)
Unemployed -0.196*** -0.276***
(0.057) (0.068)
Outside the labour market -0.023 -0.016
(0.049) (0.050)
Fur|0ughed -0.113* -0.154**
(0.061) (0.069)
Covid 19 Symptoms -0.091 -0.139
(0.072) (0.086)
Female 0.015 0.027
(0.025) (0.026)
Marital Status Unmarried -0.419%* -0.406™**
(0.037) (0.039)
Divorced -0.308*** -0.306***
(0.051) (0.053)
Age -0.058*** -0.057**
(0.021) (0.023)
Age Squared 0.000*** 0.000***
(0.000) (0.000)
Healthy 0.422*** 0.438***
(0.027) (0.028)
Education High degree (ref.)
No qualifications -0.137** -0.132*
(0.070) (0.075)
GCSE/Lower -0.082*** -0.077**
(0.032) (0.033)
A level -0.040 -0.030
(0.032) (0.034)
(log) Current monthly Household Income -0.011 -0.009
(0.012) (0.015)
Homeownership 0.310*** 0.339***
(0.035) (0.037)
Household Size -0.059%** -0.061%**
(0.012) (0.013)
Observations 19,867 16,037
Number of persons 9,794 9,327

Estimates were obtained from correlated random effects. Regression includes means of time-variant variables.
Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,
respectively.
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Table C.6. Robustness check for selective attrition: The role of pre-pandemic neighbourhood embeddedness in
mitigating the adverse well-being impact of Covid-19

Life Satisfaction

May and July 2020 May, July, September 2020
Migrant Dummy 0.273 0.267
(0.224) (0.223)
Covid-19 Dummy 0.088 0.098
(0.087) (0.094)
Neighbourhood Embeddedness (NEo) 0.236*** 0.232***
(0.022) (0.022)
Migrant Dummy x NEo -0.104 -0.101
(0.067) (0.067)
Covid-19 x NEo -0.092*** -0.092***
(0.025) (0.026)
Covid-19 x Migrant Dummy -0.790** -0.731**
(0.309) (0.338)
Migrant Dummy x Covid Dummy x NEo 0.210** 0.189*
(0.093) (0.102)
Observations 19,867 16,037
Number of persons 9,794 9,327

The table presents the estimation obtained from correlated random effects. Regressions include socio-demographic controls
and means of time-variant variables which include health, age, employment status, current household income, and covid-
19 symptoms. Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent
levels, respectively.

Table C.7. Robustness check for selective attrition: The role of pre-pandemic social networks size in mitigating the adverse
well-being impact of Covid-19

Life Satisfaction

1) (2
May and July 2020 May, July, September 2020
Migrant Dummy 0.099 0.115
(0.096) (0.097)
Covid-19 Dummy -0.084* -0.074
(0.045) (0.048)
Social network size 0.027*** 0.026***
(0.003) (0.003)
Migrant Dummy x Social network size -0.028* -0.030*
(0.015) (0.015)
Covid-19x Social network size -0.024*** -0.024***
(0.005) (0.005)
Covid-19xMigrant Dummy -0.336*** -0.325%**
(0.104) (0.125)
Migrant Dummy x Covid-19 Dummy x Social network size 0.042%** 0.038*
(0.015) (0.020)
Observations 19,867 16,037
Number of persons 9,794 9,327

Estimates obtained from correlated random effects. Regressions include socio-demographic controls, wave dummies and means of
time-variant variables including health, age, employment status, current household income, and covid-19 symptoms. We also
control for pre-pandemic neighbourhood embeddedness. Robust standard errors in parentheses ***, ** * denote statistical
significance at the 1, 5, and 10 percent levels, respectively.
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Table C.8. The role of an alternative composition of neighbourhood embeddedness (range from 1-30) in mitigating the
adverse well-being impact of Covid-19

Life Satisfaction

Migrant Dummy 0.394
(0.248)
Covid-19 Dummy 0.148*
(0.088)
Neighbourhood Embeddedness (NEo) 0.051***
(0.004)
Migrant Dummy x NEo -0.021*
(0.012)
Covid-19 x NEo -0.015***
(0.004)
Covid-19 x Migrant Dummy -0.843***
(0.298)
Migrant Dummy x Covid Dummy x NEo 0.035**
(0.014)
Observations 30,417
Number of persons 10,534

The table presents the estimation obtained from correlated random effects. Regressions include socio-demographic controls, wave
dummies and means of time-variant variables which include health, age, employment status, current household income, and covid-
19 symptoms. Robust standard errors in parentheses ***, ** * denote statistical significance at the 1, 5, and 10 percent levels,
respectively.
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