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Abstract 

The Ecuadorian páramo ecosystems play an important role in providing the local population 

with drinking water, irrigation, hydropower generation, carbon storage, and agricultural 

production. In Ecuador, páramo vegetation has suffered significant degradation and loss due 

to land use change. This has had a major impact on the capability of the ecosystems to resist or 

adapt to external pressures such as climate change. This research aims to understand the 

effects of climate change on the Ecuadorian páramo ecosystems and the potential 

consequences on the ecosystem services they provide.  

This study applies state-of-the-art techniques to evaluate: a) the impact of climate change on 

the climatic niche distribution of the páramo ecosystems based on future greenhouse gas 

concentration scenarios; b) the amount of carbon stored in both soil and vegetation for key 

types of páramo ecosystems; and c) the future exposure of the Ecuadorian páramos to land 

use pressures, considering climate as a determining factor for increases or decreases in 

the farming frontier.  

The research show that in 30 (2050) to 50 (2070) years, páramo ecosystems with isolated or 

restricted distribution could suffer significant niche contraction (>60%) or niche extinction 

(100%), while ecosystems with a broad distribution seem less vulnerable (<60%). The carbon 

(C) estimates show that C in soils could vary from 87.7 to 278.9 ton C/ha, while in vegetation 

could range from 5.3 to 8.9 ton C/ha in grassland and shrubland vegetation, and 96.3±32.4 ton 

C/ha in forest. Soil C stock is influenced by altitude and climatic conditions such as 

precipitation and temperature. The farming frontier could increase in 23% (2050) to 35% 

(2070) towards and within the páramo areas, most of them occurring in areas without 

protection (16%-21%). This study reveals considerable challenges for the future of the 

Ecuadorian páramo, highlighting the need to implement adaptation strategies in these natural 

areas.
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Chapter I 
General Introduction 

 

1.  Introduction 

 

The tropical Andes are characterized by containing a mosaic of ecosystems with an 

extraordinary biological and cultural diversity (Josse et al., 2009). The complex topography of 

the region results in diverse physical conditions that create unique habitats (Marengo et al., 

2009). For more than 10,000 years, the well-being of human populations has been linked to 

the functioning of tropical Andean ecosystems. At present, millions of people depend on the 

Andean ecosystems as a source of fresh water, food, cultural importance, ecosystem goods, 

and services (Josse et al., 2009). Recently, in the tropical Andes, ranges of natural climatic 

variability have been recorded that exceed the historically documented thresholds (Anderson 

et al., 2017). In turn, there is concern about the general warming trends that are occurring and 

their implications for the integrity of the ecosystems and the human populations that depend 

on them. This study focuses on one of the most vulnerable Andean ecosystems known as 

páramos. 

 

The páramo ecosystems consist of neo-tropical alpine vegetation ranging from Colombia to 

northern Peru along the Andes region, generally above 3,500 m.a.s.l (Buytaert et al., 2005b). 

These ecosystems are characterized by high endemism and diversity of their 

tropical high mountain flora which are linked to their evolutionary history (Hooghiemstra et 

al., 1995). The gradual rise of the Andes and the effects of glacial cycles in Pliocene and 

Pleistocene periods shaped this landscape (Hooghiemstra et al., 1995). The páramo landscape 

consists of uneven plains and valleys of glacial origin with a great variety of lagoons, wetlands 

and wet meadows (Mena and Ortiz, 2006). The páramo vegetation is dominated by 

herbaceous and shrubby plants communities located between the upper limit of the Andean 

forest and the perpetual snow (Molinillo and Monasterio, 2003; Hofstede et al., 2014).  

 

The páramo region provides important ecosystem services for all Andean populations including 

water provision and regulation, carbon storage and livestock production, among others 

(Hofstede et al., 2003; Hofstede et al., 2014). The páramo vegetation constitutes the main 

source of water for the highlands of the Andes (Buytaert et al., 2006b). In fact, these 

ecosystems are considered the main source of water for the Andean region of Colombia and 

Ecuador and to a lesser extent also of Venezuela and Peru (Buytaert et al., 2006a). The 
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vegetation functions as a giant sponge, storing and releasing water during the year, thereby 

ensuring the provision of water during dry periods in Andean regions (Buytaert et al., 2005b). 

This property is mainly due to the large accumulation of organic matter and the morphology of 

páramo plants (Mena et al., 2000). These plants are characterized by the predominance of 

small thick leaves with abundant trichomes which favour water accumulation (Llambí et al., 

2012). Páramo soils are capable of regulating water flow from precipitation and snow melting 

from the glaciers (Mena et al., 2000), allowing their permanent use for irrigation, hydropower 

generation, and agricultural production (Smith and Cleef, 1988; Mena and Hofstede, 2006; 

Hofstede et al., 2014; Malagón and Pulido, 2000). Due to the great accumulation of organic 

matter in soils favoured by the cold and humid climate as well as by the low atmospheric 

pressure (Buytaert et al., 2006b), the páramo ecosystem is considered as a globally important 

reservoir of organic carbon and a natural mitigator of climate change (Winckell et al., 1991; 

Hofstede et al., 2014; Mena et al., 2000). 

 

For decades, the Ecuadorian páramo ecosystem has suffered significant degradation and loss 

due to intensive land use pressure and land conversion, ǿƘƛŎƘ Ƙŀǎ ŘŀƳŀƎŜŘ ǘƘŜ ǾŜƎŜǘŀǘƛƻƴΩǎ 

biophysical properties and reducing its capability to provide and regulate water, and to store 

carbon (Buytaert et al., 2011; Buytaert et al., 2005b; Buytaert et al., 2006b). These impacts are 

likely to be exacerbated in the future due to population growth, increases in living standards, 

expansion of the agricultural frontier and intensification of livestock grazing (Buytaert et al., 

2011; Buytaert et al., 2006a). These anthropogenic interventions have caused not only severe 

impact on the ecosystem services provision but have also reduced the ecosystemΩs capability 

to resist or adapt to external pressures such as climate change (Mena and Hofstede, 2006; 

Buytaert et al., 2006b; Hofstede et al., 2014).  

 

Although the effects of climate change have been widely documented in all continents over 

the years, the published information is still scarce for the tropical Andes, making forecasts 

about the fate of the Andean ecosystems difficult (Herzog et al., 2012). There is a high level of 

uncertainty about the magnitude of the effects of climate change in Andean regions; however, 

the impacts of this phenomenon are certainly exacerbated in high mountain ecosystems 

(Beniston et al., 1997; Urrutia and Vuille, 2009; Solman et al., 2008; Marengo et al., 2009). In 

ecosystems with highly specialized habitat, limited environmental tolerance and a high 

dependence on the resources they provide, as in the páramo ecosystems, the level of 

vulnerability to climate change is high (Herzog et al., 2012). In theory, global warming and 

changes in precipitation patterns could lead to diverse ecosystem responses including 
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tolerance and adaptation, migration to emerging gradients, or extinction due to an inability to 

adapt or move (Herzog et al., 2011, Parmesan and Yohe, 2003, Thomas et al., 2004). 

Temperature increases, increased seasonality and reduction in precipitation due to climate 

ŎƘŀƴƎŜ ŎƻǳƭŘ ŀƭǎƻ ŀƭǘŜǊ ǘƘŜ ǇłǊŀƳƻΩǎ hydrological function since the key to high infiltration and 

water storage lies in the slow decomposition of soil organic matter which depends directly on 

cold weather and permanent humidity (Buytaert et al., 2006b; Buytaert et al., 2009). 

Influenced by future global warming, the capacity of páramo ecosystems to store and 

sequester carbon from the atmosphere could be reduced transforming them into net emitters 

of greenhouse gases (e.g. CO2 and CH4) (Herzog et al., 2012). The magnitude and consequences 

of these changes for the ecosystem services provided by the páramo vegetation are poorly 

understood. 

 

Understanding the factors that are causing changes in ecosystems and ecosystem services is 

essential to design strategic interventions to minimize negative impacts (Millennium 

Ecosystem Assessment, 2005). The evaluation of ecosystem services requires the 

measurement, modelling and monitoring of ecosystem functions as a basis to promote the 

sustainable use of biodiversity, ecosystems, and natural resources in general (Carpenter et al., 

2009). Among the variety of methodological approaches aimed at exploring the functions of 

ecosystems, biophysical models have excelled due to the multitude of uses for scientists, 

managers, and policymakers who investigate and govern natural processes (Bellocchi et al., 

2011). The biophysical models are considered the most objective and effective way to project 

future ecological consequences caused by diverse drivers such as climate change (Wainwright 

and Mulligan, 2005); for this reason, they were used as main basis for the analyses.  

 

One of the main strengths of the models is the exploration of interactions and feedback of 

natural and semi-natural systems (Wainwright and Mulligan, 2005), which help identify 

uncertainties in areas that lack knowledge. The accuracy of a model is determined, on the one 

hand, by the authenticity of the algorithms used to describe the real-world processes and also 

by the quality of the input data and the data used to evaluate the results (Bellocchi et al., 

2011). Sadly, in most places (such as Ecuador), modellers often face with deficient databases 

because data monitoring is usually limited to a few points where the samples are collected and 

analysed with some intermittent frequency affecting the robustness of the models (Bellocchi 

et al., 2011).  
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Models are a simplification of a real natural system in which only the components that are 

considered relevant to the problem in question are represented (Wainwright and Mulligan, 

2005). Consequently, one of the main problems of the models is the exclusion of important 

factors in their construction, including socio-economic and political variables that could 

influence future impacts and consequences on natural systems. Unfortunately, it is impossible 

to model all the potential motive forces affecting natural systems (Araújo et al., 2005) due to 

information constraints and since running complex models requires resources so expensive 

that relatively few countries (e.g. USA, UK and Japan) can afford them (Lahsen, 2005).  

 

Models uncertainty is of great relevance in evaluating the impacts of climate change (Beven, 

2007). Uncertainty could be caused by small errors in the input data that, although they do not 

affect the adjustment of the model in the time frame for which historical data are available, 

when they are extrapolated for longer periods of time they could cause significant deviations. 

The uncertainty linked to model predictions is often ignored by scientists and decision makers, 

or interpreted as a mere disagreement between experts; although, it is an important criterion 

in decision making (Beven, 2007). With this in mind, this study endeavoured to reduce the 

uncertainty surrounding climate change projections available for the Andes (Buytaert et al., 

2009; Tovar et al., 2013) by using an ensemble approach based on two time horizons (2050 & 

2070), two GHG emission concentration scenarios (RCP 4.5 & RCP 8.5) and several Global 

Climate Models (GCMs). This decision allowed for the control of  errors and uncertainties in 

the individual models (Araújo and New, 2007). Models were also evaluated in terms of their 

predictive capacity and validated by comparing the simulated data with the real observation 

data as suggested by experts (Risbey et al., 1996; Pérez-Maqueo et al., 2006). 

 

Although models inevitably present limitations linked with simplified assumptions and 

uncertainty (Wiens et al., 2009), not using them is not really an option because it results better 

than simply guessing what the future may hold and expect to be right. When model limitations 

are well-understood it is possible to make good use of them (Whittaker et al., 2005; Heikkinen 

et al., 2006). Model based investigations could constitute an important source of information 

by which scientists can interact and influence policy at local, regional, national, and 

international levels. Models are also considered beneficial in cases in which the collection of 

primary data is costly (Eigenbrod et al., 2010b) or limited, as in the case of Ecuador. In this 

context, biophysical models were used to communicate the diverse trajectories that páramo 

ecosystems could take in the coming decades due to climate change based on certain 

assumptions. The generation of models in this study is considered a significant contribution 
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that favoured the exploration of some of the aspects that are currently influencing the 

behaviour of páramo ecosystems with results well-adjusted to the empirical data.  

 

This research was designed to contribute to the need for scientific information on three main 

aspects related to some of the strategic ecosystem services provided by the Andean páramo 

ecosystems. In the first place, this study considers páramo biodiversity as a fundamental 

element to support ecosystem services (Balvanera et al., 2006; Haines-Young and Potschin, 

2018). It contemplates that any alteration to the structural diversity of ecosystems can directly 

influence the provision of environmental services, such as provisioning and maintenance of 

habitat, reducing the resilience of ecosystems to environmental change (Millennium 

Ecosystem Assessment, 2005; Chapin III et al., 2000). Secondly, the potential of páramo 

ecosystems as providers of regulating services focused on their role as natural carbon sinks is 

evaluated. From a socioenvironmental point of view, páramo ecosystems function as provider 

of food was also analysed from the perspective of the impact that farming expansion could 

have on these natural areas. In this context, this study was focused on: 

 

a) Predicting the impact of climate change on the climatic niche distribution of the eleven 

types of páramo ecosystems existing in the Ecuadorian Andes, considering current 

(1950-2000) and future (years 2050 & 2070) environmental conditions. 

b)  Quantifying the carbon stocks, in both soil and vegetation for ten key types of páramo 

ecosystems located in the Andes of Ecuador, based on secondary information 

compiled from literature generated over 15 years. 

c)   Analysing future changes induced by climate change in edapho-climatic suitability for 

three common Andean crops (i.e. potato, soft maize, and quinoa), as indicators of 

potential land use threats to the survival of the Andean páramo ecosystems.  

 

To provide a background to the research objectives and put the results in context, general 

information about the páramo ecosystems is presented below. The following aspects are 

included: the origin of the Andean páramo ecosystems, current spatial distribution of the 

páramo ecosystems in the Andes, climatic conditions found in the Ecuadorian Andes as well as 

description of the eleven páramo ecosystems and páramo soils existing in Ecuador. Finally, an 

explanation of the ecosystem services provided by the Ecuadorian páramo ecosystem, and the 

anthropogenic pressures and the effects of climate change on the region are presented. 
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2.  Recent Frameworks on Ecosystem Services 

 

Ecosystem services are understood as the benefits that functional ecosystems provide to 

people (Millennium Ecosystem Assessment, 2005; Costanza et al., 1997). This simple definition 

appeared in the 1970s but it was not until the 1990s that it gained great momentum in the 

scientific literature (De Groot, 1992; Costanza et al., 1997; Daily, 1997). Parallel to these 

events, the concept of natural capital was developed (Costanza and Daly, 1992; Jansson, 1994; 

Dasgupta et al., 2000). Natural capital consider non-renewable resources, renewable 

resources, and ecosystem services as the biophysical basis for social and economic 

development (Common and Perrings, 1992; Arrow et al., 1996). The concept of ecosystem 

services has continued to evolve over the years. Boyd and Banzhaf (2007), for example, 

ƛƴǘǊƻŘǳŎŜŘ ǘƘŜ ŎƻƴŎŜǇǘ ƻŦ  άŦƛƴŀƭ ŜŎƻǎȅǎǘŜƳ ǎŜǊǾƛŎŜέ ǳƴŘŜǊǎǘƻƻŘ ŀǎ άthe components of 

nature, directly enjoyed, consumed, or used to yield human well-beingέ (Boyd and Banzhaf, 

2007). Fisher (2008), contributed by separating ecosystem services into intermediate and final 

services and benefits, explaining that in accounting and valuation exercises only the benefits 

generated by the final services can be aggregated, and hence, avoid double counting.  

 

More recently, Braat (2013) stated that ecosystem processes and functions should not be 

considered synonymous of ecosystem services. Ecosystem processes and functions should be 

understood as the biophysical relationships that exist independently of any benefit they may 

offer to humanity. In contrast, ecosystem services are processes and functions that benefit 

people, consciously or unconsciously, directly or indirectly (Braat, 2013). Haines-Young and 

Potschin (2018) suggested to frame the concept of ecosystem services by differentiating 

ōŜǘǿŜŜƴΥ ŀύ άŦƛƴŀƭ ŜŎƻǎȅǎǘŜƳ ǎŜǊǾƛŎŜǎέ ǳƴŘŜǊǎǘƻƻŘ ŀǎ ƴŀǘǳǊŀƭΣ ǎŜƳƛ-natural or artificial 

contributions of ecosystems to human well-being; ōύ άŜŎƻǎȅǎǘŜƳ ƎƻƻŘ ƻǊ ǇǊƻŘǳŎǘέ ŀǎ ǘƘŜ 

things that people create from these final services contributing to human well-being ; and c) 

άōŜƴŜŦƛǘέ ǘƻ ǊŜŦŜǊ ǘƻ ƘǳƳŀƴ ŀŎŎŜǎǎ ǘƻ ǎƻƳŜ ƎƻƻŘ ƻǊ ǇǊƻŘǳŎǘ ǇǊƻǾƛŘŜŘ ōȅ ǘƘŜ ŜŎƻǎȅǎǘŜƳ 

producing well-being.  

 

Given the growing interest in ecosystem services, over time appeared necessary to facilitate 

the discussion and systematic analysis of ecosystem services. Thus, in 2002, De Groot et al. 

(2002) proposed a classification system specifying the relationship and transitions of 

ecosystem processes and components and their transition to goods and. Later on, in 2005, the 

concept of ecosystem services was put into practice through the Millennium Ecosystem 

Assessment (MEA) (Millennium Ecosystem Assessment, 2005) by classifying the ecosystem 
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services into four categories: provisioning, regulation, cultural and support. This classification 

included both those direct contributions to human wellbeing from the biotic and geotic 

structure of ecosystems, such as food or water (provisioning services); indirect contributions to 

human well-being from the functioning of ecosystems, such as water regulation or air 

purification (regulatory services), soil formation, photosynthesis and nutrient cycling 

(supporting services); and non-material and intangible contributions that society obtains 

through direct experience with ecosystems and biodiversity, such as sacred sites or recreation 

(cultural services) (De Groot et al., 2010a; Millennium Ecosystem Assessment, 2005).  

 

Various classifications of ecosystem services have been developed since the MEA, launched by 

the United Nations Environmental Programme (UNEP) and criticized for not having considered 

the economic aspects of ecosystem change (De Groot et al., 2010b). Thus, in 2008, the 

Economics of Ecosystems and Biodiversity (TEEB) study (European Communities, 2008), an 

important European initiative, proposed a framework considering the global economic 

benefits of biodiversity, highlighting the increasing costs of biodiversity loss and ecosystem 

degradation (De Groot et al., 2010b; Balmford et al., 2008; Ring et al., 2010). Nowadays, 

conceptual frameworks continue to develop, such as the Common International Classification 

of Ecosystem Services (CICES) proposed by the European Environment Agency (EEA). CICES 

focuses on developing a hierarchically consistent, and science-based classification to be used 

for ecosystem mapping and accounting purposes (Haines-Young and Potschin, 2018). Other 

similar approaches like the Final Ecosystem Goods and Services Classification System (FEGS) 

developed by the U.S. Environmental Protection Agency have also emerged. This American 

initiative is focused on providing a foundation for measuring, quantifying, mapping, modelling, 

and valuing ecosystem services applicable at multiple scales (Costanza et al., 2017).  

 

Until now, there is no agreement about the adequate differentiation between ecosystem 

functions and services, and their appropriate classification and quantification (Daily, 1997; 

Boyd and Banzhaf, 2007; Wallace, 2007; Fisher et al., 2009). Discussions continue around the 

place of biodiversity in the framework, the adequate differentiation of ecosystem from 

landscape functions and services, the way of valuing services provided by natural systems 

versus those cultivated (e.g. fish from the ocean versus fish from aquaculture), and the 

ǳƴŘŜǊǎǘŀƴŘƛƴƎ ƻŦ ά[ŀƴŘ ǳǎŜ ŦǳƴŎǘƛƻƴέ (Pérez-Soba et al., 2008) or ''Land function'' (Bakker and 

Veldkamp, 2008; Verburg et al., 2009), where the latter combines functions, services and 

benefits (De Groot et al., 2010a). Despite some differences in the details, the classification 

systems that have been proposed worldwide in the last twenty one years are very similar and 
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have not deviated significantly from the original list of ecosystem services suggested by 

Costanza back in 1997 (Costanza et al., 2017). It would appear that it is time to accept that no 

classification is capable of capturing the many ways in which ecosystems support human life 

and contribute to human well-being (De Groot et al., 2010b). However, for an ecosystem 

assessment on a global scale, having terminology and standard classifications remains a 

necessity (De Groot et al., 2010b).  

 

3. The Origin of the Andean Páramo Ecosystems 

 

The entire flora located in Andean habitats above the treeline, is presumed to be very young 

and derived from habitats located in lower altitudes (Simpson, 1983). It is believed that the 

floristic differences in the vegetation of the Andes are due to the reception of propagules from 

different regions of the world and the different rates of survival of immigrant species 

(Simpson, 1983). The northern Andes received a more diverse range of settlers than any other 

high-altitude region across the Andes, providing more suitable habitats for species 

establishment and survival (Simpson, 1983). Several plant species that colonized the Andean 

habitats experienced autochthonous radiation, causing endemic speciation within certain 

habitat groups (Simpson, 1983). In the specific case of the páramo flora, its evolution has been 

determined by its tertiary volcanic history as well as by biophysical factors such as geographic 

isolation, moisture regimes, mother rock substrates (igneous over metamorphic), habitat 

diversity and  human influence (Simpson, 1974; Vuilleumier and Monasterio, 1986; Luteyn and 

Balslev, 1992). The high diversity and endemism of the páramo flora is directly linked to its 

evolutionary history caused by the gradual ascent of the Andes and glacial events that 

occurred during the Pliocene and Pleistocene periods (Hooghiemstra et al., 1995; Van der 

Hammen and Cleef, 1986).  

 

During the glaciations, the páramo vegetation located in the Northern Andes, became more 

diverse compared to mountainous flora located along the Southern Andes (Simpson, 1983). 

The climatic events during the Pleistocene era significantly influenced the levels of 

autochthonous speciation (Simpson, 1983). This speciation was caused by the retraction and 

dispersion of the genera during periods of isolation (Simpson and Todzia, 1990). The 

ŎƻƳǇƻǎƛǘƛƻƴ ƻŦ ǇłǊŀƳƻΩǎ ƻǊƛƎƛƴŀƭ ŦƭƻǊŀ ƛǎ ƴŜƻǘǊƻǇƛŎŀƭ ŀƴŘ ŎƘŀǊacterized by species coming from 

temperate areas of both hemispheres with a greater contribution from the northern 

hemisphere ό{ƪƭŜƴłǌ Ŝǘ ŀƭΦΣ нлммύ. Volcanism also played an important role in the formation, 

population and distribution of ecosystems in the Andes ό{ƪƭŜƴłǌ Ŝǘ ŀƭΦΣ нлмлΤ {ŀƭŀƳŀƴŎŀΣ мффнύ. 

Differences could be found between páramo vegetation located in the Andes of Venezuela, the 
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Eastern Cordillera of the Andes in Colombia and certain parts of the Central Cordillera versus 

páramo flora found in Western and Central Andes of Colombia and the majority of the 

Ecuadorian Andes. These differences are a consequence of non-volcanic and volcanic origin 

across the regions (Clapperton, 1993; Graham, 2009).  

 

4.  Spatial Distribution of the Andean Páramo Ecosystems 

 

The páramo vegetation extends discontinuously along the High Andean region of Venezuela, 

Colombia, Ecuador and Peru between latitudes of 11° north and 8° south with small and 

disconnected extensions as far as Costa Rica and Panamá, covering in total 37,424 km2 (Table 

1.1 and Fig. 1.1) (Buytaert et al., 2006a; Hofstede et al., 2003). In Central America, the páramo 

vegetation occupies an area equivalent to 170 km2, distributed along the Talamanca Cordillera 

between Costa Rica and Panama reaching altitudes between 3,000 and 3,819 m.a.s.l. 

(Hofstede et al., 2014). In Venezuela, páramo ecosystems cover an area of approximately 

2,660 km2 and can be found in the Mérida Cordillera, Serranía de Tamá, Serranía de Trujillo, 

and Sierra de Perijá regions (Hofstede et al., 2014). Most of the Venezuelan páramo vegetation 

is located above 3,000 m.a.s.l., except for that located in the south of Merida State, central-

south of Táchira and Trujillo-Lara frontier (Molinillo and Monasterio, 2003). Peruvian páramo 

vegetation covers an extension of 462 km2 and is located along the Andes and the Guamaní 

Cordilleras between 3,000 m.a.s.l. and 3,600 m.a.s.l (Hocquenghem, 1998; Hofstede et al., 

2014) (Table 1.1 and Fig. 1.1).  

 

The countries that have the largest area of páramo vegetation are Colombia and Ecuador. In 

Colombia, the páramo land covers and extension of 19,330 km2 and extends over the entire 

Andean stretch and the Sierra Nevada of Santa Marta (Morales, 2007; Hofstede et al., 2014) 

(Table 1.1 and Fig. 1.1). Colombian páramos vegetation is generally found above 3,000 m.a.s.l., 

except for certain a-zonal páramo patches located from 2,500 m.a.s.l. (Hofstede et al., 2014). 

In Ecuador, the páramo vegetation extends from the border with Colombia to the North and to 

the Peruvian border to the South, covering 14,802 km2 equivalent to 5.8% of national territory 

(MAE, 2013b). Ecuadorian páramo vegetation is distributed above the forest tree line along 

Eastern and Western Andes cordillera (Hofstede et al., 1998) (Table 1.1 and Fig. 1.1).The 

Eastern Cordillera has the greatest extension of páramo vegetation, forming an uninterrupted 

páramo complex from Carchi to Cañar (Fig. 1.1). Páramo vegetation located in the Western 

Cordillera is more fragmented; however, they include a non-fragmented páramo patch located 

between the provinces of Tungurahua, Chimborazo, and Bolivar (Fig. 1.1). In terms of 
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altitudinal range, páramo ecosystems located at the centre and north of the country are 

generally found above the 3,500 m.a.s.l., whereas páramo ecosystems located at the south 

(Azuay and Loja provinces) are found at 2,800/3,000 m.a.s.l. (Hofstede et al., 2014; Smith and 

Cleef, 1988). 

 
Figure 1.1 Spatial distribution of the páramo ecosystems in the Andes Cordillera. 
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Table 1.1 Area of Páramo Vegetation per Country. 

Country Location Páramo Area (km
2
) %* 

Panama Central America 20 0.1 

Costa Rica Central America 150 0.4 

Peru South America 462 1.2 

Venezuela South America 2,660 7.1 

Ecuador South America 14,802 39.6 

Colombia South America 19,330 51.7 
Total 37,424 100 

      * Percentage with respect to the total páramo area.  
 

5.  Climatic Conditions in the Ecuadorian Andes 

 

The Ecuadorian Andes have a climate influenced by several processes that occur on a large 

scale (Vuille et al., 2000). In the south-west of the Andes, the Humboldt Pacific current brings 

masses of cold and dry air, producing a semi-arid climate. Towards the northern Andes there is 

a tropical humid climate caused by the masses of warm and humid air that occur in the 

equatorial Pacific as well as the eastern slopes of the Andes which are permanently humid due 

to the influence of the Amazon basin (Vuille et al., 2000). In contrast, the inter-Andean valley is 

typically drier than the eastern side of the Andes due to the loss of humidity of the air masses 

during the orographic uplift that occurs on the outer slopes of the Andes (Vuille et al., 2000; 

Buytaert et al., 2010). Precipitation and temperature variability at inter-annual time scale in 

the Andes Cordillera is largely dominated by the tropical Pacific sea surface temperature (SST), 

with the presence of El Niño phenomenon causing inter-annual warmer and drier conditions in 

most of the Ecuadorian Andes except at the southwest of the Andes where opposing 

conditions tend to prevail because of the La Niña phenomenon (Francou et al., 2004; Vuille et 

al., 2000; Buytaert et al., 2010).  

 

In general,  the páramo region is characterized by a tropical climate typical of high mountain 

areas in South America (Buytaert et al., 2006a)Φ 5ǳŜ ǘƻ ǘƘŜ ǇłǊŀƳƻΩǎ  proximity to the equator, 

the daily solar radiation is intense and almost constant throughout the year (Buytaert et al., 

2006a). Páramo ecosystems depend considerably on direct solar radiation as their main 

contributor of temperature while cloud cover reduces insolation drastically (Ramsay, 1992). 

During the night, cloudiness reduces thermal loss through long wave radiation, dampening 

temperature variation, restricting both the maximum and minimum temperatures (Ramsay, 

1992). Despite the high radiation typical of these altitudes and latitudes, the 

evapotranspiration is very low, ranging between 1 to 1.5 mm day. These conditions are 

favoured by the abundance of xerophytic grasses and herbs with low transpiration 

characteristics (Buytaert, 2004).  
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In the páramo region, annual average temperature ranges between 2°C to 10°C, with daily 

variations ranging from below 0°C to >25°C being common (Hofstede et al., 2002a; Llambí et 

al., 2012; Mena et al., 2000). There are noticeable temperature variations in both Cordilleras 

marked by altitudinal floors (Camacho, 2014). The rate of average temperature change in 

relation to altitudinal variation is typically between 0.5 to 0.6 °C for each 100 metres (Buytaert 

et al., 2006a). Páramo vegetation located in the Central (Eastern Andes) and Western 

Cordilleras, at 3,000-3,600 m.a.s.l. and at 3,200-3,900 m.a.s.l., respectively, experience 

temperatures ranging from 6°C to 12°C. In contrast, temperatures between 3°C to 6°C are 

present in vegetation located from 3,600 (Eastern Andes) and 3,900 m.a.s.l. to 4,700 m.a.s.l. 

(Western Andes) (Cañadas Cruz, 1983). From 4,000 to 5,000 m.a.s.l, temperatures under zero 

are commonly registered at night, causing frost, although, below this altitude, this 

phenomenon rarely occurs (Buytaert et al., 2006a).   

 

In the Ecuadorian Andes, precipitation has typically high frequency and low intensity  and is 

determined by orography and the influence of wind, which causes a high spatial and temporal 

variability (Buytaert et al., 2010; Buytaert, 2004). Annual precipitation varies from less than 

500 mm in the inter-Andean valley and the southwestern Pacific slopes, to more than 3000 

mm in the outer Amazonian slopes (Hofstede et al., 2002a; Llambí et al., 2012; Luteyn and 

Balslev, 1992; Mena et al., 2000). The Humboldt Current brings drier air masses from the 

Pacific so páramo vegetation located in the Western, Central, and Southern Cordilleras receive 

less precipitation than in the North (Vuille et al., 2000). In contrast, the Eastern Cordillera is 

dominated by humid winds from the Tropical Atlantic and the Amazon basin causing a 

predominantly humid and hyper-humid rainy climate (Vuille et al., 2000; Vuille et al., 2008). In 

addition, the relative humidity in the páramo region is often very high, around 80% to 98% 

during most of the day (Mena et al., 2000). The constant humidity in the páramo region is 

mainly caused by indirect forms of precipitation, such as fog and drizzle, which results in 

permanent moisture in the soil (Mena et al., 2000). Humidity has a variable and seasonal 

pattern registering its maximum value in the rainy season (January to April) and its lowest 

value during the dry period (July and August) with continuous presence of fog through the year 

(Hofstede et al., 2014).  

 

6.  Ecuadorian Páramo Ecosystems 

 

The Andean páramo ecosystems are considered to have the richest tropical mountain flora in 

the world (Smith and Cleef, 1988). This vegetation is characterized by a high degree of 

endemism in terms of species and genera (Sklenar and Ramsay, 2001). In general, a total of 
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3,595 páramo plant species have been reported of which 42% (1,524 species) can be found in 

Ecuador, making it the country with the most diverse páramo flora with respect to its national 

area ό{ƪƭŜƴłǌ Ŝǘ ŀƭΦΣ нллрύ. Of the total Ecuadorian páramo species, 17% (628 species) are 

endemic which represents 15% of the national endemic flora (León-Yánez et al., 2011). Around 

75% of the páramo endemic species are threatened but approximately half of them (48%) have 

been protected as part of the National System of Protected Areas of Ecuador (Mena, 2017).  

 

According to Mena (2011), the páramo vegetation could be divided by altitudinal range and 

predominant plant composition in three macro-zones. The first zone is sub-páramo, which 

constitutes the transition zone between the Andean forest and the actual páramo vegetation. 

This could be located as low as 2,800 m.a.s.l. (e.ƎΦ ǎƻǳǘƘ ƻŦ 9ŎǳŀŘƻǊύ ƻǊ ŀǎ ƘƛƎƘ ŀǎ җ 4,000 

m.a.s.l. (centre or north of Ecuador). This zone is characterized by a combination of grasslands, 

shrubs, and trees that diminish in size with altitude. The second zone páramo, is generally 

located between 3,500 m.a.s.l. to 4,400 m.a.s.l. It is characterized by continuous vegetation 

formed mainly by grasslands (e.g. Calamagrostis intermedia), giant rosettes (i.e. Espeletia 

pycnophylla), dwarf shrubs (e.g. Arcytophyllum and Neurolepis aristata), cushion plants (e.g. 

Azorella) and a variety of mosses. The third zone, super-páramo, corresponding to the 

vegetation belt that grows on the summits of the highest mountains is found generally above 

4,400 m.a.s.l. on rocky, thick, and sandy soils, below the limit of perpetual snow. This zone 

presents the lowest temperatures, the poorest soils, the highest radiation and frequency of 

frost in comparison with the other two vegetation belts.  

 

The latest classification of páramo ecosystems, defined for Ecuador in 2013, considers 

diagnostic factors such as climate, geoforms, flood areas, biogeography and land use combined 

with cutting-edge satellite information. Bibliographic information, expert knowledge, and field 

verification were also employed in the classification system (MAE, 2013b). According to this 

classification, which is applicable at national and regional (Andes) scale, Ecuador has 11 

different types of páramo ecosystems. The most representative ecosystems in terms of area 

are Páramo Grassland (HsSn02) followed by Páramo Evergreen Shrubland and Grassland 

(AsSn01) covering 71.1% and 15.6% of the Ecuadorian páramo area, respectively. The 

remaining types of páramo vegetation are less representative in terms of area (0.6% to 4.5% of 

the Ecuadorian páramo area) showing typical patch isolation, characteristic of many of the 

páramo remnants found in Ecuador. The most restricted ecosystems are Southern Páramo 

High Montane Evergreen Shrubland (AsAn01) and {ǳƳŀŎƻ ±ƻƭŎŀƴƻΩǎ tłǊŀƳƻ DǊŀǎǎƭŀƴŘ ŀƴŘ 

Evergreen Shrubland (HsSn01) representing  0.01% and 0.03% of the Ecuadorian páramo 

vegetation, respectively (Table 1.2 and Fig. 1.2). 
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Table 1.2 Description, Area and Representativeness of the Ecuadorian Páramo Ecosystems based on the national classification established for Continental Ecuador (MAE, 2013c). 

Nº Páramo Ecosystem 
Páramo 

Ecosystem 
Code 

Description 
Altitude range 

(m.a.s.l.) 
Area* 
(km

2
) 

%** 

1 
Southern Páramo High 
Montane Evergreen 

Shrubland 
AsAn01 

This ecosystem is also known as highland dwarf forest. Its vegetation is like that 
of the upper montane forest but smaller in height due to extreme 
environmental, topographic, and edaphic conditions. This vegetation is mainly 
composed of thorny species, small trees (Polylepis), and woody shrubs that do 
not exceed 3 metres in height. Its floristic composition is characterized by a 
mixture of species with thorns of the genera Hesperomeles, Rubus, Ribes, 
Berberis, Desfontainia and woody shrubs belonging to the families Ericaceae, 
Rosaceae, Asteraceae and Polygalaceae (Lozano, 2002). 

2,800 ς 3,300 2.1 0.01 

2 
Sumaco Volcano's Páramo 
Grassland and Evergreen 

Shrubland 
HsSn01 

This plant community is dominated by herbs (Nertera granadensis), shrubs 
(Monticalia andicola and Vaccinium floribundum), scattered grasses (Cortaderia 
nitida), and a thick layer of bryophytes and pteridophytes typical of very humid 
areas (Blechnum loxense and Elaphoglossum spp.). This community grows in 
isolation from other páramo vegetation on top of Sumaco Volcano and under 
almost no anthropogenic influence. 

3,250 ς 3,800 3.9 0.03 

3 Páramo Evergreen Forest BsSn01 

This ecosystem is composed of dense evergreen forests with heights between 5 
and 7 metres (Jørgensen and Ulloa, 1994) and with peculiar trees that grow 
crooked and highly branched due to climatic conditions, usually covered by 
bryophytes, lichens, and epiphytes. This type of ecosystem occurs as isolated 
patches within herbaceous or shrubby high-mountain vegetation (Beltrán et al., 
2009). The arboreal stratum is dominated by species of the genera Polylepis, 
Gynoxys, and Buddleja (Hofstede et al., 1998). The shrub-herbaceous stratum is 
dense and generally composed of species of the genera Arcytophyllum, 
Barnadesia, Berberis, Puya, Brachyotum, Calamagrostis, Cortaderia, 
Diplostephium, Disterigma, Greigia, Pernettya, Senecio, and Valeriana 
(Jørgensen and Ulloa, 1994). 

3,200 ς4,100 87.8 0.6 

4 
Humid Subnival Páramo 

Grassland 
HsNn01 

This ecosystem is composed of dispersed grasslands restricted to the highest 
parts of the Ecuadorian Andes on periglacial slopes. The predominant life forms 
in this ecosystem are short-stemmed grasses, acaulescent rosettes, and 
cushioned grasses. The ecosystem is dominated by cushion plants (Xenophyllum 
rigidum), sclerophyllous shrubs (Chuquiraga jussieui and Loricaria ilinissae), 
prostrate shrubs (Astragalus geminiflorus and Baccharis caespitosa), erect 
shrubs (Valeriana alypifolia), and short-stemmed grasses (Calamagrostis mollis 
and Agrostis tolucensis)ό{ƪƭŜƴłǌ ŀƴŘ [ŋƎŀŀǊŘΣ нллоύ. 

4,200 (West 
Chimborazo) 
4,500 - 4,900 

88.8 0.6 
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Nº Páramo Ecosystem 
Páramo 

Ecosystem 
Code 

Description 
Altitude range 

(m.a.s.l.) 
Area* 
(km

2
) 

%** 

5 
 
 

Floodable Páramo Grassland 
 
 
 

HsSn04 
 
 
 
 

A-zonal ecosystem primarily made up of flooded grasslands composed of 
cushions plants or isolated patches of floating vegetation (Cleef, 1981; Bosman 
et al., 1993). In high humidity conditions the dominant communities are 
Sphagnum spp., Breutelia sp., and Campylopus cucullatifolius. In less humid 
areas the vegetation is dominated by Lophozia laxifolia and Cortaderia 
sericantha. At higher altitudes, cushion plants grow combined with woody 
elements dominated by Distichia muscoides, Plantago rigida, Werneria humilis, 
W. rigida, W. crassa, Oreobolus spp., and Eryngium humile. In the upper stratum 
communities of Juncaceae and Cyperaceae are found (Bosman et al., 1993; 
Cleef, 1978; Cleef, 1981; Rangel, 1995; Jørgensen and Ulloa, 1994). 

3,300 ς 4,500 
 
 

112.6 
 
 

0.8 
 

6 
Ultra-humid Subnival Páramo 

Grassland 
HsNn02 

Vegetation dominated by prostrate shrubs or scattered cushion plants. Due to 
the influence of the Amazon, this ecosystem presents a significant number of 
bryophytes and a high diversity of species όwŀƳǎŀȅΣ мффнΤ {ƪƭŜƴłǌ ŀƴŘ [ŋƎŀŀǊŘΣ 
2003). The families Asteraceae and Poaceae are dominant. Vegetation located 
in the eastern cordillera and western cordillera in northern Ecuador is 
dominated by: Huperzia rufescens, Nertera granadensis, Loricaria complanata, 
Calamagrostis guamanensis, C. ecuadoriensis, Draba spruceana, and 
Xenophyllum sotarense ό{ƪƭŜƴłǌ ŀƴŘ .ŀƭǎƭŜǾΣ нллрύ. 

4,400 ς 4,900 175.3 1.2 

7 
Humid High Upper Montane 

Páramo Grassland 
HsSn03 

Open-grassland vegetation dominated by species of the genera Stipa, Senecio, 
and Plantago (Sklenar and Balslev, 2007). Due to extreme weather conditions 
the richness and diversity of this ecosystem is lower than in more humid 
páramo grasslands. They are in volcanic enclaves at the bottom of glacial valleys 
(glacis). The aridity produced by wind erosion gives the landscape a desert-like 
appearance (Ramsay, 1992). The ecosystem is characterized by plant 
communities composed primarily of associations of Agrostis breviculmis and 
Lachemilla orbiculata, (Poulenard et al., 2001; Podwojewski et al., 2002; 
Poulenard et al., 2004). 

3,500 ς 4,200 361.5 2.4 

8 
Páramo Caulescent Rosettes 
(frailejones) and Grassland 

RsSn01 

Shrubs, grasses, and giant-rosette plants (up to 10 metres high) characterize its 
flora. This ecosystem is found in plains of glacial origin characterized by the 
presence of moraines that form crest-like depressions of variable dimensions. In 
the lower stratum, its vegetation is dominated by Calamagrostis intermedia and 
Espeletia pycnophylla (Ramsay, 2001). At higher altitudes the low vegetation is 
replaced by associations of Agrostis and Espeletia in fractured areas with very 
humid soils (northern Ecuador)(Ramsay, 1992). 

3,350 ς 4,100 463.0 3.1 
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Nº Páramo Ecosystem 
Páramo 

Ecosystem 
Code 

Description 
Altitude range 

(m.a.s.l.) 
Area* 
(km

2
) 

%** 

9 
Páramo Subnival Evergreen 
Grassland and Shrubland 

HsNn03 

This vegetation is locally known as superpáramo and is mainly composed of 
sclerophyllous semi-prostrate shrubs with a height from 0.5 to 1.5 metres 
ό/ƭŜŜŦΣ мфумΤ ±ŀƴ ŘŜǊ IŀƳƳŜƴ ŀƴŘ /ƭŜŜŦΣ мфусΤ {ƪƭŜƴłǌΣ нлллύ. It usually occurs 
in moraines, glacier circuses, and steep slopes. The vegetation is fragmented, 
with bare soil between patches, and restricted to the northern Andes. At lower 
altitude, the dominant life forms are composed of dwarf sclerophyllous shrubs 
(Loricaria, Pentacalia, Diplostephium), cushions (Xenophyllum, Azorella, 
Distichia, Plantago) and short-stemmed grasses (Poa, Stipa, 
Calamagrostis)ό{ƪƭŜƴłǌ ŀƴŘ .ŀƭǎƭŜǾΣ нллрύ. Shrubs and tussocks disappear 
gradually along the elevation gradient and are replaced by cushion plants, 
acaulescent rosettes, prostrate shrubs, and short-stemmed grasses (Cleef, 1981; 
Ramsay and Oxley, 1997; Luteyn et al., 1999; Harling, 1979; Cuatrecasas, 1954). 

4,100 ς 4,500 672.7 4.5 

10 
Páramo Evergreen Shrubland 

and Grassland 
AsSn01 

This ecosystem is located on the treeline and consists of shrubs of up to 3 
metres high, mixed with tussock grasses of about 1.20 metres. Its composition 
and structure vary at lower altitudes due to the increase in the height of the 
bushes, number of trees, and species richness. The ecosystem is characterized 
by the presence of Calamagrostis spp. and shrubs of the genera Baccharis, 
Gynoxys, Brachyotum, Escallonia, Hesperomeles, Miconia, Buddleja, Monnina, 
and Hypericum. Species of Ericaceae such as Disterigma acuminatum, D. 
alaternoides, and Themistoclesia epiphytica are common in lower areas.  

3,300 ς 3,900 (North) 
2,800 ς 3,600 (South) 

2,312.6 15.6 

11 Páramo Grassland HsSn02 

 This ecosystem comprises the largest extension of páramo vegetation in 
Ecuador (Beltrán et al., 2009; Valencia et al., 1999; Hofstede et al., 2003). Dense 
grassland vegetation is dominated by grasses taller than 50 cm. Its flora is 
characterized by rosette plants, xerophytic shrubs, and cushion plants. 
Generally located in glacial valleys and subglacial plains. Its vegetation is 
dominated by the genera Calamagrostis, Agrostis, Festuca, Cortaderia, and 
Stipa, along with shrubby patches of the genera Diplostephium, Hypericum, and 
Pentacalia as well as an abundant diversity of creeping and rosette-forming 
grasses (Ramsay and Oxley, 1997). In areas with a strong slope, landslide zones 
or in plains with hydromorphic soils, this ecosystem is characterized by 
pioneering bambusoid grassland communities dominated by Chusquea spp. that 
reach up to 3 metres in height (Ramsay, 1992). 

3,400 ς 4,300 (North) 
2,900 ς 3,900 (South) 

10,522.1 71.1 

Total 14,802.5 100 
* Area estimated based on the observed map. 
**  Percentage of representativeness with respect to the total national páramo area (14,802.52 km2) based on the observed map. 
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   Figure 1.2 Spatial distribution of the páramo ecosystems in Ecuador. 
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7.  Ecuadorian Páramo Soils 

 

The origin of the páramo soils in the Andes is volcanic and recent (10,000 years ago), it 

occurred during last glaciations (Pleistocene) as a result of rocks expelled in the form of lava 

and later fragmented and dragged by the action of the glaciers (Hofstede et al., 2014). In 

Ecuador, the páramo soils are located on volcanic deposits product of Quaternary volcanic 

eruptions (Winckell et al., 1991; Barberi et al., 1988; Sauer, 1957) towards the centre and 

north of the Andes (Podwojewski and Poulenard, 2000b). At the south, there are páramo soils 

resting on non-volcanic deposits at altitudes above 3,000 metres (Mena et al., 2000). Volcanic 

páramo soils, due to their geological characteristics are sparsely developed with poorly 

differentiated horizons and are relatively young due to active volcanism which continues to 

provide layers of ash and pyroclastic materials (Llambí et al., 2012; Podwojewski and 

Poulenard, 2000b). In contrast, soils of páramo with non-volcanic origin are old, do not have 

pyroclastic coverage, have well-differentiated horizons, and a superficial layer (>20 cm) rich in 

organic matter (Sourdat, 1986; Podwojewski and Poulenard, 2000b). Although in the south of 

the country there is no volcanic activity, in some places thin layers of young volcanic ash 

covering the lower layers of ancient weathered ashes can be found (Podwojewski and 

Poulenard, 2000b).  

 

Despite some differences due to their complex geology and topography, in general, all páramo 

soils have a typical association between active aluminium and organic matter (Mena et al., 

2000). The presence of homogeneous layers of volcanic ash (old and young) favours the 

organic matter accumulation by the formation of organometallic (aluminium and iron) 

structures and presence of crystallized minerals (e.g. quartz, imogolite and kaolinite) which 

makes the organic matter extremely resistant to microbial decomposition (Buytaert et al., 

2006b; Nanzyo et al., 1993; Mena and Hofstede, 2006). Therefore, the páramo ecosystems 

constitute a huge carbon reserve due to the high amount of organic matter stored in their soils 

(Llambí et al., 2012; Buytaert et al., 2006b).  

 

In general, páramo soils are characterized by dark colour, low evapotranspiration, low density 

(<0.9 g/cm3), and porous structure (Buytaert, 2004). As a result, they can retain large water 

flows which are released slowly during long periods (Buytaert, 2004). Páramo soils vary in 

thickness ranging from a few centimetres to several metres (up to 3 metres) (Buytaert et al., 

2006b). This is due to factors such as climate, lithology (i.e. parent rock), relief (e.g. terrain 

inclination),  biological (e.g. bacteria) and atmospheric agents (e.g. erosion) (Crespo, 2004); 

conditions which vary across all the Ecuadorian Andes. The climatic conditions existing in the 
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Andean páramo region also  play an important role in the evolution of páramo soils (Mena et 

al., 2000). The low average temperature (2°C to 10°C) causes the reduction of the soil's 

biological activity, favouring the accumulation and slow decomposition of organic matter 

(Llambí et al., 2012; Mena et al., 2000). On the other hand, the variable but permanent 

precipitation (500 to >3000 mm/year) combined with the constant presence of fog and drizzle 

constantly maintains the páramo soilsΩ  humidity which favours soils rapid evolution (Mena et 

al., 2000). In addition to climate, vegetation is an active and determining factor in the 

formation of páramo soils. Páramo plants and roots contribute to the soil organic matter that 

later decomposes slowly due to the low temperatures, high humidity and the action of living 

organisms (e.g. worms and insects) (Llambí et al., 2012). In addition, vegetation promotes soil 

weathering, improves soil infiltration and porosity and produces CO2 through shoot and root 

(Branson et al., 1981). 

 

Based on the National Soil map of Ecuador (1: 250,000 scale) (MAGAP, 1986), 81% of the 

páramo soils have mineral composition while 6.3% are organic. The Ecuadorian soils have been 

classified according to the soil taxonomic legend established by the United States Department 

of Agriculture (USDA, 1999) based on morphological, physical, chemical and mineralogical 

properties (Velásquez, 2008). According to this classification, the Ecuadorian páramo soils 

represent six different soil orders including vertisols, alfisols, entisols, mollisols, histosols, and 

inceptisols. The most representative soils in terms of area are inceptisols covering 73.4% of the 

Ecuadorian páramo area. These soils are young with one or more underdeveloped horizons 

and have minerals such as carbonates (Llambí et al., 2012; USDA, 1999). They have an acidic 

pH, poor drainage conditions and may contain amorphous/allophane clay minerals, making 

them able to store water for long periods of time (Llambí et al., 2012). Inceptisols present 

accumulation of organic materials on the surface due to low degradation conditions (USDA, 

1999). Histosols or peat soils cover 6.3% of the total páramo area of Ecuador and can be found 

in water-saturated páramo areas with less volcanic activity (e.g. southern Andes) at altitudes 

between 3,700 to 4,300 m.a.s.l. Histosols are dominated by cushion plants, bryophytes and 

herbaceous plants (Buytaert et al., 2006b; Bosman et al., 1993). These soils have developed 

through the accumulation of  undecomposed or partially decomposed organic matter caused 

by low temperatures, high humidity conditions, and water saturation that prevents aerobic 

decomposition (Llambí et al., 2012). Since they are almost entirely formed by organic matter, 

these soils have a very high water retention capacity, low pH and very low bulk density (0.04-

0.2) g/cm3 (Llambí et al., 2012). The remaining 7.9% of the páramo soils are characterized by 

other types of mineral soils present in pure form or combined with other soils (Table 1.3 and 

Fig. 1.3). 
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Table 1.3 Description of the Ecuadorian páramo soils per soil order. 

Soil Order Composition Description 
Area 

(km
2
)*  

%** Description Source 

Inceptisol mineral 

Inceptisols occur in equatorial to tundra regions on relatively active landscapes, such as mountain 
slopes and river valleys. These soils have one or more underdeveloped horizons, acidic pH, and poor 
drainage conditions. Inceptisols may contain amorphous orallophane clay minerals, making them able 
to store water for long periods of time. This soils present high accumulation of organic materials on 
the surface due to low degradation conditions. 

10,866.5 73.4 (USDA, 1999) 

Histosol organic 

Histosols are often referred to as "peat soils" and occur in low elevation wet areas. This type of soil has 
low bulk density (<0.1 g/cm

3
) and have very high content of organic matter in the upper 80 cm to 1 

metre of the soils and no permafrost. The organic materials in histosols rest on rock or pumiceous 
materials, which do not oxidize because they are under water. In tropical mountainous areas, histosols 
occur at elevated flat elevations on impermeable rocks. 

935 6.3 

(IUSS Working 
Group and WRB, 
2015; Buringh, 

1979; USDA, 1999) 

Other 
mineral soils 

Vertisol mineral 

Vertisols are heavy, dark, clay soils (>30%) developed in large flat areas with a pronounced dry season. 
These soils have high bulk density when the soils are dry and low hydraulic conductivity when the soils 
are moist. These soils have a dark surface layer caused by the combination of organic matter όҗм҈) 
with clay particles. The soil has a high water retention capacity, but relatively small amount of water is 
accessible for plant growth. They exist in subtropical and tropical climates with a wide range in rainfall. 

1,174.4 7.9 

(Buringh, 1979; 
Kilmer, 1982; 
USDA, 1999) 

Alfisol mineral 

Alfisols are soils with a combination of an ochric or umbric epipedon, an argillic or natric horizon, a 
medium to high supply of bases in the soils, and water available to mesophytic plants. They have a 
light coloured superficial horizon, usually acid and low in organic matter. Their moisture regime could 
be udic, ustic, or xeric, and in some cases they present aquic conditions. 

(Kilmer, 1982; 
USDA, 1999) 

Entisol mineral 

The virtual absence of diagnostic horizons is characteristic of Entisols. Entisols are young, shallow and 
have a mineral nature. Soil colour varies from light to dark, depending on the original material. These 
soils occur on terraces and younger alluvial fans, along some valley bottoms, and on stream 
floodplains. These soils can present any type of mineral parent material, vegetation, age, or moisture 
regime and any temperature regime except permafrost. 

(USDA, 1999; 
Boettinger, 2017) 

Mollisol mineral 

Mollisols are mineral soils recognized among the most fertile soils in the world. They are commonly 
found in temperate zones, but some occur in the tropics and subtropics. Mollisols found at high 
latitudes formed in late-Pleistocene or Holocene deposits. The mollic-epipedon has a thick dark 
surface horizon high in humus and nitrogen content. These soils have been subject to limited leaching 
and their organic matter and nutrient levels are high.  

(Kilmer, 1982; 
USDA, 1999) 

rocky outcrops, snow/ice, and water bodies (natural or artificial) 1,826.6 12.3  

  Total                            14,802.52 100  
* Area estimated based on the observed map. 
**  Percentage of representativeness with respect to the total national páramo area (14,802.52 km2) based on the observed map. 
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Figure 1.3 Spatial distribution of the Ecuadorian páramo soils by order. 
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8.  Ecosystem Services provided by the Ecuadorian Páramo 

Ecosystems 

 

A brief description of some of the most important ecosystem services provided by the páramo 

ecosystems is included below. There are more than thirty different ecosystem services 

provided by the Andean páramos covering all categories: supporting, provisioning, regulating 

and cultural (Nieto et al., 2017; Hofstede, 2008). The following description does not cover all of 

them but rather highlights the most important services provided by páramo ecosystems as a 

basis for understanding the present study.  

 

In Ecuador, millions of people depend directly or indirectly on the continued ecological 

functioning of the páramo, demonstrating its economic, environmental, and social relevance 

(Buytaert et al., 2006a). Among the most important ecosystem services provided by the 

páramo vegetation is the capability to store and regulate water from rainfall and melting 

glaciers (Mena et al., 2000). This particular function of the páramo vegetation is directly linked 

to the large accumulation of organic matter in the soils and the morphology of certain páramo 

plants as discussed earlier (Mena et al., 2000). Water regulation by the páramo ecosystems is 

very important during dry seasons (July-August) since the ecosystem can slowly release water 

stored during rainy seasons (January-April) (Hofstede et al., 2014). These Andean ecosystems 

provide water for human consumption, irrigation, and hydroelectricity generation for Andean 

cities and for the population located in the Amazonian and coastal region of Ecuador. In fact, 

85% of wŀǘŜǊ ǎƻǳǊŎŜǎ ƴŜŎŜǎǎŀǊȅ ǘƻ ŎƻǾŜǊ vǳƛǘƻ ǎ1 requirements come from páramo areas such 

as Papallacta and Antisana, located at 3,900 m.a.s.l (Buytaert et al., 2006a). Furthermore, the 

water provided by páramo vegetation is an important source for hydroelectric generation. Due 

to its topography and water availability a significant number of dams are located along the 

páramo region. Indeed, 25%-40% of water provision for the largest hydroelectric power plant 

(Amaluza) of Ecuador comes from páramo ecosystems located in the Central and Western 

Andes Cordillera (Buytaert et al., 2006a)Φ ¢ƘŜ ŜƭŜŎǘǊƛŎƛǘȅ ŎŀǇŀŎƛǘȅ ƻŦ !ƳŀƭǳȊŀ ǎ2 dam is 1,075 

MW which represents 60% to 80% of the electricity used by the country (Southgate and 

Macke, 1989). 

 

As explained previously, páramo soils accumulate significant quantities of organic carbon, 

which largely make páramo ecosystems net natural carbon sinks and may therefore be 

                                                           
1
 Quito is the capital of Ecuador, and the second most populated city with 2,239,199 inhabitants (Census, 2010).  

2
 !ƳŀƭǳȊŀ ǎ ŘŀƳ ƛǎ ƭƻŎŀǘŜŘ ƛƴ tŀǳǘŜ ǎ ōŀǎƛƴ ŀǘ мΣффп ƳŜǘǊŜǎ ǿƛǘƘ ŀ ŎŀǇŀŎƛǘȅ ƻŦ ŀōƻǳǘ мнл мл6 m3. 
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important contributors to climate change mitigation (Winckell et al., 1991; Podwojewski and 

Poulenard, 2000a). According to the Global Peatlands Initiative, the peatlands are considered 

ǘƘŜ ǿƻǊƭŘΩǎ ƭŀǊƎŜǎǘ ǘŜǊǊŜǎǘǊƛŀƭ ƻǊƎŀƴƛŎ ŎŀǊōƻƴ ǎǘƻŎƪ (GPI, 2017). In the case of the páramo 

vegetation, peatlands occupy large areas and continue to grow, playing an important role as 

carbon storers and fixers (Hofstede et al., 2003; Mena et al., 2000). Although páramoΩs plant 

biomass is also a carbon sink, it is not as significant as the carbon stored in soil (Hofstede et al., 

2003). Although not extensive in area, the forested masses, present in the páramo vegetation,  

efficiently fix atmospheric CO2 (Hofstede et al., 2003). It is estimated that páramo forest 

species such as Polylepis could capture up to two tons of carbon per hectare per year (Fehse et 

al., 2002).  

 

In terms of social and economic importance, the páramo vegetation is relevant for tourism and 

food provision. The diversity of páramo landscapes attracts millions of national and foreign 

tourists, representing an important source of income for the Andean countries and an 

alternative source of work for the local population (Hofstede et al., 2003). Furthermore, in 

Ecuador, approximately 500,000 people live in the páramo region (Josse et al., 1999) with most 

of them dedicated to productive activities including farming and livestock. The total area 

cultivated in the Northern Andes3 reached 4.4 million hectares in 2001 (Dixon et al., 2001). 

Production in this region of the Andes is mainly focused on maize, potatoes, cereals, various 

vegetables, cereals, pastures, and cattle. Producers in the lower areas of the Andes tend to be 

relatively wealthy compared to producers in higher areas who live in severe poverty (Dixon et 

al., 2001). The ǇłǊŀƳƻΩǎ ǇƻǇǳƭŀǘƛƻƴ depend on agricultural activities for auto-consumption and 

commercial purposes. The traditional and modern uses of certain species of flora and fauna 

found in the páramo region are also indicators of the páramoΩs socio-ecological importance. 

The local population, including peasants, and indigenous communities use dozens of typical 

páramo plant species for consumption, medicine, crafts, or tools (Hofstede et al., 2003). 

Therefore, the role of the páramo vegetation as provider of natural resources and food has a 

significant social relevance especially now that Andean production has become increasingly 

important for food security, in developing countries such as Ecuador (Kleinwechter et al., 

2016). 

 

 

 

                                                           
3
 The Northern Andes, encompasses the Ecuadorian, Colombian, and Venezuelan cordilleras. 
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9. Human Impact on the Andean Páramo Vegetation 

 

Over the last decades, the ecosystem services provided by the Andean páramo vegetation 

have been significantly altered (Buytaert et al., 2006b; Buytaert, 2004; Crespo et al., 2010). The 

major impacts are caused by intense anthropogenic activities such as farming, livestock, 

mining, introduction of exotic species (e.g. pine) and badly planned tourism (Crespo et al., 

2010; Hofstede et al., 2014; Llambí, 2010; Mena and Hofstede, 2006), which have all 

contributed to increased fragmentation of the landscape and decline in ecosystem services. 

The anthropogenic pressure on the Ecuadorian páramo areas is evidenced by the advance of 

the agricultural frontier. The main causes of this continued expansion are population growth, 

social inequalities, and the intensification of agricultural techniques (Arellano et al., 2000). In 

2000, it was estimated that around 40% (8,000 km2) of the Ecuadorian páramo areas (20,000 

km2), above 3,000 m.a.s.l., were massively transformed by agriculture (Hofstede et al., 2003). 

Páramo vegetation represents enormous risks for agricultural development due to their 

extreme fragility, low productivity of soils, and high frequency of frost. Nevertheless these 

natural areas have increasingly and severely been impacted by farming activity (Llambí, 2010; 

Mena et al., 2008). Intensive livestock practices have been also impacting these natural areas, 

especially since cattle trampling causes ǎƻƛƭ ŎƻƳǇŀŎǘƛƻƴ ǿƘƛŎƘ ŘŀƳŀƎŜǎ ǘƘŜ ǎƻƛƭǎΩ ƛƴŦƛƭǘǊŀǘƛƻƴ 

capacity (Hofstede et al., 2014). Linked with the livestock practice, the páramo areas are also 

affected by burning, for the purpose of providing greener and tender pastures for cattle 

(Hofstede et al., 2014). This has led to the loss of native vegetation and alteration of habitat for 

local species such as the Andean bear (Tremarctos ornatus), the jambato frog (Atelopus 

ignescens), the Andean condor (Vultur gryphus), and the mountain tapir (Tapirus pinchaque) 

(Luteyn and Balslev, 1992). 

 

Agricultural production systems in the Andes of Ecuador are highly variable, ranging from 

traditional subsistence, set-aside farming to intensive agro-commercial systems favoured with 

technology and capital investment (Llambí, 2010; Mena and Hofstede, 2006). Although the 

major impact on the páramo ecosystems in terms of area used is livestock, crop production 

(potatoes, maize, vegetables, fruits, cereals and tubers), causes the most significant ecological, 

economic and social impacts (Hofstede et al., 2003). Land-use change has significantly 

decreased the base flow of streams (Buytaert et al., 2006b). It is estimated that intensive 

grazing and farming could decline the water regulation capacity of páramo catchments by 40% 

(Buytaert et al., 2005b; Buytaert et al., 2004). In addition, as a result of excessive grazing, 

trampling, and burning, páramo soils could also be affected by accelerated runoff and erosion 
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(Buytaert et al., 2006b). In areas of national importance for water supply such as the páramo 

region, these problems can become critical, as in the case of the Paute's river basin located in 

southern Ecuador, where high sediment loads in rivers have caused erosion, affecting the 

quality and quantity of urban water supply and putting at risk hydroelectric power projects 

(Buytaert et al., 2006b). Mining activities taking place in the páramo region may also  impact 

the ecosystem, especially by consumption of large amounts of water that subsequently re-

enter the hydrological cycle with a high load of pollutants (Messerli et al., 1997). Additionally, 

the introduction of non-native woody species such as Eucalyptus and Pinus in the páramo 

region is causing water loss and base flow reduction (Célleri  et al., 2004) as well as 

acidification and loss of carbon from soils (Farley and Kelly, 2004). Even though the intensive 

and extensive use of the páramo areas continues to this day, a greater collective awareness of 

the social and environmental situation occurring in the páramo region has promoted the 

development of initiatives for participatory conservation, research and sustainable 

management, which could be a sign of positive change for the future management and survival 

of the mountain ecosystems of the Andes (Llambí et al., 2013; Hofstede, 2011; Hofstede et al., 

2014). 

 

10.  Páramo Ecosystems and Climate Change 

 

During the last decades, the climatic variability in the Tropical Andes has begun to overcome 

the historically documented thresholds (Vuille et al., 2008). In the last 25 years, there has been 

a significant increase of 0.5°C per decade in comparison with the 0.1°C-0.2°C registered per 

decade over the last century (Anderson et al., 2011; Herzog et al., 2012). As future climate 

simulations have predicted, temperature increases in the Andes could range from 1°C (A1B4 

scenario) up to 3°C (A25 scenario) in the next 20 to 60 years, respectively (Cuesta et al., 2012a). 

In contrast, there are substantial uncertainties regarding precipitation trends in the Andes. 

While certain regional analyses based on rainfall series show no future substantial changes 

(Buytaert et al., 2010), other simulation models have predicted either an increase or a 

reduction in the volume of rainfall (Viviroli et al., 2011). Despite the discrepancies, changes in 

precipitation patterns have been already registered in the Eastern and Western slopes of the 

Andes as well as in the inter-Andean valleys (Anderson et al., 2011). It is expected that the 

changes in temperature, precipitation regimes and seasonal climate patterns predicted under 

                                                           
4
 A1B= Global emissions scenario that predicts rapid economic growth but with a parallel introduction of new technologies. 

5
 A2=Global emissions scenario that predicts a very heterogeneous world, with a continually increasing global population. 



Chapter I 
 

Page | 26  
 

future climate change scenarios, will affect the regular functioning of the Andean ecosystems 

(Hofstede et al., 2014).  

 

For the páramo region specifically, temperature is estimated to increase by 4°C-5°C towards 

the end of the 21st century (Buytaert et al., 2010). Climate stations located in páramo areas at 

high elevations are reporting clear trends towards the increment of daily maximum 

temperature, close to 1°C per decade, while at low elevations stations are registering an 

increase between 0.3°C and 0.6°C per decade (Hofstede et al., 2014). This confirms that at a 

higher altitude the increase in temperature is greater; correspondingly the effects of these 

changes are likely to be greater (Urrutia and Vuille, 2009; Buytaert et al., 2010; Herzog et al., 

2012). Future temperature trends are not yet estimated for the Ecuadorian páramo region, 

however, in the period 1960-2006, Ecuador has experienced significant increases in mean 

annual temperature, absolute maximum temperature, and absolute minimum temperature, by 

about 0.8°C, 1.4°C and 1.0°C, respectively (MAE, 2011). Therefore, it is expected that similar 

temperature increases could have occurred in Ecuador's páramo region.  

 

Climate change scenarios agree in predicting major changes of water flow with consequences 

for water supply and integrity of freshwater ecosystems (Vuille et al., 2008; Herzog et al., 

2012). Changes in temperature and humidity, could led to the disappearance of the inter-

tropical glaciers in the next 15 years, with adverse effects on water availability and 

hydropower generation (Ramirez et al., 2001; IPCC, 2014a). Prior to 2007, several water 

disputes had already been registered between different stakeholders in countries such as 

Peru, Bolivia, and Ecuador (Painter, 2007). In Ecuador, even small changes in glacial waterΩǎ 

contribution to river discharge will affect páramoΩǎ water regulation, especially during the dry 

season (Herzog et al., 2012; Favier et al., 2008). As the climate warms, an increase in 

atmospheric water vapour concentrations from páramo ecosystems could be expected, 

exacerbating the greenhouse effect (Buytaert et al., 2006b). Future increases in temperature in 

a range from 3°C-4°C, as predicted for the Andes region, could cause the loss of páramo 

habitat of about 60% with the resultant extinction of certain plant species (Herzog et al., 2012). 

Altered climatic conditions could affect the location of páramo altitudinal belts, promoting the 

appearance or disappearance of species (Araújo and Rahbek, 2006; Anderson et al., 2010; 

Cuesta et al., 2012c; Cuesta et al., 2012a). At species level, there are three general responses 

expected including movement, adaptation, or local extinction (Parmesan and Yohe, 2003; 

Buytaert et al., 2010). Displacements of species such as those predicted for the páramo 
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ecosystems could have consequences on the ecosystemǎΩ structure and  functioning (Herzog et 

al., 2012). 

In the Ecuadorian Andes, a moderate rising trend in rainfall and humidity has been already 

observed (Hofstede et al., 2014; Huntington, 2006). Between 1960 and 2006, records provided 

by weather stations revealed that the amount of annual precipitation tended to increase in 

several parts of the Ecuadorian Andes (MAE, 2011). Changes in precipitation regimes could 

cause increases in runoff, sedimentation, erosion, and landslides (Herzog et al., 2012). Global 

warming could cause an increase in the proportion of vertical precipitation (rain) compared to 

horizontal precipitation (fog) affecting water retention and filtration capacity in páramo 

vegetation (Herzog et al., 2012). Future drier conditions could cause soil shrinkage (Poulenard 

et al., 2002), acceleration of organic matter decomposition (Price and Waddington, 2000; 

Waddington and Roulet, 2000) and hydrophobicity (Poulenard et al., 2004), affecting páramo 

soils' ability to regulate and store water.  

Páramo soils are very dependent on low temperatures (mean minimum of 8 °C and mean 

maximum of 12 °C) to store carbon in the long-term (Buytaert et al., 2006a). Therefore, 

warming could accelerate organic matter decomposition and could increase CO2 and CH4 

emissions to the atmosphere (Batjes, 1996; Eswaran et al., 1993; Lal, 2004), altering its role as 

a natural carbon sink (Peña Salamanca et al., 2013; Bellamy et al., 2005). Anthropogenic 

pressures on the páramo ecosystems could be also exacerbated by global climate change 

affecting the normal provision of ecosystem services (Hofstede et al., 2014). The increase in 

warming could lead to lengthening of crop growing seasons and optimal temperatures for 

assimilation, factors that could benefit the expansion of productive areas currently limited by 

low temperatures (Hijmans, 2003). Furthermore, changes in precipitation (increases or 

reductions) and greater concentrations of atmospheric CO2, expected in the next decades, may 

promote crop yields (Nonhebel, 1994). Since land use change is the main driver of 

environmental degradation in the Andes, a potential expansion of productive areas towards 

páramo areas favoured by these changes could be expected (Adams et al., 1998). Due to 

growing demand of Andean products, at local and global scale, it is expected that producers 

will be forced to search for new productive lands, threatening the remaining natural 

ecosystems (Hijmans, 2003; Walker et al., 2011). The population's reliance on natural 

resources for their livelihoods makes them vulnerable (Painter, 2007).  
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11. The Thesis 
 

11.1  Aims of the Study 
 

The aim of this research is to analyse the effects of climate change on key ecosystem services 

provided by the Ecuadorian páramo ecosystems. To achieve this goal, the objectives of this 

study are: 

 

¶ To predict the impacts of climate change on the climatic niche distribution of the 

Ecuadorian páramo ecosystems considering current (1950-2000) and future climatic 

conditions (2050 and 2070) and medium (RCP 4.5) and high (RCP 8.5) greenhouse gas 

(GHG) concentration scenarios. 

¶ To quantify the carbon stocks, in both soil and aboveground vegetation for ten key types 

of páramo ecosystems located in the Andes of Ecuador, based on secondary information 

collected over 15 years, exploring a range of key factors influencing carbon stock 

variations. 

¶ To determine the degree of future exposure of the Ecuadorian páramos to land use 

pressures, considering climate as a determining factor for increases or decreases in the 

farming frontier, based on future climate projections (2050 and 2070) and two greenhouse 

gas (GHG) concentration scenarios: RCP 4.5 (medium) and RCP 8.5 (extreme). 

 
11.2  Thesis Structure 
 

In order to achieve the objectives outlined for this study, a number of interdisciplinary 

approaches and techniques were undertaken. In Chapter I, a brief literature review of the state 

of the ecosystem services is presented. General data on páramo vegetation explaining its 

origin in the Andes, current spatial distribution, and climatic conditions found in the Andes is 

included in this chapter. A description of the páramo ecosystems and páramo soils existing in 

Ecuador is also included. In this chapter the importance of páramo vegetation as a provider of 

ecosystem services is highlighted. The ǾŜƎŜǘŀǘƛƻƴΩǎ ǾǳƭƴŜǊŀōƛƭƛǘȅ ǘƻ ƘǳƳŀƴ Ǉressures and 

climate change is described.  

 

In Chapter II, the páramo climatic niches are modelled under current (1950-2000) and future 

(years 2050 & 2070) environmental conditions oriented to understand ecosystems' 

vulnerability influenced by climate change. The research applies state-of- the-art techniques, 

based on the maximum entropy principle (MAXENT) to generate climatic niche models. In the 

analysis, six global climate models (GCMs) and two representative concentration pathways 
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(RCP), representing a moderate (RCP 4.5) and an extreme (RCP 8.5) greenhouse gas (GHG) 

emission scenario, are considered.  

 

In Chapter III, the estimates of carbon stocks in páramo soil (at depth intervals of 0-30 cm +/- 5 

cm) and aboveground vegetation (biomass + necromass) for ten key types of páramo 

ecosystems located in the Andes of Ecuador are presented. The carbon stocks quantification is 

based on secondary information compiled from literature collected over 15 years (2002 to 

2016) at different páramo sites along the Ecuadorian Andes. An examination of differences in 

carbon storage influenced by vegetation type, soil order, altitudinal variation, and climatic 

conditions is also included. 

 

In Chapter IV, the future exposure of the Ecuadorian páramo ecosystems to land use pressures 

induced by climate change is addressed. The impact is measured by analysing the edapho-

climatic ranges of three common Andean crops (potato, soft maize, and quinoa) as indicators 

of potential threats from agriculture to the survival of the páramo vegetation. The analysis 

considered climate as the determining factor for increases or decreases in the agricultural 

frontier while soil conditions were assumed unchangeable. To simulate future changes, two 

GHG concentration scenarios, RCP 4.5 (moderate) and RCP 8.5 (extreme), are considered 

based on Global Climate Model CCSM4. The expansion of future farming land into páramo 

areas with and without protection is also evaluated. 

 

In Chapter V, the aims of the research alongside with a summary of the key findings from the 

previous chapters are presented. The implications of the results obtained through this 

research, recommendations for future management of the páramo ecosystems as well as 

suggestions for future research are included in this chapter, along with final concluding 

remarks. 
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Chapter II 

Predicting the Impacts of Climate Change on the Climatic 

Niche Distribution of the Ecuadorian Páramo Ecosystems 

1.  Introduction 

 
The negative impacts of anthropogenic climate change on global biodiversity have generated 

widespread concern. Scientific evidence suggests that climate change could significantly affect 

the distribution of species and the composition of ecosystems due to changes in temperature 

and precipitation (Campbell et al., 2009; Bellard et al., 2012). Changes in species composition 

could alter the structure and functioning of ecosystems and therefore decrease the quality and 

quantity of ecosystem services available to the population (Campbell et al., 2009; Garavito et 

al., 2015). Global concern has mainly focused on the high risk of species extinction. It has been 

suggested that many species will become more prone to extinction as they will be unable to 

migrate or adapt fast enough to their environment in the face of rapid climate change 

(Garavito et al., 2015). In mountain regions, ecosystem composition and functioning depend 

mainly on air temperature, the spatial distribution of precipitation, atmospheric CO2 

concentrations, and radiation (Buytaert et al., 2011). Any climatic alteration that interrupts or 

alters these processes would force sensitive species to move towards new areas with the 

required climatic niche or otherwise would cause ǘƘŜ ǎǇŜŎƛŜǎΩ decline and ultimate extinction 

(Buytaert et al., 2011). In the Andes specifically, climate warming is occurring at a rate of 

almost twice the world average (Vuille et al., 2003) confirming that warming is increased at 

high altitudes (Solomon, 2007). A high level of uncertainty surrounds the future of Andean 

ecosystems under the effects of climate change since knowledge is limited and predictions are 

highly variable. Continued exposure to climate change could lead to diverse responses at 

species level, including tolerance and adaptation, migration to emerging gradients, or 

extinction due to inability to adapt or move (Herzog et al., 2011; Parmesan and Yohe, 2003; 

Thomas et al., 2004).  

 

Among the most vulnerable mountain ecosystems are the páramo vegetation; alpine neo-

tropical vegetation discontinuously located along the Andes cordillera (Hofstede and Aguirre, 

1999). These flora is characterized by high endemism and floristic diversity linked with the 

historical gradual rise of the Andes and the Pliocene/Pleistocene glacial cycles (Hooghiemstra 

et al., 1995). The high rates of diversity and endemism of páramo ecosystems linked with 
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orography and differential climatic patterns in combination with intensive land use and 

hydrological regime alteration have made them highly vulnerable to climate change (Herzog et 

al., 2011). The páramo ecosystems play an important role in sustaining the life of millions of 

people providing environmental goods and services such as drinking water, irrigation, power 

generation, carbon storage and fertile land for agricultural production (Buytaert et al., 2006b; 

Bradley et al., 2006). However, climatic changes as well as anthropogenic threats (e.g. 

deforestation, expansion of the agricultural frontier, urban growth, and mining, among others) 

are putting at risk the resilience of the páramo vegetation and the population that depends on 

their ecosystem services. Studies suggest that the alteration of environmental conditions 

including rising mean temperature, temperature variability, rainfall, and humidity at various 

temporal and spatial scales will influence páramo vegetation distribution and persistence 

(Herzog et al., 2011). These extreme climatic changes could affect the páramo ecosystems 

causing significant habitat loss, physiological stress, fecundity alterations, abundance shifts, 

species invasion, migration and extinction (Herzog et al., 2011). 

 

There are major concerns about the rapid and imminent decline of biodiversity and its 

consequences on ecosystems functioning, ecosystem services provision, and human well-being 

(Schläpfer and Schmid, 1999; Chapin III et al., 2000; Loreau et al., 2001; Díaz et al., 2005; 

Balvanera et al., 2006). As a result, over the two last decades several methodological 

approaches have been applied to examine the potential effects of climate change on 

biodiversity, including dynamic ecosystem models (Woodward and Beerling, 1997), 

biogeochemistry models (Peng, 2000), spatially explicit mechanistic models (Hill et al., 2001), 

physiologically based models (Sykes et al., 1996; Walther et al., 2005) and bioclimatic niche 

models (Box et al., 1993; Huntley et al., 1995; Iverson and Prasad, 1998; Pearson et al., 2002; 

Pearson et al., 2004; Thuiller, 2003; Thuiller et al., 2005; Vieilledent et al., 2016; Sales et al., 

2017). Among all these alternatives, bioclimatic models are the most widely used to predict 

the spatial range of organisms as a function of climate (Jeschke and Strayer, 2008). This 

modelling technique focuses on defining the climatic niche that best describes the limits of the 

spatial range for any chosen species through the correlation between the current species 

distribution with selected climatic variables (Beaumont and Hughes, 2002; Pearson and 

Dawson, 2003; Thuiller, 2003; Huntley et al., 2004).  
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Bioclimatic models fail to consider climate as the sole determinant of the distribution of 

species when in reality factors such as extensive habitat fragmentation, species dispersal 

limitations, increase of atmospheric CO2 (Woodward and Beerling, 1997; Iverson and Prasad, 

2002), changes in soil and presence of fires (Brereton et al., 1995; Iverson and Prasad, 1998; 

Crumpacker et al., 2001), among others, are playing a determining role in the distribution of 

the species (Heikkinen et al., 2006). However, they can provide more accurate and realistic 

predictions than those offered by other types of species modelling techniques (Iverson and 

Prasad, 1998). In this study, bioclimatic models were used as the basis of all the analyses, 

focusing on the advantages previously mentioned, as well as on their high predictive power 

and capability to perform relatively quick analyses for numerous individual species (Iverson 

and Prasad, 2002; Pearson and Dawson, 2003; Gavin and Hu, 2005). Models were used for the 

evaluation of future bioclimatic ranges of páramo ecosystems considering the climatic 

variables that best describe the current niche distribution to simulate the future distributions 

of páramo niches under climate change scenarios (Bakkenes et al., 2002; Peterson et al., 

2002a; Peterson et al., 2002b; Peterson et al., 2004; Thuiller, 2003; Pearson et al., 2004; 

Thomas et al., 2004; Thuiller et al., 2005).  

 

Although through the years, several modelling approaches have been applied aimed at 

analysing the impact of climate change on Andean vegetation based on different climatic 

scenarios (Tovar et al., 2013; Cuesta et al., 2008; Cuesta, 2007; Ramirez-Villegas et al., 2014), 

the impact on specific Andean ecosystems remains poorly understood. The knowledge gap 

persists hand in hand with the improvement of data and the development of more accurate 

global climate model (GCM) projections. This study aimed to contribute to filling the existing 

knowledge gap by analysing the potential impact of climate change on the climatic niches of 

the eleven types of páramo ecosystems existing in the Ecuadorian Andes. This research applied 

state of the art modelling techniques (MAXENT) to generate climatic niche distribution models 

under current and future environmental conditions. Future projections were based on six 

different global climate models (GCMs) and two representative concentration pathways (RCP), 

a moderate (RCP 4.5) and an extreme (RCP 8.5) greenhouse gas (GHG) concentration scenario, 

representing two of the latest emission scenarios recognized by the IPPC in the Fifth 

Assessment Report (AR5). This research analyses the impact of climate change on páramo 

niches from two points of view: a) impact on the future distribution of climatic niches 

according to four categories of impact: unchanged, lost, expanded and extinct; and b) future 

impact on climatic niches shared among páramo ecosystems.  
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2. Materials and Methods 

2.1 Study Region 

Most niche models tend to define study areas according to countries geographical or political 

borders to promote regional or local conservation actions. By doing so, the resultant models 

ended up calibrated with a limited range of environmental conditions that do not capture the 

total species niche neither their real environmental tolerance (Raes, 2012; Titeux et al., 2017). 

This could cause the under-representation of areas of adequate habitats, and reduces the 

predictive power of the models ό{łƴŎƘŜȊπCŜǊƴłƴŘŜȊ Ŝǘ ŀƭΦΣ нлммΤ ¢ƘǳƛƭƭŜǊ Ŝǘ ŀƭΦΣ нллпύ. It is 

therefore recommended the use of biogeographic boundaries for niche modelling purposes as 

an attempt to represent most of the species distribution ranges (Raes, 2012).  

 

Under these circumstances, the Andes biogeographic region geographically defined for 

Ecuador was selected as the modelling boundary. In Ecuador, this natural boundary covers an 

area of approximately 102,450 km2, including the Eastern and Western Cordillera of the Andes, 

ranging from the border with Colombia in the North to the Peruvian border in the South (Fig. 

2.1). This region represents ecological and climatic characteristics necessary to guarantee the 

presence of these Andean vegetation (Brown and Lomolino, 1998; Radosavljevic and 

Anderson, 2014). Although, the Andean region offers a flexible spatial range for current and 

future niche predictions, it excludes páramo ecosystems existing in other countries such as 

Colombia and Peru. This decision was made since there were no maps of páramo ecosystems 

available for other páramo countries consistent with the scale and level of detail offered by the 

Ecuadorian map.  
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Figure 2.1 Location of the Andes Biogeographic Region in Ecuador. 
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2.2 Modelling Methods 

2.2.1 Generation of Páramo Presence Records  

 

In developing countries, the majority of species records are scattered, opportunistic and are 

mainly recorded in museum catalogues, personal collections, and literature ό9ƭπDŀōōŀǎ ŀƴŘ 

Dormann, 2018). In these countries, including Ecuador, due to the lack of funds dedicated to 

conservation, there is no systematic sampling scheme to collect biological information at 

national or regional level. Therefore, developing countries do not share their biodiversity data, 

causing a low representation of their species in international databases (e.g. Global 

Biodiversity Information Facility - GBIF) (Newbold, 2010). The scarcity of species records 

together with clear signs of sampling bias and limited local environmental gradients, make it 

difficult to establish distribution models based on solid records of species for a variety of 

taxonomic groups at national and regional scales.  

 
Due to these circumstances, the Map of Ecuadorian Continental Ecosystems, scale 1:100,000 

(MAE, 2013a), generated by the Ministry of the Environment of Ecuador (MAE) in 2013, was 

used to generate the records of presence for modelling the eleven páramo ecosystems (Table 

2.1). The presence datasets varied in size (12 to 19,999 presence records, i.e. number of km2) 

due to the variability in area of the different páramo types (See Chapter I - Table 1.2). Presence 

points were generated individually per type of vegetation, removing duplicates and ensuring a 

minimum distance of 1km in between points in agreement with climatic data resolution. 

 
Table 2.1 Páramo Ecosystems, codes and number of presence records used for modelling. 

Nº Páramo Ecosystem 
Ecosystem 

Code 
# Presence  

Records 

1 Sumaco Volcano's Páramo Grassland and Evergreen Shrubland HsSn01 12 

2 Southern Páramo High Montane Evergreen Shrubland AsAn01 33 

3 Humid Subnival Páramo Grassland HsNn01 345 

4 Ultra-humid Subnival  Páramo Grassland HsNn02 518 

5 Floodable Páramo Grassland HsSn04 560 

3 Páramo Evergreen Forest BsSn01 605 

7 Humid High Upper Montane Páramo Grassland HsSn03 827 

8 Páramo Caulescent Rosettes (frailejones) and Grassland RsSn01 854 

9 Páramo Subnival Evergreen Grassland and Shrubland HsNn03 2,124 

10 Páramo Evergreen Shrubland and Grassland AsSn01 8,699 

11 Páramo Grassland HsSn02 19,999 

 
 



Chapter II 
 

Page | 36  
 

2.2.2 Selection of Niche Predictor Variables 

 
Bioclimatic variables were used as predictor variables to capture annual climatic patterns, 

seasonality and extreme environmental conditions for each páramo remnant όhΩ5ƻƴƴŜƭƭ ŀƴŘ 

Ignizio, 2012; WorldClim, 2005). The set of variables was chosen based on previous literature 

on tropical ecosystem modelling (Tovar et al., 2013; Cuesta, 2007; Cuesta et al., 2008; Ramirez-

Villegas et al., 2014) and due to their applicability for estimating potential effects of climate 

change on species distribution όhΩ5ƻƴƴŜƭƭ ŀƴŘ LƎƴƛȊƛƻΣ нлмнΤ tŜŀǊǎƻƴ ŀƴŘ 5ŀǿǎƻƴΣ нллоύ. All 

climatic layers were provided by WorldClim (Version 1.4) at 30 seconds (~1 km2) resolution. 

Current climatic conditions are based on interpolations of observed data representative of the 

1950-2000 period. For future climatic projections, years 2050 (average for 2041-2060) and 

2070 (average for 2061-2080) were considered (Table 2.2). In Ecuador, the WorldClim 

database has been verified and used in several climatic studies (e.g. Ecuador's Bioclimatic 

Model) and analyses led by local institutions (Cuentas, 2013; Melo et al., 2011), proving to be a 

reliable source of information. Despite certain limitations linked to the lack of broad coverage 

of the climatic stations in the Ecuadorian territory, WorldClim results  more adequate to the 

scale of this study than other global data sets, such as PRECIS and TL959, which present much 

lower resolution (50 km2) (Bustamante, 2017). 

Although many of these variables are correlated, the entire bioclimatic set (19) was retained 

considering the complexity of diverse climatic requirements for all páramo remnants located 

along both cordilleras. Studies also reveal that in MAXENT under-parameterization has a 

stronger negative effect on models performance than when models are over-parameterized 

suggesting that it is better to allow the MAXENT algorithm to control model parameterization 

(Warren and Seifert, 2011). This criterion was applied for all models except for the ones with Җ 

40 occurrences. Several authors have suggested that when there are fewer occurrences, a 

simple model may be applied (Tovar et al., 2013; Ramirez-Villegas et al., 2014; Warren and 

Seifert, 2011), where the number of parameters  does not exceed the number of points of 

occurrence used in the construction of the models (Warren and Seifert, 2011). The simpler 

models were applied for spatially-restricted vegetation types Grassland and Evergreen 

{ƘǊǳōƭŀƴŘ ƻŦ {ǳƳŀŎƻΩǎ ±ƻƭŎŀƴƻ tłǊŀƳƻ (HsSn01) and High Montane Evergreen Shrub of 

Southern Páramo (AsAn01), for which a selection of 7 (Bio1, Bio2, Bio 12, Bio14, Bio15, Bio18 

and Bio19) out of the 19 bioclimatic variables was used based on correlation analysis (Pearson 

correlation coefficient cut-off 0.8). These decisions were informed by similar modelling 

exercises performed in the Andes (Tovar et al., 2013; Ramirez-Villegas et al., 2014; Cuesta, 

2007). 
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Table 2.2 Bioclimatic Variables used to represent climatic niche under  
current (1950-2000) and future climatic conditions (2050 & 2070) 

N  Code Variable Unit 

1 Bio1* Annual Mean Temperature / 

2 Bio2* Mean Diurnal Range / 

3 Bio3 Isothermality / 

4 Bio4 Temperature Seasonality / 

5 Bio5 Max Temperature of Warmest Month / 

6 Bio6 Min Temperature of Coldest Month / 

7 Bio7 Temperature Annual Range / 

8 Bio8 Mean Temperature of Wettest Quarter / 

9 Bio9 Mean Temperature of Driest Quarter / 

10 Bio10 Mean Temperature of Warmest Quarter / 

11 Bio11 Mean Temperature of Coldest Quarter / 

12 Bio12* Annual Precipitation mm 

13 Bio13 Precipitation of Wettest Month mm 

14 Bio14* Precipitation of Driest Month mm 

15 Bio15* Precipitation Seasonality % 

16 Bio16 Precipitation of Wettest Quarter mm 

17 Bio17 Precipitation of Driest Quarter mm 

18 Bio18* Precipitation of Warmest Quarter mm 

19 Bio19* Precipitation of Coldest Quarter mm 

*Variables used for simpler models 

2.2.3 Selection of Global Climate Models (GCMs) and Representative Concentration 

Pathways (RCPs) for Future Niche Spatial Distribution Prediction 

 

Based on the assumption that as the number of independent models considered increases, the 

errors tend to be cancelled (Tebaldi and Knutti, 2007); six Global Climate Models (GCMs) were 

included to predict the future spatial distribution of páramo niches. The GCMs were selected 

based on the availability and completeness of the bioclimatic variables required to run the 

models in MAXENT. All GCMs were downscaled and calibrated by WorldClim using the current 

climate as baseline, assuming that the changes in climate have high spatial autocorrelation 

(Hijmans et al., 2005) (Table 2.3). Representative concentration pathways (RCPs) were 

considered to understand alternative futures for the páramo vegetation. RCPs considered the 

effects of implementing international policies or agreements aimed at mitigating emissions 

and other socio-economic and technology assumptions. There are four RCPs known as RCP 2.6, 

RCP 4.5, RCP 6.0 and RCP 8.5, named according to their radiative forcing target level 

established for year 2100 (Van Vuuren et al., 2011). Only RCPs 4.5 and RCP 8.5 were 

considered, representing one moderate and extreme scenario respectively. The other two 

scenarios were excluded since according to the Intergovernmental Panel on Climate Change 



Chapter II 
 

Page | 38  
 

(IPCC), RCP 2.6 is unlikely to be achieved and RCP 6.0 does not consider additional efforts to 

limit emissions (IPCC, 2014a; Van Vuuren et al., 2011) (Table 2.4). 

 
Table 2.3 Global Climate Models (GCMs) considered for future scenarios  

N  Modelling Centre Abbreviation 

1 Beijing Climate Center BCC-CSM1-1 

2 University Corporation for Atmospheric Research CCSM4 

3 Met Office Hadley Centre HadGEM2-ES 

4 Institut Pierre Simon Laplace IPSL-CM5A-LR 

5 
Japan Agency for Marine, Earth Science and Technology, University 
of Tokyo and National Institute for Environmental Studies 

MIROC-ESM 

6 Meteorological Research Institute MRI-CGCM3 

 
Table 2.4 Representative Concentration Pathways (RCPs) Assumptions, based on: (Van Vuuren et al., 2011), (Wayne, 
2013), (Moss et al., 2008) & (Moss et al., 2010) 

Pathway Radiative Forcing Characteristics Pathways 
Emissions 
CO2 equiv 
(p.p.m) 

Expected 
Temperature 
Anomaly (°C) 

RCP 8.5 
>8.5 W/m

2
 in year 

2100 

very high GHG concentration 
scenario, exclude any 

additional efforts to limit 
emissions 

Rising 
~1,370 pp
m CO2 eq. 

4.9 

RCP 4.5 
~4.5 W/m

2
 at 

stabilization after 
year 2100 

intermediate scenario 
Stabilization 

without 
overshoot 

~650 ppm 
CO2 eq. 

2.4 

 

2.2.4 Model Fitting and Implementation 

 

The climatic niche models were generated through MAXENT software, version 3.3.3k. MAXENT 

is an estimation technique based on the maximum-entropy principle and extensively used in 

estimating species distributions under specific environmental dimensions (Phillips et al., 2006; 

Phillips and Dudík, 2008; Elith et al., 2010; Franklin et al., 2013; Elith et al., 2006). MAXENT 

performs extremely well in predicting occurrences by finding the largest spread (maximum 

entropy) in a geographic dataset of local occurrences in relation to a set of environmental 

variables that limits species presence/occurrence (Steinbach, 2002; Elith et al., 2011). Among 

the advantages of this modelling technique are the use of only presence data, given that 

absence data are rarely available or unreliable (Phillips et al., 2006; Elith et al., 2011; Phillips 

and Elith, 2013). MAXENT results are continuous making it easier to distinguish and interpret 

the changes (Phillips et al., 2006). Unlike other techniques based on discriminative approaches, 

MAXENT applies a generative approach using the environmental data of the entire study area, 

which is an advantage when presence data are limited (Phillips and Elith, 2013). In addition, 

MAXENT is relatively unaffected by spatial errors associated with location data, it requires few 

occurrence data to build useful models and it has robust algorithms (deterministic) designed to 

efficiently achieve the maximum entropy distribution (Baldwin, 2009). 
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In contrast, there are some drawbacks associated with MAXENT. The main limitation is the 

possibility of over-fitting, which limits the ability of the model to adequately generalize 

independent data (Radosavljevic and Anderson, 2014). Although, MAXENT tries to address this 

ƭƛƳƛǘŀǘƛƻƴ ǘƘǊƻǳƎƘ ƛǘǎ άregularization ƳǳƭǘƛǇƭƛŜǊέ parameter which limits the complexity of the 

model and generates a less localized prediction (Phillips and Dudík, 2008). Despite the 

limitations, it has been proven that MAXENT obtains a better discrimination of suitable versus 

unsuitable areas for the species than other presence-only modelling approaches such as the 

Genetic Algorithm for Rule-Set Prediction (GARP)(Phillips et al., 2006). The various points in its 

favour make MAXENT an appropriate modelling technique for this study.  

 

Models were run according to default parameters with the exception of key settings used as 

optimization factors oriented to avoid over and under-prediction problems (Warren and 

Seifert, 2011; Ramirez-Villegas et al., 2014; Martínez, 2010; Lobo et al., 2008; Radosavljevic 

and Anderson, 2014). Parameter modifications were applied to groups of páramo ecosystems 

which were partitioned according to their number of presence records (Table 2.5). Key settings 

adjustment began with the identification of background points used to define the areas where 

the ecosystem has not developed. For this analysis, background points (pseudoabsences) 

where randomly sampled by MAXENT from the entire study region. All models were run with 

10,000 background points (default value) with the exception of Páramo Grassland vegetation 

(HsSn02) for which it was increased to 20,000 background points in order to maintain a good 

discrimination between ecosystem presence and absence (VanDerWal et al., 2009; Isaac et al., 

2009). 

 

The replication type was selected considering the differences in MAXENT performance 

regarding internal usage of occurrence data (Phillips, 2005). Cross-validation was used for 

vegetation with > 40 occurrences, since this splits the occurrence data randomly into equal-

size groups (10 folds), using all data for validation purposes (Radosavljevic and Anderson, 

2014; Phillips, 2005). Bootstrapping was applied in caseǎ ǿƛǘƘ Җ пл occurrences, since this 

selects the training data by  using the presence points with the number of samples being equal 

to the total number of presence points (Phillips, 2005). Models were run 10 times (replicates), 

ŜȄŎŜǇǘ ŦƻǊ ǾŜƎŜǘŀǘƛƻƴ ǿƛǘƘ ƻŎŎǳǊǊŜƴŎŜǎ Җ пл ŦƻǊ ǿƘƛŎƘ ƳƻŘŜƭǎ ǿŜǊŜ Ǌǳƴ ƻƴƭȅ р ǘƛƳŜǎ (Young et 

al., 2011; Ramirez-Villegas et al., 2014). The random seed option was selected true for all cases 

to allow the program to use a different random seed for each run. Hence a different random 

test/train partition was made and a different random subset of the background was used 

(Phillips, 2005). Models were run simultaneously under the Linux operating system using batch 
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mode available for MAXENT, in collaboration with the York Advanced Research Computing 

Cluster (YARCC) led by the IT Department at the University of York.  

 

Models were set to 5,000 maximum iterations to provide sufficient time for convergence and 

to avoid over and under-prediction (Young et al., 2011). All models used the default 

regularization multiplier (1) except for the models with occurrences >2,000 to which a higher 

value (2.5) was assigned in order to achieve optimal model complexity and reduce overfitting 

in more general models (Elith et al., 2010; Radosavljevic and Anderson, 2014; Phillips, 2005). 

This analysis applied the criterion of unlimited dispersal for future climatic niche distribution 

(Thomas et al., 2004, Ramirez-Villegas et al., 2014), based on the assumption that all páramo 

ecosystems can migrate and occupy any site that becomes climatically suitable in the future. 

For this purpose, the extrapolate option was selected  as true to allow models to predict into 

regions of environmental space beyond the climatic restrictions encountered during training 

(Phillips, 2005). Finally, a threshold rule was defined to obtain binary maps of niche 

distribution. This was useful to differentiate the areas of presence (1) and absence (0) of the 

ecosystems predicted. The threshold rule selected was one that maximizes the sum of 

sensitivity and specificity of training points, minimizing omission and commission errors 

(Manel et al., 2001; Freeman and Moisen, 2008), and equivalent to the closest optimal point 

on the Receiver Operating Characteristic curve (ROC) (Cantor et al., 1999). This threshold has 

demonstrated good performance in similar studies (Liu et al., 2005; Jiménez-Valverde and 

Lobo, 2007; Cao et al., 2013). 

 

Table 2.5 MAXENT Key Settings defined for each modelling group 

Group*  
Páramo 

Ecosystem  
Code 

Presence 
Records 

(#) 

Replicated 
Run Type 

Replicates 
Number 

Background 
Points 

Folds 
Regularization 

Multiplier  

1 
HsSn01 12 

Bootstrap 5 10,000 --- 1 
AsAn01 33 

2 

HsNn01 345 

Cross-
validation 

10 10,000 10 1 

HsNn02 518 

HsSn04 560 

BsSn01 605 

HsSn03 827 

RsSn01 841 

3 
HsNn03 2,123 Cross-

validation 
10 10,000 10 2.5 

AsSn01 8,690 

4 HsSn02 19,999 
Cross-

validation 
10 20,000 10 2.5 

*All groups were modelled by considering a maximum number of iterations equal to 5,000 and άMaximum training sensitivity plus 
specificityέ as the threshold rule. 
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2.2.5 Model Ensemble and Consensus 

 
Numerous niche predictions and projections were generated through MAXENT based on 

current and future climatic conditions. There were 30 results for each páramo type, and 330 

results in total. Under the assumption that all independent models could be considered 

flawed, however, many of them contain some degree of partial truth (McNees, 1992; Winkler, 

1989; Araújo and New, 2007). Model combination was based on the ensemble of all binary 

outputs (i.e. 1 - 0) obtained from the six GCMs into a single map. Binary maps were combined 

according to the corresponding period (2050 & 2070), RCP (4.5 & 8.5) and type of páramo 

ecosystem based on two approaches. First, without consensus (a), considers all predicted niche 

areas without discriminating consensus level among the six GCM. Thus, all pixels identified as 

presence (i.e. 1) by any of the six GCMs were considered as the true presence of the 

ecosystem. Second, with consensus (b), groups the pixels of presence (i.e. 1) according to the 

level of agreement reached among the six GCMs. Thus, presence pixels predicted 

coincidentally by 1 to 2 GCMs were considered as low consensus, 3 to 4 GCMs as medium 

consensus and 5 to 6 GCMs as high consensus. Areas of niche predicted over areas of current 

human intervention (i.e. urban, agricultural and deforested areas) were discarded by using the 

intervention mask available on the Map of Ecuadorian Continental Ecosystems (MAE, 2013a). 

ArcGIS software version 10.4.1 was used to perform the spatial analysis required. 

2.2.6 Evaluation of Model Performance  

 
The models' performance was evaluated by using the area under the receiver operating 

characteristic curve (AUC) (Mateo et al., 2011; Phillips et al., 2006; Guisan and Zimmermann, 

2000; Hanley and McNeil, 1982). AUC values can vary between 0 to 1, where 1 indicates 

perfect model discrimination,  0.5 indicates that the model's predictive discrimination is not 

better than random and values < 0.5 indicate performance worse than a random selection 

(Young et al., 2011; Elith et al., 2006). Despite limitations highlighted by several experts 

showing that the AUC could reflect a good predictive accuracy even in models that reflect a 

poor performance in estimating the underlying biology (Lobo et al., 2008; Warren and Seifert, 

2011), the AUC remains a useful metric when it comes to prioritising areas in terms of their 

relative importance as species' habitat (Elith et al., 2006). Since models were run five to ten 

times, the calculation of AUC average (Appendix II.A) for test and training sets was performed 

for each dataset and subsequently for each consensus model (Radosavljevic and Anderson, 

2014). aƻŘŜƭǎ ǿƛǘƘ ŀǾŜǊŀƎŜ !¦/ җ 0.7 were considered robust and consequently used for 
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further analyses as suggested by similar studies (Ramirez-Villegas et al., 2014; Elith et al., 

2006).  

2.3 Climate Change Impact 

 
2.3.1 Impact on Climatic Niche Distribution 
 
The  evaluation of the impact of climate change on páramo niches distribution was based only 

on niche areas identified as high consensus among the six GCMs results (at least 5 of 6 GCMs in 

agreement). Based on similar studies (Tovar et al., 2013; Broennimann et al., 2006; Ramirez-

Villegas et al., 2014; Loehle and LeBlanc, 1996; Peterson et al., 2001), niche pixels were 

analysed and classified into four categories of impact. The first category was unchanged niche 

(1), where climatic conditions remain stable. Thus, climatic niches (pixels) that were 

overlapping, due to their constant presence in the current scenario and future scenarios were 

considered as unchanged. The second category was lost niche (2), where optimal climatic 

conditions are likely to decrease. Hence, climatic niches (pixels) that were present in the 

current scenario but are reduced in future scenarios were identified as lost. The third category 

was expanded niche (3), where change to climatic conditions does not occur in the present but 

could probably occur in the future. Thus, climatic niches (pixels) that were absent in the 

current scenario but were present in future scenarios were considered as potential niche 

expansion . The fourth category was extinct niche (4), where optimal climatic conditions totally 

disappear. Hence, climatic niches (pixels) that were present in the current scenario but totally 

absent in future scenarios were identified as extinct. 

 

Impact analysis was performed at two levels: individually per type of páramo vegetation and at 

national scale. At páramo ecosystem level, the impact was evaluated based only on pixels of 

niche presence identified under high consensus category. The decision was made to increase 

the reliability of the results since there is a high level of uncertainty associated with climate 

change. The impact at national scale was based on both ensemble approaches, without 

consensus and with high consensus, allowing some degree of flexibility in the evaluation of the 

impact. Therefore, the national impact was based on all pixels identified as presence by any 

GCMs without consensus and pixels of niche presence identified under the high consensus 

category (with consensus across all GCMs). Based on each approach, models were combined 

into one, without discrimination of vegetation type to show the national impact. ArcGIS 

software version 10.4.1 was used to perform the spatial analysis required. 
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2.3.2 Climatic Niche Shifts 
 
The variation in time and space of páramo ecosystems sharing the same climatic niche was 

considered important in the evaluation of global change impact on páramo's vegetation 

biodiversity. Climatic niche shifts were estimated by accounting (pixel by pixel) the number of 

páramo ecosystems overlapping (sharing) climatic niches across future scenarios. For this 

purpose, only niche areas (pixels) previously identified under high consensus (i.e. 5 to 6 GCMs 

in agreement) were considered. Models were combined into one without discrimination of 

vegetation type. The assignation of value of one to each pixel of presence was required to 

facilitate the posterior quantification of niche shifts. Thus, the niche shifts could range from a 

minimum of 1 which represents climatic niches occupied by only one páramo ecosystem to a 

maximum of 11 representing climatic niches occupied by all eleven páramo ecosystems. ArcGIS 

software version 10.4.1 was used to perform the spatial analysis required. 

   

3. Results 

3.1 Models Evaluation 

 
3.1.1 Statistical Evaluation 

 
The niche distribution models suggested good performance according to the average AUC 

training and test showing values >0.9 for nine of the eleven páramo vegetation types. Despite 

having more presence records (occurrences) than the rest, niche distribution models for 

ecosystem types Páramo Evergreen Grassland and Shrubland (AsSn01) and Páramo Grassland 

(HsSn02) showed poorer statistical performance, however, AUC values were still җлΦт (Table 

2.6).  

Table 2.6 AUC- Statistical Evaluation for Current Scenarios 

Nº 
Ecosystem 

Code 
#  Presence 

Records 
Training AUC 

average 
Test AUC 
average 

1 HsSn01 12 0.9994 0.9994 

2 AsAn01 33 0.9981 0.9981 

3 HsNn01 345 0.9807 0.9786 

4 HsNn02 518 0.9725 0.9707 

5 HsSn04 560 0.9647 0.9593 

6 BsSn01 605 0.9549 0.9489 

7 HsSn03 827 0.9589 0.9567 

8 RsSn01 854 0.9633 0.9626 

9 HsNn03 2,124 0.9112 0.9093 

10 AsSn01 8,699 0.7344 0.7309 

11 HsSn02 19,999 0.7240 0.7219 

 
 
 
 
 



Chapter II 
 

Page | 44  
 

3.1.2 Variability of Climate Niche Predictions across Global Climate Models (GCMs)  
 
 

Across the six GCMs used, climatic niche predictions varied significantly (Table Fig 2.7 and Fig 

2.2). Considering scenario RCP 4.5 (year 2050) as an example, the niche area projected for 

ecosystem HsSn01 (modelling group 1), varied from a minimum of 12 km2 based on GCM MRI-

CGCM3 to a maximum of 489 km2 according to GCM IPSL-CM5A-LR. A standard deviation (SD) 

of 190 km2 was obtained by considering the variation in climatic niche area across all GCMs. 

Ecosystem HsNn02 (modelling group 2), registered niche area variations ranging from a 

minimum of 476 km2 according to GCM CCSM4 to a maximum of 1,156 km2 based on GCM 

MRI-CGCM3. In this case, the variation of climatic niche area across all GCMs represented a SD 

of 280 km2. Ecosystem AsSn01 (modelling group 3), experienced variations in climatic niche 

area ranging from a minimum 18,776 km2 based on GCM IPSL-CM5A-LR to a maximum of 

21,997 km2 according to GCM MRI-CGCM3. A SD equal to 1,237 km2 was obtained when all 

climatic niche areas, predicted by all GCMs, were considered. In the case of ecosystem HsSn02 

(modelling group 4), areas of niche reflected variations ranging from a minimum 21,479 km2 

based on GCM IPSL-CM5A-LR to a maximum of 25,307 km2 according to BCC-CSM1-1. Niche 

variation across all GCM showed a SD of 1,401 km2 (Table 2.7 and Fig 2.2). As observed in the 

examples, the same GCM (e.g. MRI-CGCM3) predicting the smallest niche area for one 

ecosystem (e.g. HsSn01) was predicting the largest niche area for another ecosystem (e.g. 

AsSn01). The rest of the páramo ecosystems experienced similar variation in climatic niche 

areas under scenario RCP 4.5 (Table 2.7) and scenario RCP 8.5 (Fig 2.3 and Appendix II.B); 

showing smaller or larger areas of climatic niche depending on the GCM used. There was no 

clear pattern leading to the exclusion of a particular model, justifying the model ensemble 

performed.  
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Table 2.7 Climatic niche area predicted for each Global Climate Model (GCM) under GHG emission scenario RCP 4.5 (years 2050 and 2070) per type of páramo ecosystem (code). 
 

Modelling 
Group 

N° 
Páramo 

Ecosystem 
Code 

RCP 4.5 
(~km2) 

Year 2050 Year 2070 

B
C

C-
C

S
M

1-1
 

C
C

S
M

4 

H
a

d
G

E
M

2-E
S 

IP
S

L-C
M

5
A-

L
R 

M
IR

O
C-

E
S

M 

M
R

I-C
G

C
M

3 

SD Min Max 

B
C

C-
C

S
M

1-1
 

C
C

S
M

4 

H
a

d
G

E
M

2-E
S 

IP
S

L-C
M

5
A-

L
R 

M
IR

O
C-

E
S

M 

M
R

I-C
G

C
M

3 

SD Min Max 

1 
1* HsSn01 42 22 30 489 20 12 190 12 489 35 8 200 546 165 23 204 8 546 

2 AsAn01 48 80 51 0 16 194 69 0 194 174 87 0 1 105 437 163 0 437 

2 

3 HsNn01 633 585 322 200 1,516 1,668 621 200 1,668 468 371 322 137 50 1,323 457 50 1,323 

4* HsNn02 1,156 476 580 579 808 1,056 280 476 1,156 1,465 162 692 377 497 852 456 162 1,465 

5 HsSn04 4,954 3,697 2,914 4,696 4,760 4,332 781 2,914 4,954 4,491 4,433 1,395 3,272 3,607 4,154 1,162 1,395 4,491 

6 BsSn01 3,711 7,356 2,626 1,805 2,933 4,740 1,981 1,805 7,356 3,999 8,330 2,546 676 880 2,440 2,818 676 8,330 

7 HsSn03 812 1,248 230 171 3,290 2,328 1,238 171 3,290 188 205 10 2 1 1,644 645 1 1,644 

8 RsSn01 2,169 393 3,056 2,411 1,932 2,553 912 393 3,056 4,372 185 2,472 2,516 830 2,594 1,482 185 4,372 

3 
9 HsNn03 3,049 2,314 1,534 1,072 2,413 2,758 749 1,072 3,049 2,595 2,105 871 764 1,919 1,887 723 764 2,595 

10* AsSn01 20,501 18,841 19,775 18,776 19,183 21,997 1,237 18,776 21,997 19,511 16,314 15,914 13,589 21,135 22,639 3,466 13,589 22,639 

4 11* HsSn02 25,307 23,856 22,911 21,479 21,800 23,225 1,401 21,479 25,307 23,915 21,022 21,053 19,501 23,808 21,695 1,730 19,501 23,915 

* Ecosystems used to exemplify climatic niche variation across Global Climate Models (GCMs). 
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Figure 2.2 Example of variation in climatic niche area across Global Climate Models (GCMs) based on future scenario RCP 4.5 (moderate), years 2050 and 2070. Green coloured bars  
represent páramo ecosystems corresponding to modelling groups 1 (HsSn01) and 3 (AsSn01), while blue coloured bars represent páramo ecosystems corresponding to modelling  
groups 2 (HsSn02) and 4 (HsSn02). 
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Figure 2.3 Example of variation in climatic niche area predicted across the six GCMS per páramo ecosystem (code) based on future scenario RCP 8.5 (extreme), year 2050. The graph from 
the left corresponds to Modelling Groups 1 and 2 while the graph from the right corresponds to Modelling Groups 3 and 4. The graphs represent minimum, first quartile, median, third 
quartile, and maximum values. 
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3.1.3 Differences in Climatic Niche Area by level of Consensus 
 

The niche predictions obtained for the current scenario showed in general, a trend towards 

over-prediction with respect to the observed niche. The majority of climatic niche areas 

predicted for the current scenario reached high consensus. The proportion of niche area under 

high consensus varied differently across páramo modelling groups. The results showed that for 

páramo ecosystems with the highest number of occurrences (i.e. Group 3 and 4, Fig. 2.4), the 

proportion of niche areas reaching high consensus was җ ур҈Φ ¢ƘŜ ǇǊƻǇƻǊǘƛƻƴ ƻŦ ŀǊŜŀǎ ǳƴŘŜǊ 

high consensus was reduced for páramo ecosystems with an intermediate number of 

occurrences (i.e. Group 2, Fig. 2.4) showing niche areas under high consensus > сл҈ ŀƴŘ Җ 

85%. For the group of ecosystems with the lowest number of occurrences (i.e. Group 1, Fig. 

2.4), the proportion of niches reaching high consensus was < 60%. Future projections behaved 

differently compared to the current predictions. For modelling groups 3 and 4, the percentages 

of niche area reaching high consensus was still significant (Fig. 2.5). Ecosystems HsSn02 (Group 

4) and AsSn01 (Group 3), had percentages >70% and <90% and >40% and <70% of niche areas 

reaching high consensus, respectively, when all future scenarios were compared (Table 2.8). In 

this modelling group, the exception was ecosystem HsNn03 (Group 3) that reflected smaller 

percentage (>20% and <40%) of niche areas under high consensus (Table 2.8), throughout all 

future scenarios. For modelling groups 1 and 2 (Fig 2.5), the percentages of niche areas under 

high consensus varied differently according to the páramo ecosystem modelled. In these 

groups, percentages were not as significant as in the other modelling groups, reporting null 

percentages of niche under high consensus (e.g. AsAn01) to a maximum of 30% (e.g. HsNn02) 

(Table 2.8).  
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Table 2.8 Climatic niche area predicted and projected for current and future scenarios (RCP 4.5 and RCP 8.5) by level of consensus (high, medium, and low) reached across GCMs. 
Percentages of representativeness of climate niche areas by consensus level with respect to the total niche area predicted by páramo ecosystem (code) are also shown.  

 
*Observed niche is correspondent to the occurrence points obtained from the observed Ecosystems map and used for model generation. 
**Percentages of representativeness of niche area were calculated with respect to the total niche area predicted per scenario. 



Chapter II 
 

Page | 50  
 

 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Figure 2.4 Example of proportion of climatic niche area under high, medium, and low consensus, based on current scenario per páramo modelling group. The graph from the left corresponds to 
Modelling Group 1, and the graph from the centre represents Modelling Group 2, while graph from the right correspond to Modelling Groups 3 and 4. The graphs represent minimum, first 
quartile, median, third quartile, and maximum values. 
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 Figure 2.5 Example of proportion of climatic niche area under high, medium, and low consensus, based on future scenario RCP 4.5 (moderate), year 2050, per páramo modelling group. The graph 
to the left corresponds to Modelling Group 1.The graph in the centre represents Modelling Group 2. The graph to the right corresponds to Modelling Groups 3 and 4. The graphs represent 
minimum, first quartile, median, third quartile, and maximum values. 
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3.2 Climate Change Impact 

 
3.2.1 Impact on Climatic Niche Distribution per type of Páramo Ecosystem 

 
.ŀǎŜŘ ƻƴ άƘƛƎƘ ŎƻƴǎŜƴǎǳǎέ niches, by 2050, under RCP 4.5 (moderate), one out of the eleven 

páramo ecosystems (i.e. HsSn02) could experience ƴƛŎƘŜ ƭƻǎǎŜǎ Җ 25%. Niche losses > 25% and 

Җ 75% were reported for three páramo ecosystems (i.e. AsSn01, RsSn01 & HsSn04). Six 

ecosystems presented niche losses > 75% (i.e. HsSn01, HsNn03, BsSn01, HsNn02, HsNn01 & 

HsSn03). Total niche extinction was reported for ecosystem AsAn01. Percentages of niche 

expansion are still very low (<4%) and probable only for four ecosystems (i.e. BsSn01, HsSn04, 

RsSn01 & AsSn01). By 2070, patterns were similar; however, niche losses were more significant 

in most cases. Páramo ecosystem HsSn02 was predicted to ŜȄǇŜǊƛŜƴŎŜ ƴƛŎƘŜ ƭƻǎǎŜǎ Җ нр҈Φ 

Niche losses Ҕ нр҈ ŀƴŘ Җ тр҈ ǿŜǊŜ ǊŜǇƻǊǘŜŘ ŦƻǊ ŦƻǳǊ ǇłǊŀƳƻ ŜŎƻǎȅǎǘŜƳǎ όƛΦŜΦ HsSn01, AsSn01 

and RsSn01 & HsSn04). Five ecosystems (i.e. HsNn03, BsSn01, HsNn02 & HsNn01) reported 

niche losses >75%, where many of them could experience losses significantly close to their 

extinction. Total niche extinction was registered for two páramo ecosystems (i.e. AsAn01 and 

HsSn03). In terms of potential expansion, percentages were still very low (Җ 4%) and probable 

only for three ecosystems (i.e. RsSn01, AsSn01 & HsSn04) (Table 2.9). Under RCP 8.5 (extreme) 

projections reflected higher niche losses and lower probability of niche expansion across all 

ecosystems in comparison to the moderate intensity scenario (RCP 4.5). By year 2050, 

consideriƴƎ ƻƴƭȅ άƘƛƎƘ ŎƻƴǎŜƴǎǳǎ ƴƛŎƘŜǎέΣ ƴƛŎƘŜ ƭƻǎǎŜǎ ǎǘŀǊǘ ǿƛǘƘ ƭƻǎǎes Ҕнр҈ ŀƴŘ Җ 75% 

reported for four páramo ecosystems (i.e. HsSn02, AsSn01, HsSn01 & RsSn01). Five páramo 

ecosystems (i.e. HsSn04, HsSn03, BsSn01, HsNn02 & HsNn01) presented niche losses >75%, 

where many of them could experience losses close to their total extinction. Total niche 

extinction was predicted for two páramo ecosystems (i.e. HsSn03 & AsAn01). In terms of 

expansion, the percentage is low (Җ 4%) and seems probable only for three ecosystems (i.e. 

BsSn01, AsSn01 & HsSn04). By 2070, niche losses >25% anŘ Җ тр҈ ŀǊŜ ǊŜǇƻǊǘŜŘ ŦƻǊ ǘƘǊŜŜ 

páramo ecosystems (i.e. HsSn02, AsSn01 & HsSn01). Three ecosystems presented niche losses 

>75% (i.e. HsSn04, HsNn03 & HsNn02), where all of them could experience losses close to their 

total extinction. For this case in particular, five ecosystems (i.e. AsAn01, HsNn01, BsSn01, 

HsSn03 & RsSn01) were identified under risk of total niche extinction. In terms of expansion, 

the probability is lower than the rest of scenarios (<2%) and with this result probable only for 

three páramo ecosystems (i.e. HsSn02, AsSn01 & HsSn04) (Table 2.9 and Fig. 2.6 ς Fig. 2.9). For 

detailed information regarding the spatial location (maps) of the impact for all páramo 

ecosystems, see the supplementary material. 
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Figure 2.6 Location of Climatic Niche Impact on ecosystem Páramo Grassland (HsSn02) according to future 
 scenario RCP 4.5 (moderate) and RCP 8.5 (extreme), year 2050 & 2070. 
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Figure 2.7 Location of Climatic Niche Impact on ecosystem Páramo Evergreen Shrubland and Grassland (AsSn01) 
according to future scenario RCP 4.5 (moderate) and RCP 8.5 (extreme), year 2050 & 2070. 
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Figure 2.8 Location of Climatic Niche Impact on ecosystem Páramo Caulescent Rosettes (frailejones) and Grassland 
(RsSn01) according to future scenario RCP 4.5 (moderate) and RCP 8.5 (extreme), year 2050 & 2070. 
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Figure 2.9 Location of Climatic Niche Impact on ecosystem Páramo Evergreen Forest (BsSn01) according to future 
scenario RCP 4.5 (moderate) and RCP 8.5 (extreme), year 2050 & 2070. 
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Table 2.9 Impact of Climate Change on Páramos Climatic Niche Distribution by type of páramo ecosystem (code) under future scenarios (years 2050 & 2070) RCP 4.5 (moderate) and RCP 8.5 (extreme)   
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1 HsSn01 3 23 10 77 0 0 9 69 4 31 0 0 7 54 6 46 0 0 4 33 8 67 0 0 

2 AsAn01* 0 0 155 100 0 0 0 0 0 100 0 0 0 0 139 100 0 0 0 0 0 100 0 0 

3 HsNn01* 225 6 3,563 94 0 0 46 1 3,315 99 0 0 32 1 3,241 99 0 0 4 0 2,864 100 0 0 

4 HsNn02 441 12 3,316 88 1 0 273 7 3,655 93 0 0 192 5 3,464 95 0 0 77 2 3,813 98 0 0 

5 HsSn04 2,133 37 3,560 63 169 3 1,232 23 4,154 77 222 4 956 18 4,483 82 220 4 248 4 5,354 96 91 2 

6 BsSn01* 1,227 17 5,984 83 60 1 464 7 6,446 93 10 0 396 5 7,928 95 69 1 12 0 7,751 100 3 0 

7 HsSn03* 165 5 3,428 95 0 0 1 0 3,529 100 0 0 0 0 3,470 100 0 0 0 0 0 100 0 0 

8 RsSn01* 495 46 574 54 39 4 409 37 696 63 13 1 340 30 782 70 0 0 4 0 1,093 100 0 0 

9 HsNn03 1,335 21 5,045 79 0 0 801 12 5,834 88 6 0 656 10 5,729 90 0 0 167 3 6,150 97 13 0 

10 AsSn01 13,045 64 7,413 36 809 4 10,525 53 9,151 47 504 3 11,853 59 8,392 41 812 4 8,322 41 12,209 59 424 2 

11 HsSn02 18,180 80 4,456 20 105 0 16,928 86 2,760 14 83 0 16,648 73 6,097 27 42 0 13,507 60 8,936 40 168 1 

*Páramo ecosystems showing signs of potential niche extinction. 
**Percentages were calculated with respect to each corresponding current niche scenario (high consensus) presented in Table 2.8. 
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3.2.2 Impact on Climatic Niche Distribution at National Scale 
 
Based on the άwithout consensusέ ŜƴǎŜƳōƭŜ ŀǇǇǊƻŀŎƘ, the climatic niche available for páramo 

vegetation at national scale could reach in average 25,896 km2 (SD 95 km2). By year 2050, 12% 

to 14% of the total climatic niche area, currently suitable for páramo vegetation, could be lost 

under RCP 4.5 (moderate) and RCP 8.5 (extreme), respectively. By year 2070, climatic niche 

losses could reach 13% to 21% when considering scenario RCP 4.5 (moderate) and RCP 8.5 

(extreme), respectively. The percentage of niche expansion reported for 2050 varied from 2% 

to 3% and from 3% to 8%, based on RCP 4.5 (moderate) and RCP 8.5 (extreme), respectively 

(Fig. 2.10 and Appendix II.C).  

 

Lƴ ŎƻƴǘǊŀǎǘΣ ōŀǎŜŘ ƻƴ άhigh consensusέ ŜƴǎŜƳōƭŜ ŀǇǇǊƻŀŎƘΣ ǘƘŜ ŎƭƛƳŀǘƛŎ ƴƛŎƘŜ ŀǾŀƛƭŀōƭŜ for 

páramo vegetation at national scale could reach in average 24,580 km2 (SD 613 km2). By year 

2050, 21% to 28% of the total climatic niche area, currently suitable for páramo vegetation, 

could be lost under RCP 4.5 (moderate) and RCP 8.5 (extreme), respectively. By year 2070, 

climatic niche losses could reach 23% to 40% when considering scenario RCP 4.5 (moderate) 

and RCP 8.5 (extreme), respectively. The percentage of niche expansion reported across all 

scenarios was null (Fig. 2.11 and Appendix II.C). 

 

3.2.3 Climatic Niche Shifts 
 

According to the current scenario, there are up to eight páramo ecosystems sharing the same 

climatic niche. The highest percentage of climatic niche area is shared by two (35% in average) 

to three (21% in average) páramo ecosystems, while 3% and 2% of the total niche area is 

shared by 7 and 8 ecosystems, respectively. By 2050, there are between seven to five páramo 

ecosystems sharing the same niche, according to scenario RCP 4.5 (moderate) and RCP 8.5 

(extreme), respectively. Under both future scenarios (RCP 4.5 & RCP 8.5), the largest niche 

area is now occupied by two to one páramo ecosystems reaching 42% and 23% of the total 

niche area available at that time, respectively. By year 2070, there is a maximum of six to four 

páramo ecosystems sharing niches, based on scenario RCP 4.5 (moderate) and RCP 8.5 

(extreme), respectively. At that time, two ecosystems are found occupying the majority of the 

total niche area available, reaching 38% or 29%. The percentage of area occupied by only one 

ecosystem increases to 28% to 29%, according to RCP 4.5 and RCP 8.5, respectively. The area 

of niche shared by more than two ecosystems is progressively reduced across all future 

scenarios (Table 2.10 and Fig 2.12). 
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Figure 2.10 [ƻŎŀǘƛƻƴ ƻŦ /ƭƛƳŀǘƛŎ bƛŎƘŜ LƳǇŀŎǘ ŀǘ bŀǘƛƻƴŀƭ ǎŎŀƭŜΣ ōŀǎŜŘ ƻƴ άǿƛǘƘƻǳǘ ŎƻƴǎŜƴǎǳǎέ ŀǇǇǊƻŀŎƘΣ ŀŎŎƻǊŘƛƴƎ 
to future scenario RCP 4.5 (moderate) and RCP 8.5 (extreme), year 2050 & 2070. 
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Figure 2.11 Location of Climatic Niche IƳǇŀŎǘ ŀǘ bŀǘƛƻƴŀƭ ǎŎŀƭŜΣ ōŀǎŜŘ ƻƴ άhigh consensusέ ŀǇǇǊƻŀŎƘΣ ŀŎŎƻǊŘƛƴƎ ǘƻ 
future scenario RCP 4.5 (moderate) and RCP 8.5 (extreme), year 2050 & 2070. 
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Figure 2.12 Location of Páramo Climatic Niche shifts in the Andes of Ecuador 
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Table 2.10 Climatic Niche Shifts under future scenarios (years 2050 & 2070) RCP 4.5 (moderate) and RCP 8.5 (extreme). 
 

Number of 
Páramo 

Ecosystems 
in the 
Niche 

RCP 4.5 RCP 8.5 

Current 
Scenario 

Year 2050 
Current 
Scenario 

Year 2070 
Current 
Scenario 

Year 2050 
Current 
Scenario 

Year 2070 

Area 
(~km

2
) 

% 
Area 

(~km
2
) 

%* 
Variation 

(%)**  
Area 

(~km
2
) 

%* 
Area 

(~km
2
) 

%* 
Variation 

(%)**  
Area 

(~km
2
) 

%* 
Area 

(~km
2
) 

%* 
Variation 

(%)**  
Area 

(~km
2
) 

%* 
Area 

(~km
2
) 

%* 
Variation 

(%)**  

1 3,546 14 5,762 23 62 4,237 18 7,012 28 65 3,638 15 5,779 23 59 3,414 14 7,156 29 110 

2 9,249 37 10,458 42 13 7,651 32 9,450 38 24 8,802 35 10,493 42 19 9,087 37 7,352 29 -19 

3 5,083 20 2,123 9 -58 4,822 20 1,224 5 -75 5,248 21 1,286 5 -75 5,090 21 321 1 -94 

4 2,590 10 1,051 4 -59 2,660 11 436 2 -84 2,701 11 355 1 -87 2,899 12 36 0.1 -99 

5 1,916 8 190 1 -90 1,907 8 36 0.1 -98 1,916 8 36 0.1 -98 1,892 8 ---- ---- -100 

6 1,079 4 28 0.1 -97 1,004 4 3 0.01 -100 1,277 5 ---- ---- -100 1,083 4 ---- ---- -100 

7 914 4 9 0.04 -99 894 4 ---- ---- -100 773 3 ---- ---- -100 817 3 ---- ---- -100 

8 581 2 ---- ---- -100 492 2 ---- ---- -100 546 2 ---- ---- -100 513 2 ---- ---- -100 

*Percentages were calculated with respect to each corresponding current niche scenario (high consensus). 
**the Ƴƛƴǳǎ ǎƛƎƴ ϦҍϦ represents reduction, and, likewise, the plus sign "+" represents increment. 
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4. Discussion 

4.1 Climate Change Impact  

 
The climatic niche projections obtained through this research reflect an unpromising future for 

the Ecuadorian páramo ecosystems, in agreement with previous studies carried out in the 

Andes (Cuesta, 2007; Cuesta et al., 2008; Tovar et al., 2013; Feeley and Silman, 2010). As 

reported in previous research, this study showed that in approximately 30 (2050) to 50 (2070) 

years, according to moderate (RCP 4.5) and extreme (RCP 8.5) GHG concentration scenarios, 

the páramo ecosystems are at high risk of abrupt niche changes. In the Andes, the most 

vulnerable vegetation is those with isolated or restricted spatial distribution, highly endemic 

biota and significant fragmentation (Herzog et al., 2011; Herzog et al., 2012; Cuesta et al., 

2008; Thuiller et al., 2005), which causes greater contraction of climate niche and in some 

cases local extinction (Williams and Jackson, 2007; Williams et al., 2007; Tovar et al., 2013). 

This work is in agreement with this assertion as signs of potential extinction were shown in five 

(i.e. AsAn01, HsSn03, HsNn01, BsSn01 & RsSn01) páramo ecosystems. In contrast, páramo 

vegetation with broad distribution such as Páramo Grassland (HsSn02) and Páramo Evergreen 

Shrubland & Grassland (AsSn01) appeared less vulnerable to future changes across all 

scenarios. This could be seen as an explanation of their current predominance along the 

Ecuadorian Andes, as well as an indicator of their future tolerance to extreme climatic 

conditions such as those suffered in the past during the Pliocene-Pleistocene (Luteyn, 2002; 

Young et al., 2002; Van der Hammen and Cleef, 1986). 

 

Across all future scenarios, the impacts of climate change on the páramo climatic niches 

reported by this study showed four potential trends of change, including unchanged niches, 

lost niches, expanded niches, and extinct niches. By 2050, six (RCP 4.5) or five (RCP 8.5) 

ecosystems could experience niche losses > 75%. Among these critical ecosystems, two (RCP 

4.5) and four (RCP 8.5) ecosystems reflected niche losses close to extinction (җфл҈). In 2050, 

total niche extinction could happen in one (RCP 4.5) or two (RCP 8.5) páramo ecosystems. 

Potential niche expansion Җ 4% was reported as probable only for four (RCP 4.5) and three 

(RCP 8.5) ecosystems. By 2070, five (RCP 4.5) or three (RCP 8.5) ecosystems could experience 

niche losses җ75%. Among these critical ecosystems, three (RCP 4.5) or three (RCP 8.5) 

reflected losses close to extinction (>90%). In 2070, the total extinction of two (RCP 4.5) or five 

(RCP 8.5) ecosystems could be expected. Regarding a potential niche expansion, percentages 

are still not significant (Җ4%) and probable only for three ecosystems under both scenarios 

(RCP 4.5 & RCP 8.5). As expected, under the extreme scenario (RCP 8.5), projections reflected 
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higher niche losses, lower probability of niche expansion and higher number of ecosystems at 

risk of extinction, across all ecosystems in comparison to the moderate scenario (RCP 4.5). The 

percentages of niche loss presented here are in agreement with similar studies (Cuesta et al., 

2012c), indicating an average reduction of climatic niche in Andean ecosystems of 80% to 

100% (potential extinction), by years 2020 and 2050 (under emission scenario A2), 

respectively.  

 

The impact on the páramo climatic niche at national scale, showed a niche-decreasing 

tendency across all future scenarios. Impacts were more critical when only high consensus 

niches were considered. By 2050, climatic niche losses based on the άwithout consensusέ 

approach could reach 12% (RCP 4.5) or 14% (RCP 8.5), whereas by 2070, niche losses could 

increase to мо҈ όw/t пΦрύ ƻǊ нм҈ όw/t уΦрύΦ .ŀǎŜŘ ƻƴƭȅ ƻƴ άhigh consensusέ ƴƛŎƘŜǎΣ ōy 2050, 

niche losses could represent 21% (RCP 4.5) or 28% (RCP 8.5). By 2070, niche reductions could 

reach 23% (RCP 4.5) or 40% (RCP 8.5). The probabilities of niche expansion were highly unlikely 

ŀŎŎƻǊŘƛƴƎ ǘƻ άwithout consensusέ ƴƛŎƘŜǎ ŀƴŘ ƴǳƭƭ ōŀǎŜŘ ƻƴ άhigh consensusέ. In terms of 

spatial location of the impact, patterns of niche loss were identified across the entire Andes 

Cordillera of Ecuador. However, páramo vegetation located at the Southeast of the Ecuadorian 

Andes seemed to be more vulnerable showing significant niche losses and so requires special 

attention.  

 

Regarding climatic niche shifts induced by climate change, the results showed a clear trend 

towards a reduction in climatic niche shared by more than one páramo ecosystem across all 

future scenarios analysed. Climatic niche shifts varied from 8 ecosystems sharing the same 

climatic niche under current climatic conditions to a minimum of 5 (RCP 4.5) or 4 (RCP 8.5), by 

2050. By 2070, the number of ecosystems sharing the same niche may not exceed 4 (RCP 4.5) 

to 3 (RCP 8.5). Consequently, an increase in the proportion of the area occupied by only 2 (RCP 

4.5) to 1 (RCP 8.5) páramo ecosystems was evident across all future scenarios; this increase 

goes hand in hand with the corresponding reduction of the area of niche available in the 

future. This could be seen as a sign that most páramo ecosystems will find it difficult to adapt 

to climate changes. These results confirmed the high vulnerability of high mountain vegetation 

leading to species upward movement and species loss (Herzog et al., 2011). These findings are 

consistent with assertions made by several authors (Araújo and Rahbek, 2006; Anderson et al., 

2011) regarding the potential impact of climate change not only in terms of the location of 

vegetation altitudinal belts but also regarding the appearance or disappearance of species 

according to their level of tolerance to new climatic conditions.   
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4.2 Emerging Hypotheses  

 

This study recognizes that besides climatic changes there are other ecological factors that 

could influence the response of ecosystems at the species or community level including 

ǎǇŜŎƛŜΩǎ ŀōƛƭƛǘȅ ƻŦ ŘƛǎǇŜǊǎƛƻƴΣ ŎƻƳǇŜǘƛǘƛƻƴΣ ŀƴŘ ǘƘŜƛǊ ǇƘȅǎƛƻƭƻƎƛŎŀƭ ǊŜǎǇƻƴǎŜ ǘƻ ǎǘǊŜǎǎ ƭŜŀŘƛƴƎ ǘƻ 

different consequences (Ramirez-Villegas et al., 2014). The level of impact on páramo 

ecosystems will depend on the response of their species to future changes. Páramo species 

would adapt to new ecological conditions and changing landscapes if they are mobile enough 

to track the geographic displacement of their climatic niches, they are capable of rapid 

evolutionary change or they have a wide range of abiotic tolerances (Broennimann et al., 

2006). In contrast, very specialized páramo species (i.e. species that can thrive only in a narrow 

range of environmental conditions) or species showing low colonization capacity could result 

unable to adapt (Travis, 2003; Opdam and Wascher, 2004). Páramo landscapes are 

permanently transformed, due to diverse anthropogenic activities including livestock, 

agriculture and burning, which affects possible emerging areas of some ecosystems, the ability 

of species to move, increases the fragmentation of the habitat and reduces their capacity for 

recovery (Tovar et al., 2013).  

¢ƘŜ ǊŜǎǳƭǘǎ ƻŦ ǘƘƛǎ ǎǘǳŘȅ ǇǊƻƧŜŎǘ ŀ ǎƛƎƴƛŦƛŎŀƴǘ ǊŜŘǳŎǘƛƻƴ ƻŦ ǇłǊŀƳƻΩǎ ŎƭƛƳŀǘƛŎ ƴƛŎƘŜ ŀŎǊƻǎǎ ŀƭƭ 

future scenarios. Doubt remains as to the possibility that a replacement between ecosystems 

could happen in the future. In post-glacial times, ecosystems such as forests and páramo 

vegetation have already experienced upward displacements (Bush et al., 2004; Bush et al., 

2005; Hooghiemstra and Van der Hammen, 2004; Valencia et al., 2010). However, given the 

speed at which climatic changes are occurring, ecosystems will require species to migrate 

faster. Otherwise, many populations of Andean species might decrease while novel species 

assemblages might emerge (Feeley and Silman, 2010). This study, like many others, supposes 

that species will become extinct in those areas predicted as climatically inadequate for them 

(Ohlemüller et al., 2006), without considering the adaptive responses at the species or 

population level that could reduce the negative effects (Harte et al., 2004).  

Due to its geographic location in the highest part of the Andes, páramo areas are considered 

highly vulnerable to climate change due to the lack of upslope area for migration (Tovar et al., 

2013). The establishment of an ecosystem in emerging niche areas is a process that can take 

decades (Tovar et al., 2013). In the process, species representative of each ecosystem would 

be established, as well as functional species or nurse plants that would facilitate the 

colonization process (Nuñez et al., 1999). The migration of certain individuals will also depend 



Chapter II 
 

Page | 66  
 

on processes such as pollination and dispersion to ensure their reproduction. In the same way, 

migratory species will have to face competition with the currently existing species. Species 

competition will be stronger if the new climatic conditions are sufficiently variable to cover the 

previous climatic conditions making the establishment of migratory species more difficult 

(Valencia et al., 2010). 

 

4.3 Implications for Management and Policy 

 
Impact as predicted by this study could represent the alteration of páramo ecosystems in 

terms of composition, relative abundance, functional diversity, and in some degree taxonomic 

species diversity (Millennium Ecosystem Assessment, 2005). In countries highly dependent on 

páramo ecosystem services, as Ecuador, the reduction or disappearance of páramo natural 

areas could seriously compromise water supply, flow regulation, irrigation and hydroelectric 

generation (Bradley et al., 2006; Vergara et al., 2007). Any alteration of biodiversity affects key 

ecosystem processes including biomass production, nutrient, and water cycling, and soil 

formation and retention, among others. Therefore, the quality and stability of páramo 

ecosystem services would be significantly compromised.  

Furthermore, the total niche extinction for five types of páramo ecosystems, as was predicted 

here, could represent the loss of abundant and less common speŎƛŜǎ ǊŜŘǳŎƛƴƎ ǘƘŜ ŜŎƻǎȅǎǘŜƳΩǎ 

capacity to cushion the impacts caused by physical and biological changes under climate 

change (e.g. changes in precipitation and temperature). The changes in the exchange of 

climatic niches between the páramo ecosystems evidenced in this study could be seen as a 

potential sign of future invasion of high resistance páramo vegetation in altitudinal ranges 

where previously they were not found. These changes could affect the carbon capture capacity 

of páramo ecosystems since the characteristics of resident species determine the amount of 

carbon that ecosystems assimilate and release into the atmosphere (Millennium Ecosystem 

Assessment, 2005). The significant reduction of the climatic niches as was predicted showed 

evidence of a potential increase in the fragmentation and isolation of páramo patches. 

Although some páramo ecosystems showed signs of greater tolerance to future climatic 

conditions, this does not prevent significant losses from their original niches being recorded, 

cancelling the possibility of connecting with adjacent páramo patches, as predicted by other 

studies in the past (Cuesta, 2007; Young, 2009; Ramirez-Villegas et al., 2014). 

Conservation and sustainable management strategies are crucial to minimize future impacts. 

Páramo areas should be prioritized by level of vulnerability based on these results. 

Connectivity between remnant páramo patches should be also considered when implementing 
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protection strategies in order to promote the maintenance of local populations. Based on the 

assumption that vegetation patches linked or connected by a corridor decrease the rate of 

extinction and have a greater value for conservation than isolated habitats (Noss, 2006), the 

establishment of ecological corridors is recommended. Corridors should include different 

environmental gradients and be sufficiently representative of the species habitat to facilitate 

the dispersal of plants and animals, the recovery of landscape matrices, the survival of diverse 

species (Donald and Evans, 2006). The awareness of all social actors involved directly (e.g. 

indigenous communities and farmers) or indirectly (e.g. urban population) in the management 

of the páramo areas is crucial when planning and implementing strategies for sustainable 

management and conservation of these natural resources (Adger, 2003).  

Conservation and sustainable management strategies are crucial to minimize the future 

impacts on páramo ecosystems. For this purpose, it is necessary to prioritize areas of 

intervention by differentiating ecosystems by level of vulnerability as was identified here. The 

patches of vegetation linked or connected by a corridor decrease the rate of extinction and 

have a greater value for conservation than isolated habitats (Noss, 2006). Thus, the 

connectivity between páramo patches through ecological corridors should be also considered 

when implementing protection strategies to promote the maintenance of local populations 

and address the problem of habitat fragmentation that was evidenced in this study. Corridors 

in páramo areas should include different environmental gradients and be representative 

enough of the species habitat to facilitate: the dispersal of plants and animals, the recovery of 

landscape matrices, and the survival of diverse species (Donald and Evans, 2006). In 

humanized landscapes as páramo lands, the involvement of social actors (e.g. indigenous 

communities, farmers, and urban population) is important to implement adequate strategies 

for conservation and sustainable management (Adger, 2003). 

 

4.4 Model Approach 

 
In this analysis, climatic aptitude (bioclimate) was considered as the key factor for páramos 

survival (Buytaert et al., 2011). However, this study acknowledges that in reality the different 

páramo ecosystems are influenced by several factors including dispersal capacity, interactions 

(competition) or their physiological response to climatic stress (Ramirez-Villegas et al., 2014), 

among others. For ecosystems still under study such as the páramo vegetation, the inclusion of 

these factors is difficult due to a lack of information. Consequently, the analysis was limited to 

measuring the level of environmental tolerance (i.e. bioclimatic conditions) of the páramo 

ecosystems under climate change conditions expected in the future. These limitations might 
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have been reflected in the contradictory results obtained for Sumaco Volcano's Páramo 

Grassland and Evergreen Shrubland (HsSn01) under RCP 4.5 (moderate scenario), showing a 

άōŜƴŜŦƛŎƛŀƭέ ŜŦŦŜct (i.e. lower niche losses) over the climatic niche area by 2070 compared to 

2050. This could be an indicator of GCM limitations when it comes to predicting climatic 

conditions for periods over 30 years or could simply be a reflection of the analysis limitations 

in terms of modelling scale. If this unexpected result is due to analysis limitations, this 

highlights the need for microclimatic data for highly restricted-endemic vegetation. Similar 

limitations have been faced before by other páramo niche studies (Feeley and Silman, 2010; 

Cuesta et al., 2012c), highlighting the high sensitivity of these ecosystems and the need to 

develop specific studies that promote a better understanding of their vulnerability. As in 

previous studies (Cuesta et al., 2008; Ramirez-Villegas et al., 2014),  ǘƘŜ άǳƴƭƛƳƛǘŜŘ ŘƛǎǇŜǊǎŀƭέ 

criterion was applied, assuming that species can migrate and occupy new niches that become 

suitable under future climatic conditions. Despite this being an unrealistic scenario, the results 

in this study reflected the high vulnerability of the páramo vegetation in the face of future 

climate changes even when considering the best possible conditions for ecosystems survival.  

 

Current niche results proved that having a greater number of presence records did not 

necessarily guarantee the better statistical performance of the model. In fact, AUC values 

showed lower model performance for ecosystems with higher number of presence records, as 

was highlighted in the past by several authors (Phillips and Dudík, 2008; Elith et al., 2006). 

Although statistically the number of records seems to have no relevance, the niche spatial 

coherence seems to be affected for ecosystems with a lower number of presence records. This 

is the case of ecosystem HsSn01, which despite having a high AUC value (i.e. 0.9), niche 

predictions reflected obvious contradictions among scenarios. In contrast, the two ecosystems 

with the largest number of occurrences (i.e. HsSn02 & AsSn01), which despite reporting the 

lowest AUC values (i.e. 0.7), had robust niche predictions across all scenarios. Therefore, this 

study agrees with several authors όCƻǳǊŎŀŘŜ Ŝǘ ŀƭΦΣ нлмпΤ [ƻōƻ Ŝǘ ŀƭΦΣ нллуΤ WƛƳŞƴŜȊπ±ŀƭǾŜǊŘŜ 

et al., 2013; Jiménez-Valverde, 2014) who recommend being cautious and not relying solely on 

statistical indicators to include or exclude a model, but rather conjoining them with an 

adequate "spatial" evaluation of the results based on specialized knowledge of the ecosystem 

under study. The generation of models was carried out independently for each páramo 

ecosystem in order to reflect the individual behaviour of each type of vegetation under climate 

change scenarios. Thereby, it is recognized that results are reporting areas of climatic niche 

that could be also occupied by other ecosystems depending on their dispersion capacity and 

other ecological factors.  
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Considering the high level of uncertainty surrounding future climate change projections for the 

Andes (Buytaert et al., 2009; Tovar et al., 2013), an ensemble approach considering two time 

horizons (2050 & 2070), two GHG emission concentration scenarios (RCP 4.5 & RCP 8.5) and six 

different GCMs, was applied by this study. No future models were discarded based on the 

premise that all independent models could be considered flawed, however, many of them 

contain some degree of partial truth (McNees, 1992; Winkler, 1989; Araújo and New, 2007). 

This allows for the control of  errors and uncertainties in the individual models (Araújo and 

New, 2007). Based on the significant variation of niche area obtained across the six GCMs, this 

research highlights the importance of using more than one GCM to generate more robust and 

reliable predictions. The discrimination of niche areas by categories of consensus (high, 

medium and low) is presented as a good alternative for the evaluation of climate change 

impact, given that allows the reduction or partially cancelation of individual errors (Tebaldi and 

Knutti, 2007; Thuiller, 2004; Araújo and New, 2007; Elith et al., 2010; Araújo et al., 2006). This 

approach allows showing differences on the magnitude of the impact as well as on the niche 

expansion plausibility, which in practice could lead to different conclusions. This study 

confirmed in the evaluation of impact at national scale, that by considering all niche areas 

without discrimination of GCM consensus, the impact could be somehow underestimated, 

minimizing the losses and maximizing the probability of niche expansion. In contrast, impact 

based on niche areas identified under high consensus could overestimate the impact, this time 

maximizing the losses and minimizing the probability of niche expansion. Notwithstanding, 

based on the large percentage of future niche area reported under low consensus, the results 

presented here, based only on high consensus niches, could have increased the reliability of 

the impact reported. Finally, the use of RCPs as the basis for the future projection of the 

climatic niches allowed the intrinsic consideration of socio-economic factors that could 

influence the impact of climate change at regional and global scale. Despite being a 

contribution to the understanding of the páramo vegetation behaviour under these new 

premises, the results showed that mitigation efforts as assumed in scenario RCP 4.5 do not 

seem to reduce the impact of climate change on the Andean páramo ecosystems. 

 

Finally, this study recognizes that the failure to include points of occurrence of páramo 

ecosystems from other Andean countries could have caused only a partial representation of 

the Andean páramo niches. Although, several studies suggest that the accuracy of the model 

can be improved by increasing sampling across certain underrepresented areas (Loiselle et al., 

2008), others (Kadmon et al., 2004; Raes, 2012) state that an area of greater sampling may not 
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be required when the climatic gradients of the species/ecosystems are relatively well 

represented, or when there is a relatively large number of presence locations (e.g. >100), as in 

the case of the present study. Based on the good coverage of presence points used for 

Ecuador and the similarities existing between páramo ecosystems found across the entire 

Andes region (Hofstede et al., 2014), it is presumed that the results presented here continue to 

be a significant contribution to the understanding of the potential impacts of climate change 

on páramo niches. 

 

5. Conclusion 

 

This research recognizes the uncertainty surrounding the results presented. The study 

acknowledges the limitations of climatic niche distribution models produced in Maxent 

(Pearson et al., 2006; Elith et al., 2010; Elith et al., 2011) mainly in climatically complex regions 

such as the Andes. The accuracy of the predictions could be improved in future studies by 

building better climate models based on improved data. Therefore, it is important to promote 

the collection and evaluation of climate data from different elevations along the Ecuadorian 

Andes to facilitate a better representation of local and temporal climatic changes (e.g. 

temperature and precipitation patters, cloud formation, orography influence, etc.). Future 

research should consider niche areas identified as high and medium consensus to increase the 

reliability of the results. In the future, efforts should be focused on carrying out páramo niche 

modelling at a regional scale, including the six countries (i.e. Panama, Costa Rica, Peru, 

Venezuela, Ecuador, and Colombia) presenting páramo ecosystems in their territories to 

guarantee the total representation of the niches and their future tolerance range more 

precisely.   

Despite the limitations, the results obtained are a rational estimation of the potential effects 

of climate change on the páramo ecosystems confirming their high vulnerability to climate 

change. The findings can inform decision makers and could promote the sustainable 

management of the páramo ecosystems. Future efforts should be focused on the 

implementation of priority measures in páramos areas identified under niche extinction risk or 

considered highly vulnerable. Complementary analyses referring to páramo socio-economic 

importance (e.g. fresh water, hydropower, irrigation, among others) are also needed to focus 

resources on the most vulnerable sites. 
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Chapter III 

Estimates of Carbon in Soil and Vegetation of the 

different Ecuadorian Páramo Ecosystems  

 

1. Introduction 

 
Terrestrial carbon (C) plays a significant role in regulating many ecosystem services and 

contributing to human well-being (Schimel, 1995). Large amounts of C are stored in living 

vegetation, necromass and in organic matter in soils (Bellamy et al., 2005). In vegetation, C 

accumulates as a net result of input (i.e. photosynthesis) and loss (e.g. respiration, fire, or 

harvest) processes (Batjes, 1996). In contrast, in soils, the amount of organic C stored depends 

on the balance of two biotic processes, the production of organic matter by terrestrial 

vegetation and the decomposition of organic matter by soil organisms (Post et al., 2001; 

Batjes, 1996). Soil C is of particular importance since soils are among the largest terrestrial C 

deposits playing an important role in global C sequestration (Bernhardt and Schlesinger, 2013). 

It is estimated that the global amount of C contained in the terrestrial vegetation is in the 

order of 550 ± 100 Gt C (Jobbágy and Jackson, 2000), while the world's soils contain between 

900 Gt C (at 2 metres depth) and 1,500 Gt C (at 1 metres depth) (Kirschbaum, 2000). Thus the 

global C content in soils could represent two to three times the C found in vegetation.  

 

Terrestrial sinks (soil and vegetation) remove about 190±55 Gt C from the atmosphere 

annually, which represents 28% of the total atmospheric C content (Le Quéré et al., 2017). 

Climatic conditions, in particular temperature and precipitation, have a great influence on the 

amount of C stored in vegetation and soils, due to their influence on plant productivity and 

degradation rates of organic matter (Schlesinger 1997). Therefore, C densities (carbon mass 

per unit area) of vegetation and soils will differ between climatic regions (e.g. boreal, 

temperate, or tropical) (Blais et al., 2005). Many other variables could affect the C stored in 

terrestrial ecosystems. In the short to medium term, land use change is playing a determinant 

role in C fluxes between land, water and the atmosphere (Brown et al., 1993). Long term 

carbon fluxes are mainly influenced by increases in atmospheric concentrations of CO2, 

changes in temperatures and precipitation, and alteration of patterns and magnitudes of 

chemical inputs in the atmosphere (Brown et al., 1993).  
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Global climate change could affect the C stored in vegetation and soils (Cramer et al., 2001; Le 

Quéré et al., 2017; Houghton, 2007; IPCC, 2014c; Joos et al., 2001). Besides global warming, 

precipitation patterns may also change around the world, which may even change soils from a 

net C sink into a net source of C due to changes in soil moisture and alterations in underground 

hydrological processes (Heisler and Weltzin, 2006). However, there is still uncertainty in the 

amount of C stored in and potentially emitted by many terrestrial ecosystems now and in the 

future (Scharlemann et al., 2014). Knowledge about the nature and size of current carbon 

stocks will help to adequately parameterize models to estimate net future carbon changes 

(Post et al., 2001). Considering the influence of the carbon reserves of the terrestrial soil in 

atmospheric carbon chemistry and global warming, the reliable evaluation of ecosystems 

current carbon storage as well as estimating its potential future change is a priority (Gianelle et 

al., 2010; Baldocchi, 2008).  

 

In this regard, the Biodiversity Strategy to 2020 highlights the urgent need to represent 

ecosystem services through biophysical mapping and valuation (Maes et al., 2012; Mubareka 

et al., 2013). Over the years, great advances have been made in the development of ecosystem 

service modelling and mapping approaches aimed at understanding stocks, demands and flows 

of ecosystem services at different spatial and temporal scales (Burkhard et al., 2013). 

Ecosystem service maps can be generated based on representative samples of the entire study 

region, modelled surfaces based on primary data or by proxies based on land cover and 

modelled surfaces using prior knowledge (Eigenbrod et al., 2010b). For this purpose, a wide 

range of tools such as thematic mapping, GIS, remote sensing, multiple criteria analysis and 

geo-biophysics and decision process models are currently available (Burkhard et al., 2013). 

However, due to the lack of available data, most ecosystem service maps are based on gross 

estimates (proxies) (Naidoo et al., 2008). 

 

Knowledge of the distribution of carbon content in areas where ecosystem services are 

thought to be of local or global importance is essential (Minasny et al., 2006). Therefore, in the 

last two decades, there has been substantial progress in the quantification of carbon content. 

Worldwide, consistent global databases based on observations of carbon in vegetation 

biomass have allowed the generation of proxies for carbon storage for several biomes (Naidoo 

et al., 2008). Unfortunately, some carbon proxies not only have used global carbon data 

published more than 30 years ago (Olson and Dinerstein, 1998) but they represent by one 

single value the carbon stored in just a few types of globally mapped biomes (Naidoo et al., 

2008). In addition, the majority of these global Initiatives have been mainly focused on the 

quantification of carbon in forest ecosystems with a view to implementing REDD (Reducing 
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Emissions from Deforestation and Degradation) projects, leaving aside other important 

ecosystems.  

 

Many global soil information systems are currently available for modelling SOC stocks and 

estimating C sequestration, including the harmonized global soil database (HWSD) and the soil 

and land database (SOTER), among others. More recently, Batjes (2016) produced more 

complete estimates of global SOC populations using the WISE30sec databases improving 

results spatial resolution (~0.86 km2). However, WISE30sec data have been identified as not 

very useful for many global simulation models and decision making systems (Hengl et al., 

2017). Although, global data sets have considerable potential to improve estimates of carbon 

flux in the soil in a changing climate, they present certain deficiencies. Global data sets may 

not be able to capture the local and regional heterogeneity resulting from the complex 

interaction of environmental drivers (Vitharana et al., 2019). Frequently, soil profile data used 

in global soil mapping are collected over different periods of time and through a variety of soil 

analytical methods. Additionally, there are geographical gaps caused by the unequal spatial 

distribution of the global soil profile data sets (Batjes, 2016). As a result of these limitations, 

unreliable and coarse global estimates are obtained, making it difficult to use at national level. 

 

Developing countries, such as Ecuador, require solid estimates of carbon stocks for the 

successful implementation of climate change mitigation policies (Saatchi et al., 2011). Sadly, 

the collection of primary and site-specific data result expensive and time consuming (Plummer, 

2009). The scarcity of information at relevant scale and good resolution has been a major 

obstacle to understanding, valuing and protecting the Ecuadorian ecosystems. Consequently, 

fƻǊ ŘŜŎŀŘŜǎΣ 9ŎǳŀŘƻǊ Ƙŀǎ ōŜŜƴ ǳǎƛƴƎ ƎǊƻǎǎ ŎŀǊōƻƴ ŜǎǘƛƳŀǘŜǎ ōŀǎŜŘ ƻƴ ƭƻǿπǊŜǎƻƭǳǘƛƻƴ Ǝƭƻōŀƭ 

carbon maps (e.g. Saatchi et al. (2011) and Baccini et al. (2012)), which do not adequately 

represent the finely grained mosaic of vegetation present in this megadiverse country. Despite 

limitations, in 2008, Ecuador produced its first national map of carbon for forest ecosystems. 

The estimates of carbon values per forested area were obtained by applying remote sensing 

techniques based on the use of satellite images (Landsat and MODIS) of coarse (500 m) to 

medium (30m) resolution combined with plots obtained from the National Forestry Inventory 

(Bertzky et al., 2010). The map was based on the updated stratification of forest vegetation 

and estimates of biomass (belowground and aboveground) carbon content (Bertzky et al., 

2010). Although this study provided a wealth of valuable data, it does not account for the 

variation of carbon stocks found across other types of Andean ecosystems including páramo 

ecosystems. 



Chapter III 
 

Page | 74  
 

Among the terrestrial ecosystems with limited information on carbon stocks are the páramo 

ecosystems, which are potentially an important net C sink (Winckell et al., 1991; Podwojewski 

and Poulenard, 2000a). These ecosystems can be found in the humid tropics of the Andes from 

Colombia to northern Peru, predominantly above 3,500 m.a.s.l. (Buytaert et al., 2005b). The 

high mountain vegetation is dominated by grassland and shrubs. The C storage in the soils and 

the vegetation are influenced by geographical isolation, and biophysical, geological and 

climatic factors (Luteyn and Baslev, 1992). Although the plant mass of the páramo ecosystems 

are considered as an overall C sink, the soil is assumed to be a more important C store 

(Hofstede et al., 2014). Unfortunately, climate change and agricultural intervention could alter 

the regular functioning of páramo ecosystems causing loss of organic matter in surface 

horizons, reduction of water retention capacity and alteration of microbial biomass and soil 

biota (Cuesta et al., 2014; Buytaert et al., 2006b). The anthropogenic pressures could alter the 

role of the páramo ecosystems as natural CO2 sinks causing the potential loss of C stored in 

soils and vegetation to the atmosphere (Buytaert et al., 2011).  

 

Therefore, this study identified the need to produce carbon stocks proxies for the Ecuadorian 

páramo ecosystems to facilitate the adequate planning, policy formulation, and sustainable 

management of these natural areas. An alternative method known as "benefits transfer" was 

considered a good option to estimate and map the carbon stocks in Ecuador, since this country 

is constrained by lack of data and information on this matter. This approach is applicable for 

studies in which the ecosystem services to be mapped are homogeneous and when results are 

ŀƛƳŜŘ ŀǘ ǎƛƳǇƭȅ ŎƭŀǎǎƛŦȅƛƴƎ ŀƴŘ ƳŀǇǇƛƴƎ ǘƘŜ ŜŎƻǎȅǎǘŜƳǎΩ ǊŜƭŀǘƛǾŜ ƛƳǇƻǊǘŀƴŎŜ (Eigenbrod et al., 

2010a). In this study, specifically, benefit transfer mapping allowed to extrapolate the values of 

carbon stored in soil and vegetation from small páramo areas to larger páramo areas of the 

same kind. For this purpose, the adaptation of information from original investigations carried 

out in several páramo sites across the Andes of Ecuador was required. This study was able to 

summarise all the available data on C stocks in the soil and aboveground vegetation of the key 

types of páramo ecosystems existing in Ecuador. The study also assessed how vegetation type 

(Bunker et al., 2005; Sombroek et al., 1993), soil characteristics (Pribyl, 2010), altitude 

(Townsend et al., 1995), geographical location (Spracklen and Righelato, 2014) and climatic 

conditions (Jones, 1973), impact on these C stocks.  
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2. Materials and Methods 

2.1 Study Area 

The study area comprises all the páramo ecosystems of Ecuador, distributed along the Eastern 

and Western Cordilleras from the border with Colombia in the north to the Peruvian border in 

the south, covering an area of 1,297,979 ha, equivalent to 5.1% of 9ŎǳŀŘƻǊΩǎ ƴŀǘƛƻƴŀƭ ǘŜǊǊƛǘƻǊȅ 

(Cuesta et al., 2012b) (Fig 3.1). These ecosystems are usually found above the tree line 

(Andean Forest) above 3,500 m.a.s.l, in the  centre and north of the country, and above 3,000 

m.a.s.l in the south (Hofstede et al., 2014; Mena and Hofstede, 2006). In the páramo region, 

climate together with the Andes geological history (e.g. age of rise, type of rock and presence 

of volcanism) and geographical aspects such as geomorphology and glaciation are determinant 

factors influencing the C stocks in both soil and vegetation (Buytaert et al., 2005a; Llambí et al., 

2012; Jørgensen and Ulloa, 1994; Mena et al., 2000). The precipitation in the Andes is 

determined by the Andean orography and the influence of locally prevailing winds, which 

determines its high temporal and spatial variability (Buytaert et al., 2010). The Humboldt 

Current brings drier air masses from the Pacific, which causes that páramo vegetation located 

in the Western, Central, and Southern Cordilleras to receive less precipitation than in the north 

(Vuille et al., 2000). The Eastern Cordillera is dominated by humid winds from the Tropical 

Atlantic and the Amazon basin causing a predominantly humid and hyper-humid rainy climate 

(Vuille et al., 2000; Vuille et al., 2008). Consequently, the páramo region is characterized by 

precipitation that varies significantly between 500 to >3,000 mm/year and an annual average 

temperature between 2°C-10°C with daily variations ranging from below zero to >25°C 

(Hofstede et al., 2002a; Llambí et al., 2012; Mena et al., 2000). Temperature in both Cordilleras 

are marked by altitudinal floors (Camacho, 2014). Thus, páramo vegetation located in the 

Central (Eastern Andes) and Western Cordilleras, at 3,000-3,600 m.a.s.l. and at 3,200-3,900 

m.a.s.l., respectively, experience temperatures ranging from 6°C-12°C. In contrast, vegetation 

located from 3,600 (Eastern Andes) and 3,900 m.a.s.l. to 4,700 m.a.s.l. (Western Andes), 

experience temperatures between 3°C to 6°C (Cañadas Cruz, 1983).  

 

In Ecuador, páramo soils located in the Northern and Central Andes rest on volcanic deposits, 

product of Quaternary volcanic eruptions (Winckell et al., 1991; Barberi et al., 1988; Sauer, 

1957), and differ from southern Andes soils that are resting on non-volcanic deposits at 

altitudes above 3,000 metres (Mena et al., 2000). Influenced by these geological characteristics 

northern/central páramo soils are sparsely developed and relatively young due to active 

volcanism that continues to provide layers of ash and pyroclastic materials (Llambí et al., 
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2012). Depending on geographical location, the páramo soils vary in thickness ranging from a 

few centimetres to several metres (up to 3 metres) and have a dark colour due to their high 

organic matter content (Buytaert et al., 2006b). In general, all páramo soils have a high content 

of organic matter (>5%) (Hofstede et al., 2014). Ecuadorian páramo soils have mineral and 

organic composition with presence of organometallic complexes resistant to microbial 

degradation which enforces the organic matter accumulation (Buytaert et al., 2006b). The 

most representative páramo soils in Ecuador are inceptisols and histosols (peat), covering 

85.7% and 7.2% of the total páramo region (Table 3.1) (See soils description in Chapter I).  

 

Due to extreme weather (i.e. cold and humid environmental conditions), the páramo 

vegetation is dominated by tall-structured grassland and shrubland vegetation interspersed 

with patches of páramo giant rosettes (frailejones) and evergreen páramo forests (e.g. 

Polylepis, Gynoxys, and Buddleja) (Hofstede et al., 1998; Mena et al., 2001; Mena and 

Hofstede, 2006). Páramo ecosystems are well adapted to low temperature and high ultraviolet 

radiation which is reflected in low biomass with slow decomposition of organic matter and 

high accumulation of dead plant material (necromass) in the soil (Camacho, 2014; Hofstede et 

al., 1995; Monasterio and Sarmiento, 1991; Smith and Young, 1987). Necromass is preserved 

as part of growing plant structures such as tussock grasses and stem rosettes (Smith, 1979; 

Monasterio and Sarmiento, 1991). Up to 70% of the aboveground biomass could be 

ŎƻƴǎǘƛǘǳǘŜŘ ōȅ άǎǘŀƴŘƛƴƎ ŘŜŀŘέ ƳŀǘŜǊƛŀƭ (Cardozo and Schnetter, 1976; Hofstede et al., 1995). 

The most predominant páramo ecosystems in Ecuador are Páramo Grassland (HsSn02) and 

Páramo Evergreen Shrubland and Grassland (AsSn01) covering 71.5% and 16.5% of the 

Ecuadorian páramo region, respectively. Evergreen Páramo Forest and the remaining types of 

shrubland and grassland ecosystems are less representative covering 12.6% of the total 

páramo region (Table 3.1). 

 

Table 3.1 Páramo ecosystems in Ecuador versus soil order, based on the Map of Ecuadorian Continental Ecosystems, 
scale 1:100,000 (MAE, 2013a) and National Soil map of Ecuador, scale1: 250,000 (MAGAP, 1986). 

Nº 
Páramo  

Ecosystem 
Ecosystem 

Code 
Soil 

Order 
Area  
(ha)* 

Soil 
Representativeness 

by Ecosystem  
(%) 

% Vegetation 
Representativeness 
in the Ecuadorian 
Páramo Region 

(%) 

1 

Southern Páramo High 
Montane Evergreen 

Shrubland 
AsAn01 

Inceptisol 211.0 99.8 

2E-02 Entisol 0.5 0.2 

Subtotal 211.5 100 

2 

{ǳƳŀŎƻ ±ƻƭŎŀƴƻΩǎ 
Páramo Grassland and 
Evergreen Shrubland 

HsSn01 Inceptisol 392.0 100 
3.0E-04 

Subtotal 392.0 100 

3 Evergreen Páramo BsSn01 Inceptisol 5,953.2 71.6 0.6 



Chapter III 
 

Page | 77  
 

Nº 
Páramo  

Ecosystem 
Ecosystem 

Code 
Soil 

Order 
Area  
(ha)* 

Soil 
Representativeness 

by Ecosystem  
(%) 

% Vegetation 
Representativeness 
in the Ecuadorian 
Páramo Region 

(%) 

Forest Entisol 824.0 9.9 

Other 
mineral 
soils 

1,504.7 18.1 

Histosol 28.0 0.3 

Subtotal 8,310.0 100 

4 

Humid Subnival Páramo 
Grassland 

HsNn01 

Inceptisol 3,555.3 69.1 

0.4 
Entisol 1,575.5 30.6 

Histosol 14.9 0.3 

Subtotal 5,145.7 100 

5 
Floodable Páramo 

Grassland 
HsSn04 

Inceptisol 5,979.9 55.9 

0.8 

Entisol 311.6 2.9 

Other 
mineral 
soils 

123.5 1.2 

Histosol 4,283.7 40.0 

Subtotal 10,698.7 100 

6 

Ultra-humid Subnival 
Páramo Grassland 

HsNn02 

Inceptisol 2,189.0 48.8 

0.3 

Entisol 2,258.7 50.3 

Other 
mineral 
soils 

29.3 0.7 

Histosol 10.1 0.2 

Subtotal 4,487.0 100 

7 

Humid High Upper 
Montane Páramo 

Grassland 
HsSn03 

Inceptisol 30,799.4 93.2 

2.5 

Entisol 1,932.3 5.8 

Other 
mineral 
soils 

123.0 0.4 

Histosol 178.5 0.5 

Subtotal 33,033.1 100 

8 

Páramo Caulescent 
Rosettes (frailejones) 

and Grassland 
RsSn01 

Inceptisol 45,175.4 97.8 

3.6 

Other 
mineral 
soils 

273.1 0.6 

Histosol 751.8 1.6 

Subtotal 46,200.3 100 

9 

Páramo Subnival 
Evergreen Grassland 

and Shrubland 
HsNn03 

Inceptisol 46,605.2 96.3 

3.7 

Entisol 1,190.0 2.5 

Other 
mineral 
soils 

483.8 1.0 

Histosol 132.5 0.3 

Subtotal 48,411.5 100 

10 

Páramo Evergreen 
Shrubland and 

Grassland 
AsSn01 

Inceptisol 171,086.0 80.1 

16.5 

Entisol 2,948.2 1.4 

Other 
mineral 
soils 

11,690.1 5.5 

Histosol 27,811.4 13.0 

Subtotal 213,535.6 100 

11 Páramo Grassland HsSn02 
Inceptisol 800,952.6 86.4 

71.5 
Entisol 22,561.0 2.4 
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Nº 
Páramo  

Ecosystem 
Ecosystem 

Code 
Soil 

Order 
Area  
(ha)* 

Soil 
Representativeness 

by Ecosystem  
(%) 

% Vegetation 
Representativeness 
in the Ecuadorian 
Páramo Region 

(%) 

Other 
mineral 
soils 

43,756.0 4.7 

Histosol 60,284.5 6.5 

Subtotal 927,554.1 100 

Total Páramo Region 1,297,979.5 
 

100 
*  Area of páramo ecosystems excluding rocky outcrops, snow/ice, and water bodies (natural or artificial), which amounts to 
182,272.4 ha. 
 

2.2 Benefit Transfer Mapping 

The quantification and evaluation of ecosystem services can play an important role in 

conservation planning and ecosystem-based management (Plummer, 2009). Unfortunately, 

the collection of primary and site-specific data is expensive and time consuming (Plummer, 

2009). Thus, alternative methods such as "benefits transfer" are a good option for studies 

where information is scarce. Benefits transfer adapts information from an original 

investigation and apply it in a different context of study (Rosenberger and Loomis, 2003). Most 

benefit transfer studies focus on estimating the economic values of ecosystem services. 

However, its use can be much broader including ecosystem services mapping. This technique is 

applicable when the ecosystem services to be mapped are homogeneous and results are 

ŀƛƳŜŘ ŀǘ ǎƛƳǇƭȅ ŎƭŀǎǎƛŦȅƛƴƎ ŀƴŘ ƳŀǇǇƛƴƎ ǘƘŜ ŜŎƻǎȅǎǘŜƳǎΩ ǊŜƭŀǘƛǾŜ ƛƳǇƻǊǘŀƴŎŜ (Eigenbrod et al., 

2010a). The most common benefit transfer applies an estimate of the value per hectare to all 

areas that have the same land cover or habitat type. It estimates the value of ecosystem 

services in different landscapes from a standard set of categories of ecosystem services (e.g. 

carbon storage) and landscape types (e.g. páramo) that are then linked to a set of benefits 

(e.g. carbon sequestration) that are supposed to provide (Plummer, 2009).  

 

This methodological approach presents several advantages including low cost and easy-quick 

application (Barbera, 2010). However, it is particularly susceptible to generalization errors 

resulting from lack of correspondence (Plummer, 2009). The three main generalization errors 

that this type of approach could generate are known as uniformity, sampling, and 

regionalization (Plummer, 2009; Eigenbrod et al., 2010a; Eigenbrod et al., 2010b). Uniformity 

error happens when values are considered constant (uniform) for each type of ecosystem 

without considering additional factors such as biophysical differences. Sampling error is caused 

when sampling sites are  limited and biased to certain areas which increases the risk of errors 

in the estimates (Eigenbrod et al., 2010a). The third typical error is known as regionalization 

error (Plummer, 2009; Eigenbrod et al., 2010a), caused by the differences in 
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representativeness of the sampling areas in relation to the area being mapped (Eigenbrod et 

al., 2010a).  

 

In the case of Ecuador, this methodological approach appeared very attractive due to the 

difficulty of applying more complex models to estimate reserves and carbon fluxes (e.g. 

GefSoc, Century, and RothC). Complex models lack spatial dimensions and do not include 

parameters adjusted to the specificities found in the páramo region (Sevink et al., 2014), such 

as porosity and bioturbation (Elzein and Balesdent, 1995; Smith et al., 1997; Jenkinson et al., 

2008). More importantly, these models are based on fractions of soil organic matter (SOM) 

and decomposition processes that are not representative of the volcanic ash soils existing in 

páramo lands (Sevink et al., 2014). Most of the existing carbon models focus on estimating the 

carbon content in the upper layer of the soil (<25 cm depth), which constitutes a great barrier 

to its application given that páramo soils store a large amount of organic carbon at greater 

depths (Sevink et al., 2014). 

 

In addition, knowledge about the carbon reserves in the various compartments of páramo 

ecosystems and their dynamics is really scarce (Bertzky et al., 2010; Sevink et al., 2014). The 

data currently available on páramo carbon stocks are the result of small, isolated, and biased 

research efforts unrepresentative of the variety of carbon stocks existing in this type of 

vegetation (Sevink et al., 2014). Under these circumstances, benefit transfer was considered a 

good option for this study due to its applicability for studies with limited information. 

Specifically, this approach was used to quantify and map the carbon stored in páramo soil and 

vegetation by extrapolating values of carbon content per hectare to páramo ecosystems 

presenting similar habitat type. Further explanation on the application of this technique is 

presented below. 

 

2.3 Carbon Data Compilation  

Carbon data were compiled from literature (27 sources reviewed; 14 used) produced by 

researchers and institutions over 15 years (2002 to 2016) at different páramo sites along the 

Ecuadorian Andes (Eastern and Western Cordillera). Web-based data compilation was focused 

on collecting sampling data on soil and vegetation biomass (aboveground biomass and 

necromass) to determine carbon stocks of ten key páramo ecosystems existing in Ecuador. For 

this purpose, the following information was included in the compilation: sampling site name 

and geographical location (coordinates), sampling vegetation stratum, soil sampling depth 

from soil surface, percentage of soil organic matter (SOM), soil organic carbon content per unit 
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soil area (SOC), soil bulk density and depending on data availability carbon content per unit soil 

area in aboveground biomass and aboveground necromass. Due to lack of a common protocol 

for soil data collection the information available varied in depth ranges between sources. 

Based on the assertion that most types of soil contain more than 50% of the stored carbon in 

the top 25 cm of the soil (Eswaran et al., 1995; Garnett et al., 2001), this study defined as 

standard depth intervals of 0-30 cm with a depth variation range of +/- 5 cm to enable the 

comparison between secondary sources and to increase the reliability of the carbon stock 

estimation. In making this decision, the calculation included most of the organic horizon of 

inceptisols and histosols which are the most predominant páramo soil orders in Ecuador (Table 

3.1). 

Once compiled, quality control was applied to discard plots lacking spatial location or 

presenting incomplete data. In cases where geographical coordinates were not available, 

approximate locations were assigned based on the location maps and description of the 

sampling sites found in the secondary sources consulted. There were few cases in which 

mapping scale conflicts were identified for which spatial modification of the sampling points 

was required. Spatial modifications respected the limit defined according to the páramo 

ecosystems mapping scale (1:100,000) corresponding to the minimum value of horizontal 

accuracy equivalent to +/- 50.8 metres (Burrough, 1986), beyond which no spatial alteration 

was permitted. Based on this, the discrimination of sampling sites by level of spatial accuracy 

and precision was considered necessary (Appendix III.A). An accurate site was considered 

when the site coordinates match the true location whereas a site was considered precise when 

the sources included good attribute information reflected in a detailed coordinates description 

(e.g. coordinates including degrees, minutes and seconds; coordinate system and datum). 

Despite the elimination of several data, it was possible to collect sufficient information to 

characterize the soil carbon content for 8 out of the 10 types of páramo ecosystems (13 

different sites and 51 sampling points in total) covering 95.4% (1,238,477 ha) of the total 

páramo area of Ecuador (Table 3.2a). The solution found to fill gaps in soil information for the 

other two páramo ecosystems (i.e. HsSn04 and HsNn03) included in the estimate is explained 

later (Section 2.3). In the case of vegetation biomass (aboveground biomass and aboveground 

necromass) data was available for 5 páramo ecosystems (5 different sites and 48 sampling 

points in total); allowing the characterization of 89% (1,154,757 ha) of the total Ecuadorian 

páramo land (Table 3.2b). The solution found to fill gaps in biomass information for the other 

five páramo ecosystems (i.e. HsSn04, HsNn03, HsNn02, HsSn03, and RsSn01) included in the 

estimate is explained later (Section 2.3). Due to lack of information on carbon content on soil 
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and vegetation, {ǳƳŀŎƻ ±ƻƭŎŀƴƻΩǎ tłǊŀƳƻ DǊŀǎǎƭŀƴŘ ŀƴŘ 9ǾŜǊƎǊŜŜƴ {ƘǊǳōƭŀƴŘ (HsSn01) was 

excluded from all carbon stock estimates. However, this ecosystem covers only 392 ha which is 

0.03% of the total Ecuadorian páramo area. The final data were classified, completed, 

standardised (units and terminology) and finally mapped based on the geographical 

coordinates available (Fig. 3.1). For calculation purposes, sampling data were spatially linked 

with the corresponding type of páramo vegetation and soil order with the purpose of 

differentiating their specific carbon contribution, using the Map of Ecuadorian Continental 

Ecosystems (MAE, 2013a) and the National Soil map of Ecuador (MAGAP, 1986). ArcGIS 

software version 10.4.1 was used to locate all sample points and to perform the spatial 

analysis required.  
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Table 3.2a Data compiled for the estimation of Soil Carbon Stock by páramo ecosystem. 

N°* Code Ecosystem 
#  

Sites 
Site Soil Order Plot Code 

# Sampling 
Plots 

Sampling 
Range Depth 

(cm) 

Andes 
Location 

Reference 

1 AsAn01 
Southern Páramo High Montane 

Evergreen Shrubland 
1 

El Tiro-Cajanuma Inceptisol 
CJN13,CJN14,
CJN16 

3 0-25 
Eastern 

Cordillera 
(Santín Aguirre and Vidal 

González, 2012) 

El Tiro-Cajanuma Entisol 
CJN11, CJN12,  
CJN9 

3 0-25 
Eastern 

Cordillera 
(Santín Aguirre and Vidal 

González, 2012) 

3 BsSn01 Evergreen Páramo Forest 1 Ecuadorian Andes Inceptisol BA 12 0-30 
Eastern and 

Western 
Cordillera 

(Hofstede et al., 2002b) 

4 HsNn01 Humid Subnival Páramo Grassland 1 Yanacocha Reserve 1 Inceptisol YAC2 1 0-30 
Western 
Cordillera 

(Calderón et al., 2013) 

6 HsNn02 
Ultra-humid Subnival Páramo 

Grassland 
1 Pulingui Inceptisol PLG9, PLG10 2 0-25 

Western 
Cordillera 

(Muñoz Alcívar, 2016) 

7 HsSn03 
Humid High Upper Montane 

Páramo Grassland 
1 Chimborazo Volcano Inceptisol CHV1 - CHV2 2 0-30 

Western 
Cordillera 

(Podwojewski et al., 2002) 

8 RsSn01 
Páramo Caulescent Rosettes 
(frailejones) and Grassland 

2 

El Angel 2 Inceptisol GEL 1 0-30 
Western 
Cordillera 

(Poulenard et al., 2003) 

Chiles Volcano Inceptisol 
P2 A, P2 B,  P3 
A, P3B 

4 0-30 
Western 
Cordillera 

(Ipial, 2013) 

10 AsSn01 
Páramo Evergreen Shrubland and 

Grassland 
1 

El Tiro-Cajanuma Inceptisol 
CJN6,CJN8,CJ
N15 

3 0-25 
Eastern 

Cordillera 
(Santín Aguirre and Vidal 

González, 2012) 

El Tiro-Cajanuma Entisol CJN3, CJN10 2 0-25 
Eastern 

Cordillera 
(Santín Aguirre and Vidal 

González, 2012) 

11 HsSn02 Páramo Grassland 5 

El Tiro-Cajanuma 

Inceptisol 

CJN5,CJN7 2 0-25 Eastern 
Cordillera 

(Santín Aguirre and Vidal 
González, 2012) 

Ningar NI4 1 0-30 (Buytaert et al., 2006c) 

Cuenca CUE 1 0-30 

Western 
Cordillera 

(Poulenard et al., 2003) 

Machángara Catchment MA5 1 0-30 (Buytaert et al., 2007) 

Western Cordillera 
(north to south) 

CH3 1 0-30 
(Buytaert et al., 2005a; 
Buytaert et al., 2007) 



Chapter III 
 

Page | 83  
 

N°* Code Ecosystem 
#  

Sites 
Site Soil Order Plot Code 

# Sampling 
Plots 

Sampling 
Range Depth 

(cm) 

Andes 
Location 

Reference 

2 

Western Cordillera 
(north to south) 

Histosol 

PD 2 0-30 
Western 
Cordillera 

(Buytaert et al., 2005a; 
Buytaert et al., 2007) 

Eastern  Cordillera 
(north to south) 

JI 2 0-34 
Eastern 

Cordillera 
(Buytaert et al., 2005a; 
Buytaert et al., 2007) 

1 El Tiro-Cajanuma Entisol 
CJN2,CJN4,CJ
N1 

3 0-25 
Eastern 

Cordillera 
(Santín Aguirre and Vidal 

González, 2012) 

*  For comparative purposes the initial numbering presented in Table 3.1 was retained. 
 

Table 3.2b Data compiled for the estimation of Vegetation Carbon Stock (aboveground biomass + aboveground necromass) by páramo ecosystem. 

N° Code Ecosystem Site 
#  

Sites 
Plot Code 

# Sampling 
Plots 

Andes Location Reference 

1 AsAn01 
Southern Páramo High Montane 

Evergreen Shrubland 
El Tiro-Cajanuma 1 

CJN9,CJN11,CJN12,CJN13,CJN14,CJN1
6 

6 Eastern Cordillera 
(Santín Aguirre and Vidal 

González, 2012) 

3 BsSn01 Evergreen Páramo Forest Pifo 1 PIF1 4 Eastern Cordillera (Fehse et al., 2002) 

4 HsNn01 Humid Subnival Páramo Grassland 
Yanacocha Reserve 1 

2 
YAC2 1 Western Cordillera (Calderón et al., 2013) 

Yanacocha Reserve 2 PP15 4 Western Cordillera 
(Albán Molina and 

Granda Garzón, 2013) 

10 AsSn01 
Páramo Evergreen Shrubland and 

Grassland 
El Tiro-Cajanuma 1 CJN3,CJN6,CJN8,CJN10,CJN15 5 Eastern Cordillera 

(Santín Aguirre and Vidal 
González, 2012) 

11 HsSn02 Páramo Grassland 

Illinizas 

4 

C-1,C-2,C-3,C-4,C-5,C-6,C-7,C-8,C-9,C-
10,C-11,C-12,C-13,C-14 

14 Western Cordillera (Ecociencia, 2011) 

Yanacocha Reserve 1 YAC1 1 Western Cordillera (Calderón et al., 2013) 

Yanacocha Reserve 2 
PP01,PP02,PP06,PP09,PP10,PP13,PP1
4,PP23 

8 Western Cordillera 
(Albán Molina and 

Granda Garzón, 2013) 

El Tiro-Cajanuma CJN2,CJN4,CJN1,CJN5,CJN7 5 Eastern Cordillera 
(Santín Aguirre and Vidal 

González, 2012) 
*  For comparative purposes the initial numbering presented in Table 3.1 was retained. 
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Figure 3.1 Location of Carbon data sites per code with respect to the Eastern and Western Andes Cordillera.
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2.4 Solution of Carbon Data Gaps 

 

Carbon data gaps were resolved based on three criteria: a) spatial proximity; b) vegetation 

similarity; and c) edaphic similarity. The spatial proximity criterion took into account the 

geographic closeness of the ecosystems without information versus ecosystems with available 

information. It was assumed that vegetation that grows close and at similar altitudinal ranges 

could be influenced by similar environmental conditions; therefore, could present similar C 

contents in soil and vegetation. For the vegetation similarity, the descriptions of páramo 

ecosystems (See ecosystems description in Chapter I) were evaluated in order to identify 

similarities at macro level assuming that similar species give rise to similar biomass contents. 

The criterion of edaphic similarity was related to the presence of soils of similar order between 

ecosystems with and without information. The three criteria were applied to solve the 

information gaps identified in six páramo ecosystems (2 without C data in soil and vegetation 

and 3 without information on biomass) (Table 3.3).  

 

Based on the criteria established to fill the gaps, the vegetation C stock of Humid Subnival 

Páramo Grassland (HsNn01) was used for Humid High Upper Montane Páramo Grassland 

(HsSn03) and Ultra-humid Subnival Páramo Grassland (HsNn02). Páramo Caulescent Rosettes 

(frailejones) and Grassland (RsSn01) was assumed to have similar vegetation C stock to that of 

Páramo Grassland (HsSn02). For ecosystems Floodable Páramo Grassland (HsSn04), and 

Páramo Subnival Evergreen Grassland and Shrubland (HsNn03) there were no C data available 

for either soil or vegetation. Therefore, stock C values obtained for Páramo Grassland (HsSn02) 

were used as reference for the overall carbon estimation for Floodable Páramo Grassland 

(HsSn04). While for ecosystem Páramo Subnival Evergreen Grassland and Shrubland (HsNn03) 

the calculation was based on the average of soil C stocks obtained for Humid Subnival Páramo 

Grassland (HsNn01) and Ultra-humid Subnival Páramo Grassland (HsNn02). In the particular 

case of Evergreen Páramo Forest (BsSn01), vegetation C content was based on the average of 

above-ground biomass obtained from four samples of Polylepis forest with different ages (6, 

15, 30 & 45 years old) reported by Fehse (2002); combined with a referential value of 

necromass provided by Calderón (2013) (Table 3.3).  
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Table 3.3 Criteria and solutions applied to solve carbon data gaps in soil and vegetation carbon data. 

Nº 

Páramo 
Ecosystem 
without 

information 

Páramo 
Ecosystem 

Code 

Carbon 
Data Gap 

Ecosystem 
Equivalency 

Spatial 
Proximity 

Vegetation 
Similarity 

Edaphic 
Similarity 

5 
Floodable 
Páramo 

Grassland 
HsSn04 

soil and 
vegetation 

Páramo Grassland 
(HsSn02) 

North and 
South of 

Western and 
Eastern 

Cordillera 
(3,300 ς 4,500 

m.a.s.l) 

Grassland 
vegetation 

with 
presence of 

cushions 
plants 

Inceptisol, 
histosol, 

entisol and 
other 

mineral 
soils 

6 

Ultra-humid 
Subnival 
Páramo 

Grassland 

HsNn02 vegetation 
Humid Subnival 

Páramo Grassland 
(HsNn01) 

North and 
South of 

Western and 
Eastern 

Cordilleras 
(4,200 ς 4,900 

m.a.s.l) 

Grassland 
subnival 

vegetation 

Not 
required 

7 

Humid High 
Upper 

Montane 
Páramo 

Grassland 

HsSn03 vegetation 
Humid Subnival 

Páramo Grassland 
(HsNn01) 

South of 
Western 
Cordillera 

(Chimborazo 
volcano) 

(3,500 ς 4,900 
m.a.s.l) 

dispersed 
grasslands 

with 
exposed soil 

surface 

Not 
required 

8 

Páramo 
Caulescent 
Rosettes 

(frailejones) 
and Grassland 

RsSn01 vegetation 
Páramo Grassland 

(HsSn02) 

North of 
Western and 

Eastern 
Cordilleras 

(3,350 ς 4,300 
m.a.s.l) 

Grassland 
vegetation 

with 
presence of 
caulescent 
Rosettes 

Not 
required 

9 

Páramo 
Subnival 

Evergreen 
Grassland and 

Shrubland 

HsNn03 
soil and 

vegetation 

Humid Subnival 
Páramo Grassland 

(HsNn01) & 
Ultra-humid 

Subnival Páramo 
Grassland 
(HsNn02) 

North of 
Western and 

Eastern 
Cordilleras 

(4,100 ς 4,900 
m.a.s.l) 

Subnival 
grassland 
vegetation 

Inceptisol, 
histosol, 

entisol and 
other 

mineral 
soils 

*  For comparative purposes the initial numbering presented in Table 3.1 was retained. 

 

Additionally, to estimate the soil C stock it was necessary to discriminate the páramo 

ecosystems by four main categories of soil order including inceptisol, histosol (peat), entisol 

ŀƴŘ άƻǘƘŜǊ ƳƛƴŜǊŀƭ ǎƻƛƭǎέ όƛΦŜΦ ŀƭŦƛǎƻƭǎΣ ǾŜǊǘƛǎƻƭǎΣ ƳƻƭƭƛǎƻƭǎύΦ This study had enough information 

to characterize the C content in inceptisols for the great majority of páramo ecosystems (8 out 

of the ten ecosystems). However, the information was limited for histosol, entisol and soils 

grouped under the category "other mineral soils". For histosols, the average value of the soil C 

stock obtained for Páramo Grassland (HsSn02) and corresponding to 210.1±62.6 ton C/ha was 

used as a referential value for histosols across all páramo ecosystems. This was intended to 

capture the histosols carbon variability present in both Cordilleras (Eastern and Western). 

Similarly, with information for entisols for which the average of soil C stocks from three 

ecosystems with data available (i.e. HsSn02, AsSn01 and AsAn01) and equivalent to 82.5± 8.5 
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ton C/ha ǿŀǎ ǳǎŜŘ ǘƻ Ŧƛƭƭ ǘƘŜ ƎŀǇǎ ƛƴ ǘƘŜ ǊŜǎǘ ƻŦ ŜŎƻǎȅǎǘŜƳǎΦ CƻǊ ǎƻƛƭǎ ƛŘŜƴǘƛŦƛŜŘ ǳƴŘŜǊ άƻǘƘŜǊ 

ƳƛƴŜǊŀƭ ǎƻƛƭǎέ ŎŀǘŜƎƻǊȅΣ ōŀǎŜŘ ƻn edaphic similarities, they were assumed to be similar to 

inceptisols, therefore, the specific value of soil carbon content estimated for each ecosystem 

was used. The soil C stock estimate was estimated differently for Evergreen Páramo Forest 

(BsSn01) as the calculation could not be differentiated by soil type and was solely based on the 

average of 12 samples of Polylepis forest reported by Hofstede (2002b).  

 

Among the ecosystems presenting C data gaps was also the {ǳƳŀŎƻ ±ƻƭŎŀƴƻΩǎ tłǊŀƳƻ 

Grassland and Evergreen Shrubland (HsSn01). This páramo vegetation covers only 0.03% (392 

ha) of the total Ecuadorian páramo area. This ecosystem represents a very young pioneer 

vegetation settled in geologically young lava fields with striking similarities with other 

communities of pioneer plants in adjacent páramo areas (Løjtnant and Molau, 1983). 

However, its soils are quite particular, possessing a relatively thin upper soil layer, high organic 

carbon (at 5 cm depth), relatively low values of essential nutrients (i.e. nitrogen and 

phosphorus) and surprisingly high content of potassium due to the presence of nephelitic 

tephrites rich in feldtspatoids exclusive of the Sumaco volcano in the entire Andean region 

(Løjtnant and Molau, 1983). Due to its isolated and remote location, the vegetation has not 

been disturbed by livestock grazing or any form of human activity, which is an unusual 

condition for the páramo vegetation in Ecuador. The soils of this ecosystem, have been studied 

only at 5 cm deep by Løjtnant and Molau (1983) and their C content in biomass has not yet 

been estimated. Based on these particular conditions, this ecosystem was excluded from all 

carbon stock estimates (soil C and vegetation C) since it represents unique vegetation difficult 

to link with any other type of páramo ecosystem. Despite the data limitations and assumptions 

made in this analysis, it is expected that the general estimate of C for both soil and vegetation 

was not considerably affected since the 6 páramo ecosystems (including the ecosystem 

excluded HsSn01) with data limitations represent only 11% of the entire páramo region of 

Ecuador. 

 

2.4 Quantification of Carbon Stocks  
 

2.4.1 Carbon Stock in Soils 

 
Calculation of carbon stocks in soil (in ton C/ha) was based on the application of the 

Rosenzweig and Hillel equation (Eq.ρ) (Rosenzweig and Hillel, 2000). Prior to the application 

of the formula, soil organic carbon (SOC) values were adjusted according to the standard 

sampling depth of 0-30 cm defined for this study. For cases in which the site or sample layers 

differ from the standard depth in ± 5 cm (i.e. between 25-35 cm depth), SOC values were 



Chapter III 
 

Page | 88  
 

proportionally increased or decreased in order to obtain the C content corresponding to the 

selected standard depth of 0-30 cm. Once adjusted, SOC values and bulk densities were 

averaged for each individual páramo ecosystem. On the other hand, for cases in which data 

were limited to percentage of soil organic matter (SOM) a conversion factor of 2 was used to 

obtain SOC (Eq.ς). Through this factor it was assumed that organic matter contains 50% of C 

which is currently considered more accurate than the conventional factor of 1.724 (Van 

Bemmelen, 1890); identified by several studies as too low for most soils (Brady and Weil, 1999; 

Gortner, 1916; Pribyl, 2010; Broadbent, 1953; Van Reeuwijk, 2002). Data originally calculated 

using the old conversion factor (1.724) was updated based on this criterion. Soil C stocks (in 

ton C/ha) were estimated individually based on Eq.ρ for each type of páramo ecosystem. The 

soil C stock for the entire páramo region of Ecuador (in ton C/ha) was obtained according to 

the relative contribution of each individual soil C stock of each ecosystem to the overall 

Ecuadorian páramo area based on Eq.σ. Soil C stocks included the standard error as a 

measure of the accuracy of the estimate performed when data for more than one site were 

available. 

 

ὅίὸέὧὯ  ὛὕὅzὨz ὄὈ                     ρ 

Where: 

ὅίὸέὧὯίέὭὰ ὧὥὶὦέὲ ίὸέὧὯ ὸέὲ ὅȾὬὥ 

ὛὕὅίέὭὰ έὶὫὥὲὭὧ ὧὥὶὦέὲ ὧέὲὧὩὲὸὶὥὸὭέὲ Ϸ  

Ὠ ίὥάὴὰὭὲὫ ὨὩὴὸὬ ὧά 

ὄὈ ὦόὰὯ ὨὩὲίὭὸώ ὫȾὧά  

Ὓὕὅ Ϸ
ὛὕὓϷ

ς
                               ς 

Where: 

ὛὕὅίέὭὰ έὶὫὥὲὭὧ ὧὥὶὦέὲ ὧέὲὧὩὲὸὶὥὸὭέὲ Ϸ  

Ὓὕὓ ίέὭὰ έὶὫὥὲὭὧ άὥὸὸὩὶ ὧέὲὧὩὲὸὶὥὸὭέὲ Ϸ  

ς ὧέὲὺὩὶίὭέὲ Ὢὥὧὸέὶ 

2ÅÇÉÏÎÁÌ#ÓÔÏÃËÓÏÉÌ
 

!É
!Ô
ɕ#ÓÔÏÃËÓÏÉÌÉ

Î ρπ

É ρ

 ȣȣȣ  
!ÎȤρ
!Ô
ɕ#ÓÔÏÃËÓÏÉÌÎȤρ

!Î
!Ô
ɕ#ÓÔÏÃËÓÏÉÌÎ

   σ 

Where: 

ὙὩὫὭέὲὥὰ  ίέὭὰ ὧὥὶὦέὲ ίὸέὧὯ Ὢέὶ ὸὬὩ ὩὲὸὭὶὩ ὴÜὶὥάέ ὶὩὫὭέὲ ὸέὲ ὅȾὬὥ 

ὅίὸέὧὯίέὭὰ ὧὥὶὦέὲ ίὸέὧὯ Ὢέὶ ὩὧέίώίὸὩά Ὥ ὸέὲ ὅȾὬὥ 

ὃ ὥὶὩὥ έὪ ὴÜὶὥάέ ὩὧέίώίὸὩά Ὥ Ὤὥ 

ὃ ὸέὸὥὰ ὥὶὩὥ έὪ ὸὬὩ ὴÜὶὥάέ ὶὩὫὭέὲ έὪ ὉὧόὥὨέὶ Ὤὥ 
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2.4.2 Carbon Stock in Vegetation 
 

For the estimation of carbon stocks in páramo vegetation, aboveground biomass and 

aboveground necromass were included. Following the traditional approach, the estimation of 

C in vegetation was based on the assumption that the C concentration in a plant sample (g C/g 

sample) is 50% (Eq.τ  (Calderón et al., 2013). Therefore, the widely used coefficient (Ὢ) of 0.5 

was used for the conversion of biomass (aboveground biomass + aboveground necromass) into 

carbon, as suggested by several authors (MacDicken, 1997; Hollinger et al., 1993; Brown, 

1997). Based on Eq.τ, the vegetation C stocks were determined for each type of páramo 

ecosystem (in ton C/ha). Subsequently, the vegetation C stock for the entire páramo region 

was estimated from the individual vegetation C stocks (in ton C/ha) but proportional to the 

area of each páramo ecosystem using Eq.υ. Vegetation C stocks included the standard error 

as a measure of the accuracy of the estimate performed when data for more than one site 

were available. 

 

ὅίὸέὧὯ ὡ  zὪ                 τ 

Where: 

ὅίὸέὧὯ ὺὩὫὩὸὥὸὭέὲ ὧὥὶὦέὲ ίὸέὧὯ ὸέὲ ὅȾὬὥ 

ὡ Ὠὶώ ύὩὭὫὬὸ έὪ ὦὭέάὥίί ὸέὲ ȾὬὥ  

Ὢ ὧέὲὺὩὶίὭέὲ Ὢὥὧὸέὶ έὪ ὧὥὶὦέὲ ὧέὲὧὩὲὸὶὥὸὭέὲ Ὥὲ ὦὭέάὥίίπȢυ 

 

2ÅÇÉÏÎÁÌ#ÓÔÏÃËÖÅÇÅÔÁÔÉÏÎ
 

!É
!Ô
ɕ#ÓÔÏÃËÖÅÇÅÔÁÔÉÏÎÉ

Î ρπ

É ρ

 ȣȣ  
!ÎȤρ
!Ô
ɕ#ÓÔÏÃËÖÅÇÅÔÁÔÉÏÎÎȤρ

!Î
!Ô
ɕ#ÓÔÏÃËÖÅÇÅÔÁÔÉÏÎÎ

υ 

Where: 

ὙὩὫὭέὲὥὰ  ὺὩὫὩὸὥὸὭέὲ ὧὥὶὦέὲ ίὸέὧὯ Ὢέὶ ὸὬὩ ὩὲὸὭὶὩ ὴÜὶὥάέ ὶὩὫὭέὲ ὸέὲ ὅȾὬὥ 

ὅίὸέὧὯ ὺὩὫὩὸὥὸὭέὲ ὧὥὶὦέὲ ίὸέὧὯ Ὢέὶ ὩὧέίώίὸὩά Ὥ  ὸέὲ ὅȾὬὥ 

ὃ ὥὶὩὥ έὪ ὴÜὶὥάέ ὩὧέίώίὸὩά Ὥ Ὤὥ 

ὃ ὸέὸὥὰ ὥὶὩὥ έὪ ὸὬὩ ὴÜὶὥάέ ὶὩὫὭέὲ έὪ ὉὧόὥὨέὶ Ὤὥ 

 
2.4.3 Total Carbon Stock  
 
The estimation of the total C stock was based on the summary of both the C stored in soil and 

in aboveground vegetation individually for each páramo ecosystem (Eq. φ . The total C stock 

was also estimated for the entire páramo region for which the same approach applied for 

regional soil and C stocks was applied, based on the summary of the individual total C stocks 

but proportional to the area of each páramo ecosystem using Eq. χ Ȣ  
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Ὕέὸὥὰ ὅ ὅ ίὸέὧὯίέὭὰ ὅ ίὸέὧὯὺὩὫὩὸὥὸὭέὲ           φ 

Where: 

Ὕέὸὥὰ ὅ ὸέὸὥὰ ὧέὲὸὩὲὸ έὪ έὶὫὥὲὭὧ ὧὥὶὦέὲ Ὥὲ ίέὭὰ ὥὲὨ ὺὩὫὩὸὥὸὭέὲ ὸέὲ ὅȾὬὥ 

ὅίὸέὧὯὧέὲὸὩὲὸ έὪ ίέὭὰ έὶὫὥὲὭὧ ὧὥὶὦέὲ ὸέὲ ὅȾὬὥ 

ὅίὸέὧὯ ὧέὲὸὩὲὸ έὪ ὧὥὶὦέὲ ίὸέὶὩὨ Ὥὲ ὺὩὫὩὸὥὸὭέὲ  ὸέὲ ὅȾὬὥ  

 

2ÅÇÉÏÎÁÌ4ÏÔÁÌ #ÓÔÏÃË
 

!É
!Ô
ɕ4ÏÔÁÌ #ÓÔÏÃËÉ

Î ρπ

É ρ

 ȣȣ  
!ÎȤρ
!Ô
ɕ4ÏÔÁÌ #ÓÔÏÃËÉÎȤρ

!Î
!Ô
ɕ4ÏÔÁÌ #ÓÔÏÃËÎ

    χ 

Where: 

2ÅÇÉÏÎÁÌ4ÏÔÁÌ # ÓÔÏÃË 
 ÔÏÔÁÌ ÃÏÎÔÅÎÔ ÏÆ ÏÒÇÁÎÉÃ ÃÁÒÂÏÎ ÆÏÒ ÔÈÅ ÅÎÔÉÒÅ ÐÜÒÁÍÏ ÒÅÇÉÏÎ ÔÏÎ #ȾÈÁ 

Ὕέὸὥὰ ὅ ίὸέὧὯ ὸέὸὥὰ ὧέὲὸὩὲὸ έὪ έὶὫὥὲὭὧ ὧὥὶὦέὲ Ὢέὶ ὩὧέίώίὸὩά Ὥ ὸέὲ ὅȾὬὥ 

ὃ ὥὶὩὥ έὪ ὴÜὶὥάέ ὩὧέίώίὸὩά Ὥ Ὤὥ 

ὃ ὸέὸὥὰ ὥὶὩὥ έὪ ὸὬὩ ὴÜὶὥάέ ὶὩὫὭέὲ έὪ ὉὧόὥὨέὶ Ὤὥ 

 

2.4.4 Carbon Stored by Páramo Ecosystem Area 
 

To evaluate the contribution of the different páramo ecosystems in terms of the carbon stored 

in their area, the multiplication of the total carbon stock (soil + vegetation) of each ecosystem 

was multiplied by its corresponding area (Eq. ψ . In addition, the regional carbon store was 

calculated by summation of the individual ecosystem values (Eq. ω . The percentage of 

carbon contribution was also estimated for each ecosystem and for the entire páramo region 

of Ecuador. 

ὅ ὃ  z Ὕέὸὥὰ ὅὥὶὦέὲ                ψ 

Where: 

ὅ ὧὥὶὦέὲ ίὸέὶὥὫὩ ὴὩὶ ὩὧέίώίὸὩά ὥὶὩὥ  ὸέὲ ὅ 

ὃ  ὴÜὶὥάέ ὩὧέίώίὸὩά ὥὶὩὥ Ὤὥ 

Ὕέὸὥὰ ὅ ὸέὸὥὰ ὧέὲὸὩὲὸ έὪ έὶὫὥὲὭὧ ὧὥὶὦέὲ Ὥὲ ίέὭὰ ὥὲὨ ὺὩὫὩὸὥὸὭέὲ ὸέὲ ὅȾὬὥ 

 

2ÅÇÉÏÎÁÌ #ÓÔÏÒÁÇÅ 
!É
!Ô
ɕ#ÓÔÏÒÁÇÅÉ

Î ρπ

É ρ

 ȣȣ  
!ÎȤρ
!Ô
ɕ#ÓÔÏÒÁÇÅÎȤρ

  
!Î
!Ô
ɕ#ÓÔÏÒÁÇÅÎ

           ω 

Where: 

ὙὩὫὭέὲὥὰ  
 ὧὥὶὦέὲ ίὸέὶὥὫὩ Ὥὲ ὸὬὩ ὩὲὸὭὶὩ ὴÜὶὥάέ ὶὩὫὭέὲ ὥὶὩὥ ὸέὲ ὅ 

ὅ  ὧὥὶὦέὲ ίὸέὶὥὫὩ ὴὩὶ ὩὧέίώίὸὩά Ὥ  Ὥὲ ὸὬὩ ὥὶὩὥ ὸέὲ ὅ 

ὃ ὥὶὩὥ έὪ ὴÜὶὥάέ ὩὧέίώίὸὩά Ὥ Ὤὥ 

ὃ ὸέὸὥὰ ὥὶὩὥ έὪ ὸὬὩ ὴÜὶὥάέ ὶὩὫὭέὲ έὪ ὉὧόὥὨέὶ Ὤὥ 
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2.4.5 Controls on Soil Carbon Stocks  

Potential environmental controls on the soil C stocks of the Ecuadorian Andes were explored. 

Climatic layers (i.e. bio 1 and bio 12) provided by WorldClim (Version 1.4) at 30 seconds (~ 1 

km2) resolution were used for climatic characterization. ArcGIS software version 10.4.1 was 

used to perform the spatial analysis required. In this way, annual precipitation and annual 

surface air temperatures (over 1950-2000) were identified for each individual site. 

The influence of altitude on soil C stocks was also assessed (Townsend et al., 1995). For this 

purpose, the entire set of inceptisols data available for the eight páramo ecosystems were 

used (31 records in total) (Appendix III.B). Linear regression was carried out to determine 

whether there was a linear relationship between the soil C stock for annual precipitation, 

annual air temperature, and altitude.  

 

3. Results 

3.1 Quantification of Carbon Stocks  

 

3.1.1 Carbon Stock in Soils  
 
The national C stock in páramo soils amounted to 189.3 ton C/ha based on the soil stocks 

estimated for ten out of the eleven páramo ecosystems covering 99.9% (1,238,869 ha) of the 

total páramo area in Ecuador (1,297,979 ha). By analysing the results per ecosystem type, 

Páramo Caulescent Rosettes (frailejones) and Grassland (RsSn01) had the highest C stock 

expressed per ha (278.9 ton C/ha). Evergreen Páramo Forest (BsSn01) had the second highest 

C stock amounting to 212.1 ton C/ha; followed by the most predominant vegetation Páramo 

Grassland (HsSn02), covering 71.5% of the total páramo area, with 207.9 ton C/ha. The lowest 

stock of C in soil was observed in subnival ecosystems located at the highest altitude (above 

4,000 m.a.s.l,), Ultra-humid Subnival Páramo Grassland (HsNn02), Páramo Subnival Evergreen 

Grassland and Shrubland (HsNn03) and Humid Subnival Páramo Grassland (HsNn01), 

amounting to 87.7 - 103.5 ton C/ha, respectively (Table 3.4 and Fig. 3.2).  

 

In terms of bulk density across all ecosystems values were relatively low. The overall estimate 

resulted in an average bulk density of 0.5 g/cm3 for the entire páramo region. Differences in 

bulk density per soil order showed that organic soils (i.e. histosols) had on average (± SE) the 

lowest bulk density (0.4 g/cm3 ± 0.3) while the highest were observed among mineral soils, 

inceptisols (0.7 g/cm3 ± 0.1) and entisols (1.0 g/cm3 ± 0.1). In terms of SOC (%), the average 

value obtained for the páramo region was 16.4%. The highest percentage of SOC was 19.9% 

reported for Páramo Grassland (HsSn02), while the lowest was 3.0% registered for Ultra-humid 
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Subnival Páramo Grassland (HsNn02). Regarding the C stock per type of soil, when considering 

inceptisols which are the most predominant soils in the Ecuadorian páramos, the average (± 

SE) C stock amounted to 162.5 ± 23.3 ton C/ha, based on eight páramo ecosystems with data. 

Entisols had a lower average (± SE) C stock corresponding to 82.8±8.5 ton C/ha, based on three 

páramo ecosystems with data available. Histosols had the highest average (± SE) C stock of 

210.1 ± 62.6 ton C/ha based on information available only for the most predominant 

vegetation Páramo Grassland (HsSn02). 

 
Figure 3.2 Location of Soil Carbon Stocks in the Ecuadorian Páramo Region. 
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Table 3.4 Soil C stock (ton C/ha) estimated at standard depth (30 cm) per type of páramo ecosystem. The table includes bulk density (g/cm
3
), SOC (%) and standard error (± SE) 

   where data for more than one site were available.  

Nº 
Páramo  

Ecosystem 
Ecosystem  

Code 
Soil 

Order 
Area  
(ha)*  

Standardised  
Depth  
(cm) 

Bulk Density 
(g/cm

3
) 

SOC  
(%) 

Soil C Stock 
 (ton C/ha) 

6 
Ultra-humid Subnival Páramo Grassland HsNn02 

Inceptisol 2,189.0 30 1.0   3.2   92.2 

Entisol
 

 2,258.7 30 1.0 ± 0.1   2.8 ± 0.5   82.8 ±   8.5 

Other mineral soils 29.3 30 1.0   3.2   92.2 
Histosol

Ң
 10.1 30 0.4 ± 0.1 15.6 ± 2.3 210.1 ± 62.6 

Total  Ecosystem HsNn02 4,487.0 30 1.0   3.0   87.7 

9 

Páramo Subnival Evergreen Grassland and 
Shrubland

 
 

HsNn03 

Inceptisol 46,605.2 30 1.0   3.2 102.2 ± 10.0 

Entisol
 

 1,190.0 30 1.0 ± 0.1   2.8 ± 0.5    82.8 ±  8.5 
Other mineral soils 483.8 30 1.0   3.2 102.2 ± 10.0 
Histosol

Ң
 132.5 30 0.4 ± 0.1 15.6 ± 2.3 210.1 ± 62.6 

Total  Ecosystem HsNn03 48,411.5 30 1.0    3.2 102.0 

4 
Humid Subnival Páramo Grassland HsNn01 

Inceptisol 3,555.3 30 1.0
 

   3.2  112.2 

Entisol
 

 1,575.5 30 1.0 ± 0.1   2.8 ± 0.5   82.8 ±   8.5 

Histosol
Ң
 14.9 30 0.4 ± 0.1 15.6 ± 2.3 210.1 ± 62.6 

Total Ecosystem HsNn01 5,145.7 30 1.0    3.1  103.5 

10 
Páramo Evergreen Shrubland and Grassland AsSn01 

Inceptisol 171,086.0 30 0.8 4.6 103.7 

Entisol 2,948.2 30 0.9 3.7   99.7 

Other mineral soils 11,690.1 30 0.8 4.6 103.7 

Histosol
Ң
 27,811.4 30 0.4 ± 0.1 15.6 ± 2.3 210.1 ± 62.6 

Total  Ecosystem AsSn01 213,535.6 30 0.7 6.0 117.5 

1 
Southern Páramo High Montane Evergreen 

Shrubland 
AsAn01 

Inceptisol 211.0 30 0.9 5.5 135.7 

Entisol 0.5 30 1.1 2.4    73.5 
Total  Ecosystem AsAn01 211.5 30 0.9 5.5 135.5 

7 Humid High Upper Montane Páramo Grassland HsSn03 

Inceptisol 30,799.4 30 0.8   6.2 153.0 

Entisol
 

 1,932.3 30 1.0 ± 0.1   2.8 ± 0.5   82.8 ±   8.5 

Other mineral soils 123.0 30 0.8   6.2 153.0 

Histosol
Ң
 178.5 30 0.4 ± 0.1 15.6 ± 2.3 210.1 ± 62.6 
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Nº 
Páramo  

Ecosystem 
Ecosystem  

Code 
Soil 

Order 
Area  
(ha)*  

Standardised  
Depth  
(cm) 

Bulk Density 
(g/cm

3
) 

SOC  
(%) 

Soil C Stock 
 (ton C/ha) 

Total  Ecosystem HsSn03 33,033.1 30 0.8   6.0 149.2 

5 
Floodable Páramo Grassland

 
 HsSn04 

Inceptisol 5,979.9 30 0.5 ± 0.1 20.6 ± 4.6 211.3 ± 24.4 

Entisol 311.6 30 1.1   2.3   75.2 

Other mineral soils 123.5 30 0.5 ± 0.1 20.6 ± 4.6 211.3 ± 24.4 

Histosol 4,283.7 30 0.4 ± 0.1 15.6 ± 2.3 210.1 ± 62.6 
Total  Ecosystem HsSn04 10,698.7 30 0.5 18.1 206.9 

11 
Páramo Grassland HsSn02 

Inceptisol 800,952.6 30 0.5 ± 0.1 20.6 ± 4.6 211.3 ± 24.4 

Entisol 22,561.0 30 1.1   2.3   75.2 

Other mineral soils 43,756.0 30 0.5 ± 0.1 20.6 ± 4.6 211.3 ± 24.4 

Histosol 60,284.5 30 0.4 ± 0.1 15.6 ± 2.3 210.1 ± 62.6 

Total  Ecosystem HsSn02 927,554.1 30 0.5 19.9 207.9 

3 
Evergreen Páramo Forest BsSn01 

Inceptisol 5,953.2 30 

0.6 12.5 212.1 
Entisol 824.0 30 

Other mineral soils 1,504.7 30 

Histosol 28.0 30 

Total  Ecosystem BsSn01 8,310.0 30 0.6 12.5 212.1 

8 

Páramo Caulescent Rosettes (frailejones)  
and Grassland 

RsSn01 

Inceptisol 45,175.4 30 0.5 ± 0.1 18.6 ± 2.7 280.1 ± 50.4 

Other mineral soils 273.1 30 0.5 ± 0.1 18.6 ± 2.7 280.1 ± 50.4 

Histosol
Ң
 751.8 30 0.4 ± 0.1 15.6 ± 2.3 210.1 ± 62.6 

Total  Ecosystem RsSn01 46,200.3 30 0.5 18.5 278.9 

Total Páramo Region
┐
 1,297,587.5 30 0.5 16.4 189.3 

* For comparative purposes the initial numbering presented in Table 3.1 was retained and organised by ascendant order in Soil C Stock (ton C/ha).  
**Areas of páramo ecosystems excluding rocky outcrops, snow/ice, and water bodies (natural or artificial) 
 Values are only referential due to lack of data. 
Ң Values are only referential based on ecosystem HsSn02. 
 Values are only referential based on entisol carbon stocks for ecosystems: HsSn02, AsSn01, and AsAn01. 
┐ !ǊŜŀ ƻŦ ǇłǊŀƳƻ ǊŜƎƛƻƴ ŜȄŎƭǳŘƛƴƎ ŜŎƻǎȅǎǘŜƳ {ǳƳŀŎƻ ±ƻƭŎŀƴƻΩǎ tłǊŀƳƻ DǊŀǎǎƭŀƴŘ ŀƴŘ 9ǾŜǊƎǊŜŜƴ {ƘǊǳōƭŀƴŘ όIǎ{ƴлмύΦ 
Note: values that do not present standard errors are corresponding to ecosystems with only one value available per site.
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3.1.2 Carbon Stock in Aboveground Vegetation 
 

The average value of C in aboveground biomass and necromass for grassland and shrubland 

vegetation types, amounted to 3.8 ton C/ha and 3.5 ton C/ha, respectively (Table 3.5). The 

highest stock of C in aboveground biomass among these vegetation types (grassland and 

shrubland) was reported for Southern Páramo High Montane Evergreen Shrubland (AsAn01), 

(7.7 ton C/ha, Table 3.5). In terms of aboveground necromass, the highest value was estimated 

for Humid Subnival Páramo Grassland (HsNn01), amounting to an average (± SE) of 4.3±4.0 ton 

C/ha, while the lowest was observed in Páramo Evergreen Shrubland and Grassland (AsSn01) 

with 0.9 ton C/ha (Table 3.5). Among all grassland and shrubland vegetation types, the lowest 

C stock in aboveground biomass was reported for the most predominant vegetation, Páramo 

Grassland (HsSn02), amounting to an average (± SE) of 3.6±0.6 ton C/ha (Table 3.5). However, 

the low C stored in biomass was compensated with the C stocked in necromass, which was on 

average (± SE) 4.0±2.2 ton C/ha (Table 3.5). This indicates that the inclusion of aboveground 

necromass could double the C stock in aboveground vegetation as noted in seven of these 

páramo types (i.e. grassland and shrubland). In the case of forests, the C in aboveground 

biomass and necromass amounted to averages (± SE) of 94.3±32.4 and 2.0 ton C/ha, 

respectively (Table 3.5). This shows that in páramo forests, the content of C in aboveground 

necromass was not as significant as that of aboveground biomass, contrary to what happened 

with the other types of páramo vegetation. By considering all páramo vegetation types, the 

aboveground biomass carbon and aboveground necromass estimated for the páramo region 

amounted to averages of 4.4 ton C/ha and 3.5 ton C/ha, respectively (Table 3.5).  

Aboveground C stock in vegetation (biomass + necromass) was on average 7.3 ton C/ha for 

grassland and shrubland vegetation types. Among these type of vegetation (grassland and 

shrubland), Humid Subnival Páramo Grassland (HsNn01) had the highest C stock in 

aboveground vegetation with an average (± SE) of 8.9±2.4 ton C/ha, whereas the lowest was 

reported for Páramo Evergreen Shrubland and Grassland (AsSn01) with 5.3 ton C/ha (Fig 3.3). 

In the case of evergreen Páramo Forest (BsSn01) the C stock in aboveground vegetation 

amounted to an average (± SE) of 96.3 ± 32.4 ton C/ha (Fig 3.3). Although Evergreen Páramo 

Forest had more than 10 times higher C stock than the other ecosystems, it only covers 0.6% of 

total Ecuadorian páramo area. The most predominant páramo vegetation, Páramo Grassland 

(HsSn02), had on average (± SE) 7.6±2.4 ton C/ha of C stored in aboveground vegetation (Fig 

3.3). When all páramo ecosystems were considered, the overall aboveground vegetation C 

stock at regional scale amounted to 7.9 ton C/ha (Table 3.5). 
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Figure 3.3 Location of Vegetation Carbon Stocks (aboveground biomass + necromass) in the Ecuadorian Páramo 
Region. 

 

 
















































































































































