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Abstract 

Therapists are differentially effective, a concept that has been termed ‘therapist effects’. 

Research has shown that therapist effects account for around 5% of the variability in 

outcomes of psychological therapy. However, there has been little research investigating 

whether such therapist effects are stable over time.  

 A systematic review was conducted to provide a contemporary synopsis of 

therapist effects research. The review comprised 21 studies that focussed on therapist 

effects for outcomes, extending the most recent review of Baldwin and Imel (2013).  

Results found an average therapist effect of 5% which was in common with previous 

findings. New research areas included low intensity treatment settings and comparisons 

of different outcome measures. 

 In order to investigate the stability of therapist effects over time, the research 

report analysed data from steps 2 (low intensity) and 3 (high intensity) of an Improving 

Access to Psychological Therapies service, comprising 12,949 patients and 141 

therapists. Multilevel modelling was used to determine the therapist effect of the whole 

service over 40 months. Then, for five equal time periods, Markov chain Monte Carlo 

procedures compared therapist effects over time. Results found an overall therapist 

effect of 4.9% with no statistical difference between time periods. Therapist effects for 

step 2 of 2.9% and for step 3 of 4.9% were found. However, such effects were not 

statistically stable over time. Further studies with higher patient and therapist sample 

sizes are recommended.  
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Abstract 

Objective: To review the contemporary therapist effects literature and assess whether 

Baldwin and Imel’s (2013) methodological recommendations for generating a high 

quality therapist effects evidence base have been appropriately acted upon. Method: 

Systematic literature review of three databases (PsycINFO, PubMed and Web of 

Science) and searches of references from retrieved articles using search terms from 

Baldwin and Imel (2013). Studies were required to focus on therapist effects regarding 

clinical outcomes and weighted averages of therapist effects were calculated. A 

qualitative review of included studies was then conducted. Results: Twenty-one studies 

met inclusion criteria with the majority analysing naturalistic, practice-based datasets 

using hierarchical linear analysis. Therapist effects ranged from 0.2% to 29%, with a 

weighted average of 5%. New studies have tended to use the analytic methods 

previously championed, but sample sizes remain lower than recommendations. 

Conclusions: Differences in the effectiveness of therapists continue to be a robust 

phenomenon. The average therapist effect lies within the 3-7% range indicated by 

Baldwin and Imel (2013). The therapist effects field has evolved to include evidence of 

changes over time, comparison of different outcome measures and the effect of the 

therapist during low intensity treatment. To increase the validity of the therapist effects 

evidence base, previous methodological guidelines (i.e., particularly relating to sample 

sizes) need to be consistently applied. 
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Practitioner points 

• Integrating outcome monitoring into supervision enables any differences 

between therapists to be recognised in the support they receive 

• Allocation of patients to therapist should consider the potential interaction of 

patient and therapist characteristics  

• Variability in therapist effectiveness should be recognised even in psychological 

care systems where standardised training and treatment manualisation are the 

norm 

Limitations 

• Stringent inclusion and exclusion criteria limited studies to those specifically 

focussing on therapist effects on outcome measures 

• Baldwin and Imel (2013) recommendations regarding randomised control trials 

were only evaluated in studies that had a primary focus on therapist effects 

• Studies varied as to whether they controlled for severity or case mix, thus 

making any comparison of therapist effects less reliable 
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Introduction 

Psychotherapy research has traditionally focussed on the patient when 

investigating the effectiveness of psychological therapies (Wampold & Imel, 2015). 

However, an increasing number of reviews and studies have shown that the therapist 

also plays a significant role in therapy outcomes - both successful and unsuccessful 

(Baldwin & Imel, 2013; Barkham, Lutz, Lambert, & Saxon, 2017; Lutz & Barkham, 

2015). The earliest report of a ‘therapist effect’ was a comparison between one very 

effective practitioner – labelled a ‘supershrink’ and one less effective practitioner 

(Ricks, 1974). Research then progressed through small-scale therapist effects 

comparison studies (e.g., Luborsky et al., 1986) to systematic reviews of therapist 

effects (e.g., Baldwin & Imel, 2013; Crits-Christoph et al., 1991). The evidence base 

increasingly supports the view that some psychological therapists facilitate better 

outcomes than others. Therefore, despite policy guidance (e.g., NICE guidelines) 

implying homogeneity of delivery (i.e., for problem x, apply therapy y), the therapist 

effects phenomenon implies that, at the point of delivery, significant heterogeneity 

exists between therapists. Therapist effects prevail regardless of whether the context is a 

clinical trial (e.g., Huppert et al., 2001) or a study of routine clinical practice (e.g., 

Saxon & Barkham, 2012). 

There are three main challenges in quantifying the extent to which therapists 

differ in their outcomes. Firstly, different statistical approaches to studying therapist 

effects can lead to very different results (e.g., Elkin, Falconnier, Martinovich, & 

Mahoney, 2006; Kim, Wampold, & Bolt, 2006). Secondly, large sample sizes are 

required to estimate statistically reliable effects (Schiefele et al., 2016). Finally, studies 

have shown wide variation in results - Crits-Christoph et al. (1991) found that the 

therapist effect ranged from 0 to 48% across 15 studies. 
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The statistical approach recommended to investigate therapist effects is 

multilevel modelling (MLM), in which data are examined in a ‘hierarchical structure’ 

with patients nested within therapists (Adelson & Owen, 2013). The variance in 

treatment outcomes at the patient level (level 1) and the therapist level (level 2) are then 

compared, with the proportion attributable to the therapist labelled the ‘therapist effect’ 

(Raudenbush & Bryk, 2002; Wampold & Brown, 2005). MLM avoids potential Type I 

and Type II errors arising from single level approaches (Hox, 2010) such as the use of 

analysis of variance (e.g., Huppert et al., 2001; Huppert et al., 2014). Importantly, it also 

controls for patient case mix. 

MLM requires large sample sizes, especially at level 2 (i.e., therapists; Maas & 

Hox, 2005; Schiefele et al., 2016). Low power resulting from small numbers of patients 

in traditional outcome studies (Kazdin & Bass, 1989) creates under-powered therapist 

effect studies (Crits-Christoph, Tu, & Gallop, 2003; Owen, Drinane, Idigo, & Valentine, 

2015). Randomised control trials have been shown to yield lower therapist effects than 

naturalistic study designs (Baldwin & Imel, 2013; Lutz, Leon, Martinovich, Lyons, & 

Stiles, 2007). This finding may be due to clinical trials being concerned with issues of 

tight inclusion criteria, treatment adherence checks, manualisation and close supervision 

in comparison to the less controlled and monitored aspects of routine clinical practice.  

Research is starting to define the reasons for the variability in therapist effects 

findings, although conclusions are tentative (Wampold, 2007). Okiishi et al. (2006) 

found that when initial severity was controlled for, few other patient characteristics had 

a significant effect on outcomes. Studies have found a number of therapist 

characteristics to be associated with better outcomes - for example, wellbeing (Beutler 

et al., 2004), warmth and empathy (Ackerman & Hilsenroth, 2003) and interpersonal 

skills (Schöttke, Flückiger, Goldberg, Eversmann, & Lange, 2015).  
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The Baldwin and Imel (2013) review found that across 46 studies approximately 

5% of outcome variance was attributable to the therapist. However, the authors found 

that not all studies used hierarchical multilevel analysis, and many did not employ 

random effects (i.e., allowing therapist outcomes to vary). The review highlighted a 

number of recommendations for future therapist effect studies including tracking 

therapy outcomes more accurately and adopting higher sample sizes to avoid sampling 

error and poor power issues. Other recommendations included more randomisation of 

patient to therapist within studies, investigating whether therapist effects varied over 

time, and having more studies that were designed from the outset to be therapist effect 

studies. 

Review Questions 

The current review extends and refines Baldwin and Imel’s (2013) review. It 

aims to examine and summarise the current status of the therapist effects evidence base 

in relation to treatment outcome, in order to better inform future research and clinical 

practice. The review focuses on three main questions: 1) do contemporary studies 

provide a greater consensus regarding therapist effect size? 2) do we have an 

understanding as to why some therapists outperform their peers? and 3) to what extent 

have the recommendations of Baldwin and Imel (2013) been implemented? 

Method 

Identification of Studies 

A systematic literature search was conducted using three online databases 

(PsycINFO, PubMed and Web of Science) and dates within the range January 1st 2012 

to December 31st 2016. The start date was chosen to ensure continuity from Baldwin 

and Imel’s (2013) review and search terms were replicated: "Therapist effects" or 

"therapist outcome" or "differential effects of therapists" or (therapist and "intraclass 

correlation") or (therapist and (multilevel or "hierarchical linear modelling" or "mixed 
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models")) or "effective therapist" or "ineffective therapist" or "therapist variance". 

Reference lists of retrieved studies were also examined to identify further studies. 

‘Preferred reporting items for systematic reviews and meta-analyses’ 

(PRISMA) procedures were adopted (see Figure 1) as the recommended method to 

describe the flow of information in a systematic review (Moher, Liberati, Tetzlaff, & 

Altman, 2009). After initial identification of studies (n=2,132), duplicates were 

removed and 1,566 studies examined against the inclusion criteria. Full texts of the 

resulting 47 studies were retrieved and examined, leading to further exclusion of 26 

studies. A total of 21 studies were included in the review. 

 

Figure 1. PRISMA diagram of study selection process 

Study Selection Criteria 

Studies were included in the review if they met the following inclusion criteria: 

a) published in a peer-reviewed journal, b) investigated therapist effects in a clinical 

population, c) published January 2012 - December 2016, d) study sample were adults, 

e) written in English and f) an empirical study examining quantitative treatment 
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outcomes. Exclusion criteria were in keeping with therapist effects recommendations 

(Wampold, 2005) and were the reverse of inclusion criteria, or a primary focus on 

process variables (e.g., alliance, adherence) or dropout rates.  

Quality Assessment 

 All studies were quality assessed using a modified Downs and Black (1998) 

checklist. Modifications were based on statistical (Adelson & Owen, 2012), power 

(Schiefele et al., 2016) and reporting recommendations (Baldwin & Imel, 2013) for 

therapist effect studies. Specifically, the power question was adapted to reflect the latest 

therapist effects sampling recommendations for therapists and patients. Adelson and 

Owen (2012) suggest a minimum of 20 therapists to be suitable for the use of MLM, 

and a minimum of 50 therapists to ensure statistical significance. Schiefele et al. (2016) 

refined the recommendations, stating a very minimum of 10 therapists each treating at 

least 10 patients, with recommendations that over 100 therapists should be used. See 

Appendix A for the full checklist with details of adaptations.  

 Two independent raters, who were trainee clinical psychologists familiar with 

the original Downs and Black (1998) checklist, determined reliability of the quality 

checklist scores. Each rater examined a different set of 20% of studies (i.e., 4 studies; 

Anderson, Ogles, Patterson, Lambert, & Vermeesh, 2009) to maximise breadth of 

sampling of rating. Each set of studies consisted of one RCT study and three naturalistic 

outcome studies, including one from each of the highest and lowest quartile and two 

from the middle 50% of overall quality scores. The Downs and Black (1998) sample 

mean (SD) scores of 14 (6.39) for RCT studies and 11.7 (4.64) for naturalistic outcome 

studies were used as the quality benchmark, with the lower figure due to randomisation 

questions not applying to non-randomised studies. 
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Data Extraction 

 The accepted method of calculating and comparing therapist effect sizes in 

random effect analyses is the intraclass correlation coefficient (ICC). This is defined as: 

 

where σt
2 represents the variance in the outcome measure associated with therapists and 

σe
2 represents the residual (error) variability. The ICC therefore gives the share of the 

total variance that is associated with level 2 (therapist), or the therapist effect. Baldwin 

and Imel (2013) recommend that therapist effect studies provide an ICC figure for 

therapist to aid comparison of random effects findings. For each study in the review, the 

ICC was reported or calculated where sufficient information was provided. 

To calculate an overall weighted average ICC, three parameters were 

considered; number of patients, number of therapists, and number of patients per 

therapist (Schiefele et al., 2016). Mean ICCs weighted by patient were calculated by 

summing individual products of ICC and number of patients, then dividing by the total 

number of patients. Similar calculations were conducted to obtain mean ICCs weighted 

by therapist and mean ICCs weighted by number of patients per therapist. 

Results 

Details of Included Studies 

 The final 21 studies met the inclusion criteria and comprised either randomised 

control trials (n=4; 19%) or naturalistic outcome studies (n=17; 81%). Within the 

naturalistic studies, four studies yoked (i.e., compared) therapist effects with therapist 

characteristics. Three studies specifically examined therapist effects across different 

outcome measures and two studies investigated therapist effects over time. Six studies 

investigated high intensity (e.g., CBT or counselling) and/or low intensity (e.g., guided 
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self-help) treatments within the Increasing Access to Psychological Therapies (IAPT) 

initiative, a UK primary psychological care service focussing largely on treating anxiety 

and depression. Two further studies investigated therapist effects in a specific 

population, namely racial/ethnic minority (REM) clients. 

 Table 1 shows basic information of the included studies, grouped by type of 

study (RCT or naturalistic) and then alphabetically within each group by author. 

Overall, the mean number of patients per study was 6,451 (range 3-48,648) and the 

mean number of therapists was 187 (range 3-1,800), giving a mean number of patients 

per therapist of 50 (range 6-135). The most common presenting diagnosis was 

depression/anxiety (n=7; 33%) and the most common outcome measure was the Patient 

Health Questionnaire-9 (PHQ-9; n=6; 29%). The majority of studies investigated a 

range of different therapies within the same study, termed ‘mixed psychotherapy’ 

(n=11; 52%), with the most common treatment centres being university counselling 

centres (n=6; 29%) and IAPT services (n=5; 24%). A total of n=19 (90%) studies used a 

hierarchical MLM design, with n=20 (95%) finding a significant therapist effect. All 

studies exceeded the quality benchmark scores (range 20-27) and were therefore 

included in the review.  Agreement between raters was acceptable. See Appendix B for 

the full results of the quality checklist. There was no significant correlation between 

year of publication and quality score (r=0.36, p=0.11). 

Average Therapist Effect Size  

Table 2 shows details of the ICCs reported for each model within the 21 studies, 

or calculated if the ICC was not reported.  ICCs from individual models varied from 

0.002 to 0.290, representing therapist effects between 0.2% and 29%. The average ICC 

across all studies, weighted by number of patients and by number of therapists was 

0.050. The mean ICC weighted for number of patients per therapist was 0.054. This 

implies that, overall, 5% of the variance in outcomes was attributable to the therapist.  
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Table 1 
 

Summary of therapist effects study characteristics 

 No. of 

patients 

No. of 

therapists 

Mean 

patients 

per 

therapist 

Diagnosis Outcome 

measure(s) 

Intervention Treatment centre(s) Therapist effects 

analysis1 

Significant 

therapist 

effects 

found 

Quality 

checklist 

rating 

RCT studies           

Erickson et al. (2012)     91 10   9 Substance abuse  ASI-Lite; 
URICA; HAq-II 

Motivational 
Enhancement 

Therapy 

 

Community outpatient 
centres 

GLM/linear 
regression/HLM2 

 

Yes 20 

Goldsmith et al. 
(2015) 

  296   3  99 Chronic fatigue 
syndrome 

Chalder fatigue 
scale; SF-36 

Pragmatic 
rehabilitation, 

supportive listening 

 

Primary care centre Regression No 23 

Moyers et al. (2016)   700 38  18 Alcohol-related 
difficulties 

PDA; DDD Behavioural therapy Alcohol treatment 
centres 

MLM Yes 24 

Owen et al. (2015)    n/a n/a  n/a Mixed Mixed Mixed Mixed n/a Yes 23 

Naturalistic studies           

Ali et al. (2014) 1376 38  36 Depression/anxiety PHQ-9; GAD-7 Brief low-intensity 

therapy 

Primary care IAPT 

service 

HLM2 Yes 26 

Chow et al. (2015) 4580 69  66 Depression/anxiety CORE-OM Mixed 

psychotherapy 

Voluntary (42%); 

independent practice 

(39.1%); primary care 
(8.7%); secondary 

care (4.3%) 

 

MLM Yes 24 

Firth et al. (2015) 6111 56 109 Depression/anxiety PHQ-9; GAD-7; 

WSAS 

 

Low intensity 

therapy 

Primary care IAPT 

service 

MLM Yes 26 
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Table 1 continued        

 No. of 

patients 

No. of 

therapists 

Mean 

patients 

per 

therapist 

 

Diagnosis Outcome 

measure(s) 

Intervention Treatment centre(s) Therapist effects 

analysis1 

Significant 

therapist 

effects 

found 

Quality 

checklist 

rating 

Goldberg et al. 

(2016a) 

5828 158 37 Mixed OQ-45 Mixed 

psychotherapy 

University 

counselling centres 

MLM Yes 27 

Goldberg et al. 
(2016b) 

6591 170 39 Mixed OQ-45 Mixed 
psychotherapy 

University 
counselling centres 

MLM Yes 27 

Green et al. (2014) 1122   21 53 Depression/anxiety PHQ-9; GAD-7 Guided self-help Primary care IAPT 

service 

MLM Yes 23 

Hayes et al. (2015)   228   36   6 Depression/anxiety/ 

relationship issues/ 
academic distress 

OQ-45 Mixed 

psychotherapy 

University 

counselling centre 

MLM Yes 20 

Hayes et al. (2016) 3825 251 15 Mixed CCAPS-62 Mixed 

psychotherapy/ 

counselling 

 

University 

counselling centres 

MLM Yes 24 

Kraus et al. (2016) 3540   59 60 Mixed TOP Psychotherapy Mixed (outpatient 

therapy services; 
independent practice; 

hospitals; residential 

settings; day 

treatment programs) 
 

HLM2 Yes 23 

Laska et al. (2013)   192   25   8 PTSD PCL Cognitive 

processing therapy 

Veterans hospital – 

outpatient and 

community 

MLM Yes 22 



13 

 

Table 1 continued       

 No. of 

patients 

No. of 

therapists 

Mean 

patients 

per 

therapist 

Diagnosis Outcome 

measure(s) 

Intervention Treatment centre(s) Therapist effects 

analysis1 

Significant 

therapist 

effects 

found 

Quality 

checklist 

rating 

Nissen-Lie et al. 

(2016) 

   6444   196    37 Mixed OQ-45; CORE-

OM 

Mixed 

psychotherapy 

University 

counselling centre; 
primary and 

secondary care unit 

 

MLM Yes 25 

Owen et al. (2016) 13664  586   23 Mixed BHM-20 Mixed 
psychotherapy 

University 
counselling centres 

MLM Yes 22 

Pereira et al. (2016)   4980    37 135 Depression PHQ-9; WSAS; 

IMD 

CBT/counselling & 

low intensity 
therapy 

Primary care IAPT 

service 

MLM Yes 24 

Saxon & Barkham 

(2012) 

10786   119   91 Depression/anxiety CORE-OM CBT, counselling Primary care 

psychotherapy service 

MLM Yes 27 

Saxon et al. (2016) 10521     85 124 Depression/anxiety PHQ-9 Mixed Primary care IAPT 

service 

MLM Yes 26 

Schiefele et al. (2016) 48648 1800   27 Mixed BSI; BHM-20; 

MHI; OQ-45; 

CORE-OM; 

PHQ-9 

 

Mixed Mixed MLM Yes 26 

Wiborg et al. (2012)     103    10   10 Chronic fatigue 

syndrome 

CIS (fatigue 

subscale) 

Manualised CBT 

for chronic fatigue 

syndrome 

Community-based 

mental healthcare 

centres 

 

Random effects 

modelling2 

Yes 22 

Note. ASI-Lite = Addiction Severity Index-Lite; BAI = Beck Anxiety Inventory; BDI = Beck Depression Inventory; BHM-20 = Behavioral Health Measure-20; BSI = Brief System Inventory; CCAPS-62 

= Counselling Center Assessment of Psychological Symptoms-62; CIS = Checklist Individual Strength; CORE-OM = Clinical Outcomes in Routine Evaluation-Outcome Measure; DDD = drinks per 

drinking day; GAD-7 = Generalised Anxiety Disorder-7; HAq-II = Revised Helping Alliance Questionnaire; IAPT = Improving Access to Psychological Therapies; IMD = Index of Multiple Depravation; 

MHI = Mental Health Index; OQ-45 = Outcome Questionnaire-45; PDA = per cent days abstinent; PHQ-9 = Patient Health Questionnaire-9; PTSD = Post-traumatic stress disorder; PDS = Posttraumatic 

Diagnostic Scale; RCT = Randomised Control Trial; SF-36 = Short Form Health Survey; TOP = Treatment Outcome Package; URICA = University of Rhode Island Change Assessment; WSAS = Work 

and Social Adjustment Scale 1analysis as reported in the study; 2alternative term for MLM (Adelson & Owen, 2012) 
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For RCT studies, the average ICC was 0.058 weighted by number of patients, 

0.061 weighted by number of therapists and 0.078 weighted by number of patients per  

therapist, giving a therapist effect for RCT studies between 5.8% and 7.8%. For 

naturalistic studies, the average ICC was 0.047 weighted by number of patients, 0.048 

weighted by number of therapists and 0.050 weighted by number of patients per 

therapist, giving a therapist effect for naturalistic studies of around 5%. 

In order to assess the presence of reporting bias, a funnel plot of ICC scores 

against number of patients per therapist was constructed (see Figure 2). Each dot on the 

plot represents one of the ICCs in Table 2 and patients per therapist was chosen as the 

most representative measure of sample size. Although asymmetrical due to not being 

able to have an ICC below zero, the graph does not indicate the presence of significant 

reporting bias. It shows that as the number of patients per therapist increases, the 

reported ICCs cluster closer to the weighted mean. 

 

 

Figure 2. Funnel plot of ICCs for all models. Note. red line indicates overall weighted mean by number of 

patients per therapist; each dot represents a model from a review study (see Table 2). 
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Table 2 

 

Reported ICC values for studies with significant therapist effects 

Author(s) and Date Conditions for model ICC 95% CI Intercept (SE; %) No. of patients No. of therapists Mean ICC 

RCT studies        

Erickson et al. (2012) Substance use – all 

Substance use – MET 
condition 

 

.270 

.290 

n/g 

n/g 

n/g 

n/g 

      91 

      91 

  10 

  10 

.280 

 
 

 

Goldsmith et al. (2015) Chalder fatigue – PR 

Chalder fatigue – SL 
SF-36 – PR 

SF-36 – SL 

 

.100 

.100 

.050 

.010 

 

n/g 

n/g 
n/g 

n/g 

n/g 

n/g 
n/g 

n/g 

    296 

    296 
    296 

    296 

    3 

    3 
    3 

    3 

 

.065 

Moyers et al. (2016) Drinking outcomes – 
untransformed 

Drinking outcomes – log 

transformed 

 

.214 
 

.114 

.108-.338 
 

.029-.221 

n/g 
 

n/g 

    700 
 

    700 

  38 
 

  38 

.164 

Owen et al. (2016) BHM-20 - well-being 

BHM-20 - symptoms 

BHM-20 - life functioning 

.040 

.046 

.075 

 

n/g 

n/g 

n/g 

n/g 

n/g 

n/g 

13664 

13664 

13664 

 

586 

586 

586 

.054 

Mean ICC, weighted for no. of patients (RCT studies only)    .058 

 

Mean ICC, weighted for no. of therapists (RCT studies only)    .061 
 

Mean ICC, weighted for no. of patients per therapist (RCT studies only)    .078 
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Table 2 continued      

Author(s) and Date Conditions for model ICC 95% CI Intercept (SE; %) No. of patients No. of therapists Mean ICC 

Naturalistic studies      

Ali et al. (2014) PHQ-9 

GAD-7 
PHQ-9 controlled for age and 

gender 

GAD-7 controlled for age and 

gender 
PHQ-9 controlled for visit 

number and duration  

GAD-7 controlled for visit 

number and duration 
PHQ-9 full sample 

GAD-7 full sample 

PHQ-9 above baseline 

GAD-7 above baseline 

.010 

.009 

.004 

 

.006 

 
.007 

 

.008 

 
.005 

.002 

.012 

.011 
 

.003-.0038 

.002-.0039 

.0-.0043 

 

.001-.0035 

 
.001-.0048 

 

.001-.0043 

 
.001-.0024 

.0-.0054 

.002-.0060 

.002-.0057 
 

.007 

.007 

.005 

 

.006 

 
.007 

 

.007 

 
.004 

.003 

.01 

.009 

1359 

1366 
1174 

 

1190 

 
1174 

 

1127 

 
2190 

2197 

  703 

  811 

38 

38 
37 

 

37 

 
37 

 

37 

 
38 

38 

37 

37 

.007 

Chow et al. (2015) COR-10 full sample 

CORE-10 controlled for 

severity 
 

.054 

.051 

n/g 

n/g 

n/g 

n/g 

4580 

4580 

69 

69 

 

.052 

Firth et al. (2015) PHQ-9 

GAD-7 

WSAS 
PHQ-9 – controlled for case 

mix 

GAD-7 – controlled for case 

mix  
WSAS – controlled for case 

mix 

 

.028 

.019 

.034 

.064 

 

.061 

 
.070 

n/g 

n/g 

n/g 
n/g 

 

n/g 

 
n/g 

n/g 

n/g 

n/g 
n/g 

 

n/g 

 
n/g 

6111 

6111 

6111 
6111 

 

6111 

 
6111 

56 

56 

56 
56 

 

56 

 
56 

.046 

        



17 

 

 

 

 
Table 2 continued 

     

Author(s) and Date Conditions for model ICC 95% CI Intercept (SE; %) No. of patients No. of therapists Mean ICC 

Goldberg et al. (2016a) OQ-45 - no predictors 
OQ-45 - controlled for case 

mix (average) 

 

.009 

.009 
n/g 
n/g 

n/g 
n/g 

5794 
5794 

158 
158 

.009 

Goldberg et al. (2016b) OQ-45 – time as predictor 
OQ-45 – cases as predictor 

 

.010 

.011 
n/g 
n/g 

 .0031 
 .00027 

6591 
6591 

170 
170 

.011 

Green et al. (2014) PHQ-9  

GAD-7 

.097 

.098 

.058-.174 

.058-.176 

n/g 

n/g 

1122 

1122 

  21 

  21 

.098 

Hayes et al. (2015) OQ-45 – race fixed 

OQ-45 – race varied 

.087 

.191 

n/g 

n/g 

n/g 

n/g 

  228 

  228 

  36 

  36 

.139 

Hayes et al. (2016) CCAPS-62 (DI) 

CCAPS-62 (DI) – controlled 

for pre-treatment score 

 

.039 

.032 

n/g 

n/g 

n/g 

n/g 

3825 

3825 

251 

251 

.036 

Kraus et al. (2016) TOP – risk adjusted  

 

.129 

 

n/g n/g 3540   59 .129 

Laska et al. (2013) PCL – controlled for pre-

treatment score 

PCL – controlled for pre-

treatment score – with rating 
score 

 

.117 

 

.099 

 
 

n/g 

 

n/g 

1.34 

 

1.268 

  192 

 

  192 

  25 

 

  25 

.108 
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Table 2 continued      

Author(s) and Date Conditions for model ICC 95% CI Intercept (SE; %) No. of patients No. of therapists Mean ICC 

        

Nissen-Lie et al. (2016) OQ-45 – total 

OQ-45 – symptom distress 
OQ-45 – interpersonal 

relationships 

OQ-45 – social relationships 

CORE-OM – wellbeing 
CORE-OM – anxiety 

CORE-OM – close 

relationships 

CORE-OM – general 
CORE-OM – social  

 

.019 

.020 

.013 

 

.019 

.100 

.100 

.200 

.020 

.100 
 

n/g 

n/g 
n/g 

 

n/g 

n/g 
n/g 

n/g 

n/g 

n/g 
 

n/g 

n/g 
n/g 

 

n/g 

n/g 
n/g 

n/g 

n/g 

n/g 
 

  5828 

  5828 
  5828 

 

  5828 

    520 
    520 

    520 

    520 

    520 

158 

158 
158 

 

158 

  31 
  31 

  31 

  31 

  31 

.060 

Owen et al. (2016) BHM-20 - wellbeing 

BHM-20 - symptom distress 
BHM-20 - life functioning 

 

.004 

.046 

.075 

n/g 

n/g 
n/g 

n/g 

n/g 
n/g 

13664 

13664 
13664 

586 

586 
586 

.042 

Pereira et al. (2016) PHQ-9 – controlled for pre-

treatment score 
PHQ-9 – controlled for pre-

treatment score and case mix 

 

.073 

 
.067 

n/g 

 
n/g 

n/g 

 
n/g 

  4980 

 
  4980 

  37 

 
  37 

.070 

Saxon & Barkham 

(2012) 

CORE-OM – without risk 

CORE-OM – controlled for 

risk 

.078 

.066 

n/g 

n/g 

n/g 

n/g 

10786 

10786 

119 

119 

.072 

Saxon et al. (2016) PHQ-9 .058 n/g n/g   4034   61 .058 
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Table 2 continued      

Author(s) and Date Conditions for model ICC 95% CI Intercept (SE; %) No. of patients No. of therapists Mean ICC 

Schiefele et al. (2016) University clinic south west 
Germany 

Techniker Krankenkassen 

project 

University clinic Midwest 
Germany 

CelestHealth project 

Compass Tracking System 

University Counselling 
Centre  

CORE database 

IAPT project 

 

.055 
 

.090 

 

.055 
 

.038 

.047 

.043 

.102 

.027 

n/g 
 

n/g 

 

n/g 
 

n/g 

n/g 

n/g 
n/g 

n/g 

n/g 
 

n/g 

 

n/g 
 

n/g 

n/g 

n/g 
n/g 

n/g 

    668 
 

    636 

 

    752 
 

11356 

  1194 

  2561 
25842 

  5639 

  97 
 

120 

 

  71 
 

401 

  60 

143 
789 

119 

.057 

Wiborg et al. (2012) CIS – fatigue severity .210 n/g n/g     103   10 .210 

Mean ICC, weighted for no. of patients (naturalistic studies only) 
 

Mean ICC, weighted for no. of therapists (naturalistic studies only) 

 

Mean ICC, weighted for no. of patients per therapist (naturalistic studies only) 

.047 
 

.048 

 

.050 
 

Mean ICC, weighted for no. of patients (all studies) 
 

Mean ICC, weighted for no. of therapists (all studies) 

 

Mean ICC, weighted for no. of patients per therapist (all studies) 

.050 
 

.050 

 

.054 
 

Note. CI = confidence interval; n.g. = not given; BHM-20 = Behavioral Health Measure -20; CCAPS-62 = Counselling Centre Assessment of Psychological Symptoms; CIS = 
Checklist Individual Strength; CORE=Clinical Outcomes in Routine Evaluation; CORE-10= Clinical Outcomes in Routine Evaluation-10; CORE-OM= Clinical Outcomes in 

Routine Evaluation – Outcome Measure; DI = Distress Index; GAD-7 = Generalised Anxiety Disorder-7; IAPT = Improving Access to Psychological Therapies; ICC = 

Intraclass correlation co-efficient; MET = motivational enhancement therapy; OQ-45 = Outcome Questionnaire-45; PCL = PTSD Checklist; PHQ-9 = Patient Health 

Questionnaire-9; PR = Pragmatic Rehabilitation; SF-36 = Short Form Health Survey; SL = supportive listening 
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Randomised Control Trials 

 Four studies investigated therapist effects within RCTs (Erickson, Tonigan, & 

Winhusen, 2012; Goldsmith, Dunn, Bentall, Lewis, & Wearden, 2015; Moyers, Houck, 

Rice, Longabaugh, & Miller, 2016; Owen et al., 2015). Therapist effects ranged from 1-

29%. Three of the studies calculated therapist effects within a specific RCT and the 

fourth study (Owen et al., 2015) re-examined data from 17 meta-analyses. Goldsmith et 

al. (2015) investigated therapist effects in 296 patients and three therapists in an RCT 

investigating chronic fatigue syndrome. Outcome measures tapped fatigue and physical 

functioning and patients were randomised both to therapist and one of two treatment 

arms (pragmatic rehabilitation or supportive listening). Regression models found no 

therapist effects in either treatment arm. The study concluded this may be due to 

randomisation of patients to therapist, which helped standardise case mix variables 

between therapists and reduce selection biases. However, data were not analysed in a 

hierarchical structure, which may have ignored the independence of patient outcomes 

clustered within therapists. Additionally, outcome measures were more related to 

physical symptoms than other studies and, crucially, only three therapists were sampled. 

Erickson et al. (2012) also used randomisation to therapist when investigating 

therapist effects in pregnant substance users. Taken from a larger RCT, 10 therapists 

and 91 participants were all randomised to either manualised motivational enhancement 

therapy (MET) or treatment as usual (TAU).  Therapist effects were analysed using 

hierarchical linear modelling with outcomes of self-reported substance use and urine 

analysis. Results found that across both conditions, 27% of the variance in outcomes 

was attributable to the therapist. A therapist effect of 29% was found for the MET 

condition, which disappeared when one outlying therapist was removed and no therapist 

effect was apparent for the TAU condition. Limitations of the study included low 

therapist numbers and that some patients were receiving other treatments concurrently. 
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The study supports the findings of Goldsmith et al. (2015) that randomisation of 

patients to therapists significantly reduces therapist effects, although this was only when 

one outlying therapist was eliminated and implies larger sample sizes are required. 

 Moyers et al. (2016) investigated therapist effects and therapist empathy in an 

RCT of behavioural treatment during an alcohol reduction program. Their study had 

more therapists (n=38) and patients (n=700) than the previous two studies. Results 

showed that 11% of outcome variance (i.e., alcoholic drinks per week) was associated 

with therapists. Therapist empathy levels were not found to vary between therapists but 

within-therapist variations were apparent across therapy sessions (e.g., during sessions 

of higher empathy, larger decreases in drinking behaviours occurred). A major 

limitation of the study was that empathy was rated by observers rather than by patients, 

thus assuming the extent to which a patient actually experienced the empathy of the 

therapist. 

Owen et al. (2015) re-examined 17 meta-analyses investigating treatment 

outcome across a variety of conditions and treatments to account for therapist effects. 

Only those meta-analyses that found a significant positive effect were included. With a 

conservative therapist effect estimate, they found that 80% of treatment effects were 

still significant, and this reduced to just 20% with larger therapist effect estimates. 

However, the latter finding involved a high therapist effect assumption (ICC=0.20; i.e., 

a 20% therapist effect) and limited therapists to only those who had treated over 30 

patients.   

Naturalistic Outcome Studies 

Yoked studies. Four studies in the review aimed to extend the identification of 

therapist effects to that of identifying characteristics of more effective practitioners by 

‘yoking’ therapist characteristics to therapist effects (Chow, Miller, Seidel, Kane, & 

Thornton, 2015; Green, Barkham, Kellett, & Saxon, 2014; Laska, Smith, Wislocki, 
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Minami, & Wampold, 2013; Pereira, Barkham, Kellett, & Saxon, 2016). The reported 

therapist effects in these studies ranged from 5-12%. Two studies found significant 

therapist effects within IAPT populations, finding that resilience, organisation, 

knowledge and confidence (Green et al., 2014) and resilience and mindfulness (Pereira 

et al., 2016) were associated with more effective therapists. Green et al. (2014) 

investigated therapist effects in 21 low-intensity therapists (psychological wellbeing 

practitioners; PWPs) and 1,122 patients across six IAPT services. Therapist and 

supervisor interviews were conducted and characteristics including ego strength, 

intuition and resilience measured blind to outcomes. A therapist effect of 9% was found 

when controlling for pre-treatment scores. More effective therapists scored in the 

average range of the general population for resilience, whereas the less effective 

therapists scored within the bottom quartile. Supervisors reported more openness to 

discussing difficulties during supervision in more effective therapists and rated intuition 

as higher in the less effective therapists. 

Pereira et al. (2016) analysed 37 therapists and 4,980 patients from a single 

IAPT service, using patient depression outcome measures and therapist self-report 

resilience and mindfulness measures, again measured blind to outcomes. An overall 

therapist effect of 6.7% was found, with more effective therapists having higher levels 

of mindfulness, along with resilience and mindfulness combined. Also, the role of 

resilience and mindfulness was significant in the treatment of patients with more severe 

levels of depression, but not in those with lower depression levels.  

Laska et al. (2013) also utilised supervisor ratings of therapist characteristics, 

similarly to Green et al. (2014). Therapist effects were investigated in 192 veterans who 

received cognitive processing therapy for posttraumatic stress disorder from 25 

therapists and the level of therapist effect was 12%. Supervisors were then asked to rate, 

blind to outcomes, how effective they presumed the therapists were based on their 
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approach to clinical supervision. Supervisors identified characteristics of more effective 

therapists including the ability to address client avoidance, flexible interpersonal style 

and the ability to build a strong therapeutic alliance.  

Chow et al. (2015) found that in a large, multisite dataset of 4,580 patients and 

69 therapists that yielded a 5% therapist effect, the therapist characteristic that best 

predicted effectiveness was the amount of time dedicated to improving therapeutic 

skills. Gender, age, caseload size, years of experience and qualifications did not 

significantly predict patient outcome. This supports the findings of Pereira et al. (2016), 

implying that mindfulness and resilience may be examples of ‘dynamic’ characteristics 

and skills that can be developed by therapists over time (as opposed to ‘static’ 

characteristics such as gender or age) and are positively related to better outcomes. 

Different outcome measures. Three studies compared therapist effects between 

different outcome measures (Kraus et al., 2016; Nissen-Lie et al., 2016; Owen, Adelson, 

Budge, Kopta, & Reese, 2016). Therapist effects ranged from 0-18.7%. Similar to other 

therapist effect studies, all three studies used broad outcome measures (Treatment 

Outcome Package [TOP; Kraus, Seligman, & Jordan, 2005], Outcome Questionnarie-45 

[OQ-45; Lambert et al., 2004], Clinical Outcomes in Routine Evaluation – Outcome 

Measure [CORE-OM; Evans et al., 2002], Behavioral Health Measure [BHM-20; Kopta 

& Lowry, 2002]). However, studies then compared findings for individual sub-domains 

of the measures. Nissen-Lie et al. (2016) also compared findings between two outcome 

measures (OQ-45 and CORE-OM) across two different treatment centres.  

Owen et al. (2016) calculated therapist effects from three subscales of the BHM-

20 for 13,664 clients and 586 therapists in a university counselling service. Results 

showed therapist effects of less than 1% for well-being, 4.6% for symptom distress and 

7.5% for life functioning. Findings were consistent with the theory that the more 

complex the outcome, the higher the variability between therapists. One limitation of 
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the study was that the wellbeing subscale comprised only three items and the life 

functioning subscale comprised only four items, which may miss more specific 

measurements of patient change (and thus therapist variability). 

Kraus et al. (2016) investigated therapist effects across a range of sub-domains 

of the TOP outcome measure. A total of 3,540 clients treated by 59 therapists across a 

wide range of treatment settings were examined. Scores were risk-adjusted by intake 

score, risk score, and then with a full random forest model. Therapist effects across 

outcome domains when fully risk-adjusted ranged from 1.6-18.7%, with an overall 

effect of 12.9%. Similar to Owen et al. (2016), the quality of life measure produced a 

higher therapist effect, along with suicidality, substance abuse and depression. Mania 

produced the lowest therapist effect, which may reflect its relation to general health. A 

limitation of the study was that not using random slopes in the analysis may have 

missed those therapists who were better at treating patients of a specific level of severity 

(e.g., mild or severe).  

Nissen-Lie et al. (2016) did use random slopes to investigate whether outcome 

measures and therapist effects were consistent across two different treatment contexts. 

Outcome data from 5,828 patients and 158 therapists from an American university 

counselling centre and 616 patients and 38 therapists from a secondary care unit in 

Sweden were analysed using the OQ-45 and the CORE-OM respectively. MLM was 

used to show that therapists that were effective in one domain of an outcome measure 

were also effective in other domains. This finding held across both treatment centres. 

Interestingly, in the Swedish sample there were no therapist effects found for the OQ-

45, whereas therapist effects for the CORE-OM ranged from 5.7% to 10%. The authors 

attributed this to the assignment of patients to therapist being dependent on CORE-OM 

rather than OQ-45 scores; the extent of patient allocation based on outcome measures 

was not reported in the other studies and could therefore have affected findings.  
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Therapist effects over time. Two studies investigated the extent to which the 

effectiveness of therapists varies over time (Goldberg, Hoyt, Nissen-Lie, Nielsen, & 

Wampold, 2016a; Goldberg et al., 2016b). Therapist effects ranged from 0.089-1% in 

the studies and both were based in student counselling services. Goldberg et al. (2016a) 

studied 5,828 patients treated by 158 therapists. The highest and lowest 10% of 

therapists were classified into high performing (HP) or low performing (LP) groups 

according to outcomes. Results showed a small overall therapist effect of 0.089%, 

alongside an increasing discrepancy between HP and LP scores as the treatment 

duration increased. Outcomes were similar between the HP and LP groups for the first 

three to four sessions but then the gap progressively widened as sessions increased. This 

implies that which therapist a patient sees is more important during long-term as 

opposed to short-term therapy.  

Goldberg et al. (2016b) analysed 6,591 patients seen by 170 therapists and 

investigated whether effect sizes increased as therapist experience increased. They used 

MLM to find a therapist effect of 1% and found that effect sizes of therapists decreased 

very slightly over time, with wide variation in different therapists’ trajectories. 

Limitations of the study included the heterogeneity of the therapists, in terms of 

experience and treatment approach, and the lack of recording of how much training and 

supervision the therapists received.  

Improving Access to Psychological Therapy studies. Overall, five studies 

investigated therapist effects in either high intensity (n=1; Saxon, Firth, & Barkham, 

2016), low intensity (n=3; Ali, Littlewood, McMillan, Delgadillo, Miranda, Croudace, 

& Gilbody, 2014; Firth, Barkham, Kellett, & Saxon, 2015; Green et al., 2014), or mixed 

(n=1; Pereira et al., 2016) IAPT practitioners and their patients. Reports found therapist 

effects ranging from 0.9-11%.  
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High intensity. Saxon et al. (2016) investigated therapist effects in a large 

naturalistic dataset of patients receiving counselling or CBT in a step-3 IAPT service. 

Overall, 4,034 patients and 61 therapists were included and outcomes for depression 

analysed. After controlling for case mix, a therapist effect of 5.8% was found. 

Completion of therapy and higher number of sessions were both associated with a larger 

therapist effect. More effective therapists were found to have recovery rates twice as 

high as less effective therapists. There was no significant difference in the effect size 

between CBT and counselling. 

Low intensity. Ali et al. (2014) investigated the effects of treatment 

characteristics by examining therapist effects in brief low-intensity psychological 

interventions. Routinely collected outcome measures for depression and anxiety were 

analysed from 1,376 primary care patients treated by 38 therapists in an IAPT service. 

They used a three-level hierarchical structure with sessions at level 1, patients at level 2, 

and therapists at level 3. Results showed therapist effects of 1% for the depression 

measure (PHQ-9) and 0.9% for anxiety (GAD-7). All therapists had outcomes that were 

not statistically different from the ‘average’ therapist from the sample. These relatively 

low therapist effects may be attributable to the low severity of patients (i.e., mild-to-

moderate depression/anxiety) and/or case complexity of the sample. 

Firth et al. (2015) investigated therapist effects and efficiency in PWPs in a 

similar IAPT service to Ali et al. (2014). Outcome measures for anxiety, depression and 

functional impairment were compared for 6,111 patients across 56 therapists. A 

therapist effect of 6-7% was moderated by initial symptom severity, duration of 

treatment and non-completion of treatment. The most effective therapists were found to 

achieve nearly twice the change per session than less effective therapists. Strengths of 

the study included the consideration of efficiency (i.e., rate of per session change) as 

well as effectiveness. However, much higher therapist effects than Ali et al. (2014) were 
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found in a very similar service with identical outcome measures.  Ali et al. (2014) used 

a three-level hierarchical model with sessions at the lowest level and did not control for 

initial severity, which may have constrained the overall therapist effect. Green et al., 

(2014) also investigated PWPs, finding therapist effects of 9-11% across a number of 

sites and Pereira et al. (2016) found therapist effects of 6.7% across both high and low 

intensity IAPT therapists combined, which together support the Saxon et al. (2016) and 

Firth et al (2015) findings. 

Other studies. Two studies investigated therapist effects in a specific 

population, namely racial/ethnic minority (REM) clients. Hayes, Owen and Bieschke 

(2015) used MLM analysis to examine outcomes for 228 clients of a university clinic 

seen by 36 trainee therapists. Client race/ethnicity was compared as fixed or random 

variables and they found a therapist effect of 8.7% when REM status was fixed and 

19.1% when REM status was allowed to vary.  This implied that the variability in 

therapists’ results was a partial function of the REM status of the clients. Two 

limitations of the study were the small number of therapists and clients and the single 

treatment centre. Hayes, McAleavery, Castonguay and Locke (2016) accounted for this 

by extending the previous study to include 3,825 clients seen by 251 therapists across 

45 college counselling services. A smaller therapist effect of 3.9% was found. This may 

reflect the fact that the sample comprised clients who presented with less severe 

symptoms (Saxon & Barkham, 2012). The study still identified that different therapists 

had better outcomes with REM clients than non-REM clients, although this was 

reversed for certain therapists. Overall, as in Hayes et al. (2015) both groups 

experienced similar levels of reduction in symptoms, which lends further support to 

analysing outcomes hierarchically (i.e., clients nested within therapists).  

Wiborg, Knoop, Wensing and Bleijenberg (2012) investigated therapist effects 

in manualised CBT for chronic fatigue syndrome at three community-based mental 
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health care centres. A total of 103 patients across 10 therapists were studied and a 

therapist effect of 21% was found in terms of post-treatment fatigue. This therapist 

effect decreased when therapists had a more negative attitude towards evidence-based 

treatment manuals. It was also found that the setting in which therapy was delivered had 

an effect on outcomes, with negative attitudes towards manualisation being more 

clustered within certain treatment centres.  

Saxon and Barkham (2012) used MLM to investigate therapist effects in patients 

receiving psychological therapy or counselling in a primary health care setting across an 

8-year period. In total, data from 119 therapists treating 10,786 patients yielded a 

therapist effect of 6.6%. However, this ranged from 1 to 10% as severity varied. Greater 

initial patient severity and higher therapist caseload risk levels were associated with 

lower outcomes. A pre- to post-therapy effect size of 1.55 was found. The least effective 

therapists, however, had almost half the recovery rate of the above average therapists.  

Schiefele et al. (2016) combined data from eight naturalistic datasets to generate 

a sample size of 48,648 patients across 1,800 therapists. They used MLM to find an 

overall significant therapist effect of 6.7%. Individual therapist effects across the 

datasets ranged from 2.7-10.2%, with a weighted average of 5.7%. They produced 

sample size recommendations for the number of therapists and number of patients per 

therapist required for practice-oriented studies. Recommendations included a minimum 

number of patients of 1,200 but with some variation in how these were allocated across 

therapists, due to confidence intervals.  

University counselling centres. Although spread across previous categories, six 

studies analysed data from university counselling centres (Goldberg et al., 2016a; 

Goldberg et al., 2016b; Hayes et al., 2015; Hayes et al., 2016; Nissen-Lie et al., 2016; 

Owen et al., 2016). Reports showed therapist effects ranged from 0.4-19% with a mean 

of 3.7%. This relatively low mean therapist effect supports the findings of Saxon and 
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Barkham (2012) that there is less therapist variability when patients present with lower 

severity of symptoms. 

 Strengths and limitations of naturalistic outcome studies. Analysing data 

from naturalistic datasets allowed ‘real-world’ therapist effects to be observed. 

However, this yielded some limitations, such as difficulties in ascertaining allocation 

procedures of patient to therapist, and standardisation of risk and severity of caseload of 

therapists. Case mix variables are more difficult to control in naturalistic studies 

compared to clinical trials and differences between treatment centres were not always 

controlled for in the reviewed studies.  

Discussion 

 This review has provided a systematic examination and evaluation of the current 

status of therapist effects research on outcome measures. It has extended the most recent 

review of therapist effects by Baldwin and Imel (2013), with the aim of investigating 

the status, magnitude and possible explanatory factors of contemporary therapist effects 

research. It has also addressed the extent to which the recommendations from the 

Baldwin and Imel (2013) review had been heeded. Across the 21 studies meeting the 

inclusion criteria, 20 studies found significant therapist effects, confirming previous 

evidence that differences between the effectiveness of therapists occur across a wide 

range of settings and client groups (Baldwin & Imel, 2013; Crits-Christoph et al., 1991). 

Despite a wide range in the size of therapist effects (0.2%-29%) being found, this was 

narrower than the range reported by Crits-Christoph et al. (1991; 0-48.7%). However, a 

weighted average therapist effect size across 31 models of around 5% was calculated, 

which lies within the average range of 3-7% previously reported by Baldwin and Imel 

(2013).  

 When considering how best to explain why some therapists outperform others, 

some interesting themes emerged. Following the findings of Saxon and Barkham (2012) 
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that higher initial patient severity led to higher variation in therapist effectiveness (i.e., a 

higher therapist effect), many subsequent studies have controlled for initial severity in 

their models which has led to lower therapist effects. Studies varied in the extent to 

which patients were randomised to therapist so one explanation as to why therapists 

vary is that some therapists are simply allocated and thus treat more severe patients than 

others (e.g., in services, clinical seniority often signals a more complex caseload). Other 

characteristics found to influence therapist effectiveness included therapist 

characteristics such as mindfulness and resilience (Green et al., 2014; Pereira et al., 

2016) and the time spent improving therapist skills (Chow et al., 2015). Other studies 

showed that therapist attitude towards manualisation (Wiborg et al., 2012) and the 

patient’s ethnicity (Hayes et al., 2015; Hayes et al., 2016) may also influence therapist 

effectiveness. 

 Comparing methodologies of reviewed studies with original recommendations 

of Baldwin and Imel (2013) showed some progress had been made. Sample sizes in the 

review were generally larger than earlier studies, including examples of pooling of 

datasets from different studies (e.g., Schiefele et al., 2016). This ensured that studies 

generally had sufficient power to report reliable therapist effects and helped to confirm 

the accuracy of the overall average therapist effect of 5%. Unlike in Baldwin & Imel 

(2013), every study bar one used some form of hierarchical linear modelling, allowing 

patient data to be nested within therapists to avoid co-linearity. The majority of 

researchers used MLM, which is the generally agreed best practice for examining 

therapist effects (Lutz et al., 2007). As also recommended by Baldwin and Imel (2013), 

all studies reported therapist effects using the ICC, which allowed for more accurate and 

reliable comparisons of findings. 

 Despite recommendations, there were relatively few studies that were 

specifically designed to investigate therapist effects within RCT designs, with a much 
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higher proportion of studies using naturalistic datasets. This paucity of RCT studies may 

have artificially inflated the overall therapist effect found. Unlike Baldwin and Imel 

(2013), naturalistic studies produced smaller therapist effect sizes than those using RCT 

data. This could be due the increase in the number of studies based within the IAPT 

initiative which use protocol-driven interventions (i.e., therefore restricting 

heterogeneity in therapist approach), or the use of university counselling centres, 

consisting of lower overall severity of patients (Saxon & Barkham, 2012).    

 Another recommendation of Baldwin and Imel (2013) was to consistently track 

therapist outcomes. Studies that investigated in more detail therapist effects across 

different outcome measures (Nissen-Lie et al., 2016) and components of individual 

outcome measures (Kraus et al., 2016; Owen et al., 2016) helped to assess whether 

therapist effects were an artefact of the measures used. A theme across the studies was 

that the more complex the outcome measure, the higher the therapist variability – again 

reflecting findings of the influence of severity on therapist effect (Saxon & Barkham, 

2012). 

 One final recommendation of Baldwin and Imel (2013) was for there to be more 

studies of the consistency of therapist effects over time. Here, recent studies have begun 

to investigate whether the gap between high and low-effectiveness therapists changes 

over time (Goldberg et al., 2016a) and whether effectiveness of individual therapists 

increases with experience (Goldberg et al., 2016b). Also, studies have investigated 

whether therapist efficiency varied over the course of therapy (e.g., Firth et al., 2015). 

Although these studies calculated overall therapist effect totals, the extent to which 

these were stable across time at a service level had not been investigated. This may give 

important indicators as to whether in a particular setting (or settings), the particular 

therapist that patients see is becoming more or less important as time goes on. 
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Limitations  

 The present review has a number of limitations. Firstly, stringent inclusion and 

exclusion criteria limited studies to those that specifically focussed on therapist effects, 

and predominantly focussed on outcome measures. There are also a growing number of 

therapist effect studies looking at other outcome indices, such as dropout rates, or 

process issues such as therapist alliance that were outside the scope of this study. 

Secondly, to truly assess the effectiveness of Baldwin and Imel’s recommendations it 

would be necessary to review the extent to which all RCTs considered therapist effects. 

The current review focussed on those studies that specifically investigated therapist 

effects within RCTs, whereas excluded studies included RCTs that calculated therapist 

effects as a matter of course. Thirdly, the calculation of overall therapist effect, whilst 

being indicative of general trend, combines data from a range of different contexts and 

is limited to the particular effects that particular studies included. For example, some 

studies accounted for initial severity or case mix in their calculations and others did not.  

Recommendations and Implications for Practice and Policy 

 This review has shown that the extent of therapist effects reported by Baldwin 

and Imel (2013) are robust and services should consider this when planning and 

evaluating the recruitment, selection and supervision of therapists. The review has 

shown that therapists differ in their effectiveness according to how severe patients are, 

the number of sessions delivered, certain personal characteristics (e.g., mindfulness) and 

the manner in which they engage in clinical supervision. Allocation of patients to 

therapist should take account of these findings and outcomes routinely monitored to 

review ongoing effectiveness in clinical supervision. Variability in therapist 

effectiveness should be considered even in those contexts where standardised training, 

manualisation and protocol-driven psychological care are the norm (e.g., the IAPT 

programme).  



             33 

 

 

Recommendations and Implications for Further Research 

 Future research should continue to increase the size of dataset in therapist effect 

studies, in terms of both patients and therapists. Where outcomes are routinely 

monitored, datasets which are of a greater duration can be created and analysed, as has 

been seen in this review. As recommended by Baldwin and Imel (2013), studies of 

therapist effects over time can then be conducted, building on the studies in this review 

that looked at changes over individual sessions. 

 Future studies need to make use of more complex nested models in which levels 

such as the service or community can be factored into the calculation of therapist 

effects. Studies should also describe the manner of patient allocation more explicitly. 

Most studies employed a quasi-random allocation of patients to therapist, which may 

have increased therapist effects considerably; in fact, those studies that had strict 

randomisation to therapist had virtually no therapist effects at all. Studies should 

therefore accurately describe how patients are assigned to specific therapists. 

Conclusion  

 Overall, this review has found that across a wide variety of contexts, treatments, 

outcome measures and patient groups, significant therapist effects appears to be a robust 

phenomenon. The average therapist effect found (5%) was within the 3-7% indicated by 

the previous systematic review (Baldwin & Imel, 2013) thereby implying some stability 

to the therapist effects phenomenon. New areas of research have usefully been initiated 

(e.g., investigating therapist effects over time, low intensity treatments and comparing 

outcome measures). However, studies with sufficient power at the patient and therapist 

levels are still required, alongside more yoking studies that can elucidate the 

characteristics that account for variability in effectiveness between therapists. Clearly, 

the person delivering a psychological therapy remains a crucial variable worthy of 

study.  
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Appendix A – Modified Downs and Black (1998) Quality Checklist – with explanations 

of modifications 

 
Reporting 

 

1. Is the hypothesis/aim/objective of the study clearly described? 

 

Yes 1 

No 0 

 

2. Are the main outcomes to be measured clearly described in the Introduction or Methods 

section? 

 

If the main outcomes are first mentioned in the Results section, the question should be 

answered no. 

 

Yes 1 

No 0 

 

3. Are the characteristics of the patients included in the study clearly described? 

 

In cohort studies and trials, inclusion and/or exclusion criteria should be given. In 

case-control studies, a case-definition and the source for controls should be given. 

 

Yes 1 

No 0 

 

4. Are the interventions of interest clearly described? 

 

Treatments and placebo (where relevant) that are to be compared should be clearly 

described. 

 

Yes 1 

No 0 

 

5. Are the distributions of principal confounders in each group of subjects to be compared clearly 

described? 

 

A list of principal confounders is provided. 

 

Yes 2 

Partially  1 

No  0 

 

6. Are the main findings of the study clearly described? 
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Simple outcome data should be reported for all major therapist effects so that the reader can 

check the major analyses and conclusions. 

(This question does not cover statistical tests which are considered below). 

 

Yes 1 

No 0 

 

7. Does the study provide estimates of the random variability in the data for the main outcomes? 

 

In non-normally distributed data the inter-quartile range of results should be reported. In 

normally distributed data the standard error, standard deviation or confidence intervals should be 

reported around the therapist effect. If the distribution of the data is not described, it must be 

assumed that the estimates used were appropriate and the question should be answered yes. 

 

Yes 1 

No 0 

 

8. Have all important adverse events that may be a consequence of the intervention been reported? 

 

This should be answered yes if the study demonstrates that there was a comprehensive 

attempt to measure adverse events. (A list of possible adverse events is provided). 

 

Yes 1 

No 0 

 

9. Have the characteristics of patients lost to follow-up been described? 

 

This should be answered yes where there were no losses to follow-up or where losses 

to follow-up were so small that findings would be unaffected by their inclusion. This 

should be answered no where a study does not report the number of patients lost to 

follow-up. 

 

Yes 1 

No 0 

 

10. Have actual probability values been reported (e.g. 0.035 rather than <0.05) for the main 

outcomes except where the probability value is less than 0.001? 

 

Yes 1 

No 0 

 

External validity 

All the following criteria attempt to address the representativeness of the findings of the study 

and whether they may be generalised to the population from which the study subjects were 

derived. 

 

11. Were the subjects asked to participate in the study representative of the entire population 

from which they were recruited? 

 

The study must identify the source population for patients and describe how the 

patients were selected. Patients would be representative if they comprised the entire 
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source population, an unselected sample of consecutive patients, or a random sample. 

Random sampling is only feasible where a list of all members of the relevant population exists. 

Where a study does not report the proportion of the source population from which the patients 

are derived, the question should be answered as unable to determine. 

 

Yes 1 

No 0 

Unable to determine 0 

 

12. Were those subjects who were prepared to participate representative of the entire population 

from which they were recruited? 

 

The proportion of those asked who agreed should be stated. Validation that the 

sample was representative would include demonstrating that the distribution of the 

main confounding factors was the same in the study sample and the source population. 

 

Yes 1 

No 0 

Unable to determine 0 

 

13. Were the staff, places, and facilities where the patients were treated, representative of the 

treatment the majority of patients receive? 

 

For the question to be answered yes the study should demonstrate that the intervention 

was representative of that in use in the source population. The question 

should be answered no if, for example, the intervention was undertaken in a specialist 

centre unrepresentative of the hospitals most of the source population would attend. 

 

Yes 1 

No 0 

Unable to determine 0 

 

Internal validity – bias 

 

14. Was an attempt made to blind study subjects to the intervention they have received? 

 

For studies where the patients would have no way of knowing which intervention they received, 

this should be answered yes. 

 

Yes 1 

No 0 

Unable to determine 0 

 

15. Was an attempt made to blind those measuring the main outcomes of the intervention? 

 

Yes 1 
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No 0 

Unable to determine 0 

 

16. If any of the results of the study were based on “data dredging”, was this made clear? 

 

Any analyses that had not been planned at the outset of the study should be clearly 

indicated. If no retrospective unplanned subgroup analyses were reported, then 

answer yes. 

 

Yes 1 

No 0 

Unable to determine 0 

 

17. In trials and cohort studies, do the analyses adjust for different lengths of follow-up of 

patients, or in case-control studies, is the time period between the intervention and outcome 

the same for cases and controls? 

 

Where follow-up was the same for all study patients the answer should yes. If different 

lengths of follow-up were adjusted for by, for example, survival analysis the answer 

should be yes. Studies where differences in follow-up are ignored should be answered 

no. 

 

Yes 1 

No 0 

Unable to determine 0 

 

18. Were the statistical tests used to assess the therapist effects appropriate? 

 

Were the data analysed within a hierarchical structure (e.g. using Multilevel Modelling), using 

random effects analysis, or at least involved calculation of the intraclass coefficient (ICC) for 

therapists? 

 

Yes 1 

No 0 

Unable to determine 0 

 

19. Was compliance with the intervention/s assessed? 

 

Where there was non compliance with the allocated treatment or where there was 

contamination of one group, the question should be answered no. For studies where 

the effect of any misclassification was likely to bias any association to the null, the 

question should be answered yes. 

 

Yes 1 

No 0 

Unable to determine 0 
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20. Were the main outcome measures used accurate (valid and reliable)? 

 

For studies where the outcome measures are clearly described, the question should 

be answered yes. For studies which refer to other work or that demonstrates the 

outcome measures are accurate, the question should be answered as yes. 

 

Yes 1 

No 0 

Unable to determine 0 

 

Internal validity - confounding (selection bias) 

 

21. Were the patients in different intervention groups (trials and cohort studies) or were the 

cases and controls (case-control studies) recruited from the same population? 

 

For example, patients for all comparison groups should be selected from the same 

hospital. The question should be answered unable to determine for cohort and casecontrol 

studies where there is no information concerning the source of patients 

included in the study. 

 

Yes 1 

No 0 

Unable to determine 0 

 

22. Were study subjects in different intervention groups (trials and cohort studies) or were the 

cases and controls (case-control studies) recruited over the same period of time? 

 

For a study which does not specify the time period over which patients were recruited, 

the question should be answered as unable to determine. 

 

Yes 1 

No 0 

Unable to determine 0 

 

23. Were study subjects randomised to intervention groups? 

 

Studies which state that subjects were randomised should be answered yes except 

where method of randomisation would not ensure random allocation. For example 

alternate allocation would score no because it is predictable. 

 

Yes 1 

No 0 

Unable to determine 0 

 

24. Was the randomised intervention assignment concealed from both patients and health care 

staff until recruitment was complete and irrevocable? 

 

All non-randomised studies should be answered no. If assignment was concealed 
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from patients but not from staff, it should be answered no. 

 

Yes 1 

No 0 

Unable to determine 0 

 

25. Was there adequate adjustment for confounding in the analyses from which the main findings 

were drawn? 

 

This question should be answered no for trials if: the main conclusions of the study 

were based on analyses of treatment rather than intention to treat; the distribution of 

known confounders in the different treatment groups was not described; or the distribution 

of known confounders differed between the treatment groups but was not 

taken into account in the analyses. In nonrandomised studies if the effect of the main 

confounders was not investigated or confounding was demonstrated but no adjustment 

was made in the final analyses the question should be answered as no. 

 

Yes 1 

No 0 

Unable to determine 0 

 

26. Were losses of patients to follow-up taken into account? 

 

If the numbers of patients lost to follow-up are not reported, the question should be 

answered as unable to determine. If the proportion lost to follow-up was too small 

to affect the main findings, the question should be answered yes. 

 

Yes 1 

No 0 

Unable to determine 0 

 

Power 

 

27. Did the study have sufficient power to detect a therapist effect where the probability value for a 

difference being due to chance is less than 5%? 

 

How many therapists were there and how many patients did they treat? 

 

Were there at least 10 therapists in total? Ideally the number of therapists should be maximised, 

with a minimum of 100 recommended, and at least 50 required for statistical significance. Did 

all therapists treat at least 10 patients?   

 

>100 therapists all treating >10 patients each 5 

50-100 therapists all treating >10 patients each, or >100 therapists with 

some treating <10 patients 

4 

50-100 therapists with some therapists treating <10 patients 3 

10-50 therapists all treating >10 patients 2 
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10-50 therapists with some therapists treating <10 patients 1 

<10 therapists 0 
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Changes to original Downs & Black (1998) checklist: 

 

• 6. Are the main findings of the study clearly described? 

 

Changed from: 
Simple outcome data (including denominators and numerators) should be reported for all major 

findings so that the reader can check the major analyses and conclusions. 

(This question does not cover statistical tests which are considered below). 

 

Yes 1 

No 0 

 

 Changed to: 

Simple outcome data should be reported for all major therapist effects so that the reader can 

check the major analyses and conclusions. 

(This question does not cover statistical tests which are considered below). 

 

Yes 1 

No 0 

 

 

• 7. Does the study provide estimates of the random variability in the data for the main outcomes? 

 

Changed from: 

In non normally distributed data the inter-quartile range of results should be 

reported. In normally distributed data the standard error, standard deviation or confidence 

intervals should be reported. If the distribution of the data is not described, it 

must be assumed that the estimates used were appropriate and the question should 

be answered yes. 

 

Yes 1 

No 0 

 

Changed to: 
In non-normally distributed data the inter-quartile range of results should be 

reported. In normally distributed data the standard error, standard deviation or confidence 

intervals should be reported around the therapist effect. If the distribution of the data is not 

described, it must be assumed that the estimates used were appropriate and the question should 

be answered yes. 

 

Yes 1 

No 0 

 

 

• 18. Were the statistical tests used to assess the main outcomes appropriate? 

 

Changed from: 

The statistical techniques used must be appropriate to the data. For example nonparametric 

methods should be used for small sample sizes. Where little statistical 

analysis has been undertaken but where there is no evidence of bias, the question 

should be answered yes. If the distribution of the data (normal or not) is not described 

it must be assumed that the estimates used were appropriate and the question should 
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be answered yes. 

 

Yes 1 

No 0 

Unable to determine 0 

 

Changed to (based on Baldwin & Imel, 2013): 

 

18. Were the statistical tests used to assess the therapist effects appropriate? 

 

Were the data analysed within a hierarchical structure (e.g. using Multilevel Modelling), using 

random effects analysis, or at least involved calculation of the intraclass coefficient (ICC) for 

therapists? 

 

Yes 1 

No 0 

Unable to determine 0 

 

• 19. Was compliance with the intervention/s reliable? 

 

Changed from: 

Where there was non compliance with the allocated treatment or where there was 

contamination of one group, the question should be answered no. For studies where 

the effect of any misclassification was likely to bias any association to the null, the 

question should be answered yes. 

 

Yes 1 

No 0 

Unable to determine 0 

 

Changed to: 

 

 19. Was compliance with the intervention/s assessed? 

 

Where there was non-compliance with the allocated treatment or where there was 

contamination of one group, the question should be answered no. For studies where 

the effect of any misclassification was likely to bias any association to the null, the 

question should be answered yes. 

 

Yes 1 

No 0 

Unable to determine 0 

 

• 27. Did the study have sufficient power to detect a clinically important effect where the 

probability value for a difference being due to chance is less than 5%? 

 

Changed from: 

Sample sizes have been calculated to detect a difference of x% and y%. 
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Changed to (based on Adelson & Owen, 2012; Baldwin & Imel, 2013; Hox, 2010 & 

Schiefele et al., 2016): 

 

27. Did the study have sufficient power to detect a therapist effect where the probability value 

for a difference being due to chance is less than 5%? 

 

How many therapists were there and how many patients did they treat? 

 

Were there at least 10 therapists in total? Ideally the number of therapists should be maximised, 

with a minimum of 100 recommended, and at least 50 required for statistical significance. Did 

all therapists treat at least 10 patients?   

 

>100 therapists all treating >10 patients each 5 

50-100 therapists all treating >10 patients each, or >100 therapists with some 

treating <10 patients 

4 

50-100 therapists with some therapists treating <10 patients 3 

10-50 therapists all treating >10 patients 2 

10-50 therapists with some therapists treating <10 patients 1 

<10 therapists 0 
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Appendix B - Quality Checklist Results 

Table 3  

Quality checklist results 

  Question number 

Type of 

study 

Author(s) and date 
1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23 24 25 26 27 Total 

R
C

T
 

 

Erickson et al. (2012) 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

U/D 

 

U/D 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

1 

 

1 

 

1 

 

20 

 

Goldsmith et al. (2015) 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

1 

 

1 

 

1 

 

1 

 

0 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

1 

 

1 

 

0 

 

22 

 

Moyers et al. (2016) 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

24 

 

Owen et al. (2015) 

 

1 

 

1 

 

0 

 

1 

 

1 

 

1 

 

1 

 

0 

 

1 

 

0 

 

1 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

U/D 

 

1 

 

1 

 

0 

 

1 

 

1 

 

4 

 

23 

N
at

u
ra

li
st

ic
 

 

Ali et al. (2014) 

 

1 1 1 1 2 1 1 0 1 1 1 1 1 0 0 1 1 1 1 1 1 1 1 0 1 1 3 26 

Chow et al. (2015) 1 1 1 0 2 1 0 0 1 1 1 1 1 0 0 1 1 1 1 1 1 1 N/A N/A 1 1 4 24 

 

Firth et al. (2015) 
 

1 

 

1 

 

1 

 

1 

 

2 

 

1 

 

1 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

N/A 

 

N/A 

 

1 

 

1 

 

4 

 

26 
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Table 3 continued                 

  Question number  

Type of 

study 

Author(s) and date 
1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23 24 25 26 27 Total 

N
at

u
ra

li
st

ic
 

 

Goldberg et al. (2016b) 

 

1 

 

1 

 

1 

 

1 

 

2 

 

1 

 

1 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

N/A 

 

N/A 

 

1 

 

1 

 

5 

 

27 

 

Green et al. (2014) 

 

1 

 

1 

 

1 

 

1 

 

2 

 

1 

 

1 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

N/A 

 

N/A 

 

1 

 

1 

 

1 

 

23 

 

Hayes et al. (2015) 

 

1 

 

1 

 

1 

 

0 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

N/A 

 

N/A 

 

1 

 

1 

 

1 

 

20 

 

Hayes et al. (2016) 

 

1 

 

1 

 

1 

 

0 

 

1 

 

1 

 

1 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

N/A 

 

N/A 

 

1 

 

1 

 

4 

 

24 

 

Kraus et al. (2016) 

 

1 

 

1 

 

1 

 

0 

 

2 

 

1 

 

0 

 

0 

 

1 

 

0 

 

1 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

N/A 

 

N/A 

 

1 

 

1 

 

4 

 

23 

 

Laska et al. (2013) 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

N/A 

 

N/A 

 

1 

 

1 

 

1 

 

22 

 

Nissen-Lie et al.  

(2016) 

1 1 1 0 1 1 1 0 1 0 1 1 1 0 0 1 1 1 1 1 1 1 N/A N/A 1 1 5 25 

 

Owen et al. (2016) 

 

1 

 

1 

 

1 

 

0 

 

1 

 

1 

 

0 

 

0 

 

1 

 

0 

 

1 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

N/A 

 

N/A 

 

1 

 

1 

 

4 

 

22 
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Table 3 continued                      

  Question number  

Type of 

study 

Author(s) and Date 
1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23 24 25 26 26 Total 

N
at

u
ra

li
st

ic
 

 

Pereira et al. (2016) 

 

1 

 

1 

 

1 

 

1 

 

2 

 

1 

 

1 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

N/A 

 

N/A 

 

1 

 

1 

 

2 

 

24 

 

Saxon & Barkham (2012) 

 

1 

 

1 

 

1 

 

1 

 

2 

 

1 

 

1 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

N/A 

 

N/A 

 

1 

 

1 

 

5 

 

27 

 

Saxon et al. (2016) 

 

1 

 

1 

 

1 

 

1 

 

2 

 

1 

 

1 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

N/A 

 

N/A 

 

1 

 

1 

 

4 

 

26 

 

Schiefele et al. (2016) 

 

1 

 

1 

 

1 

 

1 

 

2 

 

1 

 

1 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

0 

 

 

0 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

1 

 

N/A 

 

 

N/A 

 

 

1 

 

1 

 

4 

 

26 

Wiborg et al. (2012) 

 

1 1 1 1 2 1 1 0 1 0 1 1 1 0 0 1 1 1 1 1 1 1 N/A N/A 1 1 1 22 

Note. shaded area denotes less than maximum score. U/D = unable to determine; N/A = not applicable 
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Table 4 

 

Quality checklist ratings – independent raters 

 Question number 

Author(s) and Date 
1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23 24 25 26 27 

Tot

al 

Rater 1                             

Erickson et al. (2012) 1 1 1 1 1 1 1 0 1 1 0 0 1 0 0 0 1 1 1 1 1 1 1 0 1 0 1 19 

Pereira et al. (2016) 1 1 1 1 2 1 1 0 1 1 1 1 0 0 0 1 1 1 1 1 0 1 0 0 0 0 2 20 

Saxon & Barkham 

(2012) 
1 1 1 0 2 1 1 0 1 0 1 1 1 0 0 1 1 1 1 1 0 1 0 0 0 0 5 22 

Wiborg et al. (2012) 1 1 1 1 2 1 1 0 1 0 1 1 1 0 0 1 1 1 1 1 0 1 0 0 1 0 1 20 

Rater 2                             

Saxon et al. (2016) 1 1 1 1 1 1 1 0 1 1 1 1 1 0 0 1 1 1 0 1 1 1 0 0 1 1 4 24 

Hayes et al. (2015) 1 1 1 0 1 0 1 0 1 1 1 1 1 0 0 1 1 1 0 1 1 1 0 0 1 1 1 19 

Goldsmith et al. (2015) 1 1 1 1 0 1 1 0 0 1 1 1 1 0 0 1 1 1 0 0 0 0 1 0 0 0 0 14 

Laska et al. (2013) 1 1 1 1 1 1 1 0 1 1 1 1 1 0 0 1 1 1 0 1 1 1 0 0 1 1 1 21 

Note. Spearman’s rho correlation rater 1 = 0.76 (p<0.01); Spearman’s rho correlation rater 2 = 0.67 (p<0.01) 
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Part Two: Research Report 

Testing the temporal stability of therapist effects in routine clinical practice:  

A multilevel modelling analysis 
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Abstract 

Objective: To investigate the temporal stability of therapist effects. Design and 

methods: Routinely collected outcome data for a period of 40 months from steps 2 (low 

intensity) and 3 (high intensity) of an Improving Access to Psychological Therapies 

service were analysed. Multilevel modelling was used to determine the size of therapist 

effect in a full sample of 12,949 patients seen by 141 therapists. Data were then split 

into five equal 8-month time periods and therapist effects compared using Markov chain 

Monte Carlo procedures. Therapist effects at step 2 and step 3 were also compared over 

time. Results: Overall, therapists accounted for 4.9% of outcome variance. Therapist 

effects across the five time periods varied from 4.0% to 6.5% with no statistically 

significant difference over time. The therapist effect at step 2 was 2.9% and at step 3 

was 4.9%. However, these effects were not statistically stable over time. Clinical 

effectiveness significantly improved over time at the whole service level, however 

clinical efficiency (change per session) was stable over time. Conclusions: When 

analysed at the level of the whole service, therapist effects were stable over time. 

However, this finding did not hold when step 2 and step 3 data were analysed 

separately. Further research directions that take better account of time and clinical 

context in therapist effect studies are identified.  
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Practitioner points: 

• Differences between therapists should be considered when allocating patients to 

therapists  

• Supervision and training should focus on how more (or less) effective therapists 

achieve better (or worse) outcomes over time  

• Variability in therapist effectiveness should be recognised as being stable, even 

where standardised training, treatment manualisation and protocol-driven 

psychological care are the norm 

Limitations: 

• Data were not fully independent between time periods as some treatment 

episodes crossed two time periods 

• Limitations of number of patients and therapists meant that analysis of step 2 

and step 3 therapists over time did not meet sample size recommendations 

• Rates of dropout and session non-attendance were not controlled for due to data 

restrictions 
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Introduction 

Therapist Effects 

 Practitioners can be differentially effective in their professional roles across a 

wide range of domains, such as education (Fielding & Yang, 2005; Master, Loeb, 

Whitney, & Wyckoff, 2016) and physical health (Raleigh, Frosini, Sizmur, & Graham, 

2012). Increasingly, there is also evidence that psychological therapists can vary in how 

well they facilitate outcomes for their patients (Baldwin & Imel, 2013; Barkham, Lutz, 

Lambert, & Saxon, 2017; Schiefele et al., 2016). This evidence appears to be stronger 

for those patients with common mental health conditions such as depression and anxiety 

(Lutz, Leon, Martinovitch, Lyons, & Stiles, 2007). Recent research has quantified such 

variability between therapists, defining the therapist effect as the proportion of the 

variance of the outcomes of therapy that is attributable to the individual therapist 

(Wampold & Imel, 2015). Findings show that across a wide range of therapies, patient 

groups and services, therapists account for between 3-7% of the variability in patient 

outcomes (Baldwin & Imel, 2013). More recently, an average therapist effect of around 

5% has been reported (Johns, Barkham, & Kellett, 2017; Schiefele et al., 2016). It has 

been argued that the contribution of the therapist has a larger effect on outcomes than 

modality of treatment (Wampold & Imel, 2015) or the use of evidence-based treatments 

(Wampold, 2005).  

 Although significant therapist effects have been reliably shown across a range of 

studies, the size of the therapist effect has actually been found to vary widely. In the 

first meta-analysis of therapist variability using 15 studies, Crits-Christoph et al. (1991) 

found therapist effects ranged between 0-48%. Greater therapist effects occurred when 

therapy was not delivered according to a treatment manual and when therapists were 

inexperienced. Similarly, Baldwin and Imel (2013) found therapist effects between 0-

55% from 46 studies, with an average therapist effect of 3% for randomised clinical 
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trials and 7% for naturalistic studies. Schiefele et al. (2016) combined data from eight 

naturalistic datasets, giving an overall sample of 48,648 patients treated by 1,800 

therapists. They found that between the datasets therapist effects ranged from 2.7-

10.2%. The most recent review of therapist effects found a range of 0.2-29% across 21 

studies (Johns et al., 2017). Other studies have found either very low therapist effects 

(e.g., approx. 1%; Ali et al., 2014) or effects over 20% (e.g., Erickson, Tonigan, & 

Winhusen, 2012; Moyers, Houck, Rice, Longabaugh, & Miller, 2016). This evidence 

base verifies that therapist effects exist, but says little about why, what factors influence 

the size and range of the therapist effects and also whether they are temporally stable. 

Patient and Therapist Characteristics 

 Research investigating reasons for the variation in therapist effects sizes has 

identified a range of possible patient and therapist factors. Saxon and Barkham (2012) 

found that the higher the severity of patient symptoms, the higher the therapist effect – 

in other words, therapist outcomes vary more when patients enter therapy with more 

serious symptoms, but are more similar when patients present with milder symptoms. 

Schiefele et al. (2016) found that initial patient severity was a significant predictor 

across a number of datasets, recommending that initial outcome score be included in all 

therapist effect analyses. Therapist characteristics such as time spent in deliberate 

practice to improve skills (Chow, Miller, Seidel, Kane, & Thornton, 2015) or attitude 

towards the use of a treatment manual (Wiborg, Knoop, Wensing, & Bleijenberg, 2012) 

also appear influential. Interestingly, therapist demographic variables such as age, 

gender and experience have been shown to have little influence on patient outcomes 

(Beutler et al., 2004). Whilst outcome scores have been the predominant focus of 

therapist effects research, significant therapist effects have also been found regarding 

dropout rates (Saxon, Firth, & Barkham, 2016) and session non-attendance (Xiao, 

Hayes, Castonguay, McAleavey, & Locke, 2017).  
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Stepped-care 

  An increasing number of studies are investigating therapist effects in the United 

Kingdom’s (UK) Improving Access to Psychological Therapies (IAPT) programme (for 

a review, see Johns, Barkham, & Kellett, 2017). The IAPT programme delivers stepped-

care treatment for anxiety and depression (see Firth, Barkham, & Kellett, 2015a for a 

review of stepped-care effectiveness). In IAPT stepped-care, patients with mild-to-

moderate symptoms are treated at step 2 (low intensity) and those with moderate-to-

severe symptoms are treated at step 3 (high intensity) after being stepped up (Care 

Services and Improvement Partnership Choice & Access Team, 2008). Low intensity 

treatment includes individual and group guided self-help and psychoeducation delivered 

by Psychological Wellbeing Practitioners (PWPs). High intensity treatment includes 

protocol-driven Cognitive Behavioural Therapy (CBT), Counselling for Depression 

(CfD), Interpersonal Psychodynamic Therapy, Dynamic Interpersonal Therapy and 

Couple Counselling for Depression. Due to the protocol-driven nature of the 

psychological therapies delivered, it might be expected that therapist effects would be 

lower. Nevertheless, evidence suggests that in IAPT services therapist effects remain 

(Branson, Shafran, & Myles, 2015; Firth, Barkham, Kellett, & Saxon, 2015b; Green, 

Barkham, Kellett, & Saxon, 2014).  

Nested Data and Multilevel Modelling 

 Patients who are treated by the same therapist are likely to have more similar 

experiences than those treated by different therapists. Statistically, this can lead to 

violation of the assumption of data independence necessary for many statistical methods 

(e.g., analysis of variance [ANOVA]), leading to a higher risk of making Type I errors 

(Adelson & Owen, 2012). Therapist effects research accounts for this by clustering, or 

‘nesting’ patient outcomes according to the associated therapist (Lutz et al., 2007). This 

hierarchical structure is akin to nesting students under teachers or classes (Goldstein & 
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Speigelhalter, 1996). Multilevel modelling (MLM) is the standard method of analysing 

hierarchical clinical data (Adelson & Owen, 2012), nesting patients at level 1 

underneath therapists at level 2 to allow comparison of the variance of outcomes at each 

level. The proportion of total variance at level 2, or intraclass correlation coefficient 

(ICC) is then calculated, giving an overall therapist effect (Raudenbush & Bryk, 2002).  

 Therapist effects studies require sufficient numbers of patients, therapists and 

patients per therapist to achieve statistically robust findings (Schiefele et al, 2016). To 

account for sample size, Markov chain Monte Carlo (MCMC) procedures are often 

applied (e.g., Green et al., 2014). MCMC procedures produce a high number of model 

simulations to identify 95% credible intervals (CI; analogous to confidence intervals) 

around a mean therapist effect.  

Therapist Effects Over Time 

 One possible explanation for apparent differences between therapists is that 

therapist effects may vary across time. That is, the extent of the difference in 

effectiveness between therapists may be different at different time points. Whilst this is 

an area that is currently under-researched (Baldwin & Imel, 2013), some studies have 

investigated whether outcomes of individual therapists varied over time. Goldberg, 

Hoyt, Nissen-Lie, Nielsen, & Wampold (2016a) found that in a sample of 6,591 patients 

seen by 170 therapists for an average of 4.7 years, therapists slightly decreased in 

effectiveness over time, although the size of the effect was very small. Also, within 

these findings therapists varied widely in their own trajectories, with over a third of 

therapists’ outcomes for their patients improving over time. In a separate study, 

Goldberg et al. (2016b) found that in a sample of 5,828 patients and 158 therapists the 

gap between outcomes of high-performing and low-performing therapists increased as 

the duration of therapy increased.  
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Such studies provide the impression that therapists differ in their effectiveness 

over time. However, Wampold and Brown (2005) investigated stability of therapist 

outcomes over time by splitting therapist caseloads into the first 50% of patients treated 

(predictor) and second 50% of patients treated (criterion). Results in the criterion 

sample were then examined based on performance in the predictor sample. They found 

that therapist effects were largely stable, with high performing therapists achieving 

similar relative outcomes in the two time periods, and high performing therapists 

producing pre-post effect sizes approximately twice as large as lower performing 

therapists. Over a longer period of time, Brown, Lambert, Jones and Minami (2005) 

found that the gap in outcomes between previously rated higher and lower performing 

therapists slightly narrowed over a subsequent 18-month period. This may have been 

due to regression to the mean, however, and the authors concluded that differences 

between therapists were largely robust across time. Overall, the minimal evidence 

suggests that therapist effects are largely stable over time. However, Baldwin and Imel 

(2013) suggested that variations between therapists across time are worthy of further 

examination.  

Whether therapist effects are stable over time has service-level implications. 

Reporting patient outcome change alone as a marker of effectiveness ignores any 

potential inherent therapist variability. Therapist effects can account for this variability 

and therefore make an additional contribution to service evaluation and service clinical 

governance. Currently, it is not clear whether (a) therapist effects are stable over time 

across a whole service and so are an accurate descriptor of true therapist effects, (b) 

whether therapist effects are masked or falsely inflated by service level effectiveness 

change and (c) whether it is the same individual therapists that are more effective at 

different times. 
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Aims 

 In line with the recommendations of Baldwin and Imel (2013), the present study 

set out to investigate the stability of therapist effects over time. The study used a large 

practice-based outcomes dataset from a single IAPT service to initially calculate the 

base rate of therapist effects at the service level. The primary aim of the study was then 

to determine whether therapist effects were consistent across time both at a service 

level, allowing for the natural turnover of therapists, and also controlling for therapists 

(i.e., retaining the same sample of therapists over successive time periods). The 

secondary aim comprised investigating the extent to which therapist effects differed 

between service steps, and if so, whether these therapist effects varied over time within 

the stepped-care model. In addition, differential effectiveness and efficiency of step 2 

and 3 therapists was investigated to see whether these also varied over time.   

Research Questions 

1. Are therapists differentially effective across a whole service (i.e., is a 

therapist effect present and if so, what is the size)? 

2. Are therapist effects present and stable across equal time periods? 

3. Are therapist effects present and stable over time within different types of 

therapy? 

4. Is clinical effectiveness and efficiency stable over time? 

Method 

Design and Original Dataset 

 The study utilised a quantitative, naturalistic cohort design, using an electronic 

download of archived data from an adult IAPT service in a UK northern city. The 

complete, routinely collected dataset comprised 119,877 sessions of individual and 

group therapy with 26,311 patients treated by 163 therapists. Data spanned a period of 3 

years and 4 months between June 2010 and November 2013. Patients either received 

low intensity treatment at step 2 (PWPs) or high intensity treatment at step 3 (CBT or 
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counsellors). Data were provided as one therapy episode (series of sessions of therapy 

with one therapist) per row, and included patient and therapist information and therapy 

details including dates and therapy type. Outcome measures were mandated by the 

National Institute of Mental Health (NIMH) England for the IAPT national database 

(NHS Digital, 2016). Measures had to be collected by the service at intake, every 

session and at discharge. However, the study dataset only included intake and discharge 

outcomes.  

Research Dataset 

 In order to reduce the original dataset to meet the needs of the proposed study, 

the following inclusion criteria were applied to obtain the research dataset: 1) patients to 

have attended at least two individual (as opposed to group) sessions, with at least two 

outcome measure scores recorded covering more than one session; 2) where patients 

had received more than one episode of treatment, only the first episode was included, 

and 3) outcome scores corresponded to a particular session. In terms of patient-to-

therapist ratio, a minimum criterion of 10 was used (Hox, 2010; Schiefele et al., 2016). 

Group sessions were excluded because the effect of therapist may be diluted across 

group members (Delgadillo et al., 2016), and to allow comparison with other therapist 

effects research (Baldwin & Imel, 2013). The first episode of treatment only was used to 

ensure independence of data. Figure 1 shows the process by which the final dataset was 

obtained. 

Ethical Considerations 

Ethical approval for the study was granted by the National Research Ethics West 

Midlands (Coventry & Warwick) Committee (reference 16/WM/0209 – see Appendix 

A) and Health Research Authority approval was also granted (see Appendix B). Data 

were collected in accordance with the IAPT minimum dataset. Patients were informed 

about the possible uses of their data as part of routine IAPT treatment and Appendix C 
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shows the printed form of the information available to patients if required. Practitioners 

in the IAPT service gave consent to the use of service data as a routine requirement of 

employment. 

 

Figure 1. Flowchart demonstrating process to obtain study-specific dataset. Note. np=number of patients; 

nt=number of therapists; PHQ-9=Patient Health Questionnaire-9 

 

Patients and Therapists  

The final research sample comprised 12,949 patients seen by 141 therapists. The 

mean (SD) caseload of each therapist was 91.8 patients (76.7; range 10-304). A total of 

8,533 (65.9%) of the patients were female. The mean (SD) age of patients was 41.9 

(14.7) years and the majority identified as being White British (79.9%). The Index of 

Multiple Deprivation (IMD) is a measure of deprivation calculated via the patient’s 

geographical postcode; it is scored from 0-100 with higher scores indicating higher 

deprivation. Patients had a mean (SD) IMD score of 29.8 (19.1). A total of 8,836 

(68.2%) patients were seen at step 2 and 4,113 (31.7%) were seen at step 3. In this 

higher step, 2,231 (17.2%) received counselling and 1,882 (14.5%) received CBT. 
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Patients attended for a mean (SD) of 4.7 (3.2; range 2-33) sessions per treatment 

episode.  Full details of patient characteristics are presented in Table 1. 

Table 1 

Summary dataset characteristics 

 Original dataset   Final dataset 

Patients          26311      12949 

Treatment episodes         39520      12949 

Therapists             163          141 

No. of episodes of CBT       6123 (15.6%)      1882 (14.5%) 

No. of episodes of Counselling       4905 (12.5%)      2231 (17.2%) 

No. of episodes of Low Intensity therapy     28105 (71.8%)       8836 (68.2%) 

Mean (SD) patients per therapist           240.3 (232.8)          91.8 (76.7) 

Mean (SD) sessions per episode          3.0 (3.2)          4.7 (3.2) 

Mean (SD) patient age            41.5 (14.5)           41.9 (14.7) 

Mean (SD) IMD patient score            30.6 (19.2)           29.8 (19.1) 

Female patients (%) 63.5 65.9 

White British patients (%) 77.4 79.9 

Note. CBT=cognitive behavioural therapy; SD=standard deviation; IMD=index of multiple deprivation 

 

Patient and therapist characteristics included and excluded from the sample were 

compared (see Table 2). Independent samples t-tests found there were significantly 

more sessions per episode in the included sample than the excluded sample (p<0.001). 

Patients had significantly higher index of multiple deprivation (IMD) scores in the 

excluded sample (p<0.001). No significant differences were found between the ages of 

patients (p=0.17) between the samples. Therapists treated significantly more patients in 

the excluded sample than the included sample (p<0.001). There were significant 

differences in gender, proportion of White British patients and type of therapy received 

between the included and excluded samples (all p<0.001).  
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Table 2 

Comparison of dataset characteristics between treatment episodes included and excluded from the 

final sample 

 Included sample mean 

(SD) 

Excluded sample mean 

(SD) 

t (d.f.) 

No of sessions per 

treatment episode 

4.7 (3.2) 1.7 (2.1) -95.53 (18641.6)*** 

Age 41.9 (14.7)   41.7 (14.5) -1.37 (25919.6) 

IMD 29.8 (19.1)   31.1 (19.3)  5.84 (26396.9)*** 

Patients per therapist 91.8 (76.7) 158.6 (210.9)  3.76 (209.6)*** 

 Included sample % Excluded sample % Chi-square (d.f.) 

Female 65.9 63.8   16.65 (1)*** 

White British 80.0 74.1 160.17 (1)*** 

Type of therapy:   713.74 (2)*** 

CBT (n) 14.5 (1882) 14.4 (3720)  

Counselling (n) 17.2 (2231)   8.3 (2132)  

Low Intensity (n) 68.2 (8836) 77.3 (19976)  

% of all CBT episodes included 33.6  

% of all Counselling episodes included 51.1  

% of all Low Intensity episodes included 30.7  

Note. IMD=index of multiple deprivation; CBT=cognitive behavioural therapy; SD=standard 

deviation; d.f.=degrees of freedom ***p<0.001 

 

Measures 

 Patient Health Questionnaire (PHQ-9). The primary outcome measure used 

was the PHQ-9, which measures depression severity using nine questions on a symptom 

frequency scale (Kroenke, Spitzer, & Williams, 2001). Each question is self-rated on a 

scale from 0 (not at all) to 3 (nearly every day). The maximum score is 27 and scores 

above 10 are regarded as clinically significant, giving a sensitivity and specificity of 
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0.88 (Kroenke et al., 2001). The PHQ-9 has high construct validity (Cronbach’s α=0.89) 

and internal reliability across a number of settings (Manea, Gilbody, & McMillan, 

2012). It has also been validated for use specifically in primary care (Kroenke, Spitzer, 

Williams, & Löwe, 2010) and has a similar sensitivity to change to the Beck Depression 

Inventory-II (Titov et al., 2011). 

 Generalised Anxiety Disorder scale (GAD-7). The GAD-7 is a measure of 

anxiety also administered to each patient along with the PHQ-9. It comprises seven 

items rated on a 0-3 anxiety symptom frequency scale across the previous two weeks. 

The maximum score is 21 and a cut-off score of 9 is regarded as clinically significant 

(Spitzer, Kroenke, Williams, & Löwe, 2006). The GAD-7 has good sensitivity and 

specificity (Gilbody, Richards, Brealey, & Hewitt, 2007), high internal validity 

(Cronbach’s alpha = 0.92) and test-retest reliability (Spitzer et al., 2006). It has also 

been shown to have good construct validity and factorial validity in the general 

population (Löwe et al., 2008).  

 Each outcome measure was administered during a therapy session as part of 

standard clinical practice. Measures that were completed outside of sessions (e.g., at 

home during computerised CBT) were excluded from the analysis. The initial and final 

outcome measure scores for each episode of therapy were included in the analysis. See 

Appendix D for copies of the outcome measures administered. 

Procedure and Data Analysis 

 Estimation of treatment effects. In common with other therapist effects 

studies, effects of treatment were calculated using Cohen’s d effect size. This was 

calculated by dividing the difference between the pre- and post-outcome measure scores 

by the pre-outcome measure standard deviation (Cohen, 1988). Effect sizes were then 

statistically compared across time periods using ANOVA. Clinical effectiveness was 

also calculated using the reliable change index (RCI; Jacobson & Truax, 1991).  Here, 
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reliable and clinically significant improvement (RCSI) is defined as moving pre-post 

from above clinical cut-off to below clinical cut-off and improving by a sufficient 

number of points so as to exclude measurement error as a plausible reason for the 

change (i.e., reliable improvement). Clinical cut-off for the PHQ-9 was 10 points 

(Kroenke et al., 2001) and clinical cut-off for the GAD-7 was 9 points (Spitzer et al., 

2006). To obtain reliable improvement, patients were required to decrease by at least 6 

points on the PHQ-9 and at least 5 points on the GAD-7 (Richards & Borglin, 2011). 

The percentage of patients achieving RCSI, as well as reliable improvement only, 

reliable deterioration and stasis (i.e., no reliable change) was calculated. 

 Multilevel models. Multilevel models were constructed using an Iterative 

Generalised Least Squares (IGLS) algorithm and MLwiN v2.36 software (Rasbach, 

Charlton, Browne, Healy, & Cameron, 2009). Data were arranged hierarchically across 

two levels, with patients (level 1) clustered underneath and within individual therapists 

(level 2). To compare results for average therapists, all continuous variables were 

centred around their grand mean (Hofmann & Gavin, 1998) and natural log-transformed 

to ensure heteroskedasticity. The dependent variable in each model was the patient final 

outcome measure score.  

 A single model was constructed, with a fixed intercept representing the average 

outcome score across all therapists. Initial outcome scores were then added to the model 

in a polynomial effect, with significance between the two models tested using chi-

squared -2*loglikelihood ratios and dividing the derived model coefficients by the 

standard error, with values greater than 1.96 considered significant at the 5% level. The 

intercept was then allowed to vary to reflect therapist-level variability from the overall 

mean across therapists. If this random intercept model was a better fit for the data (i.e., 

significantly different to the previous, single level model) then it could be concluded 

that a significant therapist effect was present. 
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 For each model, the intra-class correlation (ICC) was calculated by dividing the 

variance at the therapist level by the total variance (the sum of the residual variance and 

therapist variance). Model parameter estimates were then entered into MCMC 

procedures to simulate large numbers of estimates of the unknown parameters (Browne, 

2009). Such MCMC estimates then produced mean estimates for the variance at each 

level, which were then used to calculate the therapist effect by dividing variance at level 

2 by total variance, as for the ICC. Also, the 2.5% and 97.5% values were used to obtain 

95% critical intervals (CI), analogous to 95% confidence intervals, around each 

therapist effect. To compare therapist effects and 95% CIs between any two models, the 

difference between therapist effects at each point in the chain was calculated and then 

MCMC procedures run on those differences. If the 95% CIs did not cross zero, then a 

significant difference between the models was assumed. 

 Therapist residuals. Each model produced therapist residuals, which were the 

extent to which each therapist varied in their outcomes compared to the average 

therapist. Residual (caterpillar) plots were then derived showing rankings of therapists 

with 95% confidence intervals of their final session outcome score residuals. Therapists 

were categorised as ‘average’ if their confidence interval crossed the average line, 

‘above average’ if their confidence interval was fully below the line (i.e., the post-

therapy score was lower than the average) and ‘below average’ if their confidence 

interval was fully above the line (i.e., the post-therapy score was higher than the 

average). Therapists could then be compared based on the category that they were 

placed within (Saxon & Barkham, 2012). 

 In total, 29 sets of multilevel models were constructed; 14 for the main analysis 

and 15 for the sensitivity analysis. For each model, if any therapists treated fewer than 

10 patients in that particular dataset then they were excluded (Schiefele et al., 2016).  
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Main analysis. To test whether there was a service level therapist effect, a 

multilevel model was first constructed on the whole research dataset, with final PHQ-9 

score as the dependent variable. The PHQ-9 was chosen as depression is the most 

common reason for referral to IAPT services (Clark, 2011) and therapist effects have 

been shown to be more pronounced with depression than anxiety (Firth et al., 2015b).  

In order to investigate the temporal stability of therapist effects, the research 

dataset was then separated into five equal 8-month time periods, based on the date of the 

final PHQ-9 score. A length of 8 months was chosen, a priori, as providing sufficient 

time for a standard 16-week high intensity treatment episode, along with balancing the 

desire to maximise the number of patients and therapists in each time period (Saxon & 

Barkham, 2012). Each episode of therapy was then allocated to a time period according 

to the date of the final PHQ-9 score. In order to not exclude any data, all episodes were 

allocated according to final outcome score, regardless of the time period in which 

therapy had commenced.  

Table 3 shows the descriptive details for each of the five time periods, including 

the number of episodes that fell entirely within each time period. Multilevel models 

were then constructed for each time-period and MCMC procedures used to obtain CIs 

and test for significant difference in therapist effects between the time periods.  

The research dataset was then separated into patients treated at steps 2 and 3 by 

sorting by profession of therapist and separating into ‘Low Intensity’ for step 2 and 

‘High Intensity’ or ‘Counsellor’ for step 3. MLMs were then constructed for each of the 

two new datasets. In order to examine whether therapist effects were stable across time 

within each of the two step datasets, each dataset was further split into equal time 

periods. However, the N for patients and therapists within each step was considerably 

lower than at the service level, resulting in a lack of power to be able to utilise five time 

periods. Therefore, in order to maximise the number of therapists, patients and patient  
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Table 3 

Descriptive data across five time periods for PHQ-9 outcome measure 

                                           Time Period 

 1 2 3 4 5 

Therapists (n) 68 85 86 76 72 

Patients (n) 1922 3293 2858 2318 1765 

Mean (SD) patients per 

therapist 

28.3 (19.0) 38.7 (24.8) 33.2 (21.7) 30.5 (19.2) 24.5 (14.9) 

Mean (SD) sessions per 

episode 

  3.7 (2.2)  4.8 (3.3)  4.7 (3.4)  4.7 (3.1)   4.7 (3.3) 

No of episodes contained 

entirely in time period (%) 

1872 (97.3) 2301 (70.0) 2035 (71.2) 1558 (67.2) 1211 (68.6) 

Patients receiving CBT 

(%) 

223 (11.6) 494 (15.0) 410 (14.3) 240 (10.4) 192 (10.9) 

Patients receiving 

counselling (%) 

294 (15.3) 531 (16.1) 427 (14.9) 381 (16.4) 299 (16.9) 

Patients receiving low 

intensity intervention (%) 

1405 (73.1) 2268 (68.9) 2021 (70.7) 1697 (73.2) 1274 (72.2) 

Mean (SD) patient age 42.6 (14.5) 42.2 (14.6) 42.0 (14.7) 41.8 (14.7) 38.9 (15.8) 

Female (%) 1272 (66.2) 2282 (69.3) 1868 (65.4) 1491 (64.3) 1108 (62.8) 

White British (%) 1608 (83.7) 2690 (81.7) 2274 (79.6) 1856 (80.1) 1312 (74.3) 

Note.  PHQ-9=Patient Health Questionnaire-9; CBT=cognitive behavioural therapy; SD=standard 

deviation; RCSI=reliable and clinically significant improvement 

 

per therapist in these smaller datasets, each of the step-level datasets were split into 

three 13-month time periods. Episodes of therapy were allocated to a time period 

according to the date of their final PHQ-9 score. Similar to the splitting of the whole 

service dataset, if therapy crossed two time periods it was allocated to the period 

corresponding to the final PHQ-9 score. Table 4 shows the descriptive details for each 
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of the three time periods for each step, including the number of episodes that fell 

entirely within each time period.  

Table 4 

Descriptive data across three time periods for Step 2 and Step 3 datasets 

      Step 2 intervention                     Step 3 intervention 

 Time 

Period 1 

Time 

Period 2 

Time 

Period 3 

Time 

Period 1 

Time 

Period 2 

Time 

Period 3 

Therapists (n) 53 53 52 51 53 50 

Patients (n) 3018 3391 2368 1356 1481 1063 

Mean (SD) patients per 

therapist 

56.9 

(39.7) 

64.0 

(39.8) 

45.5 

(28.9) 

26.6 

(13.1) 

27.9 

(13.0) 

21.3 

(9.7) 

Mean (SD) sessions per 

episode 

3.7 (2.0) 3.8 (2.0) 3.8 (1.9) 5.7 (4.0) 7.1 (4.4) 7.2 (4.5) 

No. of episodes contained 

entirely within time period 

(%) 

2981 

(98.8) 

2868 

(84.6) 

1940 

(81.9) 

1333 

(98.3) 

1058 

(71.4) 

776 

(73.0) 

Note. SD=standard deviation 

MLMs were then constructed for each of the three step 2 time periods and each 

of the three step 3 time periods. MCMC procedures were used to obtain CIs and test for 

significant difference in therapist effects between the time periods as above. See Figure 

2 for details of the formation of the main analysis datasets and models. 

 

Figure 2. Flowchart of formation of datasets and multilevel models for main analysis. Note. PHQ-

9=Patient Health Questionnaire-9. Filled line denotes a dataset. Dotted line denotes a multilevel model. 
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Sensitivity analyses. Three sensitivity analyses were also conducted. Firstly, in 

order to control for turnover of therapists, PHQ-9 MLM analysis on the five time 

periods was repeated using just those therapists who had treated 10 or more patients in 

every time period. Secondly, in order to ensure findings were not a result of the length 

of time period chosen, the PHQ-9 analysis was repeated with the data split into four 

time periods instead of five. Thirdly, to investigate the extent to which the therapist 

effect was different with an anxiety measure rather than a depression measure, the PHQ-

9 full model and five time-period analyses were repeated using the GAD-7 anxiety 

outcome measure as the primary dependent variable. This reflected the fact that patients 

could be referred to the service for either anxiety or depression, or both (Clark, 2011). 

See Figure 3 for details of the formation of sensitivity analysis datasets and models. 

 

Figure 3. Flowchart of formation of datasets and multilevel models for sensitivity analysis. Note. PHQ-

9=Patient Health Questionnaire-9; GAD-7=Generalised Anxiety Disorder 

 

Results 

 Results are organised into five sections, one section to represent each of the four 

main research questions and the fifth to present the sensitivity analyses: 1) the extent of 

therapist effectiveness at a whole service level, 2) the stability of therapist effects over 

time at a whole service level, 3) the extent to which therapist effects exist and are stable 

across time when the whole service dataset was separated into service steps, 4) stability 

of clinical effectiveness and efficiency over time, and 5) sensitivity analyses. 
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Therapist Effectiveness at a Whole Service Level 

Clinical outcomes. In the whole service dataset, the mean (SD) initial PHQ-9 

score was 14.95 (6.19) and the mean (SD) post-therapy PHQ-9 score was 10.20 (7.19). 

This yielded a mean (SD) pre-post therapy change score of 4.75 (6.16), with a Cohen’s 

d standardised effect size of 0.77. A total of 3,840 (29.6%) patients showed reliable and 

clinically significant improvement, with 1,516 (11.8%) patients showing reliable 

improvement only and 428 (3.3%) patients reliably deteriorating. This meant that 7,165 

(55.3%) patients had a stasis outcome on the PHQ-9 in terms of reliable change. Table 5 

shows rates of RCSI, reliable improvement, reliable deterioration and no reliable change 

across the five time periods.  

Table 5 

Rates of reliable and significant change across five time periods for PHQ-9 outcome measure 

                                               Time Period 

 1 2 3 4 5 

Patients achieving 

RCSI (%) 

501 (26.1) 1021 (31.0) 842 (29.5) 665 (28.7) 586 (33.2) 

Patients reliably 

improving1 (%) 

206 (10.7) 366 (11.1) 348 (12.1) 285 (12.3) 206 (11.6) 

Patients reliably 

deteriorating (%) 

72 (3.7) 106 (3.2) 94 (3.3) 86 (3.7) 40 (2.3) 

Patients no reliable 

change (%) 

1143 (59.5) 1800 (54.7) 1574 (55.1) 1282 (55.3) 933 (52.9) 

Note.  PHQ-9=Patient Health Questionnaire-9; RCSI=reliable and clinically significant improvement 

1patients who show reliable improvement but not clinically significant improvement 

 

Multilevel model. Comparison of a single level IGLS-estimated model with a 

model in which the effect of the therapist was allowed to vary gave a significant 

reduction in -2*loglikelihood ratios. This indicated that the model was a better fit for the 

data and that significant therapist effects were present. When initial severity was added 
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to the model, a significantly better fit was also found, indicating that initial severity 

moderated the therapist effect. Figure 4 shows the final model – see Appendix E for 

each individual model. 

 

Figure 4. Final PHQ-9 outcome multilevel model. Standard errors are shown in brackets. Note. gm=grand 

mean, i=patient ID, j=therapist ID; ln=natural log; IGLS=iterative generalised least squares; PHQ-

9=Patient Health Questionnaire-9 

 

Therapist effect. The model indicated that the therapist level variance (SE) was 

0.025 (0.004) and the log-transformed patient level variance (SE) was 0.477 (0.006). 

This gave the proportion of total variance at the therapist level, or therapist effect, of 

5.0%. Using MCMC estimation gave a therapist effect of 4.9%, with a 95% confidence 

interval of 3.5-6.7%.  

Stability of Therapist Effects at Service Level Over Time 

In order to investigate the extent to which therapist effects were stable across 

time, the whole service dataset was split into five equal time periods of 8-months. To 

obtain therapist effect values and 95% CIs for each time period, MLMs were 

constructed for each time period (see Table 6). Significant therapist effects were found 

for each time period (p<0.05), with values ranging between 4.0-6.7%. For each model, 

adding the initial PHQ-9 score significantly improved the model fit, and all models 

were significantly better represented by adding the initial PHQ-9 score in a polynomial 

effect.  
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Table 6 

Summary of IGLS multilevel models with MCMC-estimated ICCs and credible intervals across five 

time periods for PHQ-9 data 

 Time Period 

Variable 1 2 3 4 5 

Fixed effects coefficients     

Intercept (SE) 2.105 

(0.018)*** 

2.055 

(0.014)*** 

2.096 

(0.015)*** 

2.107 

(0.017)*** 

2.036 

(0.019)*** 

Initial PHQ-9 score 

(SE) 

1.035 

(0.039)*** 

1.068 

(0.033)*** 

1.053 

(0.035)*** 

1.024 

(0.038)*** 

1.020 

(0.043)*** 

Initial PHQ-9 score – 

polynomial (SE) 

0.251 

(0.031)** 

0.195 

(0.025)** 

0.197 

(0.025)** 

0.190 

(0.029)** 

0.205 

(0.034)* 

Random effects coefficients     

Level 2 - therapist (SE) 0.021 

(0.007) 

0.024 

(0.006) 

0.031 

(0.007) 

0.019 

(0.006) 

0.026 

(0.008) 

Level 1 - patient (SE) 0.439 

(0.014) 

0.492 

(0.012) 

0.465 

(0.012) 

0.477 

(0.014) 

0.469 

(0.016) 

ICC (IGLS-estimated) 0.0478 0.0488 0.0667 0.0398 0.0554 

ICC (MCMC- 

estimated) 

0.0480 0.0484 0.0648 0.0400 0.0548 

MCMC Lower 95% CI 0.0238 0.0263 0.0368 0.0194 0.0259 

MCMC Upper 95% CI 0.0821 0.0777 0.10158 0.0696 0.0931 

No of therapists 68 85 86 76 72 

No of patients 1922 3293 2858 2318 1765 

Note. PHQ-9=Patient Health Questionnaire-9; SE=standard error; ICC=intraclass coefficient; 

MCMC= Markov chain Monte Carlo; CI=credible interval. All effects are significant (Z-ratio 

coefficients >=1.96, and comparison of -2*loglikelihood ratios greater than 5% chi-square critical 

values). *p<0.05; **p<0.01; ***p<0.001 

 

MCMC procedures were implemented to find mean estimates of the therapist 

effect, to obtain 95% CIs and compare time periods for significant differences. Figure 5 

shows therapist effects of 4.8%, 4.8%, 6.5%, 4.0% and 5.5% respectively and 

associated 95% CIs. All CIs overlapped with each other and each therapist effect lay 

within each CI of the other time periods. Pairwise comparisons of time periods using 

MCMC iterations showed that there were no statistically significant differences in 

therapist effect values between any of the time periods (all p values >0.05). 
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Figure 5. Therapist effects with 95% CIs for each of the five time periods. Note. Red dotted line indicates 

overall mean therapist effect. 

 

Therapist residuals. Therapist residuals produced by the model, along with 

95% confidence intervals, for each time period are shown in Figures 6-10. Therapists 

were ranked according to outcome, with therapists yielding more effective patient 

outcomes shown to the left of the graph. The dotted line denotes the ‘average’ therapist, 

with residual equal to zero. Therapists were then categorised into ‘above average’, 

‘average’ and ‘below average’ if their confidence interval was fully below, crossed or 

was fully above the average line respectively.  

Table 7 shows the number of therapists in each category for each time period. 

Time period 3 had 7% of therapists in the ‘below average’ category and 7% of 

therapists in the ‘above average’ category, which was higher than any other time period. 

Time period 3 also had the highest therapist effect of 6.5%. A total of 71 (94%) 

therapists in time period 4 were in the ‘average’ category, which was the highest 

proportion of ‘average’ therapists across the time periods; time period 4 also had the 

lowest therapist effect, of 4.0%. See Appendix F for a full account of the movement 

between categories for each therapist.  
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Table 7 

Number and percentage of therapists in each effectiveness category, for each time period  

                                          Time Period 

 1 2 3 4 5 

No of therapists (%) in 

‘below average’ category 

1 (1.5) 3 (3.5) 6 (7.0) 2 (2.7) 3 (4.2) 

No of therapists (%) in 

‘average’ category 

63 (92.6) 78 (91.8) 74 (86.0) 71 (94.7) 67 (93.1) 

No of therapists (%) in 

‘above average’ category 

4 (5.9) 4 (4.7) 6 (7.0) 2 (2.7) 2 (2.8) 

 

Across the five time periods, therapists were classified as ‘average’ 353 (91.4%) 

times, ‘below average’ 15 (3.9%) times and ‘above average’ 18 (4.7%) times. Of the 15 

occasions that therapists were classified as ‘below average’, 13 (86.7%) occasions 

involved therapists that were in the ‘below average’ category just once in total across all 

time periods. Of the 18 occasions that therapists were classified as ‘above average’, 11 

(61.1%) were in that category just once in total, four occasions involved therapists who 

were in that category twice and one therapist was in the ‘above average’ category in 

three time periods. 

Of the 353 occasions that therapists were classified as ‘average’, 105 (29.7%) 

occasions involved therapists who were in the ‘average’ category in all time periods. 

Similarly, 96 (27.2%) occasions involved therapists who were in the ‘average’ category 

in four time periods, 75 (21.2%) involved therapists who were ‘average’ in three 

periods, 42 (11.9%) involved therapists ‘average’ across two periods, and 35 (9.9%) 

therapists were classed as ‘average’ just once across the five time periods. 
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Figure 6. Time period 1 caterpillar plot of ranked therapist residuals with 95% CIs. Note. Each point 

represents a therapist and those with better outcomes are shown towards the left (negative residuals). 

Dotted line denotes ‘average’ therapist. Green denotes ‘above average’, blue denotes ‘average’ and red 

denotes ‘below average’ categories.  

 

 

Figure 7. Time period 2 caterpillar plot of ranked therapist residuals with 95% CIs. Note. Each point 

represents a therapist and those with better outcomes are shown towards the left (negative residuals). 

Dotted line denotes ‘average’ therapist. Green denotes ‘above average’, blue denotes ‘average’ and red 

denotes ‘below average’ categories. Symbols denote category in preceding time period: diamond = no 

change; down triangle = previously higher category; up triangle = previously lower category 
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Figure 8. Time period 3 caterpillar plot of ranked therapist residuals with 95% CIs. Note. Each point 

represents a therapist and those with better outcomes are shown towards the left (negative residuals). 

Dotted line denotes ‘average’ therapist. Green denotes ‘above average’, blue denotes ‘average’ and red 

denotes ‘below average’ categories. Symbols denote category in preceding time period: diamond = no 

change; down triangle = previously higher category; up triangle = previously lower category 

 

 

Figure 9. Time period 4 caterpillar plot of ranked therapist residuals with 95% CIs. Note. Each point 

represents a therapist and those with better outcomes are shown towards the left (negative residuals). 

Dotted line denotes ‘average’ therapist. Green denotes ‘above average’, blue denotes ‘average’ and red 

denotes ‘below average’ categories. Symbols denote category in preceding time period: diamond = no 

change; down triangle = previously higher category; up triangle = previously lower category 
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Figure 10. Time period 5 caterpillar plot of ranked therapist residuals with 95% CIs. Note. Each point 

represents a therapist and those with better outcomes are shown towards the left (negative residuals). 

Dotted line denotes ‘average’ therapist. Green denotes ‘above average’, blue denotes ‘average’ and red 

denotes ‘below average’ categories. Symbols denote category in preceding time period: diamond = no 

change; down triangle = previously higher category; up triangle = previously lower category 

 

Comparison of Therapist Effects Between Service Steps  

 Step 2. There were 8,836 patients who received therapy from 77 PWPs who 

treated between 10-348 patients each. The full step 2 multilevel model (see Figure 11) 

gave a MCMC-estimated therapist effect of 2.9%, with a 95% CI between 1.8% and 

4.4%.   

 

Figure 11. Full step 2 multilevel model. Standard errors are shown in brackets. Note. gm=grand mean, 

i=patient ID, j=therapist ID; ln=natural log; IGLS=iterative generalised least squares 
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 Step 3. There were 4,111 patients who received therapy from 72 therapists who 

treated between 10-151 patients each.  The full step 3 model (see Figure 12) gave a 

MCMC-estimated therapist effect of 4.9%, with a 95% CI between 2.9% and 7.7%.   

Figure 12. Full step 3 multilevel model. Standard errors are shown in brackets. Note. gm=grand mean, 

i=patient ID, j=therapist ID; ln=natural log; IGLS=iterative generalised least squares 

  

Stability of therapist effects over time across service step. Each of the step 2 

and step 3 datasets were split into three equal time periods, then MLMs constructed and 

therapist effects calculated for each time period. At step 2, significant therapist effects 

of 3.3%, 1.6% and 3.7% were found for the three time periods respectively. MCMC 

procedures showed that the therapist effect for period 1 was significantly higher than the 

therapist effect for period 2 (p<0.05). At step 3, therapist effects of 3.5%, 7.1% and 

2.1% were found for the three time periods respectively, with only the first two 

significant (p<0.05). MCMC procedures showed that the therapist effect for period 2 

was significantly higher than the therapist effect for period 3 (p<0.05).  See Table 8 for 

full details. 

Clinical Effectiveness and Efficiency Over Time 

 Whole service dataset. Figure 13a shows the average change in PHQ-9 

scores across the five time periods for the whole service PHQ-9 dataset. A one-way 

ANOVA found a significant difference between the time periods for change in scores 

(F(4,12151)=7.72, p<0.001), with Tukey post-hoc calculations showing that time period 
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Table 8 

Therapist effects findings for Step 2 and Step 3 data 

                     Step 2 intervention                     Step 3 intervention 

 Time Period 

1 

Time Period 

2 

Time Period 

3 

Time 

Period 1 

Time 

Period 2 

Time 

Period 3 

Therapist effect  3.31 1.60 3.66 3.51   7.05 2.11 

(MCMC-estimated %) 
    

  
   

Lower 95% CI (%) 1.62 0.55 1.63 0.86   3.57 1.93 

Higher 95% CI (%) 5.77 3.18 6.62 6.97 11.93 5.52 

Note. MCMC=Markov chain Monte Carlo; CI=credible interval *p<0.05 

 

1 was significantly lower than time periods 2 (p<0.001), 3 (p=0.004), and 5 (p<0.001), 

and time period 4 was significantly lower than time period 5 (p=0.034). Figure 14a 

shows the average change in PHQ-9 scores per session across the five time periods for 

the whole service PHQ-9 dataset. There were no significant differences between 

effectiveness scores between the time periods (F(4,12151)=1.641, p=0.161). The rates 

for patients achieving RCSI in each of the time periods were 26.1%, 31.0%, 29.5%, 

28.7% and 33.2% respectively (see Figure 15a). 

 Step 2 and Step 3. Figure 13b shows the average change in PHQ-9 scores, 

across three time periods for the step 2 and step 3 datasets. Average change scores 

significantly improved between time period 1 and time period 3 at step 2 (p=0.03). 

There were no significant differences between effectiveness scores for step 3 

(F(2,3897)=0.781, p=0.458).  

Figure 14b shows the average change in PHQ-9 scores per session for the step 2 

and step 3 datasets. There were no significant differences between step 2 efficiency 

scores (F(2,8774)=0.573, p=0.564), but efficiency significantly decreased between time 

1 and time 2 at step 3 (p<0.001). The rates for patients achieving RCSI for step 2 were 
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25.7%, 26.7% and 29.2% respectively, and the rates for patients achieving RCSI at step 

3 were 34.7%, 36.0% and 35.5% (see Figure 15b).  

   

  

Figure 13a. Rates of average change in PHQ-9 

scores for five time periods across the whole 

service dataset. Note. PHQ-9=Patient Health 

Questionnaire-9 

 

 

Figure 13b. Rates of average change in PHQ-9 

scores for three time periods across step 2 and 

step 3 datasets. Note. PHQ-9=Patient Health 

Questionnaire-9 

  

Figure 14a. Rates of average change per session 

in PHQ-9 scores for five time periods across the 

whole service dataset. Note. PHQ-9=Patient 

Health Questionnaire-9 

Figure 14b. Rates of average change per session 

in PHQ-9 scores for three time periods across 

step 2 and step 3 datasets. Note. PHQ-9=Patient 

Health Questionnaire-9 
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Figure 15a. Rates of RCSI for five time periods 

across the whole service dataset. Note. PHQ-

9=Patient Health Questionnaire-9; RCSI=reliable 

and clinically significant improvement 

Figure 15b. Rates of RCSI for three time periods 

across step 2 and step 3 datasets. Note. 

RCSI=reliable and clinically significant 

improvement 

 

Sensitivity Analyses 

 In order to control for therapist turnover, the analysis was repeated with those 

therapists who had treated at least 10 patients in every one of the five time periods, 

creating a ‘consistent therapists’ sample. Multilevel models built for those 30 therapists 

showed MCMC-estimated therapist effect sizes between 2.6-6.4%, with no significant 

differences between therapist effect values across the time periods (all p values > 0.05).  

In order to control for the length of time period chosen, the whole service dataset 

was split into four time periods (instead of five) and the analyses repeated. Therapist 

effects between 3.4-5.3% were found, with no significant differences between therapist 

effect values across any of the time periods. In order to control for the outcome measure 

chosen, analysis was repeated using GAD-7 scores as the dependent variable. MLM 

using MCMC estimation was performed on the whole service dataset and gave a 

significant therapist effect for GAD-7 of 4.2%. Data were split into five time periods in 

the same way as PHQ-9 analysis and MLMs constructed for each time period. 

Significant therapist effects were found in each time period, between 3.0% and 4.8%. 

MCMC calculations showed that there were no significant differences in therapist 
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effects between any of the five time periods. See Table 9 for full sensitivity analysis 

findings. 

Table 9 

Sensitivity analysis findings for consistent therapists, four time periods and anxiety outcome measure 

(GAD-7) 

 Mean Therapist Effect % (95% CI) 

Model Time Period 1 Time Period 2 Time Period 3 Time Period 4 Time Period 5 

Consistent 

therapists 

(PHQ-9) 

2.60 

(0.31-6.80) 

2.98  

(0.57-6.97) 

2.85 

(0.57-6.59) 

2.67 

(0.43-6.58) 

6.35 

(1.85-13.18) 

GAD-7 3.96 

(1.72-7.10) 

4.49 

(2.31-7.38) 

4.77 

(2.48-7.77) 

4.11 

(2.01-7.02) 

3.03 

(0.89-6.02) 

 Time Period 1 Time Period 2 Time Period 3 Time Period 4 

Four time-

periods 

(PHQ-9) 

4.68 

(2.53-7.53) 

5.26 

(3.13-8.04) 

3.44 

(1.63-5.91) 

4.70 

(2.40-7.71) 

Note. CI=critical interval; PHQ-9=Patient Health Questionnaire-9; GAD-7=General Anxiety 

Disorder-7 scale. MCMC calculations found no significant differences between any time periods. 

 

Discussion 

  This study investigated the temporal stability of the variability in outcomes 

achieved by psychological therapists in routine clinical practice. Therefore, a large, 

naturalistic dataset was analysed using MLM and MCMC procedures over time. There 

were four study research questions: (i) are therapists differentially effective across the 

whole service? (ii) are therapist effects present and stable across equal time periods? 

(iii) are therapist effects present and stable over time within different types of therapy? 

and (iv) is clinical effectiveness and efficiency stable over time? 
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Summary of Findings 

 Whole service therapist effect. An overall significant therapist effect of 4.9% 

was found for depression, with sensitivity analysis giving a therapist effect of 4.2% for 

anxiety. Such findings were within the average therapist effect range of 3-7% found in 

previous studies (Baldwin & Imel, 2013; Crits-Christoph et al., 1991; Johns et al., 

2017), and only slightly lower than previous IAPT-specific studies of 6.7% (Pereira et 

al., 2016) and 5.8% (Saxon et al., 2016). 

 Stability of therapist effects over time. When the data were split into equal 

time periods, significant therapist effects between 4.0% and 6.7% were found. No 

significant differences in therapist effects were found between any of the time periods, 

showing that at a whole service level therapist effects were stable over time. This 

supports previous findings that therapist performance between higher and lower 

performing therapists remains relatively stable over time (Wampold & Brown, 2005; 

Brown et al., 2005). It also implies that although there are some within-therapist 

differences in effectiveness over time (Goldberg et al., 2016a), when considered at a 

whole service level, such differences do not have an overall effect on total therapist 

variability. Investigation of therapist residuals showed that the majority of therapists 

were not statistically different in terms of outcomes in relation to colleagues (i.e., most 

were in the ‘average’ category). Also, there was little consistency in which therapists 

were classed as ‘above average’ or ‘below average’ over time. This supports Saxon and 

Barkham (2012) in that using simplistic methods of comparison of therapists based 

solely on outcomes can be misleading.  

Step 2 and Step 3 therapist effects over time.  When data were split into low 

intensity (step 2) and high intensity (step 3), therapist effects of 2.9% and 4.9% were 

found respectively. The step 2 results were in line with previous therapist effects 

findings of 1-5% within low-intensity IAPT services (Ali et al., 2014; Firth et al., 
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2015b; Green et al., 2014). Findings probably reflect manualisation and standardisation 

of treatment in low-intensity settings (Cella, Stahl, Reme, & Chalder, 2011; Wiborg et 

al., 2012). The difference between step 2 and step 3 findings in the current study may be 

explained by the higher initial severity of patients at step 3 (reflecting the stepped-care 

service delivery system), which has been shown to be related to higher therapist effects 

(Saxon & Barkham, 2012). Also, one of the step 3 approaches (counselling) has a non-

protocol driven philosophy and this may partially therefore explain the higher variation 

in therapist effects. 

When step 2 and step 3 data were split into three time periods, there were 

variations in therapist effects over time, with the final step 3 time period not 

demonstrating any significant therapist effect. Therapist effects ranged from 1.6% in 

step 2 during time period 2 to 7.1% in step 3 during time period 2, with significant 

differences between time periods 1 and 2 (step 2) and time periods 2 and 3 (step 3). 

These findings contradicted the results over time in the combined step 2 and 3 dataset 

and suggest that variation may be influenced by particular types of therapist. However, 

variation may have also been due to small sample sizes giving insufficient power to 

achieve statistically reliable findings (e.g., Almlöv et al., 2011) and this is supported by 

the relatively large credibility intervals evident. Schiefele et al. (2016) recommend a 

sample size of at least 1,200 patients to achieve an estimated therapist effect within a 

confidence interval less than or equal to 4%. This was not achieved in the step 3 time 

period 3 in the current study, which also did not achieve a significant therapist effect. It 

is possible that such sample size issues, including the relatively low number of 

therapists (50-53) falling short of recommendations of 100 therapists per model (Hox, 

2010), impacted on the validity of findings. 

Clinical effectiveness and efficiency. Clinical effectiveness and efficiency were 

largely stable over time, but with some exceptions. Across the full dataset, effectiveness 
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significantly improved from time period 1 to time period 5. This is in contrast to a slight 

overall deterioration in therapist effectiveness found in previous studies (Budge et al., 

2013; Goldberg et al., 2016b). Also, step 3 efficiency (change per session) significantly 

deteriorated from time periods 1 to 2. In general, step 3 had higher effectiveness scores 

than step 2. However, step 2 had higher efficiency (i.e., change per session) than step 3. 

This may be expected as step 3 treatment is recommended for those with higher 

symptom severity (NICE, 2016), thus providing more scope to improve. The efficiency 

results may be due to the style of the psychoeducative guided self-help approach with 

milder problems used at step 2 creating greater between-session change.  

Clinical Implications 

 Findings suggest that there are differences between therapists in terms of 

outcome and services should possibly consider this when allocating patients to therapist. 

The main finding of the study was that therapist effects appear relatively stable over 

time. This highlights the vital importance of effective initial recruitment and selection of 

therapists. Despite ongoing training and supervision, therapists differ equally across 

time so the better the initial recruitment, the better overall subsequent clinical capability 

of the workforce. The NHS in the UK has shifted to a values-based recruitment strategy 

(Colquhoun, 2014) in order to identify a compassionate workforce for example. The 

findings of the sensitivity analysis were that therapist effects were stable across the 

same set of therapists. Therefore, even with standardised training and supervision, 

therapists remain differentially effective as they become more experienced. Also, 

clinical effectiveness was largely stable, implying that at whatever point in time a 

patient is treated, they can expect largely similar outcomes from most therapists.  

 Investigation of therapist residuals showed that the majority of therapists 

remained in the ‘average’ category across time, with few consistently in the ‘above 

average’ category. This implies that rather than identifying overriding characteristics of 
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a particular ‘supershrink’ (Ricks, 1974) and replicating what they do, it would be 

recommended to identify what a particular therapist may be doing at a particular 

moment in time to facilitate positive outcomes. This also has implications for training, 

implying that focusing on overall team improvement may be more beneficial than 

targeting particular low-performing therapists. Methods that may be helpful include 

more effective case tracking, improved clinical supervision and developing a culture of 

openness and curiosity regarding variability between therapists. 

Limitations and Future Research Implications 

 There were a number of methodological limitations that should be considered. 

The full dataset was split into time periods according to the date of the final outcome 

measure. This does not guarantee that every session occurred in the same time period 

and means that the data were not fully independent between time periods (i.e., there was 

natural ‘bleedover’ of therapies and time periods). This in unavoidable in a practice-

based context. However, results were consistent between time period 1, where 98% of 

episodes were entirely within the time period, and time period 2, where 70% of episodes 

were entirely within the time period. Also, sensitivity analysis dividing the data into 

four time periods showed similarly stable results of therapist effects over time to 

dividing into five time periods. The advantage of including all episodes of therapy, even 

if they crossed a time period, was that it maximised the number of patients that could be 

included – future studies with larger datasets could include sensitivity analysis of 

sessions that start and finish only within each time period. Also, although the dataset 

covered 3 years and 4 months, which is comparable to other therapist effects studies 

(Baldwin & Imel, 2013), a longer timespan could have given more representative 

findings and opportunity to identify longer-term trends.   

 Sample size restrictions and subsequent power considerations also led to a 

number of study limitations. Firstly, a number of sessions had to be excluded from 
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analysis, e.g., to ensure therapists had treated more than 10 patients per model, or 

patients who had not completed the therapy. There is emerging evidence that therapist 

effects extend to dropout rates (Saxon et al., 2016) and session non-attendance (Xiao et 

al., 2017), which may detrimentally skew any conclusions about therapist effects on 

outcomes. Future research should consider what proportion of patients per therapist 

attend and complete therapy to place results concerning therapist effects on outcomes 

more in context. Secondly, the sample size in the current study was too small to 

compare CBT therapists and counsellors across time and future studies should 

investigate the contribution of individual step 3 interventions to therapist effects. 

 The naturalistic design of the study, whilst increasing the ecological validity of 

findings, led to some limitations in terms of the data provided. Firstly, whilst the 

primary focus of the study was on depression outcomes, it was not clear whether 

patients had been referred for depression or anxiety (or both), and thus whether the 

focus of the work differed between patients. However, Nissen-Lie et al. (2016) 

illustrated that therapist effects are a global construct, that is, those therapists that are 

effective in one domain are also similarly effective in another domain. This is supported 

by the results of the sensitivity analysis involving just anxiety outcome measures, which 

showed stability of therapist effects, albeit with slightly lower variability than 

depression outcome measures. Secondly, the manner to which patients were assigned to 

therapists was not clear (c.f., Goldsmith, Dunn, Bentall, Lewis, & Wearden, 2015; 

Erickson et al., 2012). It is possible that confounding factors such as a tendency for 

some therapists to work with a particular subgroup of patients or with a higher or lower 

severity of patients still existed in the current study (Saxon & Barkham, 2012). 

Conclusion 

The present study was one of the first to investigate whether therapist effects are 

stable over time. The study found results consistent with previous findings that 
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therapists do vary in their effectiveness, and also that this variability is largely stable 

over time at a whole service level. However, when types of therapy were examined 

separately, there appeared to be some variation in therapist effects over time. Further 

investigation of temporal stability with higher patient and therapist sample sizes is 

indicated and also evidence-based interventions to reduce variability over time. Clearly, 

the therapist remains an important factor to consider in how to maximise outcomes for 

patients. 
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Appendix E 

Multilevel Models for Full PHQ-9 Dataset 

 Single 

level 

S.E. Severity 

single 

level 

S.E Severity 

polynomial 

S.E. Random 

intercept 

S.E. 

Response         

Fixed part         

Constant 2.136 0.007  0.006 2.078 0.007 2.064 0.016 

FirstPHQ-gm   0.854 0.012     

(FirstPHQ-

gm)^1 

    1.041 0.016 1.046 0.016 

(FirstPHQ-

gm)^2 

    0.207 0.012 0.208 0.012 

         

Random Part         

Level: ThxM         

Cons/cons       0.024 0.004 

Level: client         

Cons/cons 0.709 0.009 0.506 0.006 0.495 0.006 0.476 0.006 

         

Units: ThxM 141  141  141  141  

Units: client 12949  12949  12949  12949  

Estimation IGLS  IGLS  IGLS  IGLS  

-2*loglikelihood 32287.61

1 

 27923.732  27641.995  27360.154  
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Appendix F 

Full Therapist Effectiveness Categories for each Time Period 

Therapist code Time 1 Time 2 Time 3 Time 4 Time 5 

A3Y Average Average Average Average Average 

A4E Average Average Average Average Average 

A4F Average Average Average Average Average 

A4G Average Average Average   

A4J  Average Average Average  
A4K Average Above Average  Average 

AAA Average Above Above   

ABQ Average Average Average Average Average 

ACG  Average Average Average  
AH0 Average Below Average   

AHC Average Average Average Average Average 

AHW  Average Average Average Average 

AHX  Average    

AHY Average     

AHZ  Average Average Average  
AJA  Average Below Average Below 

AJB  Average Below Average Average 

AJC Average  Average   

AJD Average Average Below Average  
AJE  Average Below  Average 

ANJ  Average Average Average  
ANK  Average Above Average Average 

ANQ Above Average Average Above Above 

APM Average Average Average Average  
AUP Average Average Average Average Average 

AUQ Average Average Average Average  
AUR Average Average Average Average  
AUS Average Below  Average Average 

AUT Average Average Below Average Average 

AWZ   Average Average Average 

AZG  Average Average Average  
B0U    Average Average 

B1E   Average Below  
BBQ Average Average Average Average Average 

BE0 Average     

BEZ Below Average    

BGE Average Average Average Average Below 

BHJ  Average  Average Average 

BME   Average Average Average 

BMF   Average Average Average 

BMG   Average Average  
BPY Average Average Average Average Average 

BPZ   Average Average Average 
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BQ1   Average   

BQ8 Average     

BQZ  Average Average   

BRK   Average Average  
BSB Average Average Average Average  
BSY   Average Below Average 

BTG Average Average Average Average Average 

BUE Average Below Average Average Average 

BUQ      

BXA Average  Average Average Average 

BYT  Average Above Above  
BYU  Average Average   

BYX  Average Average Average  
BYZ Average Average Average  Average 

C7Z     Average 

C8W     Below 

C9V    Average Average 

CCL Above     

CDU    Average  
CDV     Average 

D5X Average Average   Average 

DAK     Average 

DBR     Average 

DCH     Average 

DCJ     Average 

DCS     Average 

DFS     Average 

DGY     Average 

DJP     Average 

DPS     Average 

ECF     Average 

ECH Average Average Average Average Average 

ECI  Average Average  Average 

EEK Average Average  Average Average 

EJJ Average Average Average Average Average 

QP9 Average     

QQ1 Average Average Average Average Average 

QQ4  Average Average Average Average 

QQ5 Average Average Average Average Average 

QR1 Average Average Average Average Average 

QR4 Average Average Average Average Average 

QR6   Average   

QR7  Average   Average 

QR8  Average Average   

QS1  Average    

QS2 Average Average    

QS3 Average Above Average Average Average 

QS6 Average Average    
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QS7 Average Average Average Average Average 

QS8 Average Average  Average Average 

QT2   Average   

QT7     Average 

QT9  Average Average Average Average 

QU1  Average Average Average Average 

QV1 Average Average Average  Average 

QV6 Average Average Average Average Above 

QV7   Average  Average 

QV9  Average Above   

QW1 Average Average Average   

QW4 Average Above    

QW5   Average   

QW7 Average Average Average Average Average 

QX8 Average Average Average Average Average 

QY5 Average Average Average Average  
QY6 Average Average  Average  
QY9 Average Average Average Average Average 

RC1 Average Average    

SC4   Average Average  
SC6    Average  
SF3 Average Average Average Average  
SQ7 Average Average Above Average  
TQ3 Average Average Average Average Average 

VW9 Average Average Average Average Average 

WJ9 Average Average    

WK1 Above Average Average Average Average 

WK8 Above Average    

WL2 Average     

WL4  Average Average Average  
WL6  Average    

WM5   Average Average  
WP9 Average Average Below Average Average 

WQ3 Average     

XJ1 Average Average Average   

ZF7 Average Average Above Average Average 

ZY6 Average  Average Average  
ZY9  Average Average Average Average 

 




